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Summary

With an increased demand for renewable energy wind farms, their efficiency receives
growing attention from both the industry and academics. Mitigating wake interaction
effects in wind farms is one of the ways wind farms could increase their efficiency.
Control techniques to increase wake reenergizing are currently under development,
however, are being held back by a lack of available medium-fidelity wake modeling
methods. To sufficiently support developments in the wind industry, the wake model
should yield an axial wind profile that can be used for load calculations for the down-
stream wind turbine and assess its energy production. Moreover, for the model to be
useful in the research effort the method must either show an increase in accuracy or a
decrease in time-cost. Finally, the model is desired to include the effects of wake control
techniques in later iterations outside the scope of this research.

This thesis investigates medium-fidelity models for wind turbine wake control tech-
niques, with an exploratory study into applying a semi-infinite spectral method with an
adjusted Laguerre basis to wind turbine wake modeling. The wake model used in this
research is an altered version of the Ainslie wake model. To model the wake model a
spectral method with Laguerre functions for the basis is employed in the radial direction
and a marching scheme with a piecewise linear basis for the basis in the downstream
direction. The potential benefits of spectral methods are lower rank systems and spec-
tral convergence. The adjusted Laguerre functions used for this research naturally fit
the boundary conditions for the wake model. At the start of the domain, a Dirichlet
boundary condition is applied with fitted Laguerre functions to the result of a blade
element simulation.

The results did not account for wake expansion and diffused the wake much sooner
than physical. The implementation of the explicit formulation for the triple product
integral hindered higher-order simulations, disabling research into simulations for do-
mains much higher than 11 radial modes. The errors for the different conservated
quantities are significantly higher than they should be. From the verification efforts, a
relation can be observed between the number of radial modes in the domain with re-
spect to the number of radial modes used for the inflow, which suggests that the model
should use much higher numbers of radial modes than this implementation allowed.
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Overall, this thesis demonstrates some of the risks accompanying semi-infinite La-
guerre functions to axisymmetric flow cases. Furthermore, it lays the foundation for fur-
ther investigation and highlights the potential improvements for future spectral meth-
ods with Laguerre basis functions. Improving the implementation of the explicit triple
product integral should yield improvements for the model immediately. To include
wake control for the model, the next step would be to remove the simplification of
the eddy viscosity equation. This may not just be used to cover the dynamic induction
control, but may also lead to more physical dissipation of the wake.
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Nomenclature

Latin symbols

a Axial induction factor −
a′ Radial induction factor −
b Projection basis function −
dA Area measure m2

dV Volume measure m3

D Rotor diameter m

f General function notation −
H Hermite polynomial −
ht Size of the time step s

hxx Cubic Hermite spline function −
I Identity matrix −
I Integral product −
Iamb Ambient turbulence intensity −
J Jacobian matrix −
L Laguerre polynomial or operator −
N Number of steps −
Nr Highest order radial mode −
O Convergence rate −
r̃ Non-dimensional radius 2r/D −
r Radial dimension m

Rw Wake expansion m

t Time or the piecewise dimension for the cubic Hermite spline s

u Vector of velocity coefficients in the downstream direction m/s

ũ Non-dimensional velocity U/U∞ −
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U Velocity in downstream direction m/s

U∞ Incoming velocity m/s

v Vector of velocity coefficients in the radial direction m/s

V Velocity in radial direction m/s

x̃ Non-dimensional downstream position 2x/D −
x Downstream dimension m

Greek symbols
ε Relative error −
εt Relative error in time step −
ζ Hermite function −
δ Kronecker delta −
∂ Partial differential operator −
γ Resulting integral constant for the Jacobi orthogonality −
ν̄T Averaged eddy viscosity m2/s

νt Eddy viscosity m2/s

νT Eddy viscosity m2/s

n⃗ Normal vector −
Ω General domain notation m2/s

∂Ω Boundary of an element within the domain or the boundary of the domain
m2/s

ψ Laguerre function −
ρ Alternative radial dimension notation m

θ Azimuthal dimension −

Subscripts
k, q,m Radial mode
l Left-sided element in marching scheme
m Projection element
r Right-sided element in marching scheme



Superscripts

α The α-coefficient used in the definition of the Laguerre equations or the α-
coefficient used in the Jacobi polynomials corresponding to the generating
function

β The β-coefficient used in the Jacobi polynomials corresponding to the gen-
erating function

k Integer corresponding to the order of the Laguerre function

i Iterator for the Newton-Rhapson method or indication of step in time

n Integer corresponding to the order of the Hermite function

ω Weighting function
′ Derivative with respect to the only dependent or an iterator of a similar

sum

Abbreviations

ALT Actuator Line Theory

BEM Blade Element Momentum

DIPC Dynamic Individual Pitch Control

DIC Dynamic Induction Control

FE Finite Element

LES Large Eddy Simulation

RANS Reynolds Averaged Navier Stokes

SEM Spectral Element Method
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Chapter 1

Introduction

To reach the emission reduction target set by the Paris agreement, many industries need
to hasten the transition to a carbon-free future. The energy sector is a critical actor
in this transition, through the realization of energy transition schemes (CAT [2022]).
In Europe alone, the energy capacity increase due to wind energy is estimated to in-
crease by 116 GW from 2022-2026, of which a quarter will be sourced offshore (Europe
[2022]). Clustering wind turbines in wind farms offshore is a common practice to lower
the expenses of putting the turbines in place, as well as the costs of running and main-
taining the electricity grid and the turbines themselves.

Downstream of a wind turbine, the wind flow has a lower velocity and an increased
turbulence intensity (Vermeer et al. [2003]), thereby hampering the efficiency of clus-
tered wind turbines. This region of lower velocity and increased turbulence is what is
referred to as the wake. Wake interaction of wind turbines comes with lower power
production (Barthelmie and Jensen [2010]) and an increase in fatigue loads (Thomsen
and Sørensen [1999]). Keeping the cost of the energy transition as low as possible
motivates research in the direction of wake aerodynamics. This research aims to lessen
the thresholds that currently impede wind farm clustering.

Methods to mitigate wake effects must be accompanied by a wake model to assess
their corresponding effectiveness. The range of fidelity of such models is large and,
consequently, the difference in the time spent simulating differs from minutes to days
(RANS and LES from Sexbierum benchmarking study by Göçmen et al. [2016]). Less
complex aspects of wind farm design, such as annual energy production, may be suffi-
ciently supported by the lowest-order models. Contrastingly, the structural properties
of downstream wind turbines may require higher-order models, to compute accurate
fatigue loading and accurate aeroelastic loading (Adams et al. [2016]).

For many years the focus of wind energy research has been put on optimizing the
design of single wind turbines. However, with the increasing number of wind farms in
strictly limited areas, the demand for optimization of the power per unit area has gone
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2 1. INTRODUCTION

up. This optimization is not a straightforward process as it requires a strong interface
between the two disciplines of control technique and aerodynamics. A periodic excita-
tion of the flow is achieved by applying a superimposed low-frequency sinusoidal signal
on the blade pitch angles (Frederik et al. [2020b], van der Hoek et al. [2022]). This
technique is known as dynamic induction control (DIC).

Another method stemming from the same cross of disciplines is the dynamic in-
dividual pitch control (DIPC). This method does not just enhance turbulent mixing
by increasing the turbulence downstream, but, induces additional wake meandering
(Frederik et al. [2020a]). Wake meandering refers to the phenomenon of the wake
propagating in a zigzag shape downstream, resembling the meandering of rivers. Indi-
vidual pitch control leads to a helical shape of the wake propagation, thereby enhancing
the turbulent mixing of the wake.

This paper contains exploratory research into possible numerical methods to model
the wake in the case of dynamic induction control or dynamic individual pitch control.
Though it does not contain an exact method to model the wake for any wake control
techniques, it does point research in the direction of medium-fidelity modeling of such
wakes. Using numerical methods, which have not been thoroughly applied to wind tur-
bine wake modeling, may yield improvements in the computational cost and accuracy
of the method, granted a correct implementation.

The foundation of numerical improvements comes from a comprehensive under-
standing of what exactly it is that should be modeled. The target for this model is the
lowest-order model for the wake control techniques, which supports the aero-elastic
load calculations by Adams et al. [2016]. Improving load calculations will help the
research efforts and save precious engineering hours for development. The load cal-
culations need the axial velocity profile of the wake, setting the first crucial require-
ment. The second requirement follows from the implementation target, modeling on
a wind farm level. To realistically achieve farm level calculations, the computational
cost should remain low. Later versions should allow for extensions to compute distinct
results for periodic time inputs or azimuthal inputs.

1.1 Research Objective and Questions

This section provides the structure of this research. From the targets set in the intro-
duction, comes the main research objective, which is as follows:

This thesis aims to lay the foundation for computationally cheap modeling of
State-of-the-Art wake control techniques with Ainslie’s wake model by imple-
menting semi-infinite Laguerre functions.
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The objective contains the two requirements as set in the introduction of this chap-
ter. The result of the Ainslie wake model contains the necessary inputs for the load
calculations. Furthermore, the semi-infinite Laguerre functions offer a potential nu-
merical improvement from the typical numerical methods applied. The evaluation of
said Laguerre functions is part of the main focus of this research effort, where its im-
plementation forms the foundation for the research questions.

Firstly, regarding the applicability of the implementation of the wake modeling tech-
nique for the specific flow case, an advantage of the specific numerical method may be
a very high-order of convergence. This is, however, not the case for every modeling in-
stance. The question thus arises if the high-order of convergence aligns with the wind
turbine wake.

Within the boundaries of this question, it may be worthwhile to evaluate the results
and consider if the Laguerre functions are not ill-suited for the problem. This can be
assessed for many aspects of the model (e.g., inflow modeling, governing equations,
and the shape of the problem).

Secondly, an interesting aspect to take up in this research is the realistic applicability
of the model. Generally, put: will the result support research efforts into the effects of
wind turbine wakes? For the result to be useful, the time cost to run the model should
be kept low and surpass the methods currently used in the industry. The optimization of
the result falls outside of the scope of this research, but system ranks and computation
costs for unoptimized scripts should yield useful insights.

Nevertheless, if the result of the research yields an inaccurate, but, fast model, it
may still not see any use outside this research. For an erroneous model, the possible
root of the error is particularly interesting. The most straightforward way of checking
this accuracy is by comparing it to other models and assessing the error in conservation
properties. The second main research question and its sub-questions follow from this
second set of concerns.

Q-1 Is a spectral method with Laguerre basis functions in the radial direction an
adequate choice for axisymmetric wind turbine wake modeling?

Q-1.1 How close to spectral convergence is the model for the modeling of wind
turbine wakes?

Q-1.2 Are the Laguerre functions a good pick for the problem?
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Q-2 Will the axisymmetric wind turbine wake model contribute to the field of
wind turbine wake modeling?

Q-2.1 Is the time-cost to run the full model within industry standards?

Q-2.2 Is the accuracy of the full model satisfactory?

1.2 Outline of the Report

The report is structured in the following way. Chapter 2 will provide the reader insight
into the state-of-the-art models which could be used for wake modeling. Different
modeling techniques in wind-turbine wake modeling are discussed and the numerical
methodology is introduced. Chapter 3 focuses on the numeric implementation for the
developed wake model, whereas, chapter 4 concerns itself with the verification of the
implementation. In chapter 5 the model’s results are shown and discussed. Finally, in
chapter 6 the research is concluded and recommendations for future research efforts
are provided.



Chapter 2

State of the Art

Within wake modeling, it is common to divide the wake into two distinct sections. The
near- and the far-wake. The definitions of these distinctions are not set in stone and
may vary per study. Typically, the near-wake is where the upstream rotor’s properties
can still be discriminated. The most correct definition of the far-wake is the flow section
beyond what is defined as the near-wake. For this domain, the wake is dominated by
the power properties of the upstream wind turbine.

This chapter will outline the most relevant wake modeling techniques and numerical
methods for this research. The models and methods do not account for a complete set
of all the possible ways of wind turbine wake modeling. The first section considers
itself with instantaneous models section 2.1. Next, the time-averaged wake models are
discussed in section 2.2. Finally, section 2.3 covers the numerical methods considered
for the implementation of the wake models.

2.1 Instationary Models

The first distinction considers the instationary models. Models which approximate the
solution of the problem for each step in time. The strength of these methods is that
highly unsteady flow properties may be modeled accurately.

2.1.1 Large-Eddy Simulation

Large-Eddy Simulation (LES) is the most sophisticated method to be realistically imple-
mented in state-of-the-art models. Though Direct Numerical Simulations (DNS) may
yield more accurate results, the computational cost to perform DNS makes it infeasible
for many flow cases.

5
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Fundamental to LES is the treatment of turbulence. Including turbulence in the
Navier-Stokes equations demands solving for a big spectrum of length and time scales.
All length and time scales affect the flow fields, however, larger length scales possess
stronger kinetic energy, thus altering the flow to a higher extent. LES applies a low-pass
filter to the turbulent scales, DNS to the large eddy scales, and modeling for the smaller
eddy scales.

There are many different modeling techniques that can be used for subgrid-scale
modeling, however, these are not included in the scope of this literature study, since
LES is the slowest method discussed for the modeling of the wakes. The momentum
equation for the LES is (Sedaghatizadeh et al. [2018]):

∂(ρui)

∂t
+
∂(ρujui)

∂xj
=
∂σij
∂xj

− ∂p

∂xi
− ∂τij
∂xj

(2.1)

Where u is the resolved velocity, σij the molecular viscosity stress tensor, and τij the
subgrid-scale stress. The subgrid-scale stress was defined by Leonard [1975] as con-
sisting of three components. The first component, the Leonard stress tensor (L), corre-
sponds to the effect of large-eddies on each other. The smaller interactions between the
modeled subgrid eddies are then captured by the Reynold subgrid tensor (R). The last
component corresponds to the interaction of the small eddies with the large eddies and
is thoughtfully named the cross-stress tensor C, the expression for subgrid-scale stress
then becomes τij:

τij = Lij + Cij +Rij (2.2)

With the momentum equation defined, and the mass continuity as:

∂ρ

∂t
+

∂

∂xi
(ρui) = 0 (2.3)

The system may be solved.
LES has been proven to work well for wind turbine interaction and flowfield mod-

eling by Porté-Agel et al. [2011], hence showcasing the applicability of LES for wake
modeling of wind farms.

Moreover, Munters and Meyers [2018] suggest LES can be used for dynamic in-
duction and yaw control of individual turbines for wind-farm power maximization.
Dynamic induction and yaw control will put similar constraints on the system as DIPC.

LES may be regarded as the state-of-the-art high-fidelity method. The cost of the
LES, however, reflects its high accuracy. The required refinement is one of the leading
sources of computational cost. Choi and Moin [2011] approximate the required grid
refinement of the wall-flow by: NDNS ∼ Re

13/7
Lx . This comes down to 7.4 × 1012 grid

points for the blade of an offshore wind turbine at an incoming velocity of 19 m/s and
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a max chord of 8.5 [m]. By means of parallelizing the problem, the simulation may be
optimized. Regardless, LES will result in a costly model.

2.1.2 Actuator Line Theory

To circumvent the enormous cost belonging to the LES modeling of offshore wind tur-
bines. Sørensen and Shen [2002] came up with an alternative to the modeling of the
blades by including them as concentrated force points acting on the flow. Donso reduces
the cost of a LES for offshore wind turbines. This is achieved by discretizing the blade
in two-dimensional actuator points (N,M). Each actuator point is then subjugated to
the blade element theory as seen in figure 2.2. The force vector(f2D) corresponding to
the actuator points is a function of the resulting lift and drag. This force vector should
then be expressed in the flow grid’s respective x, y, and z axes. This force vector is a
point force approximation, which in itself is not a physcial representation of the force
distribution in the flow. To circumvent this unphysical aspect, the force vector shall
be projected on the surrounding flow field by means of a Gaussian kernel function, η
in equation (2.5) (Sørensen and Shen [2002]). In this equation, r represents the dis-
tance vector from the grid point to the actuator element, and ϵ governs the width of the
Gaussian.

The force of the actuator point on the grid point, f in equation (2.4), contributes to
the body force in the momentum equation for that grid point. The force on the grid
point will act in the opposite direction of the force of the airfoil, thus the contribution
to the body force is negative.

f(xgrid) = −
∑
N

∑
M

f2D(xN,M , yN,M , zN,M , t)ηN,M (2.4)

ηN,M =
1

ϵ3π3/2
exp
[(

− |r|
ϵ

)2]
(2.5)

Archer and Vasel-Be-Hagh [2019] applied ALT in combination with LES to investigate
wake steering, showcasing the capabilities of asymmetric inflow modeling. ALT is also
used to qualitatively assess experimental finds (Howland et al. [2016]). ALT is typically
considered a high-order method and is used as a high-order modeling technique, how-
ever, the method is still relatively costly when compared with the stationary models.
Moving towards stationary models comes at the cost of losing the time-dependent flow
properties (Afgan et al. [2013]).
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2.2 Stationary Models

The models discussed in this section model the flow as a time-independent phenomenon.
This means that the dimension of time periods, or inclusion of different time incre-
ments, no longer affects the outcome of the models. The results can therefore be in-
terpreted as an averaged flow. The computational time is much lower compared to the
instationary models, due to the convenience of disregarding the time dimension.

2.2.1 Reynolds Averaged Navier Stokes

The concept fundamental to Reynolds Averaged Navier Stokes (RANS) is the Reynolds
decomposition of the Navier Stokes momentum equation. By breaking up the velocity
into a time-averaged and a fluctuating term, the instantaneous turbulence may still
be modeled, regardless of Reynolds-averaging. Rewriting the velocity component and
providing the notation for these variables yields (Wilcox [1994]):

u(x, t) = ū(x) + u′(x, t) (2.6)

ū(x) = lim
T→∞

1

T

∫ t+T

t

u(x, t)dt (2.7)

ū′(x) = lim
T→∞

1

T

∫ t+T

t

u′(x, t)dt = 0 (2.8)

The incompressible Navier Stokes are what brings the RANS into the discussion in the
first place. Plugging the equation for u(x,t) in the mass continuity(2.9) and momen-
tum continuity(2.10), yields a Navier Stokes formulation expressed in terms of time-
averaged (ū) and fluctuating (u′) velocity (Wilcox [1994]):

∂ūi
∂xi

= 0 (2.9)

ρ
∂ūi
∂t

+ ρūj
∂ūi
∂xj

= − ∂p̄

∂xi
+

∂

∂xj
(2µSji + ρu′ju

′
i) (2.10)

This is a fully time-averaged two-dimensional Navier Stokes equation, where the sub-
scripts indicate the dimension depending on what dimension the momentum is taken
in. For instance, taking the momentum in the x-direction i=x, j=y. The equation is
not yet closed. The ρu′ju

′
i, the Reynolds stress term, still requires modeling. Doing this

analytically yields 22 unknowns, thereby, completely tipping the equation’s balance re-
sulting in an indeterminate system. This problem is known as the closure problem.
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Applying the Boussinesq hypothesis allows the equations to be determinant again.
By introducing the definitions of eddy viscosity(ν) and turbulent kinetic energy, a foun-
dation was laid to solve the RANS equations. Long after the appearance of eddy viscos-
ity and the turbulent kinetic energy, the closure problem was solved. With equations for
the eddy viscosity, turbulent kinetic energy, and dissipation rate, the set of equations
became determinant again (Wilcox [1994]). These models are known as the Turbu-
lence Energy Equation models and are commonly classified by the number of equations
employed to close the set of equations.

RANS, generally, shows improvement in computational cost with respect to LES. The
RANS equations may be further simplified to decrease the amount of modeling required
for the system of equations.

2.2.2 Ainslie Wake Model

The Ainslie wake model is derived from the two-dimensional RANS equations formu-
lated in cylindrical coordinates. By neglecting gravity and pressure, and applying the
assumptions for incompressible, stationary, and axisymmetric flow, the general equation
for the Ainslie wake model can be expressed. The final step to achieve the Ainslie wake
notation is to apply the Boussinesq assumption to the axisymmetric viscous force term
as described in equation (2.11)(Kim et al. [2018]). The non-velocity components in
equation (2.11) are the kinematic viscosity, ν, dynamic viscosity, µ, and the air density
ρ. The averaged velocity is expressed by u, in the axial direction, and v, in the radial di-
rection. Plugging equation (2.11) into the momentum equation equation (2.12), leads
to the following formulation of the momentum equation(2.13) by Ainslie [1988]:

−uv =
µ

ρ

∂u

∂r
= ν

∂u

∂r
(2.11)

u
∂u

∂x
+ v

∂u

∂r
= −1

r
∂
ruv

∂r
(2.12)

u
∂u

∂x
+ v

∂u

∂r
=

1

r
ν
∂

∂r

(
r
∂u

∂r

)
(2.13)

What sets the classical eddy viscosity by Ainslie [1988] aside, is that it requires no ad-
ditional equation to be modeled. The eddy viscosity model consists of two components.
The first component describes the turbulent mixing due to turbulence within the shear
layer of the wake. The turbulence within the shear layer is computed from the length
(lw(x)) and velocity ( Uw(x)) scales describing the wake shear layer. The second com-
ponent describes the effect of ambient turbulence in the atmosphere on wake mixing.
Combining the two components allows for the eddy viscosity as seen in equation (2.14).
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Figure 2.1: Schematic diagram of wind turbine wake structure taken from Uchida et al.
[2021]. Do note the Gaussian far-wake region.

ν = lw(x)uw(x) + νa (2.14)

The length and velocity scales are taken to be proportional to the wake width, which
may be determined utilizing the mass continuity equation, and the velocity difference
u∞ − uc across the wake shear layer; these scales are therefore characteristic of the
downstream distance x and independent of r. To model the wake, Ainslie [1988] starts
the model 5 diameters downstream of the wind turbine, recognizing the model’s inabil-
ity to capture the near-wake behavior. For this implementation, the focus lies on the
far-wake, loss of flow structures at the start of the domain does not need to pose an
issue. Modern implementations of derived models such as by Larsen et al. [2012], or
Keck et al. [2014].

Currently, it is unknown how these assumptions will function under the flow condi-
tions of the DIC or the DIPC. Specifically, the axisymmetric flow profile is a troublesome
aspect, as there are a few flow properties that will result in errors for this assumption.
Firstly, wind turbine wakes are never axisymmetric due to the atmospheric shear layers.
The inflow wind velocity will always come in with a nonuniform wind profile, leading
to a lower wind speed closer to the earth. This effect and the resultant wake shape can
be seen in figure 2.1. This figure also reflects the benefit of the Ainslie wake approach.
The far-wake shows a velocity profile resembling a Gaussian distribution, which can be
captured well by an axisymmetric model.

By modeling DIPC employing an axisymmetric time-averaged flow model, the initial
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model may be extended to include an azimuthal flow component. This could be enough
to capture some of the asymmetric flow properties. To fully model turbulent structures
such as tip vortices, time-averaged flow models are generally not a good option, since
the average of the fluctuation may as well be zero. However, the effect of DIPC on the
wake may influence the average outcome of the flow. When the average flow properties
are affected, the Ainslie wake could make a sufficiently accurate model.

Picotto et al. [2018] have combined modeling of collective pitch control with yaw
steering, using the Ainslie wake model. This model is in line with the ambitions set
for this research and proves the feasibility of, at the very least, the modeling of induc-
tion control. Ainslie’s eddy viscosity wake model is chosen to be applied for the flow
case, as the lowest-order physics-based model, which supports enough flow properties
to motivate the research. Eliminating the assumption of low circumferential velocity
and time averaging may yield satisfactory results for DIOC. By only introducing time
dependence, the method may be well applicable to symmetric induction control with-
out extra effort. Alternatively, eliminating the no pressure gradient assumption could
improve the outcome for both cases.

Computationally, the Ainslie wake model, with its corresponding assumptions, rep-
resents a state-of-the-art medium-fidelity wake model adhering to the requirements
needed to support the implementation of a ’wake atlas (Adams et al. [2016]). The
following equation is used for the modeling of Ainslie’s eddy viscosity:

2νT
DU∞

= 0.023F1(x̃)I
0.3
amb + 0.016F2(x̃)

Rw(x̃)

D

(
1− Umin(x̃)

U∞

)
(2.15)

This equation is opted for as it is the industrial standard (Commission [2019]) and the
focus of this research is on the numerical implementation. Equation (2.15) is fitted to
the ‘Egmond aan zee’ Wind farm by Larsen et al. [2012]. Providing the following filter
functions:

F1 =


(
x̃
8

) 3
2 − sin(2πx̃ 3/2)

2π
0 ≤ x̃ < 8

1 8 ≤ x̃

F2 =



0.0625 0 ≤ x̃ < 4

0.025x̃− 0.0375 4 ≤ x̃ < 12

0.00105(x̃− 12)3 + 0.025x̃− 0.0375 12 ≤ x̃ < 20

1 20 ≤ x̃

Where x̃ is the non-dimensionalized x, x̃ = 2x
D

. The definition used for the wake radius
(Rw) is where the wake is 95% of the incoming velocity.
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Figure 2.2: The schematic of the force decomposition along a blade element

2.2.3 Blade Element Momentum Theory

The Blade Element Momentum (BEM) theory is the consolidation of two theories, mo-
mentum theory, and blade element theory.

Momentum theory relies on the actuator disk theory. The simplest case of the ac-
tuator disk is a constantly loaded permeable disk of infinitesimal thickness. A force
field is distributed over the actuator disk representing the force field of the rotor.
As a consequence, the flow expands. The expanded downstream flow, also known
as the wake, will have a lower velocity than the incoming velocity. This velocity
reduction in momentum theory is described with the induction factor, by Uwake =
U∞(1 − 2a)(Burton et al. [2011]). Similarly, the momentum theory in azimuthal di-
rection Uθ = Ωr(1 + 2a′)(Burton et al. [2011]). These velocities are the wake modeling
of the classical BEM theory.

Blade element theory concerns itself with the decomposition of the forces of a blade
cross-section based on the inflow angle(ϕ) and the perceived velocity(Urel), similar to
figure 2.2. The section twist (θ), the incoming velocity (U), and the rotational velocity
(Ω) are fixed properties for the design. From the inflow angle and the section twist,
the angle of attack(α) may be calculated. From the angle of attack, the lift and drag
coefficient may be calculated with the help of the lift and drag polars for the airfoil.
The last symbols in the figures are the induction factor (a) and the tangential induction
factor (a’).

The annuli are to be independent of one another in the BEM model. The indepen-
dence from an annulus comes from the assumption that there is no interaction between
the separate annuli and that there is no flow between the elements. These assumptions
lead to quite a significant error for many of the annuli. For instance, at the tip of the
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Figure 2.3: Results of the improved tip loss correction compared to the Glauert method
by Shen et al. [2005]

wing, the effect of the trailing vortex is not included. Glauert [1935] proposes the first
correction for the tip of the blade, however, the tip loss was assumed to only affect the
induced velocity and not the mass flux. Shen et al. [2005] propose an improved correc-
tion model for the tip loss. The model by Shen et al. [2005] corrects for this mass flux
error near the tip. Moreover, the model decreases the overestimation of the classical
tip loss correction, of which the result can be found in figure 2.3. The figure demon-
strates an improvement following experimental data, except for the higher ranges of
wind speed. For these higher ranges the correction by Glauert [1935] is still on par
with Shen et al. [2005].

Another source of error for the BEM model is the flow in the radial direction. Mi-
callef et al. [2013] suggest a 3D potential flow model in which these effects may be
modeled, also in yaw. DIPC can be seen as periodically yawing the flow when looking
downstream of the wind turbine. Making the correction by Micallef et al. [2013] is
potentially interesting for the BEM of DIPC.

BEM can very easily be applied to any rotor, provided the airfoil polars are known.
By using the airfoil polars, the need to model the boundary layer is circumvented.
This is what makes BEM ideal for coupled simulations of rotor wake flows, such as
performed by Malki et al. [2013]. Moreover, this suggests the method is a suited one to
couple with the Ainslie wake model to keep the computational cost low for the entire
simulation. Additionally, Siemens Gamesa1 has an in-house BEM script that is available
for this research effort.

1The company which employs supervisor Norbert Warncke and cooperated in this research
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2.3 Numerical Methods

The previously discussed wake models require numerical methods to be implemented.
This section presents the motivation and consideration behind the different numerical
methods. By no means do the presented methods form a complete set representing all
available methods for this flow case. The methods discussed have favorable properties
related to a semi-infinite domain, particularly useful properties in cylindrical coordinate
systems, or are common spectral element bases.

The consequences of the wake model choices and fundamental theory are discussed
in section 2.3.1. Thereon, the focus shifts to the different methods starting with the Ja-
cobi polynomials section 2.3.2. Section 2.3.3 goes into the Bessel functions’ usefulness
with respect to the cylindrical wake model. The last spectral method bases discussed are
the Hermite functions in section 2.3.4 and the Laguerre functions in section 2.3.5 for
their semi-infinite support. Finally, the necessary downstream discretization technique
is described in section 2.3.6.

2.3.1 Domain Partitioning

Utilizing the provided BEM script to obtain the inflow condition has consequences for
the domain. An actuator disk with a loading that varies only in the radial direction
results in an axisymmetrical velocity profile, so that, the domain is taken to be axisym-
metric.

The x-dimension is defined as the downstream direction from the first wind turbine
to the second wind turbine. The model will not account for the second wind turbine in
any form, thus there is no difference between the analysis of a single wind turbine and
a wind turbine in a park.

Partitioning the reference domain (Ω), or the domain of interest, in a simplicial
set of grids B, provides discretization in the downstream direction. The number of
grid elements in downstream directions will always be an integer value described with
either q or n. These grids are not infinite, meaning they have boundaries defined as
∂B. The exterior boundary of the domain is denoted as ∂Ω.

In the radial direction, one spectral element is applied with a semi-infinite domain.
Functions in the spectral element are superimposed on top of each other and are not
bound to cells, they are continuously differentiable.

The index of radial modes is described with k and q, whereas the accompanying
projection will have the index m in the radial direction. The modes, in both dimensions,
have an additional degree of freedom, which is the scaling constant.

A view from the back of the wind turbine is shown in figure 2.4a. It is important to
note that the discretization in the radial direction is not bound by the circular elements.
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(a) Circular domain downstream of the
turbine. Adapted image from the work of
Gözcü and Verelst [2020].

(b) Downstream discretization of the do-
main. Adapted image from the work of
Schulte and Gauterin [2015].

Implementing bounded numerical domains typically comes with fixing aspects of
the domain to match the set boundary conditions. Common practice dictates imposing
the boundary conditions considerably far away from the domain to reduce the aphysical
effects on the interested domain. Alternatively, a set of basis functions can be chosen
that match the boundary conditions by definition.

Likewise, some boundary conditions could be gradually approached and do not need
strict enforcement, the model may even benefit from allowing free expansion of the
domain. This can be achieved by not having a limit on the domain at all, the semi-
infinite domain reaching up to infinity. This can be achieved with spectral methods,
which constitute the focus of this section.

Spectral methods were introduced with Fourier series as the basis functions. These
Fourier bases spectral functions show amazing results for problems with periodic bound-
ary conditions. When nonperiodic boundary conditions are present in the problem, the
global convergence rate will be reduced to O(N−1), known as the Gibbs phenomenon
formulated by Gottlieb and Orszag [1977].

Alternatively, orthogonal polynomials may be applied to non-periodic boundary con-
ditions. Polynomials that are often used for this purpose are the Jacobi, the Legendre,
the Chebyshev, and the Bessel polynomials. Rapid convergence may be achieved with
the right selection of functions for the problem, as shown in figure 2.5. This phe-
nomenon is known as spectral convergence.

Global connectivity comes with a sensitivity to local errors. When singularities oc-
cur somewhere in the domain, the error will directly affect the solution at all points.
Similarly, the boundary conditions will affect the solution for the entire domain.
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Figure 2.5: Convergence of 4th-order finite difference and Fourier-collocation differenti-
ation processes (Shen et al. [2011]).

Weak Formulation

The numerical discretization in both dimensions is based on a weak formulation. Due
to the finite support of the basis functions in the axial dimension, a marching scheme
is obtained that computes the flow field in successive steps downstream from an initial
inflow condition.

Unlike what its name suggests, the weak formulation of the equations is a powerful
tool in numerical methods to solve differential equations which may not have a ’strong’
or a classical solution. Instead of requiring a stricter form of continuity, the continuity
may be satisfied by what the definition of the integral entails. The result of the weak
formulation is commonly known as the weak solution.

An exemplary weak formulation:∫
Ω

L(u)b dV −
∫
Ω

fb dV = 0 (2.16)

Where L resembles a differential operator, b the projection function (also known as
the test function), f a known function, and u the weak solution to the equation. This
approach forms the basis of discretization in both dimensions.

Whether the integral covers a semi-infinite domain, such as for radial discretization,
or a finite domain, such as in the downstream discretization, the fundamental approach
remains the same.
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The remainder of this section is dedicated to some of the typical spectral basis func-
tions, specifically the ones that are potentially useful for the considered flow case, and
a short review of their corresponding risks and benefits. This is not a complete col-
lection of all available basis functions, but a collection based on semi-infinite support
properties and benefits for the specific flow case.

2.3.2 Jacobi Basis

Jacobi polynomials, Jα,β
n , can be employed as basis functions. Their usefulness lies in

the orthogonality concerning the Jacobi weight function ωα,β. The formulation of the
Jacobi polynomials then becomes:∫ 1

−1

Jα,β
n Jα,β

m ωα,β(x)dx = γα,βn δmn (2.17)

Where ω = (1 − x)α(1 + x)β. Multiple formulas satisfy this equation. Generally, these
formulae concern their case-specific strengths. For instance, the Rodriquez formulation
of the Jacobi polynomials results in either an even or an odd function depending on
n in the sum. Jacobi polynomials could be a good fit for the nonperiodic boundary
conditions in the direction of r.

Polynomials such as the Legendre and Chebyshev polynomials are the Jacobi class’s
most common spectral basis function in incompressible flow modeling, especially pop-
ular for spectral element methods (Karniadakis and Sherwin [2005]). However, these
will not be taken up in this research due to the lack of semi-infinite support.

2.3.3 Bessel Functions

Arfken et al. [2013] describe Bessel functions’ useful properties for physical problems.
Bessel functions are, in principle, solutions of y(r) for Bessel’s differential equation:

r2
d2y

dr2
+ r

dy

dr
+ (r2 − α2)y = 0 (2.18)

The order of Bessel’s function is described by α. Bessel functions are good candidates
for modeling the radial dimension. Bessel functions are often used in the modeling
of cylindrical physical phenomena. The far-wake is likely to benefit the most from
the Bessel basis functions. This is a consequence of the far-wake nearing a Gaussian
distribution in velocity deficit. The opposite is then the case for the near-wake. Besides,
poor near-wake modeling, the Bessel’s function incorrectly approximates the effect of
turbulent mixing. This downside may be minimal since the most interesting domain for
this research is the far wake.
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The specific Bessel functions of interest would be the Bessel functions of the first
kind:

Bα =
∞∑
j=0

(−1)j

j! Γ(m+ α + 1)
(
r

2
)2m+α (2.19)

Similarly to the Jacobi class polynomials, the Bessel functions of the first kind also have
a beneficial orthogonality relation:∫ ∞

0

Bi(αr)Bj(αr)r dr =
1

2
(Bi+1(α))δij (2.20)

Bessel functions of the first kind are a natural result for the Laplacian in a cylindri-
cal coordinate system Kirkwood [2018]. This attribute of the Bessel function makes
it a perfect choice for the modeling of the diffusion equation. Additionally, there ex-
ists a triple product integral approximation for Bessel functions, described by Auluck
[2012], making the Bessel functions a serious candidate for the role of basis functions.
Yet, the implementation of the Bessel functions will not be researched for the model,
because the following alternatives have triple product integrals which may be directly
computed.

2.3.4 Hermite Functions

The general notation of the Hermite function is described in equation (2.22), containing
the Hermite “physicist’s” polynomials(Hn), described in equation (2.21). What makes
these functions applicable for modeling wakes, is their property of going to zero when
approaching infinity. Additionally, the odd-order Hermite functions are zero at r = 0.
For this reason, the odd-order Hermite functions form the basis of the radial velocity
in the radial direction. Even-order Hermite functions are symmetric, which results in
obeying the axisymmetric assumption. Committing the Hermite functions to the Ainslie
equation results in the velocity formulations equation (2.23) and equation (2.24).

Hn(x) = (−1)ner
2 dn

drn
(e−r2) (2.21)

ζn(r) = (2nn!
√
π)

1
2 e−

r
2Hn(r) (2.22)

U = U∞ −
2Nr−2∑
k=0

ζ2k

[
x− xl
xr − xl

ukr −
xr − x

xr − xl
ukl

]
(2.23)
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V =
2Nr−1∑
k=0

ζ2k+1

[
x− xl
xr − xl

vkr −
xr − x

xr − xl
vkl

]
(2.24)

The explicit formulations of Hermite functions allow for integrals that are not directly
solvable, to become explicitly computed:

H2n(r) = (2n)!
n∑

l=0

(−1)n−l

(2l)! (n− l)!
(2r)2l (2.25)

H2n+1(r) = (2n+ 1)!
n∑

l=0

(−1)n−l

(2l + 1)! (n− l)!
(2r)2l+1 (2.26)

Generally, the equations will lead to seven distinct integrals. The first three will be a
product of two Hermite functions and the variable r. The latter four are products of
three Hermite functions and a variable r. For the derivation of the expressions, the
explicit even, in equation (2.25), and odd, in (equation (2.26)), formulations of the
Hermite functions are used. Moreover, equation (2.27) is employed to write the entire
integral in a series expansion. The first case covered is that of the integral of two
even-order Hermite functions and r:

rne−r2 =
1

2
Γ

(
n+ 1

2

)
(2.27)

∫ ∞

0

ζ2kζ2yr dr = (2k)!
k∑

l=0

(−1)n−l

(2l)! (n− l)!
(2r)2l

(2y)!

y∑
l′=0

(−1)y−l′

(2l′)! (y − l′)!
(2r)2l

′
re−r2

∫ ∞

0

ζ2kζ2yr dr = (2k)! (2y)!
k∑

l=0

y∑
l′=0

(−1)n+y−l−l′(2)2l+2l′

(2l)! (n− l)! (2l′)! (y − l′)!
r2l+2l′+1e−r2

(2.28)

The following relation helps simplify the equations to a useful format.

r2l+2l′+1e−r2 =
1

2
Γ(l + l′ + 1) (2.29)

Leading to expressions that can be simplified to an explicit formulation equivalent.
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∫ ∞

0

ζ2kζ2yr dr =
k∑

l=0

y∑
l′=0

(−1)n+y−l−l′(2)2l+2l′(2k)! (2y)!

(2l)! (n− l)! (2l′)! (y − l′)!

1

2
Γ(l + l′ + 1) (2.30)

This series can be further simplified by employing Wolfram, which leads to a general
expression for the integral:

4l−1(2l − 1)(−1)k+y+1(2k + 2y + 1)Γ(2k + 1)Γ(y − 1
2
)

√
π(2k − 2y − 1)(2k − 2y + 1)Γ(k + 1)

(2.31)

Not all integrals give a useful relation. The ones that do are:
∫∞
0
ζ2kζ2y,

∫∞
0
ζ2kζ2y+1 and∫∞

0
ζ2k+1ζ2y+1, result in the general expressions:

∫ ∞

0

ζ2kζ2y+1 dr =
(−1)k+l+122k+2l+1Γ(k + 1

2
)Γ(k + 3

2
)

π(2k − 2l − 1)
(2.32)

∫ ∞

0

ζ2kζ2y dr =
k∑

l=0

y∑
l′=0

(−1)n+m−l−l′(2n)! (2m)! 22l+2l′−1

(2l)! (k − l)! (2l′)! (y − l′)!
Γ(k + y +

1

2
) = Φ(k) (2.33)

∫ ∞

0

ζ2k+1ζ2y+1 =
k∑

l=0

y∑
l′=0

(−1)n+m−l−l′(2n+ 1)! (2m+ 1)! 22l+2l′+1

(2l + 1)! (k − l)! (2l′ + 1)! (y − l′)!
Γ(k + y +

3

2
)

= Φ(k) (2.34)

Φ is the Euler totient function. The interesting part of these outcomes is that the in-
tegrals only have an outcome when the even orders are the same or when the odd
orders are the same. The integration is not as consistent when the integral contains the
product of an even-order and an odd-order Hermite function.

Hermite functions have been taken up in the research as potential basis functions,
however, the lack of an applicable orthogonality relation has obstructed the devel-
opment of a Hermite-based model. With a direct relation to Laguerre polynomials,
described by equation (2.35) and equation (2.36), transforming the Hermite-basis to
Laguerre-basis where applicable was considered. Doing so will not yield Laguerre ex-
pressions that can be easily arranged to be solved. This motivated the research into
Laguerre basis functions instead, which will be worked out in the next section.

H2n(r) = (−1)n22nn!L−1/2
n (r2) (2.35)

H2n+1(r) = (−1)n22n+1n! rL1/2
n (r2) (2.36)
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2.3.5 Laguerre Functions

The Laguerre-Gaussian weighted functions, from hereon referred to as Laguerre func-
tions, are the choice for the basis functions in the radial direction. Laguerre polynomials
are the solutions to Laguerre’s equation (Shen et al. [2011]):

rf ′′ + (α + 1− r)f ′ + ny = 0 (2.37)

Laguerre functions are a product of a Laguerre polynomial (equation (2.38)) (Shen
et al. [2011]) and a Gaussian e−

r2

2 . What makes Laguerre functions, specifically, such a
good fit to the domain, is their orthogonality relation defined for Laguerre polynomials,
shown in equation (2.40)(Shen et al. [2011]). This Laguerre function’s orthogonality
property keeps the resulting system of equations sparse.

L
(α)
k (r) =

err−α

k!

dk

drk
(e−rrk+α) (2.38)

ψk(r) = e−
r2

2 Lk(r
2) (2.39)

∫ ∞

0

rαe−rL
(α)
k (r)L(α)

m (r) =
Γ(k + α + 1)

k!
δk,m (2.40)

Where Γ is the gamma-function(Γ = (k−1)!) and α is the same α as in equation (2.37).
By taking the Laguerre polynomials as a function of r2 instead of r, a more applicable

set of functions is found for the radial direction, formulated in equation (2.41). Thus,
generating the velocity expression of equation (2.42).

ψk(r) = Lk(r
2)e−

r2

2 (2.41)

U = U∞ −
Nr∑
k=0

ψk(r)

[
x− xl
xr − xl

ukr +
xr − x

xr − xl
ukl

]
(2.42)

The accompanying projection in line with the Ritz-Galerkin method:

bm(x, r) = ψm(r)
x− xl
xr − xl

(2.43)

Substituting 7.12a into 7.12b from the work by Shen et al. [2011]:
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Lα
k (r) =

d

dr
Lα
k (r)︸ ︷︷ ︸

−Lα+1
k−1 (r)

− d

dr
Lα
k+1(r)︸ ︷︷ ︸

+Lα+1
k (r)

Lα
k (r) = Lα+1

k (r)− Lα+1
k−1(r) (2.44)

The derivatives of the Laguerre functions are described by the identity (2.45), computed
directly from the derivative relation (Shen et al. [2011]). A recurrence relation can be
applied to arrive at a sum notation of the derivative (2.46), which in turn may be
expressed containing Laguerre functions (2.47).

ψ′
k(r) =

d

dr

(
Lk(r

2)e−r2/2
)

ψ′
k(r) = −r

(
Lk(r

2) + 2L1
k−1(r

2)
)
e−r2/2 (2.45)

or,

ψ′
k(r) = −r

(
Lk(r

2) + 2
k−1∑
i=0

Li(r
2)

)
e−r2/2 (2.46)

ψ′
k(r) = −r

(
ψk(r

2) + 2
k−1∑
i=0

ψi(r
2)

)
(2.47)

The method of solving for the equation comes down to substituting r2 for z to allow for
direct application of the orthogonality relation.

r2 = z (2.48)
2rdr = dz (2.49)

This transformation can be used to transform an integral product of two Laguerre func-
tions.

∫ ∞

0

Lk(r
2)Lm(r

2)e−r2r dr =
1

2

∫ ∞

0

Lk(z)Lm(z)e
−z dz

=
1

2

∫ ∞

0

ψk(z)ψm(z) dz (2.50)
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This is what makes the adjusted Laguerre functions very well applicable to the cylin-
drical coordinate system. For a more typical implementation of the Laguerre functions,
more recurrence relations would be required to work-out the r-scalar.

Moreover, an explicit formulation (equation (2.52)) of the triple-product integral
exists for Laguerre functions (Gillis and Shimshoni [1962]). The explicit formulation
of triple product integrals omits the need for approximations of the integrals, providing
another motivation for the Laguerre functions.

Ck,q,m =
Nr∑

k,q,m=0

∫ ∞

0

ψk(r)ψqψmdr (2.51)

Ck,q,m =
2

3

k,q,m∑
ϵ,β,γ=0

(−2

3
)k+q+m

(
k
ϵ

)(
q
β

)(
m
γ

)
(ϵ+ β + γ)!

ϵ! β! γ!
(2.52)

Implementation of this explicit expression requires careful consideration. Most scripting
tools will not return an accurate result for somewhat high values of k,l, and m. This
numerical error may be reduced by rewriting the expression in logarithmic form:

ln

((
k
α

))
= ln(k! )− ln(α! )− ln((k − α)! ) (2.53)

The logarithmic expression of the Laguerre functions with as highest orders ≈ 8 still
has a satisfactory error. For higher orders, the symmetry of the expression disappears,
indicating an increase in error. Handling this error requires high-precision methods.
The Python module mpmath goes up to orders of approximately 13 before resulting
in an error that cannot be accepted. A desktop computer took a bit over 4 hrs to
tabulate the data up to an order of 31. Even though symmetry checks of the expression
showed residuals in the range of 0.1 − 40% for orders around 14, the expression has
been tabulated up to an order of 31. Appendix A from Gillis and Shimshoni [1962]
provides means to check the validity up to a 10th-order integral. Within this range,
the values have been checked to see whether they correspond to the tabulated values.
Besides the obvious limitation of precision, the tabulated expressions from Gillis and
Shimshoni [1962] only have a precision of 108. Verifying the outcomes beyond the
provided tabulated data is outside the scope of this research.

All three functions come with their advantages and disadvantages. The aforemen-
tioned Bessel functions do not come with a simple solution for the triple product inte-
gral. The Hermite functions may be expressed in terms of Laguerre functions, meaning
with some arithmetic effort some cases the expressions can be completely expressed
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in the other, however, the benefits of the Laguerre functions outweigh those of the
Hermite, namely, the explicit triple product integral expression and the orthogonality
relation for the axisymmetric semi-infinite domain.

Furthermore, Shen et al. [2011] describe Gauss-Laguerre quadratures, which could
be explored as an alternative to the explicit triple product integral. This option is not ex-
plored in this research, instead, the equations will be modeled with Laguerre functions
as the basis functions in the radial direction and the triple product integrals approxi-
mated by equation (2.52).

2.3.6 Marching Scheme

For the downstream discretization, a Finite Element marching scheme is employed.
This will be a continuous Ritz-Galerkin implementation. Continuity follows from the
fact that the basis functions form a continuous basis between the grid elements.

The basis functions discussed in this section are piecewise linear, thus can be dif-
ferentiated once, and are a first-order Sobolev space. A schematic diagram of these
basis functions is shown in figure 2.6. For its first derivative, the functions are piece-
wise constant. The equations belonging to the piecewise linear function are provided
in equation (2.54). For an element purely discretized in the axial direction, the support
is defined by equation (2.55).

xr =
x− xl
xr − xl

, xl =
x− xl
xr − xl

(2.54)

b(x) =
x− xl
xr − xl

(2.55)

These piecewise linear basis functions are a simplicial set, defined by the first order
Hilbert space, such that:

hk := {hk ∈ H1(T )} (2.56)

The H1 notation indicates a Sobolev space. The general Sobolev space Hk can be used
to describe a function, such that:

Hk = {f :

∫
Ω

f 2 + ||∇1f ||2 + ||∇2f ||2...+ ||∇kf ||2} <∞ (2.57)

An example of a function that would not satisfy the H1-space is a step-function. The
discontinuity blows up the derivative to infinity. Hence, a step-function does not satisfy
the requirement to beH1-space. This definition is used to indicate the level of continuity
for the respective functions over the domain. Considering the piecewise linear functions
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Figure 2.6: Linear basis function used for finite element method in axial direction

in figure 2.6 become piecewise constant functions when differentiated once, the second
derivative goes to infinity between the transitions from one coefficient constant to the
other.

Piecewise linear functions come with the benefit of having simple integrals. The
derivative of a linear function immediately loses all dependency on x. This means
that not just an integral can be computed straightforwardly, also, the derivative can be
computed directly. This simplicity exhibits not only positives but the continuity of the
derivative terms also will not be upheld, accordingly, causing discontinuities between
the left and right sides.

Marching schemes consist of a right side and a left side of the respective elements.
This is indicated by the subscripts l (left) and r (right).

Regularly, CFD can not be performed with a marching scheme. By neglecting the
pressure term, a parabolic approach may be applied to the equations. This fixes the
flow of information in the downstream direction, consequently, the axial velocity can
never become negative, effectively, constraining the approach to advection-dominated
flow cases.

Arguably, this may be an unsatisfactory level of continuity and information flow
for fluid simulations. Radial discretization is the focus of this study, thus, lowering
continuity to meet the time constraint of the research is considered acceptable.

2.4 Conclusion

In this chapter, the application of the Ainslie wake model with a BEM to model the
flow case is suggested to be the best choice. There are issues of concern regarding the
asymmetric nature of DIPC combined with Ainslie’s wake model. A few alterations to
the model are suggested, which may bring the model up to satisfactory performance. By
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applying a BEM to model the turbine, the most complicated aspect of the wind turbine
wake modeling is removed from the model. Potentially, resulting in a model with low
computational cost.

The simulation is supported by Laguerre functions in the radial direction, owing
to the useful orthogonality relation and the explicit triple product integral. There are
concerns regarding the implementation of the explicit triple product integral, especially,
regarding the consequences of the limited amount of available radial modes. In the
downstream direction, the simulation will be completed with piecewise linear basis
functions.



Chapter 3

Two-Dimensional Modeling

This chapter concerns itself with the numerical implementation required to model the
Ainslie equation. The methods used to model the equation are Laguerre functions for
the radial dimension and a FE marching scheme in the axial dimension.

In this chapter, section 3.1 is worked out for the respective discretization and in
section 3.2 the momentum equation is worked out.

3.1 Mass Continuity

The time-averaged mass continuity equation (3.1) is the first equation to be solved.

∇ ·

U
V
W

 = 0 (3.1)

Taking the divergence in cylindrical coordinates and realizing the basis functions are
independent of azimuthal angle, leads to equation (3.2).

∇ ·

U(x, r)
V (x, r)
W (x, r)

 =
∂U(x, r)

∂x
+

1

r

∂

∂r
(rV (x, r)) +

1

r

∂W

∂θ︸ ︷︷ ︸
∂W
∂θ

=0

= 0 (3.2)

3.1.1 Natural Radial Basis Functions

Before proceeding with solving the equation, the radial velocity must be expressed. Due
to the simplicity of the mass equation, a natural expression for the radial velocity can

27
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be derived from the mass equation2. Employing a substitution in place of V with ∂U
∂x

yields a few additional benefits. First of all, being able to further reduce the number
of equations required for this system, leads to lower computational costs. Secondly,
the substitution results in pointwise satisfaction of the mass equation. This means that
the conservation is no longer fulfilled in a weak sense as described in section 2.3.1. As
with most choices in numerical analysis, there is also a downside, in this case, that of
reduction of the order for V in the axial direction.

In this implementation of the equation, the substitution is emitted, however, the
worked-out approach is included in appendix A. Do consider with such an implementa-
tion that one loses the advantages of the weak formulation for V. Additionally, V in this
case becomes become a step function because it is directly defined by the derivative of
U.

Deriving the discretization for the basis function of V may be done by taking the
mass equation and putting the terms on opposite sides, as such:

1

r

∂

∂r
(rV (x, r)) = −∂U(x, r)

∂x

rV (x, r) = −
∫ r

0

ρ
∂U(x, ρ)

∂x
dρ (3.3)

The next step is to include the radial basis function for ∂U(x,r)
∂x

.

rV (x, r) = −
Nr∑
k=0

∂Uk(x)

∂x

∫ r

0

ρψk(ρ) dρ (3.4)

The focus for the next part lies on
∫ r

0
ρψk(ρ) dρ. By taking the integral of the deriva-

tive (equation (2.47)) of the Laguerre function, a substitution of expressions can be
prepared.

∫ r

0

∂

∂ρ
ψk(ρ) dρ = −

∫ r

0

ψk(ρ)ρ dρ− 2
k−1∑
i=0

∫ r

0

ψi(ρ)ρ dρ

ψ(r)− ψ(0)︸︷︷︸
=1

= −
∫ r

0

ψk(ρ)ρ dρ︸ ︷︷ ︸
Ik(r)

−2
k−1∑
i=0

∫ r

0

ψi(ρ)ρ dρ︸ ︷︷ ︸
Ii(r)

(3.5)

With a minor rearrangement arriving at:
2Provided by supervisor N. Warncke.
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Ik(r) = 1− ψk(r)− 2
k−1∑
i=0

Ii(r) (3.6)

This is a recursive relation that runs up to the Laguerre function of order 0. Plugging
this back into the expression for V provides the used radial expression. The result of
this proof is:

rV (x, r) = −
Nr∑
k=0

1− ψk(r)− 2
k−1∑
i=0

Ii(r)
∂Uk(x)

∂x
(3.7)

Leading to the natural choice for V (x, r) as:

V =
Nr∑
k=0

1

r
(1− ψk(r))

[
x− xl
xr − xl

vkr +
xr − x

xr − xl
vkl

]
(3.8)

Do note, that this expression for V supports the axisymmetric boundary condition and
the condition for V going to zero for r → ∞. At r=0, the exponential part of the
Laguerre function (ψ) tends faster to 1 than 1

r
tends to ∞, thus,

lim
r→0

1

r
(1− ψk(r)) = 0 (3.9)

3.1.2 The System of Mass Continuity

Applying the Galerkin projection and the weak formulation to the mass equation (3.2)
results in equation (3.10).

Nr∑
k=0

¨

Ω

bm,y
∂U(x, r)

∂x
r dr dx+

Nr∑
k=0

¨

Ω

bm,y
1

r

∂

∂r
(rV (x, r))r dr dx = 0 (3.10)

By applying the notation for the downstream discretization of equation (B.13), the first
term of equation (3.2) can be worked out directly:
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¨

Ω

b(x, r)
∂U

∂x
r dr dx = −

¨

Ω

Nr∑
k=0

ψk(r)ψm(r)
x− xl
xr − xl

(3.11)

[
1

xr − xl
ukr −

1

xr − xl
ukl

]
r dr dx

= −1

2

∫ xr

xl

x− xl
xr − xl

dx
Nr∑
k=0

∫ ∞

0

ψk(z)ψm(z)e
−z dz

[
1

xr − xl
ukr −

1

xr − xl
ukl

]
¨

Ω

bm
∂U

∂x
r dr dx = −1

2

Nr∑
k=0

δk,m [ukr − ukl] (3.12)

The same expression in matrix notation:

¨

Ω

bm
∂U

∂x
r dr dx = −1

2
I (ur − ul) (3.13)

Next is the radial term of the mass equation, which reads, with the expression for the
radial velocity:

¨

Ω

b(x, r)
1

r

∂(rV )

∂r
r dr dx =

¨

Ω

Nr∑
k=0

x− xl
xr − xl

[
x− xl
xr − xl

vkr +
x− xl
xr − xl

vkl

]
ψ′
k(r)ψm(r)r dr dx

=

∫ xr

xl

N∑
k

x− xl
xr − xl

[
x− xl
xr − xl

vkr +
x− xl
xr − xl

vkl

]
∫ ∞

0

(
ψk(r) + 2

k−1∑
i=0

ψi(r)

)
ψmr dr

The marching scheme can be straightforwardly integrated:

∫ xr

xl

N∑
k=0

x− xl
xr − xl

[
x− xl
xr − xl

vkr +
x− xl
xr − xl

vkl

]
= ∆x

N∑
k=0

[
1

3
vkr +

1

6
vkl

]
(3.14)

Transforming the r-domain to the z-domain as described by equation (2.48) and apply-
ing the orthogonality relation to the Laguerre functions, establishes the final expression
for the radial modes:
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N∑
k=0

∫ ∞

0

(
ψk(r) + 2

k−1∑
i=0

ψi(r)

)
ψmr dr =

N∑
k=0

(
δk,m + 2

k−1∑
i=0

δi,m

)
vk (3.15)

Combining the two terms and writing the equation in a matrix expression:

∆x
N∑
k=0

(δk,m + 2
k−1∑
i=0

δi,m)

[
1

3
vkr +

1

6
vkl

]
= ∆x


1 2 . . . 2 2
0 1
... . . . ...

1 2
0 . . . 0 1


[
1

3
vr +

1

6
vl

]
(3.16)

3.2 Momentum Equation

This section details the setup of the matrices belonging to the momentum equation
described in equation (2.13), including the implementation of the numerical analysis
for both the diffusion and the nonlinear terms in the momentum equation.

3.2.1 Diffusion Term

In the work by Ainslie [1988], the mean quantities in the axial direction may be ne-
glected, because in his approach the wake starts a few diameters downstream of the
wind turbine. This model starts immediately behind the wind turbine, in effect, the
two-dimensional diffusion equation is employed:

¨

Ω

νT∇ ·
(
∇
[
U(x, r)
V (x, r)

])
(3.17)

The viscosity in the diffusion equation is treated as a piecewise constant scalar quantity
determined by an empirical fit, defined by equation (2.15). Its value is approximated
by taking the average of the two elements:

ν̄T ≈ νT (xr) + νT (xl)

2
(3.18)

The simplicity of the equation may be enhanced by approaching the equations differ-
ently. By administering the product rule, a simpler expression can be arrived upon. Do
note that in example equation (3.19) g is a scalar, similarly, as for the projection: bm.
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∇ · (gf) = ∇gf + g∇ · f (3.19)

The diffusion term does not contain ∇·(fg), but g∇·f . Thus, the rearranged application
for the diffusion term becomes:

¨

Ω

bm(x, r)∇ · (ν̄T∇U(x, r)) dV =

¨

Ω

∇ · (bm(x, r)ν̄T∇U(x, r)) dV

−
¨

Ω

(∇bm(x, r)) · (ν̄T∇U(x, r)) dV

˜
Ω

∇ · (bm(x, r)ν̄T∇U(x, r)) dV may be rewritten by means of the divergence theorem

(3.20) (Anderson [2017]). The application of the divergence theorem yields equa-
tion (3.21).

¨

Ω

∇ · f dV =

‹

∂Ω

n⃗ · f dA (3.20)

¨

Ω

∇ · (bm(x, r)ν̄T∇U(x, r)) dV =

‹

∂Ω

bm(x, r)ν̄T (n⃗ · ∇U(x, r)) dA (3.21)

The result of the divergence theorem is the surface integral at the boundaries of the do-
main. In the case of the cylindrical domain, this yields four distinguishable boundaries.
∂Ω1 at r → ∞, ∂Ω2 at r = 0, ∂Ω3 at x = 0, and ∂Ω4 at x = L.

The first surface integral over ∂Ω1 will always be zero. This follows from the chosen
basis function approaching zero for r → ∞:

‹

∂Ω1

lim
r→∞

(bm(x, r)ν̄T (n⃗ · ∇U(x, r)))︸ ︷︷ ︸
=0

dA (3.22)

∂Ω2 may be omitted too. This follows from the choice of basis function. Laguerre
function’s first derivative is zero at r=0, meaning ∂U(x,0)

∂r
= 0, thus the integral reduces

to:

‹

∂Ω2

(bm(x, 0)ν̄T

([
0
−1

]
·

[
∂U(x,0)

∂x
∂U(x,0)

∂r

])
︸ ︷︷ ︸

=0

dA (3.23)
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The other two boundaries to be considered are at x = xl and x = xr, which will lead
to the first nonzero integrals. Firstly, the boundary integral at x = xl results in zero,
following from b(0, r) = 0, leaving the integral at the boundary x = xr.

The projection at the boundary x = xr does not tend to zero, nor do the basis
functions in the marching scheme. The integral thus becomes:

‹

∂Ω4

bm(xr, r)ν̄T (n⃗ · ∇U(xr, r)) dA =

¨

∂Ω4

bm(xr, r)ν̄T

([
1
0

]
·
[
∂U(xr, r)/∂x
∂U(xr, r)/∂r

])
dA

=

‹

∂Ω4

bm(xr, r)ν̄T
∂U(xr, r)

∂x
dA (3.24)

Working out the expression, yields:

‹

∂Ω4

bm(xr, r)ν̄T
∂U(xr, r)

∂x
dA =

∫ ∞

0

Nr∑
k=0

ψm(r)ψk(r)

[
1

xr − xl
ukr −

1

xr − xl
ukl

]
r dr

‹

∂Ω4

bm(xr, r)ν̄T
∂U(xr, r)

∂x
dA =

1

2

Nr∑
k=0

δk,m
1

∆x
[ukr − ukl]

(3.25)

Or equivalently:

=
ν̄T
2∆x

I[ur − ul] (3.26)

Next in the diffusion equation is the derivation with respect to the radial term.

− ν̄T

¨

Ω

∂bm(x, r)

∂r

∂U(x, r)

∂r
r dr dx = ν̄T

¨

Ω

Nr∑
k,q=0

x− xl
xr − xl

ψ′
m(r)(

x− xl
xr − xl

ukr +
xr − x

xr − xl
ukl

)
ψ′
kr dr dx

= ν̄T

¨

Ω

(
(x− xl)

2

(xr − xl)2
ukr +

(x− xl)(xr − x)

(xr − xl)2
ukl

)
ψ′
m(r)ψ

′
k(r)r dr dx

Integrating the expression with respect to x yields:
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Nr∑
k=0

∫ xr

xl

(
(x− xl)

2

(xr − xl)2
ukr +

(x− xl)(xr − x)

(xr − xl)2
ukl

)
dx =

Nr∑
k=0

∆x

(
1

3
ukr +

1

6
ukl

)
(3.27)

The radial integration is a more complicated matter. Picking the right recurrence rela-
tions simplifies things considerably. Starting from

∫∞
0
ψ′
m(r)ψ

′
k(r)r dr and working-out

the derivatives with equation (2.45) leads to the expression:

∫ ∞

0

ψ′
m(r)ψ

′
k(r)r dr =

∫ ∞

0

r3(Lk(r
2) + 2L1

k−1(r
2))(Lm(r

2) + 2L1
m−1(r

2))e−r2 dr

(3.28)

Realizing that the orthogonality relation (2.40)is also defined for Laguerre polynomials
of α > 0, changes the objective for solving this equation. Applying the recurrence
relation (2.44) leads to all terms to be expressed in α = 1, which, when the domain
transformation (2.48) is applied, satisfies the orthogonality relation. The explanation
expressed:

∫ ∞

0

ψ′
m(r)ψ

′
k(r)r dr =

∫ ∞

0

r3(Lk(r
2) + 2L1

k−1(r
2))(Lm(r

2) + 2L1
m−1(r

2))e−r2 dr

=
1

2

∫ ∞

0

z(L1
k(z)− L1

k−1(z) + 2L1
k−1(z))(L

1
m(z)− L1

m−1(z) + 2L1
m−1(z))e

−z dz

=
1

2

∫ ∞

0

z(L1
k(z) + L1

k−1(z))(L
1
m(z) + L1

m−1(z))e
−z dz

(3.29)

With the worked-out orthogonality relations, the integral can be described by equa-
tion (3.30). Substituting this expression back into the term derivative to r leads to
equation (3.31), and its matrix form, equation (3.32).

Nr∑
k=0

∫ ∞

0

ψ′
m(r)ψ

′
k(r)r

2 dr =
1

2

Nr∑
k=0

(2k + 1)δk,m + kδk−1,m +mδk,m−1 (3.30)

=
1

2
∆x

Nr∑
k=0

((2k + 1)δk,m + kδk−1,m +mδk,m−1)

(
1

3
ukr +

1

6
ukl

)
(3.31)
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Figure 3.1: Comparison of the eigenvalues for the radial derivative diffusion term with
respect to a scaled quadratic function. All elements adhere to being nonzero.



1 1 . . . 0
1 3 2

2 5 3

... . . . ...

N − 3 2N − 3 N − 2

0 N − 2 2N − 1 N − 1
. . . 0 N − 1 2N + 1


(3.32)

The diffusion equation can be verified by comparing it with a similar discretization with
Bessel equations (Kirkwood [2018]). The eigenvalues to the solution should adhere to
a quadratic profile, and should all be nonzero, which is tested for and displayed in
figure 3.1. The term of the diffusion equation containing the derivatives with respect
to x,

−
¨

Ω

∂bm(x, r)

∂x

∂U(x, r)

∂x
dV (3.33)
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can be worked out more straightforwardly:

−
¨

Ω

∂bm(x, r)

∂x

∂U(x, r)

∂x
dV = −

¨

Ω

ν̄T

Nr∑
k,l=0

1

xr − xl
ψm(r)(

1

xr − xl
ukr −

1

xr − xl
ukl

)
ψk(r)r dr dx

= −ν̄T
∫ xr

xl

Nr∑
k,l=0

1

xr − xl

(
1

xr − xl
ukr −

1

xr − xl
ukl

)
dx

∫ ∞

0

ψm(r)ψk(r)r dr

Directly applying the domain transition and the orthogonality relation,

∫ ∞

0

ψm(r)ψk(r)r dr =
1

2
δk,m (3.34)

and integrating with respect to x∫ xr

xl

1

xr − xl

(
1

xr − xl
ukr −

1

xr − xl
ukl

)
dx =

1

∆x
(ukr − ukl) (3.35)

results in the final expression for the derivative with respect to x in the viscosity equa-
tion:

− 1

2∆x
I (ur − ul) (3.36)

3.2.2 Nonlinear Terms

With the diffusion term figured out, the nonlinear terms now follow. The final stages of
writing out the nonlinear terms are approached differently than the differential equa-
tion. Instead of applying an orthogonality relation to simplify the integrals, the result-
ing integral must be approximated. Additionally, the resulting matrix will not be sparse.
The first term;

∂U(x, r)

∂x
U(x, r) (3.37)

The term subjugated to the Galerkin projection and expressed in its weak formulation
yields:
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¨

Ω

b(x, r)
∂U(x, r)

∂x
U(x, r) dV (3.38)

Substituting the expressions for the velocity and rewriting is the next step to come to a
final expression, the derivation of this expression reads:

¨
Ω

b(x, r)
∂U(x, r)

∂x
U(x, r) dV =

∫ ∞

0

∫ xr

xl

Nr∑
k,q=0

−ψm
x− xl
xr − xl

[
1

xr − xl
ukr −

1

xr − xl
ukl

]
ψk(r)

(
U∞ −

[
x− xl
xr − xl

urq +
xr − x

xr − xl
uql

]
ψl

)
r dx dr

=

∫ ∞

0

∫ xr

xl

Nr∑
k,q=0

−U∞rψmψk
x− xl
xr − xl

[
1

xr − xl
ukr −

1

xr − xl
ukl

]
dx dr+

+

∫ ∞

0

∫ xr

xl

Nr∑
k,q=0

rψmψkψq
x− xl
xr − xl

[
1

xr − xl
ukr −

1

xr − xl
ukl

] [
x− xl
xr − xl

uqr +
xr − x

xr − xl
uql

]
dx dr

= −U∞

Nr∑
k,q=0

δk,m

[
1

2
ukr −

1

2
ukl

]

+
1

2

Nr∑
k,q=0

Ck,q,m

[
1

3
ukruqr −

1

3
ukluqr +

1

6
ukruql −

1

6
ukluql

]

From the final expression for U ∂U
∂x

, two distinct terms may be recognized; a linear
term with the incoming velocity and a nonlinear term with the triple product integral.
Expressing the first term in matrix notation yields:

−U∞I
(
1

2
ur −

1

2
ul

)
(3.39)

For the second term the expression in matrix notation is more complicated. The most
useful notation for the nonlinear terms is in the form of a vector. Each row of the vector
represents a projection in m and contains the double sum for k and q. Solving nonlinear
equations comes with certain requirements. The method that motivates the notation is
described in section 3.2.3.
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

∑Nr

k,q=0Ck,q,0

[
1
3
ukruqr − 1

3
ukruql +

1
6
ukluqr − 1

6
ukluql

]
− U∞

(
1
2
u0r − 1

2
u0l
)∑Nr

k,q=0Ck,q,1

[
1
3
ukruqr − 1

3
ukruql +

1
6
ukluqr − 1

6
ukluql

]
− U∞

(
1
2
u0r − 1

2
u0l
)

...∑Nr

k,q=0Ck,q,Nr

[
1
3
ukruqr − 1

3
ukruql +

1
6
ukluqr − 1

6
ukluql

]
− U∞

(
1
2
u0r − 1

2
u0l
)

 (3.40)

The last term to be written out is the other nonlinear term. The derivation starts with
the integral formulation of the equation:

∂U(x, r)

∂r
V (x, r) (3.41)

Now introducing the Galerkin projection and rewriting the term in the weak formula-
tion:

∫ xr

xl

∫ ∞

0

∂U(x, r)

∂r
V (x, r)r dr dx =

∫ ∞

0

∫ xr

xl

Nr∑
k,q=0

1

r
ψm(r)ψ

′
k(r)(1− ψq(r))

x− xl
xr − xl

[
x− xl
xr − xl

ukr +
xr − x

xr − xl
ukl

] [
x− xl
xr − xl

vqr +
xr − x

xr − xl
vql

]
r dr dx (3.42)

In a similar manner to the previous equations, the x-terms are integrated first.

∫ xr

xl

x− xl
xr − xl

[
x− xl
xr − xl

ukr +
xr − x

xr − xl
ukl

] [
x− xl
xr − xl

vqr +
xr − x

xr − xl
vql

]
dx = (3.43)

∆x

(
1

4
ukrvqr +

1

12
uklvqr +

1

12
ukrvql +

1

12
uklvql

)
(3.44)

Writing out the radial derivatives accordingly to equation (2.47)
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∫ ∞

0

Nr∑
k,q=0

ψm(r)ψ
′
k(r)(1− ψq(r)) dr =

∫ ∞

0

Nr∑
k,q=0

rψm(r)

(
ψk(r)

+ 2
k−1∑
i=0

ψi(r)

)
(1− ψq(r)) dr

=

∫ ∞

0

Nr∑
k,l,m=0

ψm(r)

(
ψk(r) + 2

k−1∑
i=0

ψi(r)

)
r

− ψq(r)ψm(r)

(
ψk(r) + 2

k−1∑
i=0

)ψi(r)

)
r dr

Applying the orthogonality relation where applicable and expressing the integrals in
the triple integral notation of equation (2.52):

∫ ∞

0

Nr∑
k,q=0

ψmψ
′
k(r)(1− ψq) dr =

Nr∑
k,q=0

δk,m − Ck,q,m + 2
k−1∑
i=0

δi,m − 2Ci,q,m (3.45)

The complete equation then becomes:
¨

Ω

b(x, r)
∂U(x, r)

∂r
V (x, r) dV = ∆x

(
Nr∑

k,q=0

δk,m − Ck,q,m + 2
k−1∑
i=0

δi,m

−2Ci,q,m)

(
1

4
ukrvqr +

1

12
uklvqr +

1

12
ukrvql +

1

12
uklvql

)
(3.46)

Thus, the functional matrix with its rows corresponding to the radial indices of the
projection becomes:

∆x



∑Nr

k,q=0

(
δk,0 − Ck,q,0 + 2

∑k−1
i=0 δi,0 − Ci,q,0

)
(
1
4
ukrvqr +

1
12
uklvqr +

1
12
ukrvql +

1
12
uklvql

)
∑Nr

k,q=0

(
δk,1 − Ck,q,1 + 2

∑k−1
i=0 δi,1 − Ci,q,1

)
(
1
4
ukrvqr +

1
12
uklvqr +

1
12
ukrvql +

1
12
uklvql

)
...∑Nr

k,q=0

(
δk,Nr − Ck,q,Nr + 2

∑k−1
i=0 δi,Nr − Ci,q,Nr

)
(
1
4
ukrvqr +

1
12
uklvqr +

1
12
ukrvql +

1
12
uklvql

)


(3.47)
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Even though all terms have been worked out, the result can still not be directly com-
puted. This requires a solver to handle the nonlinear terms.

3.2.3 Nonlinear Solver

A nonlinear solver must be employed to solve the equation’s nonlinear terms. Newton
Rhapson’s method (3.48) is applied to this system of equations. The method relies on
a Jacobian of the system to come to the next step of iteration. The Jacobian of the
system will be similar to matrix (3.49). The first index of the subscript of the function f
indicates whether the function belongs to the mass (f0,0) or momentum equation (f1,0).
The second index corresponds to the index of the projection function. Typically, the
projection function is described by its radial and axial index. In the Jacobian these
combine into one integer, starting at the axial index.(

Un+1
i

V n+1
i

)
=

(
Un
i

V n
i

)
− J(Un

i , V
n
i )

−1f(Un
i , V

n
i ) (3.48)

J(Un
i , V

n
i ) =



∂f0,0
∂u0

∂f0,0
∂u1

∂f0,0
∂u2

. . . ∂f0,0
∂vNr−2

∂f0,0
∂vNr−1

∂f0,0
∂vNr

∂f0,1
∂u0

∂f0,1
∂u1

∂f0,1
∂u2

∂f0,1
∂vNr−2

∂f0,1
∂vNr−1

∂f0,1
∂vNr

∂f0,2
∂u0

∂f0,2
∂u1

∂f0,2
∂u2

∂f0,2
∂vNr−2

∂f0,2
∂vNr−1

∂f0,2
∂vNr

... . . . ...
∂f0,Nr

∂u0

∂f0,Nr

∂u1

∂f0,Nr

∂u2

∂f0,Nr

∂vNr−2

∂f0,Nr

∂vNr−1

∂f0,Nr

∂vNr

∂f1,0
∂u0

∂f1,0
∂u1

∂f1,0
∂u2

∂f1,0
∂vNr−2

∂f1,0
∂vNr−1

∂f1,0
∂vNr

... . . . ...
∂f1,Nr−1

∂u0

∂f1,Nr−1

∂u1

∂f1,Nr−1

∂u2
. . .

∂f1,Nr−1

∂vNr−2

∂f1,Nr−1

∂vNr−1

∂f1,Nr−1

∂vNr


[2Nr×2Nr]

(3.49)
All linear terms from the two equations have a straightforward implementation because
the derivative of a linear term is a constant. The derivatives of the nonlinear terms,
retain a dependency on the variables U and V.

Equation (3.48) helps determine the stopping criterion. The residual tolerance for
convergence is set to 1e−6 and is defined by the absolute value of J(Un

i , V
n
i )

−1f(Un
i , V

n
i ).



Chapter 4

Verification

Before considering the model’s results, two tests are performed to assess the discretiza-
tion. The first test is for the diffusion equation, described in section 4.1. Considering
the diffusion term is essentially the heat equation, much is known about its outcome
and its behavior. Section 4.2 contains the results for the tests of both the mass and
momentum terms.

4.1 Diffusion Equation

This section should be taken as an isolated test, that is used as a verification for the
diffusion term. The equations discussed here will not be included in the model and a
discretization in time only sees implementation for this test. The purpose of this test is
to assess the correctness of the radial discretization and get an error estimate for the
radial discretization. The equation used as an example for this case is:

∂U(r)

∂t
= νT∇ · (∇U(r)) (4.1)

Previously, a velocity expression dependent on radial and downstream basis functions
was used to model the equations. A velocity expression dependent on time, supported
by a radial basis function is employed for this equation. The motivation for these di-
mensions comes from the need for verification of the radial basis functions. Taking an
expression for the velocity with the adjusted Laguerre functions(2.37, ψ):

U =
Nr∑
k

Uk(t)ψk (4.2)

Naturally, the accompanying projection function exists of:

41
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bm = ψm(r) (4.3)

To support diffusion and to visualize the effect, an explicit Euler method (equation (4.4))
is employed. Do note the superscript is used as an indication of the marching step:

∂U(r)

∂t
=
U i+1(r)− U i(r)

ht
(4.4)

Rewriting equation (4.1) with equation (4.4) provides the marching expression (4.5).
The ∇-operator used throughout this section is only one-dimensional, hence, the ex-
pression in its weak formulation simplifies down to equation (4.6).

bm(r)U
i+1(r) = bm(r)U

i(r) + htνT bm(r)∇ · (∇U i(r)) (4.5)

∫ ∞

0

bm(r)U
i+1(r) dr =

∫ ∞

0

bm(r)U
i(r) dr + htνT

∫ ∞

0

∂bm(r)

∂r

∂V (r)

∂r
dr (4.6)

The last term,
∫∞
0

∂bm(r)
∂r

∂V (r)
∂r

, is the same as in equation (3.31), which allows plugging
in the same expression as derived before while neglecting its x-discretization. This
brings the two other terms to be solved. Without taking any derivatives of the functions,
the terms can be straightforwardly subjected to the orthogonality relation (2.40), thus,
the final expression reads:

∫ ∞

0

bm(r)U
i(r) dr =

Nr∑
k=0

U i
k

∫ ∞

0

ψkψm dr =
1

2

Nr∑
k=0

U i
kδk,m (4.7)

Nr∑
k=0

U i+1
k δk,m =

Nr∑
k=0

U i+1
k δk,m − htνT

Nr∑
k=0

(2k + 1)δk,m + kδk−1,m +mδk,m−1 (4.8)

The discretization choice with respect to time has many consequences in its own right,
but those shall be left out for this test as they are not the focus here. Instead, the
conservation error due to the discretization in the radial direction is what is being
tested.

Assessing the error for the implementation of the diffusion equation requires a few
steps. The approach relies on the continuity of mass flux. The integral should yield the
same constant for the entire domain, regardless of how far the equation has marched
down in time. The general expression for the error derived from the integral property
reads:
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Nr∑
k=0

Uk

∫ ∞

0

ψk(r)r dr =
Nr∑
k=0

Uk

∫ ∞

0

ψk(r)r dr (4.9)

εt =

∣∣∣∣∣
Nr∑
k=0

U t=0
k

∫ ∞

0

ψk(r)r dr −
Nr∑
k=0

U t
k

∫ ∞

0

ψk(r)r dr

∣∣∣∣∣ (4.10)

Solving the integral is obtained by induction from equation (3.6) and taking the limits
of r. The first integral derived is for the zeroth order, which can easily be computed by
evaluating the integral;

∫ ∞

0

ψ0(r)r dr = lim
r→∞

[1− ψ0(r)]︸ ︷︷ ︸
=1

− 1− ψ0(r)︸ ︷︷ ︸
=0

= 1 (4.11)

Evaluating the integral for each integral belonging to a higher-order term yields either
-1 or 1, hence, the definite integral over the domain becomes:∫ ∞

0

ψn(r)r dr = (−1)n (4.12)

Now that the integral can be solved, the error can be assessed. The last step before
computations can be performed is to fix the constants for the test. The initial condition
chosen for the test is that of a Gaussian (e−

r2

2 ). The motivation behind this choice is
that the lowest-order Laguerre function resembles a Gaussian, meaning that the initial
condition requires no fitting. Other parameters which are fixed for the computation are
the time step ht which is set to 1, the viscosity, νT = 2 · 10−3, and the initial velocity
coefficient which is set to 1.

The result of the computation is shown in figure 4.1a, showing the dissipation of the
initial Gaussian shape for the equations modeled by 16 radial modes. The diffusion of
the velocity follows a typical diffusion pattern and matches the expectations, indicating
a minimal error and, consequently, a correct implementation of the diffusion equation.
Expansion of the profile in the radial direction is limited due to the exponential decay
of the basis.

The minimal error claim is supported by figure 4.1b. Noticeably, the error remains
zero until it quickly increases. What is most interesting is the difference between the
number of steps required for the error to increase with respect to the number of ra-
dial modes. This suggests a higher number of radial modes are able to model the
diffusion accurately for more steps. The matrix belonging to the radial diffusion ex-
pression (3.32) indicates a coefficient relies on its neighbors that are only one position
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(a) The velocity profile of the initial Gaussian profile
propagated through time for the diffusion equation.

(b) The conservation error corresponding to the
mass continuity with respect to the time step. The
three different lines correspond to different numbers
of radial modes in the domain.

Figure 4.1: The results for the tests of the radially discretized diffusion term with an
adjusted Laguerre function support.

away. This means that the highest orders will only be engaged in the model at Nr

steps and then slowly increase. Once the higher orders are fully engaged the error
begins to rapidly increase, suggesting truncation of the available modes to be the root
of this error. Conceptually, the error can be compared to a FE approach hitting the
domain boundary, information is lost to the system because the basis does not reach
that far. This loss of information is supported by figure 4.2a, which shows the relative
dependency on the higher order terms and relation to the error. The velocity profile
accompanying these coefficients is shown in figure 4.2b. Do note that the profile has
already diffused leading to a lower velocity profile. Quantitatively, the amplitude of the
solution is lower by approximately 104, however, the solution still distinctly resembles
the shape of a Gaussian.

4.2 Full System of Equations

In a similar fashion, the entire system of equations can be tested. The two different
errors computed to assess the model are based on the continuity of mass (3.2) and
the continuity of momentum (2.13). Differently from developing the model, the inte-
grals do not correspond to the weak formulation of the problem. Instead, the integrals
correlate to the conservation of mass and momentum for each step. Evaluating the
continuity at downstream steps should be done by integrating the azimuthal dimension
and the radial dimension. This approach relies on employing the divergence theorem
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(a) Coefficients for the adjusted Laguerre basis for
the modeled diffusion equation at the start of the
error(t = 8e1) and a developed error (t = 4e3). Ob-
tained for 16 radial modes.

(b) Velocity profile at t = 4e3. This figure serves as
a visual example of erroneous Laguerre projections.
Modeled with 16 radial modes.

Figure 4.2: The visualization of the velocity coefficients and the velocity profile at higher
errors

(Anderson [2017]) to come to the following notation:

¨

Ω

∇ ·
[
U(x, r)
V (x, r)

]
dV =

∮
∂Ω

n⃗ ·
[
U(x, r)
V (x, r)

]
dA (4.13)

Evaluating the surface integrals will only yield results in the axial dimension (4.15,
4.16), following the fact that the radial velocity is zero for its respective boundary
integral (4.14). Thus, the mass continuity is described by equation (4.17).

lim
r→∞

∮
∂Ω3

[
0
1

] [
U(x, r)
V (x, r)

]
dA = 0 (4.14)
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∮
∂Ω2

[
−1
0

] [
U(xl, r)
V (xl, r)

]
dA = −Uk(xl)

∫ ∞

0

ψk(r)r dr (4.15)

∮
∂Ω1

[
1
0

] [
U(xr, r)
V (xr, r)

]
dA = Uk(xr)

∫ ∞

0

ψk(r)r dr (4.16)

∮
∂Ω

n⃗ ·
[
U(x, r)
V (x, r)

]
dA =

Nr∑
k=0

(Uk(xr)− Uk(xl))

∫ ∞

0

ψk(r)r dr (4.17)

Equation (4.12) contains the solution to the definite integral for a single adjusted La-
guerre function, from which the final expression of the mass equation can be defined:

Constant =
Nr∑
k=0

(Uk(xr)− Uk(xl)) (−1)k dr (4.18)

Continuity of momentum forms another basis to assess the error of the implementa-
tion. Arriving at the error formulation for the conservation of momentum requires
more arithmetic effort than for the mass error. Because the focus of these tests is not
motivated by the need to model any physical phenomenon, the viscosity is a fixed vis-
cosity set to 2 · 10−2 Evaluating the momentum equation in its integral form yields the
first step:

∫
Ω

∂U(x, r)

∂x
U(x, r) dV +

∫
Ω

∂V (x, r)

∂r
U(x, r) dV = νT

∫
Ω

∇ · (∇U(x, r)) dV

(4.19)∫
Ω

∂U(x, r)

∂x
U(x, r) dV +

∫
Ω

∂V (x, r)

∂r
U(x, r) dV = νT

∫
Ω

(
∂2U(x, r)

∂x2
+

1

r

∂

∂r

∂U(x, r)

∂r

)
dV

(4.20)

The basis in the downstream direction is piecewise linear, hence, its second derivative is
zero, reducing ∂2U(x,r)

∂x2 to zero straightaway. The radial derivative of the diffusion term
requires a bit more effort. Evaluating the volume integral results:
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νT

∫ xr

xl

∫ ∞

0

1

r

∂

∂r

∂U(x, r)

∂r
r dr dx = νT

∫ xr

xl

[
∂U(x, r)

∂r

]r→∞

0

dx (4.21)[
∂U(x, r)

∂r

]r→∞

0

= lim
r→∞

(rψkUk(x))︸ ︷︷ ︸
=0

−0 = 0 (4.22)

Now that the diffusion term has been removed completely, the terms on the left-hand
side are to be worked out. The advection term can alternatively be expressed as a
divergence of the velocities terms, which allows for, yet again, the divergence theorem
to be applied:∫

Ω

∇ ·
([

U(x, r)
V (x, r)

]
U(x, r)

)
dV =

∫
∂Ω

n⃗ ·
([

U(x, r)
V (x, r)

]
U(x, r)

)
dA (4.23)

Similarly to the previous implementations of the divergence theorem, there are three
different boundaries to evaluate the integrals with respect to. The first two are in the
axial direction; upstream and downstream. The last boundary is for r → ∞. The results
of these integrals are:

∫
∂Ω1

[
1
0

]
·
([

U(xr, r)
V (xr, r)

]
U(xr, r)

)
dA =

∫ ∞

0

Nr∑
k,q=0

Uk(xr)Uq(xr)ψkψqr dr (4.24)

=
Nr∑

k,q=0

Uk(xr)Uq(xr)δk,q (4.25)

∫
∂Ω2

[
−1
0

]
·
([

U(xl, r)
V (xl, r)

]
U(x, r)

)
dA =

∫ ∞

0

Nr∑
k,q=0

Uk(xl)Uq(xl)ψk(r)ψq(r)r dr (4.26)

= −
Nr∑

k,q=0

Uk(xl)Uq(xl)δk,q (4.27)

∫
∂Ω2

[
0
1

]
·
([

U(x, r)
V (x, r)

]
U(x, r)

)
dA =

∫ ∞

0

Nr∑
k,q=0

Uk(x)Uq(x) lim
r→∞

ψk(r)ψq(r)︸ ︷︷ ︸
=0

dx (4.28)
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(a) The error in the continuity of mass with respect
to the start of the domain.

(b) The conservation of momentum error with re-
spect to the start of the domain.

Figure 4.3: Error results for a fixed number of radial modes for the domain with differing
numbers of radial modes used to model the inflow. The simulations were performed with
8 radial modes in the domain.

Combining these expressions yields the expression for the conservation of momentum.
This expression thus reads:

Constant = U2
r − U2

l (4.29)

The error in momentum is computed by taking the relative difference in constant at a
downstream position with respect to the inflow. This is what constitutes the error for
this continuity.

Although the model has been developed to model wake flows, it too can be subju-
gated to any input. For the test case, the inflow is set to a certain number of coefficients.
The number of radial modes used for the inflow indicates how many of the first coef-
ficients are nonzero, starting from the lowest-order coefficient. The nonzero elements
are set to one.

Unlike the linear diffusion equation, the model will, from the first step in the simu-
lation, engage all coefficients. This is a property of the method applied, yet, the biggest
coefficients will not directly play a major role. The limitations of equation (2.52) set
the number of radial modes to 8. Additionally, they are likely to contribute to the error
in the system too.

The slope of the error shows an order of
√
N , which is not problematic, however,

the starting error is much higher than acceptable. In figure 4.3b a dip can be seen. This
is only an indication of a change of sign and does not indicate any other phenomenon.
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Another noteworthy aspect would be the difference between figure 4.3 and fig-
ure 4.1. Figure 4.3 shows no sudden jump in error due to truncation over the tested
domain. Considering the results are obtained with only 8 radial modes, some conse-
quence of truncation similar to figure 4.1b is expected. This indicates that the error is
either already so high that it is barely affected, or that the truncation error is present
from the very start of computations. The truncation error seems to be the most likely
candidate for the error, as the slope of the error remains unaffected, and the starting
error increases for an increase in inflow modes. This suggests that a higher number
of modes may even be required to model the lowest possible number of inflow modes
within machine precision.
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Chapter 5

Wake Analysis

The application of the method and the chosen domain can be found in chapter 3,
worked out in a flowchart (5.1). The model also allows for the emission of the step
to compute the viscosity for every iteration in Newton-Rhapson’s method. By prescrib-
ing an eddy viscosity for the entire domain, the model may be sped up too. Due to
the nature of the spectral method’s superposition property, the velocity field must be
computed for the domain every time the minimum velocity is required.

In this section, the design of the complete model and its results are analyzed and
discussed. The findings are taken up in the recommendations for further research.

5.1 The Modelled Boundary Conditions

The inflow conditions associated with the wake serve as a reliable indicator for de-
termining the number of radial modes necessary for an accurate model. As the flow
progresses downstream, the velocity profile converges towards a Gaussian distribution,
as documented by Vermeer et al. [2003]. A Gaussian profile can be effectively modeled
utilizing Laguerre functions, thus the inflow is the more concerning aspect of the flow.

To compute the inflow velocity profile, data from the DTU 10MW reference wind
turbine (Bak et al. [2013]) was used as input data to a BEM model by Siemens Gamesa.
The output of the BEM was further padded with the freestream velocity. The resulting
velocity profile is exclusively provided in the axial direction. In order to provide a
complete Dirichlet boundary condition, the inflow data is expanded with zeros for the
radial velocity coefficients.

Laguerre functions tend to zero when approaching infinity. Unfortunately, the speed
with which the functions tend to zero differs for each order. To accommodate this
difference, the domain is scaled for different numbers of radial modes. The scaling is
done by visually inspecting the functions and basing the scaling on when the highest-
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True and x(i) = L

Results from BEM

Project Boundary
Values on Laguerre

Functions

Set Maximum Order
Laguerre Functions

Set up Linear System
of Equations

Newton-Rhapson's method:
.
.
.

Compute nonlinear terms:
.
.

False,
n = n+1

True,
i=i+1

Plot results

Compute new viscosity:
.
.

Figure 5.1: Flow of the script with its iterative convergence scheme colorized.
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Table 5.1: Scaling parameters and the corresponding error for different numbers of radial
modes fitted to the inflow conditions.

Nr Scale RMS
7 8 0.5627
15 22 0.3219
31 52 0.1889
63 110 0.1275

order function is nearing zero. Doing this for many different radial modes is time-
consuming and unnecessary, so the scaling has only been done for a select number of
radial modes.

To assess the fit numerically, the RMS error for the different number of radial modes
is assessed. The size of the tested domain affects the outcome of the RMS error, thus, the
domain goes up when the lowest radial mode has converged to the free stream velocity
with a margin of 1e−6, shown in table 5.1, with the corresponding scaling parameter.
The projected inflow may be found in figure 5.2.

Many disciplines would prefer to have no overshoot at the end of the fitted domain,
whereas, for wind turbine wakes, the overshoot matches the physical reality of the flow.
This cannot be quantitatively assessed, due to the limited domain of the BEM, thus, the
overshoot can only be said to be qualitatively correct.

Starting at the lowest number of radial modes (figure 5.2a), the projection strongly
resembles the shape of Laguerre functions instead of the shape of the inflow. As ex-
pected, the lowest order method corresponds to the biggest error.

The second-lowest number of radial modes (figure 5.2b) shows better accordance
with the inflow velocity profile. More features of the inflow velocity profile are taken
up into the projection and its error is significantly lower than.

5.2 Wake Expansion

The scaling requirements suggest a fixed number of radial modes corresponding to
a fixed wake radius. To accommodate for an expansion of the investigated domain,
a higher number of modes is used for the modeling than for the boundary fit. By
taking double the modes of the boundary inflow, the flow downstream may be more
enticed to expand. Even though the current implementation of equation (2.52) does
not accommodate a consistent output for an order of 15, the wake model will use 16
radial modes to double the number of modes compared to the inflow wake.

Figure 5.3a and 5.3b show the wakes for, respectively, 8 radial modes and 16 radial
modes. Both results are obtained for a fixed eddy viscosity(ν̄T = 8e−3).
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(a) The BEM result projected onto 8 radial modes (b) The BEM result projected onto 15 radial modes

(c) The BEM result projected onto 32 radial modes (d) The BEM result projected onto 64 radial modes

Figure 5.2: Boundary inflow projected onto basis functions for different numbers of radial
modes

Regarding the lower-order wake model, it is important to note that, by the defini-
tion of the wake expansion Umin = 99%Uinf , the initial wake is already at a radius of
1.11D, which can be visually reaffirmed with figure 5.2a. This means that the relative
expansion is less, however, it does not mean the wake expansion is insignificant. Es-
pecially, when considering the wake expansion for Nr = 15, which starts at the same
wake expansion as Nr = 7. The wake expands up to 1.35 diameters.

Still, one cannot claim that using more radial modes in the model than at the bound-
ary fit, leads to an under-expanded wake. The numerical error coming from the explicit
triple Laguerre makes any claims regarding such flow phenomenon impossible.

The script as is, will not converge for Nr = 15 without fewer modes at the boundary
condition. Simulations for Nr ≤ 11 have converged without failure.



5.3. EDDY VISCOSITY EFFECTS 55

(a) The resulting wake with a similar amount
of modes at the inflow as the domain for 8 ra-
dial modes. The wake expands to 0.81D.

(b) The resulting wake with 16 radial modes in
the domain and 8 radial modes at the inflow.
The wake expands to 0.7D.

Figure 5.3: The resulting wakes both for a prescribed viscosity of 8e−3

5.3 Eddy Viscosity Effects

A critical aspect of the applied wake model is the prescribed viscosity equation and
its implementation. Computing the averaged vorticity for each step will affect wake
diffusion significantly. The empirically fitted viscosity equation is intended to provide
a wake more in line with real-world experiments. The result for a viscosity, based on
the viscosity equation as described in equation (2.14), is shown in figure 5.4a. The
viscosity accompanying the same domain is shown in figure 5.4b. Do note the domain
has been shortened to create a useful image, as the wake has mostly diffused beyond 2
diameters downstream.

The result cannot be directly compared to examples in literature with similar imple-
mentations unless the conditions are matched. However, a superficial comparison to
the implementation by Reinwardt et al. [2019], suggests that the model heavily over-
estimates diffusion of the wake.

Nevertheless, some things may still be discussed about the result. First of all, the
viscosity remains constant from x/D = 4. This makes sense when we take a look at
equation (2.14) since the term dependent on the relative wake velocity with respect
to the flow has decreased to zero. The viscosity term thereby solely depends on the
ambient viscosity. A potential root of the overestimate may be the scaling parameters
from the input flow fit, yet, that is unlikely to scale the viscosity by so much that it
completely dissipates within 2 diameters.

Moreover, there is barely any wake expansion visible. It should again be noted that
the simulation has been performed for an equal number of radial modes downstream
as for the inflow fit.
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(a) The resulting wake for with a similar num-
ber of inflow modes as modes in the domain,
for Nr = 7.

(b) Non-dimensionalized νT with respect to
non-dimensionalized axial positionx̃.

Figure 5.4: The results of the wake model with the eddy viscosity equation implemented
for each downstream step, for Iamb = 3e− 2

Compared to other parts of the script, the computation of the eddy viscosity for
each step is the most computationally expensive. This is an unavoidable aspect of the
method. To compute the lowest velocity and the wake radius, the velocity field must
be constructed from the superposition of the Laguerre functions with their respective
coefficients.

5.4 Conservation Error

To assess the model’s performance for actual modeling, the same errors are computed
as in section 4.2. The errors are described by equation (4.18) and equation (4.29).
The ideal outcome would have a result close to machine precision, however, as already
discussed in chapter 4, there is an extra error source. From figure 5.5 it is apparent the
error is larger than the machine precision error. The error plots are in accordance with
the highest inflow error plots in figure 4.3. This is consistent with the relative ratio of
domain modes and inflow modes. This suggests that the shape of the inflow does not
lead to a significant increase in conservation error, moreover, the cut-off error as seen
in figure 4.1b may be present from the very start of the domain. This may be the result
of the connectivity for the velocity coefficients in the system of equations.

Increasing the number of modes does yield a lower error, even though, the explicit
triple product integrals could form an additional significant error source for higher
modes. It would be interesting to check it for even higher terms, but that is limited by
higher orders not converging to a solution.

Noteworthily, the error in mass conservation is higher than the error in momentum
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(a) Error in mass conservation (b) Error in momentum conservation

Figure 5.5: Errors in the final results for the conservation of mass and momentum. The
domain

conservation. This happened again in accordance with figure 5.5, but should still be
noted. It may be argued that the difference originates from the high starting error for
the mass conservation as the trend is otherwise of the same order. This may be because
the mass error is most affected by the cut-off error.

Another potential source that affects the result is the error threshold for the Newton-
Rhapson iterations. The solution would not converge for error tolerances higher than
1e−12, indicating there is already an error source that would not allow the Newton-
Rhapson to be computed. A lower error tolerance in the solver leads to a higher even-
tual error for the system and should be considered as an additional root. Typically, one
could also consider numerical round-off errors, however, those are relatively small and
are not a practical addition to this discussion.

As discussed in section 2.3.5, the implementation of the explicit triple product in-
tegral comes with a high error. Additionally, the material to validate the outcome only
goes up to the 10th order with a precision of 8 digits. Validating higher modes by
hand was too time-consuming and error-prone, yet, quantifying the error could be ap-
proached by comparing the terms that should be symmetric. By taking the highest error,
described by equation (5.1), in the symmetric for each order the content of table 5.2
may be computed. The error equation essentially represents a normalized difference for
the terms. Do consider the explicit triple product integral is actually 6-way symmetric
and not all directions of symmetry are being tested.

εsymmetry =
|Ck,l,m − Cl,k,m|

1
2
(|Ck,l,m|+|Cl,k,m|)

(5.1)
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Nr Error Nr Error
3 1.43e-14 10 8.70e-06
4 2.30e-14 11 9.08e-04
5 1.76e-11 12 9.00e-03
6 1.12e-10 13 2.79e-01
7 7.68e-09 14 2.08e0
8 2.73e-08 15 2.74e0
9 9.96e-07

Table 5.2: Highest error in the symmetric relation for this implementation of the Laguerre
explicit triple product integral. The highest error is computing one fixed order and going
over the other modes up to 15. The first 4 orders are not included, because they are close
to machine precision

It is not immediately clear when looking at the errors how far off the results are, es-
pecially, if the precision of the literature is taken into account. The problem with this
error presentation is that the actual values may be small but result in a large normalized
error. What can be said about the error is that is not close to the machine error and that
there is a clear trend with respect to the order of the method.



Chapter 6

Conclusion and Recommendation

The objective of this research was to implement cutting-edge numerical methods to
model the effect on the wake of state-of-the-art control techniques with Ainslie’s wake
model. This chapter is divided into two sections. The first, section 6.1, is dedicated
to answering the research questions and providing a general conclusion. The second,
section 6.2, provides suggestions and considerations for future research work.

6.1 Conclusion

The research presented, was aimed at finding faster numerical methods for axisymmet-
ric wake modeling, hopefully, speeding up medium-fidelity flow calculations. Funda-
mental to the choices made in this research is the possible future extension to wake
control techniques. The chosen wake model was Ainslie’s wake model, from which
a slightly different set of governing equations has been derived to better fit the sim-
ulation. These governing equations have been solved with Laguerre functions in the
radial direction and piecewise linear basis functions in a marching scheme for the axial
direction.

Although the simulation converged with results, the accompanying conservation
error is unusually high and may stem from different origins. The first error confronted
came from the computing of the Laguerre explicit triple product integral. The limited
implementation of these explicit expressions hinders research into higher-order modes
in the simulation.

On a similar note, a strong correlation was found between the error and the relative
number of radial modes between the inflow and the domain. This was most apparent
for the full model since the error was immediately present behind the wind turbine with
a higher starting error similar to the highest error achieved with the diffusion equation.

The method explored shows promising performance, yet whether its application
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will be realized in future wake models, depends heavily on how well its drawbacks
can be mitigated. Some of these drawbacks can be alleviated with further research and
improved implementation. The current model facilitates an initial review of the method
for wake modeling, specifically, with respect to the velocity profile and computation
costs. These are the targets set in the chapter 1.

In the current phase, the model only supports wake modeling of standard wind
turbine operations. None of the wake control techniques have been implemented and
the model requires additional development to be able to do so. Depending on which
wake control technique is to be implemented, the model should include either time-
dependency for the modeling of DIC or time- and azimuthal-dependency for the mod-
eling of DIPC. Additionally, the implementation of a prescribed eddy-viscosity demands
revision too. The current eddy-viscosity is based on empirical fits to the outcomes of
standard wind turbine operations and leads to wake dissipation for this implementa-
tion. Turbulence properties for the wake control techniques will correspond to vastly
different eddy-viscosity models.

Laguerre functions come with some unique implementation problems, however,
whether these complications are critical depends on what is required. Arguably, for
the inflow velocity profile of this flow case, Laguerre functions form a poor fit. How-
ever, if the error at the start of the domain is considered satisfactory and the system
has access to higher modes than those used in this research, the results may be more
satisfactory. Linear cases where the truncation error is not reached so rapidly would
form better modeling cases for the Laguerre basis functions.

Optimizing the script has been left out of the scope of this research. For a system
with as highest order 15 and prescribed eddy viscosity, the computational time is ap-
proximately 0.2[s]. Computing the eddy viscosity for each step, on the other hand,
proves to be a costly effort, costing 519.47[s]. Calculating the velocity field from the
superposition of radial basis functions to find the minimum velocity and wake radius
for the viscosity equation, is what costs the most computational power in the current
implementation. The computational cost could be reduced by omitting the modeling
of the full domain at every step and reducing the number of grid points in the velocity
field for this calculation.

Comparing the results to those of other wake velocity deficit models or existing
wake velocity deficit data, would not be productive with the current results. The dis-
sipation of the velocity deficit is overestimated and makes serious comparison useless.
Consequently, any substantial claims regarding accuracy would be unfounded.



6.2. RECOMMENDATIONS 61

6.2 Recommendations

The research was directed most toward the numerical aspect of the modeling of the
equation behind the wind turbine. The implementation of the vorticity representation
done as a replacement of the Reynolds shear stresses leaves for much potential improve-
ment. Due to the distinctiveness of this particular numerical method, most empirically
fitted viscosity equations do not make sense for unbounded basis functions. No empir-
ically fitted viscosity expressions exist yet for the wakes of collective pitch control and
individual pitch control. This means that for future implementations concerning wake
control techniques, it will be beneficial to take up the shear stresses in the model.

Regarding the implementational issues of the Laguerre basis functions, it is recom-
mended to find alternative ways of expressing the explicit triple Laguerre integrals.
The work by Gillis and Shimshoni [1962] has a recurrence relationship (equation 33),
which potentially could be combined with another explicit formula (equation 17) into
a less error-prone method. Methods to compute the values of this equation with higher
precision could be a solution too. The latter option will be computationally more ex-
pensive than the former.

This research, although it has encompassed more than one unbounded kind of ba-
sis function, has not produced a function that is easily fitted to the inflow condition.
For these conditions, there could be better alternatives, which prove more straightfor-
ward to implement. If Laguerre functions are applied nonetheless, efforts to find more
applicable scaling parameters may improve the fit.

On a similar note, the application of Laguerre functions or Hermite functions shows
severe ill-conditioning for higher orders according to prof. Daniele Funaro3. Applica-
tion of these functions is easier motivated, when, the equations form the steady-state
solution to the problem, such as in the work of Funaro and Manzini [2021].

Provided this research had a limited time frame, there was no time budget left to
match inflow conditions and viscosity inputs to available implementations of a simi-
lar wake model. This could provide additional insights into the relative differences
between the different numerical implementations and could point out significant dif-
ferences. Specifically, when comparing wake velocity profiles.

3From a personal response by prof. Daniele Funaro to questions regarding his work on pseudospectral
Laguerre functions



[This page is intentionally left blank]



Appendix A

The One-Equation System

There is one key difference in the implementation of the substitution and that is the
V (x, r)∂U(x,r)

∂r
-term. Equation (3.7) can be worked-out to come to the matrix notation:

V (x, r) =
1

r


1− ψ0(r)
1− ψ1(r)

...

1− ψNr(r)



1 −2 2 −2 2

1 −2 2 −2
1 −2 2

0
. . . ...

1


︸ ︷︷ ︸

A


∂U0(x)

∂x
∂U1(x)

∂x

...
∂UN (x)

∂x

 (A.1)

Leading to the integral expression for V (x, r)∂U(x,r)
∂r

:

¨

Ω

V (x, r)
∂U(x, r)

∂r
dV =

∫ ∞

0

Nr∑
k,q=0

1

r
ψmψ

′
kuk(1− ψq)A


∂U0(x)

∂x
∂U1(x)

∂x
...

∂UNr (x)

∂x

 r dr dx (A.2)

Unlike for the method described in chapter 3, this expression is described in matrix
notation and solved in that manner too. The derivative described by equation (2.47)
can also be expressed in a matrix. The matrix expression and the resultant expression:
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N∑
k

ψ′
k(r)uk(x) =


ψ0(r)
ψ1(r)

...

ψNr(r)


T

1 2 2 2 2

1 2 2 2
1 2 2

0
. . . ...

1


︸ ︷︷ ︸

B


u0(x)
u1(x)

...

uNr(x)

 (A.3)

∫ xr

xl

∫ ∞

0

ψm


ψ0(r)
ψ1(r)

...

ψNr(r)


T

B


u0(x)
u1(x)

...

uNr(x)



1− ψ0

1− ψ1
...

1− ψNr


T

A


∂u0(x)
∂x

∂u1(x)
∂x

...
∂uNr (x)

∂x

 r dr dx (A.4)

Applying the transpose to the left three terms results in a isolated term dependent of r
that can be integrated and be treated as a single matrix:

∫ ∞

0

ψm



ψ0(r)
ψ1(r)

...

ψNr(r)


T

B


u0(x)
u1(x)

...

uNr(x)




T 
1− ψ0

1− ψ1
...

1− ψNr


T

A


∂u0(x)
∂x

∂u1(x)
∂x

...
∂uNr (x)

∂x

 r dr

u0(x)
u1(x)

...

uNr(x)


T

BT

∫ ∞

0


ψ0(r)
ψ1(r)

...

ψNr(r)

ψm


1− ψ0

1− ψ1
...

1− ψNr


T

r dr

︸ ︷︷ ︸
δk,m−Ck,q,m

A


∂u0(x)
∂x

∂u1(x)
∂x

...
∂uNr (x)

∂x

 (A.5)

The final result of the expression in vector notation:

uT BT (
[
δk,m

]
−
[
Ck,q,m

]
)A︸ ︷︷ ︸

E

∂u

∂x
(A.6)

The other terms in the momentum equation remain unaffected and this expression can
be directly substituted to half the rank of the system. This comes with a computational
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advantage, moreover, the mass equation will be satisfied pointwise. The pointwise sat-
isfied continuity will impose a higher stiffness on the system, meaning smaller stepsizes
are required. The disadvantage of the substution is that the radial velocity is fixed to a
piecewise constant discretization.
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Appendix B

Hermite Spline Implementation

An alternative to the finite element piecewise linear basis functions could be cubic Her-
mite splines. The cubic Hermite splines are visualised in figure B.1 and the equations
that form the basis are displayed in equation (B.1).

Implementing cubic Hermite splines would lead to a higher-order Hilbert space
(H3). This would yield a higher-order downstream discretization, which would not
just be a positive for the overall level of continuity for the problem, but would lead to a
higher-order substitution too.

h00(t) = 2t3 − 3t2 + 1

h10(t) = t3 − 2t2 + t

h01(t) = −2t3 + 3t2

h11(t) = t3 − t2 (B.1)

The domain t used in the cubic Hermite spline equation is defined piecewise(equation (B.2)).
Keeping a uniform grid size distribution, the distance between the grid points can be
simplified to ∆x = xk−xk−1. The governing equations are still defined for the x-domain,
thus requiring a transformation (equation (B.3)).

t =
x− xk−1

xk − xk−1

(B.2)

dx = ∆xdt (B.3)
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Figure B.1: Schematic of cubic Hermite spline finite element discretization.

B.1 Hermite Spline Marching

Considering only the marching scheme, an axial velocity element will be discretized as
such:

u(x) =


ukh01(t)− ukh00(t), if x ≥ xk−1 & x < xk

u′kh10(t)− u′kh11(t), if x ≥ xk & x ≤ xk+1

0, otherwise x < xk−1 or x ≥ xk+1

(B.4)

The integral of the terms can be computed straightforwardly and does not require ap-
proximation techniques. This can be done by hand, it may be helpful to know that
Matlab’s symbolic toolbox is also able to solve these integrals exactly. Outcomes of the
integrals can be tabulated and retrieved when required.

What will lead to the most noteworthy change is the change in the projection func-
tion, which now contains a vector of two functions in a vector:

b(t, r) = ψm(r)

(
h01(t)
h11(t)

)
(B.5)

With this vector projection the final matrix is of the shape 2× 2 for the axial discretiza-
tion, which matches the two unknowns ur and u′r.
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B.2 Hermite Spline Finite Elements

The velocity following the Ritz-Galerkin with a FE downstream direction. For now, the
velocity is taken to be independent of the radial direction, and the azimuthal direction:

U(r, x) = U∞ −
Nx∑
q=0


h00uq
h01u

′
1

h10uq
h11u

′
q

 (B.6)

V (r, x) =
Nx−1∑
q=0


h00vq
h01v

′
q

h10vq
h11v

′
q

 (B.7)

For implementing the Ritz-Galerkin method, the basis functions are not required to be
orthogonal only linear independent; thus, to achieve a squared matrix, the projection
vector only exists of two elements:

b(x) =
Nx∑
i=0

ψk(r)

(
h10
h11

)
i

(B.8)

There are only a few ways of arranging the functions for the governing equations.
To keep the notation as clean as possible, the possible different outcomes of the down-
stream discretization are worked out in this section. To get the general case we consider
the integral of b(x) and u(x). Substituting the expressions from :

∫ L

0

Nx∑
q,i

b(x)u(x) dx =

∫ L

0

Nx∑
q,i

(
h01(t)
h11(t)

)
h00(t)uq
h10(t)u

′
q

h01(t)uq
h11(t)u

′
q


T

dx (B.9)

From hereon (t) is implied for the cubic Hermite splines to keep the equations readable.
The outcome of this equation becomes:

∆x

∫ L

0

Nx∑
q,i

[
[h00]q[h00 + h01]i + [h01]q[h00 + h01]i [h10]q[h00 + h01]i + [h11]q[h00 + h01]i
[h00]q[h10 + h11]i + [h01]q[h10 + h11]i [h10]q[h10 + h11]i + [h11]q[h10 + h11]i

](
uq
u′q

)
dt
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This outcome does not yet take into account the piecewise-defined property of the
functions. There are three general cases where the result is not zero. Those are when
q = i, q = i − 1, and q = i + 1. Additionally, the elements at the start of the domain
x = 0 and at the end of the domain x = L will produce different matrices too.

The first case analyzed is when q = i. The resultant matrix becomes:

ζq,q = ∆x

∫ L

0

[
h00[h00 + h10] h10[h00 + h10]
h01[h10 + h11] h11[h10 + h11]

](
uq
u′q

)
dt

The case of q = i− 1 reads:

ζq,q+1 = ∆x

∫ L

0

[
0 0

h00[h01 + h11] h10[h01 + h11]

](
uq
u′q

)
dt

Finally, the last matrix for q = i+ 1

ζq,q−1 = ∆x

∫ L

0

[
[h01][h00 + h10] [h11][h00 + h10]

0 0

](
uq
u′q

)
dt

The final two cases to consider are the two boundaries of the x-domain. The boundary
conditions are Dirichlet boundary conditions at the start of the domain, fixing u0 and
v0. Similarly, at the end of the x-domain homogeneous Neumann boundary conditions
are imposed, with the discretization choices made, explicitly fixing u′Nx−1 and v′Nx−1.

The discretization at the boundary of the domain is schematically shown in sec-
tion 2.3.1. The first element ranges from a virtual x−1 to x1. In fact, only the functions
above x0 are considered. Meaning the projection vector is different for this element.
Similarly, the projection vector for the last element is different. The two vectors b0 and
bNx−1 are:

b0 =

(
0

h01 + h11

)
bNx =

(
h00 + h10

0

)
(B.10)

Applying this projection at the start of the domain leads to two unusual expressions:

ζ0,0 = ∆x

∫ 1

0

[
0 0

h01[h10 + h11] h11[h10 + h11]

](
uq
u′q

)
dt

ζ0,1 = ∆x

∫ 1

0

[
0 0

h00[h01 + h11] h10[h01 + h11]

](
uq
u′q

)
dt (B.11)
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(a) Boundary at x = 0 (b) Boundary at x = L

Figure B.2: The schematics of the boundaries for the FE discretization. The basis func-
tions used for the FE approach are the cubic Hermite splines.

Similarly, at the end of the domain with its own different projection vector. The
matrices become:

ζNx−1,Nx−1 = ∆x

∫ 1

0

[
h00[h00 + h10] h10[h00 + h10]

0 0

](
uq
u′q

)
dt

ζNx−1,Nx−2 = ∆x

∫ 1

0

[
[h01][h00 + h10] [h11][h00 + h10]

0 0

](
uq
u′q

)
dt (B.12)

Consequently, the top row exists exclusively of zeros and the bottom row too. Meaning
the top and bottom rows can be excluded from the system altogether. The combined
system matrix (equation (B.13)) is of the size 2Nx − 2× 2Nx − 2.

H =



ζ0,0 ζ0,1 0 . . . 0
ζ1,0 ζ1,1 ζ1,2
0 ζ1,0 ζ1,1 ζ1,2
... . . . ...

ζNx−2,Nx−3 ζNx−2,Nx−2 ζNx−2,Nx−1

0 . . . 0 ζNx−1,Nx−2 ζNx−1,Nx−1


(B.13)

Including the boundary conditions will allow for the separation of the first and last
columns of the matrix. Leading to the final expression for the downstream discretiza-
tion:

HU = HintUint +HBCUBC (B.14)
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With the velocity vector and the boundary condition vector (UBC):

Uint = −



u′0
u1
u′1
...

u′Nx−1

uNx


, UBC = −

(
u0,0
u′Nx

)
(B.15)

There will be cases for which the cubic Hermite splines are subjected to a differentiation
with respect to x. Following the transformation of the t-domain to the x-domain by
equation(B.3), the following is true:

dt

dx
=

1

∆x
dh(t)

dx

dt

dt
=
dh(t)

dt

dt

dx
dh(t)

dx
=
dh(t)

dt

1

∆x
(B.16)

Cancelling out the ∆x in the previous expression.
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O. Gözcü and D. R. Verelst. The effects of blade structural model fidelity on wind turbine
load analysis and computation time. Wind Energy Science, 5:503–517, 4 2020. ISSN
23667451. doi: 10.5194/WES-5-503-2020.
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