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Abstract. This work presents a novel approach for characterizing the mechani-
cal behavior of atrial tissue using constitutive neural networks. Based on experi-
mental biaxial tensile test data of healthy human atria, we automatically discover 
the most appropriate constitutive material model, thereby overcoming the limita-
tions of traditional, pre-defined models. This approach offers a new perspective 
on modeling atrial mechanics and is a significant step towards improved simula-
tion and prediction of cardiac health. 

Keywords: atrial mechanics · material model discovery · constitutive 
modeling · constitutive neural networks 

1 Introduction 

The atria, the upper chambers of the heart, play an indispensable role in coordinat-
ing the cardiac cycle by efficiently receiving blood and transferring it to the ventri-
cles. Although the ventricles have traditionally received more attention due to their pri-
mary blood pumping capacities [ 4, 6,40,45,49,57], there is increasing recognition that 
the atria significantly influence overall cardiac performance and disease progression as 
well [ 5,11,15,16,18,20,23,36]. Mechanical changes in atrial tissue - due to structural 
remodeling, fibrosis, or age-related alterations - can profoundly affect their capacity to 
modulate blood flow, leading to conditions such as atrial fibrillation and chronic heart 
failure [ 32,38,55]. Consequently, accurate mechanical characterization and modeling 
of atrial tissue is crucial for improving our understanding of cardiac health, guiding 
the development of therapeutic strategies, and informing the design of medical devices 
aimed at treating atrial pathologies. 

Historically, atrial tissue was long assumed to show similar mechanical behav-
ior to myocardial tissue. Consequently, the constitutive models used for these tissues 
evolved from isotropic to anisotropic, from (quasi-)linear to non-linear, and from strain-
based to invariant-based models [ 30]. Over the past two decades, the evolution towards 
microstructurally informed constitutive models has led to increasingly more tissue-
specific constitutive models for atrial tissue. The common practice towards constitutive 
modeling a priori assumes a user-designed constitutive model, followed by a calibration 
of the associated material parameters that best fit the studied experimental tissue test-
ing data. Hence, atrial tissue has been modeled using transversally iostropic Fung-type 
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strain-based constitutive models [ 8, 9,20], or transversally isotropic mixed Demiray-
Gasser invariant-based constitutive models [ 5,13,14]. Originally developed for other 
tissue types, these a priori constitutive model choices do not necessarily reflect the 
intrinsic constitutive behavior of atrial tissues. In this work, we adopt the paradigm 
of constitutive neural networks [ 25,27,28,42,43] to autonomously discover the best 
microstructure-informed constitutive model and parameters for atrial tissue from a large 
library of constitutive models. 

2 Methods 

Biaxial Tissue Testing Data. We leverage biaxial extension tests performed on human 
atrial tissue by Bellini et al. [ 8]. In this work, thin, square-shaped atrial tissue specimens 
were extracted from the anterior and posterior regions of the left and right atria, and 
subsequently mounted in a planar biaxial tensile testing apparatus [ 50]. Based on naked 
eye observations of the fibers in the studied tissue specimens, each sample was mounted 
with both orthogonal fiber families [ 9] parallel to either one of the sample edge pairs. 
Orthogonal tensions were applied along each edge of these samples, and the protocol 
consisted of five distributed t2:t1 tension ratios which were set to 1:0.5, 1:0.75, 1:1 
(equibiaxial tension), 0.75:1, and 0.5:1 respectively. We digitized the Green-Lagrage 
strain and second Piola Kirchoff stress pairs from the original work, and used standard 
pull-back transformations to compute the experimentally measured λ1,λ2 stretch and 
P̂1, P̂2 Piola stress component pairs. 

Kinematics. For the special case of homogeneous deformation during biaxial extension, 
we apply the stretches λ1 ≥ 1 and λ2 ≥ 1 in two orthogonal directions, and adopt an 
incompressibility condition, det(F ) =  λ1 λ2 λ3 = 1, to compute the stretch in the thick-
ness direction, λ3 = (λ1 λ2)−1 ≤ 1. Based on polarized light microscopy testing of atrial 
tissue [ 8], we impose two orthogonal fiber families in each sample. We assume these 
fiber pairs remain orthogonal during tissue testing, such that the deformation remains 
homogeneous and shear free, and the deformation gradient, 

F = diag{ λ1,λ2,(λ1λ2)−1} (1) 

remains diagonal at all times. Based on these assumptions, the deformation of our 
transversally isotropic tissue samples can be completely characterized using the two 
isotropic invariants [ 42]: 

I1 = [  F t · F ] : I = λ 2 
1 + λ 2 

2 +(λ1λ2)−2 

I2 = [I2 1 − [ F t · F ] : [ F t · F ]] = λ−2 
1 + λ−2 

2 +(λ1λ2)2 
(2) 

and the anisotropic invariants for each of the orthogonal fiber families: 

I4,11 = [F t · F ] : [n0 
1 ⊗ n0 

1] =  λ1 
2 I4,22 = [F t · F ] : [n0 

2 ⊗ n0 
2] =  λ2 

2 

I5,11 = [F t · F ]2 : [n0 
1 ⊗ n0 

1] =  λ1 
4 I5,22 = [F t · F ]2 : [n0 

2 ⊗ n0 
2] =  λ2 

4 
(3) 

where n0 
1 and n

0 
2 represent the atrial tissue’s unit vector internal fiber directions in the 

reference configuration.
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Constitutive Equations. To maintain thermodynamic consistency, we define the 
Helmholtz free energy ψ as a function of the deformation gradient, ψ = ψ (F ). 
Under the assumption of no dissipative energy losses in the material, and by rewrit-
ing the Clausius-Duhem entropy inequality [ 47] in line with the Coleman-Noll prin-
ciple [ 12], we obtain the Piola stress tensor P = ∂Ψ /∂ F . By defining the free 
energy function in terms of the isotropic and anisotropic invariants discussed above 
ψ = ψ (I1, I2, I4,11, I4,22, I5,11, I5,22), we get: 

P = 
∂Ψ (I1, I2, I4,11, I4,22, I5,11, I5,22) 

∂ F . (4) 

To guide the selection of constitutive material models that are polyconvex, we note 
that mixed products of convex functions are generally not convex. Following [ 17], we 
therefore focus on a special subclass of free energy functions in which the free energy 
function is the sum of individual polynomial polyconvex subfunctions ψ1, ψ2, ψ4,ii, and 
ψ5,ii, such that ψ (F ) =  ψ1(I1)+ψ2(I2)+∑i=1,2 ψ4,ii (I4,ii)+∑i=1,2 ψ5,ii (I5,ii). Follow-
ing this design choice, we obtain the following explicit expression for the Piola stress: 

P = 
∂ψ  
∂ I1 

∂ I1 
∂ F + 

∂ψ  
∂ I2 

∂ I2 
∂ F + ∑

i=1,2 

∂ψ  
∂ I4,ii 

∂ I4,ii 
∂ F + ∑

i=1,2 

∂ψ  
∂ I5,ii 

∂ I5,ii 
∂ F . (5) 

Given the homogeneous and shear free nature of the studied biaxial tensile tests 
and a zero stress condition in the tissue sample’s normal direction, we can derive the 
following analytical expressions [ 42] for the Piola stresses P1 and P2 in terms of the 
stretches λ1 and λ2: 

P1 = 2
[

λ1 − 1 

λ 2 
1 λ 2 

2

]
∂ψ  
∂ I1 

+ 2
[

λ1λ 2 
2 − 1 

λ 3 
1

]
∂ψ  
∂ I2 

+ 2λ1 
∂ψ  

∂ I4,11 
+ 4λ 3 

1 
∂ψ  

∂ I5,11 

P2 = 2
[

λ2 − 1 

λ 2 
1 λ 2 

2

]
∂ψ  
∂ I1 

+ 2
[

λ 2 
1 λ2 − 1 

λ 3 
2

]
∂ψ  
∂ I2 

+ 2λ2 
∂ψ  

∂ I4,22 
+ 4λ 3 

2 
∂ψ  

∂ I5,22 

(6) 

Constitutive Neural Network. To discover the best material model and parameters to 
explain the biaxial testing data of atrial tissue, we adopt the concept of constitutive 
neural networks – a special class of neural networks that satisfy the conditions of ther-
modynamic consistency, material objectivity, material symmetry, perfect incompress-
ibility, polyconvexity, and physical constraints by design [ 27]. Figure 1 illustrates our 
atrial microstructure-informed transversely isotropic, perfectly incompressible neural 
network with three hidden layers containing six, eight, and sixteen nodes respectively. 
The zeroth layer maps the network input, i.e. the deformation gradient, into six nor-

malized invariant contributions: the isotropic invariants [I1 − 3] and [I3/2 2 − 3
√
3], and 

the microstructurally informed anisotropic invariants [I4,11 − 1], [I4,22 − 1], [I5,11 − 1], 
and [I5,22 − 1] respectively. Here, we include normalization terms to guarantee zero free 
energy when there is no deformation, i.e. F = I [ 19,24,27]. The first layer generates 
powers (◦) and (◦)2 of these zeroth layer corrected invariants, and the second layer 
applies the identity (◦) and the exponential function (exp(◦)) to these powers. Our
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Fig. 1. Constitutive neural network. Transversely isotropic, perfectly incompressible, con-
stitutive neural network with three hidden layers to approximate the free-energy function 
ψ(I1, I2, I4,11, I4,22, I5,11, I5,22) as a function of the deformation gradient F using sixteen terms. 
The zeroth layer computes the no growth corrected deformation invariants from the network 
input. The first layer generates powers (◦) and (◦)2 of the zeroth and the second layer applies the 
identity (◦) and exponential function (exp(◦)) to these powers. 

choice for these monotonic, continuously differentiable, smooth, and unbounded acti-
vation functions is informed by our aim to fulfill all common constitutive constrictions 
[ 24,27] and polyconvexity [ 17] by construction. The total free energy function of our 
network takes the following explicit form, 

ψ = w2,1 w1,1 [I1 − 3] +  w2,2 [exp(w1,2 [I1 − 3] )− 1] 
+ w2,3 w1,3 [I1 − 3]2 + w2,4 [exp(w1,4 [I1 − 3]2 )− 1] 
+ w2,5 w1,5 [I

3/2 
2 − 3

√
3] +  w2,6 [exp(w1,6 [I

3/2 
2 − 3

√
3] )  − 1] 

+ w2,7 w1,7 [I
3/2 
2 − 3

√
3]2 + w2,8 [exp(w1,8 [I

3/2 
2 − 3

√
3]2 )− 1] 

+ w2,9 w1,9 [I4,11 − 1]2 + w2,10 [exp(w1,10 [I4,11 − 1]2 )− 1] 
+ w2,11 w1,11 [I4,22 − 1]2 + w2,12 [exp(w1,12 [I4,22 − 1]2 )− 1] 
+ w2,13 w1,13 [I5,11 − 1]2 + w2,14 [exp(w1,14 [I5,11 − 1]2 )− 1] 
+ w2,15 w1,15 [I5,22 − 1]2 + w2,16 [exp(w1,16 [I5,22 − 1]2 )− 1], 

(7) 

Leveraging automatic differentiation in TensorFlow [ 54], we compute the free 
energy function derivatives ∂ψ/∂ I1, ∂ψ/∂ I2, ∂ψ/∂ I4,11, ∂ψ/∂ I4,22, ∂ψ/∂ I5,11, and 
∂ψ/∂ I5,22 which complete the definition of the computed Piola stresses in Eq. (5). 
The network has two times sixteen weights w, which we constrain to remain non-
negative, i.e. w ≥ 0. We learn the network weights w by minimizing a loss function 
L that penalizes the error between model and data. We characterize this error as the 
mean squared error, the L2-norm of the difference between the stresses predicted by
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the network model, P1, P2, and the experimentally measured stresses, P̂1, P̂2, divided 
by the number of training points ntrn, and add a penalty term, α ||w||p p, to allow for Lp 

regularization, 

L = 
1 
ntrn 

ntrn 

∑
j=1 

||P1(λ1, j,λ2, j)− P̂1, j ||2 

+ 
1 
ntrn 

ntrn 

∑
j=1 

||P2(λ1, j, λ2, j)− P̂2, j ||2 + α||w||p p → min. 
(8) 

Here α ≥ 0 is a non-negative penalty parameter and ||w||p p = ∑ npar i=1 |wi|p is the Lp 

norm of the vector of the network weights w. We train the network by minimizing 
the loss function (Eq. 8) using the ADAM optimizer, a robust adaptive algorithm for 
gradient-based first-order optimization [ 21]. 

3 Results 

We discover the best model and parameters for both left and right atrial tissue of patient 
A4 [ 9]. This task requires carefully balancing the number of terms in the discovered 
model with the accuracy of the fit [ 34]. By applying L1 regularization and tuning 
the penalty parameter over the range α = [10.0, 1.0, 0.1,0.01], we learn that setting 
α = 1.0 strikes a desirable compromise between model sparsity and fit quality (Eq. 8). 
For the anterior left atrium, we discover a four-term model, with a linear and exponential 
quadratic second-invariant term contribution describing the tissue’s isotropic response, 
and two quadratic fifth-invariant terms aligning with the microstructural collagen ori-
entations respectively: 

ψ = μ
[
I3/2 2 − 3 

√ 
3
]
+ a

[
exp

(
b
[
I3/2 2 − 3 

√ 
3
]2)− 1

]

+ a1 [I5,11 − 1]2 + a2 [I5,22 − 1]2 
(9) 

where μ = 1.37 kPa, a = 0.0622 kPa, b = 0.0988, a1 = 0.957 kPa, and a2 = 0.394 
kPa respectively. Figure 2 showcases each term’s individual contribution to the overall 
stress response. Our discovered models showcases individual tension rate-specific R2 

goodness of fits ranging from 0.963 to 0.999. Our average R2 goodness of fit, i.e. across 
all tension rations, amounts to 0.993. 

Figure 3 discloses the discovered constitutive model for the right atrial tissue sample 
taken from patient A4 [ 9]. Strikingly, out of 216 − 1 = 65,535 possible models, we dis-
cover a highly similar model for both left and right atrial tissue. More specifically, our 
discovered four-term model features the same linear and exponential quadratic second-
invariant term contribution to describe the tissue’s isotropic response. Moreover, the 
anisotropic response of right atrial tissue is again best described using fifth-invariant 
terms, albeit here exponential quadratic features produce a better fit: 

ψ = μ
[
I3/2 2 − 3 

√ 
3
]
+ a

[
exp

(
b
[
I3/2 2 − 3 

√ 
3
]2)− 1

]

+ a1
[
exp

(
b1 [I5,11 − 1]2

)
− 1

]
+ a2

[
exp

(
b2 [I5,22 − 1]2

)
− 1

] (10)
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Fig. 2. Discovered constitutive model for left atrial tissue. Piola stresses P as functions of 
stretches λ of the constitutive neural network from Fig. 1, trained with all 1:0.5, 1:0.75, 1:1, 
0.75:1, and 0.5:1 (left-to-right columns) t2:t1 tension ratios experiments on the anterior left atrial 
tissue sample of patient A4 simultaneously. Each individual stretch-stress curve’s R2 goodness of 
fit with respect to the original experimental data is shown in the top left corner. 

Here, μ = 0.953 kPa, a = 0.0583 kPa, b = 0.852, a1 = 0.0694 kPa, b1 = 0.542, a2 = 
0.386 kPa, and b2 = 0.498 respectively. Our worst and best individual R2 goodness of fit 
amount to 0.989 and 0.998 respectively, with a total R2 goodness of fit of 0.994 across 
all biaxial tension rations. 

Fig. 3. Discovered constitutive model for right atrial tissue. Piola stresses P as functions 
of stretches λ of the constitutive neural network from Fig. 1, trained with all 1:0.5, 1:0.75, 1:1, 
0.75:1, and 0.5:1 (left-to-right columns) t2:t1 tension ratios experiments on the right atrial tissue 
sample of patient A4 simultaneously. Each individual stretch-stress curve’s R2 goodness of fit 
with respect to the original experimental data is shown in the top left corner.
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4 Discussion 

This study presents a novel constitutive material model for atrial tissue that is dis-
covered automatically using transversally isotropic microstructurally informed consti-
tutive neural networks. Out of 65,535 model combinations, we consistently find the 
same isotropic constitutive contributions for both left and right atrial tissue featuring a 
linear and exponential quadratic second-invariant term [ 22]. Concomitantly, both dis-
covered models highlight the predictive value of fifth-invariant features to capture the 
anisotropic non-linear stiffness attributed to the two orthogonal collagen fiber families 
present in atrial tissue [ 42,56]. With an average R2 goodness of fit of 0.993 and 0.994 
for left and right atrial tissue respectively, our work provides two highly accurate four-
term constitutive models for the passive mechanical behavior of healthy human atrial 
tissue. 

Given the intrinsic inter-sample variability of biological tissues, future work should 
focus on the validation of these discovered material models with biaxial tensile testing 
data taken on additional samples from the studied anatomical regions of the left atrium 
and the right atrium respectively. Towards this goal, we envision a data-driven approach 
in which we hierarchically pool [ 38,44] the biaxial tensile testing data of multiple sam-
ples and patients together towards the identification of an overarching best-fit material 
model, as was recently done for pulmonary arterial tissue [ 56]. In this approach, we 
will balance the trade-off between sample-specific R2 goodness of fit metrics with an 
overarching R2 goodness of fit metric across all samples [ 1,26,33,56]. 

This work provides an essential reference point for understanding how atrial tis-
sue mechanics are altered by diseases such as atrial fibrillation, and further understand 
how these tissue changes affect the hemodynamic loading of the ventricles, and the 
whole cardiovascular system throughout [ 2,39,46,51]. Moreover, our discovered mate-
rial model provides a important basis for the design of tissue engineered constructs that 
successfully take over the function of impaired regions of the atria. The implementation 
of the discovered constitutive model into finite element models [ 41] can provide a pow-
erful tool to assist in the planning of surgical procedures, such as the ablation of atrial 
tissues or the obliteration of the appendages [ 7,10,37]. Personalizing these atrial mod-
eling approaches with two-stage ex vivo (biaxial tensile testing) to in vivo (combining 
non-invasive inter-atrial pressure estimation [ 52] and medical imaging-based deforma-
tion analysis [ 3,35,48,53]) mechanical stiffness calibration approaches [ 31,40,45] and 
electroanatomical mapping-inferred fiber orientation maps [ 29] will form an important 
stepping stone towards the modeling-supported precision medicine of the future [ 37]. 

Acknowledgments. The authors thank Matteo Salvador for fruitful discussions on atrial tissue 
mechanics. M.P. acknowledges support through the NWO Veni Talent Award 20058. 

Disclosure of Interests. The authors have no competing interests to declare that are relevant to 
the content of this article.



256 M. Peirlinck et al.

References 

1. Aggarwal, A., Hudson, L.T., Laurence, D.W., Lee, C.H., Pant, S.: A Bayesian constitutive 
model selection framework for biaxial mechanical testing of planar soft tissues: application 
to porcine aortic valves. J. Mech. Behav. Biomed. Mater. 138, 105657 (2023). https://doi. 
org/10.1016/j.jmbbm.2023.105657 

2. Aronis, K.N., Ali, R.L., Liang, J.A., Zhou, S., Trayanova, N.A.: Understanding AF mech-
anisms through computational modelling and simulations. Arrhythmia Electrophysiol. Rev. 
8(3), 210–219 (2019). https://doi.org/10.15420/aer.2019.28.2 

3. Arratia López, P., Mella, H., Uribe, S., Hurtado, D.E., Sahli Costabal, F.: WarpPINN: 
cine-MR image registration with physics-informed neural networks. Med. Image Anal. 89, 
102925 (2023). https://doi.org/10.1016/j.media.2023.102925 

4. Aróstica, R., et al.: A software benchmark for cardiac elastodynamics. Comput. Methods 
Appl. Mech. Eng. 435, 117485 (2025). https://doi.org/10.1016/j.cma.2024.117485 

5. Augustin, C.M., et al.: The impact of wall thickness and curvature on wall stress in patient-
specific electromechanical models of the left atrium. Biomech. Model. Mechanobiol. 19(3), 
1015–1034 (2019). https://doi.org/10.1007/s10237-019-01268-5 

6. Augustin, C.M., et al.: A computationally efficient physiologically comprehensive 3D–0D 
closed-loop model of the heart and circulation. Comput. Methods Appl. Mech. Eng. 386, 
114092 (2021). https://doi.org/10.1016/j.cma.2021.114092 

7. Banduc, T., et al.: Simulation-free prediction of atrial fibrillation inducibility with the fibrotic 
kernel signature. Med. Image Anal. 99, 103375 (2025). https://doi.org/10.1016/j.media. 
2024.103375 

8. Bellini, C., Di Martino, E.S.: A mechanical characterization of the porcine atria at the healthy 
stage and after ventricular tachypacing. J. Biomech. Eng. 134(2) (2012). https://doi.org/10. 
1115/1.4006026 

9. Bellini, C., Di Martino, E.S., Federico, S.: Mechanical behaviour of the human atria. Ann. 
Biomed. Eng. 41(7), 1478–1490 (2012). https://doi.org/10.1007/s10439-012-0699-9 

10. Blackshear, J.L., Odell, J.A.: Appendage obliteration to reduce stroke in cardiac surgical 
patients with atrial fibrillation. Ann. Thorac. Surg. 61(2), 755–759 (1996). https://doi.org/ 
10.1016/0003-4975(95)00887-x 

11. Casoni, E., et al.: A 3D electromechanical model of the human atria: a realistic framework 
for the study of atrial fibrillation. In: 2023 Computing in Cardiology Conference (CinC). 
CinC2023, Computing in Cardiology (2023). https://doi.org/10.22489/cinc.2023.200 

12. Coleman, B.D., Noll, W.: On the thermostatics of continuous media. Arch. Ration. Mech. 
Anal. 4, 97–128 (1959) 

13. Demiray, H.: A note on the elasticity of soft biological tissues. J. Biomech. 5(3), 309–311 
(1972). https://doi.org/10.1016/0021-9290(72)90047-4 

14. Gasser, T.C., Ogden, R., Holzapfel, G.: Hyperelastic modelling of arterial layers with dis-
tributed collagen fibre orientations. J. R. Soc. Interface 3(6), 15–35 (2006). https://doi.org/ 
10.1098/rsif.2005.0073 

15. Gerach, T., Schuler, S., Wachter, A., Loewe, A.: The impact of standard ablation strategies for 
atrial fibrillation on cardiovascular performance in a four-chamber heart model. Cardiovasc. 
Eng. Technol. 14(2), 296–314 (2023). https://doi.org/10.1007/s13239-022-00651-1 

16. Gonzalo, A., et al.: Multiphysics simulations reveal haemodynamic impacts of patient-
derived fibrosis-related changes in left atrial tissue mechanics. J. Physiol. 602(24), 6789– 
6812 (2024). https://doi.org/10.1113/jp287011 

17. Hartmann, S., Neff, P.: Polyconvexity of generalized polynomial-type hyperelastic strain 
energy functions for near-incompressibility. Int. J. Solids Struct. 40(11), 2767–2791 (2003). 
https://doi.org/10.1016/s0020-7683(03)00086-6

https://doi.org/10.1016/j.jmbbm.2023.105657
https://doi.org/10.1016/j.jmbbm.2023.105657
https://doi.org/10.1016/j.jmbbm.2023.105657
https://doi.org/10.1016/j.jmbbm.2023.105657
https://doi.org/10.1016/j.jmbbm.2023.105657
https://doi.org/10.1016/j.jmbbm.2023.105657
https://doi.org/10.1016/j.jmbbm.2023.105657
https://doi.org/10.1016/j.jmbbm.2023.105657
https://doi.org/10.1016/j.jmbbm.2023.105657
https://doi.org/10.15420/aer.2019.28.2
https://doi.org/10.15420/aer.2019.28.2
https://doi.org/10.15420/aer.2019.28.2
https://doi.org/10.15420/aer.2019.28.2
https://doi.org/10.15420/aer.2019.28.2
https://doi.org/10.15420/aer.2019.28.2
https://doi.org/10.15420/aer.2019.28.2
https://doi.org/10.15420/aer.2019.28.2
https://doi.org/10.15420/aer.2019.28.2
https://doi.org/10.1016/j.media.2023.102925
https://doi.org/10.1016/j.media.2023.102925
https://doi.org/10.1016/j.media.2023.102925
https://doi.org/10.1016/j.media.2023.102925
https://doi.org/10.1016/j.media.2023.102925
https://doi.org/10.1016/j.media.2023.102925
https://doi.org/10.1016/j.media.2023.102925
https://doi.org/10.1016/j.media.2023.102925
https://doi.org/10.1016/j.media.2023.102925
https://doi.org/10.1016/j.cma.2024.117485
https://doi.org/10.1016/j.cma.2024.117485
https://doi.org/10.1016/j.cma.2024.117485
https://doi.org/10.1016/j.cma.2024.117485
https://doi.org/10.1016/j.cma.2024.117485
https://doi.org/10.1016/j.cma.2024.117485
https://doi.org/10.1016/j.cma.2024.117485
https://doi.org/10.1016/j.cma.2024.117485
https://doi.org/10.1016/j.cma.2024.117485
https://doi.org/10.1007/s10237-019-01268-5
https://doi.org/10.1007/s10237-019-01268-5
https://doi.org/10.1007/s10237-019-01268-5
https://doi.org/10.1007/s10237-019-01268-5
https://doi.org/10.1007/s10237-019-01268-5
https://doi.org/10.1007/s10237-019-01268-5
https://doi.org/10.1007/s10237-019-01268-5
https://doi.org/10.1007/s10237-019-01268-5
https://doi.org/10.1007/s10237-019-01268-5
https://doi.org/10.1016/j.cma.2021.114092
https://doi.org/10.1016/j.cma.2021.114092
https://doi.org/10.1016/j.cma.2021.114092
https://doi.org/10.1016/j.cma.2021.114092
https://doi.org/10.1016/j.cma.2021.114092
https://doi.org/10.1016/j.cma.2021.114092
https://doi.org/10.1016/j.cma.2021.114092
https://doi.org/10.1016/j.cma.2021.114092
https://doi.org/10.1016/j.cma.2021.114092
https://doi.org/10.1016/j.media.2024.103375
https://doi.org/10.1016/j.media.2024.103375
https://doi.org/10.1016/j.media.2024.103375
https://doi.org/10.1016/j.media.2024.103375
https://doi.org/10.1016/j.media.2024.103375
https://doi.org/10.1016/j.media.2024.103375
https://doi.org/10.1016/j.media.2024.103375
https://doi.org/10.1016/j.media.2024.103375
https://doi.org/10.1016/j.media.2024.103375
https://doi.org/10.1115/1.4006026
https://doi.org/10.1115/1.4006026
https://doi.org/10.1115/1.4006026
https://doi.org/10.1115/1.4006026
https://doi.org/10.1115/1.4006026
https://doi.org/10.1115/1.4006026
https://doi.org/10.1115/1.4006026
https://doi.org/10.1007/s10439-012-0699-9
https://doi.org/10.1007/s10439-012-0699-9
https://doi.org/10.1007/s10439-012-0699-9
https://doi.org/10.1007/s10439-012-0699-9
https://doi.org/10.1007/s10439-012-0699-9
https://doi.org/10.1007/s10439-012-0699-9
https://doi.org/10.1007/s10439-012-0699-9
https://doi.org/10.1007/s10439-012-0699-9
https://doi.org/10.1007/s10439-012-0699-9
https://doi.org/10.1016/0003-4975(95)00887-x
https://doi.org/10.1016/0003-4975(95)00887-x
https://doi.org/10.1016/0003-4975(95)00887-x
https://doi.org/10.1016/0003-4975(95)00887-x
https://doi.org/10.1016/0003-4975(95)00887-x
https://doi.org/10.1016/0003-4975(95)00887-x
https://doi.org/10.1016/0003-4975(95)00887-x
https://doi.org/10.1016/0003-4975(95)00887-x
https://doi.org/10.22489/cinc.2023.200
https://doi.org/10.22489/cinc.2023.200
https://doi.org/10.22489/cinc.2023.200
https://doi.org/10.22489/cinc.2023.200
https://doi.org/10.22489/cinc.2023.200
https://doi.org/10.22489/cinc.2023.200
https://doi.org/10.22489/cinc.2023.200
https://doi.org/10.22489/cinc.2023.200
https://doi.org/10.1016/0021-9290(72)90047-4
https://doi.org/10.1016/0021-9290(72)90047-4
https://doi.org/10.1016/0021-9290(72)90047-4
https://doi.org/10.1016/0021-9290(72)90047-4
https://doi.org/10.1016/0021-9290(72)90047-4
https://doi.org/10.1016/0021-9290(72)90047-4
https://doi.org/10.1016/0021-9290(72)90047-4
https://doi.org/10.1016/0021-9290(72)90047-4
https://doi.org/10.1098/rsif.2005.0073
https://doi.org/10.1098/rsif.2005.0073
https://doi.org/10.1098/rsif.2005.0073
https://doi.org/10.1098/rsif.2005.0073
https://doi.org/10.1098/rsif.2005.0073
https://doi.org/10.1098/rsif.2005.0073
https://doi.org/10.1098/rsif.2005.0073
https://doi.org/10.1098/rsif.2005.0073
https://doi.org/10.1007/s13239-022-00651-1
https://doi.org/10.1007/s13239-022-00651-1
https://doi.org/10.1007/s13239-022-00651-1
https://doi.org/10.1007/s13239-022-00651-1
https://doi.org/10.1007/s13239-022-00651-1
https://doi.org/10.1007/s13239-022-00651-1
https://doi.org/10.1007/s13239-022-00651-1
https://doi.org/10.1007/s13239-022-00651-1
https://doi.org/10.1007/s13239-022-00651-1
https://doi.org/10.1113/jp287011
https://doi.org/10.1113/jp287011
https://doi.org/10.1113/jp287011
https://doi.org/10.1113/jp287011
https://doi.org/10.1113/jp287011
https://doi.org/10.1113/jp287011
https://doi.org/10.1016/s0020-7683(03)00086-6
https://doi.org/10.1016/s0020-7683(03)00086-6
https://doi.org/10.1016/s0020-7683(03)00086-6
https://doi.org/10.1016/s0020-7683(03)00086-6
https://doi.org/10.1016/s0020-7683(03)00086-6
https://doi.org/10.1016/s0020-7683(03)00086-6
https://doi.org/10.1016/s0020-7683(03)00086-6
https://doi.org/10.1016/s0020-7683(03)00086-6


Atrial Constitutive Neural Networks 257

18. Hunter, R.J., Liu, Y., Lu, Y., Wang, W., Schilling, R.J.: Left atrial wall stress distribu-
tion and its relationship to electrophysiologic remodeling in persistent atrial fibrillation. 
Circ.: Arrhythmia Electrophysiol. 5(2), 351–360 (2012). https://doi.org/10.1161/circep.111. 
965541 

19. Kalina, K.A., Linden, L., Brummund, J., Kästner, M.: FEANN: an efficient data-driven mul-
tiscale approach based on physics-constrained neural networks and automated data mining. 
Comput. Mech. 71(5), 827–851 (2023). https://doi.org/10.1007/s00466-022-02260-0 

20. Kate Barrows, R., et al.: The effect of heart rate and atrial contraction on left ventricular 
function. In: 2022 Computing in Cardiology Conference (CinC), CinC2022, Computing in 
Cardiology (2022). https://doi.org/10.22489/cinc.2022.212 

21. Kingma, D.P., Ba, J.: Adam: a method for stochastic optimization (2014). https://doi.org/10. 
48550/ARXIV.1412.6980 

22. Kuhl, E., Goriely, A.: I too <3 I2: a new class of hyperelastic isotropic incompressible mod-
els based solely on the second invariant. J. Mech. Phys. Solids 188, 105670 (2024). https:// 
doi.org/10.1016/j.jmps.2024.105670 

23. Land , S., Niederer, S.A.: Influence of atrial contraction dynamics on cardiac function. Int. J. 
Numer. Methods Biomed. Eng. 34(3) (2017). https://doi.org/10.1002/cnm.2931 

24. Linden, L., Klein, D.K., Kalina, K.A., Brummund, J., Weeger, O., Kästner, M.: Neural net-
works meet hyperelasticity: a guide to enforcing physics. J. Mech. Phys. Solids 179, 105363 
(2023). https://doi.org/10.1016/j.jmps.2023.105363 

25. Linka, K., Buganza Tepole, A., Holzapfel, G.A., Kuhl, E.: Automated model discovery for 
skin: discovering the best model, data, and experiment. Comput. Methods Appl. Mech. Eng. 
410, 116007 (2023). https://doi.org/10.1016/j.cma.2023.116007 

26. Linka, K., Holzapfel, G.A., Kuhl, E.: Discovering uncertainty: Bayesian constitutive artificial 
neural networks (2024). https://doi.org/10.1101/2024.08.19.608595 

27. Linka, K., Kuhl, E.: A new family of constitutive artificial neural networks towards auto-
mated model discovery. Comput. Methods Appl. Mech. Eng. 403, 115731 (2023). https:// 
doi.org/10.1016/j.cma.2022.115731 

28. Linka, K., St. Pierre, S.R., Kuhl, E.: Automated model discovery for human brain using 
constitutive artificial neural networks. Acta Biomaterialia 160, 134–151 (2023). https://doi. 
org/10.1016/j.actbio.2023.01.055 

29. Magaña, E., Pezzuto, S., Costabal, F.S.: Ensemble learning of the atrial fiber orientation with 
physics-informed neural networks (2024). https://doi.org/10.48550/ARXIV.2410.23388 

30. Martonová, D., Peirlinck, M., Linka, K., Holzapfel, G.A., Leyendecker, S., Kuhl, E.: Auto-
mated model discovery for human cardiac tissue: discovering the best model and param-
eters. Comput. Methods Appl. Mech. Eng. 428, 117078 (2024). https://doi.org/10.1016/j. 
cma.2024.117078 

31. Marx, L., Niestrawska, J.A., Gsell, M.A., Caforio, F., Plank, G., Augustin, C.M.: Robust 
and efficient fixed-point algorithm for the inverse elastostatic problem to identify myocardial 
passive material parameters and the unloaded reference configuration. J. Comput. Phys. 463, 
111266 (2022). https://doi.org/10.1016/j.jcp.2022.111266 

32. Masè, M., Cristoforetti, A., Pelloni, S., Ravelli, F.: Systematic in-silico evaluation of fibrosis 
effects on re-entrant wave dynamics in atrial tissue. Sci. Rep. 14(1) (2024). https://doi.org/ 
10.1038/s41598-024-62002-5 

33. McCulloch, J.A., Kuhl, E.: Discovering uncertainty: Gaussian constitutive neural networks 
with correlated weights (2025). https://doi.org/10.48550/ARXIV.2503.12679 

34. McCulloch, J.A., St. Pierre, S.R., Linka, K., Kuhl, E.: On sparse regression, Lp-
regularization, and automated model discovery. Int. J. Numer. Methods Eng. 125(14) (2024). 
https://doi.org/10.1002/nme.7481 

35. Moscoloni, B., Segers, P., Peirlinck, M.: Large deformation diffeomorphic cardiac strain 
mapping. In: Functional Imaging and Modeling of the Heart. Springer (2025)

https://doi.org/10.1161/circep.111.965541
https://doi.org/10.1161/circep.111.965541
https://doi.org/10.1161/circep.111.965541
https://doi.org/10.1161/circep.111.965541
https://doi.org/10.1161/circep.111.965541
https://doi.org/10.1161/circep.111.965541
https://doi.org/10.1161/circep.111.965541
https://doi.org/10.1161/circep.111.965541
https://doi.org/10.1007/s00466-022-02260-0
https://doi.org/10.1007/s00466-022-02260-0
https://doi.org/10.1007/s00466-022-02260-0
https://doi.org/10.1007/s00466-022-02260-0
https://doi.org/10.1007/s00466-022-02260-0
https://doi.org/10.1007/s00466-022-02260-0
https://doi.org/10.1007/s00466-022-02260-0
https://doi.org/10.1007/s00466-022-02260-0
https://doi.org/10.1007/s00466-022-02260-0
https://doi.org/10.22489/cinc.2022.212
https://doi.org/10.22489/cinc.2022.212
https://doi.org/10.22489/cinc.2022.212
https://doi.org/10.22489/cinc.2022.212
https://doi.org/10.22489/cinc.2022.212
https://doi.org/10.22489/cinc.2022.212
https://doi.org/10.22489/cinc.2022.212
https://doi.org/10.22489/cinc.2022.212
https://doi.org/10.48550/ARXIV.1412.6980
https://doi.org/10.48550/ARXIV.1412.6980
https://doi.org/10.48550/ARXIV.1412.6980
https://doi.org/10.48550/ARXIV.1412.6980
https://doi.org/10.48550/ARXIV.1412.6980
https://doi.org/10.48550/ARXIV.1412.6980
https://doi.org/10.48550/ARXIV.1412.6980
https://doi.org/10.48550/ARXIV.1412.6980
https://doi.org/10.1016/j.jmps.2024.105670
https://doi.org/10.1016/j.jmps.2024.105670
https://doi.org/10.1016/j.jmps.2024.105670
https://doi.org/10.1016/j.jmps.2024.105670
https://doi.org/10.1016/j.jmps.2024.105670
https://doi.org/10.1016/j.jmps.2024.105670
https://doi.org/10.1016/j.jmps.2024.105670
https://doi.org/10.1016/j.jmps.2024.105670
https://doi.org/10.1016/j.jmps.2024.105670
https://doi.org/10.1002/cnm.2931
https://doi.org/10.1002/cnm.2931
https://doi.org/10.1002/cnm.2931
https://doi.org/10.1002/cnm.2931
https://doi.org/10.1002/cnm.2931
https://doi.org/10.1002/cnm.2931
https://doi.org/10.1002/cnm.2931
https://doi.org/10.1016/j.jmps.2023.105363
https://doi.org/10.1016/j.jmps.2023.105363
https://doi.org/10.1016/j.jmps.2023.105363
https://doi.org/10.1016/j.jmps.2023.105363
https://doi.org/10.1016/j.jmps.2023.105363
https://doi.org/10.1016/j.jmps.2023.105363
https://doi.org/10.1016/j.jmps.2023.105363
https://doi.org/10.1016/j.jmps.2023.105363
https://doi.org/10.1016/j.jmps.2023.105363
https://doi.org/10.1016/j.cma.2023.116007
https://doi.org/10.1016/j.cma.2023.116007
https://doi.org/10.1016/j.cma.2023.116007
https://doi.org/10.1016/j.cma.2023.116007
https://doi.org/10.1016/j.cma.2023.116007
https://doi.org/10.1016/j.cma.2023.116007
https://doi.org/10.1016/j.cma.2023.116007
https://doi.org/10.1016/j.cma.2023.116007
https://doi.org/10.1016/j.cma.2023.116007
https://doi.org/10.1101/2024.08.19.608595
https://doi.org/10.1101/2024.08.19.608595
https://doi.org/10.1101/2024.08.19.608595
https://doi.org/10.1101/2024.08.19.608595
https://doi.org/10.1101/2024.08.19.608595
https://doi.org/10.1101/2024.08.19.608595
https://doi.org/10.1101/2024.08.19.608595
https://doi.org/10.1101/2024.08.19.608595
https://doi.org/10.1101/2024.08.19.608595
https://doi.org/10.1016/j.cma.2022.115731
https://doi.org/10.1016/j.cma.2022.115731
https://doi.org/10.1016/j.cma.2022.115731
https://doi.org/10.1016/j.cma.2022.115731
https://doi.org/10.1016/j.cma.2022.115731
https://doi.org/10.1016/j.cma.2022.115731
https://doi.org/10.1016/j.cma.2022.115731
https://doi.org/10.1016/j.cma.2022.115731
https://doi.org/10.1016/j.cma.2022.115731
https://doi.org/10.1016/j.actbio.2023.01.055
https://doi.org/10.1016/j.actbio.2023.01.055
https://doi.org/10.1016/j.actbio.2023.01.055
https://doi.org/10.1016/j.actbio.2023.01.055
https://doi.org/10.1016/j.actbio.2023.01.055
https://doi.org/10.1016/j.actbio.2023.01.055
https://doi.org/10.1016/j.actbio.2023.01.055
https://doi.org/10.1016/j.actbio.2023.01.055
https://doi.org/10.1016/j.actbio.2023.01.055
https://doi.org/10.1016/j.actbio.2023.01.055
https://doi.org/10.48550/ARXIV.2410.23388
https://doi.org/10.48550/ARXIV.2410.23388
https://doi.org/10.48550/ARXIV.2410.23388
https://doi.org/10.48550/ARXIV.2410.23388
https://doi.org/10.48550/ARXIV.2410.23388
https://doi.org/10.48550/ARXIV.2410.23388
https://doi.org/10.48550/ARXIV.2410.23388
https://doi.org/10.48550/ARXIV.2410.23388
https://doi.org/10.1016/j.cma.2024.117078
https://doi.org/10.1016/j.cma.2024.117078
https://doi.org/10.1016/j.cma.2024.117078
https://doi.org/10.1016/j.cma.2024.117078
https://doi.org/10.1016/j.cma.2024.117078
https://doi.org/10.1016/j.cma.2024.117078
https://doi.org/10.1016/j.cma.2024.117078
https://doi.org/10.1016/j.cma.2024.117078
https://doi.org/10.1016/j.cma.2024.117078
https://doi.org/10.1016/j.jcp.2022.111266
https://doi.org/10.1016/j.jcp.2022.111266
https://doi.org/10.1016/j.jcp.2022.111266
https://doi.org/10.1016/j.jcp.2022.111266
https://doi.org/10.1016/j.jcp.2022.111266
https://doi.org/10.1016/j.jcp.2022.111266
https://doi.org/10.1016/j.jcp.2022.111266
https://doi.org/10.1016/j.jcp.2022.111266
https://doi.org/10.1016/j.jcp.2022.111266
https://doi.org/10.1038/s41598-024-62002-5
https://doi.org/10.1038/s41598-024-62002-5
https://doi.org/10.1038/s41598-024-62002-5
https://doi.org/10.1038/s41598-024-62002-5
https://doi.org/10.1038/s41598-024-62002-5
https://doi.org/10.1038/s41598-024-62002-5
https://doi.org/10.1038/s41598-024-62002-5
https://doi.org/10.1038/s41598-024-62002-5
https://doi.org/10.1038/s41598-024-62002-5
https://doi.org/10.48550/ARXIV.2503.12679
https://doi.org/10.48550/ARXIV.2503.12679
https://doi.org/10.48550/ARXIV.2503.12679
https://doi.org/10.48550/ARXIV.2503.12679
https://doi.org/10.48550/ARXIV.2503.12679
https://doi.org/10.48550/ARXIV.2503.12679
https://doi.org/10.48550/ARXIV.2503.12679
https://doi.org/10.48550/ARXIV.2503.12679
https://doi.org/10.1002/nme.7481
https://doi.org/10.1002/nme.7481
https://doi.org/10.1002/nme.7481
https://doi.org/10.1002/nme.7481
https://doi.org/10.1002/nme.7481
https://doi.org/10.1002/nme.7481
https://doi.org/10.1002/nme.7481


258 M. Peirlinck et al.

36. Moyer, C.B., Norton, P.T., Ferguson, J.D., Holmes, J.W.: Changes in global and regional 
mechanics due to atrial fibrillation: insights from a coupled finite-element and circulation 
model. Ann. Biomed. Eng. 43(7), 1600–1613 (2015). https://doi.org/10.1007/s10439-015-
1256-0 

37. Peirlinck, M., et al.: Precision medicine in human heart modeling: perspectives, challenges, 
and opportunities. Biomech. Model. Mechanobiol. 20(3), 803–831 (2021). https://doi.org/ 
10.1007/s10237-021-01421-z 

38. Peirlinck, M., et al.: Using machine learning to characterize heart failure across the scales. 
Biomech. Model. Mechanobiol. 18(6), 1987–2001 (2019). https://doi.org/10.1007/s10237-
019-01190-w 

39. Peirlinck, M., Yao, J., Sahli Costabal, F., Kuhl, E.: How drugs modulate the performance of 
the human heart. Comput. Mech. 69(6), 1397–1411 (2022). https://doi.org/10.1007/s00466-
022-02146-1 

40. Peirlinck, M., De Beule, M., Segers, P., Rebelo, N.: A modular inverse elastostatics approach 
to resolve the pressure-induced stress state for in vivo imaging based cardiovascular model-
ing. J. Mech. Behav. Biomed. Mater. 85, 124–133 (2018). https://doi.org/10.1016/j.jmbbm. 
2018.05.032 

41. Peirlinck, M., Hurtado, J.A., Rausch, M.K., Tepole, A.B., Kuhl, E.: A universal material 
model subroutine for soft matter systems. Eng. Comput. (2024). https://doi.org/10.1007/ 
s00366-024-02031-w 

42. Peirlinck, M., Linka, K., Hurtado, J.A., Holzapfel, G.A., Kuhl, E.: Democratizing biomedical 
simulation through automated model discovery and a universal material subroutine. Comput. 
Mech. (2024). https://doi.org/10.1007/s00466-024-02515-y 

43. Peirlinck, M., Linka, K., Hurtado, J.A., Kuhl, E.: On automated model discovery and a uni-
versal material subroutine for hyperelastic materials. Comput. Methods Appl. Mech. Eng. 
418, 116534 (2024). https://doi.org/10.1016/j.cma.2023.116534 

44. Peirlinck, M., et al.: Visualizing the invisible: the effect of asymptomatic transmission on the 
outbreak dynamics of COVID-19. Comput. Methods Appl. Mech. Eng. 372, 113410 (2020). 
https://doi.org/10.1016/j.cma.2020.113410 

45. Peirlinck, M., et al.: Kinematic boundary conditions substantially impact in silico ventricular 
function. Int. J. Numer. Methods Biomed. Eng. 35(1) (2018). https://doi.org/10.1002/cnm. 
3151 

46. Peirlinck, M., Sahli Costabal, F., Kuhl, E.: Sex differences in drug-induced arrhythmogene-
sis. Front. Physiol. 12 (2021). https://doi.org/10.3389/fphys.2021.708435 

47. Planck, M.: Vorlesungen über thermodynamik. Verlag Von Zeit & Comp. (1897) 
48. Qayyum, A., Mazher, M., Lee, A., Solis-Lemus, J.A., Razzak, I., Niederer, S.A.: Assess-

ment of left atrium motion deformation through full cardiac cycle. In: Gong, M., Song, Y., 
Koh, Y.S., Xiang, W., Wang, D. (eds) AI 2024. LNCS, vol. 15443, pp. 432–442. Springer, 
Singapore (2024). https://doi.org/10.1007/978-981-96-0351-0_32 

49. Regazzoni, F., Salvador, M., Africa, P., Fedele, M., Dedè, L., Quarteroni, A.: A cardiac elec-
tromechanical model coupled with a lumped-parameter model for closed-loop blood circu-
lation. J. Comput. Phys. 457, 111083 (2022). https://doi.org/10.1016/j.jcp.2022.111083 

50. Sacks, M.S.: Biaxial mechanical evaluation of planar biological materials. J. Elast. 61(1/3), 
199–246 (2000). https://doi.org/10.1023/a:1010917028671 

51. Salvador, M., et al.: Digital twinning of cardiac electrophysiology for congenital heart dis-
ease. J. Roy. Soc. Interface  21(215) (2024). https://doi.org/10.1098/rsif.2023.0729 

52. Seo, J., et al.: Novel algorithm for non-invasive estimation of left atrial pressure in patients 
with atrial fibrillation. Eur. Heart J. - Cardiovasc. Imaging 26(3), 414–421 (2024). https:// 
doi.org/10.1093/ehjci/jeae311

https://doi.org/10.1007/s10439-015-1256-0
https://doi.org/10.1007/s10439-015-1256-0
https://doi.org/10.1007/s10439-015-1256-0
https://doi.org/10.1007/s10439-015-1256-0
https://doi.org/10.1007/s10439-015-1256-0
https://doi.org/10.1007/s10439-015-1256-0
https://doi.org/10.1007/s10439-015-1256-0
https://doi.org/10.1007/s10439-015-1256-0
https://doi.org/10.1007/s10439-015-1256-0
https://doi.org/10.1007/s10237-021-01421-z
https://doi.org/10.1007/s10237-021-01421-z
https://doi.org/10.1007/s10237-021-01421-z
https://doi.org/10.1007/s10237-021-01421-z
https://doi.org/10.1007/s10237-021-01421-z
https://doi.org/10.1007/s10237-021-01421-z
https://doi.org/10.1007/s10237-021-01421-z
https://doi.org/10.1007/s10237-021-01421-z
https://doi.org/10.1007/s10237-021-01421-z
https://doi.org/10.1007/s10237-019-01190-w
https://doi.org/10.1007/s10237-019-01190-w
https://doi.org/10.1007/s10237-019-01190-w
https://doi.org/10.1007/s10237-019-01190-w
https://doi.org/10.1007/s10237-019-01190-w
https://doi.org/10.1007/s10237-019-01190-w
https://doi.org/10.1007/s10237-019-01190-w
https://doi.org/10.1007/s10237-019-01190-w
https://doi.org/10.1007/s10237-019-01190-w
https://doi.org/10.1007/s00466-022-02146-1
https://doi.org/10.1007/s00466-022-02146-1
https://doi.org/10.1007/s00466-022-02146-1
https://doi.org/10.1007/s00466-022-02146-1
https://doi.org/10.1007/s00466-022-02146-1
https://doi.org/10.1007/s00466-022-02146-1
https://doi.org/10.1007/s00466-022-02146-1
https://doi.org/10.1007/s00466-022-02146-1
https://doi.org/10.1007/s00466-022-02146-1
https://doi.org/10.1016/j.jmbbm.2018.05.032
https://doi.org/10.1016/j.jmbbm.2018.05.032
https://doi.org/10.1016/j.jmbbm.2018.05.032
https://doi.org/10.1016/j.jmbbm.2018.05.032
https://doi.org/10.1016/j.jmbbm.2018.05.032
https://doi.org/10.1016/j.jmbbm.2018.05.032
https://doi.org/10.1016/j.jmbbm.2018.05.032
https://doi.org/10.1016/j.jmbbm.2018.05.032
https://doi.org/10.1016/j.jmbbm.2018.05.032
https://doi.org/10.1016/j.jmbbm.2018.05.032
https://doi.org/10.1007/s00366-024-02031-w
https://doi.org/10.1007/s00366-024-02031-w
https://doi.org/10.1007/s00366-024-02031-w
https://doi.org/10.1007/s00366-024-02031-w
https://doi.org/10.1007/s00366-024-02031-w
https://doi.org/10.1007/s00366-024-02031-w
https://doi.org/10.1007/s00366-024-02031-w
https://doi.org/10.1007/s00366-024-02031-w
https://doi.org/10.1007/s00366-024-02031-w
https://doi.org/10.1007/s00466-024-02515-y
https://doi.org/10.1007/s00466-024-02515-y
https://doi.org/10.1007/s00466-024-02515-y
https://doi.org/10.1007/s00466-024-02515-y
https://doi.org/10.1007/s00466-024-02515-y
https://doi.org/10.1007/s00466-024-02515-y
https://doi.org/10.1007/s00466-024-02515-y
https://doi.org/10.1007/s00466-024-02515-y
https://doi.org/10.1007/s00466-024-02515-y
https://doi.org/10.1016/j.cma.2023.116534
https://doi.org/10.1016/j.cma.2023.116534
https://doi.org/10.1016/j.cma.2023.116534
https://doi.org/10.1016/j.cma.2023.116534
https://doi.org/10.1016/j.cma.2023.116534
https://doi.org/10.1016/j.cma.2023.116534
https://doi.org/10.1016/j.cma.2023.116534
https://doi.org/10.1016/j.cma.2023.116534
https://doi.org/10.1016/j.cma.2023.116534
https://doi.org/10.1016/j.cma.2020.113410
https://doi.org/10.1016/j.cma.2020.113410
https://doi.org/10.1016/j.cma.2020.113410
https://doi.org/10.1016/j.cma.2020.113410
https://doi.org/10.1016/j.cma.2020.113410
https://doi.org/10.1016/j.cma.2020.113410
https://doi.org/10.1016/j.cma.2020.113410
https://doi.org/10.1016/j.cma.2020.113410
https://doi.org/10.1016/j.cma.2020.113410
https://doi.org/10.1002/cnm.3151
https://doi.org/10.1002/cnm.3151
https://doi.org/10.1002/cnm.3151
https://doi.org/10.1002/cnm.3151
https://doi.org/10.1002/cnm.3151
https://doi.org/10.1002/cnm.3151
https://doi.org/10.1002/cnm.3151
https://doi.org/10.3389/fphys.2021.708435
https://doi.org/10.3389/fphys.2021.708435
https://doi.org/10.3389/fphys.2021.708435
https://doi.org/10.3389/fphys.2021.708435
https://doi.org/10.3389/fphys.2021.708435
https://doi.org/10.3389/fphys.2021.708435
https://doi.org/10.3389/fphys.2021.708435
https://doi.org/10.3389/fphys.2021.708435
https://doi.org/10.1007/978-981-96-0351-0_32
https://doi.org/10.1007/978-981-96-0351-0_32
https://doi.org/10.1007/978-981-96-0351-0_32
https://doi.org/10.1007/978-981-96-0351-0_32
https://doi.org/10.1007/978-981-96-0351-0_32
https://doi.org/10.1007/978-981-96-0351-0_32
https://doi.org/10.1007/978-981-96-0351-0_32
https://doi.org/10.1007/978-981-96-0351-0_32
https://doi.org/10.1007/978-981-96-0351-0_32
https://doi.org/10.1007/978-981-96-0351-0_32
https://doi.org/10.1016/j.jcp.2022.111083
https://doi.org/10.1016/j.jcp.2022.111083
https://doi.org/10.1016/j.jcp.2022.111083
https://doi.org/10.1016/j.jcp.2022.111083
https://doi.org/10.1016/j.jcp.2022.111083
https://doi.org/10.1016/j.jcp.2022.111083
https://doi.org/10.1016/j.jcp.2022.111083
https://doi.org/10.1016/j.jcp.2022.111083
https://doi.org/10.1016/j.jcp.2022.111083
https://doi.org/10.1023/a:1010917028671
https://doi.org/10.1023/a:1010917028671
https://doi.org/10.1023/a:1010917028671
https://doi.org/10.1023/a:1010917028671
https://doi.org/10.1023/a:1010917028671
https://doi.org/10.1023/a:1010917028671
https://doi.org/10.1023/a:1010917028671
https://doi.org/10.1098/rsif.2023.0729
https://doi.org/10.1098/rsif.2023.0729
https://doi.org/10.1098/rsif.2023.0729
https://doi.org/10.1098/rsif.2023.0729
https://doi.org/10.1098/rsif.2023.0729
https://doi.org/10.1098/rsif.2023.0729
https://doi.org/10.1098/rsif.2023.0729
https://doi.org/10.1098/rsif.2023.0729
https://doi.org/10.1093/ehjci/jeae311
https://doi.org/10.1093/ehjci/jeae311
https://doi.org/10.1093/ehjci/jeae311
https://doi.org/10.1093/ehjci/jeae311
https://doi.org/10.1093/ehjci/jeae311
https://doi.org/10.1093/ehjci/jeae311
https://doi.org/10.1093/ehjci/jeae311


Atrial Constitutive Neural Networks 259

53. Sillett, C., et al.: Identification of atrial myopathy and atrial fibrillation recurrence after abla-
tion using 3D left atrial phasic strain from retrospective gated computed tomography. Eur. 
Heart J. - Imaging Methods Pract. (2025). https://doi.org/10.1093/ehjimp/qyaf027 

54. Developers, T.F.: Tensorflow (2024). https://doi.org/10.5281/ZENODO.4724125 
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