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Abstract
As children increasingly turn to general-purpose
search engines for learning and exploration, con-
cerns arise about the relevance and safety of the
content they encounter. These platforms are de-
signed primarily for adults, often failing to de-
liver child-friendly results. One existing strat-
egy is to append the phrase “for kids” to search
queries, a technique previously shown to im-
prove content relevance. However, those findings
are outdated and based on limited evaluation
methods. Since then, web content and search en-
gine algorithms have evolved significantly, leav-
ing an open question: how does this simple strat-
egy impact the search quality for young users to-
day? Since children continue encountering com-
plex or unsafe content online, reassessing this ap-
proach is important. We aim to evaluate the im-
pact of this query modification across three key
dimensions: readability, language safety, and do-
main trustworthiness. Our results show that,
while appending “for kids” modestly improves
readability, it does not have a positive impact on
the profanity rates or presence of unsafe URLs.
These findings suggest that although the strat-
egy remains partially effective, it is not a one-
size-fits-all solution. This work highlights the
need for more adaptive and child-aware search
interventions in modern search environments.

1 Introduction
Children increasingly turn to web search engines
for learning, completing homework, and satis-
fying their curiosity [1]. Internet usage among
children has grown rapidly in recent years. For
example, in the U.K., 63% of children aged 5–7,
76% of those aged 8–11, and 83% of those aged
12–15 regularly access the internet at home. In
the U.S., children under 18 made up nearly 19%
of the online population in 2008, totalling over
32 million users [2].

However, most search technologies are not de-
veloped with young users in mind, often pro-
ducing results that are too complex, irrelevant,
or inappropriate [3]. The way queries are for-
mulated plays a crucial role in the search en-
gine’s outcomes [4]. Even subtle changes in
phrasing can significantly influence the ranking
of the results, yet children are not always in-
structed how to take advantage of that [5]. Chil-
dren’s queries often contain grammatical mis-
takes, vague phrasing, or overly broad scopes
[2]. As a result, the search engine may return
responses that are difficult to read, irrelevant

to their intent, or potentially disturbing. In
some cases, such results may pose safety risks
for young users online.

Therefore, it is essential to evaluate the tech-
niques we use to ensure that the online envi-
ronment meets their unique needs. In response,
prior research has explored ways to adapt search
experiences for children. One existing technique
is appending the phrase “for kids” to search
queries. Earlier studies, including the work in
[6], show that such child-oriented reformulations
could return more relevant results than generic
query suggestions. Yet, much has changed since
those findings. Modern search engines now use
more advanced algorithms, personalised rank-
ings, and evolving content landscapes [7], raising
the question of whether this strategy still works
effectively today.

The main research question guiding this study
is: “What is the impact of appending ‘for kids’ to
children’s search queries on the quality of search
engine results?” To address this question in a
more focused way, we broke it down into specific
subquestions that examine key aspects of how
suitable search results are for children:

• In what ways does appending “for kids”
change the readability of retrieved search
results?

• How does the presence of profanity or of-
fensive content in search results vary when
queries are appended with “for kids”?

• What is the impact of appending “for kids”
on the distribution of trusted versus non-
trusted domain types among search results?

By answering these subquestions, we aim to
comprehensively assess whether this strategy
continues to be a practical way to enhance search
experiences for young users today.

Using a dataset of queries written by children
in grades K-5, we compare search results gener-
ated with and without the modification. These
results are assessed across three core dimen-
sions of child-appropriate search quality: read-
ability, language safety, and domain trustworthi-
ness, and the resulting metric values are com-
pared to determine if the strategy still improves
the child-friendliness of search content.

Our findings show that while this modifica-
tion modestly improves the readability of search
results, it does not reduce exposure to profanity
or unsafe websites. These mixed results suggest
that although simple query reformulations can
offer some benefits, they are insufficient on their
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own. This underscores the importance of de-
veloping more sophisticated, child-aware search
strategies to better support young users in to-
day’s complex digital landscape, while also re-
evaluating older approaches to check their cur-
rent effectiveness.

The remainder of this report is structured as
follows: we begin with a Related Work section
that reviews previous studies on child-oriented
search strategies and highlights the limitations
of past approaches. The Methodology section
outlines our dataset, the technical tools used,
the experimental setup, and the evaluation met-
rics chosen. The Results and Discussion sec-
tion presents the quantitative findings and anal-
yses them. This is followed by a Responsi-
ble Research discussion, reflecting on the ethi-
cal considerations and transparency of our pro-
cess. Then, we offer conclusions and suggest di-
rections for Future Work. Finally, we share our
code for reproducibility. 1

2 Related Work

One of the most influential studies in this area
demonstrates that appending “for kids” to search
queries significantly improves the relevance of
search suggestions for children [6]. Their ap-
proach combined a biased random walk on a bi-
partite graph of web resources and tags with a
learning-to-rank model, showing promising re-
sults in tailoring search experiences for young
users. However, this study focused primarily on
relevance (measured through NDCG and recall),
relying on a single metric to assess improvement.
Moreover, their evaluation was conducted using
search logs from over a decade ago, and the web
landscape, user expectations, and search algo-
rithms have evolved significantly since then [7].

In addition to work on query reformulation [1],
this study’s approach is inspired and informed
by a broader set of studies aimed at understand-
ing children’s search behaviour. Further re-
search conducted large-scale log analyses to un-
cover challenges children face online, such as ac-
cidental clicks on ads, shorter and more ambigu-
ous queries, and difficulty with reading levels
[8]. These insights directly shaped the dimen-
sions chosen to evaluate in this study—namely,
readability, safety, and trustworthiness. Their
complementary work on developmental trends in
children’s query formulation and reading ability
further reinforced the importance of designing

1https://github.com/alexandra-darie/
OnlineSearch-Children

age-aware search support strategies [2].
Parallel research has proposed systems like

ReQuIK, which tailors query suggestions for
children using a combination of linguistic traits
and readability metrics [9]. Beyond child-
specific search adaptations, prior work in the
tagging and personalisation literature has shown
that incorporating target audience information
can meaningfully shape how users describe or
retrieve content. One such study demonstrates
that users consciously adjust the type and num-
ber of tags they assign depending on whether
the intended audience is themselves, peers, or
the public [10].

While this work does not introduce a new
suggestion algorithm, it extends this line of re-
search by reassessing a strategy that was proven
in the past to improve the search results under
modern web conditions and with complemen-
tary evaluation criteria. Specifically, the find-
ings in [6] motivate the core intervention used in
this study: appending audience-specific cues to
queries. Analysis of children’s online behaviour
from [8], [2] informs the selection of evaluation
dimensions, particularly readability and content
safety, as key indicators of suitability. The Re-
QuIK system presented in [9] demonstrates that
linguistic and readability-based features can ef-
fectively guide search tailoring for children, fur-
ther justifying our choice of readability metrics
in the evaluation. Together, these studies val-
idate our intervention and shape our definition
of child-friendliness: search results that are age-
appropriate in readability, free from unsafe lan-
guage, and come from trustworthy sources. By
synthesising these insights, this study builds on
established techniques and applies them in a
contemporary context to examine not only rel-
evance, but also the appropriateness and safety
of search results for young users.

3 Methodology

To address our research question, we first outline
the methodology used in our experiment. This
section begins by describing the data, search sys-
tem and evaluation metrics that form the basis
of our approach. Lastly, we explain how the re-
sults will be interpreted in the subsequent anal-
ysis.

3.1 Software Environment

All experiments were conducted on a MacBook
Pro (Retina, 15-inch, Mid 2015) running macOS
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Monterey (version 12.7.6). We used Visual Stu-
dio Code as the integrated development envi-
ronment for running and managing the project
scripts.

3.2 Data

For this study, we use a dataset of 301 queries
written by children between kindergarten and
5th grade levels, collected during search tasks
conducted at Boise State University between
July 2016 and April 2017 [11]. It also contains
302 queries written by adults to serve as a con-
trol group. The queries cover common topics
relevant to children’s information needs, such
as animals, science, hobbies, and general knowl-
edge. Collected in an educational context with
real child participants, the dataset is designed
specifically to support research in child-oriented
information retrieval. It captures naturally oc-
curring vocabulary, intent patterns, and topi-
cal interests across early grade levels, making
it suitable for analysing the impact of query re-
formulation on search result quality [11]. More-
over, we clean the dataset by removing dupli-
cates, leading to 294 unique children’s queries
and 302 unique adult queries. To systematically
evaluate the impact of query reformulation, we
create paired versions of each of the 294 child-
written queries: the original and a modified ver-
sion with “for kids” appended. We also evalu-
ate the metrics for queries written by adults in
the same dataset to ensure a robust compara-
tive analysis. While the “for kids” modification
is not applied to these adult queries, they serve
as a baseline to highlight differences in search re-
sult quality and safety between child and adult
queries in general. This comparison helps iso-
late whether observed improvements are specific
to the modification or reflect broader disparities
in how search engines handle queries from dif-
ferent user groups.

3.3 Search System

Each query is automatically submitted to the
Brave Search API [12], both in its original form
and with the “for kids” modification appended.
Prior research shows that children tend to in-
teract primarily with the first few links on the
search engine results page, often avoiding deeper
exploration [2]. To ensure consistent analysis,
we retrieve the top 5 search results for each
query using the default ranking provided by
the Brave API. For each result, we analyse the
snippet (description) and destination URL, as

these are the elements most visible to users,
particularly children [2], without requiring ad-
ditional interaction such as scrolling or refining
the query.

3.4 Evaluation Metrics
In this study, we define child-friendliness as the
extent to which search results are appropriate,
understandable, and safe for children’s cogni-
tive and emotional development. Specifically, we
evaluate child-friendliness across three dimen-
sions: readability (language complexity), lan-
guage safety (absence of offensive or harmful lan-
guage), and domain trustworthiness (reliability
of information sources). These dimensions col-
lectively ensure that online search experiences
are suitable and beneficial for young users:

• Readability: Young users often struggle
with complex language and unfamiliar vo-
cabulary [2]. Assessing readability helps de-
termine whether the “for kids” modification
effectively tailors content to be more acces-
sible for children’s reading levels. Research
has highlighted the importance of adapting
content to different reading levels for better
learning outcomes and safer online experi-
ences [13].

Firstly, Flesch-Kincaid Grade Level (1) and
Dale-Chall (2) formulas are selected be-
cause they are among the most estab-
lished and interpretable readability mea-
sures: Flesch-Kincaid provides a widely
used estimate of U.S. school grade level
[14], while Dale-Chall accounts for vocab-
ulary familiarity, making it particularly rel-
evant when assessing content for children
[15]. To further strengthen our analysis,
we also include two additional metrics: the
Coleman-Liau Index (3), which measures
readability based on characters and sen-
tence length and provides a complementary
perspective to syllable-based methods [16],
and the Child Digital Readability (Spache
Index) (4), which is designed to assess texts
for younger readers in digital environments
[17].

Regarding the actual score values, Flesch-
Kincaid and Coleman–Liau return approx-
imate U.S. grade levels, where scores above
9 typically correspond to high school or
above, and scores above 12 indicate college-
level complexity. Spache and Dale-Chall
are tailored for assessing younger readers,
with higher values indicating more difficult
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vocabulary and sentence structures. For
each retrieved result, we calculate readabil-
ity scores using the “textstat” Python li-
brary [18].

Flesch-Kincaid = 0.39

(
Total Words

Total Sentences

)
+ 11.8

(
Total Syllables
Total Words

)
− 15.59 (1)

Dale-Chall = 0.1579

(
Difficult Words
Total Words

× 100

)
+ 0.0496

(
Total Words

Total Sentences

)
(2)

Coleman-Liau = 0.0588L− 0.296S − 15.8

where L = avg letters per 100 words
S = avg sentences per 100 words

(3)

Spache = 0.659A+ 0.121P + 0.810

where A = average sentence length
P = percentage of difficult words

(4)

• Language Safety: Children’s online en-
vironments should be free from offensive or
inappropriate language because exposure to
such content can be harmful or distressing
for young users, and may negatively im-
pact their emotional development [3]. Eval-
uating this dimension helps us understand
whether the modification reduces exposure
to harmful language. Recent work has
shown the importance of accurately detect-
ing harmful or abusive language in online
spaces and mitigating its effects [19].

Offensive or inappropriate language is de-
tected using an ML-based profanity de-
tector called “better-profanity” [20], which
is widely used for fast and reproducible
text filtering in research settings due to its
ease of use and minimal dependencies [21],
[22]. This framework provides functions
that process raw text and return a boolean
value indicating whether profane language

was found in the description of the search
result. Internally, the tool applies normali-
sation and pattern matching to reveal pro-
fane words that may be obfuscated.
In addition, we use the LDNOOBW public
offensive keyword list [23]. This publicly
available resource contains a community-
curated collection of known profanities
across multiple languages. For consistency
with the query set and other tools used in
this study, we restrict our use to the En-
glish version. In our implementation, each
search result’s text is tokenised and com-
pared against the list through direct word
matching. This approach offers a customiz-
able layer of profanity detection, comple-
menting the learning-based method with a
simple rule-based check.

• Domain Trustworthiness: The reliabil-
ity and safety of the websites themselves
are critical when children seek information
online. Previous studies have underscored
the ethical considerations of using search
engines in educational settings and the need
to prioritise trusted content [3].
To assess the trustworthiness of each re-
trieved search result URL, we submit the
destination URL to the Google Safe Brows-
ing Lookup API v4. This API checks the
URL against Google’s constantly updated
list of unsafe web resources and returns a
threat classification if the URL is found.
Threats include malware, phishing (social
engineering), unwanted software, and po-
tentially harmful applications, as defined by
Google’s Safe Browsing policies.
For example, for any URL used as input,
the API returns a JSON object that is
either empty, if the URL appears to be
safe, or contains an object called “matches”
that lists the found threat types. The
API categorises threats into several kinds:
malware, social engineering, unwanted soft-
ware, and potentially harmful applications.
We record whether each URL is flagged as
unsafe (binary classification) and calculate
the percentage of unsafe URLs per query
set. URLs that are not found in the threat
database are considered safe for our analy-
sis.

3.5 Experimental Protocol
This experiment compares the quality of search
results between two sets of child-generated
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queries: Children (Original), which contains
unmodified queries, and Children (For Kids),
where the phrase “for kids” is appended to en-
courage more child-friendly results. The goal
is to evaluate whether this modification leads
to improvements across readability, safety, and
trustworthiness metrics. A third group, Adults
(Original), includes queries written by adults
and serves as a control group, providing a con-
trast to illustrate the types of content children
might encounter if their search behaviour aligns
more closely with that of adults.

For each query, we retrieve the top 5 results
from the Brave Search API. Prior work shows
that children typically interact with only the
top few search results and rarely scroll further
[2]. We extract the snippet and URL from
each result and evaluate it using six metrics:
four readability formulas (Flesch-Kincaid, Dale-
Chall, Coleman–Liau, and Spache), profanity
rate, and unsafe URL presence.

We compute the mean score per query across
its top 5 results. This ensures our final values
reflect the average user experience for a single
query while preserving natural variation across
queries.

To assess whether the differences between the
original and “for kids” modified queries for chil-
dren are statistically significant, we apply the
Shapiro–Wilk normality test to the paired dif-
ferences [24]. Since all the differences appear
not to be normally distributed, we use the non-
parametric Wilcoxon signed-rank test [25]. In
all cases, we consider results to be statistically
significant at the p < 0.05 level.

4 Results and Discussion

In this section, we present the findings of our
study. We begin by reporting the quantitative
results and then reflect on these findings in a
broader context.

4.1 Results of Child-Oriented
Query Reformulation

We evaluated readability using four standard
metrics: Flesch-Kincaid, Dale-Chall, Cole-
man–Liau, and Spache, with summary scores vi-
sualised in Table 2. An overview of the query
groups and total retrieved search results is pro-
vided in Table 1.

As shown in the Flesch-Kincaid box plot (Fig-
ure 1), the average readability score decreased
from 10.63 for Children (Original) to 9.72 for

Children (For Kids), suggesting a modest im-
provement in reading level.

Figure 1: Flesch-Kincaid scores across Chil-
dren (Original), Children (For Kids), and Adults
(Original) queries.

A similar trend is observed in the Dale-
Chall (Figure 3) and Coleman-Liau (Figure 2)
metrics, where the “for kids” queries scored
slightly lower (11.31 and 15.30, respectively)
than the original children’s queries (11.80 and
15.77). However, all scores for the Chil-
dren queries remained lower than those of the
Adult (Original) queries, which scored 11.89
(Flesch-Kincaid), 12.41 (Dale-Chall), and 18.82
(Coleman-Liau) on average, suggesting that
child-intended queries tend to elicit simpler,
more readable results.

Figure 2: Coleman-Liau scores across Children
(Original), Children (For Kids), and Adults
(Original) queries.

Spache scores (Figure 4) show a similar trend:
Children (For Kids) queries score 5.81 on aver-
age compared to 6.14 for Children (Original),
and 6.38 for Adult queries.
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Query Group Number of Queries Total Search Results
Children (Original) 294 1470
Children (For Kids) 294 1470
Adults (Original) 302 1510

Table 1: Query and search result counts across all groups. Each query retrieved 5 results.

Label Flesch-Kincaid Dale-Chall Coleman-Liau Spache
Children (Original) 10.63 11.80 15.77 6.14
Children (For Kids) 9.72 11.31 15.30 5.81
Adults (Original) 11.89 12.41 18.82 6.38

Table 2: Readability scores and result counts for different query sets.

Figure 3: Dale-Chall scores across Children
(Original), Children (For Kids), and Adults
(Original) queries.

Figure 4: Spache scores across Children (Origi-
nal), Children (For Kids), and Adults (Original)
queries.

Language safety results are presented in Fig-
ures 5 and 6. Profanity rates slightly increased
from 2.52% in the original children’s queries re-
sults to 3.27% in the “for kids” version, as seen
in Table 3. In contrast, adult queries exhibited

the highest profanity rate at 4.30%. Moreover,
no unsafe URLs were detected in any query set
(0.00% across all), as seen in Table 3.

Figure 5: Profanity rates across Children (Origi-
nal), Children (For Kids), and Adults (Original)
queries.

Figure 6: Unsafe URL percentages across Chil-
dren (Original), Children (For Kids), and Adults
(Original) queries.

Appended “for kids” queries resulted in mod-
est improvements in readability, with consis-
tently lower average grade-level scores across all
four metrics. Profanity rates, however, were
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Query Group Profanity Rate Unsafe URL Rate
Children (Original) 2.52% 0.0%
Children (For Kids) 3.27% 0.0%
Adults (Original) 4.30% 0.0%

Table 3: Content safety metrics (profanity and unsafe URLs) across query groups.

slightly higher in the modified queries, and no
unsafe URLs were observed in any query set.
In contrast, adult queries consistently produced
more complex and less filtered results, highlight-
ing the potential risks of unmoderated input.
For robustness, we note that readability im-
provements were statistically significant, while
the difference in profanity rates was not. No
statistical test is applied to unsafe URLs, as all
values were zero across datasets. 2

4.2 Discussion

Results show nuanced effects of appending “for
kids” to children’s search queries. Across all four
readability metrics: Flesch-Kincaid, Dale-Chall,
Coleman–Liau, and Spache, queries with the
added phrase consistently yielded content with
lower linguistic complexity than their original
counterparts. However, despite these statisti-
cally significant improvements, the overall read-
ability scores remain high: the average Flesch-
Kincaid score for modified queries is 9.72, cor-
responding to a ninth-grade reading level [14].
This is well above the reading ability of the pri-
mary school students the queries represent. Sim-
ilar gaps appear across the other metrics, sug-
gesting that even with the “for kids” modifica-
tion, the returned content is still too advanced
for young users.

While the modification modestly improves
readability, it does not significantly reduce the
presence of profanity in search results. Profan-
ity rates were slightly higher in the “for kids”
queries (3.27%) compared to the original chil-
dren’s queries (2.52%). One possible explana-
tion for this unexpected result is the nature of
the content that tends to surface when “for kids”
is appended. Much of this content falls under
the category of entertainment or pop culture,
such as video game reviews, animated shows, or
YouTube content aimed at younger audiences,
which may include mild or humorous profanity
as part of its tone or branding. Prior research
has noted that media targeting younger demo-
graphics sometimes incorporates light swearing
to appear relatable or comedic without crossing

2All search results retrieved on June 2, 2025.

into adult territory [26, 27]. In this context, the
use of mild profane language may not always
be intended to harm, but it still raises concerns
about how content labelled or marketed as “for
kids” is moderated by search engines.

Domain trustworthiness was consistently
high, with no unsafe URLs detected across any
query set. This potentially reflects the effective-
ness of Brave Search’s internal filtering mecha-
nisms, which appear to provide strong baseline
protection regardless of query phrasing. This
shift in responsibility from the user’s query to
the platform’s backend protections is encourag-
ing, as it reduces the level to which we rely on
query formulation and helps ensure safer expe-
riences by default. In this context, system-level
defence serves as an essential protection layer
that can work in parallel to reformulation tech-
niques.

These findings highlight that simple query re-
formulations, such as appending “for kids,” are
insufficient to ensure a child-friendly search ex-
perience. From a system design perspective, this
suggests that search engines should incorporate
more advanced content filtering mechanisms and
develop ranking algorithms specifically designed
for child-appropriate content, rather than rely-
ing solely on simple query text manipulation.

At a broader societal level, our study under-
scores the continuing challenges in ensuring safe
information access for children online. Chil-
dren’s reliance on general-purpose search en-
gines for education and curiosity can inadver-
tently expose them to inappropriate or complex
content that undermines their development and
trust in online information. As digital literacy
becomes increasingly relevant in early education,
search systems and policymakers must prioritise
child-centred information access design, balanc-
ing children’s agency and safety while support-
ing their educational growth and curiosity. Ad-
dressing these limitations, such as their poten-
tial to expose children to inappropriate content
or overlook their developmental needs, requires
a holistic approach that combines system-level
safeguards with societal efforts to foster safe on-
line environments for young users.
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5 Responsible Research

This study recognises the ethical and societal
dimensions of conducting research on search ex-
periences for children. The dataset of chil-
dren’s queries is collected under Institutional
Review Board (IRB) approval, ensuring appro-
priate oversight and privacy safeguards.

From a privacy perspective, all search results
were retrieved via public APIs, and no personal
user data is collected or stored during our exper-
iments. To prioritise reproducibility, the scripts
and code used to process the data and perform
the analyses are available in a public repository,
supporting future research.

Beyond methodological ethics, it is also im-
portant to consider the broader societal impli-
cations of children’s search experiences. Search
engines play an increasingly central role in how
children explore the world, form beliefs, and sat-
isfy curiosity [28]. Inaccurate or biased results
can shape their understanding in problematic
ways, reinforcing stereotypes [29] or exposing
them to inappropriate material. Ensuring that
young users can search safely is not just a tech-
nical challenge, but a societal responsibility.

6 Conclusion and Future
Work

This study investigated the effectiveness of a
simple query reformulation strategy, appending
“for kids” to search queries, in improving the
quality of search results for children. We evalu-
ated the impact of this modification across read-
ability, language safety, and domain trustwor-
thiness. Our findings show that the strategy
modestly improves readability, but does not re-
duce the presence of unsafe URLs and negatively
changes the profanity rates. These results sug-
gest that while intuitive and easy to implement,
the “for kids” reformulation is not a compre-
hensive solution to ensuring child-friendly search
outcomes.

Our analysis has several limitations that also
offer directions for future work. We focus on
a single reformulation strategy and evaluate it
using the Brave Search API. While this pro-
vides a concrete case study, results may vary
across other search engines. Additionally, lan-
guage safety analysis is limited to English terms
and content. As such, results may not reflect
the effectiveness of this strategy in non-English
contexts. We also recognise that our readabil-
ity and language safety metrics may have in-

herent biases. Readability formulas, for ex-
ample, rely on standardised language models
and may not capture the full cultural diver-
sity of children’s experiences [30]. Similarly,
static keyword lists for offensive language detec-
tion may miss context-dependent terms. Finally,
our dataset of children’s queries was collected in
2016–2017. While it remains a valuable bench-
mark, children’s search behaviour and the web
ecosystem may have changed, potentially affect-
ing the relevance of our findings.

Future work can build on this by re-evaluating
a broader range of reformulation strategies. It
would also be valuable to assess these strategies
using more recent child-generated data and to
consider adaptive or learning-based query sug-
gestions that better align with children’s evolv-
ing language and search behaviours. Combin-
ing simple modifications with child-aware de-
sign features could offer more robust support for
young searchers navigating search environments.
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A Appendix - Use of LLMs
To enhance the readability and flow of the paper,
a couple of tools were used: Grammarly, which
signals grammatical errors and provides sugges-
tions on how to fix them, and ChatGPT, which
was used to help reformulate certain sentences.
Since English is my second language, obtaining
a pleasant flow while keeping an academic style
can sometimes be challenging, so to speed up the
process, I used the following prompt: “I need to
reformulate the following sentence to improve its
readability”.
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