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Abstract
Nuts are considered an important protein source in sustainable dietary patterns but are seldom studied in detail. Here a 
multi-criteria decision analysis was used to rank 10 nuts and seeds against 11 environmental, nutritional, and social criteria 
and provide greater insight into the sustainability impacts of this food group. Weights were defined based on correlation and 
variance between indicator values, and values were aggregated with a partially non-compensatory method. Several sensitivity 
analyses tested various sources of uncertainty through the use of country-level data, the use of a fully compensatory aggrega-
tion method, and changes to criteria weights. Walnuts and sunflower seeds performed consistently well across sustainability 
criteria and were ranked in the top two positions in the baseline assessment and most sensitivity analyses. In contrast, cash-
ews performed relatively poorly across most criteria, and were ranked last. Dietary shifts in favor of more sustainable nuts 
can improve the overall environmental, nutritional and social impacts of nut production and consumption by an average of 
23%. Although increasing consumption of walnuts and sunflower seeds may lead to improved sustainability outcomes for 
total global nut consumption, more research is needed to deepen the understanding of the complex socio-economic factors 
impacting nut and seed sustainability. The social risk assessment method used in this study can also inform future social 
impact measurement methods for other food groups.

Keywords  Multi-criteria decision analysis · Seeds · Impact assessment · Labor · Nutritional index · Environmental 
sustainability

Introduction

A dietary transition to predominantly plant-based diets can 
have beneficial environmental and health impacts (Clark 
et  al. 2019; Springmann et  al. 2016; Tilman and Clark 
2014), and increased consumption of fruits and vegetables 
and plant-based protein sources such as nuts are encouraged 
by national dietary recommendations (Behrens et al. 2017). 
Nuts are an important component of sustainable diets, with 
a 42 g d−1 serving providing over 10% of the suggested daily 
intake of protein, fiber, and several vitamins and minerals 
(King et al. 2008). Because of the nutrient density of nuts 

and seeds, the EAT-Lancet Diet for Planetary Health has 
recommended a daily per capita intake of 25 g each of pea-
nuts and tree nuts (Willett et al. 2019), which may require an 
increase of 7 to 11 times current global production (Vanham 
et al. 2020). Identifying a sustainable mix of nut types to 
meet these recommendations can contribute to a sustainable 
dietary transition.

Nuts are generally analyzed as a single food group in 
sustainable diet studies (Clark et al. 2019; Masset et al. 
2014; Nemecek et al. 2016; Paris et al. 2021; Scherer et al. 
2019; Tilman and Clark 2014; Willett et al. 2019), which 
conceals variation between nut types. Nutritional composi-
tion across nuts can vary considerably (Brufau et al. 2006; 
Sokolow et al. 2019). Improvements in the overall impact of 
global nut consumption may exist as large ranges are pre-
sent in the water (Pfister et al. 2011; Sokolow et al. 2019; 
Vanham et al. 2020) and carbon (Clune et al. 2017) foot-
prints of individual nut varieties. In the few cases where 
nut and seed impacts are individually presented, nuts and 
seeds have been found to exhibit variation within and trade-
offs between water use types (Vanham et al. 2020), several 
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environmental dimensions (Karlsson Potter and Röös 2021; 
Pfister et al. 2011), and nutrition and environmental dimen-
sions (Sokolow et  al. 2019). From these studies, some 
nuance within the nut food group and trade-offs between 
impact categories become evident. The variation among 
known hotspots for the nut food group indicates a potential 
to emphasize better-performing nut varieties to fulfill the 
shortfall in consumption recommendations for plant-based 
diets.

As global visions of sustainable food systems include 
environmental, nutritional, and socio-economic dimen-
sions (FAO 2012), a scope limited to a single environmen-
tal indicator or excluding social sustainability may obscure 
important trade-offs. Future assessments of sustainable food 
systems should strive for an integrated and multidimensional 
approach (Green et al. 2020; Jones et al. 2016). Multidimen-
sional indicator sets have been developed by expert work-
ing groups and operationalized into holistic indicator sets 
to measure overall food system performance in individual 
countries (Gustafson et al. 2016). Other recent efforts to 
evaluate dietary patterns by assessing individual foods on 
multidimensional indicators either omit a key sustainabil-
ity component such as socio-economic impact (Stylianou 
et al. 2021) or assess foods such as nuts in aggregate (Chen 
et al. 2019). Multi-indicator studies also typically present 
disaggregated performance across indicators or use a simple 
average to create an overall score, which can make inter-
pretation challenging and conceal synergies or trade-offs 
between indicators. A multidimensional food sustainability 
assessment model that is sufficiently detailed to address dis-
aggregated agricultural products at the global and country 
level can contribute to the ongoing research efforts towards 
evaluating sustainable food systems.

In this study, we develop an assessment model capable 
of evaluating the sustainability performance of foods on 
environmental, nutritional and social sustainability indica-
tors, and apply it here to an important but under-researched 
food group, nuts and seeds. Assessing nuts and seeds on 
overall sustainability performance can inform production 
and consumption initiatives for more sustainable diets. A 
detailed evaluation of different dimensions and the interac-
tions between them can also help producers and consum-
ers identify hotspots and address potential adverse impacts. 
The social assessment model developed here also provides 
a basis for future research on social risk evaluation in agri-
cultural supply chains. While we provide the results to make 
a choice among the nuts, we leave this final interpretation to 
the reader and user of our results.

In the following sections, we describe the selection of 
representative indicators for each dimension, data collection 
and model construction (Sect. Materials and methods), com-
pare the sustainability performance of nuts from multiple 
perspectives (Sect. Results), and reflect on our sustainability 

framework as well as the relevance of our findings about 
nuts (Sect. Discussion).

Materials and methods

Framework for environmental, nutritional 
and social assessment

Multi-criteria decision analysis (MCDA), a method for 
evaluating alternatives against relevant criteria, is useful in 
contexts where performance must be evaluated on multiple 
sustainability dimensions, such as environmental, social, and 
economic (Zanghelini et al. 2018) (see Guitouni and Mar-
tel (1998) for an overview of common MCDA methods). 
MCDA application has increased within the environmental 
science field over the past few decades (Huang et al. 2011). 
Life Cycle Assessment (LCA), frequently used for sustain-
ability assessment of food systems, presents information 
on potential life cycle impacts of alternatives without an 
explicit normative framework for decision-making between 
alternatives or impact categories. MCDA complements LCA 
by allowing results to be interpreted by relative comparison 
within a decision context (De Luca et al. 2017; Linkov and 
Seager 2011). Even in the absence of an explicit decision 
context, such as in the case of some composite indicators 
designed for a broad audience, MCDA can be used to facili-
tate an understanding of trade-offs between alternatives and 
communicate complex concepts (Nardo et al. 2008).

We constructed an MCDA model to assess the environ-
mental, nutritional and social sustainability of different types 
of nuts and seeds. MCDA allowed for the evaluation of dif-
ferent aspects of production and consumption in a compara-
tive ranking based on a composite weighted score for each 
alternative that represents the extent to which sustainability 
was achieved. Four steps constitute an MCDA process: (1) 
structure the decision problem, (2) assess impacts of alterna-
tives, (3) determine values and trade-offs across objectives, 
and (4) compare and evaluate alternatives (Keeney 1982). 
Figure 1 summarizes this process and the corresponding 
steps in this study.

Structuring the decision problem

Identifying alternatives: selection of nut and seed types

We selected ten nut and seed varieties for analysis based on 
relevance and data availability in FAOSTAT (FAO 2021) 
(Supplementary Table S1). Besides botanical nuts (chest-
nuts and hazelnuts), we also included crops classified as nuts 
due to their dietary or culinary function. For brevity, the 
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collective group ‘nuts’ refers to both nuts and seeds, with 
specific items named where relevant.

Defining objective hierarchy for nut and seed sustainability

To create the decision model, a multidimensional frame-
work for sustainable food systems was translated into an 
objective hierarchy. An objective hierarchy operationalizes 

the decision model by representing the degree to which an 
overall value (here sustainability) is fulfilled through an 
ordered set of indicators and sub-indicators (Keeney and 
Raiffa 1993). We used the three dimensions of sustainable 
diets proposed by Jones et al. (2016) based on a systematic 
review and the FAO’s Framework for Sustainable Food Sys-
tems (FAO 2012): environmental, nutritional, and social. 
Although economic indicators are important for measuring 

Fig. 1   Overview of MCDA 
process and corresponding 
methodological steps in this 
study



	 Sustainability Science

1 3

sustainable diets, economic indicators were excluded here 
due to a lack of consumer prices and complementary eco-
nomic indicators for nuts in a majority of countries.

Indicators to measure environmental, nutritional, 
and social dimensions

We chose 11 environmental, nutritional and social indica-
tors based on relevance to a wide audience, appropriateness 
for nut production and consumption, and data quality and 
availability (Table 1). Impact categories and indicators were 
selected at the midpoint level, as these midpoint characteri-
zation methods tend to have greater certainty compared to 
the more complex endpoint categories, such as human health 
and biodiversity (Hauschild et al. 2013). Indicator develop-
ment based on these criteria is described in the following 

sections (see Supplementary Information (SI) Sect. 1 for 
further detail).

Environmental indicators  A few concepts dominate the 
environmental dimension of sustainable diets. Green-
house gas (GHG) emissions are most common, followed 
by land use, energy use, and water use (Jones et al. 2016). 
These indicators are also referenced in the EAT-Lancet 
Diet for Planetary Health (Willett et  al. 2019). Further-
more, these indicators reflect issues of global relevance, as 
climate change, water scarcity and land use were assessed 
as the most important environmental impacts for food 
security based on global expert consensus (Scherer et al. 
2019). Performance across environmental indicators is not 
necessarily correlated and can even be inversely related 
for products of the same food group (Poore and Nemecek 

Table 1   Environmental, nutritional and social indicators selected for the MCDA model

a Children (5–14) reported in countries with a legal working age of 15

Impact category Indicator Unit Data source SI Ref-
erence 
Section

Climate change Greenhouse gas emissions (GHG) kg CO2-eq Poore and Nemecek (2018) 1.3.1
Land use Land stress weighted footprint (LSFP) m2 yr-eq Pfister et al. (2011)

FAO (2021)
Haberl et al. (2007)

1.3.2

Water use Water scarcity weighted footprint (WSFP) m3-eq Pfister and Bayer (2014)
Pfister et al. (2011)
Pfister et al. (2009)
Mekonnen and Hoekstra (2011)

1.3.3

Nutritional quantity Nutrient Rich Foods (NRF) Index [-] USDA Agricultural Research Service (2019) 1.4.1
Nutritional context Dietary-dependent Nutritional Quality Index 

(NQI)
[-] USDA Agricultural Research Service (2019)

Beal et al. (2017)
Micha et al. (2014)

1.4.2

Child labor Children (5–17)a involved in economic 
activity

% International Labour Organization Depart-
ment of Statistics (2020)

[ILOSTAT hereafter]

1.5

Forced labor Forced labor Prevalence per 
1 000 workers

Walk Free Foundation (2018)
International Labour Organization and Walk 

Free Foundation (2017)

1.5

Working poverty Working poverty rate: percentage of 
employed living below US$1.90 PPP

% ILOSTAT (2020) 1.5

Labor rights Workers not covered by collective bargaining 
agreements

% ILOSTAT (2020) 1.5

Labor rights Workers in the agriculture sector in informal 
employment

% ILOSTAT (2020) 1.5

Labor rights National compliance with fundamental labor 
rights (collective bargaining and freedom 
of association)

0–10 ILOSTAT (2020) 1.5

Gender gap Gender leadership gap [-] ILOSTAT (2020) 1.5
Gender gap Gender pay gap [-] ILOSTAT (2020) 1.5
Work safety Fatal occupational injuries Incidence per

100 000 workers
ILOSTAT (2020) 1.5

Work safety Non-fatal occupational injuries Incidence per
100 000 workers

ILOSTAT (2020) 1.5
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2018). Given the relationship between existing environ-
mental indicators and constraints for attribute selection, 
three indicators were chosen: carbon footprint, measured 
by carbon dioxide equivalent (CO2-eq) emissions of green-
house gases, land use, characterized by land stress, and 
water use, characterized by water scarcity (SI Sect. 1.3).

Nutrition indicators  Assessing the nutritional content of 
foods is most commonly approached from the perspective 
of nutrient quantity, which is measured by nutrient profiling 
models that evaluate the nutrient content of foods compared 
to dietary intake recommendations (Green et  al. 2020). 
The Nutrient Rich Foods (NRF) index is frequently used to 
assess the nutrient quantity of foods (Fulgoni III et al. 2009). 
This method and similar nutrient indices are based around 
macronutrients, vitamins and minerals, which are then cat-
egorized into qualifying nutrients (nutrients to encourage 
due to health benefits or deficiency in the general popula-
tion) and disqualifying nutrients (health-depleting nutrients 
to be minimized) (Drewnowski and Fulgoni III 2008). In 
the NRF model, nutrients present in a defined quantity of 
food are scored against the recommended nutrient intake 
(RNI) values, which are then averaged or added together to 
create a single comparable score. Dietary context can also 
influence the potential nutritional value of a specific food 
(Hallström et al. 2018). Sonesson et al. (2019) propose the 
dietary-dependent Nutrient Quality Index (NQI) indicator 
to account for the consumption ratio of nutrients in a diet 
by assigning higher or lower weights to nutrients lacking or 
consumed in excess in reference diets. To evaluate nutrients 
within heterogenous global diets, we used the NRF index 
and the complementary NQI method.

Social indicators  The current landscape for social sustain-
ability measurement has not yet coalesced into a unified 
approach with a shared theoretical framework (Kühnen and 
Hahn 2018). Nevertheless, some common themes emerge, 
as approximately half of existing studies reference human 
rights and working conditions (Janker and Mann 2020). 
Social Life Cycle Assessment (S-LCA) is one of the major 
methods for evaluating the social impact of a product or ser-
vice, but S-LCA is still relatively new; the method has only 
converged on a defined framework since 2006 (Dreyer et al. 
2006) and guidelines since 2009 (United Nations Environ-
ment Programme 2009). Social impact can be measured in 
multiple ways, including social footprint (overall positive 
and negative impact), social handprint (positive impact) 
and social risk, among others (United Nations Environment 
Programme 2020). Social risk in an S-LCA analysis refers 
to the potential for adverse social impact (United Nations 
Environment Programme 2020), although this only refers 
to the relative likelihood of an impact and not the severity 

and likelihood of a phenomenon as in traditional risk assess-
ment.

We adapted the S-LCA principles to quantify social risk 
linked to a specific production country. Based on its fre-
quency of use within social impact literature (Janker and 
Mann 2020), we selected the stakeholder category Work-
ers as the most salient stakeholder group for analysis. The 
11 impact subcategories relevant for workers presented in 
the S-LCA guidelines served as a starting point for indica-
tor development (United Nations Environment Programme 
2020, p. 23) (Table S6). Impact categories were cross-refer-
enced against the Sustainable Development Goals (SDGs) 
to identify the most material impact categories and explore 
potential indicators. Impact category selection and indicator 
definition was an iterative process, as an impact category 
was eliminated if no quantitative indicator could be iden-
tified to operationalize the impact category. We identified 
child labor, forced labor, labor rights, and working condi-
tions (occupational health and safety) through this approach. 
Working poverty was identified as a proxy indicator for fair 
salary and was included as an impact category due to its link 
with SDG target 1.1. Informed by Xiao et al. (2017) and 
Simas et al. (2014), gender equality was included and served 
as a proxy for equal opportunities and non-discrimination.

Measuring performance of alternatives 
against defined sustainability criteria

For indicators across the three dimensions, the functional 
unit for analysis was 50 g raw (unroasted) shelled-equiva-
lent product at the farm gate. The system boundary includes 
impacts from cultivation, harvest, and pre-processing (e.g., 
drying and grading). We omit post-farm gate impacts, as 
these often constitute a small share of the overall impacts of 
food products (Tilman and Clark 2014), and we expect there 
to be less variation among nuts, making it less relevant for 
a relative comparison.

Indicators were calculated for each crop-country producer 
pairing identified within the FAO production analysis (SI 
Sect. 2.1.). Data were collected at the country level to test 
the applicability of this method at both country and global 
scales (Table 1). In the case of social indicators, the values 
were collected at the country level independent of nut vari-
ety due to limited data availability of labor inputs specific 
to each nut (SI Sect. 1.5). Nutrient quantities were assumed 
to be properties independent of production context and were 
collected for each nut. Global weighted averages were calcu-
lated for each indicator from country-level indicator values 
and the production of each nut per country (or population, 
in the case of NQI), except for NRF.

We attributed all impacts to nut kernels rather than allo-
cating a partial burden to co-products such as hulls and 
woody biomass. The allocation of co-products can impact 
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the overall environmental footprint of nut products (Brito 
de Figueirêdo et al. 2016), as co-products can be used in 
electricity production (Marvinney and Kendall 2021) or 
industrial applications (Lin et al. 2013; Rojas-Bringas et al. 
2021). Applying economic allocation for co-products would 
decrease the relative environmental burden of nut kernels, 
especially for nuts with lower economic value relative to 
co-products.

Determining values and trade‑offs across objectives

Weighting approach

Weighting refers to the process that assigns a ratio represent-
ing either the level of importance or the degree of permis-
sible trade-off to each criterion in the decision model. We 
used statistical methods to define indicator weights for the 
baseline scenario and sensitivity analyses. Although partici-
patory weighting methods are more common (Cinelli et al. 
2020), statistical weighting methods offer a transparent and 
reproducible method for determining weights in the absence 
of stakeholder input. Together with the aggregation method, 
statistically derived weights determine the trade-off ratios 
between indicators.

We chose the CRiteria Importance Through Inter-criteria 
Correlation (CRITIC) technique as the baseline statistical 
weighting method. CRITIC uses features of the dataset to 
calculate weights by combining a measure of intra-indicator 
variance (standard deviation) with inter-criteria variance 
(measured by correlation coefficient, here Spearman rank 
correlation) (Diakoulaki et al. 1995). This method performs 
similarly to principal component analysis for representation 
of contrast intensity within criteria and correlation between 
indicators but is more transparent because interpreting rota-
tion and load coefficients is not required (Diakoulaki et al. 
1995). As a weighting technique that derives weights from 
basic statistical properties of the dataset without requiring 
stakeholder input, CRITIC was well-suited for this study, 
although limitations exist (see SI Sect. 1.7.3). We calculated 
weights within and across dimensions in a two-step process, 
using a normalized performance matrix each time.

Normalization

When criteria have different units and scales, normaliza-
tion of the performance matrix to a common scale is neces-
sary to ensure comparable weights and aggregated scores. 
Min–max normalization is the most common normalization 
method and involves scaling each criterion to the interval 
[0,1] by subtracting the minimum criterion value from each 
data point before dividing by the range (Nardo et al. 2008) 
(Eq. 1).

where sn is the normalized score for an item x from set S.
Geometric aggregation requires positive values and is 

incompatible with min–max normalization (Talukder et al. 
2017). After min–max normalization, social and environ-
mental indicators were reoriented towards maximization by 
subtracting values from one. All values were then rescaled 
to the interval [0.01, 1] to permit both linear and geometric 
aggregation methods. Normalization was repeated before each 
aggregation step, and the same normalization procedure was 
repeated for both the global and country level datasets.

Evaluating alternatives against decision criteria

Aggregation and ranking

The rank order is determined based on the final aggregated 
score of all indicators, which represents the extent to which 
the main objective in the hierarchy is fulfilled. We preferred a 
model where alternatives with balanced performance and syn-
ergies among criteria would perform better than alternatives 
with erratic performance and large trade-offs. Two major types 
of aggregation models exist: compensatory and non-compen-
satory (Guitouni and Martel 1998). The degree to which per-
formance on one indicator can compensate for performance on 
another indicator influences the interpretation of weights. With 
statistically derived weights, (partially) compensatory aggre-
gation methods allow weights to represent the degree of sub-
stitutability between performance on one criterion with respect 
to another (Nardo et al. 2008). The partially compensatory 
weighted geometric product aggregation method outperforms 
the fully compensatory linear weighted sum on measures of 
information loss as more relative contrast is conveyed in the 
final score (Zhou et al. 2006, 2010). Geometric aggregation 
is widely accepted within MCDA and guards against some 
compensability between dimensions by penalizing extremely 
poor performance (Greco et al. 2019). With the weighted geo-
metric product, trade-off ratios between indicators increase as 
performance disparity increases so that very poor performance 
requires a larger absolute improvement to compensate.

Following the goal of the decision model, we used the 
weighted geometric product as the baseline aggregation 
method to reflect a partial degree of compensability so that 
inconsistent performance was reflected in the final score and 
rank order (Eq. 2). Linear aggregation (linear weighted sum) 
was tested in a sensitivity analysis (Eq. 3).

(1)s
n
=

x −min(S)

max(S) −min(S)

(2)AGM
i

=

m
∏

j=1

xj
wj for m criteria
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Weighting and aggregation took place in two steps: within 
each dimension and between the environmental, nutritional 
and social dimensions. The total aggregate scores for each 
alternative ranged from 0 to 1 and rank order was deter-
mined from best (1) to worst (0) score.

Sensitivity analysis

A sensitivity analysis tests the robustness of the decision 
model results to various methodological choices and input 
parameters, typically measured by rank reversal in the high-
est ranks, or a general measure of rank change across all 
alternatives. We conducted several sensitivity analyses on 
the indicator input values, criteria weights, and aggregation 
methods (Table S9). No sensitivity analysis was performed 
on the normalization method due to minimal expected influ-
ence on final ranks and the limited quantity of techniques 
compatible with geometric aggregation.

The average rank shift of each alternative (i) resulting 
from each sensitivity analysis (SA) in reference to the base-
line (ref) was calculated for m alternatives:

Potential improvements from production and consumption 
changes

We tested whether the current global nut portfolio could be 
optimized by shifting the current share of each nut in global 
production and consumption towards a pattern aligned with 
the baseline MCDA rank order. We evaluated the relative 
shift in environmental, nutritional and social impacts from 
current global nut production patterns against the potential 
impacts from production and consumption aligned with the 
baseline MCDA rank order. The current weighted global 
average of each indicator for current nut production and 
consumption was calculated from the quantities of nuts 
available in the food system from 2016 to 2018 as reported 
in FAOSTAT (Supplementary Fig. S2, Table S16) and the 
performance of each nut in the MCDA model. For com-
parison, we calculated an updated consumption share for 
each nut by dividing the MCDA baseline score of each nut 
by the sum of all nut scores. This updated share was used 
to calculate a new weighted global average. The weighted 
global average for each indicator was calculated from the 
share and performance of each nut variety. As Brazil nuts 

(3)AWS
i

=

m
∑

j=1

xjwjfor m criteria

(4)ΔRank =
1

m

∑m

i=1

|

|

|

Ranki,ref − Ranki,SA
|

|

|

are wild-harvested, we also tested a scenario with constant 
Brazil nut consumption.

Results

Rank order of alternatives

In the baseline scenario using correlation-based weights 
(CRITIC) and geometric aggregation, walnut ranked 
highest (Fig. 2, Table S13). Walnut had the top score on 
dietary context (measured by NQI) and scored greater 
than the average for all criteria except nutritional quan-
tity (measured by NRF) and gender gap, where scores 
were near the average (Tables S11, S12). The second-
ranked alternative, sunf lower seed, performed well 
across all indicators, with the best performance in the 
NRF index, labor rights and gender gap, and better than 
average performance against all criteria aside from forced 
labor (Table S11). Brazil nut also had top performance 
for three criteria, but worse than average performance on 
nutritional and several social categories led to a lower 
overall ranking of 3 (Tables S11, S13). However, every 
nut had some degree of inconsistency across all indi-
cators, so no dominance occurred before weighting and 
aggregation.

Despite poor performance on both nutritional indica-
tors, chestnut ranked in the middle of the rank order (7) 
due to above-average performance on social and environ-
mental dimensions. Cashew was ranked last by this model 
as the nut performed worst on GHG emissions, LSFP, child 
labor and working poverty, and below average on all other 
indicators aside from gender gap and work safety, where 
cashew performed slightly better than average and outper-
formed walnut. One contributing factor to cashew’s poor 
environmental performance may be statistical, as cashews 
have the smallest nut to shell ratio (0.3) out of all other 
nuts and seeds considered. However, this factor would not 
influence social and nutritional dimensions.

Overall, the model prioritized consistent performance. 
Alternatives occupying the top three ranks also had the 
best average normalized scores across all criteria, and the 
normalized average score of cashew across all criteria 
was nearly half that of sesame, the alternative with the 
second smallest average value (Table S12). Alternatives 
with greater variance across indicator performance, such 
as pistachio, chestnut and almond, generally ranked in 
the middle or bottom third. No alternative with the worst 
performance on any indicator ranked higher than 6.
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Sensitivity analysis: weighting and aggregation

Across six alternate weighting and two aggregation meth-
ods, the average change in rank for all alternate methods 
was about one rank position (Tables  S13, S14). Such 
methodological choices primarily impacted rank change 
of middle-ranked alternatives, as the top- and bottom-
ranked alternatives remained stable. Nuts with more con-
sistent performance across all indicators, such as walnuts, 
sunflowers and cashews, were less impacted by weighting 
or aggregation changes than nuts with more inconsistent 
performance, such as chestnuts and almonds (Tables S13, 
S14).

Cashew rank order for all weighting methods did not 
change with the aggregation technique, indicating that 
overall performance on each criterion was sufficiently poor 
that compensation did not lead to a meaningful increase in 
rank (Fig. 3). Only for nutrition-focused weighting, the rank 
improved by one position using either aggregation method 
(Tables S13, S14).

Chestnut underwent the largest rank change across 
alternate weighting and aggregation methods. Under lin-
ear aggregation, chestnut’s low nutritional value could be 
compensated by the relatively good performance on social 
and environmental dimensions (Fig. 2) for a final rank of 4 
(Table S14). However, in cases where nutritional criteria 

were highly weighted, such as the entropy method or the 
nutrition or environment and nutrition weighting scenarios, 
chestnut’s rank was reduced to 9 or 10 regardless of aggrega-
tion method (Fig. 3, Tables S13, S14).

Linear aggregation caused a rank reversal for the top-
scoring walnut and sunflower seed for baseline and equal 
weighting scenarios (Tables S13, S14). Aside from these 
cases, the pattern of walnut and sunflower seed remained 
stable across aggregation methods, which is expected given 
the similar weighted scores of both nuts (Fig. 3). The wild-
harvested Brazil nut increased to the top rank within the 
environmental weight scenario, the only instance another nut 
aside from sunflower and walnut was ranked 1 or 2.

The nutrition-focused weighting scenario was tied with 
social for the largest change in ranks (1.4) from baseline 
aggregation, driven by chestnut (7–10), sesame (6–3) and 
almond (9–6). Both seed varieties performed better than 
average on the nutritional dimension but scored below 
walnut due to walnut’s high NQI performance. Walnut’s 
advantage in the NQI scores is driven primarily by omega-
3, derived from the relatively high content of ALA omega-3 
fatty acids and low global adequate consumption of omega-3 
fatty acids (globally consumed at 35% of recommended 
intake). Walnut’s overall performance on NQI was nearly 
perfectly positively correlated with the total omega-3 score 
(0.97, p < 0.001) across all countries. However, sesame seed 

Fig. 2   Total score and contribu-
tion of weighted criteria scores, 
baseline weights. a Weighted 
geometric product aggrega-
tion, b Linear weighted sum 
aggregation. Final aggregate 
scores range from 0 to 1. Values 
greater than 1 in a are due to 
the normalization of aggregate 
domain scores before the second 
weighting and aggregation step



Sustainability Science	

1 3

has a more balanced nutritional profile than walnut, with 
high NQI scores for calcium, zinc, linoleic acid, iron, and 
ALA.

Overall, final aggregated scores were distributed relatively 
evenly across the 0–1 score interval (Fig. 3). CRITIC dis-
tributed weights fairly evenly across indicators (Table S10), 
which also led to a similar scoring pattern to equal weight-
ing. The entropy weighting method was superior at stratify-
ing alternatives into top, middle and low scores, but other-
wise no natural clusters of alternatives could be identified 
(Fig. 3). Although rank reversal was observed for sunflower 
seed and walnut in environmental and social weighting sce-
narios, the absolute final scores were similar. For the weight-
ing scenarios emphasizing a particular dimension, some rank 
changes occurred in middle-ranking alternatives with good 
performance on that dimension. For ranks per dimension (full 
weight applied to a single dimension), see Table S15.

Sensitivity analysis: country‑level values

We performed a sensitivity analysis using country-level 
data for nut production and consumption following two 

sourcing contexts (sourcing country selection based on a 
probability distribution corresponding to global produc-
tion volumes, and sourcing linked to consumption coun-
try if production is present; see SI Sect. 1.8.2. for further 
detail). Each run represented the rank order of nut pro-
duction and consumption within a single country context 
using country-level values. This sensitivity analysis tested 
the variability of baseline ranks to variations in country-
level input data given constant weights and geometric 
aggregation. Despite the apparent variations in country-
level production impacts (Fig. S6), the rank order pattern 
for both analyses remained relatively similar to the base-
line scenario (Fig. 4).

Sunflower seed and walnut both ranked in the top two 
positions. The top-ranked alternatives had slightly better out-
comes in the analysis with sourcing selected independently 
from the consumption country. In this case, sunflower seed 
had a median and mode rank of 1, and the best average rank 
(1.7). When linking consumption and production, sunflower 
seed had a higher median rank than walnut, although both 
nuts had the same average rank (3.3).

Fig. 3   Scores of alternatives 
per weighting scenario, (a) 
weighted geometric product, (b) 
linear weighted sum
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Cashew had the lowest median rank in both contexts, 
reflecting the baseline rank order. Although cashew’s poor 
performance on a global scale can be partially attributed to 
the presence of extreme outliers for cashews for GHG emis-
sions and the LSFP, the average performance on social and 
environmental criteria was worse than other nut types. For 
chestnut, the low ranking is again attributable to relatively 
low nutrient quantity by mass.

Within this sensitivity analysis, the average rank change 
for all nuts was 1.7 and 2.1—greater than the rank change 
from different weighting or aggregation methods. This sug-
gests a greater model sensitivity to input data rather than 
weighting or aggregation method. Due to the nature of 
international trade of raw and processed nut products, it is 
unlikely that most countries would completely fill domestic 
demand with domestic production. Thus, the analysis with 
sourcing from a global pool of producers best simulates the 
global weighted averages, as the values were selected with 
probability based on total production volume.

Rank order clusters

Clusters of alternatives were formed from rank order in 
baseline and sensitivity scenarios (Fig. 5). Due to the even 
distribution of scores in the baseline ranking, alternatives 
were categorized in top (1–2) and bottom (9–10) clusters 

based on baseline ranks and if ranked in these positions in 
at least three of the sensitivity analyses. The remaining nuts 
were assigned to the middle group. Although all alternatives 
aside from sunflower seeds and walnuts have some trade-offs 
from worse-than-average performance in at least one dimen-
sion, the bottom-ranked alternatives should be carefully 

Fig. 4   Rank distribution from country-level analysis. a Sourcing country selected from global producers, b sourcing linked to consumption 
country. The triangle depicts the average

Fig. 5   Nuts grouped into top, middle and bottom rank clusters. Icons 
designed by Freepik from www.​flati​con.​com

http://www.flaticon.com
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considered when selecting nut varieties for consumption or 
cultivation.

Impact from changing production and consumption 
patterns

With adjusted consumption patterns as described in 
“Sect. Potential improvements from production and con-
sumption changes”, most global nut consumption perfor-
mance improves across all impact categories relative to 
current consumption patterns, with an average absolute 
change of 23% across all impact categories (Fig. 6). The 
largest potential improvements in impact in the MCDA rank 
consumption scenario are for working poverty risk (50%) 
and GHG emissions (40%) (Table S17). Total impacts from 
adjusted nut consumption worsen only for forced labor 
(− 12%). Forced labor risk increase is associated with the 
relatively greater consumption of sunflower seeds, hazelnuts, 
and sesame seeds. However, the overall forced labor risk 
for this consumption pattern is still improved compared to 
the global unweighted average across all nuts (Tables S11, 
S17). Keeping Brazil nut consumption constant resulted in 
a slightly smaller average improvement (20%) across all 
impact categories (Table S18, Fig. S13).

Discussion

Results in the context of previous research

Sustainable diet studies assessing health and nutrition may 
not incorporate environmental aspects, and studies with an 
environmental impact may lack a quantitative vigor for nutri-
tional aspects (Green et al. 2020). This study complements 

the work of Masset et al. (2014) and Scherer et al. (2019) 
on the nutritional dimension by including a nutritional con-
text indicator and extending the nutritional quantity index to 
essential amino acids and fatty acids. Our work also meas-
ures individual food products within a food group at both a 
global and country level, complementing studies addressing 
sustainable diets but with more general food groups or a 
single-country scope (Chen et al. 2019; Paris et al. 2021). 
We also build on the environmental assessment of individual 
products of Karlsson Potter and Röös (2021) by providing 
additional nutritional and social context and country and 
global level results and illustrating the potential importance 
of including climate impacts from land use and land use 
change. Whereas all nuts are rated in the favorable green 
or green star category in that study, we find that the car-
bon footprint for some nuts would not fall within planetary 
boundary thresholds proposed if land use change impacts 
were included. Similar to our findings, Vanham et al. (2020) 
and Sokolow et al. (2019) both found almonds, cashews and 
pistachios to be relatively worse-performing and groundnuts 
more advantageous, although a smaller set of indicators was 
used for those assessments. In contrast, Karlsson Potter and 
Röös (2021) evaluated conventional tree nuts in the worst 
performance threshold, while organic nuts, especially chest-
nuts, were evaluated as more sustainable choices.

Reflection on the MCDA approach and indicator 
measurement

Our model demonstrates the viability of statistical weight-
ing and aggregation to produce a single score from numer-
ous sustainability criteria. Generally, multi-indicator 
assessments of food systems present results aggregated 
only within a dimension, usually through simple averages. 

Fig. 6   Potential effects from a 
shift in consumption aligning 
current patterns with MCDA 
rank order. Improvement repre-
sents a net benefit, and deterio-
ration represents a net detriment 
to global performance
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While individual indicator performance is best for iden-
tifying hotspots, a single score better facilitates decision-
making across a set of alternatives. Here the combination 
of statistical weighting and partially non-compensatory 
aggregation penalizes alternatives that would otherwise 
score moderately using equal weights and linear aggrega-
tion (e.g., almond, chestnut) despite poor performance on 
at least one indicator, which better reflects a ‘strong’ sus-
tainability perspective. The statistical weighting scenarios 
used here are useful for a general audience, as CRITIC and 
entropy perform similarly to equal weighting but reduce 
double-counting. However, global stakeholder input on 
the objective hierarchy construction and criteria weights 
would strengthen the recommendations. After mapping 
relevant stakeholders (Reed et al. 2009), stakeholder input 
to define the objectives and elicit weights can be obtained 
through interviews, workshops or online surveys (Mart-
tunen et al. 2015). Further development of a single score 
can be enabled by measuring endpoint indicators such as 
human health or ecosystem functioning.

Although MCDA facilitates a more comprehensive 
assessment of food systems, bias can arise from the objec-
tive hierarchy construction and indicator selection (Mart-
tunen et al. 2018). The 11 indicators chosen here aim to 
reflect the multifaceted dimensions of sustainability pro-
posed by the UN SDGs and the FAO. Criteria unquantifia-
ble at our chosen crop and country scale, such as food secu-
rity, food accessibility, and cultural heritage, were excluded 
due to a lack of publicly available data sources. Economic 
indicators addressing consumer and producer objectives 
merit further exploration in an extension of this frame-
work. The EAT-Lancet diet of Willett et al. (2019) has been 
criticized based on affordability, and nuts and legumes are 
the second-largest expense within that diet (Hirvonen et al. 
2019). However, farm gate price or economic value distri-
bution throughout the supply chain should be investigated 
along with retail prices so that low consumer prices are not 
prioritized at the expense of producer incomes, working 
conditions, or environmental health. Half of the world’s 
nuts are produced for export (Poore and Nemecek 2018), so 
future research addressing nuts and other cash crops should 
consider the incentives associated with the continued pro-
duction of these crops. Especially if a similar framework 
were to be applied on a local level, the economic value of 
local production could provide relevant information about 
trade-offs for political decision-making. The intersection of 
the rates of working poverty in nut supply chains compared 
to economic value generation is recommended for inclu-
sion in any further research. Recent efforts by the FAO to 
include more socio-economic indicators in FAOSTAT is 
an encouraging development, although data gaps are still 
present.

Reflection on social impact assessment

We proposed a high-level social risk assessment methodol-
ogy that uses publicly available secondary data to estimate 
the probability of adverse social impacts of a crop based 
on global sourcing. The social risk assessment method 
proposed can serve as a first step to identify potential risk 
hotspots linked to agricultural supply chains. Although less 
detailed than S-LCA data available as part of a private data-
base, such as the Social Hotspots Database (NewEarth B 
2021) or PSILCA (GreenDelta 2021), this approach is trans-
parently documented for any individuals interested in apply-
ing the method or using this data for further research. Addi-
tionally, the use of a globally relevant indicator framework 
may be beneficial for highlighting impact categories that 
local stakeholders overlook (Mattila et al. 2018). Overall, as 
recommended by Janker and Mann (2020), a more standard-
ized approach to assessing social sustainability within the 
food system would be beneficial for future research assessing 
social impacts, as the lack of similar studies for comparison 
limits knowledge exchange and systematic improvement of 
social impact assessment methods.

Some limitations of this method can be addressed with 
future research efforts. Our social risk assessment method 
is limited to nut production at the farm level. If all nuts were 
also processed in their production country, the relative risk 
would be equivalent. Given global nut trade patterns, this 
may be too coarse of an assessment. Linking social risk to 
country of origin without distinguishing between specific 
crop production practices eliminates some nuance between 
production and harvest practices, such as greater exposure 
to harmful chemicals used more frequently in one crop than 
another or different risks present in manual labor or machin-
ery operation. For instance, cashew processing can be labor-
intensive and hazardous due to the risk of injury from cut-
ting or from skin damage from the acidic cashew shell nut 
liquid (Dendena and Corsi 2014), but different social risks 
can be present if harvest is mostly mechanized (e.g., pea-
nuts) or by hand (e.g., Brazil nuts). Examining pesticide and 
machinery inputs for a specific nut using LCA inventory 
data and extrapolating the relative risks based on the degree 
of mechanization or degree of pesticide use, informed by 
S-LCA impact pathways (United Nations Environment Pro-
gramme 2020, p. 95), could improve this method. Addition-
ally, expanding the social impact model to include positive 
social impacts such as economic value added or investment 
may be explored with tools such as multi-regional input–out-
put analysis (IOA). Processing and labor inputs, as well as 
impacts specific to certain countries, could also be better 
addressed with an IOA model. Several models using IOA to 
assess embedded social risk and impacts exist; see Hardadi 
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and Pizzol (2017); Mattila et al. (2018); Simas et al. (2014); 
Weidema (2018); Xiao et al. (2017).

Policy relevance and further applications

The nut and seed rank order resulting from this MCDA is not 
definitive; results should spark further research and policy 
discussions about the potential benefits and trade-offs of 
increased consumption of nuts for healthy and sustainable 
diets rather than serve as a blueprint for production and con-
sumption. Our model can be suitable for a more detailed 
country-level assessment, as all data aside from nutrient 
quantity were collected on a country level. For instance, the 
input values can be tailored to the specific production or 
import mix of a country or region for greater relevance to 
that specific context. The hypothetical impact assessment 
from shifting consumption patterns highlights potential ben-
efits of modifying nut consumption patterns to align with 
better-performing varieties. However, this scenario would 
also require extensive changes to production and consump-
tion patterns, such as more than a 1300% increase in sun-
flower seed consumption.

All potential impacts described in this study represent 
a possible relative change given the extension of current 
conditions, as the changes to environmental, nutritional and 
social performance are linked to present production and con-
sumption patterns. Attributional LCA approaches assume 
linear scaling and marginal changes to background systems 
(Guinée et al. 2002). The limitations for recommending pol-
icy action based on an attributional LCA are well known; see 
Plevin et al. (2014) for a full discussion. Future relative and 
absolute impacts are likely to shift with an expansion of nut 
consumption or dietary transitions, but static models, such as 
the one used in this study, reflect conditions where all other 
things remain equal. Still, the consumption scenario indi-
cates that—hypothetically—nut production and consump-
tion could be ‘optimized’ with only one trade-off (forced 
labor), which shows that it may be worthwhile to pursue 
future investigations on how to scale up some kinds of nuts.

Two possible interpretations following this model’s 
results are that dietary recommendations should discour-
age nuts with poor overall performance, or that industries 
and consumers should choose nuts sourced from countries 
associated with better environmental or social performance. 
However, these actions may not always be feasible or desir-
able in practice. The context surrounding cashew, walnut 
and sunflower seed production illustrates the complexities 
of assessing food cultivation systems holistically.

Cashews are economically important to smallholder 
farmers and certain economies. For instance, the economic 
impact of cashew production is particularly notable within 
Guinea-Bissau, where cashews provide 25 to 35% of annual 
household income (Hanush 2016). Households dependent on 

cashew profits to purchase or trade for staple crops like rice 
are vulnerable to food security issues during global market 
price fluctuations (Catarino et al. 2015). Reducing consump-
tion may exacerbate the same conditions that led to cashew’s 
poor sustainability performance and can undermine some 
of the environmental benefits such as erosion prevention. 
Strategies to improve the environmental impact of the West 
African cashew sector include introducing intercropping 
of staple crops within orchards, introducing high-yielding 
varieties to improve productivity, and better using cashew 
byproducts such as cashew apples (Monteiro et al. 2017). 
Social risks may be mitigated through greater supply chain 
transparency and investment in improving worker and com-
munity livelihoods. Still, closer monitoring is necessary to 
ensure that economic gains from increased export value cre-
ate meaningful social impacts for farmers and communities.

Even with walnut’s high performance on the three dimen-
sions of sustainability, weak spots are possible. The gender 
gap is one vulnerability, which can intersect with perfor-
mance on other dimensions. In Iran, the third-largest walnut 
producer, female farmers were found to have lower adaptive 
capacity to climate change compared to male farmers due 
to lack of access to resources and asset ownership (Jam-
shidi et al. 2020). Walnut production has expanded stead-
ily in China, the largest producer, but small walnut farms 
lack bargaining power for price negotiations, struggle with 
price competition from plantations started during reforesta-
tion initiatives, and lack the financial resources to invest in 
value-adding activities such as shelling and processing (Yan 
et al. 2017; Zinda and He 2020).

Future dietary recommendations may benefit from explic-
itly encouraging seed consumption. Seeds performed well on 
nutritional criteria, outperforming all culinary nuts except 
walnut. Sunflower seeds performed particularly well across 
all dimensions, although annual crops, such as sunflowers, 
less effectively sequester soil carbon than perennial crops 
(Kroodsma and Field 2006). Sunflower seeds are produced 
in the second-largest quantities after peanuts, but only a 
fraction of sunflower seeds are consumed as seeds in the 
global food supply, even after accounting for oil production 
for human consumption (Fig. S5, Table S16).

For sunflower seeds, the sizable gap between current con-
sumption and total production due to use in non-food appli-
cations such as biofuel production or animal feed suggests 
limited crop expansion would be needed to meet increased 
consumption patterns, assuming seed use patterns could be 
adjusted. Replacing some level of peanut consumption with 
sunflower seeds, especially in regions where sunflowers are 
cultivated and peanuts are imported, such as Europe, may 
improve overall sustainability outcomes for nut consump-
tion. While sunflower seed and its resulting oils and residual 
materials are a versatile product for many agricultural and 
industrial uses, reducing sunflower seed use in industrial 
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applications may be beneficial. Sunflower-derived biodiesel 
under current production practices does not represent a suf-
ficient environmental improvement from conventional diesel 
(Spugnoli et al. 2012), and LCA results are mixed for the 
overall environmental advantage of sunflower-based biofu-
els over other oil crops (Fazio and Monti 2011; Iriarte et al. 
2010). In animal feed, sunflower seeds and sunflower seed 
meal are judged to be an adequate replacement for soybean 
meal for pigs (Rodriguez et al. 2013) but less suitable for 
poultry (Leinonen et al. 2013), which indicates that the feed 
may be used for convenience or economic reasons rather 
than particular nutritional attributes.

Every nut and seed supply chain has more context to 
consider than final ranking, so no nut should be considered 
a lose-lose-lose choice across all dimensions. Rather, our 
research suggests that there is potential for overall positive 
effects from shifting to more sustainable varieties and high-
lights where additional attention from producers and con-
sumers is necessary to address adverse impacts. Additional 
detailed analysis of the socio-economic and environmental 
trade-offs from scaling up production, similar to the work of 
Stratton et al. (2021) on fruit and vegetables, would be use-
ful for understanding practical pathways to sustainable nut 
consumption. The hotspots and weaker performance areas 
identified here can direct future research efforts on the role 
of nuts in sustainable diets.

Conclusions

We developed a multi-criteria analysis method using statis-
tical weighting techniques and partially non-compensatory 
aggregation to evaluate nuts and seeds across 11 environ-
mental, nutritional and social indicators, including a proof 
of concept for a social risk assessment approach. Although 
frequently considered as a homogenous food group, our 
model identified three performance classifications: walnut 
and sunflower seed in the top rank positions; Brazil nut, 
hazelnut, peanut, sesame seed and pistachio in middle-
ranked positions; and cashew, chestnut, and almond in the 
bottom ranks. Barring bias in indicator selection, the stable 
outcomes across sensitivity analyses on weighting scenar-
ios, aggregation methods, and country input data suggest a 
robust result.

A shift in consumption patterns aligning with the out-
come of this decision model would potentially improve 
environmental, nutritional and social performance of total 
nut consumption on all indicators by an average of 23%, 
but forced labor performance would worsen. The socio-
economic impacts of the production of a specific crop are 
challenging to fully address in a decision model, and eco-
nomic aspects should be addressed in future research. While 
a relative increase in walnut and sunflower consumption 

may have positive benefits, smallholder inclusion and local 
impacts should be studied further to avoid adverse effects. 
The bottom-ranked cashew’s potential importance to local 
economies despite the nut’s below-average sustainability 
performance illustrates the challenge of translating rank 
order into comprehensive policy measures.

The results from this study should not be interpreted as a 
definitive suggestion for consumption patterns but rather as 
an exploration of how to improve the sustainability perfor-
mance of nut and seed consumption. The excellent perfor-
mance of sunflower seed across all impact categories makes 
a strong case for broadening the scope of how ‘nut’ con-
sumption intakes can be met. The MCDA results highlight 
potential hotspots, and the insight into trade-offs and syner-
gies between sustainability dimensions can inform policy 
around sustainable food systems or dietary guidance. Future 
research can explore the feasibility of scaling up each type 
of nut to reach global consumption targets and developing 
a model to optimize production and consumption patterns 
given the complexities within each nut production system. 
Stakeholder input should also be an indispensable input 
for future analysis given the interrelation of environmen-
tal, nutritional and social dimensions. Overall, this research 
provides a first step towards creating a decision analysis tool 
to compare alternatives within a food group across three 
sustainability dimensions, which is applicable well beyond 
the case of nuts.

Supplementary Information  The online version contains supplemen-
tary material available at https://​doi.​org/​10.​1007/​s11625-​022-​01146-7.

Author contributions  Conceptualization: SC, PB, LS; methodology: 
SC, PB, LS; formal analysis and investigation: SC; writing—original 
draft preparation: SC; writing—review and editing: PB, LS.

Funding  No funding was received for conducting this study. The 
authors have no relevant financial or non-financial interests to disclose.

Open Access  This article is licensed under a Creative Commons Attri-
bution 4.0 International License, which permits use, sharing, adapta-
tion, distribution and reproduction in any medium or format, as long 
as you give appropriate credit to the original author(s) and the source, 
provide a link to the Creative Commons licence, and indicate if changes 
were made. The images or other third party material in this article are 
included in the article's Creative Commons licence, unless indicated 
otherwise in a credit line to the material. If material is not included in 
the article's Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will 
need to obtain permission directly from the copyright holder. To view a 
copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

References

Beal T, Massiot E, Arsenault JE, Smith MR, Hijmans RJ (2017) Global 
trends in dietary micronutrient supplies and estimated prevalence 

https://doi.org/10.1007/s11625-022-01146-7
http://creativecommons.org/licenses/by/4.0/


Sustainability Science	

1 3

of inadequate intakes. PLoS ONE 12(4):e0175554. https://​doi.​org/​
10.​1371/​journ​al.​pone.​01755​54

Behrens P, Kiefte-de Jong JC, Bosker T, Rodrigues JFD, de Koning A, 
Tukker A (2017) Evaluating the environmental impacts of dietary 
recommendations. Proc Natl Acad Sci 114(51):13412–13417. 
https://​doi.​org/​10.​1073/​pnas.​17118​89114

Brito de Figueirêdo MC, Potting J, Lopes Serrano LA, Bezerra MA, 
da Silva Barros V, Gondim RS, Nemecek T (2016) Environmental 
assessment of tropical perennial crops: the case of the Brazilian 
cashew. J Clean Prod 112:131–140. https://​doi.​org/​10.​1016/j.​jclep​
ro.​2015.​05.​134

Brufau G, Boatella J, Rafecas M (2006) Nuts: source of energy and 
macronutrients. Br J Nutr 96(S2):S24–S28. https://​doi.​org/​10.​
1017/​BJN20​061860

Catarino L, Menezes Y, Sardinha R (2015) Cashew cultivation in 
Guinea-Bissau – risks and challenges of the success of a cash 
crop. Scientia Agricola 72:459–467. https://​doi.​org/​10.​1590/​
0103-​9016-​2014-​0369

Chen, C., Chaudhary, A., & Mathys, A. (2019). Dietary Change Sce-
narios and Implications for Environmental, Nutrition, Human 
Health and Economic Dimensions of Food Sustainability. Nutri-
ents, 11(4), 856. https://​www.​mdpi.​com/​2072-​6643/​11/4/​856

Cinelli M, Kadziński M, Gonzalez M, Słowiński R (2020) How to sup-
port the application of multiple criteria decision analysis? Let us 
start with a comprehensive taxonomy. Omega 96:102261. https://​
doi.​org/​10.​1016/j.​omega.​2020.​102261

Clark MA, Springmann M, Hill J, Tilman D (2019) Multiple health 
and environmental impacts of foods. Proc Natl Acad Sci USA 
116(46):23357–23362. https://​doi.​org/​10.​1073/​pnas.​19069​
08116

Clune S, Crossin E, Verghese K (2017) Systematic review of green-
house gas emissions for different fresh food categories. J Clean 
Prod 140:766–783. https://​doi.​org/​10.​1016/j.​jclep​ro.​2016.​04.​082

De Luca AI, Iofrida N, Leskinen P, Stillitano T, Falcone G, Strano A, 
Gulisano G (2017) Life cycle tools combined with multi-criteria 
and participatory methods for agricultural sustainability: insights 
from a systematic and critical review. Sci Total Environ 595:352–
370. https://​doi.​org/​10.​1016/j.​scito​tenv.​2017.​03.​284

Dendena B, Corsi S (2014) Cashew, from seed to market: a review. 
Agron Sustain Dev 34(4):753–772. https://​doi.​org/​10.​1007/​
s13593-​014-​0240-7

Diakoulaki D, Mavrotas G, Papayannakis L (1995) Determining objec-
tive weights in multiple criteria problems: the critic method. 
Comput Oper Res 22(7):763–770. https://​doi.​org/​10.​1016/​0305-​
0548(94)​00059-H

Drewnowski A, Fulgoni V III (2008) Nutrient profiling of foods: creat-
ing a nutrient-rich food index. Nutr Rev 66(1):23–39. https://​doi.​
org/​10.​1111/j.​1753-​4887.​2007.​00003.x

Dreyer LC, Hauschild MZ, Schierbeck J (2006) A framework for social 
life cycle impact assessment. Int J Life Cycle Assess 11(2):88–97. 
https://​doi.​org/​10.​1065/​lca20​05.​08.​223

FAO. (2012). Sustainable Diets and Biodiversity. In B. Burlingame 
& S. Dernini (Eds.), Biodiversity and Sustainable Diets United 
Against Hunger. Rome: FAO.

FAO (2021) FAOSTAT - Food and agriculture data. http://​www.​fao.​
org/​faost​at/​en/#​data. Accessed 24 Mar 2021

Fazio S, Monti A (2011) Life cycle assessment of different bioen-
ergy production systems including perennial and annual crops. 
Biomass Bioenerg 35(12):4868–4878. https://​doi.​org/​10.​1016/j.​
biomb​ioe.​2011.​10.​014

Fulgoni VL III, Keast DR, Drewnowski A (2009) Development and 
validation of the nutrient-rich foods index: a tool to measure nutri-
tional quality of foods. J Nutr 139(8):1549–1554. https://​doi.​org/​
10.​3945/​jn.​108.​101360

Greco S, Ishizaka A, Tasiou M, Torrisi G (2019) On the methodo-
logical framework of composite indices: a review of the issues of 

weighting, aggregation, and robustness. Soc Indic Res 141(1):61–
94. https://​doi.​org/​10.​1007/​s11205-​017-​1832-9

Green A, Nemecek T, Chaudhary A, Mathys A (2020) Assessing 
nutritional, health, and environmental sustainability dimensions 
of agri-food production. Glob Food Sec 26:100406. https://​doi.​
org/​10.​1016/j.​gfs.​2020.​100406

GreenDelta (2021) Product Social Impact Life Cycle Assessment 
(PSILCA) database. https://​psilca.​net/

Guinée J, Gorrée M, Heijungs R, Huppes G, Kleijn R, Koning A, 
Huijbregts M (2002) Handbook on Life Cycle Assessment: 
Operational Guide to the ISO Standards. https://​doi.​org/​10.​
1007/0-​306-​48055-7

Guitouni A, Martel J-M (1998) Tentative guidelines to help choosing 
an appropriate MCDA method. Eur J Oper Res 109(2):501–521. 
https://​doi.​org/​10.​1016/​S0377-​2217(98)​00073-3

Gustafson D, Gutman A, Leet W, Drewnowski A, Fanzo J, Ingram 
J (2016). Seven food system metrics of sustainable nutrition 
security. Sustainability, 8(3), 196. https://​www.​mdpi.​com/​2071-​
1050/8/​3/​196

Haberl H, Erb KH, Krausmann F, Gaube V, Bondeau A, Plutzar C, 
Fischer-Kowalski M (2007) Quantifying and mapping the human 
appropriation of net primary production in earth’s terrestrial eco-
systems. Proc Natl Acad Sci 104(31):12942–12947. https://​doi.​
org/​10.​1073/​pnas.​07042​43104

Hallström E, Davis J, Woodhouse A, Sonesson U (2018) Using dietary 
quality scores to assess sustainability of food products and human 
diets: a systematic review. Ecol Ind 93:219–230. https://​doi.​org/​
10.​1016/j.​ecoli​nd.​2018.​04.​071

Hanush M (2016) Guinea-Bissau and the Cashew Economy. Macroeco-
nomics & Fiscal Management Practice Notes, 11(102933). https://​
docum​ents1.​world​bank.​org/​curat​ed/​en/​44383​14679​99735​473/​
102933-​REVIS​ED-​PUBLIC-​MFM-​Pract​ice-​Note-​11.​pdf

Hardadi G, Pizzol M (2017) Extending the multiregional input-output 
framework to labor-related impacts: a proof of concept. J Ind Ecol 
21(6):1536–1546. https://​doi.​org/​10.​1111/​jiec.​12588

Hauschild MZ, Goedkoop M, Guinée J, Heijungs R, Huijbregts M, 
Jolliet O, Pant R (2013) Identifying best existing practice for 
characterization modeling in life cycle impact assessment. The 
International Journal of Life Cycle Assessment 18(3):683–697. 
https://​doi.​org/​10.​1007/​s11367-​012-​0489-5

Hirvonen K, Bai Y, Headey D, Masters WA (2019) Affordability of the 
EAT-Lancet reference diet: a global analysis. Lancet Glob Health 
8(1):e59–e66. https://​doi.​org/​10.​1016/​S2214-​109X(19)​30447-4

Huang IB, Keisler J, Linkov I (2011) Multi-criteria decision analysis 
in environmental sciences: Ten years of applications and trends. 
Sci Total Environ 409(19):3578–3594. https://​doi.​org/​10.​1016/j.​
scito​tenv.​2011.​06.​022

International Labour Organization Department of Statistics. (2020). 
ILOSTAT. https://​ilost​at.​ilo.​org/​data/ . Accessed 18 Mar 2021

International Labour Organization, & Walk Free Foundation. (2017). 
Global estimates of modern slavery: forced labour and forced 
marriage. https://​www.​ilo.​org/​global/​publi​catio​ns/​books/​WCMS_​
575479/​lang--​en/​index.​htm

Iriarte A, Rieradevall J, Gabarrell X (2010) Life cycle assessment of 
sunflower and rapeseed as energy crops under Chilean conditions. 
J Clean Prod 18(4):336–345. https://​doi.​org/​10.​1016/j.​jclep​ro.​
2009.​11.​004

Jamshidi O, Asadi A, Kalantari K, Movahhed Moghaddam S, Dadrass 
Javan F, Azadi H, Witlox F (2020) Adaptive capacity of small-
holder farmers toward climate change: evidence from Hamadan 
province in Iran. Climate Dev 12(10):923–933. https://​doi.​org/​10.​
1080/​17565​529.​2019.​17100​97

Janker J, Mann S (2020) Understanding the social dimension of sus-
tainability in agriculture: a critical review of sustainability assess-
ment tools. Environ Dev Sustain 22(3):1671–1691. https://​doi.​org/​
10.​1007/​s10668-​018-​0282-0

https://doi.org/10.1371/journal.pone.0175554
https://doi.org/10.1371/journal.pone.0175554
https://doi.org/10.1073/pnas.1711889114
https://doi.org/10.1016/j.jclepro.2015.05.134
https://doi.org/10.1016/j.jclepro.2015.05.134
https://doi.org/10.1017/BJN20061860
https://doi.org/10.1017/BJN20061860
https://doi.org/10.1590/0103-9016-2014-0369
https://doi.org/10.1590/0103-9016-2014-0369
https://www.mdpi.com/2072-6643/11/4/856
https://doi.org/10.1016/j.omega.2020.102261
https://doi.org/10.1016/j.omega.2020.102261
https://doi.org/10.1073/pnas.1906908116
https://doi.org/10.1073/pnas.1906908116
https://doi.org/10.1016/j.jclepro.2016.04.082
https://doi.org/10.1016/j.scitotenv.2017.03.284
https://doi.org/10.1007/s13593-014-0240-7
https://doi.org/10.1007/s13593-014-0240-7
https://doi.org/10.1016/0305-0548(94)00059-H
https://doi.org/10.1016/0305-0548(94)00059-H
https://doi.org/10.1111/j.1753-4887.2007.00003.x
https://doi.org/10.1111/j.1753-4887.2007.00003.x
https://doi.org/10.1065/lca2005.08.223
http://www.fao.org/faostat/en/#data
http://www.fao.org/faostat/en/#data
https://doi.org/10.1016/j.biombioe.2011.10.014
https://doi.org/10.1016/j.biombioe.2011.10.014
https://doi.org/10.3945/jn.108.101360
https://doi.org/10.3945/jn.108.101360
https://doi.org/10.1007/s11205-017-1832-9
https://doi.org/10.1016/j.gfs.2020.100406
https://doi.org/10.1016/j.gfs.2020.100406
https://psilca.net/
https://doi.org/10.1007/0-306-48055-7
https://doi.org/10.1007/0-306-48055-7
https://doi.org/10.1016/S0377-2217(98)00073-3
https://www.mdpi.com/2071-1050/8/3/196
https://www.mdpi.com/2071-1050/8/3/196
https://doi.org/10.1073/pnas.0704243104
https://doi.org/10.1073/pnas.0704243104
https://doi.org/10.1016/j.ecolind.2018.04.071
https://doi.org/10.1016/j.ecolind.2018.04.071
https://documents1.worldbank.org/curated/en/443831467999735473/102933-REVISED-PUBLIC-MFM-Practice-Note-11.pdf
https://documents1.worldbank.org/curated/en/443831467999735473/102933-REVISED-PUBLIC-MFM-Practice-Note-11.pdf
https://documents1.worldbank.org/curated/en/443831467999735473/102933-REVISED-PUBLIC-MFM-Practice-Note-11.pdf
https://doi.org/10.1111/jiec.12588
https://doi.org/10.1007/s11367-012-0489-5
https://doi.org/10.1016/S2214-109X(19)30447-4
https://doi.org/10.1016/j.scitotenv.2011.06.022
https://doi.org/10.1016/j.scitotenv.2011.06.022
https://ilostat.ilo.org/data/
https://www.ilo.org/global/publications/books/WCMS_575479/lang--en/index.htm
https://www.ilo.org/global/publications/books/WCMS_575479/lang--en/index.htm
https://doi.org/10.1016/j.jclepro.2009.11.004
https://doi.org/10.1016/j.jclepro.2009.11.004
https://doi.org/10.1080/17565529.2019.1710097
https://doi.org/10.1080/17565529.2019.1710097
https://doi.org/10.1007/s10668-018-0282-0
https://doi.org/10.1007/s10668-018-0282-0


	 Sustainability Science

1 3

Jones AD, Hoey L, Blesh J, Miller L, Green A, Shapiro LF (2016) A 
systematic review of the measurement of sustainable diets. Adv 
Nutr 7(4):641–664. https://​doi.​org/​10.​3945/​an.​115.​011015

Karlsson Potter H, Röös E (2021) Multi-criteria evaluation of plant-
based foods—use of environmental footprint and LCA data for 
consumer guidance. J Clean Prod 280:124721. https://​doi.​org/​10.​
1016/j.​jclep​ro.​2020.​124721

Keeney RL (1982) Decision analysis: an overview. Oper Res 
30(5):803–838. https://​doi.​org/​10.​1287/​opre.​30.5.​803

Keeney RL, Raiffa H (1993) THE STRU​CTU​RING OF OBJECTIVES. 
In H. Raiffa & R. L. Keeney (Eds.), Decisions with Multiple 
Objectives: Preferences and Value Trade-Offs (pp. 31–65). Cam-
bridge University Press. https://​doi.​org/​10.​1017/​CBO97​81139​
174084

King JC, Blumberg J, Ingwersen L, Jenab M, Tucker KL (2008) 
Tree nuts and peanuts as components of a healthy diet. J Nutr 
138(9):1736S-1740S. https://​doi.​org/​10.​1093/​jn/​138.9.​1736s

Kroodsma DA, Field CB (2006) Carbon sequestration in California 
agriculture, 1980–2000. Ecol Appl 16(5):1975–1985. https://​doi.​
org/​10.​1890/​1051-​0761(2006)​016[1975:​CSICA]2.​0.​CO;2

Kühnen M, Hahn R (2018) Systemic social performance measurement: 
systematic literature review and explanations on the academic 
status quo from a product life-cycle perspective. J Clean Prod 
205:690–705. https://​doi.​org/​10.​1016/j.​jclep​ro.​2018.​08.​201

Leinonen I, Williams AG, Waller AH, Kyriazakis I (2013) Comparing 
the environmental impacts of alternative protein crops in poultry 
diets: the consequences of uncertainty. Agric Syst 121:33–42. 
https://​doi.​org/​10.​1016/j.​agsy.​2013.​06.​008

Lin CSK, Pfaltzgraff LA, Herrero-Davila L, Mubofu EB, Abderrahim 
S, Clark JH, Luque R (2013) Food waste as a valuable resource for 
the production of chemicals, materials and fuels. Current situation 
and global perspective. Energy Environ Sci 6(2):426–464. https://​
doi.​org/​10.​1039/​C2EE2​3440H

Linkov I, Seager TP (2011) Coupling multi-criteria decision analysis, 
life-cycle assessment, and risk assessment for emerging threats. 
Environ Sci Technol 45(12):5068–5074. https://​doi.​org/​10.​1021/​
es100​959q

Marttunen M, Mustajoki J, Dufva M, Karjalainen T (2015) How to 
design and realize participation of stakeholders in MCDA pro-
cesses? A framework for selecting an appropriate approach. 
EURO J Decision Processes 3(1):187–214. https://​doi.​org/​10.​
1007/​s40070-​013-​0016-3

Marttunen M, Belton V, Lienert J (2018) Are objectives hierarchy 
related biases observed in practice? A meta-analysis of environ-
mental and energy applications of multi-criteria decision analysis. 
Eur J Oper Res 265(1):178–194. https://​doi.​org/​10.​1016/j.​ejor.​
2017.​02.​038

Marvinney E, Kendall A (2021) A scalable and spatiotemporally 
resolved agricultural life cycle assessment of California almonds. 
Int J Life Cycle Assess 26(6):1123–1145. https://​doi.​org/​10.​1007/​
s11367-​021-​01891-4

Masset G, Soler L-G, Vieux F, Darmon N (2014) Identifying sustain-
able foods: the relationship between environmental impact, nutri-
tional quality, and prices of foods representative of the French 
Diet. J Acad Nutr Diet 114(6):862–869. https://​doi.​org/​10.​1016/j.​
jand.​2014.​02.​002

Mattila TJ, Judl J, Macombe C, Leskinen P (2018) Evaluating social 
sustainability of bioeconomy value chains through integrated use 
of local and global methods. Biomass Bioenerg 109:276–283. 
https://​doi.​org/​10.​1016/j.​biomb​ioe.​2017.​12.​019

Mekonnen MM, Hoekstra AY (2011) The green, blue and grey water 
footprint of crops and derived crop products. Hydrol Earth Syst 
Sci 15(5):1577–1600. https://​doi.​org/​10.​5194/​hess-​15-​1577-​2011

Micha R, Khatibzadeh S, Shi P, Fahimi S, Lim S, Andrews KG, Mozaf-
farian D (2014) Global, regional, and national consumption levels 
of dietary fats and oils in 1990 and 2010: a systematic analysis 

including 266 country-specific nutrition surveys. BMJ 348:g2272. 
https://​doi.​org/​10.​1136/​bmj.​g2272

Monteiro F, Catarino L, Batista D, Indjai B, Duarte MC, Romeiras 
MM (2017) Cashew as a high agricultural commodity in west 
africa: insights towards sustainable production in Guinea-Bissau. 
Sustainability 9(9): 1666. https://​www.​mdpi.​com/​2071-​1050/9/​
9/​1666

Nardo M, Saisana M, Saltelli A, Tarantola S, Hoffmann A, Giovannini 
E (2008) Handbook on Constructing Composite Indicators: Meth-
odology and User Guide. OECD & JRC. https://​www.​oecd.​org/​
els/​soc/​handb​ookon​const​ructi​ngcom​posit​eindi​cator​smeth​odolo​
gyand​userg​uide.​htm

Nemecek T, Jungbluth N, i Canals LM, Schenck R (2016) Environmen-
tal impacts of food consumption and nutrition: where are we and 
what is next? Int J Life Cycle Assess 21(5): 607-620. https://​doi.​
org/​10.​1007/​s11367-​016-​1071-3

NewEarth B. (2021). Social Hotspot Database. http://​www.​socia​lhots​
pot.​org/

Paris JMG, Falkenberg T, Nöthlings U, Heinzel C, Borgemeister C, 
Escobar N (2021) Changing dietary patterns is necessary to 
improve the sustainability of Western diets from a One Health 
perspective. Sci Total Environ 151437. https://​doi.​org/​10.​1016/j.​
scito​tenv.​2021.​151437

Pfister S, Bayer P (2014) Monthly water stress: spatially and temporally 
explicit consumptive water footprint of global crop production. J 
Clean Prod 73:52–62. https://​doi.​org/​10.​1016/j.​jclep​ro.​2013.​11.​
031

Pfister S, Koehler A, Hellweg S (2009) Assessing the environmental 
impacts of freshwater consumption in LCA. Environ Sci Technol 
43(11):4098–4104. https://​doi.​org/​10.​1021/​es802​423e

Pfister S, Bayer P, Koehler A, Hellweg S (2011) Environmental impacts 
of water use in global crop production: hotspots and trade-offs 
with land use. Environ Sci Technol 45(13):5761–5768. https://​
doi.​org/​10.​1021/​es104​1755

Plevin RJ, Delucchi MA, Creutzig F (2014) Using attributional life 
cycle assessment to estimate climate-change mitigation benefits 
misleads policy makers. J Ind Ecol 18(1):73–83. https://​doi.​org/​
10.​1111/​jiec.​12074

Poore J, Nemecek T (2018) Reducing food’s environmental impacts 
through producers and consumers. Science 360(6392):987–992. 
https://​doi.​org/​10.​1126/​scien​ce.​aaq02​16

Reed MS, Graves A, Dandy N, Posthumus H, Hubacek K, Morris J, 
Stringer LC (2009) Who’s in and why? A typology of stakeholder 
analysis methods for natural resource management. J Environ 
Manage 90(5):1933–1949. https://​doi.​org/​10.​1016/j.​jenvm​an.​
2009.​01.​001

Rodriguez DA, Sulabo RC, Gonzalez-Vega JC, Stein HH (2013) 
Energy concentration and phosphorus digestibility in canola, 
cottonseed, and sunflower products fed to growing pigs. Can J 
Anim Sci 93(4):493–503. https://​doi.​org/​10.​4141/​cjas2​013-​020

Rojas-Bringas PM, De-la-Torre GE, Torres FG (2021) Influence of 
the source of starch and plasticizers on the environmental burden 
of starch-Brazil nut fiber biocomposite production: a life cycle 
assessment approach. Sci Total Environ 769:144869. https://​doi.​
org/​10.​1016/j.​scito​tenv.​2020.​144869

Scherer L, Behrens P, Tukker A (2019) Opportunity for a dietary win-
win-win in nutrition, environment, and animal welfare. One Earth 
1(3):349–360. https://​doi.​org/​10.​1016/j.​oneear.​2019.​10.​020

Simas MS, Golsteijn L, Huijbregts MAJ, Wood R, Hertwich EG (2014) 
The “Bad Labor” Footprint: Quantifying the Social Impacts of 
Globalization. Sustainability, 6(11), 7514–7540. https://​www.​
mdpi.​com/​2071-​1050/6/​11/​7514

Sokolow J, Kennedy G, Attwood S (2019) Managing crop tradeoffs: 
a methodology for comparing the water footprint and nutrient 
density of crops for food system sustainability. J Clean Prod 
225:913–927. https://​doi.​org/​10.​1016/j.​jclep​ro.​2019.​03.​056

https://doi.org/10.3945/an.115.011015
https://doi.org/10.1016/j.jclepro.2020.124721
https://doi.org/10.1016/j.jclepro.2020.124721
https://doi.org/10.1287/opre.30.5.803
https://doi.org/10.1017/CBO9781139174084
https://doi.org/10.1017/CBO9781139174084
https://doi.org/10.1093/jn/138.9.1736s
https://doi.org/10.1890/1051-0761(2006)016[1975:CSICA]2.0.CO;2
https://doi.org/10.1890/1051-0761(2006)016[1975:CSICA]2.0.CO;2
https://doi.org/10.1016/j.jclepro.2018.08.201
https://doi.org/10.1016/j.agsy.2013.06.008
https://doi.org/10.1039/C2EE23440H
https://doi.org/10.1039/C2EE23440H
https://doi.org/10.1021/es100959q
https://doi.org/10.1021/es100959q
https://doi.org/10.1007/s40070-013-0016-3
https://doi.org/10.1007/s40070-013-0016-3
https://doi.org/10.1016/j.ejor.2017.02.038
https://doi.org/10.1016/j.ejor.2017.02.038
https://doi.org/10.1007/s11367-021-01891-4
https://doi.org/10.1007/s11367-021-01891-4
https://doi.org/10.1016/j.jand.2014.02.002
https://doi.org/10.1016/j.jand.2014.02.002
https://doi.org/10.1016/j.biombioe.2017.12.019
https://doi.org/10.5194/hess-15-1577-2011
https://doi.org/10.1136/bmj.g2272
https://www.mdpi.com/2071-1050/9/9/1666
https://www.mdpi.com/2071-1050/9/9/1666
https://www.oecd.org/els/soc/handbookonconstructingcompositeindicatorsmethodologyanduserguide.htm
https://www.oecd.org/els/soc/handbookonconstructingcompositeindicatorsmethodologyanduserguide.htm
https://www.oecd.org/els/soc/handbookonconstructingcompositeindicatorsmethodologyanduserguide.htm
https://doi.org/10.1007/s11367-016-1071-3
https://doi.org/10.1007/s11367-016-1071-3
http://www.socialhotspot.org/
http://www.socialhotspot.org/
https://doi.org/10.1016/j.scitotenv.2021.151437
https://doi.org/10.1016/j.scitotenv.2021.151437
https://doi.org/10.1016/j.jclepro.2013.11.031
https://doi.org/10.1016/j.jclepro.2013.11.031
https://doi.org/10.1021/es802423e
https://doi.org/10.1021/es1041755
https://doi.org/10.1021/es1041755
https://doi.org/10.1111/jiec.12074
https://doi.org/10.1111/jiec.12074
https://doi.org/10.1126/science.aaq0216
https://doi.org/10.1016/j.jenvman.2009.01.001
https://doi.org/10.1016/j.jenvman.2009.01.001
https://doi.org/10.4141/cjas2013-020
https://doi.org/10.1016/j.scitotenv.2020.144869
https://doi.org/10.1016/j.scitotenv.2020.144869
https://doi.org/10.1016/j.oneear.2019.10.020
https://www.mdpi.com/2071-1050/6/11/7514
https://www.mdpi.com/2071-1050/6/11/7514
https://doi.org/10.1016/j.jclepro.2019.03.056


Sustainability Science	

1 3

Sonesson U, Davis J, Hallström E, Woodhouse A (2019) Dietary-
dependent nutrient quality indexes as a complementary func-
tional unit in LCA: A feasible option? J Clean Prod 211:620–627. 
https://​doi.​org/​10.​1016/j.​jclep​ro.​2018.​11.​171

Springmann M, Godfray HCJ, Rayner M, Scarborough P (2016) Analy-
sis and valuation of the health and climate change cobenefits of 
dietary change. Proc Natl Acad Sci 113(15):4146–4151. https://​
doi.​org/​10.​1073/​pnas.​15231​19113

Spugnoli P, Dainelli R, D’Avino L, Mazzoncini M, Lazzeri L (2012) 
Sustainability of sunflower cultivation for biodiesel production 
in Tuscany within the EU Renewable energy directive. Biosys 
Eng 112(1):49–55. https://​doi.​org/​10.​1016/j.​biosy​stems​eng.​2012.​
02.​004

Stratton AE, Finley JW, Gustafson DI, Mitcham EJ, Myers SS, Naylor 
RL, Palm CA (2021) Mitigating sustainability tradeoffs as global 
fruit and vegetable systems expand to meet dietary recommen-
dations. Environ Res Lett 16(5):055010. https://​doi.​org/​10.​1088/​
1748-​9326/​abe25a

Stylianou KS, Fulgoni VL, Jolliet O (2021) Small targeted changes 
can yield substantial gains for human health and the environ-
ment. Nature Food 2(9):743–743. https://​doi.​org/​10.​1038/​
s43016-​021-​00373-y

Talukder B, Hipel WK, vanLoon WG (2017) Developing composite 
indicators for agricultural sustainability assessment: effect of 
normalization and aggregation techniques. Resources, 6(4), 66. 
https://​www.​mdpi.​com/​2079-​9276/6/​4/​66

Tilman D, Clark M (2014) Global diets link environmental sustain-
ability and human health. Nature 515(7528):518–522. https://​doi.​
org/​10.​1038/​natur​e13959

United Nations Environment Programme. (2009). Guidelines for social 
life cycle assessment of products: social and socio-economic LCA 
guidelines complementing environmental LCA and Life Cycle 
Costing, contributing to the full assessment of goods and services 
within the context of sustainable development. UNEP/Earthprint.

United Nations Environment Programme. (2020) Guidelines for Social 
Life Cycle Assessment of Products and Organizations 2020. 
https://​www.​lifec​yclei​nitia​tive.​org/​wp-​conte​nt/​uploa​ds/​2020/​12/​
Guide​lines-​for-​Social-​Life-​Cycle-​Asses​sment-​of-​Produ​cts-​and-​
Organ​izati​ons-​2020-​sml.​pdf

USDA Agricultural Research Service. (2019). FoodData Central. 
https://​fdc.​nal.​usda.​gov/

Vanham D, Mekonnen MM, Hoekstra AY (2020) Treenuts and ground-
nuts in the EAT-Lancet reference diet: concerns regarding sus-
tainable water use. Glob Food Sec 24:100357. https://​doi.​org/​10.​
1016/j.​gfs.​2020.​100357

Walk Free Foundation. (2018). The Global Slavery Index 2018. https://​
www.​globa​lslav​eryin​dex.​org/​resou​rces/​downl​oads/

Weidema BP (2018) The social footprint—a practical approach to com-
prehensive and consistent social LCA. Int J Life Cycle Assess 
23(3):700–709. https://​doi.​org/​10.​1007/​s11367-​016-​1172-z

Willett W, Rockström J, Loken B, Springmann M, Lang T, Vermeulen 
S, Murray CJL (2019) Food in the anthropocene: the EAT lan-
cet commission on healthy diets from sustainable food systems. 
The Lancet 393(10170):447–492. https://​doi.​org/​10.​1016/​S0140-​
6736(18)​31788-4

Xiao Y, Norris CB, Lenzen M, Norris G, Murray J (2017) How social 
footprints of nations can assist in achieving the sustainable devel-
opment goals. Ecol Econ 135:55–65. https://​doi.​org/​10.​1016/j.​
ecole​con.​2016.​12.​003

Yan M, Terheggen A, Mithöfer D (2017) Who and what set the price of 
walnuts for small-scale farmers in Southwest China? J Agribusi-
ness Dev Emerging Econ 7(2):135–152. https://​doi.​org/​10.​1108/​
JADEE-​10-​2015-​0047

Zanghelini GM, Cherubini E, Soares SR (2018) How multi-criteria 
decision analysis (MCDA) is aiding life cycle assessment (LCA) 
in results interpretation. J Clean Prod 172:609–622. https://​doi.​
org/​10.​1016/j.​jclep​ro.​2017.​10.​230

Zhou P, Ang BW, Poh KL (2006) Comparing aggregating methods 
for constructing the composite environmental index: an objec-
tive measure. Ecol Econ 59(3):305–311. https://​doi.​org/​10.​1016/j.​
ecole​con.​2005.​10.​018

Zhou P, Fan L, Zhou D (2010) Data aggregation in constructing com-
posite indicators: a perspective of information loss. Expert Syst 
Appl 37(1):360–365. https://​doi.​org/​10.​1016/j.​eswa.​2009.​05.​039

Zinda JA, He J (2020) Ecological civilization in the mountains: how 
walnuts boomed and busted in southwest China. J Peasant Stud 
47(5):1052–1076. https://​doi.​org/​10.​1080/​03066​150.​2019.​16383​
68

Publisher's Note  Springer Nature remains neutral with regard to 
jurisdictional claims in published maps and institutional affiliations.

https://doi.org/10.1016/j.jclepro.2018.11.171
https://doi.org/10.1073/pnas.1523119113
https://doi.org/10.1073/pnas.1523119113
https://doi.org/10.1016/j.biosystemseng.2012.02.004
https://doi.org/10.1016/j.biosystemseng.2012.02.004
https://doi.org/10.1088/1748-9326/abe25a
https://doi.org/10.1088/1748-9326/abe25a
https://doi.org/10.1038/s43016-021-00373-y
https://doi.org/10.1038/s43016-021-00373-y
https://www.mdpi.com/2079-9276/6/4/66
https://doi.org/10.1038/nature13959
https://doi.org/10.1038/nature13959
https://www.lifecycleinitiative.org/wp-content/uploads/2020/12/Guidelines-for-Social-Life-Cycle-Assessment-of-Products-and-Organizations-2020-sml.pdf
https://www.lifecycleinitiative.org/wp-content/uploads/2020/12/Guidelines-for-Social-Life-Cycle-Assessment-of-Products-and-Organizations-2020-sml.pdf
https://www.lifecycleinitiative.org/wp-content/uploads/2020/12/Guidelines-for-Social-Life-Cycle-Assessment-of-Products-and-Organizations-2020-sml.pdf
https://fdc.nal.usda.gov/
https://doi.org/10.1016/j.gfs.2020.100357
https://doi.org/10.1016/j.gfs.2020.100357
https://www.globalslaveryindex.org/resources/downloads/
https://www.globalslaveryindex.org/resources/downloads/
https://doi.org/10.1007/s11367-016-1172-z
https://doi.org/10.1016/S0140-6736(18)31788-4
https://doi.org/10.1016/S0140-6736(18)31788-4
https://doi.org/10.1016/j.ecolecon.2016.12.003
https://doi.org/10.1016/j.ecolecon.2016.12.003
https://doi.org/10.1108/JADEE-10-2015-0047
https://doi.org/10.1108/JADEE-10-2015-0047
https://doi.org/10.1016/j.jclepro.2017.10.230
https://doi.org/10.1016/j.jclepro.2017.10.230
https://doi.org/10.1016/j.ecolecon.2005.10.018
https://doi.org/10.1016/j.ecolecon.2005.10.018
https://doi.org/10.1016/j.eswa.2009.05.039
https://doi.org/10.1080/03066150.2019.1638368
https://doi.org/10.1080/03066150.2019.1638368

	Environmental, nutritional and social assessment of nuts
	Abstract
	Introduction
	Materials and methods
	Framework for environmental, nutritional and social assessment
	Structuring the decision problem
	Identifying alternatives: selection of nut and seed types
	Defining objective hierarchy for nut and seed sustainability
	Indicators to measure environmental, nutritional, and social dimensions
	Environmental indicators 
	Nutrition indicators 
	Social indicators 


	Measuring performance of alternatives against defined sustainability criteria
	Determining values and trade-offs across objectives
	Weighting approach
	Normalization

	Evaluating alternatives against decision criteria
	Aggregation and ranking
	Sensitivity analysis
	Potential improvements from production and consumption changes


	Results
	Rank order of alternatives
	Sensitivity analysis: weighting and aggregation
	Sensitivity analysis: country-level values

	Rank order clusters
	Impact from changing production and consumption patterns

	Discussion
	Results in the context of previous research
	Reflection on the MCDA approach and indicator measurement
	Reflection on social impact assessment
	Policy relevance and further applications

	Conclusions
	References




