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Abstract
Myocardial ischaemia induced by cardioplegia is the most prominent risk during openheart surgery. To
achieve adequate protection of the cardiomyocytes during surgery, the cardioplegia must arrive at all
cardiomyocytes. Local obstruction can lead to regional ischaemia. For surgeons and perfusionist, the
arrested heart is a black box. They know how much cardioplegia they are administering to the heart.
However, they do not know if cardioplegia is reaching all cells. This work describes which parameters
can be measured during cardioplegia induced cardiac arrest and compares the methods used in the
literature to detect these parameters. Following this, it is the goal to create a proofofconcept sensor
for the detection of myocardial ischaemia. A literature review indicated that a fluorescent optochemical
pH sensor has the most potential.

To be able to develop a proofofconcept, optical, chemical, and medical knowledge needs to be com
bined. This is necessary to map what is required and what is possible for optochemical in vivo sensing.
First, a framework is designed and used to select the best technique and material suited for this project.
In this framework, the medical requirements and the resources available are combined. As a result,
this thesis work will use a dualwavelength pHsensitive fluorescent dye encapsulated in a biocom
patible hydrogel. In preparation for the proofofconcept sensor, multiple samples are fabricated and
extensively tested to achieve the optimal sensing layer. Using the optimised concentrations, a proof
ofconcept sensor is created using a miniature reflection probe and an USB spectrometer.

This proofofconcept sensor shows that it can measure the changes in pH and can be corrected for
multiple interferences. It also shows the potential to be further miniaturised and to be used during car
diac surgery. Before this can happen, chemical optimisation of the sensing layer is needed and the
consistency of the sensing layer needs to be improved. However, besides this, the work succeeded
in selecting an optochemical sensing technique and material which shows the potential to be used in
cardiac surgery.
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1
Introduction

Cardiovascular diseases are increasing all around the world. Due to the advancement in technology
and understanding of the heart, it is possible to save many lives. Cardiac surgery is a growing field and
more complex surgeries are being done. To facilitate the surgeon during an open heart surgery, the
heart is temporarily arrested by administering cardioplegia. Cardioplegia is a pharmacological solution
which ”pauses” the heart muscle cells. Although cardioplegia exists since the 1960’s, it is still causing
postoperative mortality.This is because the condition of the heart is for the surgical team as a black
box. They know the condition of the heart beforehand, they know how much cardioplegia they are
administering, but they do not know if the cardioplegia reaches all cells. When heart muscle cell receives
not any cardioplegia, this causes ischaemia, damage and eventually death of the cells. The goal of this
thesis is to investigate the possibility to measure myocardial ischaemia and to design and produce a
proofofconcept sensor which can detect myocardial ischaemia during cardioplegia induced cardiac
arrest.

1.1. Background and Motivation
1.1.1. Cardiac Surgery
Cardiac surgery is the field of medicine involved in the surgical treatment of the heart. With a variety
of procedures, surgeons can treat acquired cardiovascular diseases and congenital malformations of
the coronary arteries and/or heart valves. Although there are some exceptions (e.g.. offpump bypass
surgery), the heart is usually arrested (stopped) to enable surgeons to operate [128]. Before the heart
can be arrested during such an operation, a heartlung machine or Cardiopulmonary bypass (CPB) is
first connected to the major blood vessels of the patient. This machine is design to replace the func
tion of the heart and lungs during cardiac arrestKoning [78]; blood is drained from the vena cava/right
atrium, oxygenated and then returned to the aorta. After connecting the heartlung machine, the aorta
is clamped, and cardioplegia is injected into the coronary artery to induce cardiac arrest [91].

Cardioplegia is the universal term used for pharmacological solutions that are administered during car
diac surgery to arrest the heart temporarily [23]. While there are many types of cardioplegia solutions,
they are all primarily based on Potassium Chloride (KCl). KCl prevents repolarisation in the cardiomy
ocyte. The resulting diastolic cardiac arrest reduces the metabolism of the cardiomyocyte, preserving
it without blood supply. Cardioplegia can reduce the oxygen demand by tenfold; in combination with
lowering the temperature, this can be even twentyfold [2].

The standard method to administer cardioplegia is through antegrade perfusion in the aortic root or
the ostia of the coronary arteries for around two minutes. Although the amount of administered car
dioplegia solution can be measured at its entry point, the exact distribution of cardioplegia through the
coronary system is unknown. To achieve adequate protection of cardiomyocytes during the procedure,
cardioplegia must arrive at all cardiomyocytes. However, occlusion or stenosis of a distal coronary
artery may obstruct the distribution of cardioplegia, resulting in regional ischaemia.
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Ischaemia occurs as a consequence of an imbalance between oxygen supply and oxygen demand
[138]. Local ischaemia will lead to myocardial damage. Drescher et al. [38] describe that myocardial
damage is one of the most common causes of morbidity and mortality after heart surgery . These rea
sons are why the field of cardiac surgery is continuously looking for improvements of techniques to
better preserve the cardiomyocytes during openheart surgery . There is no blood flow during cardio
plegiainduced cardiac arrest and therefore, normal parameters that are used to detect ischaemia are
not applicable. These parameters include proteins like Troponin and Creatine Kinase MB (CKMB), or
mechanical parameters such as cardiac output [37]. The absence of tools or parameters to monitor
the myocard during cardiac arrest makes the administration of cardioplegia a black box. Only when the
heart starts beating again, clinicians become aware whether cardioplegia was distributed well enough
to preserve the myocard. By then, the process of ischaemia is irreversible and myocardial function is
lost.

Perioperative Myocardial Infarction (MI) is one of the most severe complications following cardiac
surgery, especially Coronay artery bypass graft (CABG) surgery with a reported incidence of around
5% [34, 59]. Inhospital mortality rates are around 12%40% after perioperative myocardial ischaemia
[141]. After a CABG, the 30day mortality is five times higher for patients with myocardial infarction than
without [126]. In the Netherlands, around 13.000 patients received openheart surgery in 2018 of which
6835 CABGs. Around 340 CABG patients are experiencing adverse effects from their heart surgery in
the form of myocardial ischaemia. This number does not include patients who have aortic valve re
placements, which are related to an even higher incidence of myocardial ischaemia after surgery. In
some cases, this can be around 29% of patients [84]. In the USA, around 224,000 openheart surgeries
were performed in 2016 [32]. This shows the scale of patients who are at risk. Next to the shortterm
effects, myocardial ischaemia is associated with an increased risk of progressive heart failure in the
years following the operation [104]. An additional downside of myocardial ischaemia is that it uses valu
able healthcare resources and has a high economic impact [81]. The cost of a CABG in the USA can
go up to $ 151,886 (average $75,345), while in the Netherlands this is around $ 15,742 [159]. These
numbers show the relevance of ischaemia monitoring during cardiac surgery. When clinicians would be
able to detect the ischaemic response of the cardiomyocyte during cardiac arrest, this would improve
outcomes, bypass time and costs through detection of (regional) ischaemia at a reversible stage and
through tailormade administration of cardioplegia.

1.1.2. Motivation
While healthcare is innovating very fast and many innovations that seem impossible have succeeded,
still patients die from the problem of missing information. Both engineers and physicians learn as the
basis of their education that to measure is to know. It was a shock to see how many processes in the
hospital happen with educated guesses instead of obtained information. Cardiac surgery is one of the
most demanding surgeries for the human body, and that crucial decisions are made on a black box
model is a shock.

The black model box is as described above that the thoracic surgeons and perfusionist know how
much cardioplegia they are giving to the patients. The dose and administrating techniques are based
on experience and animal models, but they do not get direct feedback if the cardioplegia is reaching
the cardiomyocytes. Only when the heart is pumping again, the damage is visible. Therefore, instead
of receiving direct feedback on the action, this can have a delay of more than 15 minutes. This delay
can be deadly.

For many thoracic surgeons, the need for a system that can detect ischaemia is clear. In 1985 Khuri
and Marston [73] showed the potential of measuring pH during cardiac surgery and Khabbaz et al. [72]
developed a glass pH electrode for measuring the pH during surgery. In 1997 Tønnessen [144] started
investigating the possibility to measure PCO2 to detect myocardial ischaemia, and this invention is still
not finished [113]. It is incredible that will all knowledge available, no solution has reached the patient
as the problem is so clear.

Most sensors which have been developed in the past are based on electrochemical sensing. Optical
(chemical) sensing has many advantages over electrochemical sensing and has not yet been tested
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to measure physical parameters. The motivation for this project is to fill the knowledge gaps needed
to create an optical sensor which can detect myocardial ischaemia and with that solve the ”black box
problem” for surgeons and save patients lives.

1.2. Problem
1.2.1. Problem statement
This thesis aims to give an overview on the techniques which can be used to measure myocardial
ischaemia to help thoracic surgeons during open heart surgery and to save patients lives. Following
this, the thesis will implement the technique and investigate its characteristics and properties of the
developed prototype sensor. The world of optical chemical sensing is not new, however, this work offers
one of the first investigations into detecting myocardial ischaemia with an optochemical technique.
This present work is expected to contribute to our understanding of the possibilities and pros/cons of
using optical chemical sensing as a sensor during cardiac surgery. A number of knowledge gaps were
identified. This thesis aims to fulfil the following knowledge gaps:

1. Parameters that can bemeasured during cardioplegia induced cardiac arrest to detect myocardial
ischaemia

2. Combining optical, chemical and medical literature to investigate the possibility for a optical is
chaemia sensor

3. An overview of what is needed and what is possible for invivo optical sensing

1.2.2. Goal of thesis
The aim of my thesis is to investigate the possibility to measure myocardial ischaemia with an optical
based sensor and create a proof of concept of this sensor. The goal is to investigate this while consid
ering all different options by doing a narrowingdown approach. This approach allows for developing a
sensor which satisfies the needs of the surgeon while keeping in mind the limited resources available.
This approach works by investigating all different options and selecting the best option based on the
information available. After this decision, all different options for the next step are investigated, after
which the best option is chosen.

1.3. Research Questions
1.3.1. Main Questions
The scientific value of this work lies in the fulfilment of the knowledge gaps defined above and to reach
the goal of the thesis by designing a proof of concept. While this thesis consists of a literature study
and a design of a sensor, the process was driven by the need to answer a set of welldefined research
questions. The main research question is defined as follows:

Is it possible to measure myocardial ischaemia with an opticalbased sensor?

1.3.2. Sub Questions
To answer this research question, the question is split up in multiple subquestions:

1. Literature: What are feasible methods to detect myocardial ischaemia during cardioplegia
induced arrest?

• Which physical parameters are related tomyocardial ischaemia during a cardioplegiainduced
arrest?

• Which types of technologies are capable of measuring pH and Lactate during a cardioplegia
induced arrest?

• What is the most feasible optical sensing technique for measuring pH or lactate during a
cardioplegiainduced arrest?

2. What are the conditions that the sensor must meet to be used in practice?
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• What are the medical requirements for the sensor?
• What are the resources available for designing a prototype?

3. What optochemical sensing technique can be used to measure pH difference induced by
myocardial ischaemia?

• Which optochemical sensing techniques are capable of measuring the pH difference induced
by the myocardial ischaemia?

• Which techniques and materials meet the conditions of question 2 and can be developed
into a proofofconcept?

4. What are the characteristics and properties of the proof of concept developed?

• What are the optimal concentrations and properties for the samples?
• What is the influence of temperature, light intensity, concentrations and ionic strength on the
sensor

• What type of optical detectors can be used for this sensor?

1.4. Organisation of thesis
1.4.1. Scope of thesis
The aim of the thesis is to develop and test an optical sensor. Therefore, decisions will be made to
ensure a prototype can be built. As a result, not the most advanced technologies can be used and can
be delimited by the knowledge and resources available. The research is conducted at the section of Bio
electronics of the Department of Microelectronics at the faculty of Electrical Engineering, Mathematics
and Computer Science at the TU Delft. Time frame of the thesis is an academic year and no test
subjects will be used. The research will be conducted by a literature review and experimental design
with testing.

1.4.2. Outline of thesis
This thesis is structured as follows; the theoretical background necessary to this thesis is presented.
This is followed by the outcome of the literature study and the selection of materials in Chapter 3.
Chapter 4 will describe the materials and methods of fabricating the sensor and testing the sensors.
In chapter 5, the results of the experiments are stated. These results are discussed in chapter 6 in
combination with the interpretations and limitations. Finally, chapter 7 will state the concluding remarks
and take a look back at the research questions and aim of the thesis.



2
Theoretical Background

This chapter describes the background information which to understand the goal of the thesis and the
working mechanisms of the different aspects of the prototype sensor and the challenges discovered
surrounding myocardial ischaemia sensing. This chapter starts by describing the medical background,
followed by describing the concepts related to pH. After these elaborations, biomedical sensing and
different types of sensors are explained. To fully understand themechanism behind fluorescent sensing,
the (photo)luminescence principles are explained followed by different measurement techniques. As
hydrogels will be used in the prototype sensor, the different types of hydrogels are explained. This
chapter will finish by stating the challenges in using optochemical pH sensing.

2.1. Medical Background
In this section, the knowledge needed to understand the goal of this thesis is elaborated. With this
background, the medical issue of myocardial ischaemia during cardioplegia induced cardiac arrest
can be understood. First, the essential concepts to understand the need for the ischaemia sensor are
introduced. This is followed by a comparison of the metabolism of thecardiomyocyteduring normal and
ischaemic conditions. This difference is the foundation which this research is built on.

2.1.1. Open heart surgery
The golden standard for operating on a patient’s heart is open heart surgery. This procedure is consid
ered a high risk surgery with estimated postoperative inhospital mortality rates of 12% for coronary
artery bypass graft procedures, to 36% for all combined cardiac surgical procedures [59]. The risk
for complications increases when patients are classified as high risk. Cardiac surgery is an extremely
invasive surgery often done on deteriorated patients. During open heart surgery, the function of the
heart and lungs is taken over by a heartlung machine, called CPB. Standing outside of the patient’s
body, this machine oxygenates and pumps the blood (around in the body). To get access to the heart
at the start of the operation, the sternum is split in two and an incision is made into the chest cavity,
after which the cardiopulmonary bypass is connected. Following this, the heart is arrested with cardio
plegia and the surgery is executed. At the end of the surgery, the CPB is disconnected and the heart is
repolarised again. This is the moment when surgeons can look if there are any problems. When there
are no visible complications, the sternum is closed. The steps taken are all highly dangerous and can
lead to postoperative complications.

As Koning [78] describes in his dissertation: ”Mortality after cardiac surgery can be predicted by patient
characteristics and intraoperative factors . These characteristics include age, gender, cardiac function,
preoperative comorbidities, and type of surgical procedure. The intraoperative factors are duration of
bypass, hemodilution, blood transfusion, and postoperative renal failure.” The most common reason for
mortality is myocardial ischaemia caused by arresting the heart. Improving myocardial protection is a
method to decrease mortality. Nowadays, myocardial protection is done by arresting the heart with car
dioplegia, while in the early days of open cardiac procedures they were limited to 2 minutes of stopped
blood flow.

5
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In 1955 LAM et al. [83] reported that KCl injections induced a cardiac arrest which prolonged the inter
vention time. In the same year, Melrose et al. [96] described a method for chemical cardiac arrest using
potassium citrate. However, due to inadequate testing, the results were disappointing and the use of
chemical myocardial protection was delayed [46]. Some years earlier in 1950, Dr. Bigelow developed
the idea that for cardiac surgery a motion and bloodless environment was needed and started using
hypothermia to achieve this [91]. Between 19701975 new collaborations in Germany led to an increase
of results with cardioplegia [36]. After the introduction of the CPB, cardiac surgeries surged and with
that the development of new techniques. In 1990 there were cardiac surgeries performed which do
not need a CPB. Since 2000 more operations are done minimally invasive, but it is not possible for
all surgeries. The number of cardiac surgeries is growing due to ageing populations and the increase
of cardiovascular diseases. This means many patients undergo a open heart surgery with cardiopul
monary bypass and cardioplegia. Full history of cardioplegia can be found in the article of Dobson et al.
[36]

Cardiopulmonary bypass
The cardiopulmonary bypass ensures that the body is perfused with oxygenated blood during the
surgery. Figure 2.1 depicts the multiple parts of the CPB. The reservoir in the CPB uses gravity to
collect deoxygenated blood. A roller pump is used to pump blood to the oxygenator, heat exchanger,
and an arterial filter. Blood introduces an inflammatory response when it is in contact with foreign bod
ies. This is a large risk for patients and therefore blood thinners and heparin are used. Koning [78]
states that: ”The inflammatory response can lead to the development of postoperative organ dysfunc
tion, including acute kidney injury, acute respiratory distress syndrome, neurological dysfunction, and
bleeding disorders.”

Figure 2.1: A cardiopulmonary bypass, the blood is extracted from the body at the veins and collected in a blood resevoir, from
here roller pumps are used to pump the deoxygenated blood to the oxygenator after which the blood is pumped back into the
body at the aorta. Reprinted from [40]

During a cardiopulmonary bypass, no oxygenated blood is going to the heart and this causes a change
in the metabolism of the cardiomyocyte. The effects of the metabolism changes will be described in
section 2.1.3. To save cardiomyocytes from ischaemia, cardioplegia has an essential role.

Anatomy of the heart
Figure 2.2 shows the different parts of the heart on the inside. The red labels are the most important
parts of the heart for this thesis work. These three layers form the heart muscle, which enables the
heart to contract and pump the blood around the body. The endocardium is a thin layer at the inside of
the heart wall. It lines the inner heart chambers and is also the inside of the large blood vessels. The
myocardium is the middle layer of the heart wall and is composed of cardiomyocytes, heart muscle
cells. This layer is thicker than the other layers and varies in different parts of the heart. The cardiac
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Figure 2.2: Anatomy of the heart. In red the layers of the heart which are of interest in this work. Reprinted from Bailey [14]

conduction electrical impulses which contract the heart, occurs in this layer. On the outside of the heart
lays the epicardium, which in turn is the inside of the pericardium, the protective sack around the heart.
In the epicardium, coronary vessels are found and this layer is also responsible for the production of
pericardial fluid [14].

2.1.2. Action Potential and Cardioplegia

Figure 2.3: Normal action potential of cardiac muscle cell with different phases and ion gates flow illustrated. The membrane
potential is 90mV and sodium influx causes a depolarisation which cause a contraction of the cardiomyocyte. Reprinted from
[165]

Cardioplegia is a common term used for pharmacological solutions. With cardioplegia, the heart
can be arrested temporally. Dr Melrose and dr. Lam discovered that a high level of potassium rich solu
tion causes a temporal cardiac arrest [96]. A normal cardiomyocyte has a resting membrane potential
of 90mV. The influx of sodium (Na+) leads to depolarisation of the membrane potential, causing the
cardiomyocyte to contract. This process is illustrated in figure 2.3. The goal of cardioplegia is to target
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voltagegated channels. The presence of potassium reduces the membrane potential, making sure that
the cardiomyocyte will not repolarise again. Resting potential is around 50mV when the voltagegated
channel will close, and the heart will go into a diastolic cardiac arrest [7].

Figure 2.4 gives an overview of the influence of potassium on the membrane potential and various
channels. There are many types of cardioplegia; there is no clear consensus on what is the best prac
tice. Many similarities are found between different solutions [7]. All solutions have high levels of KCl
(1535mEq/L) and other electrolytes such as Mg2+, Ca2+, Cl−, Na+ and Bicarbonates are added just
before administration [23]. Cardioplegia can be administrated in a single dose or with multiple doses.
Single is more used in minimally invasive cardiac surgery and basic CABG, because it reduces time
and interruptions during the procedure. However, in more complex surgery, the multipledose cardio
plegia achieves better myocardial protection [23].

Figure 2.4: A schematic of the effect of hyperkalemia and prolonged myocardial membrane depolarisation on Na+ entry through
the ”window current” and the net influx of Ca2+ into the cardiomyocyte via the reversal of the Na+/Ca2+ exchanger. Reprinted
from Dobson et al. [36]

The use of electrolytes in cardioplegia can interfere with measurements if the sensor would be based
on measuring the electrolyte concentration in and around a cell. That is why the focus of this research
will be on the physical parameters and not on electrolyte concentrations. However, it is not clear how
the electrolyte concentration will influence the sensitivity of the sensor because of the Ionic Strength
(IS), section 2.1.4 describes this in more detail.

Administrating Cardioplegia
The standard method to administer cardioplegia is through antegrade perfusion in the aortic root or the
ostia of the coronary arteries for around two minutes. This process must be repeated multiple times
throughout the procedure. This is when electrical activity begins to appear again due to diffusion of
the cardioplegia and washout of its components along with products of anaerobic cellular metabolism.
Although the amount of administered cardioplegia solution can be measured at its entry point, the exact
distribution of cardioplegia through the coronary system is unknown. To achieve adequate protection
of cardiomyocytes during the procedure, cardioplegia must arrive at all cardiomyocytes. However, oc
clusion or stenosis of a distal coronary artery may obstruct the distribution of cardioplegia, resulting in
regional ischaemia. This narrowing can be the result of preexisting conditions such as coronary artery
disease or left ventricular hypertrophy , but also iatrogenic complications (e.g., misplaced sutures, loose
calcification’s).

2.1.3. Metabolism of the Cardiomyocyte
Acardiomyocyteis a heart muscle cell. It is different from a normal cell because it has multiple mito
chondria. These mitochondria are important for the production of ATP. ATP is the organic compound
that is used for intracellular energy transfer. ATP provides energy and is used in almost all forms of
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life [76, 137]. The energy (ATP) demand of thecardiomyocyteis determined by the contractile state,
the heart rate, the cardiac output, the sympathetic/parasympathetic balance, and the temperature. In
normal conditions, 95% of all the ATP is produced by oxidative phosphorylation in the mitochondria
[166, 138]. As illustrated in Figure 2.5 ATP is formed from ADP+P𝑖 by using oxygen to transfer an
electron from NADH. This transfer produces water (H2O) as a byproduct. The hydrogen is added to
NAD+ by the dehydrogenation of carbon fuels in the mitochondria. These carbon fuels are fatty acids,
glucose and lactate. In Figure 2.6, the pathways of cardiomyocyte metabolism are illustrated.

Figure 2.5: Linkages between cardiac power, ATP hydrolysis, oxidative phosphorylation, and NADH generation by dehydroge
nase in metabolism. Reprinted from Stanley et al. [137]

This figure shows that acetylCoA is needed to produce NADH in the mitochondria. The distribution be
tween acetylCoA formed by fatty acids and pyruvate is between 90:10% and 60:40%. The distribution
of glucose and lactate contributing to pyruvate is approximately equal [137]. When the heart is func
tioning normally, it uses more lactate than it produces. So thecardiomyocyteabsorbs lactate from the
blood. The concentration of lactate in thecardiomyocytewill increase when the (anaerobic) glycolysis is
producing more pyruvate than is being oxidated by the Pyruvate Dehydrogenase (PDH).

Figure 2.6: The pathways and regulatory points of myocardial substrate metabolism. Reprinted from Stanley et al. [137]

Metabolism during ischaemia
Ischaemia occurs as a consequence of an imbalance between oxygen supply and oxygen demand
[138]. Ischaemia is besides an insufficient oxygen supply also associated with reduced availability of
nutrients and the inadequate removal of metabolic waste products [138]. During ischaemia, the effects
of oxygen deprivation cannot be separated from the effects of accumulating waste products. When
the mitochondria of the cardiomyocyte cannot produce enough energy, because of a lack of oxygen, it
switches to anaerobic glycolysis to produce energy. However, anaerobic glycolysis is less efficient than
the aerobic process. The anaerobic produces only two ATP per glucose, while the optimised aerobic
respiration produces thirtytwo ATP per glucose.



10 2. Theoretical Background

The anaerobic glycolysis only produces 6% of what the aerobic process can produce [95]. This change
of metabolism causes a negative energy balance in the cardiomyocyte, and thus anaerobic glycolysis
uses high energy reserves. Besides the use of these reserves, it also causes an increase in lactic acid,
which will immediately break down into lactate and hydrogen atoms because of the pH level in the
cardiomyocyte [124]. The increase of the acid in the cardiomyocyte causes the pH to drop. Figure 2.7
illustrates how the cardiomyocyte tries to compensate for this drop of pH by exchanging H+ for Na+.
This increase of Na+ in the cardiomyocyte is compensated by the exchanging it for Ca2+. This increase
of Ca2+ damages the membrane of the mitochondrion and reduces the contractility of the cardiomy
ocyte [166]. After 1 minute of full ischaemia, there is almost no contractility of the cardiomyocyte left
[138].

After reperfusion of the heart, this damage can be further worsened [138]. This is because when

Figure 2.7: Changes in thecardiomyocyteduring ischaemia and reperfusion. Reprinted from Xia et al. [166]

the heart is suddenly reperfused with oxygenated blood, the cardiomyocytes are exposed to extremes.
This sudden change has a significant effect on the processes in the cell. Figure 2.7 shows that the
Na+/H+ pumps are inhibited, and the pH in the cardiomyocyte increases. Around 25%45% of patients
who die after CABG have histological evidence of the ischaemia/reperfusion injury [148]. When the
condition of the heart is better monitored on ischaemia symptoms, the degree of the injury caused by
the reperfusion can be decreased. Myocardial damage is one of the most common causes of morbidity
and mortality after heart surgery as Drescher et al. [38] described in their work. The numbers of patients
with myocardial damage after cardiac surgery can vary between 210% after CABG [148] and 29 % of
Aortic Valve Replacement (AVR) [84].

2.1.4. Parameters of ischaemia during Cardioplegia induced Cardiac Arrest
The simplified metabolism overview of figure 2.5 & 2.6 and the ischaemic processes illustrated in figure
2.7 give a few interesting parameters to look into.

Lactate
Starting with lactate, when the cardiomyocyte changes from an aerobic process to an anaerobic pro
cess, the metabolism of lactate changes. Lactate originates from the breakdown of lactic acid to lactate
and hydrogen ions, see equation 2.1

CH3CH(OH)COOH (𝑎𝑞) ⇌ CH3CH(OH)CO
−
2 (𝑎𝑞) + H+ (𝑎𝑞) (2.1)

Lactic acid Lactate Hydrogen Ion

As described in section 2.1.3, the cardiomyocyte uses lactate from outside of the cell to produce ATP
during normal conditions. However, during the anaerobic process more lactate is being produced than
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used [136]. This is called hyperlactatemia [79], and it causes an increase of lactate in the cell. This
increase of lactate causes a drop of pH in the cell because of the acidity of lactate [79]. When the cell
pH drops below 7.35, and the lactate levels are higher than 5mmol/L, it is called lactic acidosis [142].
Another marker of lactic acidosis is a bicarbonate level of lower than 20 mmol/L in blood. Bicarbonate
(HCO−3 ) levels can be measured in the blood because it is a buffer of CO2 and pH [153]. There are two
different types of lactic acidosis. Type A is caused by impairment of tissue oxygenation, hypoperfusion,
hypoxia, while type B is caused by toxininduced impairment of cellular metabolism [99]. In this thesis,
the focus will be on type A lactic acidosis. The disadvantage of the acidosis is that it stimulates cell
apoptosis (cell death) when a cell is hypoxic. Lactate is not a physical parameter which is easy to
measure [120]. Most lactate sensors that are being developed to measure lactate, measure lactate in
sweat and tear fluid [50].

Figure 2.8: Pearson correlation revealed a significant correlation between myocardial PtCO2 and tissue lactate (B) and tissue pH
(C). Single values displayed as baseline (squares), blood flow 75% (open triangles), 50% (filled triangles), and 25% (diamonds).
Reprinted from Pischke et al. [112]

PCO2
PCO2 stands for the partial pressure of carbon dioxide (CO2). Protons formed by the increase of lactate
during anaerobic metabolism will react with HCO−3 to form water and CO2:

HCO−3 (𝑎𝑞) + H+ (𝑎𝑞) ⇌ H2CO3 (𝑎𝑞) ⇌ CO2 (𝑎𝑞) + H2O (𝑙) (2.2)

Because there is no blood flow, CO2 will not be transported away and will accumulate in the cell. Pischke
et al. [112] showed in their research that there is a correlation between the tissue CO2 (P𝑡CO2) and
the tissue lactate and tissue pH. This can be seen in Figure 2.8. Walters et al. [152] showed that it is
possible to calculate PCO2 from measured pH in a cardiomyocyte and vice versa. Tønnessen [144]
started investigating in 1997 the possibilities of detecting PCO2 as ischaemia detection, which led to
the creation of the sensor tested by Pischke et al. [112]. This creation shows the potential of using CO2
to measure myocardial ischaemia.

O2
Oxygen is needed for the metabolism of the cardiomyocyte. StO2 stands for the oxygen saturation
of muscle tissue. During cardioplegia, the oxygen consumption of the cardiac cells can reduce up to
97% [52]. This means there is still a residual uptake of oxygen in the cell. This is slowly decreasing the
oxygen level around the cardiomyocyte. Putnam et al. [116] showed that the StO2 could detect regional
changes before the change in lactate levels during CPB. On average, the lowest StO2 was recorded
90 minutes before the highest lactate peak. Tissue oxygen saturation has the potential to be measured
realtime, which makes it an interesting parameter. Most of the development of oxygen sensors are skin
sensors. These type of sensors measure the oxygenation of a muscle or tissue by using Near Infra
Red and the absorption difference between oxygenated and deoxygenated blood cell. These type of
sensors are getting more advanced such as the Humon Hex [63] or Moxy Monitor [102].
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pH
The acidity of a cell is described by the measured pH. pH is the concentration of hydrogen ions in
a solution inversely. It is the negative base 10 logarithm of the molar concentration of hydrogen ions
[139]. pH is the parameter on which this thesis is focused and is further elaborated in section 2.2

2.2. pH
The background described in this section is based on Chapter 2 of the dissertation of Weidgans [154],
if other literature is used, it is referenced. pH is a parameter used in chemistry and bioscience to specify
the acidity or basicity of an aqueous solution. The definition of pH value was given by Sorensen in 1909,
while the terms acidic and basic were described much earlier [139]. pH consists of two parts, p stands
for the ’decimal cologarithm of a and not for power or potential [46]. The H stands for the hydrogen
atom which determines the acidity.

A pH of 7 is neutral at 25 °C. Below 7 is acidic and a pH above 7 is considered as basic. The pH
scale can have values outside of the range from 014, but this range is the most common in sciences.
pH is important in life sciences, food and beverage processing, soil examination, and marine and phar
maceutical research and more, as it describes the local environment of the substance [139].

As the sensor described in this work is developed to measure pH it is important to understand what pH
is and what factors influence pH. pH is not a constant value, it describes the activity of the hydrogen
ion in a solution. The solution in which the hydrogen ion is located determines the activity of the ion
and thus determines the pH. The following section will introduce pH and the factors related to pH and
how these are of importance for this work.

2.2.1. Introduction pH
pH is defined as the decimal logarithm of the inverse of the hydrogen ion activity, 𝑎𝐻+ , in a solution [29]

pH = − log10 (𝑎𝐻+) = log10 (
1
𝑎𝐻+

) (2.3)

While usually the formula is simplified to:

pH = − log [H+] = − log [H3O+] (2.4)

In water with a pH of 7 at 25 °C the formula states a hydrogen ion concentration (H+) of 0.1𝜇M. pH
actually measures the activity of the hydronium ion H3O+, as hydrogen atoms are extremely reactive
and are solvated by water. pH is a logarithmic scale which means that a change of 1 pH is a ten times
increase/decrease of the number of hydronium ions. As the molar mass of the hydronium atom is 19.02
g/mol and in plain water the hydrogen concentration is 0.1𝜇M this results in only 1.9 𝜇g of hydronium
in a litre of water.

2H2O ⇌ H3O+(aq) +OH−(aq) (2.5)

Equation 2.5 shows the dissociation of water molecules in neutral water. Only 2 out of the billion water
molecules dissociate into a hydronium ion H3O+ and a hydroxide ion OH−:

Equilibrium constant
As chemical reactions in solutions are active processes, they reach an equilibrium state. The equilibrium
state of a dynamical chemical system can be described by an equilibrium constant 𝐾𝑒𝑞. This is the value
for which two sides of the reaction are in equilibrium.

𝐾𝑒𝑞 =
𝑎𝐻3𝑂+ ⋅ 𝑎𝑂𝐻−

𝑎2𝐻2𝑂
≈
[𝐻3𝑂+] [𝐻𝑂−]

(1)2 = [𝐻3𝑂+] [𝐻𝑂−] (2.6)

In the ideal situation, the acidbase solutions are dilute and the activity of water is approximated as 1
and the activity of the solvents (ions) is equal to their concentration [6]. The right part of equation 2.6
is called 𝐾𝑤 and is the equilibrium constant of water.

𝐾w = [H3O+][OH−] = 1.01 ⋅ 10−14 (2.7)
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𝐾w is equal to 1.01⋅10−14 at 25 °C and with an ionic strength of 0. The concentration of of hydronium
and hydroxide are both 1.006 ⋅ 10−7, this means that in pure aqueous solutions pH and pOH combine
to 14.

For this formula it is important to realise that it only stays constant if the activities of the ions are
constant. The activity is related to the concentration, this will be elaborated in section 2.2.2. The con
centration of water is constant (55.5M) and therefore, equation 2.7 can be derived from 2.6. Other
names for the ionisation constant are: dissociation constant, selfionisation constant, water ionproduct
constant, or ionic product of water. The water ionisation constant can be notated with cologarithm just
as with pH:

p𝐾w = − log10 𝐾w = pH+ pOH = 14 (2.8)

Acid dissociation constants
The equilibrium constant 𝐾 can also describe the equilibrium between an acid and a base in a solution.
The reaction of an weak acid (HA) and its conjugated base (A−) in water is described by the following
formula:

𝐻𝐴(𝑎𝑞) + 𝐻2𝑂(𝑙) ⇌ 𝐻3𝑂+(𝑎𝑞) + 𝐴−(𝑎𝑞) (2.9)
The magnitude of the equilibrium constant is used for determining the strength of acids and base. From
equation 2.9 the acid dissociation constant 𝐾𝑎 can be determined:

𝐾𝑎 =
[𝐻3𝑂+] [𝐴−]

[𝐻𝐴] (2.10)

To avoid the exponential notation of constant 𝐾𝑎, it is defined as pKa:

p𝐾𝑎 = − log10 𝐾a (2.11)

The opposite of pKa is pKb, this is the basic dissociation constant. Together they are related to the
water ionisation constant (pKw) in diluted solutions:

𝑝𝐾𝑎 + 𝑝𝐾𝑏 = 𝑝𝐾𝑤 (2.12)

In this thesis, an indicator dye is used which consists of an acidic and basic component. The activity of
the acid component is measured. The activity of this component is described by the factors elaborated in
section 2.2.2 and pH. pKa is related to pH as pKa specifies the equilibrium of a molecule at a certain pH.

pKa describes if a chemical will donate or accept a proton at a certain pH. pKa is the intrinsic property
of an acid and it does not depend on how much acid there is in a solution. This means that a weak acid
can have a lower pH than a diluted strong acid, while pKa is constant for each type of molecule. The
relation between pKa and pH is described by the HendersonHasselbach equation:

pH = p𝐾a + log10 (
[Base]
[Acid] ) (2.13)

As the sensor developed in the thesis will use a fluorescent indicator, the concentration ratio between
the base and acid is measured as the fluorescent output. pKa is the intrinsic property of an acid (here
the indicator dye) and it does not depend on how much acid there is in a solution. This means that
a weak acid can have a lower pH than a diluted strong acid, while pKa is constant for each type of
molecule.

The lower the pKa is, the more acidic it is and the greater the ability of the molecule is to donate
protons [61]. pKa is a constant for molecules and acidic solutions, however when different molecules
are combined, the combined pKa has to be determined. This determination depends on the type of
sensing used [122].

Nonideal situation
The formulas described above describe the relation in ideal situations. In these situations, there is one
acid with conjugated base diluted in pure water. However, this is not how it is in reallife situations.
There are multiple factors in a solution which influence the measurement of pH.
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2.2.2. Factors related to pH
The goal of a pH measurement is to describe the pH of a solution. As equation 2.3 describes pH is
the activity of the hydrogen ions. In section 2.2.1 the activity of water and acid is equalised to the
concentration of the ions. This section will explain how pH measurements are actually measuring the
activity of ions and how ionic strength (chemical potential), temperature, and solvent composition will
influence the activity measurements. This is all combined in Nernst equation which is elaborated at the
end of this section.

Activity and acidity
In comparison to the ideal situation, there are many different ions in the tissue and these ions interact
with each other. Not all ions are occupied with interacting with other ions. The activity is an effective
concentration of hydrogen ions, rather than the true concentration [94]. The difference is that the activity
considers that the other ions around the hydrogen ions will shield them and affect how these ions react
in chemical reactions.

𝑎𝑖 = 𝑓𝑐 (2.14)

Where 𝑎𝑖 is the relative activity, 𝑐 the concentration and 𝑓 the activity coefficient. In dilute mixtures, this
factor is 1. Therefore, in the ideal situation, pH is described as the relation between the concentrations.
However, in mixtures this is not the case. Relative activity 𝑎𝑖 can also be defined as:

𝑎𝑖 = 𝑒
𝜇−𝜇⊖
𝑅𝑇 (2.15)

𝜇𝑖 is the chemical potential of ion i (in molar) under the conditions of interest, 𝜇⊖𝑖 is the chemical potential
of ion i in standard conditions, the gas constant is 𝑅, 𝑇 is the thermodynamic temperature (in K) and
e is the exponential constant [161]. The chemical potential of a reaction can be altered by all these
factors and can make the exact measurement of the activity of hydrogen atoms challenging. Chemical
potential is another name for Ionic Strenght Ionic Strength (IS). The activity coefficient depends on the
ionic strength and temperature of the solution and approaches unity for infinitely dilute solutions. In very
dilute solutions, pH can be related directly to the concentration of the hydrogen ions and this leads that
equation 2.3 can be written as equation 2.4 in most cases.

Ionic strength
Ionic strength (IS) describes the chemical potential of ions in a solution [162]. It was first formulated
by Randall and Lewis (equation 2.16) in 1921. Ions have an electric charge that can attract or repell
eachother. This effect results in behavioural changes for the ions. The 𝐼 takes an important role in the
Debye Huckel theory. This theory describes the deviations from the ideal situation that happens in ionic
solutions [108].

𝜇 = 1
2

𝑛

∑
𝑖=1
𝑐𝑖𝑧2𝑖 (2.16)

So IS is the sum of the concentrations of the active ions present in a solution, divided by half because
of the cations and anions. 𝐼 is a quantitative measure the ionic strength a solution is. 𝑐 is the molar
concentration of each ion present in the solutions and 𝑧 its charge. 𝐼 is directly related to the activity 𝑎𝑐
as described in equation 2.15
As ionic strength has a large influence on the activity and the activity is used to determine the pKa,
the ionic strength influences the pKa. The greater the ionic strength, the higher the charge around the
ion is and thus the less attraction to the ions by other influences. Weidgans [154] show that the charge
of the membranes in combination with phosphate buffer results in different influences on the pKa as
illustrated in figure 2.9

Temperature
The activity of ions is temperature depended, and thus the pH measurement is pH depended. At 100
°C, the pH of pure water is 6.14 and at 0°C this is 7.47. This does not mean that the solution gets more
acidic, because not only the pH drops, but also the pOH drops [139]. So the total 𝑝𝐾𝑤 decreases and as
pKa is related to pKw (equation 2.12) This is because of the Le Chaterliers principle. The Le Chaterlier
principle can be simplified to: ”Any change in status quo prompts an opposing reaction in the responding
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Figure 2.9: Effect of ionic strength on the pKa’s of the membranes M1, M2 and M3. The charge of the support matrix has a large
infleunce on the pKa value of the reaction. Reprinted from Weidgans [154]

system.”. With increasing temperature, 𝐾𝑎 increases and the p𝐾𝑎 decreases. All equilibrium constants
vary with temperature according to the van t Hoff equation [11]. In general, the dissociation of acids and
base is an endothermic process. This means that the pKa decreases as temperature increases and as
a results of that a pH measurement without temperature measurement is not accurate.

Temperature also influences the ionic strength [6] and the pHindicators. Noncarboxylic acids are tem
perature sensitive. For example, phenol’s decrease pKa by 0.0012 per 1 °C increase. There are other
effects related to the optical properties and temperature which can influence the measurements, these
will be discussed in 3.3.1.

Solvent Composition
Reijenga et al. [122] describe that besides the influence of temperature and 𝐼, the solvent composition
can influence the pKa values. For example, if a solution contains organic solvents of more than 20%
this solvent has effect on the activity of the proton and thus on the activity and thus on pKa value. Other
influences on pKa are if the compositions contain large fractions of proteins or hydrophilic polymers
[30]. So on both sides of the hydrogen atom transfer (solution and sensing material), there are factors
which influence the pH measurement.

Nernst Equation
During electrochemical sensing, the activity of the hydrogen atom is measured, section 2.3.4 will go in
more detail about this, but the electrode potential is described by the Nernst equation:

𝐸 = 𝐸0 + 𝑅𝑇𝐹 ln (𝑎H+) = 𝐸0 −
2.303𝑅𝑇

𝐹 pH (2.17)

𝐸 is the potential measured by the electrode, it exists of 𝐸0 which is the electrode potential, 𝑅 the gas
constant, T temperature (in Kelvin), 𝐹 the Faraday constant. When pH is defined in terms of activity 2.3
the electrode potential is proportional to pH [11]. This formula shows that the activity of the hydrogen
ions is directly related to the pH measurement. However, with a factor that depends on the factors
described above

2.2.3. pH sensing in the human body
Optochemical sensing of pH in the body is discussed extensively in the review by Steinegger et al.
[139]. Only the optochemical sensing of tissue and blood pH is discussed in this work. Most research in
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pH sensing is being done in the field of blood measurements. Researchers try to continuously monitor
the blood gases in critically ill patients using optochemical sensors. This would make the blood gas
analysers and blood tests redundant. These solutions achieved a good in vitro result, but the success
was limited in vivo [139]. Different factors influenced the accuracy of the measurements and the cost
effectiveness is questioned because of the speed and quality of Blood Gas Analyserss (BGAs).

pH sensing in tissues is being done on multiple targets, from monitoring brain pH during surgery to
measuring the microenvironment changes of tumorous tissue. The scattering and absorption of light
by the tissue make it difficult for accurate measurements.

Challenges pH and blood
Blood pH value ranges between 7.35 and 7.45 and values outside of 6.87.8 are seen as deadly. In
tracellular pH is often around 7.07.4 and lower than the extracellular pH due to lower concentrations
of HCO−3 . In 2.2.1 the water concentration constant of 55.5mM was described, in blood, the apparent
water concentration is around 40 M. The exact proton activity 𝑎 of blood is unknown. The apparent
concentration 𝐶 is lower because of the influence of the large proteins. The concentration of different
ions and buffer solutions in the blood have a significant influence on the p𝐾𝑎 value of blood. This effect
on the IS by the ions can be compensated by using ion selective sensors for sodium and potassium
because they make up 90% of the ionic strength IS of the blood [139].

Buffers are essential for the metabolism in the body. They make sure that the pH stays around 7.4
in the presence of both a weak acid and a conjugated base. The most important buffer of the blood is
the bicarbonate buffer system.

HCO−3 (aq) +H+ (aq) ⇌ H2CO3 (aq) ⇌ CO2 (aq) +H2O (l) (2.2 revisited)

The weak acid is𝐻2𝐶𝑂3 and the conjugated base is𝐻𝐶𝑂−3 . The p𝐾𝑎 of carbonic acid is 6.1 and the body
regulates the bicarbonate to carbonic acid ratio (20:1) to keep the pH stable. The breathing frequency
can be increased to decrease the pCO2 and increase the pH [60].

Expected challenges cardioplegic arrest and pH measurements
There are three main challenges expected in measuring the right pH during Cardioplegia Induced Car
diac Arrest:

1. First of all, measuring the pH is done in aqueous solutions, measuring the pH off the heart tissue
on the epicardium/pericard 2.2. The main muscle tissue of the heart, the myocard, is laying below
these layers. An essential part in sensing the ischaemia is if the pH changes of the Myocard can
be measured on the epicard and if the environment is aqueous enough to assist the transfer of
the hydrogen ions.

2. Secondly, as described in section 2.1.2 Cardioplegia consists of many ions to depolarise the cells.
These ions change the ionic strength inside of the heart. Instead of blood the coronary arteries are
filled with a solutions containing different ions. The concentration of these ions depends on the
technique and the type of cardioplegia used. As described, ionic strength and solvent composition
have significant effects on the measurements op pH.

3. At last, the temperature is known to vary during the operation and the difference in administering
cardioplegia (cold or body temperature) will certainly influence the measurements. Therefore the
pH sensing should be combined with a temperature measurement or calibrations.

2.2.4. Differences in electrochemical and optochemical pH sensing
In 1987 Janata [64] described the differences between optochemical en electrochemical pH sensing.
Here he describes that the thermodynamic components are stronger in optochemical sensor in com
parison to the electrochemical sensors. Optochemical sensors measure the solutesolvent interaction
of the immobilised indicator and the relationship between the surface and the bulk value of pH and of
all other involved species. Electrochemical measurements measure the activity of pH, while the opto
chemical sensor measure the concentration of the cell. There is a difference between the concentration
and activity. Optochemical sensors measure the concentration of the acidic and the basic form of the pH
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indicator [33]. Another problem with optochemical sensing is that local pH in the optochemical sensor is
different than that of pure water, because the sensor is not only pure water. Optochemical pH sensors
are cross sensitive towards ionic strength which should be kept in mind when using this type of sensing
[156]. In 2007 Hanson et al. [57] showed only a difference of 0.04 pH between an electrochemical and
optochemical sensor, but since then no onetoone comparisons have been done.

2.3. Biomedical sensor
A sensor is described as; a device that responds to a physical stimulus (such as heat, light, sound,
pressure, magnetism, or a particular motion) and transmits a resulting impulse (as for measurement
or operating a control) by Merriam and Webster Dictionary [98]. Yeow [167] states that ” biomedical
sensors are a subset of specialised sensors responsible for sensing physiological or biological mea
surands.” Most biomedical sensors measure a physical property which they translate in a property
which can be used in diagnostics or therapeutics. Figure 2.10 illustrates that to extract the information
from the body a transducer is needed. This part converts the output of the body to a signal which can
be handled and quantified. When a transducer is not working correctly, the information will be useless
[146]. The second part of a sensor is the instrumentation. This is where the measurement is controlled.
The output of the instrumentation will be processed into a signal which can be used and read. The
definitions of sensors and transducers are often used interchangeably. Although the definitions are not
the same, this thesis will use the term sensor. This is done because there is no agreement on the use
of these terms in literature and to avoid confusion the term sensor is used.

Figure 2.10: Information flow from the body to the monitor provided by the biomedical sensor. As found in Tronstad [146]

Two other definitions that are often used interchangeably are ”biosensor” and ”biomedical sensor”. This
is wrong because a bio sensor is a type of biomedical sensor. It is a type of sensor which senses bio
logical signals like enzyme, antigen, antibody, hormone, DNA, RNA and microbes. While a biomedical
sensor is the umbrella term for all the sensors used in the biomedical field [173].

2.3.1. Types of sensors used in biomedical sensors
There are different methods of classifying biomedical sensors. It is possible to categorise all the biomed
ical sensors in physical or chemical sensors [173]. Physical sensors can be split up into electrodes,
measuring electrical changes or optrodes, where light is used as measurand. The chemical sensors
include electrochemical, biosensors and chemiluminescence. This classification is not optimal for this
research, because physical sensing can be more than only electrical of optical. Therefore, as part of
the literature review described in chapter 3 a classification was made which is more optimal. This clas
sification will exist out of the following types. A short description of the type of sensors:

1. Electrochemical: Electrochemical sensors are biosensors that make use of the electrical charge
which is made by chemical reaction with the biological element. This reaction comes from a chem
ically selective layer which is called the recognition element [18]. Most electrochemical sensors
are based on the potentiometric and amperometric principle. Potentiometric sensors measure
the electrical potential with a high impedance meter and do not need an external source. Po
tentiometric sensors always need a reference electrode to measure the potential current [111].
Amperometric also need a reference electrode, but it measures the current generated by enzy
matic of bioaffinity reaction at the surface of the electrode. A constant working potential is given
on the working electrode. A redox reaction is always occurring at amperometric sensors [65].
Voltammetric sensors have a similar working principle but measures the current as the potential
is varied and is less used in the biosensing. Impedimetric sensors are less used, and conduc
tometric sensors are a subset of impedimetric sensors [132]. Amperometric sensors are most
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Figure 2.11: Classification of Biomedical sensor developed for this literature review by combining classifications of Shavanova
et al. [134], Sharma and Khurana [131], Hajian et al. [56] Singh et al. [135]

successfully commercialised devices [134].

2. Physical Sensors: Physical sensors are based on their type of signal. This signal can be from
a mechanical sensor which is measured by a piezoelectric principle. Piezoelectric sensors can
be used to measure pressure, acceleration, strain or force [121]. A thermal sensor measures,
for example, temperature by the thermometric principle. In thermometric sensing, the heat that
occurs when a recognition element interacts with an enzyme is measured [134].

3. Optical: Optical sensors are sensors that measure a change of light. This change can come from
absorption, reflection or scattering of light. Absorption is related to transmission and therefore
combined. The last light principle is (photo)luminescence; this is the emission of light of matter
after excitation[1]. The differences will be explained in section 2.3.2. Absorption based sensors
measure the change in light by absorption of the tissue or solution [90]. Reflection based sensors
measure the change of reflected light of the tissue or solution. Figure 2.12 shows the differences
between the light principles. In the sensing of pH optical sensors are actually optochemical sen
sors, as a chemical process is measured using light.

As result of the literature review, this work will focus on optochemical sensing. In the next section, the
basis of optical sensing is explained, followed by stating the (dis)advantages of electrochemical and
optochemical sensing.

2.3.2. Optical Sensing
There are several phenomena caused when light and matter interact. Light is defined by 𝜆 and the unit
nm is used for the size of the wavelength. When light gets reflected, scattered or transmitted, it keeps
the same wavelength as the excitation light has (𝜆1). However, as illustrated in figure 2.12 a different
wavelength (𝜆2) can be emitted after absorbed light interacts with electron or molecules. When light hits
matter, it can be absorbed, reflected or transmitted. For example, if light passes through a colour filter,
some wavelengths will be absorbed while others will be transmitted. During absorption, the frequency of
the light is almost equal to the energy level of the electrons in the matter [21]. This causes the electrons
to absorb the energy of the wavelength. This absorption causes a change in energy state. When the
excitation light exists of multiple wavelengths, the wavelength corresponding to the energy level of the
matter will be absorbed. Absorbance, reflection and transmittance are closely related in transparent
matter because in a transparent material, there is always transmitted light and almost no reflection. In
opaque material, there is no transmitted light and the incident light is absorbed or reflected [1]. In figure
2.13, this difference between absorbance and reflection is illustrated with the different denominations.
When analysing light after absorption, a dip is seen in the transmission spectra, and a peak is seen
in the absorption spectra. Absorbance has a logarithmic relationship with transmittance, as shown in
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Figure 2.12: Interaction between light and matter. Different phenomena and their wavelengths. Only luminescence causes light
of a different wavelength. Reprinted from A. et al. [1]

Figure 2.13: Absorption, transmission and reflection performance of the light: (a) in a transparent medium; (b) to face opaque
medium. Reprinted from A. et al. [1]

equation 2.18; with an absorbance of 0 corresponding to a transmittance of 100% and an absorbance
of 1 corresponding to 10% transmittance [41].

𝐴𝜆 = − log T = − log(
𝐼
𝐼0
) = 2 − log(%T) (2.18)

𝐴𝜆 is the absorption coefficient, and it is possible to measure the change of intensity to relate this to the
matter. 𝐼 is the measured light intensity and 𝐼0 the ligth intensity at the source. Analysing the spectral
distribution of light gives information about the matter the light has passed through. In an optical fibre,
reflection is the main factor of the functioning of an optical fibre. The internal reflection is almost 100%
in optical fibres, and this makes it a excellent media to transfer information. If the cladding is removed
of a fibre, this can change the internal reflection. Equation 2.19 shows the formula to calculate the
coefficient of reflectance (𝜌𝜆). This equation shows a onetoone relationship between the incident light
and the reflected light.

𝜌𝜆 =
𝐼0
𝐼1

(2.19)

Figure 2.12 shows two other light phenomena when matter is excited by light. Scattered light cannot be
used to measure properties of matter because it is random and hard to detect. Scattered light is mostly
seen as noise or loss of information. The last phenomenon isluminescence and will be described in
section 2.4.

2.3.3. Electrochemical sensing pH
Electrochemical sensors are the largest and oldest group of chemical sensors [64]. pH electrodes give
information about the activity of the hydronium ions. In 1906 Cremer discovered electrical potential
with the use of a glass electrode [16] . This principle is still used as golden standard, it is a combination
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electrode of a reference electrode and a working electrode. This sensor exists out of two Ag/AgCl
electrodes, one electrode is in contact with a known solution and the other electrode is in contact
with an unknown sample solutions. The electrical potential over the membrane is measured (𝐸𝑚) as
described in equation 2.17. A electric potential exist because the differences in electron between the
solution. Glass membranes, which are used in a Glass electrode are selective for H30+, but also Na+,
Li+, K+, Ag+, and NH4+. Most used type of electrical sensing is potentiometric, but also voltametric
sensors have been used for measuring pH. Potentiometric sensors work with a working and a reference
electrode as described above. A voltametric sensor adds a counter electrode to supply a current to the
electrodes. The changes of electrical field caused by the hydrogen atoms are used to determine the
pH [149]

Advantages and Disadvantages of electrical pH sensing
Wencel et al. [156] and Weidgans [154] describes the following advantages of pH electrodes:

1. A pH electrode is reliable and easy to operate
2. A pH electrode has relatively low cost
3. A pH electrode facilitates rapid measurement
4. A pH electrode has high sensitivity and wide dynamic range
5. A pH electrode has small power requirements
6. A pH electrode measures activities rather than concentrations
7. A pH electrode has good performance in electrolyte sensing
8. A pH electrode allows for a two point calibration strategy

The disadvantages:

1. A pH electrode has poor performance at extreme pHs
2. A pH electrode has difficulties in remote sensing
3. A pH electrode has the need for a reference electrode
4. A pH electrode is sensitive for electrical fields
5. A pH electrode hard to miniaturise
6. A pH electrode lacks in specificity
7. A pH electrode is not suitable for long term measurements due to electrode signal drift
8. A pH electrode only facilitates single point measurements
9. A pH electrode is mechanically fragile

2.3.4. Optochemical Sensing pH
This section is based on the work done by Wencel et al. [156] and Steinegger et al. [139]. There are
multiple light phenomena which can be used for sensing pH. The optical pH sensors are optochemi
cal sensors as the light is used to translate a chemical proces into information. Absorption, Reflection,
Luminescence are the most used phenomena used to sense pH. These techniques will be elaborated.
Other principles which can be used to measure pH with use of light are: Refractive Index, Surface Plas
mon Resonance, Photonic Crystal, IR and Raman Spectroscopy, Interferometic Based sensing. These
techniques will not be discussed in this work. Optochemical sensors are named Optrodes. Optrodes
use indicator dyes which are typically organic acids or bases with optical properties associated with
their protonated (acid) and deprotonated form (basic).

The absorption or the fluorescence properties will change depending on the hydronium concentra
tion. As described in 2.2.2 Ionic strength, temperature and solvent concentration all can influence the
measurements of pH. These changes result in shifts of the calibration plots and pKa is only valid for
given IS, temperature and concentration per buffer solution. To support the interaction of the test sam
ple with the indicator often a uncharged hydrogel matrix is used. This matrix acts as a support for the
indicator dye. The interaction of the hydrogel and the indicator determine the selectivity and sensitivity
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of the sensor. Optochemical sensors usually have a dynamic range of 1.53.0 pH. A narrow dynamic
range results in high resolution, because the smallest changes of pH will result in a difference of the
emitted light.

Advantages and disadvantages of Optical pH sensing
Wencel et al. [156] and Weidgans [154] describes the following advantages of pH optrodes:

1. A pH optrode has no additional reference element needed
2. A pH optrode does not suffer from electrical or electromagnetic interferences
3. A pH optrode is easily to miniaturise
4. A pH optrode has smaller dynamic range but higher resolution
5. A pH optrode can transmit more information than electrical signals
6. A pH optrode can be used for simultaneous multianalyte analysis
7. A pH optrode is non invasive
8. A pH optrode can be used as disposable sensor
9. A pH optrode has production cost and is suitable for mass production
10. A pH optrode allows for continuous measurements

The disadvantages:

1. A pH optrode can be interfered by ambient light
2. A pH optrode have a narrow dynamic range
3. A pH optrode photobleaching and leaching of indicator can limit the long term stability
4. A pH optrode measures concentrations instead of activities
5. A pH optrode is IS and temperature depended. Varying IS will cause surface potentials which

affect the sensor

Types of optical pH sensors
There are three types of platforms used in optical sensing:

1. Planar sensors: Planar sensors are more robust than optical fibres and can be used for measuring
pH in samples while the measurement is done from the outside without direct contact, this make
planar sensor suited for disposable sensors and can be easily be mass produced for low costs.
There are three types of planar sensors:

(a) Planar nonwaveguiding sensors: In this type of sensing the indicator particles are embedded
in a matrix and the light is sent directly onto the matrix and the emitted/reflected light is
detected

(b) Planar nonwaveguiding sensor particles: In this type of sensing the indicator particles can
move freely in a fluid

(c) Planar waveguiding sensors: In this type of sensing mirrors are used to sent the light through
the hydrogel, this type of sensing is more advanced but allows better direction of light. Mostly
used in reflection and absorption based sensing.

2. Fibre optic sensors: Fibre optic sensors exist out of small glass or plastic fibres. These fibres have
the size of less than 1 mm. The fibres are flexible and allow for remote sensing. They are more
difficult to produce than planar sensors and reproducibility is a significant issue. Optical fibres
divided into two categories:

(a) Fibre optic tip sensor: In this type of sensing the tip of the optical fibre (single or multifibre)
is coated with the indicator dye (and matrix) and light is emitted and detected through the
optical fibre.
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(b) Fibre optic evanescent field sensor: In this type of sensing the cladding is replaced by a
coating with the indicator dye or gratings are added on the fibre. This change of cladding
changes the optical properties of the light send through the fibre. This change can be related
to the pH changes.

3. Nanosensors: Nanosensors can be used tomeasure pH difference inside of cell or other small me
dia. The advantage of nanosensors is that they are less affected by proteins or other molecules.
This can improve the reliability of pH sensors. The disadvantage of nano sensor is that it has
issues with intracellular delivery, distribution of cells, selectivity, toxicity and invivo calibration
[139]

2.4. (Photo)luminescence
For this section the books by Bernard Valeur and Mário Nuno BerberanSantos [17] and Lakowicz [82]
are used as main reference. Luminescence is the umbrella term for all that is associated with the emis
sion of light. Okabe [106] defined luminesence as: ”spontaneous emission of radiation from an elec
tronically excited species or from a vibrationally excited species not in thermal equilibrium with its envi
ronment.” There are three different types of luminescent compounds: Organic Compounds, Inorganic
Compounds and Organometallic compounds [17]. This research will focus on photoluminescence, this
isluminescence excited by the absorption of photons. There are three types of photoluminescence:

1. Fluorescence: spontaneous emission of electromagnetic radiation after excitation by photon,
which stops right after the excitation radiation is stopped (single state)

2. Phosphorescence: spontaneous emission of electromagnetic radiation after excitation by photon,
which slowly decays with time and results in an afterglow (triplet state)

3. Delayed fluorescence: extremely weak emission of electromagnetic radiation after excitation with
delayed response

There are multiple terms used around (photo)luminescence which are closely related to each other but
are different. Distinction between the terms is needed for the following sections:

• Chromophore: ”The part (atom or group of atoms) of a molecular entity in which the electronic
transition responsible for a given spectral band is approximately localised. The term arose in the
dyestuff industry, referring originally to the groupings in the molecule that are responsible for the
dye’s colour.”[103]

• Luminophore: ” A part of a molecular entity (or atom or group of atoms) in which electronic ex
citation associated with a given emission band is approximately localised. (Analogous to chro
mophore for absorption spectra).” [80]

• Fluorophore: ”Molecular entity (often organic) that emits fluorescence. Fluorophores typically con
tain several combined aromatic groups, or planar or cyclic molecules with several π bonds” [140]

• Phosphors: ” A phosphorescence chemical compound that can reemit light upon light excitation.
Phosphors are often transitionmetal compounds or rareearth compounds of various types.” [19]

• Dye: ”Ss a colored substance that chemically bonds to the substrate to which it is being applied.
The color of a dye is dependent upon the ability of the substance to absorb light within the visible
region of the electromagnetic spectrum (400700 nm).” [13]

• Indicator/Probes: ”Are synthetic dyes that undergo colour changes on interaction with chemical
species. The purpose of using a socalled indicator chemistry (i.e., a dye in or on a polymeric
support) in optical sensing is to convert the concentration of a chemical analyte into a measurable
optical signal.”[163]

2.4.1. Lightmatter interaction
There are different types of lightmatter interactions. Some examples are absorption, reflection, trans
mission, diffraction and scattering described in section 2.3.2. Photoluminescence depends on the ab
sorption of light. The other interactions can influence the luminescence. When photons are absorbed
by a material that is capable of luminescence, this material will create an Excited State (ES). In this
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ES the material has more energy present than the material had in the Ground State (GS). The energy
difference also energy gap is the energy of the photon absorbed:

𝐸𝐸𝑆 − 𝐸𝐺𝑆 = ℎ𝑣 (2.20)

Where ℎ is the Planck constant and 𝑣 the frequency of the absorbed photon. When a molecule absorbs
a photon it results in moving up an electron from the Highest Occupied Molecular Orbital (HOMO) to
the Lowest Unoccupied Molecular Orbital (LUMO) [162]. The reverse move can results in the lumi
nescence. However, not all molecular transitions are visible in the form of emitted photons (light). Both
HOMO and LUMO refer to the ground state of the molecule (see figure 2.14a). There are intramolecular
deactivation processes which are related to the photoluminescence of single molecules and intermolec
ular deaction processes. Intermolecular deactivation processes are the processes which can influence
the photoluminescence of molecules. The following sections describe the intramolecular processes and
section 2.4.6 will describe the intermolecular processes.

(a) Diagram of the HOMO and LUMO of a molecule. Each circle repre
sents an electron in an orbital; when light of a high enough frequency is
absorbed by an electron in the HOMO, it jumps to the LUMO. Reprinted
from Wikipedia [160]

(b) Transition from Ground State to Excited Singlet and Triplet States.
Ground state and Singlet state are spin paired. In the triplet state the
spin is in the same direction and thus not spin paired. Reprinted from
Libretexts Chemistry [86]

Figure 2.14: Illustrations of the light mater interaction and the excited and ground state and excited states

2.4.2. Single and Triplet Excited state
The difference between fluorescence and phosphorescence is caused by the difference in the state of
electrons. Electrons can be in a singlet or triplet state. Two electrons in an orbital of a molecule must
have opposite spin states, this is called spin pairing. When electrons are spin paired the molecule does
not exhibit a magnetic field. Singlet state is formed when one electron is excited to a higher energy level
and the electron has the same orientation as it was in the ground state [82]. Triplet state is formed when
the electron is excited to a higher energy level state and the electron has a parallel orientation with the
electron in the ground state. Figure 2.14b illustrate the difference between the triplet and singlet states.
The change in electronic state the transition from singlet to singlet occurs more often than singlet to
triplet (or reverse).

An electron in the triplet state has a longer lifetime than that of singlet state electrons, because of
the change in spin orientation. The triplet excited state has a lower energy than the singlet excited
state as is cost energy to change the orientation [17]. The different state and the transitions are visu
alised in the Jablonski diagram illustrated in figure 2.15. This diagram shows the energy levels of the
singlet (𝑆0,1,2,...) and triplet (𝑇0,1,2,...) excited states and the intramolecular deactivation processes (radia
tive and nonradiative transitions). At room temperature most electrons are in the ground state, when
these electrons absorb the energy of a photon, this electron is excited to an excited state.

Vibrational Relaxation
In almost every case the first effect is the vibrational relaxation , a non radiant relaxation bringing
the electron to its vibrational ground state (𝑆1,2,...). During vibrational relaxation the lost energy of the
electron is converted to heat. When an electron is in a vibrational ground state it can change to another
vibrational level, this can be Internal Conversion (IC), Fluorescence, InterSystem Crossing (ISC) or
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Figure 2.15: Typical diagram of the electronic energy levels of a molecule with singlet and triplet systems. The most impor
tant radiative (fluorescence and phosphorescence ) and nonradiative (internal conversion, vibrational relaxation , intersystem
crossing) transitions are shown. Reprinted from Álvarez et al. [8]

Phosphorescence. The photon always chooses the path of the least resistance when it falls back to the
ground state. Before discussing these other transition, Stokes shifts and the FrankCondon principle
are explained. These two principles are essential for theluminescenceprocesses.

FranckCondon Principle

(a) FrankCondon principle illustrated (b) Absorptionluminescence spectra and vibrational energy losses

Figure 2.16: FrankCondon energy states and the absorption andluminescence spectra example

The FranckCondon principle describes that during an electronic transition (GS to an ES) a change
from one vibrational energy level to another will be more likely to happen if the two vibrational wave
function overlap significantly [11]. Simplified, when electrons get to an excited state, it will change to
the vibrational level of this excited state overlaps with the wave function (figure 2.16a). This causes the
energy in the excited state to directly transfer to vibrational energy, which is lost as heat or molecular
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collision. So instead of dropping straight down, the electrons first loses heat to go down to its excited
ground state [86]. From here on it will drop to the ground state matching it wave function, which is
usually a higher vibrational level of the ground state. This results in a lower wavelength of the photon
when the electrons falls to the ground state, shown in figure 2.16b. When chromophores are dissolved
in liquid the Franck Condon principle can be applied to the electronic transitions [86].

Stokes shift
As the electron loses energy due to vibrational relaxation before it falls back to the ground state. This
lower energy causes the emission of light to have a lower energy than the absorbed light. As result
the emission spectra moves toward the longer wavelengths (figure 2.17a). This occurring shift towards
longer wavelengths is called the Stokes shift, in which the wavelength changes with (Δ𝜆). As the value
of the Stokes shift increases, it becomes easier to separate the excitation form the emission light using
fluorescence filters [55]. The loss of energy of electron in the excited state S1, is the total energy loss
observed during the emission process. Differences between the absorption and the emission peak can
be seen when a electrons transitions from the ground state to the higher electronic levels S2 or S3 and
loose energy to relaxes to the first excited state S1 (figure 2.17b). From here the energy emission peak
is shifted from the S1 absorption peak with the Stokes shift (Δ𝜆).

(a) Illustrated Stokes shift seen in fluorescence spectroscopy (b) Difference in absorption and emission spectra

Figure 2.17: Stoke shift principle seen in fluorescence spectroscopy and the differences caused by the higher excitation states.
Reprinted from Gupta and Mahapatro [55]

Stokes shift only occurs in radiative deactivation transitions. Nonradiative transition do not emit pho
tons. Radiative transitions are Fluorescence and Phosphorescence and nonradiative transitions are
Internal Conversion an Intersytem Crossing [17]. All these intramolecular deactivations are illustrated
in figure 2.18.

2.4.3. Internal Conversion
Internal Conversions (ICs) is the nonradiative transition between electronic states of the same spin
multiplicity. During this deexcitation no photons are emitted [87]. The energy is converted into vibrations
and rotations of the excited molecule itself or it can be transferred to other molecules upon collision
[3]. Internal Conversion is less effective when the energy gaps between the states is increased. This
causes that between 𝑆0 and 𝑆1 mostly other modes of deactivation are occurring, while between higher
excited states 𝑆2,3... and 𝑆1, IC is causing the higher states to lower to 𝑆1. The energy gap between 𝑆0
and 𝑆1 is determined by the excitation wavelength. IC is more efficient thanluminescence in the redlight
absorbing dyes.

2.4.4. Fluorescence
Fluorescence is a radiative deactivation of an electronic excited state to the ground state that has
the same spin multiplicity [22]. Most of the time fluorescence happens from 𝑆1 to a vibrational excited
𝑆0. This causes direct vibrational relaxation . The energy of the emitted photons during fluorescence
is less than the energy of the photons absorbed during excitation [3]. The fluorescent quantum yield



26 2. Theoretical Background

describes the efficiency of the fluorescence process. It is the ratio of the number of photons emitted
to the number of photons absorbed [158] (equation 2.21). The maximum ratio is 1, which results in
that each photon absorbed will be emitted in a photon. Materials with an quantum yield of 0.10 are still
considered fluorescent [86].

Φ = Number of photons emitted
Number of photons absorbed (2.21)

Quantum yield Φ can also be defined by the excited state decay rates (equation 2.22) where 𝑘𝑓 is the
fluorescence rate constant (𝑠−1) and 𝜏𝑠 is the lifetime of the singlet excited state (𝑠−1). The excited state
decay times of material are around 0.520 nanoseconds.

Φ =
𝑘𝑓
∑𝑖 𝑘𝑖

= 𝜏𝑠𝑘𝑓 (2.22)

(a) Internal Conversion (b) Fluorescence

(c) Intersystem Crossing (d) Phospherescence

Figure 2.18: Intramolecular deactivation Processes
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2.4.5. Intersystem Crossing
Intersystem Crossing (ISC) is a nonradiative transition between excited states but differs from Internal
Conversion by the change in spin [17]. So themolecule changes from a singlet state to a triplet state. It is
not possible to go from the singlet ground state directly to the triplet state, but sliding down vibrationally
onto the triplet state from the singlet state is possible because there is no absorption of a photon. The
probability of reversing the spin occurs when the vibrational levels over the singlet and triplet overlap,
as shown in figure 2.18c. The process is spin forbidden but through quantum mechanics it still occurs.
Because the energy level of T1 is lower than S1 the reverse is improbable. The Intersystem Crossing
Quantum yield is:

Φ𝑖𝑠𝑐 =
𝑘𝑖𝑠𝑐
∑𝑖 𝑘𝑖

= 𝜏𝑠𝑘𝑖𝑠𝑐 (2.23)

Where 𝑘𝑖𝑠𝑐 is the Intersystem Crossing rate constant.

2.4.6. Phosphoresence
When an electron changes from an excited state to the ground state with an opposite spin it is called
phosphorescence [86]. In phosphorescence , the excited state lifetime is inversely proportional to the
probability that the molecule will transition back to the ground state [87]. The lifetime of a molecule in the
triplet state is long, this causes the transition to continue after the irradiation has stopped. This makes it
easy to differentiate between fluorescence and phosphorescence . Organometallic heavymetal com
plexes or low temperatures allow for Intersystem Crossing and therefore phosphorescence .

Table 2.1 gives an overview of the deactivation process described above and the timescale for the
deactivation processes.

Process Transition Timescale (sec)
Light Absorption (Excitation) 𝑆0 → 𝑆𝑛 ca. 10−15 (instantaneous)

Internal Conversion 𝑆𝑛 → 𝑆1 10−14to 10−11
Vibrational Relaxation 𝑆∗𝑛 → 𝑆𝑛 10−12 to 10−10
Intersystem Crossing 𝑆1 → 𝑇1 10−11 to 10−6

Fluorescence 𝑆1 → 𝑆0 10−9 to 10−6
Phosphorescence 𝑇1 → 𝑆0 10−3 to 100

NonRadiative Decay 𝑆1 → 𝑆0
𝑇1 → 𝑆0

10−7 to 10−5
10−3 to 100

Table 2.1: Absorption and Emission Rate Comparison

Intermolecular deactivation processes
Besides the intramolecular deactivation processes there are many different types of intermolecular
deactivation processes. These processes can decrease theluminescence intensity of an luminophore
in presence of another molecule. Quenching, Energy and Electrons Transfers are such processes,
but will not be discussed as deactivation process in this thesis. More information is given in the book
Molecular Fluorescence by Bernard Valeur and Mário Nuno BerberanSantos [17].

2.4.7. Fluorescent lifetime and Quantum Yield
Lifetime and quantum yield are the fundamental parameters ofluminescence emission. Together they
determine the intensity and the temporal behaviour. Intermolecular nonradiative decay has a strong in
fluences on these two parameters and provide the basis for sensing. Fluorescent lifetime is the average
time a molecule stays in the excited state before returning to the fundamental state [154]. Nonradiative
and radiative mechanisms determine the fluorescent lifetime 𝜏0

𝜏0 =
1

𝑘𝑠𝑟 + 𝑘𝑠𝑛𝑟
(2.24)

The radiative transition from 𝑆1 → 𝑆0 is described by 𝑘𝑠𝑟 and the sum of the nonradiative rates (internal
conversion and intersystem crossing) is described by 𝑘𝑠𝑛𝑟. When the molecules are excited by a pulse
of light, the intensity of the excited molecules will decrease with a rate of 1/𝜏0. The initial intensity (𝐼0) is
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determined by the concentration of excited molecules by the light. The fluorescent intensity at a certain
time is given by the following formula:

𝐼(𝑡) = 𝐼0𝑒
−𝑡
𝜏0 (2.25)

𝐼(𝑡) is the impulse response of the system, when the molecule is excited by complex patterns, the
convolution of this function can be used the determine the output response.

Quantum yield is the measure of luminescent efficiency described in 2.4.4. Quantum yield is deter
mined by the relative magnitudes of the (non)radiative constant. Higher quantum yield results that it
is easier to detect the luminescent signal of a sample. These two parameters can change when the
luminescent molecules interact with other molecular species. This interaction can promote or demote
the impact of these parameters. Measuring this impact is the basis for fluorescent sensing techniques

2.5. Fluorescence Measurement Techniques
For this section Chapter 6 of Handbook of Optical Sensors by Jorge [68] is mainly used as refer
ence. Jorge [68] describes two types of measurements. Steady state and time resolved measurements.
Steady state is based on recordingluminescence intensity while the molecules are continuously illumi
nated with an excitation source. Time resolved measurements are based on the intrinsic characteristics
of the luminophores. Lifetime is an intrinsic characteristic of the luminophore. This causes that it is not
vulnerable for how the light is aligned to the luminophore and it doesn’t depend on concentration or
photodegradation.

2.5.1. Steady State Measurements
Steady state measurements can be divided into three techniques and two methods. The techniques
are absorption, reflection andluminescence intensity. The measurements can be done with a single or
dual wavelength excitation.

Absorptiometry
Absorption based sensing is a very common optical sensing technique, but not often used in the contin
uous sensing of pH [139]. This is because it is based on the transmission of light, therefore a transparent
support, sensing layer and sample are needed. This is to overcome scattering, leaking and absorption
of other materials. In spectroscopy, absorption is used a lot. The absorption efficiency can be deter
mined by taking the logarithm of the excitation Intensity (𝐼0) and the measured transmission intensity
(𝐼𝑇):

𝐴𝜆 = − log T = − log(
𝐼
𝐼0
) = 2 − log(%T) (revisited 2.18)

The luminescent emission should not be measured, because that is a different technique. The Beer
Lambert law describes the absorption in equation 2.26:

𝐴(𝜆) = 𝜖(𝜆)𝑙𝑐 (2.26)

It describes the absorbance to be proportional to the concentration of the dye (𝑐), the thickness (𝑙) and
the molar absorbitivity 𝜖. 𝜖 is always related to the wavelength corresponding to the maximum of the
absorption band of lower energy [51]. This formula implies that the sample absorbance is linear to the
concentration. However, this is not valid for higher concentrations. This as a results of the saturation
effects, possibly leading to dye aggregates which change the scattering of light or modify the absorption.
Equation 2.36 in section 2.5.3 shows how the absorption can be used to determine the pKa of an
indicator.

Reflectometry
Reflection based sensing is more suitable for optical pH sensing. Simple pH indicator stripes are based
on this principle, as the impermeable material is scattering a wavelength dependable on the pH. Often
the scattering is increased by adding white scattering particles [139]. The Kubelka and Munk formula
describes the relation between the concentration and the reflected light:

𝑐 = 𝑆(1 − 𝑅𝑑)2
2𝜖𝑅𝑅𝑑

(2.27)
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𝑅𝑑 is the intensity of the reflected light, 𝑆 is the constant for the support, 𝜖 the molar absorbance of
the material. 𝑐 is the concentration of the basic or acidic form of the concentration. More advanced
sensors use dual wavelength sensing, this makes the sensor more accurate and less vulnerable to
concentration differences. An advantage of reflection based sensing in advanced senors is that the
emitter and the detector can be on the same side compared to absorptionbased sensing. This allows
for surface sensing.

Luminescence intensity
The last type of steady state sensing is theluminescence intensity based sensing. This is based on the
parameters described in section 2.4.6. As the luminophore is continuously excited it attains a steady
state. The relation between the quantum yield and theluminescence output is described by the following
formula:

𝐼𝐿 = 𝐼0(1 − 10−𝜖𝑐𝑙)𝜙 (2.28)

This formula shows that luminophores with high quantum yield are more advantageous, because
smaller quantum yield have to be compensated by increasing excitation intensity. This higher excita
tion will increase photodegradation. When photons are emitted, they have a certain energy distribution
which is the emission spectrum. The relation between the concentration and theluminescence intensity
is described by Parker’s law:

𝐼𝐿(𝜆𝐸𝑥 , 𝜆𝐿) = 2.3𝑘𝐹(𝜆𝐿)𝐼0(𝜆𝐸𝑥)𝜖(𝜆𝐸𝑥)𝑙𝑐 (2.29)

Where luminophore intensity 𝐼𝐿 is related to the excitation intensity 𝐼0, the molar absorbance of the
indicator 𝜖, the concentration 𝑐, the penetration length 𝑙 and the parameter 𝑘 which accounts for a di
versity of experimental factors affecting the detected signal [68]. This law is an approximation at low
luminophore concentration and when the absorbance of the luminophore increases, it stops to have
this linear relations. This formula shows that theluminescence intensity is not only affected by the con
centration of the luminophore, but also by the penetration depths, the intensity, change in sensitivity
and a drop of concentration by leaching or photobleaching. Some of these factors can be compensated
by ratiometric or timeresolved sensing. Another big disadvantage of fluorescence intensity sensing is
the background fluorescence of the samples and the intrinsic fluorescence of optical and other com
ponents. Equation 2.29 allows for obtaining the emission spectrum when the excitation wavelength
is fixed, and for obtaining the excitation spectrum when the luminescent intensity is measured when
changing the excitation wavelength.

DualWavelength Referencing (two wavelength ratiometricluminescence intensity)
Dualwavelength referencing is a sensing method that can overcome problems such as concentration
differences, changes in light path and drifts of optical source or detectors. Dualwavelength referencing
uses two different wavelength and is also called ratiometric referencing. Dualwavelength referencing
increases the robustness of the system by measuring the emission with two different excitation wave
lengths. Reflection dualwavelength referencing andluminescence dualwavelength referencing are the
most common. In reflection dualwavelength referencing two LEDs are used, one is emitting a wave
length that is absorbed by the indicator and another that is indifferent to the indicator. Subtracting the
second emission from the first can get rid of interferences. In fluorescent dual wavelength referencing
or Fluorescence Ratiometric Imaging (FRIM) the dual wavelengths can be applied in multiple methods.

Weidgans [154] and Kocincová [77] describes three different types of FRIM:

1. Two excitation and one emission wavelength: Most fluorescent indicators allow for this ratio 𝑅.
Figure 2.19 shows this principle.

𝑅 = 𝐼(𝜆𝑒𝑥1 , 𝜆𝑒𝑚)
𝐼(𝜆𝑒𝑥2 , 𝜆𝑒𝑚)

(2.30)

2. One excitation and two emission wavelengths: Possible when indicator exhibit dual emissions or
if a reference dye is added to the indicator. Figure 2.20 shows these possibilities.

𝑅 = 𝐼(𝜆𝑒𝑚1 , 𝜆𝑒𝑥)
𝐼(𝜆𝑒𝑚2 , 𝜆𝑒𝑥) (2.31)
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3. Two excitation and two emission wavelengths: When indicators exhibit dual emissions, this type
can be used. Not a popular option

𝑅 = 𝐼(𝜆𝑒𝑥1 , 𝜆𝑒𝑚1 )
𝐼(𝜆𝑒𝑥2 , 𝜆𝑒𝑚2 ) (2.32)

Figure 2.19: Dual excitation and single emission measurement methods. Reprinted from Weidgans [154]

(a) A typical example of ratiometric approach where excitation is pre
formed at isosbestic point (i. p.) and dual emission is monitored at
two different wavelengths.

(b) A typical example of ratiometric approach in which excitation of
indicator/reference dye system is performed at a single wavelength
and emission of both is monitored at two different wavelengths.

Figure 2.20: Dual emission measurement methods. Reprinted from Kocincová [77]

2.5.2. Timeresolved measurements
Timeresolved measurements are focused on the intrinsic characteristics of the luminophore. This
causes the measurements to be invulnerable to system changes, such as optical alignment, dye con
centration, and photobleaching. Timeresolved measurements are focused on theluminescence decay
time and are influenced by less parameters than intensity measurements [3]. This makes it a robust al
ternative for steady state measurements. The disadvantage of this measurement is that more advanced
instrumentation is needed, because the decay time of fluorescence is very short. Phosphorescence life
times are more easy to measure and are used in applications [3]. Timeresolved measurements can
be divided into two methods and can be in the time or frequency domain:luminescence decay time,
duallifetime referencing.

Luminescence Decay Time
Luminescence Decay Time is based on fluorescent lifetime (𝜏), which is the average time for a molecule
to stay in the excited state and is also called pulse fluorimetry, timeresolvedluminescence intensity or
Fluorescence Lifetime Imaging (FLIM) [77]. Because 𝜏 is a statistical consideration, it can be described
as the time after 1/e of the initial excited molecules are not deactivated yet [154]. Equation 2.25 shows
this relation and is illustrated in figure 2.21a. The advantage ofluminescence decay measurements



2.5. Fluorescence Measurement Techniques 31

is that two types of sensing are possible, in the time domain/pulse or in the frequency domain/phase
modulation [88]. In the time domain, the sample is excited with a short pulse of light and the decay of the
sample is measured, as shown in figure 2.21b. The intensities of the luminophore are measured with a
photodetector, chargecoupled device (CCD) or Complementary metal–oxide–semiconductor (CMOS).
In the frequency domain, the sample is excited by a sinusoidal modulated light [17]. The decay time of
the luminophore phase shifts 𝜙 the same waveform with a frequency 𝑓.

𝜏 = tan𝜙
2𝜋𝑓mod

(2.33)

Here, 𝑓𝑚𝑜𝑑 is the modulation frequency of the excitation light. The modulation𝑀 is the relative peakto
peak amplitude of the modulated emission in relation to the modulated excitation light [82]. This type
of sensing is mostly used for the determination of relatively long decay times (mili and microseconds),
for shorter decay time the equipment becomes too complicated. This is because for these indicators
highfrequency modulation is needed.

(a) Schematic of the single exponential decay.
𝜏𝑠 is the average decay time of the excited
state. Reprinted from Weidgans [154]

(b) Time resolved decay time sensing. Excita
tion pulse (blue), backgroundluminescence (yel
low), decay of luminophore (red), detection area
(grey). Reprinted from Steinegger et al. [139]

(c) Response ofluminescence emission to
intensitymodulated excitation, showing the
relative phase delay, 𝜙, and modulation ratio,
𝑀. Reprinted from Jorge [68]

Figure 2.21: Illustrations related toluminescence decay time measurements in time and frequency domain

Dual Lifetime Referencing
Dual Lifetime Referencing (DLR) uses two luminophores with different decay times. This is a chemical
sensitive indicator with a shortlived decay time and a nonsensitive reference indicator with longer
decay time [154]. Both luminophores have overlapping excitation and emission spectra and are excited
at the same wavelength. Just as with the phase modulationluminescence decay time, the indicator is
excited sinusoidal and therefore its fluorescence emission is also modulated sinusoidal, showing a
shift of the phase. DLR is a method to turn fluorescence intensities into ratiometric signals. During
Timedomain dual lifetime referencing (tdDLR), the detector is turned on during the excitation and
during the emission (figure 2.22a). The reference dye has a much longer decay time, the ratio between
the two measurements determines the concentration of the analyte. In the second window only the
phosphorescence is measured of the reference. Therefore, it is important to only start the sensing
after the fluorescence is completely decayed. The ratio 𝑅 of the tdDLR is determined by the following
equation:

𝑅 = 𝐴𝑒𝑥
𝐴𝑒𝑚

= 𝐴𝑒𝑥(𝑖𝑛𝑑) + 𝐴𝑒𝑥(𝑟𝑒𝑓)
𝐴𝑒𝑚(𝑟𝑒𝑓)

(2.34)

In the frequencydomain dual lifetime referencing (fdDLR), the phase shift of the overallluminescence
is depended on the ratio of the intensities of the reference and the indicator [77]. The reference gives
a constant background signal while the analyte concentration changes the fluorescence signal of the
indicator. The overall phase shift of the overallluminescence 𝜙𝑚 is determined by 𝜙𝑟𝑒𝑓 and 𝜙𝑖𝑛𝑑:

𝑐𝑜𝑡𝜙𝑚 = 𝑐𝑜𝑡𝜙𝑟𝑒𝑓 +
1

𝑠𝑖𝑛𝜙𝑟𝑒𝑓
⋅ 𝐴𝑖𝑛𝑑𝐴𝑟𝑒𝑓

(2.35)

Where A is the amplitude and 𝜙 the phaseshift. This type of sensing allows to have a dual sensor
capable of simultaneous detection of the two analytes. For such applications, a longlived phospho
rescence indicator acts as an reference for a shortlived fluorescent indicator[75]. This causes that the
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observed phase shift is dependable on the concentration of both analytes and is called modifiedDLR.
More information on mDLR and fdDLR can be found in [21] and [75]. Steinegger et al. [139] made
a table of the various optical detection schemes and rated capabilities for interference compensation.
This table can be found in Appendix A.5.

(a) DLR in time domain. The detector measures the the intensity while
the LED is on and when the LED is off, after the fluorescence is de
cayed. (b) DLR in frequency domain with phaseshift 𝜙

Figure 2.22: Principle of the DLR The upper and the lower rows reflect the situations with “switched on” and “switched off” pH
indicator, respectively. Reprinted from Steinegger et al. [139]

2.5.3. Luminescent Indicators
Luminescent indicators/probes are essential for luminescent based sensing and determine the quality
of the sensor. The sensing technique and equipment depend on the characteristics of the indicator.
Luminescent indicators are not all interchangeable within one setup, so selecting the right indicator is
an important step in building an optical sensor. Indicators depend on the analyte you want to measure,
but can also be interchangeable. Since early on, the characteristics have been studied and many nat
ural or synthesised compounds are available for luminescent sensing. There are intrinsic and extrinsic
luminophores.

Intrinsic luminophores are organic materials and called organic probes. Most naturally occurring probes
have absorption and emission in the UV or blue region spectrum. This makes them more harming and
expensive to use and they also have short lifetimes (35ns) [68]. More interesting dyes are the synthe
sised organic luminophores. There are more than thousands of synthesised luminophores available for
sensing application [68]. These luminophores mostly bound to the molecule of interest or have a type of
chemical affinity. For analytes, the sensitivity is achieved through photoinduced electron transfer (PET)
or photoinduced proton transfer (PIPT). Most organic dyes present a high degree of photodegrada
tion hindering their use in longterm sensing applications. Steinegger et al. [139] describe the following
types of luminophores which can be used for pH sensing; Phenolic luminophores (HPTS and Fluores
ceins), luminophores with aromatic rings of protonable nitrogen atoms (Pyridines, quinines, oxazines)
and luminophores with dissociated groups attached to a choromophore. For this research, the focus
will be on the phenolic luminophores. These types of probes can have a phenol group which is part of
the chromophoric system. This group can be phenol and phenolates depending on the local pH value.
The phenolate is photoexcited and causes fluorescence. If the pH value drops, there is less absorption
of the phenolate form and the fluorescence will fade out.

Extrinsic luminophores are Metalligand complexes, also called longlived Transition Metal Complexes.
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These luminophores have longer decay times existing of a transition metal containing one or more or
ganic ligands. The most used metal complex is platinum metal ruthenium. Metalligand complexes
have the advantage that they have longer decay times and larger Stokes shift compared to organic
luminophores because of a lower energy of the triplet state. The disadvantage is that the brightness
is lower and the quantum yields are low. Another big limitation is that the metalligand complexes are
sensitive to oxygen, which influences the decay time. The last category of luminescent indicators are
luminescent quantum dots, but because of their bad biological response, this is not further explained
in this research.

pKa of luminescent indicators
To determine the pKa, usually the Eistert equation is used in combination with photo/fluormetry.

𝑝𝐾𝑎 = 𝑝𝐻 + 𝑙𝑜𝑔
(𝐴𝑥 − 𝐴𝑏)
(𝐴𝑎 − 𝐴𝑥)

(2.36)

Equation 2.36 describes, that 𝐴𝑥 is the absorbance at a pH value. 𝐴𝑏 and 𝐴𝑎 are the absorbance of
the dye in basic and acidic form (with very high or low pH). With unknown ionic strengths which affect
the equilibrium constant and more thorough calibration is needed. However, in dual wavelength/lifetime
referencing usually a sigmoid function is fitted to the measured ratios between the two measurements.

Sigmoid function for pKa
Reijenga et al. [122] describe fourteen methods of determining the acid dissociation constant and eval
uate the different methods. Most of these methods use curve fitting of a sigmoid curve to obtain the
inflection point which is the pKa. In the literature, different sigmoid functions are used to fit the disso
ciation curve. However, the most used function is the Boltzmann fitting curve and is also used by the
OriginLab Chemistry Software [107, 154, 150]

In 1988 Edmonds et al. [42] described that and increase of ionic strength can shift the pKa up to
1.2 units. Different dyes have different effects on the pKa. Fluorescein dyes have been described to
lower the ionic strength while 8Hydroxypyrene1,3,6trisulfonic acid trisodium salt (HPTS) has been
described to increase the IS. This is because HPTS has multiple negative charges that are sensitive to
IS. Therefore it is important when an indicator is used, it needs to be calibrated.

2.6. Hydrogels
Hydrogels exist out of a polymer network. This polymeric network has a double function in the optical
sensors. It is the solvent for the indicator and a permeationselective membrane which prevents cross
talk. For a pH sensor, this network has to be permeable for protons. Therefore, mostly hydrophilic
polymer networks are used. Polymeric networks made out of inorganic materials are called solgels. In
this thesis, the focus is on the organic hydrophilic polymer networks called hydrogels.

2.6.1. Mechanism
Hydrogels hydrophilic characteristic causes that the network can absorb between 0.1 and 2000 times
their dry weight. This results in a swelling of the network. This swelling is needed for proton transfer.
Proton transfer means that protons of H3O+ transfer to a neighbouring H2O molecule. This means that
when a hydrogel wants to react with the pH changes, it is not permeable for one proton, but allows
proton transfer. Charged polymers and hydrophobic polymers make this harder and are therefore not
used very often and will not be discussed. Proton diffusion is determined by the polymer volume fraction
and influences the response time of the hydrogel. This fraction is the amount of water retained by the
hydrogel in the swollen state. Besides the proton diffusion, this fraction also influences the mechanical
stability. Because the swelling of the hydrogel can negatively effect the mechanical properties of the
hydrogel. The elastic nature of the hydrogels allows them to fully recover from small deformations (up
to 20%). Larger deformation can influence the mechanical properties and detach the hydrogel from the
mechanical support.

2.6.2. Types
There are different structures the hydrogel can exist of. It can exist out of hydrophilic linear polymers,
hydrophobic and hydrophilic polymers and crosslinked hydrophilic polymers. The differences will be
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discussed in section 3.3.3. Dyes can be attached to the hydrogel in different methods. The immobilisa
tion methods are: Physical entrapment, covalent immobilisation, non covalent entrapment, electrostatic
binding, copolymerisation and ion pairing. These methods are extensively elaborated by Steinegger
et al. [139].

2.7. Challenges in optical pH sensing
A lot of research has been done in the field of optical sensing and for this application the following
challenges are synthesised from the work of Steinegger et al. [139] and Weidgans [154],

1. Ionic Strength: need for IS effect compensation, blood electrolyte concentration vary a lot.

2. Temperature: a pH sensor is a temperature sensor. Therefore the changes in temperature should
be taken seriously in obtaining the right data.

3. Small Volume: indicator error in small sample volume. Indicator is a (weak) buffer itself, as well
as for any (de)protonable (and thus swellable) polymer or conductive polymer. If small volumes
of unbuffered samples are used the error can be significant.

4. Degradation: leaching and bleaching of the indicator material influence the stability of the sensor.

5. Support Matrix: hydrogels or solgels. For hydrogels the use of swellable polymers influence the
sensitivity, these polymers contain numerous protonable sites which make them sensitive to ionic
strength. The pKa changes and the swelling depends on the IS.

6. Time: diffusion of the protons cost time and this has direct influence on the response time of the
sensor.

7. Sterilisation: sterilisation of the sensor.

8. Noise: storing the sensors, background light/fluorescence.

9. Body fluid interaction: blood clotting, coating with protein and fouling.

10. Concentration vs Activity: as described in 2.2.2, fluorescent dyes measure the concentration
of the protons not directly the activity.

11. Fluid: for transmission of protons to the fluorescent indicator liquid is needed and dry surfaces
can influence the result.

Not all challenges can be tackled by this thesis work. Certain decisions are made due to limited
resources (time, money, and available knowledge). The following chapter will go deeper into these
decisions and how they influence the challenges listed above.
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Narrowing the scope

This chapter will focus on the work done to narrow down the scope of this project. The first step was done
in an extensive literature review which can be found in Appendix A.18.2. This literature review showed
that there are many possibilities to measure pH and all have their (dis)advantages. The decisions made
in the literature review greatly impact this thesis work. To focus on the outcome of a proofofconcept
sensor, many decisions are made in a structured manner. This chapter will first summarise the outcome
of the literature review and what the influence of the goal of this thesis work is. After this elaboration,
conditions are introduced which impact the possibilities for this work and a framework will be introduced
for decisions. After this, a second literature search is used to decide on the method chosen for this proof
of concept.

3.1. Literature review
The literature review was done to find feasible methods to monitor myocardial ischaemia. This was
done in three parts, the first focusing on what parameters to measure, the second part was deciding
between electrochemical and optical sensing, and the main part was comparing different optical sens
ing techniques. The goal of the literature review was to lay the groundwork for the development of
ischaemia sensor and to make an overview of what has been done. The goal of the literature review
was to answer the following question:

What are feasible methods to detect myocardial ischaemia during a cardioplegiainduced arrest?

3.1.1. Ischaemia parameters
The first question which is answered in the literature review is:

Which physical parameters are related to myocardial ischaemia during a cardioplegiainduced arrest?

To answer this question, the parameters related to ischaemia were elaborated and the following 4
parameters were compared: PCO2, O2, Lacate, and pH. These parameters are all directly related to the
ischaemia of the heart cell as described in 2.1.4. Table 3.1 describes the (dis)advantages of sensing

Parameter Advantages Disadvantages Depended on Used to measure
ischaemia

Lacate Direct product of anaerobic glycolysis Enzyme needed to measure lactate pH only in sport
Payne et al. [110]

pH Direct information about acidity in the cell Buffer system in cell try to keep pH steady
Lactate
Various buffers
(CO2,phosphate)

Khuri and Marston [73]
Khabbaz et al. [72]

PCO2 Measures the pH and the accumulation of CO2 Influenced by the buffer system of pH pH Pischke et al. [112]

O2
Oxygen is used by the cell and a decrease
Indicates a cell using to much oxygen

Only partial pressure or oxygen in
Haemoglobin can be measured easily

Oxygen uptake cell Nichols et al. [105]

Table 3.1: Comparison of different parameters with the (dis)advantages of measuring them to monitor myocardial ischaemia
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these parameters. In the review, the decision was made to focus on both lactate and pH. Although
lactate is challenging to measure, lactate was selected because it is the direct product of ischaemia.
pH was selected as the second parameter becausemultiple studies show the direct correlation between
pH and lactate [112, 92, 151] and Khabbaz et al. [72] already showed the capability to monitor ischaemia
in the heart with pH. At the end of the literature study the decision was to focus solely on pH because
it is more accurate and better suitable for fluorescent sensing as the fluorescent indicators react with
pH.

3.1.2. Sensing Mechanism
The second question which is answered in the literature review is:

Which types of technologies are capable of measuring pH and Lactate during a cardioplegiainduced
arrest?

To answer this question, an overview of the different biomedical sensors was synthesised from the
literature. The classification developed in this literature review is shown in figure 3.1.

Figure 3.1: Classification of Biomedical sensor developed for this literature review by combining classifications of Shavanova
et al. [134], Sharma and Khurana [131], Hajian et al. [56] Singh et al. [135]

Table A.1 shows an overview of the sensors discussed in figure 3.1 with the (dis)advantages per sensor
type. Of course, there are many types of sensor per measuring principle, but it gives a good indication
of which type of sensors are capable of measuring the pH of tissue or solutions. The physical sensors
are not capable of measuring pH, and for the other type of sensors, there are already sensors made
in the research field. Because the electrochemical sensors are more related to chemistry, can interfere
with the oxidation and have lower specificity. The decision to focus on optical sensors are elaborated
in section 2.3.4.

3.1.3. Optical sensors
The third and main part of the literature review is focused to answer the question:

What is the most feasible optical sensing technique for measuring pH or lactate during a
cardioplegiainduced arrest?

This question was answered by reviewing the literature. To find the best possible sensor, a search
strategy was constructed. This search strategy exists in multiple parts which are shown in figure 3.2
and was performed in Scopus. It was done to include all possible sensors which show the potential to
be able to measure within the physiological range. The following selection criteria were used to only
assess the sensors with the most potential:

1. Not a review article
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Figure 3.2: Search terms used in literature search in Scopus

2. Set up described with an optical sensor

3. Sensing lactate or pH

4. Can measure in or around the physiological range of lactate (05mM) and pH (6.08.0)

5. Has the possibility to measure invivo

A total of thirtyseven studies were identified for inclusion in the review. The search of the SCOPUS
database provided a total of 1,004 articles, while 298 other records were found through other sources
such as PubMed and Google Scholar. After duplicate removal 1,050 records remained eligible for
screening. Succeeding the title abstract screening, 154 fulltext articles were assessed for eligibility. Of
these, 129 were articles were excluded for various reasons, which can be found in figure 3.3. In total,
it resulted in thirtyseven articles which are included in the literature review. Seven articles found were
designed to measure lactate levels. Thirteen articles are absorptionbased optical sensors, fourteen
are fluorescentbased sensors, and five are sensors based on the reflection. Elaboration on all thirty
seven sensors are described in the review. The extensive results of the literature review can be found

Figure 3.3: Flow diagram of records included in this literature review

in Appendix A.18.2, but Table 3.2 summarises the results. Looking at the literature found, the following
deductions are made. First of all, the lactatebased sensors found in this review are not very applicable
for in vivo measurements. It has various reasons, but the need for oxygen for enzymatic reactions to
occur limits the possibilities for these types of sensors. The second problem with lactate sensors is that
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the manufacturability of these sensors is difficult. This is the reason that this thesis will not focus on
lactate.

Another conclusion which can be made from this review is that fluorescent fibre based techniques
are most advanced. These types of sensors are already being used invivo and show great potential.
Only one sensor by Aigner et al. [5] can certainly not be used as an ischaemia sensor, because of the
short shelflife of the planar sensor. The applicability is the most significant uncertainty of the reflection
sensors as to whether they are suitable as a potential sensor. Just as with the lactate sensor, the manu
facturability is a reason why the focus of the rest of the research will not be on reflection based sensors.

Absorption based sensors are considered relatively easy to manufacture. This is mainly because only
a dye and a hydro/solgel matrix are needed. No fluorophores, lasers, or nanoparticles have to be used
to test these sensors. The main disadvantage of these sensors is that they are only tested in test so
lutions or biosamples. This makes it hard to determine if they would succeed in measuring the pH of
the tissue of the heart. The last hurdle which should be investigated with the absorptionbased sensor
is the size of the fibres used. Most of them are above 300 µm and this is still invasive for the tissue.
Fluorescent based optical fibres are smaller but have problems with dry bleaching and response time.

Ref Parameter Principle Type of
Sensing

Physiological
Range

Applicable
for in vivo

Resolution/
Accuracy

Response
Time

Easy to
Manufacture

Potential
Sensor

Jernelv et al. [67] Lactate AB Fibre 3 7 ? 3 7 7

Baishya et al. [15] Lactate AB Fibre 3 7 ? 3 7 7

Zheng et al. [172] Lactate FL Fibre 7 7 ? ? 7 7

Biswas et al. [20] Lactate FL Fibre 7 7 ? ? 7 7

Sharma et al. [133] Lactate RE Fibre 3 7 3 3 7 7

Driller et al. [39] Lactate AB Planar 3 7 ? ? 7 7

Andrus et al. [9] Lactate FL Planar 7 7 ? 7 7 7

Florea et al. [48] pH AB Fibre 3 7 ? ? 3 7

Raoufi et al. [119] pH AB Fibre 3 3 7 ? 3 3

Jeon et al. [66] pH AB Fibre 3 ? ? 3 3 ?
Tou et al. [145] pH AB Fibre 3 ? 3 3 ? ?
Zajíc [169] pH AB Fibre 3 7 3 ? 3 7

Tamayol et al. [143] pH AB Fibre 3 7 7 7 3 7

Kim et al. [74] pH AB Fibre 3 ? 3 3 3 3

Mishra et al. [100] pH AB Fibre 3 7 3 3 7 7

Hartings et al. [58] pH AB Fibre 3 7 ? 7 3 7

Hiruta et al. [62] pH AB Planar 3 3 ? 3 7 3

Ellerby et al. [44] pH AB Planar 3 7 3 3 3 7

Chen and Gu [27] pH AB Planar 3 ? 3 3 ? ?
Kattipparambil Rajan et al. [70] pH AB Planar 3 7 3 ? 3 7

Kasik et al. [69] pH FL Fibre 3 ? 7 3 3 ?
Weizhong Jin et al. [155] pH FL Fibre 3 ? 3 3 ? ?
Aigner et al. [4] pH FL Fibre 3 3 3 3 ? 3

Qi et al. [117] pH FL Fibre 3 3 ? 3 ? 3

Cui et al. [31] pH FL Fibre 3 ? 3 3 3 3

Chen et al. [26] pH FL Fibre 3 3 3 ? 7 ?
Ehrlich et al. [43] pH FL Fibre 3 3 3 3 7 ?
Wencel et al. [157] pH FL Fibre 3 3 3 ? ? 3

Choudhary et al. [28] pH FL Fibre 3 3 3 3 7 ?
Gong et al. [53] pH FL Fibre 3 3 3 3 7 ?
Aigner et al. [5] pH FL Planar 3 7 ? ? ? 7

Liu et al. [89] pH FL Planar 3 ? 3 3 7 ?
Cattini et al. [24] pH FL Planar 3 ? 3 3 3 ?
Li et al. [85] pH RE Fibre 3 ? 3 3 7 ?
You et al. [168] pH RE Fibre 3 ? 3 3 7 ?
Zhao et al. [170] pH RE Fibre 3 ? 3 3 ? ?
Elsherif et al. [45] pH RE Fibre ? 7 3 3 ? 7

Ran et al. [118] pH RE Fibre 3 3 3 3 7 ?

Table 3.2: Evaluation of all the sensors found in the literature on their capabilities to be in vivo ischaemia sensor.

3.1.4. Consequences for thesis
Extracting the information from the literature review narrowed down the scope of a potential ischaemia
sensor. The consequence of these results is that the focus of the thesis work is focused on fluorescent
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optochemical sensing. As described in section 2.4 and 2.5 many different techniques, hydrogels, and
pH indicators can be used. To choose the right materials for the thesis, some recommendations were
made in the literature review: First of all, the manufacturability has to be further investigated to see what
is possible with limited resources. Secondly, it is essential to elaborate on which risks are accompanied
by using fluorophores and dyes. In the third place, further investigation into the hydrogel/solgel material
is required. It needs to be done to make sure it does not damage the tissue of the heart. At last, the
possibility to combine planar and optical fibre techniques in a sensor needs to be examined. It can be
an advantage to place a hydrogel with a planar LED on the tissue and only use optical fibres to receive
the information of the tissue. These recommendations where taken into consideration for setting the
conditions for the sensor.

3.2. Conditions for the sensor
As result of the literature study, this thesis is focused on developing a pHsensitive optical sensor based
on fluorescence. This section describes the medical requirements, available resources, and selection
criteria of the material which are taken into consideration for the development of the proofofconcept
sensor. Following this description, some stateoftheart sensors are described and the first concepts
are elaborated. To finish, a framework is described which is used to select the materials and techniques
for the development of the sensor. The aforementioned requirements influence each other and that is
why the framework was devised to choose the best combination for this research.

3.2.1. Medical Requirements
In consultation with cardiothoracic surgeons of the Leiden University Medical Centre (LUMC), a list of
requirements was synthesised which is shown in Table 3.3. These requirements were developed with
out any technological constraints and should give an understanding of what is wanted by the surgeons
to help them during the surgery and what will improve the possibility of adaption by the surgeons. These
requirements are set for the final design of the sensor, so it is accepted if the prototype does not meet
these requirements. However, it should show enough potential to overcome the problems.

3.2.2. Resources Available
Now that the requirements and wishes for medical success are elaborated, it is necessary to evaluate
the resources (costs, time, tools, devices, materials) available to set up the selection criteria and ap
proach for the proof of concept. Different resources are discussed and their influence on the final criteria
are given. As the goal of this thesis is to develop a proof of concept, the limitations lay in the complexity,
time and devices needed. While time, cost, and materials are limitations because this research is only
a thesis work.

• Cost: The availability of financial resources is limiting the development of the sensor. Many sen
sors found in the literature describe expensive processes or the use of expensive devices to
fabricate the sensor. These options are not very attractive for proofofconcept research. The ulti
mate sensor can definitely be expensive as this is a life saving application, but this sensor should
fall in the budget of the department.

• Time: The second scare resource is the time available for the research and development of the
sensor. As this research is focused on selecting the right method for detecting myocardial is
chaemia and making a proofofconcept, limited time can be spent on selecting the method and
material and on developing the proof of concept.

• Knowledge: As found in the literature, many sensors are based on difficult chemistry and need
extensive processing steps. Chemistry is not the main background of the author, supervisors, or
department and not the goal for this sensor. Many different combinations of hydro/solgels and
indicators are described in the literature and can be interchanged in some cases [154, 156, 157,
28, 47, 71, 164]. This allows that the chemical knowledge needed to create a proofofconcept
sensor can be minimised as with further development this can be made more complex. However,
the method and materials chosen should be able to be interchanged.



Requirement Minimally Optimally Remarks

Location 3 sensors (in proximity of
each coronary artery)

Complete 3D map
under coronary sinus

As described in section 2.1.2 the cardioplegia is administered antegrade in the aortic root or in
the ostia of the coronary artery. Minimally it is necessary that the ischaemia is measured distal of
each of the coronary arteries. The ultimate goal would be to measure ischaemia all around the heart.

Response time ± 30 seconds ± 1 seconds
The faster the surgeon can react to the ischaemia, the better the tissue is preserved. The surgeon needs
time to react to changes and therefore a response time of 30 seconds should be the aim of the sensor.
Longer times will increase the risks for damaging the tissue.

Installation time
(placement on heart)

Max. 5 minutes <1 minute
The placement of the sensor will cost time, surgeons will counterwork the implementation if the
installation of the sensors takes too long. The time is depended on the effectiveness, but installation
times above 5 minutes can have negative consequences

Time of use 6 hours 48 hours
Open heart surgery usually takes between three to six hours. There are cases that a CPB is connected
for more than 10 hours. However, six hours should be enough for most operations. The ultimate goal
would be to keep the sensor in the heart for 48 hours to detect postoperative ischaemia.

Size patch 3x3 cm <1x1 cm When the sensor exists out of a sensitive patch, this patch should not be bigger than 9 cm2. Bigger
patches will interfere with the accuracy and the ease of use. Smaller patches are better because of this

Invasiveness Myocardia/Epicardia Myocardia/Epicardia Myocardia is the muscle tissue of the heart and the epicardia is the upper layer of this muscle tissue. It
still needs to determined on which layer the sensor would work the best.

Transmission Cabled Wireless
The surgical area is already narrow and many cables, tubes and catheters are limiting the surgical
area. If it would be possible for the signal to be transmissioned wirelessly it
optimal, but it is not an essential requirement.

Toxicity/
degradation

Biocompatible 2x time of use ∞ Biocompatible The sensor should not be toxic for the tissue because it is already very weak. The degradation of the
sensor should be at least to 2x the planned used and would be optimal to be zero

Sensing parameters Ischaemia in general All different parameters
related to ischaemia

The surgeons are interested in measuring the ischemia of the tissue. It is no requirement that the sensor
measures pH, Lactate, O2 or pCO2, but if it would be possible to measure all these parameters
independently this would improve the outcomes and the possibilities for researching the effects.

Reference sensors  Intercostale muscle To measure the changes in the heart it is relevant to have a reference sensor connected to other muscle
tissue for example the intercostal muscle.

pH specific requirements The surgeons do not require a pH sensor. They are just interested in the ischaemia of the tissue, however
pH is chosen as the sensing parameter. Therefore the following requirements were made

Measurement
range pH

6  7.5 (error 0,01) 58 (error 0,001)
pH in the body is in a range between 7.357.45. Values lower than 7 should be measured as this is when
the tissue is at risk. For safety margin the minimal pH which should be measured is 6. The maximal pH
value is less important for the surgeon

Drift ± 0,01 pH per hour ± 0,0001 pH per hour Accuracy is very important in this type of sensing, because you do not want that the sensors starts to
drift and the surgery is halted. Therefore, only a small drift is wanted by the surgeons.

Temperature drift ± 0,01 pH per C ± 0,0001 pH per C
Temperatures can vary during the surgery. pH is depended on temperature as described in 2.2.2
These temperature changes need to be measured, but it is also necessary that these temperature changes
can be corrected by the same factor during the surgery

Table 3.3: Description of different requirements set by the cardiac thoracic surgeons of Leiden University Medical Centre.

404040
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• Devices: Surface Plasmon Resonance and Raman Scattering are devices which enhance the
complexity of the measurement. These devices have high purchase costs and are not available
for this research. Gratings and Quantum Dots need specialised devices to be fabricated and are
also not available for this research. However, the devices of the Else Kooi Lab are available for
this research. These devices have the advantage that they are scalable for mass production and
will not interfere with the end goal of the project. Additionally, all different kinds of spectrometers
are available to test the sensors.

• Materials:All materials should be available for purchase or fabrication. The fewermaterials needed
will simplify the proof of concept but should not be at the expense of accuracy. Secondly, the ma
terials used should be biocompatible as the devices will be implanted for hours inside of the body.
The tissue should not be influenced by the sensor and the sensor should comply with the ISO
109931:2018.

3.2.3. State of the art sensors
Before a new design is developed, it is important to investigate what the current state of the art is in the
scientific community and with what you need to compare the new sensor. It can also be of added value
to see for the possibility to combine work and build on the knowledge already acquired. This section will
describe the sensor developed by Wencel et al. [157], Gong et al. [53], Cattini et al. [24] and Presens.
All sensors are published in the last three years and are the results of multiple research groups trying
different methods.

Wencel et al. [157] designed a sensor using HPTS and a solgel consisting of ETEOS and GPTMS.
The sensor used a 400 µm multimode fibre with 37 cores. at the end of this fibre the solgel with encap
sulated HPTS was coated. The achieved intensity ratio of maximal 4.0 at pH of 8.5 and a reaction time
of 2 minutes. They even tested the sensor in vivo and showed an resolution of 0.0013 pH. However,
this sensor is expensive and needs custom optoelectronics and advanced processing.

Gong et al. [53] describes an hydrogelbased sensor using two fluorphores (5(6)FAM and Porphyrin)
were Porphyrin was the insensitive indicator and 5(6)FAM the sensitive pH indicator. The hydrogel
was selected by combining different kinds of hydrogels at varying concentrations. Followed by select
ing the one with the most potential. The achieved an response time of only 30 seconds and proved to
detect the acidity of lung tumors in ex vivo measurements. The disadvantage of the sensor is that it is
expensive and needs advanced processing, which would be hard to adapt for this work.

Finally Cattini et al. [24] developed a much simpler sensor for inline blood pH measurements using
HPTS encapsulated in microbeads in an hydrogel. They demonstrated that the sensor had an error of
only a few thousands of pH over a 6h measurement. The advantage of the sensor was that the sensing
part could be disposable and the electronics reusable. They clearly described the fabrication method
which can be an advantage to other sensors.

pH sensors developed by Presens use the patented technology of Dual Lifetime Referencing. These
sensor are used in determining pH in tumour micro environment and tissue engineering solutions. They
have a micro sensor which can be used to measure pH in solutions and semisolids. They have a range
between 5.5 and 8.5 and a resolution of 0.02 pH and an accuracy of 0.1 pH (with calibration). However,
their sensors are very fragile and need special pH equipment.

For this research, it will try to develop a sensor which has the potential to compete with these sen
sors and be an added value to the scientific community. Secondly, these sensors are all designed with
different applications in mind and this work will focus on myocardial ischaemia related pH changes.

http://www.presens.com
http://www.presens.com
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3.2.4. Framework
To select the right method for producing and measuring pH, both the medical requirements and the
available resources have to be taken into consideration. However, their weight for each of these con
siderations is different. Some criteria can be easily set, such as costs, devices, measurement range,
and time of use. While others like material are depended on the process possibilities and the knowl
edge available. The following core criteria are used at the onset of the research to determine to which
techniques and material proofofconcept sensor is built. These criteria are then used to select different
measuring techniques and materials (pH indicator and Support Matrix) which can be used for this ap
plication. These different techniques and materials are then evaluated and compared. As the materials
used can not be used with different techniques, combining the results will lead to an method to fabricate
a proofofconcept sensor. The core criteria for a proof of concept sensor are that:

1. The prototype material needs to be biocompatible

2. The prototype needs to be sensitive for pH between 6.5 and 8

3. The prototype needs an accuracy of at least 0.1 pH

4. The prototype cost should not exceed 1000 euro

5. The prototype needs to easily allow for remotely sensing

6. The prototype needs no complex chemistry for fabrication

7. The prototype needs no complex optical measurement technique

8. The prototype needs to handle interferences

Approach
The literature review described in Section 3.1 reviewed the possible optical options for sensing pH,
following this outcome, the framework is set up to find and compare different fluorescentbased pH
sensors. The first step is to evaluate the different measuring techniques as not all pH indicators and
support matrices can be used for certain measuring techniques. All possible techniques should be
evaluated on cost, difficulty, material/devices needed, and type of sensing. For the most promising
outcome, the literature has to be evaluated to ensure the latest advancements are included in the com
parison. Following this, an overview should be made of these methods and materials. Here the different
methods found in the literature are compared on indicators, polymers, their potential, materials used,
fabrication method, and pH sensing properties. Subsequently, the support matrices and pH indicators
are elaborated. The final step is to compare the methods, which have the most potential, with the core
criteria. Finally, this will result in an optical sensing technique and materials which will be used for the
continuation of the project.

3.3. Result
This section will describe the outcome of the framework described in section 3.2.4. As every study has
different goals, it was difficult to compare all different results with each other. By comparing the pros and
cons of different studies, overviews were created. These overviews allow for combining a technique
and materials which meet most of the requirements and allows for the development of a sensor despite
the limited resources.

3.3.1. Selection of Optical Technique
The different fluorescent measurement techniques described in section 2.3.2 were compared on the
ability to handle interferences, the expected costs, the difficulty of fabrication, and the material and
devices needed. Of course, the techniques described can be applied in various applications and set
up, but this overview gives an overall description of the (dis)advantages of these technologies. Table
3.4 shows these criteria and ratings. Each criterium is rated from () to (++). The ability of handling
interferences is rated an () when the technique has no option to prevent the results from interferences
outside of the wanted signal. A (++) is rated when the technique can almost completely compensate
for the interferences. The costs are rated on the same scale where () is rated when high costs are
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expected and (++) is rated when the technique is expected to be inexpensive. The difficulty of using the
techniques ranged from problematic () to straightforward (++). Materials and devices needed are not
only based on cost, but also the process steps needed and the availability of all necessary materials
and devices. At last, the table shows if it is possible to use the techniques for planar or fibrebased
sensors. The possibility to use the technique for both types has the preference as the future design is
not yet fully excogitated.

Technique Advantages Disadvantages Inter
ferences

Costs Difficulty Material/
Devices

Planar/
Fibre

Steady State Measurements

Absorptiometry
Relatively simple
Commonly used technique
Can be used for optical fibre cladding

Need for clear sensor material
Clear sample to prevent scattering
Not used for fluorescence
Sensitive for interferences

 ++ ++ + Both, fibre
only ATR

Reflectometry
Simple
Ratiometric sensing
Commonly used sensing

Optical isolation layer advisable
Weak signal
Scattering particles advisable

 ++ ++ + Both

Luminescence
intensity

Used a lot in research.
Known principle.
Commercially available

Influenced by a lot of factors not only
the concentration (see Section ??)
Indicators with high quantum yield needed

 + ++ + Both

Dualwavelength
referencing

Less scattering
Less instrumental drift
Less optical alignment interferences

Still interferences of optical components
Background fluorescence and dye bleaching
More difficult than luminescence intensity

+ + + + Both

TimeResolved Measurements
Luminescence
decay time
(TDFD)

Independent of intensity fluctuations.
Very good in handling interferences.
Self referencing and sensitive

Expensive.
Need for long life indicators.
Complex

++    Both

Dual Lifetime
Referencing
(TDFD)

Almost no interferences
Time or domain frequency.
Simple calibration.
Precise

Dyes needed with different lifetimes
More complex
Metal Ligand Complex needed

++ +  + Both

Energy Transfers

FRET Low cost instrumentation Two dyes needed in close
proximity of each other.

+ +   Both

Inner
Filter
Effect

No need for close proximity.
No influence on decay time
Used in extreme sensing

Not much information available.
Mostly seen as unwanted effect
of fluorescence spectroscopy.

n.a.    n.a.

Fluorescence
Quenching

Speed and simplicity Inadequate detection levels
More chemistry based

n.a. +   n.a.

PET Fast and reversible.
Thermodynamically favourable

Inefficient for long wavelengths.
More chemistry based

n.a. +   n.a.

Table 3.4: Overview of the different optical techniques and their (dis)advantages. Compared on four different aspects

Energy Transfers
Besides steadystate measurements and timeresolved measurements described in section 2.5 the
table also describes the techniques involving Energy Transfer. The Energy Transfer techniques were
added in the comparison as multiple sensors described in the literature use these techniques.

First of all, Fröster Resonance Energy Transfer/Fluorescence Resonance Energy Transfer (FRET).
FRET exists in two different types of dyes. One dye is pH responsive while the other normally not (can
be possible). Photonic energy can be transferred from the first to the second dye. The emission band
of the first dye overlaps with the excitation band of the second and as reaction the second dye will have
an emission occurring. The ratio between these peaks can indicate the level of pH. FRET can also be
used in combination with nanoparticles. The disadvantage is that it has to be clearly differentiated from
the Inner Filter Effect [139].

Inner Filter Effect works by adding an extra dye which is pH independent which during photoexcitation
emits fluorescence which interacts with the fluorophore. This working is often found with upconversion
nanoparticles and quantum dots. In comparison to FRET, the indicator does not have to be in close
proximity to the inert flourophore. Inner Filter has no effect on the decay time.
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In classical fluorescence quenching, a quencher, such as iodide, a metal ion, a nitro compound, or
even the hydronium ion (𝐻3𝑂+), quenches the fluorescence of a fluorophore or a particle. In other
words, the photonic energy is no longer emitted by the quencher. Quenching may be static or dynamic.
In the former case, the decay time remains unaffected, while in the latter case, it is reduced.

PET is an excited state electron transfer process where a photoexcited electron is transferred from the
donor (receptor group) to the fluorophore. With respect to sensing, the PET caused by the unpaired
electrons of amino or phenolate groups has received the most attention. Therefore, PET efficiency is
high if the PET group is easily oxidised (readily loses an electron in the excited state) and the fluo
rophore is easily reduced.

3.3.2. Selection of pH Indicator
There are over 900 different fluorophores, which can be found [147]. Fluorophores.org shows that 37 of
these fluorophores can be used as an pH indicator. This gives researchers in optical pH sensing many
possibilities to select an pH indicator for their application. To narrow down these options, a selection
is made between the pH indicators described in the literature. Table 3.5 show the different indicators.
HPTS, DHPDS, fluoresceins, 5(6)FAM, and SNARFDE are all phenolic luminophores based on pho
toinduced proton transfer (PIPT). While poryphyrin, PETrhodamines, and 4ANI are aliphatic amines
luminophores based on PET. As this research is mainly focused on optical pH sensing and not com
paring chemistrybased principles, the selection of the pH indicator depends mostly on the ease of
manufacturing a sensing layer with a pH indicator and which can be sensed easily. As well, the deci
sion was made to select a combination of the support matrix and the indicator described in the literature
to make sure this would not slow down the fabrication of the sensor. Therefore are the indicators eval
uated in combination with the support matrix. The full sensor was rated on their potential, materials
used, fabrication steps, and sensitivity to pH. Table 3.5 shows these ratings and (dis)advantages of the
fourteen sensors found in the literature.

As all sensors were preselected, they are all capable of measuring the pH in the desired range and
selectivity. Therefore, they are rated from () to (+++). A (+++) is given when the sensor satisfies the
optimal criteria. The (++) is given when it is sufficient and (+) is okay. A rating of () is only given once
because the processing steps were very complex.

3.3.3. Selection of Support Matrix
In the literature, two types of support matrices are mainly used. This are hydrogels and solgels. Hydro
gels are described in section 2.6 and solgels is: ”a wet chemical process that involves the formation
of an inorganic colloidal suspension (sol) and gelation of the sol in a continuous liquid phase (gel) to
form a threedimensional network structure” [10].

Meng [97] describe the following advantages of solgels in comparison with hydrogels; Solgel ma
terial is chemically, photochemically, thermally, and mechanically stable, Solgel material is optically
transparent (down to 250 nm), Solgel material is formed at low temperature and under mild chemical
conditions, Solgel can be cast as various forms including monoliths, thin films, fibers, and powders.

However, this process is muchmore chemically complex and canmake the process steps more difficult.
As table 3.5 shows, indicators can be used with sol gels and with hydrogels. As using hydrogels will al
low for a more iterative developing process and can be handled fairly easily, it can be a big advantage.
Especially when it is possible to switch to a solgel later in the process.

3.3.4. Result
As sections, 3.3.2, 3.3.1 and 3.3.3 shows, selecting an optical technique depends on many factors
and interconnects with the decision of the material. Keeping in mind that there are limited resources
available, first an optical technique was chosen:

The decision was made to choose the DualWavelength Referencing (Dual Wavelength Referencing
(DWR)) as optical technique. This technique has as main advantages that it can cope with interferences
and is a steady state measurement. This allows for much simpler instrumentation and makes testing
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less difficult than Time Resolved or Energy Transfers. Another advantage is that it can be easily op
timised to more complex materials if the fundamental of the technique works for the desired application.

Selecting the support matrix was dependable on the indicator, so secondly the indicator was chosen.
As many indicators in table 3.5 need advanced chemical processing, the decision was made to use
HPTS. This is a very known dye with wellknown specifications and characteristics. This will make the
processing easier and to validate the results with the literature. A disadvantage of HPTS is that it is
prone to bleaching and displays strong sensitivity to ionic strength. The pKa of HPTS is 7.4, which is
suitable for the wanted range. Mobilising HPTS can increase the pKa, depending on the charge of the
support membrane [154]. When testing the HPTS, the influence of the ionic strength should be kept in
mind.

For the support matrix, a decision was made not to use solgel because of the chemical processing and
materials needed to fabricate the solgels. One of the most used and proven biocompatible hydrogels,
which does not need activation is HydroMed D4. This hydrogel can be developed by dissolving the
HydroMed D4 polymer in ethanol and mixing it with the indicator. A disadvantage is that the HPTS can
not be mixed directly with the hydrogel, therefore an dye immobiliser has to be used. For this, an anion
exchange resin is used. AmberChrom 1x8 is chosen as this is used in the literature by Kermis et al.
[71] and Cattini et al. [24]. This does influence the sensitivity to ionic strength, but is a relatively simple
method to immobilise the HPTS in the hydrogel.



Reference Indicator Support Matrix Potential Materials Fabrication pH Assessment of potential Fabrication method

Cattini et al HPTS a Hydromed D4 +++ +++ +++ ++

Advantages: Relative simple hydrogel, clear instruction
Optical layout described. Planar sensor
Disadvantages: designed for use in InLine monitoring of blood,
Compensates influences of temperature

Described clearly

Wencel et al HPTS a ETEOS:GPTMS 1 +++ + ++ +++

Advantages: Very good results, tested in vivo in tissue, optical fibre with no
bending influences,minimal invasive, googd long term stability. PEG coating tested
Disadvantages: Use of SolGel, multimode fiber, custom build optoelectronics,
relative slow response time (2 min)

Described,
but missing information

Gong et al 5(6)FAM b

Porphyrin
HBMA/DMAEA 2 +++ ++ ++ ++

Advantages: high speed, multiple combination of polymers tested,
highest potential selected, tested in vivo in the lung, optical fiber
Disadvantages: Expensive set up needed, dual referencing

Described,
but missing information

Aigner et al PET rhodamines pHEMA 3

and silica gel
+++ ++ +++ +

Advantages: use of PET rhodamines, tested with silica gels and polyHEMA,
use of click chemistry, good fluorescence
Disadvantages: not very high accuracy (0.2pH), not tested in vivo/vitro

Described

Choudary et al. 5(6)FAM b Silica microspheres
with TAMRA 4 +++ + – ++

Advantages: tested in vivo, combined pH/O2 measurements,accuracy (0.02 pH),
instantaneous results, small sensor
Disadvantages: Difficult fabrication, Expensive material

Described clearly

Kocincova et al HPTS a pHEMA microbeads +++ ++ +++ ++ Advantages: multiple parameter sensor, use of pHEMA with HTPS
Disadvantages: glass fibre optic, brittle, expensive setup needed, slow response time

Described clearly

Tian et al Fluorescein pHEMAcoPAM 5 +++ +++ ++ + Advantages: different ratio of polymers compared, Polymeric based, cheap
Disadvantages: readout not described

Described clearly

Qi et al 4ANI c Hydromed D4 ++ +++ + ++
Advantages: more controllable pKa through use of ionophores,
large range, fast response time
Disadvantages: More chemical approach, readout set up not described,

Described,
but missing information

Cui et al CTABHPTS d ETES:GLYMO 6 ++ + ++ ++
Advantages: tapered optical fiber, small size,
use of HPTS, fast response time, good accuracy (0.07)
Disadvantages: fragile, difficult to reproduce, use of solgel

Described

Hakonen et al. DHPDS e Cellulose acetate ++ ++ + ++ Advantages: accurate, ratiometric measurement, not clear if planar of fiber
Disadvantages: slow, use of HPTS derivative, readout not described

Described,
but missing information

Hiruta et al
QD
fluorescein
rhodamine B

TEOS 7

PhTriEOS 8 ++ + + ++
Advantages: combination of absorption and fluorescence.
High durabilitly with conitnous light exposure, planar sensor
Disadvantages: Difficult fabrication (Quantum Dots, solgel)

Described,
but missing information

Borisov et al. CrYAB f

SNARFDE g Hydromed D4 ++ ++ ++ + Advantages: multiparameter sensor, set up described
Disadvantages: pH not focus of sensor, expensive set up needed, high complexity

Described

Nivens et al HPTS a TEOS 7 ++ + + ++ Advantages: multiparameter, good storability
Disadvantages: solgel, poor accuracy, read out not described, older research

Described

Kermis et al HPTS
(MAHPDS)

PEGDA 9 ++ +++ ++ +
Advantages: Relative simple material, tested in cuvette,
HTPS analog which is easier polymerisable, sterilisable
Disadvantages: low accuracy, older technique

Described

a 8Hydroxypyrene1,3,6Trisulfonic Acid b 5(and6)Carboxyfluorescein c 4amino1,8naphthalimide d Cetrimonium bromide e 6,8Dihydroxy1,3pyrenedisulfonic acid
f Chromium Yttrium Aluminum Borate g Seminaphthorhodafluor decyl ester 1 ethyltriethoxysilane:(3glycidoxypropyl)trimethoxysilane 2 hydroxybutyl methacrylate:Dimethylaminoethyl acrylate 3 Polyhydroxyethylmethacrylate 4 Carboxytetramethylrhodamine
5 Polyacrylamide 6 Ethyltriethoxysilane:glycidoxypropyltriethoxysilane 7 tetraethylorthosilicate 8 phenyltriethoxysilane 9 Poly(ethylene glycol) diacrylate

Table 3.5: Indicators and Support Matrices found in literature
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4
Material and Methods

This chapter gives an overview of the materials and instrumentation used to develop all what is used
in this work. Following this, the methods of developing the pH buffer, HPTSmicrobeads, sensing layer,
and different samples are elaborated. Subsequently, the different experiments are described and how
the data is obtained and processed. All information needed to imitate the research can be found in this
section

4.1. General Materials and Instrumentation
All materials and instrumentation used in this work are described in this section.

4.1.1. Materials
The following chemicals were used for this work: 8Hydroxypyrene1,3,6trisulfonic acid trisodium salt
(HPTS, product no. H1529), AmberChrom® 1X8 chloride form, strongly basic, 200400 mesh (Dowex
1X8, product no. 44340), Ethanol (product no. 443611) , Sodium phosphate dibasic dihydrate (Na2HPO4
∙2H2O, product no. 71643), SodiumChloride 99.9% (NaCl, product no. S9888), SodiumHydroxide 98%
(NaOH, product no. S8045), Hydrochloric acid 37% (HCl, product no. 320331) were all obtained from
Sigma Aldrich (www.sigmaaldirch.com). pH buffer solutions with pH of 4, 7, 10 fabricated by Mercks
(www.mercks.com) (product no. 1.09884.0001, 1.09887.0001, 1.09890.0001) were obtained via VWR
(www.vwr.com). Hydromed D4 (product no. 100028) was purchased from AdvanSource Biomaterials
Corp., USA (www.advbiomaterials.com). All materials are of analytical grade and used without any
purification. 50 mL and 15 mL Centrifuge tubes (product no.) were obtained via VWR (www.vwr.com)

4.1.2. Instrumentation
pH meter
For measuring the pH of the samples, the Lab 850 was used in combination with the pH sensor N64.
Both the sensor and the meter are fabricated by Schott Instruments Analytics (www.sianalytics.com).
The pH meter Lab 850 was already owned by the department and the pH meter N64 was purchased
via VWR (www.vwr.com). For measuring the temperature, a temperature probe was used. For creating
the buffers, a microscale was used and a magnetic stirrer by Schott Instruments. A 2001000 µL and a
10100 µL pipette of VWR were used for precise pippeting.

Optical examination
For the optical examination of the samples, a Zeiss Microscope in combination with an optical camera
is used. For the fluorescent examination, the Zeiss Axiovert 200M was used and the Thorlabs DC1656
CMOS. The Triax 1080 Monochromator is used for creating excitation light of certain wavelengths.

Spectrometric measurements
For measuring the transmittance and reflection, the Perkin Elmer Lambda 1050 is used. For the trans
mittance measurements, a lens was added in front of the sample to focus the light on the sample.
For fluorescence measurements the Horiba Fluorlog 3 is used. The 322 configuration is used in this
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research. For the reflection fibre measurements, the Avantes Starline is used in combination with the re
flection probe FCR7UVIR20022.5×100. A UV5TZ40015 Bivar, UV LED and the luxeon LXHLPB01
475nm LED are used for the excitation light.

4.2. Methods
This section elaborates the methods used to fabricate the different solutions and sensing layers.

4.2.1. Fabrication of pH buffers
For testing the influences of pH and Ionic Strength in total 40 different pH buffers were fabricated.
Buffers were prepared by mixing a stock solution with different concentrations of sodium chloride
and adjusting to the right pH with hydrochloric acid and sodium hydroxide. An acidic stock solution
was prepared by mixing 2.3405 g NaH2PO4 ⋅ 2H2O in 1.5L of water. This results in a concentration
of 1.2 g NaH2PO4 per litre (0.06 g per 50 mL). The buffer calculator developed by Liverpool Uni
versity was used to calculate the concentration of NaCl, Phosphate Buffer for the right pH and IS
(https://www.liverpool.ac.uk/pfg/Research/Tools/BuffferCalc/Buffer.html). Table 4.1 shows an overview
of the concentration used.

Ionic Strenght pH 6.2 6.6 7 7.4 7.8 8.2
NaH2PO4 (g) 0.06 0.06 0.06 0.06 0.06 0.06

100 mM NaCl (g) 0.2529 0.2427 0.2295 0.218 0.2109 0.2074
H2O (mL) a 45 45 45 45 45 45
NaH2PO4 (g) 0.06 0.06 0.06 0.06 0.06 0.06

150 mM NaCl (g) 0.3984 0.3877 0.3744 0.3634 0.3568 0.3536
H2O (mL) a 45 45 45 45 45 45
NaH2PO4 (g) 0.06 0.06 0.06 0.06 0.06 0.06

200 mM NaCl (g) 0.5441 0.5331 0.5198 0.5091 0.5028 0.4998
H2O (mL) a 45 45 45 45 45 45

a after achieving the right pH the buffers were filled to 50mL with H2O to achieve the right concentrations.

Table 4.1: Overview of different concentration used to fabricate different pH samples with different Ionic Strenghts

To achieve the buffers with the right pH and ionic strength, 45mL of NaH2PO4 stock solution was
poured into a 50 mL glass beaker. Using a magnetic stirrer, the concentration of NaCl was mixed into
the stock solution. NaCl was weighted on the microscale for precise concentrations (figure 4.1a). The
pH electrode and temperature sensor were inserted in the concentration (figure 4.1c). While the mag
netic stirrer mixed at 100 rpm ((figure 4.1b), 0.01M HCl and 0.01M NaOH buffers were used to bring
the buffer to the right concentration. Pipettes were used for controlled addition of the acid and base.
Mostly NaOH was used as the stock solution was acidic. pH buffers were stored at room temperature
in the dark. Every time a test was done, the pH of the buffer was checked (figure 4.1d). The full protocol
of fabricating the pH buffers can be found in Appendix A.2

4.2.2. Fabrication of HPTS microbeads
To test the properties of the HPTS loaded into the Amberchrommicrobeads, these had to be fabricated.
For this fabrication, three different samples were made, the first existing of 35 mg HPTS dissolved
in 100 mL and the others of 70 mg and 105 mg in 100 mL demineralized water. This solvent was
labelled compound 1 and was mixed with compound 2 existing of 10 g of microbeads in 10 mL of
demineralised water. The two different concentrated mixtures were then mixed for 6h at 400 rpm (figure
4.2a). Following this, themixtures were rested and 80mL of clear water was extracted from the samples.
After this, the samples were stored in a dark location. Before storage, the samples were centrifuged
at 2000 rpm and the microbeads were extracted. To check the process, a small sample of microbeads
were mixed with a solution of pH 6 and pH 8. If a visual difference was visible, the process went well
and the loaded microbeads were ready to be stored (figure 4.2). The protocol for producing the HPTS
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(a) Image of measuring the NaCl for the pH buffer (b) Image of the magnetic stirrer used for mixing the buffer

(c) Image of the pH electrode and the temperature probe in the
buffer solution

(d) Image of the output of the Lab 850 pH meter

Figure 4.1: Images of the different process steps described in section 4.2.1

microbeads can be found in appendix A.2

(a) Image of the HPTS and Microbeads Mixture during the mixing
stage

(b) Image of the microbeads in acidic (left) and basic (right) envi
ronment

Figure 4.2: Images of the HPTSmicrobeads fabrication described in section 4.2.2

4.2.3. Fabrication of sensing layer
The final step of the fabrication of the sensor exists out of combining the HPTS microbeads with the
hydromed D4 hydrogel. First, 1 gram of crushed hydromed D4, 1 mL of demineralised water, and 9
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mL of ethanol (96%) were poured together and mixed for 6 hours until the hydromed D4 was fully
dissolved into ethanol. Meanwhile, the water should be extracted from the HPTS microbeads. The
HPTS microbeads were mixed with the hydrogel solution with the ratio of 1 ml of hydrogel to 350 mg
of microbeads and stirred for one hour to ensure a good mixture. To create a sensing layer, a pipette
was used to drop 0.1 mL of this mixture on microscopic glass slides of 10x15x1mm.

4.2.4. Fabrication of different samples
First batch of samples
To examine the optical properties of the hydrogel and HPTSmicrobeads, 8 different samples were
fabricated, existing out of 2 samples per concentration level of HPTS. Three different concentrations of
HPTSmicrobeads were produced and are depicted in table 4.2. One hydrogel solution was divided over

Sample Hydromed D4 Microbeads HPTS

A 1gr/10mL 
B 1gr/10mL 
C 1gr/10mL 1gr/1mL 105mg/ml
D 1gr/10mL 1gr/1mL 105mg/ml
E 1gr/10mL 1gr/1mL 70mg/ml
F 1gr/10mL 1gr/1mL 70mg/ml
G 1gr/10mL 1gr/1mL 35mg/ml
H 1gr/10mL 1gr/1mL 35mg/ml

Table 4.2: Concentrations of the sample mixtures used for the first optical experiments

four different beakers of which 3 with different HPTSmicrobeads concentrations. The final solutions
were mixed for one hour. Of all four solutions, two small doses were deposited on microscopic glasses
(10x15mm). In total, 8 different samples were fabricated and dried in ambient temperature for 2 hours.

Second batch of samples
Second batch of samples were created with less HPTS and thinner layers for measurement with a
fluorescent microscope. The same steps were followed as for the first batch except lower concentrations
of HPTS were used and one sample without HPTS was fabricated as a reference, see table 4.3 To

Solution Hydromed D4 Microbeads HPTS

A 1gr/10mL 1gr/1mL
B 1gr/10mL 1gr/1mL 3.5mg/ml
C 1gr/10mL 1gr/1mL 17.5 mg/ml
D 1gr/10mL 1gr/1mL 35 mg/ml

Table 4.3: Concentrations of the solutions used for the second optical experiments and fluorescent microscopy images

achieve thinner samples, the hydrogel solutions were diluted with 1mL of ethanol before pouring them
in containers of 1mm height and a surgical knife was used to scrape off the excessive solution. Per
solution (4.3) 6 different samples were made, so these could be used for the pH determinations.

4.3. Optical Experiments
During this research, multiple different experiments are done on different samples. Each subsection
describes the equipment used and how it is used to obtain data on the samples.

4.3.1. Optical examination
Microscopic examination
The first batch of samples described in section 4.2.4 were investigated under the Zeiss Microscope. In
figure 5.1 the different samples are shown with different magnifications. The standard light source of
the microscope was used for the optical images. A smartphone (Google Pixel 4a) was used to capture
images of the samples. The images were taken with 10x, 25x, 50x, and 60x magnification.
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CMOS camera examination of emission
The first batch of samples were examined for their fluorescent response at the wavelengths 405nm
and 475nm and measured with the Thorlabs DC 1656 CMOS camera. The camera was positioned 2cm
above a reflective mirror on which the samples are placed, see figure 5.2b. The TRIAX monochromator
is used to excite the sample with specific wavelengths. The light of the monochromator is transferred
to the sample through a slit optical fibre and aimed at the sample at an angle of 65 °at a distance of 1
cm. The lightsource of the monochromator is powered by 21.3V and 10.6A and the entrance slit is set
to 2 mm while the exit slit is set at 1 mm. The settings of the camera were set as followed: all gains =
1, fps = 1, pixel clock = 40 MHz, exposure time = 999.2 ms. The images were analysed in Image J by
splitting the channels and determining the histogram values of the green channel on the sample.

Fluorescent Microscope examination
The second batch of samples are examined under the Zeiss Axiovert 200M. This is an inverted mi
croscope with fluorescence filters. The different types available were (DAPI1160A Excitation: 387/11;
Emission: 447/60,GFP3035BExcitation: 472/30; Emission: 520/35, TXRED4040BExcitation: 562/40;
Emission: 624/40, CY54040A Excitation: 628/40; Emission: 692/40 ), but only the GFP3035B is of
interest for the samples. The outcome is processed by the software included with the microscope. The
disadvantage of this is that it was not possible to set the camera settings. The camera automatically
corrected for white balance and contrast. Therefore, it is not possible to compare the values/histograms
of the samples.

4.3.2. Spectrometer Analysis Experiments

Figure 4.3: Picture of the 150 mm integrating sphere installed in a LAMBDA 1050+ with a top down view of the diagram of the
sphere below. The red marked area is where transmission of the material is done, and the green area the reflectance of the
material. Reprinted from [49]

Transmission measurements
The transmissions of the samples were measured with the LAMBDA 1050 spectrophotometer by Perkin
Elmer. The range was set from 350 nm to 700 nm in steps of 5 nm and the wavelength was set at 1 nm.
Normally, the setup is used for reflection measurement, so a converging lens was put in front of the
sample holder to focus the light straight at the sample. This lens created a focal area of around 25 mm2.
Using the align function, a white light beam was projected on the focal area. The sample was placed
in front of the entrance of the integrating sphere (red part figure 4.3). Therefore, all light going through
the sample is detected by the sensor and allows for the measurement of the total transmittance. The
light beam comes from a Tungsten Halogen light source and the specific wavelength is determined
by a double monochromator setup and a common beam depolarizer is used to correct for inherent
instrument polarization. Before measuring the samples, a 0 and 100 % measurement were done to
calibrate the system.

The samples were prepared by taping them to a microscopic glass, as they do not stick to the glass
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when the sample is wet. The samples were submerged for 5 minutes in the prepared pH buffers dis
cussed in section 4.2.1. After 5 minutes, the samples are taken out of the buffer solution. They are
dried with cleanroom wipes to get rid of water on the samples. Following this, the samples were placed
in the sample holder of the spectrophotometer and aligned correctly using the white light beam. When
the samples were correctly placed, the lid was closed and the measurement would run. For each type
of sample described in section 4.2.4 these steps are repeated for the six different pH buffers with the
ionic strength of 150 mM described in section 4.2.1. An ionic strength of 150mM were selected as this
matches with the physical ionic strength of the body and the resources were not available to test all
different ionic strengths.

Reflection measurements
The reflections of the samples were measured with the LAMBDA 1050 spectrophotometer. The range
was set from 350 nm to 700 nm in steps of 5 nm and the wavelength was set at 1 nm. The samples are
placed at the exit of the integrated sphere to detect the total reflection of the sample (green part figure
4.3). The focal area of the light is set around 25 mm2 with the use of slits. The same samples as in the
transmission measurements are used and as in the transmission experiments, they are submerged in
the 150 mM pH buffer for 5 minutes before they are dried and placed into the sample holder. The align
function of the spectrophotometer is used to check if the sample is placed correctly at the focal area of
the light.

Fluorescence Spectrometer

Figure 4.4: Schematic representation of the fluorescence spectrophotometer Fluorolog 3 model FL322 from Horiba Scientific
used for fluorescence spectrometry. Reprinted from horiba.com

The fluorescence spectra of the samples were measured using the Horiba Flourlog 3. Fluorolog®3
modular spectrofluorometer, developed by Jobin Yvon. Fluorolog®3 delivers the ultimate in sensitivity,
speed, and automation for all types of steadystate fluorescence research. Fluorolog®3 is completely
computercontrolled and delivers highquality fluorescence data throughout the ultraviolet, visible, and
nearIR regions of the electromagnetic spectrum. For these measurements the FL322 configuration is
used. In this configuration, the light from a 450W Xenon arc lamp passed through two monochromators



4.4. Analysing Data 53

to achieve an excitation light of a specific wavelength. This light comes in contact with the sample in
the sample chamber at an angle of 45 degrees. The fluorescent response is measured at 90 °angle
of the excitation light. The fluorescent response first goes through two monochromators for measuring
the light at a single wavelength. This measuring was done with a Photo Multiplier Tube (PMT).

For the measurements the samples were excited with light from 350500nm, and the emissions were
measured from 350600 nm. A entrance and exit slit of 1nm were chosen and the PMT was powered
to 1350V to achieve the wanted accuracy. The corrected and scaled outcomes from the system were
exported to .CSV files to be analysed with MATLAB. As with the reflection and absorption measure
ments, the samples were submerged for 5 minutes in the 150mM pH solution before measurement.
Before the samples are placed in the Fluorlog, they were dried to get rid of the influence of water. The
full spectrum light is used to align the sample in the chamber.

USB Spectrometer with reflection probe
Following the recipe of Sample C, new samples are fabricated. The samples are placed inside the 100
um pipettips. The pipettips are fitted with the reflection fibre (type) of Avantes. Three different thick
nesses are fabricated to investigate the transition times. These layers have a thickness of 0.5mm and
1 mm. The output is measured by the Avantes Starline. The excitation light comes from an Luxeon
LHLB01 blue emitter. The light from the Light Emitting Diode (LED) is focused inside of a 0.5 inch tube
with a converging lens and SMA adapter. This light is focused on the tip of the 6 fibres of the reflection
probe. The measuring fibre is connected to the Avantes Spectrometer, as illustrated in figure 4.5. Using
the Avasoft 8 software, the spectra are measured with different specifications.

Figure 4.5: Schematic representation of the set up with the 475nm LED and the Avantes Starline USB spectrometer

The first test was to determine the differences between voltage, pH and thickness. For this measure
ment, the probe is fitted with a layer and doped into the buffer solutions. After 3 minutes, a measurement
is done at 5 different amperes through the LED (100, 150, 200, 300, 350mA). These measurements
are done in buffer solution with varying ionic strengths IS (100mM, 150mM, and 200mM). The second
experiment was imaging the spectrum over the full pH range. To ensure that the samples reach an
equilibrium, the reflection fibre is placed inside of the buffer sample for 20 minutes before measuring
the output. As a third experiment, the transition time is measured for the layers, during this experiment,
the probe was first doped into an extreme pH buffer (low or high) and then transferred to the other
extreme. Just before this transfer, the LED and spectrometer are turned on to measure the output.
The output is saved every 10 seconds and to preserve the LED 300mA is used and the temperature is
checked using a thermometer.

4.4. Analysing Data
To analyse the data obtained from the optical experiments, the data needs to be processed. This section
describes how the data is processed and which steps are done to describe the optical characteristics
of the samples.
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4.4.1. Determining pKa of the HPTS microbeads
The overall absorbance A measured by the spectrometer exists out of the absorbance of the cuvette,
the HPTSmicrobeads, and the buffer solution:

Aoverall = Acuvette + AHPTS−microbeads + Abuffer (4.1)

AHPTS−microbeads exists out of the indicator HPTS and the anion exchange microbeads. The 𝐴𝐻𝑃𝑇𝑆 at a
wavelength 𝜆1 exist out of the indicator in acidic form (HIn) and basic form (In−):

A (𝜆1) = A (𝜆1)HIn + A (𝜆1)In (4.2)

pKa is described in section 2.2.1 and the determining the pKa is based and the following formula:

p𝐾a = pH+ log
(𝐴𝑥 − 𝐴b)
(𝐴a − 𝐴𝑥)

(4.3)

This is derived from the following formula:

pKa = pH− log( [𝐼𝑛
−]

[𝐻𝐼𝑛]) (4.4)

For these measurements, extreme values are needed to give accurate pKa values

Numerical pKa determination
Weidgans [154] describes using the Boltzmann function to estimate the pKa by curve fitting a simgoid
function to the output of the measurements. This Boltzmann function is as follows:

pH(R475/405) =
𝑎 − 𝑏

1 + 𝑒(R475/405−𝑐)/𝑑
+ 𝑏 (4.5)

where 𝑎, 𝑏, 𝑐, and 𝑑 are empirical parameters describing the initial value (𝑎), final value (𝑏), center (𝑐)
and the width of the fitting curve (𝑑). Ratio475/405 is the scaled value of the emission wavelength, di
vided by the ratio between the dual reference wavelengths (see equation 4.7). Using sigmoid functions
to determine pKa is common in chemical engineering as described in section 2.5.3 [122, 25].

HPTS has a pKa of 7.30 in 0.066 M phosphate buffers at 22 C [139]. As described in section 2.2.2
there are many factors which influence pH. These same factors have influence on the pKa of a sensor.
Factors such as ionic strength and the dielectric constant of the surrounding medium have a large im
pact on the sensor. In this research, it is necessary to determine the pKa of each sample as different
concentrations and thicknesses are used.

4.4.2. CMOS Imaging Processing
The images obtained by the Thorlabs camera are processed in ImageJ. First, the channels of the
images are split. Because the interest lays in the green channel, only the green channel is used for the
examination. From the green channel, a histogram is made and the mean values, minimum, maximum,
and intensity densities are extracted from the full image and a small section. These values are compared
per sample and different pH. The ratio of the intensity per area at the wavelength of 475nm is divided
by the ratio of the intensity per area at the wavelength of 405nm:

𝑅 = Intensity green channel 475nm per area
Intensity green channel 405nm per area

(4.6)

These ratios are then plotted against pH to investigate if there is a relation between the ratios and pH.

4.4.3. Reflection Measurements
The data obtained from the Perkin Elmer Lambda 1050 is imported into MATLAB. Here, the sample
data is corrected by extracting the background and glass sample from the data. After this, the images
are compared and the ratios between the first and last values are compared as well as the values
between 405nm and 465nm. 465nm is chosen because a preliminary test showed that the reflection
of the samples is the highest at 465nm. Finally, the samples are scaled to the value at 405 nm and
compared.
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4.4.4. Transmission Measurements
The data obtained from the Perkin Elmer Lambda 1050 is imported into MATLAB. Here, the sample
data is corrected by extracting the background and glass sample from the data. Following this, the
images are compared and the ratios between 405 and 475nm are compared. At the wavelength of
475nm, the differences between the pH are most distinct. After this comparison, the data is divided by
the value measured at 405 nm to scale the data for the ratiometric measurements

4.4.5. Absorption Measurements
For the absorption measurement, the same data of the transmission measurements is used. This data
is converted to absorption following the Beer’s Law:

𝐴𝜆 = − log T = − log(
𝐼
𝐼0
) = 2 − log(%T) ( 2.18 revisited)

After this conversion, the same steps as with the transmission measurements are done to analyse the
data.

4.4.6. Fluorescence Measurements
The numerical data obtained from the Horiba Fluorlog 3 is imported into MATLAB. Here, 3D surface
graphs are constructed. Following this, the right wavelength is chosen by examining the fluorescence
response at the emission wavelengths between 500600nm and the excitation wavelength 350500nm.
The most dominant differences between the 405 and 475nm wavelengths are then further analysed
and scaled to the value at 405nm. The ratios between emissions measured at excitation by 405nm and
475nm are plotted against the pH values.

R475/405(𝑖,pH) =
𝑃 (𝑖, 𝜆em, 𝜆ex2 ,pH)
𝑃 (𝑖, 𝜆em, 𝜆ex1 ,pH)

(4.7)

For 𝜆𝑒𝑚 525nm is used and for 𝜆𝑒𝑥1 and 𝜆𝑒𝑥2 405nm and 475nm are used. Following this, a sigmoid
Boltzmann function is fitted to these data points as described in section 4.4.1

pH(R475/405) =
𝑎 − 𝑏

1 + 𝑒(R475/405−𝑐)/𝑑
+ 𝑏 (4.8)

Using the line fitting tool supplied by MATLAB, the coefficients are estimated. These coefficients are
used to plot the estimated function of pH for each ratio. From this line, a derivative is plotted to show
the sensitivity 𝜂 by function estimatepKa.m Appendix A.18 A.17.

𝜂 = 𝜕𝑅
𝜕pH (4.9)

To determine the pKa of the sensor, a derivative is taken from the sensitivity. The pKa is when the
second derivative is equal to zero:

pK𝑎 = pH ∶ 𝜕
2𝑅

𝜕2pH = 0 (4.10)

4.4.7. Reflection Probe
The data, which was obtained from the Avantes Starline Spectrometer, was outputted to Excel files.
These files are loaded into MATLAB. For all measurements, the spectral output is scaled to the value
at 475nm. For plotting the Ionic Strength and pH sensitivity, the scaled value at 525nm is divided by the
value at 475nm. This relation is used to correlate with the pH value of the solutions with the MATLAB
function estimatepKa.m Appendix A.18 A.17
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Results

The goal of this thesis is to give an overview of the possibilities to measure myocardial ischaemia with
opticalbased sensors and to create a proof of concept. The possibilities are described in Chapter 3 and
this chapter gives the results of the experiments done to test the HPTSHydroMed D4 sensing layer.
As no previous work on this type of sensing was done at the faculty, many experiments were done to
characterise the materials and to test different concentrations and thicknesses. Multiple sensing layer
samples are created so each time the findings of the measurements could be used for the next mea
surements. Using this method, an optimal combination of dye concentration, hydrogel concentration,
microbeads, and thickness is derivate, which is used in the final proofofconcept sensor. This chapter
exists out of 4 sections, each describing a step towards a proofofconcept sensor.

The first section describes the measurements done to fabricate the first sensor, get used to the pro
cessing steps and to test the first assumptions. The second section describes the measurements done
to fully investigate the optical properties of the sensing layers created. In this section, different con
centrations and different thicknesses are fully analysed. On the basis of these results, measurements
with a reflection probe were developed and are described in Section 5.3. The last section describes
the proofofconcept sensor results. This sensor is the final product of the thesis, and is combining all
findings of this thesis into a final product.

5.1. First batch of samples
This section describes all information related to the results of the first batch of samples. A brief ex
planation is given on what the goal of this batch is and how they are fabricated. Following this, an
explanation per experiment is given and then the results of the experiments are described. Finally, this
section describes the analysis of these results and what the consequences are for the next batch.

5.1.1. Goal of first batch
The first batch were created with the goal to get familiar with the fabrication method, to test different
concentrations of dye in the microbeads, to have a first optical investigation on the samples under
a microscope, to see how the samples can be stored the best and investigate the potential to use a
CMOS camera as a detector for the fluorescence. Different concentrations of the fluorescent dye HPTS
were mixed in the microbeads to investigate if these differences could be detected. Besides 3 different
concentrations a sample was created existing only out of the hydrogel. This sample was created to
have a reference sample and to see what characteristics of the sole hydrogel are.

Fabrication of first batch
The fabrication steps of the HPTSmicrobeads are described in section 4.2.2 and the full batch of first
sensing layers in 4.2.4. The difference between the samples is the concentration. Samples A and B
are only Hydromed D4 dried at room temperature, while samples C to H had microbeads which were
mixed with different concentrations of HPTS in water. Two samples of each mixture were developed to
investigate if the two samples give comparable results.
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5.1.2. Experiment first batch
To investigate the characteristics of the first batch, an optical investigation is used to evaluate the differ
ence between the concentration and the reference samples. Other experiments done in preparation for
the next samples are storage and transition time (between basic and acid solutions). At last, the sam
ples are tested on their ratiometric capabilities, using a setup existing out of a monochromator and a
CMOS camera. This method is tested to see if this method can be used in for future experiments.

Optical investigation
Besides the optical investigation with the eye, a simple microscope was used to evaluate the difference
of the samples. The results found by the microscope will tell if the second batch will need more or less
microbeads/HPTS/hydrogels.

Storage
A side experiment was done on the first batch on how to store the samples. Literature describes that
the samples are dried and after this stored wet. For each of the different concentration samples, one
was stored dry and one was stored wet.

Transition Time
To investigate if the sensor layers show potential to be used inside of the body, a preliminary test was
done to check how long the samples took to transition from no fluorescence to maximal fluorescence
and back. This experiment indicates if the next samples should be thicker or thinner.

Dual wavelength referencing
To test the dual wavelength referencing possibilities of the HPTSmicrobeads, a setup was developed
consisting of a CMOS and a monochromator. The setup is illustrated in figure 5.2b. To first see the
difference between the pH and fluorescence, a drop of pH 6.2 solution and a drop of pH 8.2 were
dropped on the samples. This difference should show the ability to use this sensing layer for the proof
of concept sensor and to compensate for the different interferences. Following this first test, all samples
are doped into a solution of the highest and lowest pH and the output is measured by a CMOS camera.
The idea is that using the green channel of the CMOS, the differences in fluorescent output can be
measured.

5.1.3. Results Experiments

Figure 5.1: Optical Investigation of Sample A, C, E and G under Zeiss Microscope with 525x magnification

The first batch of samples is fabricated following the steps in section 4.2.4. All samples are relatively
thick (+ 2mm) and have high concentration microbeads. The samples were stored dry and had a frail
appearance. However, all samples were relatively elastic. The elasticity is increase when they were
doped with water. All samples showed a yellow glow, samples C and D showed the most present
yellow colour, while G and H the least. When the samples were dried after they had been soaked in
water, they became much more fragile and broke more easier. As the samples were quite thick, the
transition time from low to high pH was long (+20 minutes).
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Optical investigation
The samples under the microscope show that sample C has a much more yellow colour in comparison
to the other samples. The sample A has no microbeads and this is clearly visible in the images. The
thickness of the samples is clearly visible as there are multiple layers visible. The microbeads are quite
consistent in size, but it is hard to distinguish between the different microbeads as there are so many
of them. These images are taken from the dry samples. This is visible in the crystalic structure of the
microbeads.

Storage and transition time
Storage of the samples gave better results when stored wet instead of dried. The dried stored sample
became brittle after each use and showed more cristalic microbeads in comparison to the wet samples.
Another disadvantage of the dried samples is that each time the sample got wet, the sample increased
in size. This was expected as hydromed D4 is a hydrogel that can take up to 40% of water. However, the
disadvantage of this is that the sample curls up every time it gets wet. This causes that it is more difficult
to excite the sample with proportionate light. The transition time of the samples was long (25+ minutes,
one way). This can be caused by the thickness of the samples and the high amount of microbeads.

CMOS and monochromator
Analysing the data obtained by the Thorlabs camera was done following the steps described in section
4.3.1. This resulted in the following figure 5.3, the other figures can be found in Appendix A.7. In the
graph, it is clear that there is no relation visible between the pixel intensity of the green channel and the
pH value of the sample. Sample E shows an increasing line with a dip at the end, while other samples
gave similar incoherent results (see Appendix A.7). While the differences were visible to the naked
eye, it was not possible to extract this with a CMOS camera in combination with the monochromator.
All samples had higher concentrations than found in the literature, which could lead to oversaturation of
the microbeads (section 2.5.1) or a large influence on Nernst Equation (equation 2.17 in section 2.2.2)
by the fluorescent dye. No differences were found using different ionic strength buffer solutions (50 mM,
100mM, 150m, and 200mM). It was important to set all the settings the same for all measurements as
the auto gain and white balance of the camera could lead to different outputs.

(a) Sample E of first batch with drop of solution with pH6.2 and pH8.2 at excited at
wavelength 405nm and 475nm with TRIAX monochromator

(b) Set up with Thorlabs camera, a
sample and the silicon Mirror

Figure 5.2: Images related to the first experiments with CMOS and first batch of Samples

Another observation during the measurements was that small shifts in the setup led to different out
puts of light (intensity and colour), as the connector of the fibre and monochromator had a small amount
of slack. It was also not clear which wavelengths were passed through the slit of the monochromator.

5.1.4. Analysis of first batch
Combining the results of the experiments of the first batch, the following analysis can bemade. First, that
a lower concentration of HPTS should be used in the samples. The samples showed that they could be
over saturated and as described in the theoretical background, this can influence the measurements.
Secondly, samples with different thicknesses should be made to test the influence of the thickness
and density of the microbeads on the results. The reference hydrogel without any microbeads was
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Figure 5.3: The scaled output of the green channel of the thorlabs CMOS camera of Sample E

not a good reference sample, as the microbeads take up almost the full sample and the hydrogel
is solely the connecting material. Therefore, the next sample should have a reference sample with
unloaded microbeads. The optical investigation does not say anything on the fluorescent and therefore
the next samples should be fully characterised optically. Absorption, reflection, and fluorescence should
be investigated off different samples. In addition, a fluorescent microscope will tell much more about
the loaded microbeads instead of the normal microscope.

Interim Conclusions:

• Concentration of the dye in the sample shows a strong influence on the measurements
and properties

• Samples can be stored dry, but after contact with water they need to stay moist

• Thick samples have a slow transition time and absorb a lot of light.

• Using a CMOS camera in combination with a monochromator does not show a lot of po
tential for the proofofconcept sensor.

5.2. Second batch of samples
This section describes all information related to the results of the second batch of samples. These sam
ples are created with the outcome of the first batch in mind and try to further characterise the optical
hydrogel. A brief explanation is given on what the goal of this batch is and how they are fabricated.
Following this, anexplanation per experiment is given and then the results of the experiments are de
scribed. Finally, this section describes the analysis of these results and what the consequences are for
the next batch

5.2.1. Goal of second batch
The second batch of samples were created with the goal to process the findings of the first batch and to
optimize the concentration, thickness, and density of the samples. First, the samples are investigated
by the eye and with a fluorescent microscope. This will make the differences between the samples
clear. Following this, different spectophotometric measurements are done to characterise the 4 sam
ples. The outcome of these measurements can be used to measure the pKa and the sensitivity of the
sensors. As with the first batch, the transition time of the samples is measured. The first sample is a
reference sample without any HPTS and the others have increasing concentrations of HPTS. However,
the concentration of HPTS is much lower than in the first batch to overcome the saturation.

Fabrication of second batch
The fabrication steps of the HPTSmicrobeads are described in section 4.2.4. The difference between
the samples is the concentration of HPTS. Sample A has no HPTS in the microbeads, but followed the
same steps. Sample B had the concentration of HPTS described in the literature as well as sample D.



5.2. Second batch of samples 61

Sample C was chosen as it is the middle between the two described concentrations in the literature.
Per concentration, multiple samples were created by using plastic molds of different sizes.

5.2.2. Experiment second batch
As with the first batch, an optical investigation of the samples is done. This to investigate the topology of
the samples. This time the samples are investigated under a fluorescence microscope. This will make
the differences between the samples more clear. Following this, the optical properties are investigated
with the use of two types of spectrophotometers (Transmission/reflection and fluorescence). Finally,
the pKa and sensitivity of the different samples are calculated based on the results of the fluorescence
spectrophotometry. This will describe which concentration is the best for the proof of concept sensor.

Optical investigation
Next to the investigation by the eye, a fluorescent microscope was used to evaluate the differences
between the samples. The results will show if the differences in thickness and concentration are visible.
While under the fluorescent microscope, a droplet with a pH of 6.2 and 8.2 are placed on the sensor to
measure the differences.

Spectophotometry
First, all samples are tested on their reflection using a spectrophotometer. Following this is the trans
mission measurements. The transmission can be converted to absorption of the samples. Different
concentrations and thicknesses will influence the absorption of the results. For both measurements the
same spectrophotometer is used, but the sample is placed at different locations. This spectrometer can
only change the excitation wavelength and measures all photons emitted. Thus, these measurements
do not give information on the emission wavelengths. To investigate this, a fluorescent spectropho
tometer is used. In the machine, both the excitation and emission wavelengths can be independently
measured. This measurement can be used to find the best emission wavelength were the differences
between the dual wavelengths of the HPTS are the best for the proofofconcept sensor.

Sensitivity & Response times
Using the measurements of the two spectrophotometers, the pKa value and the sensitivity of the sens
ing layers can be determined. This will help to figure what the optimal thickness and concentration is
for the proofofconcept sensor. Finally, the response time of the different samples is measured as this
is an important factor for the final design.

5.2.3. Results Experiments
Inspecting the samples, it was clear that there are big differences between the samples. The differ
ences are visible to the naked eye as figure 5.4 shows. Sample A can be described as thick, rigid, and
opaque. The sample has a thickness of around 0.5mm and many microbeads are visible. Due to the
mold used for the sample, the size is quite small and compact. There is not colour visible in normal con
ditions and inspected with the eye. Sample B has a comparable structure as sample A. However, the
size is larger because of the mold used and the a yellow/green colour is visible to the eye. The sample
is relatively thick and therefore it is not possible to watch through the sample. This thickness causes a
rigidity which is comparable to Sample A. Sample C is much thinner than samples A and B, therefore
also more elastic. In this sample, single microbeads are visible and in some parts just the hydrogel.
As a result, the sample is much more transparent, and the colour difference is more local (where the
microbeads are). The overall size of the sample is also larger. Sample D is much more comparable to
sample C than A and B. This sample has a larger size, is more elastic, more transparent, and single
microbeads are visible. The difference with sample C is that the colour differences are better visible to
the eye.

Unfortunately, this batch did not result in consistent samples, while the process steps were kept con
stant. The only difference was the mold used to create the sample as there were only two larger moulds
and two smaller. This led that the larger moulds are more spread out and thinner, while the smaller
moulds led to thicker samples.
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(a) Sample D in sample holder of Fluorescent microscope with pH
6 drop on the left and pH 8 drop on the right

(b) Comparison of the samples with
pH drops on both sides

Figure 5.4: Samples in preparation of the fluorescent microscope

Optical investigation
In figure 5.5 the different samples are shown under the Zeiss fluorescent microscope. As the camera of
themicroscope was automatically controlled, so the intensity differences can not be explained by the pH
values. The filter used in this image is the GFP3035B, with an excitation filter of 472/30 and an emission
filter of 520/35. Therefore, in theory, the values with an higher pH should show more fluorescence. As
described above, Sample A was fabricated without any HPTS in the microbeads. However, on the
images from the fluorescent microscope, there are some microbeads visible with fluorescence. This
shows that there has been contamination in the process. Furthermore, it is visible that there is a thick

(a) Sample A at pH 6.2 under fluo
rescence microscope 20x magnifi
cation

(b) Sample A at pH 8.2 under fluo
rescence microscope 20x magnifi
cation

(c) Sample B at pH 6.2 under fluo
rescence microscope 20x magnifi
cation

(d) Sample B at pH 8.2 under fluo
rescence microscope 20x magnifi
cation

(e) Sample C at pH 6.2 under fluo
rescence microscope 20x magnifi
cation

(f) Sample C at pH 8.2 under fluo
rescence microscope 20x magnifi
cation

(g) Sample D at pH 6.2 under fluo
rescence microscope 20x magnifi
cation

(h) Sample D at pH 8.2 under fluo
rescence microscope 20x magnifi
cation

Figure 5.5: Sample of second batch under fluorescence microscope with GFP filter and 20x magnification

layer of microbeads as there is no black background visible and the microscope is not fully focused
on all microbeads. This corresponds to the images of the sample. The manufacture of the microbeads
describes that they have a size of 200400 mesh, which is 37 to 75 microns. In all samples these size
differences are visible. Sample B shows more microbeads with fluorescence than Sample A but less
than C and D. The thicker layer is clearly present in the microscopic images, visible in figure 5.5e.
Sample C shows that almost all microbeads are filled with fluorescence. As this sample has a much
thinner layer, the background is visible and all different sizes of the microbeads. Sample D shows that
all microbeads are filled with fluorescence and the background is visible thanks to the thin thickness of
the sample.
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Reflection
Figure 5.6 gives an example of the (un)scaled measured reflection by the lambda spectrophotometer
and the results of all different samples per pH. The full reflection results of all samples can be found
in Appendix A.8, figure A.5 shows the unscaled reflection measurements, and figure A.4 the scaled
reflection. The glass slide on which the samples were pinned had a background reflection of around
810%, therefore the values of the glass slide are subtracted from the data obtained per sample. In
Sample A, there is only a small bump visible at 405 nm. In Samples B, and D there is a significant
increase visible at excitation wavelengths lower than 420nm. However, there are differences between
Samples B and C/D. In samples C and D, there is an increasing reflection when the values of excitation
wavelengths is lower. While in sample B there is a small decrease between 420500 with a peak at
475nm.

Reflection Measurements
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Figure 5.6: (a) Unscaled reflection output of Sample C in the lambda spectrophotometer, (b) Scaled output of Sample C in the
lambda spectrophotometer and (c) the output of the samples at different pH

Transmission/Absorption
The samples of the second batch were placed inside of the spectroscope as shown in figures 5.7. For
the transmission measurements, the samples were placed in front of the integrating sphere. From the
transmittance, the absorption can be calculated 2.18 as described in section 4.4. Figure 5.8 gives an

(a) Set up Transmission Measurements Sideview (b) Set up Transmission Measurements
Topview

Figure 5.7: Images of Set up Transmission Measurements

example of the (un)scaled measured transmission measured by the lambda spectrophotometer and
the results of all different samples per pH. The full transmission results of all samples can be found
in Appendix A.9, figure A.7 shows the unscaled reflection measurements, and figure A.6 the scaled
reflection. First, the results of all samples are described and then the absorbance of all samples are
shown.

The thickness of Sample A allows for a maximal transmission of 88% with the a pH of 8.2 and only
a transmission of 84% at pH of 6.2. Total decrease of the sample at different pH is only around 10%.
between 510nm and 700nm only there are small changes visible. ALL lines show a small dip at 475nm
and another one at 405nm. Looking at the unscaled graph in figure A.7 no relation is visible between pH
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Transmission Measurements
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Figure 5.8: (a) Unscaled transmission output of Sample C in the lambda spectrophotometer, (b) Scaled output of Sample C in
the lambda spectrophotometer and (c) the output of the samples at different pH

and the transmission. However, in the scaled transmission graph, there is less transmission with higher
pH than with the lower pH. The values between 6.6 and 7.4 are unrecognisable from each other. As
Sample B is the thickest sample, the maximal transmission is only 60%. The total decrease in transmis
sion is around 35% which is more than in Sample A. The scaled transmissions in figure A.6 show that
there is a relation between the transmittance of the samples and the pH. Except for the sample with a
pH of 6.2, this is an outlier in the trend of the percentual decrease between 475nm and 405nm. Sample
C is thinner than samples A and B and this results in a transmission of around 90% between 520 and
700 nm. As with Sample B, this sample shows a decrease of around 50% of the maximal transmission.
While the transmission of pH 8.2 appears to be an outlier, it is not when the samples are scaled to the
value at 405nm. In figure 5.8 it is clearly visible that there is a negative relation to the transmission with
increasing pH values. Sample D has an even higher transmission value than sample D. However, in
comparison with the other two samples, the difference between the maximal value and minimal value
is lower. This is between 3040%, the difference between pH 6.2 and pH 8.3 is large. However, the
higher values pH 7.8 and 8.2 show almost identical lines in the scaled graph, see Appendix A.9.

Figure 5.9 show the absorbance plots related to Sample D. Sample D is illustrated as Sample C is
just the inverse plot of figure 5.8. As the logarithm scales the output of the samples, the plot in 5.9 (c)
shows a steeper line for sample D than 5.8. The scaled absorbance graphs in Appendix A.10 figure
A.9 show this inverse in all plots. Using equation 2.18 as described in section 4.4 the absorbance data
can be obtained. The absorbance graphs correspond to results found in the literature. Samples C and
D are illustrated as these show the most potential after the first spectrometric analysis. Based on the
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Figure 5.9: (a) Unscaled absorbance output of Sample D, calculated using the transmission data from the lambda spectropho
tometer, (b) Scaled output of Sample D and (c) the output of the samples at different pH

relation between the dual wavelength properties and the absorbance difference of the 405 nm and 475
nm wavelengths, the pKa and sensitivity of the samples can be calculated. 5.9 (c) show the relation
between the samples and the scaled absorbance and pH. Figure 5.10 show the pKa curves fitted to
the data for samples C and D. Samples A and B did not have data on which a sigmoidial curve can
be plotted. Using the Boltzmann function described in section 4.4.1, the following pKa, 𝜂 and curves
can be extracted. A big difference is visible in this data. This can be explained by that only a part of
the curve is measured with the pH between 6.2 and 8.2. To overcome this, in the future analysis, a
measurement with the pH of 4 and with the pH of 12 will be added to better fit the data.
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Fitted Curve, pKa and Sensitivity of the Absorbance of Sample C and D 
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Figure 5.10: Results of determining pKa and sensitivity of the absorbance data of the samples C and D

Fluorescence

(a) Set up with Sample in Fluorlog 3 (b) Topview of Sample in Fluorlog 3

Figure 5.11: Images of Set up Fluorlog

The samples of the second batch were placed inside of the spectroscope as shown in figures 5.11.
The fluoropsectrophotometer gave the output in count per second detected by the PMT. As the light
beam excites the sample at and angle of 45 °, the ouptut measured by the PMT is only the fluorescence
output and not the reflection from the sample. Figure 5.12 shows a summary of the 3D plot of the output
measured by Fluorlog 3. This figure shows the fluorescence output at pH 4, 7, and 10. The full results
can be found in Appendix A.11. In this section, all samples will be briefly discussed, but the focus is on
the results of Sample C. As this sample showed the most potential for future work.

Sample A is a sample which should not contain any fluorescent material. However, images from the
fluorescent microscope show that there is little contamination of HPTS loaded microbeads in the sam
ple. Therefore, instead of saying that the sample is a background test, this will now be a layer with a low
dose of loaded HPTS microbeads. The plots show that there is a transition going on from a fluorescent
peak from 415nm excitation and 445nm emission to higher values at the emission of 520nm figure A.11
and A.10. A peak in the lower left corner is also visible, which is decreasing per increasing pH.
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Sample B shows the same characteristics as Sample A with decreasing values at the lower left corner
and increasing values at the 525emission line. Figure A.13 show the spectral images of sample B.
The only difference with the sample A is that the values are more than 10 times as big. While being
measured with the same settings. This increase shows that there is more fluorescent material excited
in this sample.

Sample C shows the same characteristics as samples A and B with decreasing values at the lower
left corner and increasing values at the 525emission line. The values are lower than for Sample B and
show that there is less fluorescent material excited. The values are much higher than sample A.

Figure A.17 illustrates that sample D shows the same characteristics as samples A, B and C with
decreasing values at the lower left corner and increasing values at the 525emission line. However,
this decrease goes much faster and at pH 7.0 already nearly visible. This shows that after a pH of 7.0,
no more extra fluorescence is excited in the sample. An outlier is visible in the maximal value of the
sample as there is an lower value of output visible. Zooming in on the 525nm emission wavelength, it is
visible that there is a plateau reached. This shift is visible in figure A.16 where the peak of the spectral
plot is around 535nm emission wavelength and not measured on the 525 nm line.

Figure 5.12: Fluorescence output of Sample C measured in Horiba Fluorlog 3

Sensitivity & Response times
To determine the sensitivity and pKa of the samples, the Boltzmann function is used to fit the curve, as
described in section 4.4.1. Before this could be done, the dual wavelengths for the ratiometric sensing
had to be determined. For this, all emission wavelengths between 500nm and 600nm were compared
with the ratio between 475nm and 405nm. Table 5.1 show the outcome for Sample C. Clearly, the max
relative difference is found at the emission wavelength of 520525 nm. Other samples showed compa
rable results.

Sample C pH min pH 6.2 pH 6.6 pH 7.0 pH 7.4 pH 7.8 pH 8.2 pH max

Maximal
difference (cps) 531220 937244.4 739949.6 450801.3 270000 260000 220000 8789.75

Wavelenght with
max diff. 525 525 525 525 520 520 525 590

Table 5.1: Determining the optimal wavelength for dual wavelength referencing of Sample C

Figure 5.13 shows the fluorescent output measured at an emission wavelength of 525nm for all excita
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tion wavelengths of sample C. Unscaled output does not show any relation, however the scaled output
shows a clear relation between the measured output and the increasing pH. Using this data, a curve
could be fitted following the procedure described in section 4.4.6.
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Figure 5.13: Fluorescent Output in Count per Seconds of Sample C and scaled Output of Sample C

Figure 5.14 shows the fitted curve of the data from the fluorlog. By plotting the gradient function of R,
the sensitivity is calculated. The function obtained by reversing the sigmoid shown in figure 5.14 is:

𝐹 = 𝑎 − 𝑏
1 + 𝑒(𝑥−𝑐)/𝑑 + 𝑏 (5.1)

where 𝑎 = 0, 𝑏 = 1.0357, 𝑐 = 6.7679, 𝑑 = 0.7592. 𝑎, 𝑏, 𝑐, and 𝑑 are empirical parameters describing the
initial value (𝑎), final value (𝑏), center (𝑐) and the width of the fitting curve (𝑑). Appendix A.12 shows
the plots of the other samples. Compared to other samples, it shows that sample C has a more narrow
sensitivity than sample B and comparable sensitivity as sample A 5.14 and a higher pKa than A and D,
but lower than B.
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Figure 5.14: Ratios, sensitivity and pKa determination for Sample C

Table 5.2 shows the response times of the different samples and their pKa determined from the
fluorescence output. It clearly shows the influence of the thickness of the sample and the concentration.
Sample B takes much longer to transfer from maximal fluorescence to no fluorescence.

Sample A B C D

pKa 6.9879 7.729 6.9356 6.201
Transition time (pH 10  pH 4 (min)) 5 25 10 12

Table 5.2: pKa of samples and transition time from pH 10 to pH 4. Measured by visual output

5.2.4. Analysis of second batch
The results of the second batch definitely show the potential to use this hydrogelHPTS combination as
a sensing layer for the ischaemia sensor. The different sensors all showed that they had a relation be
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tween the fluorescent output and pH. Still there are some inaccuracies, but these experiments showed
that results from the literature can be matched. Some analysis that can be made are the following:
First of all, differences in thickness and concentration are clearly visible in all measurements. The fluo
rescent microscope showed the partly filled microbeads in samples A and B and the black background
of samples C and D. The absorption and reflection outputs measured using the Perkin Elmer Lambda
1050 were also higher for samples A and B than for samples C and D. While in fluorlog 3, the higher
total concentration of HPTS caused that sample B had the most fluorescent output measured. The next
experiment should take a look at samples with the same concentration but with different thicknesses
and at different power of the excitation wavelengths.

Secondly, the calculated pKa and sensitivity of the samples differ between the absorption and fluo
rescence values. For sample C this was a difference between 7.6 and 6.9 and for sample D, it was
between 7.0 and 6.2. Both a large difference and this should be taken into account. The final sensor
will be based on fluorescent, but these differences indicate that the sensing layer should be calibrated
to the full pH range. As a small deviation can have now a large influence on the sigmoid curve. There
fore, the next experiments should measure the full range. Another experiment should be focused on
the response time over time. Now the measurement was done from max to zero, but it should be inter
esting to see if this transition is linear or exponential.

Thirdly, for these experiments advanced equipment and controlled environments are used. The goal of
the thesis is to develop a proofofconcept sensor to show the potential for ischaemia sensing. There
fore, the next experiments should be done with less advanced equipment to see if it is possible to
measure the results with less.

At last, the size of the samples is quite large and the following experiment should try to minimize this
to see if the scale has influence on the outcomes. As well as the influence of the ionic strength is not
yet tested. This is an essential relation described in the literature and should be investigated.
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Summary Experiments & Interim Conclusions:

• Summary experiments:

– Fluorescent microscopy:
⋄ Sample A had pollution which was visible in the results
⋄ Due to software of the camera, it was not possible to compare the light intensity
of the samples

⋄ Sample C and D much thinner and less microbeads than A and B
– Transmission/Absorbance:

⋄ When scaling the absorbance to the value of 405nm, there is a relation visible
between the absorbance and the pH value

⋄ Higher dose of dye showing an earlier peak in absorbance
⋄ Clear relation visible in samples C and D

– Reflection:
⋄ No clear relation between the reflection and pH
⋄ Fluorescence is difficult to detect with a spectrophotometer as the spectropho
tometer uses a photo multiplier tube to measure the reflection at a certain wave
length but does not look at the wavelength of this reflection

– Fluorescence Spectrophotometry
⋄ Higher fluorescent dye concentrations lead to lower pKa values.
⋄ Thicker samples/microbeads lead to higher transition times
⋄ pKa and sensitivity depends on the layer thickness and dye concentration

• Interim Conclusion:

– The potential to use fluorescent hydrogel is shown in the experiments
– Thickness and concentration should be optimised
– Advanced equipment show clear difference between the samples
– Spectroscopic analysis shows a lot of potential
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5.3. Reflection fibre USB spectrometer
This section describes all information related to the experiments done with Starline Spectrometer and
the Avantes reflection probe as the final experiments for designing the proofofconcept sensor. These
experiments are done to show the potential of the hydrogel and to show the potential for fluorescence
reflection sensing. A brief explanation is given on what the goal of this batch is and how they are fab
ricated. Following this, an explanation per experiment is given and then the results of the experiments
are described. Finally, this section describes the analysis of these results and what the consequences
are for the proofofconcept sensor are.

5.3.1. Goal of USB spectrometer and Reflection probe
The experiments of this section are done to show the potential of using a USB spectrometer and a
reflection probe for the proofofconcept sensor, while optimising for light intensity, thickness and to
work out the influence of the ionic strength. A reflection probe is chosen to see if needlebased sensor
shows more potential than a planar sensor. The advantage of using a reflection probe with the usb
spectrometer is that the full spectrum can be used for analysis, if the results show that this is possible.
As with the other experiments, this section will start with an optical investigation. However, in this section
no microscope is used. After this, two different thickness are compared to the influence of light intensity
of a 475nm LED and are measured in different ionic strengths. Following this, a full range measurement
of both sensors is done from a pH of 3.2 to 12.1 and the response is measured over time.

Fabrication of layers
For the experiments, identical samples of varying thickness are created. The samples were made
following the concentration of Sample C of section 5.2. Thus, 1mg/mL of microbeads to 17.5 mg/mL of
HPTS. The layers were created in small tubes with a 1.5mm size, which is equal to the diameter of the
reflection probe. One had the thickness of 1mm and the other of 0.5mm. The samples were surrounded
by plastic except from the two sides. At one side the reflection probe could be mounted and the other
side was in direct contact with the liquid.

5.3.2. Experiment reflection fibre
First, the sensing layers were investigated by the eye to see if the colour differences are clear to the
eye and to see how much light from the light source is absorbed by the layer at the end of the reflection
probe. One setup will then be used for the other experiments. Here, the final necessary measurement
will be done before the final proofofconcept sensor can be created.

Thickness, light intensity, and Ionic Strength
During these experiments, the reflection probe with a sensing layer of 1 or 0.5mm is first doped in
the liquid with an ionic strength of 150 mM with varying pH. During these measurements, the current
through the LED is adjusted. The currents used are 100 mA, 150 mA, 300mA, 350mA, and 450 mA.
This is done to see if a higher light intensity affects the output of the spectrometer. Following this, the
current is set and the probe is put in all pH samples of the 3 ionic strength buffer solutions. This to see
if the expected issues with ionic strength described in section 2.2.2 are visible in the measurements.

Full range measurements and Response time
As described in the analysis of the previous experiments, a measurement of the full range of pH is
needed to better determine the pKa of a sample. For this experiment, pH buffer solutions from 3.2 to
12.2 are used. With the setup described, it is also possible to do timed measurements. Therefore, to
see how fast the change of pH is detected by the sensor, first the sensor is doped in a low/high con
centration and then transferred to the opposite concentration. After this, every second a measurement
of the spectrometer is saved to see the changes over time. This experiment will be used to see if the
differences between 0.5 and 1 mm are significant.

5.3.3. Results Experiments
Optical investigation
The differences between the 1mm and 0.5mm layers are the most clear when the light of the LED was
turned on. With the lights turned off, only a difference in length is visible, see figure 5.15a. However,
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(a) Optical reflection fibre with 1mm with
light turned off

(b) Optical reflection fibre with 0.5mm with
light turned on

(c) Optical reflection fibre with 1mmwith light
turned on in dark

Figure 5.15: Images of optical sensing layers on optical reflection fibre

when the light is turned on and the sensing layer is in a buffer solution, a colour difference is visible see
figure 5.15b. When the sensing layer is just submerged, a clear line can be seen on where the buffer
solution has diffused. This difference is even bigger in the thicker sensing layer, see figure 5.15c. In the
0.5mm sensing layer, the colour is more equally divided and the transitions go faster.

Thickness, light intensity, and ionic strength
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Figure 5.16: Spectral output measured by Avantes Starline in counts per second, for the two layer thicknesses and at different
pH and with different voltages. Measured in 150mM buffer solutions

In figure 5.16 the results are shown for the measurements with the reflection probe and hydrogels of
two different thicknesses. As described in the section 4.3.2 the probe was inserted in the pH buffer
solution for 3 minutes before the measurement was taken. The peaks are higher in the thicker sample.
Higher voltages and thus more excitation light has a positive correlation with the output measured. In
the 0.5mm sample, more difference in peaks is visible, while for the 1mm layer only the peak around
525nm is visible. This match with the figure 5.15b and 5.15c. In this figure it is visible that in the 0.5mm
layer there is a consistent colour of the layer, while in the 1mm layer there is a difference between the
bottom and top of the layer. As the solution diffuses through the layer, a thicker layer can influence the
time. This is increased by the restriction of the plastic holder. Therefore, the diffusion can only occur in
one direction.
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Figure 5.17: Scaled output of the the layer at different light intensities (a and b) and at different pH at the same light intensity (c
and d)

Scaling the output by dividing it by the value at 475nm gives a ratio which shows that a thinner layer
shows more similarity with each other than with the thicker sample. This is shown in Appendix A.13.
Analysing the scaled ratio per ampere shows that each ampere of the 0.5mm layer has a relation to
the pH. The relation between ampere and pH is illustrated in figure 5.17.
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Figure 5.18: Spectral output measured by Avantes Starline in counts per second per different voltages, measured at the emission
of 525nm. All values are scaled to the value of 475nm for the two layer thicknesses and at Ionic Strengths and with different pH

Comparing the scaled ratios per different Ionic Strength buffers (100mM, 150mM, and 200mM) gives
clear relations with the 0.5mm sample, figure 5.18. This verifies the influence of IS on the ability to
measure the pH correctly with fluorescent dyes, which is described in Section 2.2.2 of the Theoretical
Background. The ionic strength has influence on the diffusion and the transition between the conjugated
base and acid. This effect is visible at all different voltages. The higher the pH, the less clear this
difference becomes. This figure also indicates that the angles of the relation between the scaled output
and pH are comparable. For the sample of 1mm this is not visible and are no relations visible between
the samples.

Full range pH
After the differences between the voltages, ionic strength and layer thickness, the full range of the two
thicknesses were investigated. The probe with the sensing layer was submerged for 20 minutes before
measuring the spectral output. It was done with the Ionic Strength of 150mM as this is comparable to
the Ionic Strength in the human body. Figure 5.19 show the results of the 0.5mm sample. The results
of the 1mm sample can be found in Appendix A.14.

The scaled ratios of the sample with 1mm thickness are more in a linear line in comparison with the
0.5mm sample. Figure 5.19b shows that the scaled ration of 0.5mm sample shows more of a sigmoid
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Spectral outcome (scaled and unscaled) at different pH with mm sensing layer
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Figure 5.19: Outcome of the full range of the 0.5mm sample after submerging for 20 minutes in 150mM buffer solutions

line. The scaled values are comparable to the values of the previous experiment, however they are
below 1. In the previous experiment, the maximal value was 1.2. pKa is higher than in the previous
experiments and shows that a full range can estimate the sigmoid curve more accurately.
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Figure 5.20: Transition times when sensor is placed from a high/low sample to the other

Figure 5.20 and 5.21 show that the sensing layer of 1mm is not changing a lot within 7 minutes, while
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Figure 5.21: Transition times vs. value at 525 emission wavelength, when sensor is placed from a high/low sample to the other

the 0.5mm layer shows a fast transition time when changed to another buffer solution. During the tests,
the reflection probe with sensing layer was submerged for 20 minutes in a very high or low pH buffer
solution. After this, the light was turned on and the probe was transferred to the other extreme. Both
measurements done on the 0.5mm layer show a fast change between the scaled values at 525nm.
This is not visible in the 1mm sensing layer.

With this sensing layer decreasing pH led to even higher outcomes, see figure 5.21. The scale of
the 1mm layer is tenfold lower than with the 0.5mm layer. Another difference is that even when the
samples are submerged for a longer period in the high pH value, the peak at 525nm is not visible. This
suggest that the waiting time was not sufficient for the pH solution to fully diffuse into the sensing layer.

5.3.4. Analysis of reflection probe measurements
The results of the measurements done with the reflection probe show the potential for a ischaemia
sensor by using a reflection probe with a sensing layer in combination with a USB spectrometer. The
differences in layer thickness have a significant influence on the results and multiple measurements
did not go as expected because of the slow transition time of the 1mm sample.

Secondly, the influence of the ionic strength is mapped and is larger than expected. This will be a
challenge for future development of the sensor but can be done with different chemical processes. For
calibration of the sensor, the use of a full range will better estimate the pKa of the sensor. As well as
smaller steps can improve the estimation done by MATLAB.

Thirdly, light intensity does not have a large effect on the results, it should be tested with two LEDs
as these measurements were done only with a 475nm LED.

Interim Conclusions:

• Thinner layers lead to faster and more accurate results

• Not much difference between the output measured at different light intensities

• Clear influence of ionic strength visible in the results, hard to compensate for

• 1mm sample can need a very long time before the buffer solution is fully diffused into the
sample, this effect may have influenced the measurements

• Scaling the emission wavelength 525 by dividing it by the value at 475 shows potential,
but should be combined with 405nm LED
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Proofofconcept sensor

The final part of this thesis is the proofofconcept sensor. This specific sensor’s goal is to prove the
viability of using such sensor for the detection of ischaemia. In section 3.2.4 a list of requirements for
the proofofconcept is described and the final product is tested against these criteria. First, the goal
of the sensor is elaborated, followed by different concepts developed during the design period of this
thesis. Subsequently, the fabrication, design of the sensor and the experiments to test the sensor are
described. Finally, the outcomes of the experiments are stated and a final analysis is made.

6.1. Goal of proofofconcept sensor
The initial goal of the proofofconcept sensor is to see if fluorescent sensing would be a viable method
to detect the pH changes which occur during myocardial ischaemia. However, as described in chapter
3, there are many optical techniques and the results depend on the material used. Therefore, the final
goal of the proofofconcept sensor is to investigate if optochemical sensing of pH with a sensing layer
existing out of HydroMed D4, AmberChrom microbeads and HPTS shows the potential to measure
pH changes which occur during myocardial ischaemia. While meeting the criteria described in section
3.2.4:

1. The prototype material needs to be biocompatible

2. The prototype needs to be sensitive for pH between 6.5 and 8

3. The prototype needs an accuracy of at least 0.1 pH

4. The prototype cost should not exceed 1000 euro

5. The prototype needs to easily allow for remotely sensing

6. The prototype needs no complex chemistry for fabrication

7. The prototype needs no complex optical measurement technique

8. The prototype needs to handle interferences

By selecting HPTS, HydroMed D4 and Dual Wavelength Referencing, criteria 1, 6, 7, and 8 are met.
The next step is to create concepts which would satisfy criteria 4 and 5. While testing the optimal
proportions of the materials to see if criteria 2 and 3 are met with the material and techniques used.

6.1.1. Concepts developed for sensor
At the start of the development, two types of concepts are established. The first concept is a planar
design which could be used as a patch and would process the information in the patch. This design
is similar to the Philips Healthdot, however, has the addition of being capable of measuring in vivo.
This patch would use photosensitive electronics (CMOS/CCD/PD) for processing the image and LEDs
placed on a PCB for excitation of the sensing layer. Even a concept is made to design the sensor as
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disposable. Figure 6.1 shows the a concept design of a patch sensor with a fluorescent hydrogel.

Figure 6.1: Concept design of a disposable planar sensor

Figure 6.2 shows the healthdot (6.2a), which is an inspiration of this first concept and a trimmed
design (6.2b) of the first concept, which is able to test the potential of a planar sensor. However, this
concept is abandoned after the results of the CMOS and monochromator showed that the CMOS is not
able to detect the differences and that the advanced electronics necessary is a thesis project in itself.
Instead of a CMOS, a photodetector can be used to detect the fluorescent reaction. However, such a
design is tested and described by Cattini et al. [24] and would increase the cost of the proofofconcept
sensor as new materials need to be ordered.

(a) Philips healthdot, used as inspiration for a patch like design of
the sensor

(b) Schematic design of trimmed down design to test the viability
of full planar sensor, figure 6.1

Figure 6.2: Images related to the planar concept design

Eventually, the other concept showed more potential to be validated using the materials available. The
second concept developed is a optical fibrebased sensor. The advantage of using optical fibres is that
the processing of the information can be done outside of the body and more advanced equipment can
be used. The disadvantage is that optical fibres are vulnerable and prone to small changes. First, the
goal is to develop a needle with custom fibres to imitate the miniature probe of Avantes. This setup
proved to give useful results as described in section 5.3.

However, due to the the hydrophilic characteristic of the sensing layer, it cannot be coated on the
optical fibres or metal of the needle. Eventually, the decision is made to design a connector piece for
the reflection probe. The advantage of a connector piece is that it would be able to test different sam
ples, uses available equipment, and it gives reliable results. It is designed with a pointed shape, which
can be miniaturised into small needles. Eventually, the final design can exist of multiple needles with
coatings which are placed on the heart and optical fibres to transfer the information outside of the body.
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Figure 6.3: Design of the optical fibre proof of concept sensor. (1) 475 nm LED, (2) 405 nm LED, (3) SMA connector, (4) Avantes
miniature reflection probe, (5) 3D printed connector, (6) rubber ring to hold sample in place, (7) Sample, (8) Avantes Starline
USB Spectrometer, (9) Laptop to process data from Avantes Starline

6.1.2. Fabrication of proofofconcept sensor
For the fabrication of the proofofconcept sensor, different types of connector pieces are designed and
3D printed using an Ultimaker S5. The design can be found in Appendix A.14. In the design, a slit is
extruded so a rubber ring could be used to fix the sensing layer sample. Besides the connector pieces,
four different moulds are printed. These moulds have a notch in the middle of different depths. These
holes are made to test the difference in layer thickness. The samples are held in place by a rubber ring,
which also seals the connector.

Setup final measurements
To make sure the measurements are done in a controlled environment, a dark container is developed
with different sensors attached to it. This ensured that all measurements are done in the same way.
Figure 6.4 shows this container with the sensors. For each measurement with a buffer solution, the
developed buffer solution is transferred to the dark container.

Figure 6.4: Design of the optical fibre proof of concept sensor. (1) Avantes Reflection Fibre (2) pH Probe N64 of SI Analytics (3)
Temperature Sensor, (4) Proof of concept needle, (5) Dark container

6.1.3. Experiments proofofconcept sensor
As with the other samples, the sensing layer placed on the connector piece is optical investigated.
This is done to see how the microbeads are positioned relative to the reflection probe fibres. Following
this, comparable measurements are done as described in section 5.3. The influence of ionic strength,
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reproducibility, thickness, and response time are measured and calculated. All experiments are done
with the same buffer solutions and the time between measurements.

6.2. Results proofofconcept sensor
Figure 6.5 shows how the LED’s are connected to the reflection probe and the equipment used for the
final experiment. All solutions are kept at 40 °C. Then pH and temperature are measured, while the
probe is submerged. After 5 minutes, the pH and temperature are checked again. If the temperature
is at 37 °C, a measurement is done. First, the optical response of the 405nm LED is measured and
after of the 475nm LED. The integration time is set to 5 ms and averaged 1000 times. This is done to
increase the measured light intensity and to smooth out the spectral image. In total, two different sample
thicknesses are tested. For all experiments, a 0.5mm layer thick sample is used. While to compare the
pKa related to thickness and response time to thickness, a 1mm sample is used. During the response
time measurements, the buffers are at an ambient room temperature of 22 °C as it is not possible to
keep the buffer solutions for a longer time at 37 °C. All results of the ratios are normalised in a range
from 0 to 1 to allow a better comparison between the different measurements.

(a) Set up of the LED’s, two LED’s (405nm and 475nm) are con
nected through solid light pipes to the excitation fibres of the
Avantes reflection fibre. LED’s are controlled by tabletop power
supply

(b) All devices used for the final measurements. pH meter with SI
Analytics pH probe, temperature sensor and the Avantes probe
with spectrometer.

Figure 6.5: Set up of the final measurements

6.2.1. Optical investigation
The sensing layers, created using a mold, are fitted on to the 3D printed needle tip. Using a rubber
band, the sensing layer is fixed in position. The needle tip is glued onto a pipe to ensure no solution
will leak into the needle tip and interfere with the measurement. This pipe is fixated to the cap of the
dark container so the measurement could be the same with each measurement. Figure 6.6b shows
that only a tiny part of the sensing layer is used for the measurement.

(a) Image of the final needle with sensing layer and rubber ring (b) Image of the final needle with sensing layer and rubber ring

Figure 6.6: Set up of the proofofconcept senor needle

Microscope
Figure 6.7 shows the images taken with the Zeiss Microscope. Here it is better visible how little HPTS
microbeads are located at the tip of the needle. In the middle and right image, it is visible that the
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position of the LED light pipes is translated to the optical fibres of the tip. As the camera used to take
the pictures is less sensitive towards UV, the 405nm LED light is less visible on the image. On the
image, it is visible that the size of the needle can be minimised a lot more as only a small part is taken
up by the optical fibres.

Figure 6.7: Zoomed Images of sensing layer on the tip of the needle. Left image with LED’s turned of, middle image with 475nm
LED on and right image with 405nm LED on

6.2.2. Reproducibility and Ionic Strength
Figure 6.8 shows the results of the measurements done with the 100mM buffer solutions. The ratios
calculated as described in section 4.4.6 with formula 4.7 are fitted with a Boltzmann sigmoid function.
Figure 6.8 shows this curve with the corresponding sensitivity and pKa values.
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Figure 6.8: NonNormalised Ratios of the measurement with 100mM buffer solutions and 5 minutes waiting time, green and blue
line indicate the area where the sensor should be sensitive.
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Reproducibility
To investigate the reproducibility of the sensing layer, the experiment is repeated three times. Figure
6.9 show the results and figure A.24 in Appendix A.17 shows the extensive results. In the results it
is visible that with no changes in the sensing layer, temperature or time between measurements, the
measurements do vary. Between measurements 1 and 3, there is an estimated pKa difference of 0.6
points, which is very big. The pKa is estimated by fitting a curve to the measured ratios and a tiny
difference can make a large difference here. Measurements 2 and 3 are in the same range of ratios,
between 0.14 and 0.45.While in the first measurement the ratios are 10% higher (0.15  0.58). However,
figure 6.9 shows the normalised ratios and here the differences are compensated.
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Figure 6.9: Results reproducibility measurements. Three measurement done with the same buffer solutions with and ionic
strength of 100mM. Ratio of the emission peak divided by the excitation’s peak (eq 4.7). pKa determined by Boltzmann sig
moid function (eq 4.5) Between each measurement 5 minutes waiting time

Ionic Strength
To measure the influence of the ionic strength, measurements are done in buffer solutions with three
different ionic strengths. Figure 6.10 shows these results. As described in the literature, it is visible
that a higher ionic strength lowers the pKa of the indicator [154]. The sensitivity of the samples is
comparable between the ionic strengths. This is visible in figure A.23 in Appendix A.16. The pKa of the
measurements in a buffer solution of 150mM is less than the third reproducibility measurement and
therefore this result could also be explained by the inconsistency of the measurements.
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Figure 6.10: Results ionic strength measurements. Three measurement done with buffer solutions with IS of 50mM 100mM and
150mM. Ratio of the emission peak divided by the excitation’s peak (eq 4.7). pKa determined by Boltzmann sigmoid function (eq
4.5) Between each measurement 5 minutes waiting time
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Layer Thickness
To investigate the difference of thickness and speed, a measurement is done with a layer of 1mm thick
next to the sample of 0.5mm thick, depicted in figure 6.11. The ratios for the thicker sample are higher.
This can be a result of more HPTSmicrobeads in front of the optical fibre. However, in figure 6.11
normalised ratios are used and the thicker sample is a bit more sensitive than the thinner sample. The
thicker sample has a higher pKa than that of the thinner sample. However, if you compare it to the
second measurement of figure 6.9 it is much closer. The sensitivity of the thicker sample is higher.
This can be explained by the larger range between ratios of the sample. This makes the sensor more
capable of detecting small changes.

Figure 6.11: Results of the measurements done with two different layers with the same concentration. The measurement done
with buffer solutions with IS of 100mM. Ratio of the emission peak divided by the excitation’s peak (eq 4.7). pKa determined by
Boltzmann sigmoid function (eq 4.5). Between each measurement 5 minutes waiting time

6.2.3. Transition Time
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Figure 6.12: Result of the transition time measurements with response time of each sensing layer. Measured in both directions

To measure the speed of the sensor and the time constant, the sensor is submerged into a solution
of pH of 8.2 and transferred to a solution with a pH of 6.2 and the other way around. During 20 min
utes, multiple measurements are done to calculate the change of ratio over time. With these ratios, an
exponential line can be fitted:

𝑅 = 𝐶 + 𝑎𝑒𝑏∗𝑡 (6.1)
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From the fitted exponential function, the response time T can be calculated by:

𝑇 = 1/ − 𝑏 (6.2)

Figure 6.12 show the results of the measurement done to determine the response time of the sensor.
As expected, the response time of the thicker sample is slower as more diffusion has to occur and this
is limited by the physical processes of diffusion of hydrogen ions. However, the transition time from a
pH of 8.2 to 6.2 is much closer than that of the other way around. Secondly, the response times from a
buffer solution with high pH to low pH (left) are faster than the other way around. Almost twice as fast
from low to high.

To achieve reliable measurements, a time of 3 times T has to be taken. This to have a measurement
within 5% of the final value. For all layers, this exceeds the 1 minute time asked by the surgeons at the
onset of the project. At most, the minimal response time (0.5mm and highlow) is 323 seconds, which
implies a reliable measurement time of 969 seconds which is 16.16 minutes. However, the response
time can be shorted by extrapolating the data during the measurement.

6.3. Analysis of proofofconcept sensor
The results of the proofofconcept sensor show the potential of using this type of sensing for measur
ing myocardial ischaemia. Almost all measurements had a pKa in between the range of 6.8 and 7.8,
which is described as the range in which cells can survive. This is a positive result.

The sensing layer is sensitive to ionic strength as expected, and unfortunately the reproducibility is
low. This is essential for a sensor and should be a focus for the future. Another focus would be to de
crease the transition times. As these are still way to long. However, a clear relation could be extracted
from the time measurements which correspond to the literature.

Thickness improves the fluorescent intensitiesmeasured. This enlarges the ratio differences and causes
a higher sensitivity. However, the transition time is slower for the thicker sample. Future research is
needed to investigate how the sensitivity can be increased without increasing the response time of the
sensor.

In the onset of the project, a list of criteria is set up for the proofofconcept sensor. The created sensor
is: biocompatible, sensitive to pH between 6.5 and 8, costs less than 1000 euro to fabricate, allows
for remote sensing, and no complex chemistry is needed to create the sensor. However, the sensor is
not able to handle interference, as its own reproducibility is low. It had not an accuracy of 0.1 pH. It did
use complex equipment for the optical measurements, but the technique is not that complex. The role
of the spectrometer in the measurements can be easily taken over by photo diodes and filters.

Interim Conclusions:

• The developed proofofconcept sensor is sensitive in the predetermined range.

• Response time is slow, the thicker sample is even slower.

• Thicker sample leads to higher values, and thus a higher sensitivity.

• Reproducibility of the sensor needs to be improved as the differences are still large.

• Ionic strength results correspond to the literature
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Discussion

The aim of the thesis was to investigate the possibility to measure myocardial ischaemia with an optical
based sensor and to develop a proofofconcept of the sensor. The goal is to investigate this, while
considering all different options by using a structured approach. The main research question of the
thesis was: Is it possible to measure myocardial ischaemia with an opticalbased sensor? This main
question was split up into subquestions related to the feasible methods, the conditions the sensor must
meet, which technique can be used to achieve this, and what the characteristics and properties of the
developed sensor are. Overall, this thesis succeeded in answering the main question. However, some
limitations and disadvantages are discovered and are discussed in this chapter. These limitations and
disadvantages are manageable and therefore this thesis shows a lot of potential for the future. As this
research is new within the department, a lot of new information is gathered and many options are con
sidered. Combining the information and findings of this thesis, it is seems viable to measure myocardial
ischaemia with an opticalbased sensor.

First, the research questions will be restated and answered with the information gathered in this thesis.
Secondly, the results of this thesis are compared with the literature and state how this research filled in
the knowledge gaps. Finally, the limitations and clinical relevance are evaluated and recommendations
for future research are done.

To answer the research question and to develop a proofofconcept sensor, it was split up into four
subquestions. These questions concerned the feasible methods (SQ:1), the condition which the sen
sor must meet (SQ:2), the optical sensing technique (SQ:3), and the characteristics and properties of
the proof of concept developed (SQ:4). As subquestion 1 was the research question of the literature
review (Appendix A.18.2) it is extensively discussed in the review and will only be shortly discussed
here.

(SQ:1) What are feasible methods to detect myocardial ischaemia during car
dioplegia induced arrest?
The goal of the literature review was to lay the groundwork to develop a proof of concept sensor.
To lay this ground work, the literature review first examined which physiological parameters can be
measured in an arrested heart. Lactate and pH were chosen to be further investigated in the literature
review. Following this, an overview of all types of technologies capable of sensing pH and lactate were
compared. The decision was made to further investigate the optical sensing technologies. In total,
thirtyseven different pH and lactate were compared in three optical methods. These methods were
reflection, absorption, and fluorescence. The results from the literature review show that fluorescence
pH sensing has the most potential and that is why the remainder of the thesis focused on this.

(SQ:2)What are the conditions that the sensormustmeet to be used in practice?
To develop a proofofconcept sensor and to select an optochemical sensing technique, it is important
to design it with the end goal in mind. Therefore, cardiothoracic surgeons of the Leiden University
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Medical Center were consulted to see what the medical requirements are for the sensor. For the sur
geons, it is important that it needs to measure the ischaemia reliable and safe, be easy to handle,
and does not get in the way during the operation. It did not matter which parameter the sensor would
measure and the costs. They need at least 3 sensors as the flow areas of all coronary arteries should
be investigated and Khabbaz et al. [72] showed that three sensors are reliable. The largest limitation
in this work compared to the literature lays in the resources available for this project. As this research
is a proofofconcept and exploration in the field of ischaemia detection, there were limited resources
available. As a result, expensive and chemically advanced processes could not be used. Therefore,
the use of solgels and TimeResolved optical measurements were not available for this project, while
these show a lot of potential [157, 28, 53]. However, Cattini et al. [25] showed that with relative simple
methods and materials impressive results could be obtained. However, the research of Cattini et al.
[24] did not state any information about optimising the sensing layer and concentrations. It was also
focused on measuring the pH of blood in extracoporeal circulation, and as described in section 2.2.3
and in the review article of Steinegger et al. [139] this can be challenging. Combining the literature,
medical requirements and the resources available, a list of criteria was developed to make sure that a
proofofconcept sensor could be created and tested in this research. This work is the first to describe
the requirements of the surgeon on ischaemia detection, which can support many other researchers
for developing ischaemia detecting sensors.

(SQ:3) What optochemical sensing technique can be used to measure pH dif
ferences induced by myocardial ischaemia?
In the literature review, the articles found were divided into three optical techniques. However, other
types of these techniques are described in the literature. Table 3.4 shows that there are 12 different
optochemical techniques which can be measured by using fluorescence. The more advanced the sens
ing principle is, the better it can compensate for the interferences. TimeResolved measurements show
the most potential as they are already used in optochemical pH sensors [139]. Presens sensors use
Dual Lifetime Referencing sensing which they patented [115]. However, dual wavelength referencing
shows also a lot of potential for low cost sensors and has the ability to overcome interferences. As the
resources available for this work are the main restriction, the dual wavelength referencing method is
chosen in this work. This decision influences the indicator used for the prototype. As not all indicator
dyes have dual wavelength (ratiometric) properties. By selecting the technique and dye, it is not yet
possible to fabricate a sensor. For this, a support matrix is needed, and as described solgels could
not be used in this work. Therefore, a selection is made between the different hydrogels. For this, Hy
droMed D4 was chosen, as it is a proven biocompatiblehydrogel and does not need any processing
(UV/temperature/etc.) which can interfere with the indicator dye. As the hydrogel is transparent, it did
not interfere with the optical measurements of the indicator dye. To encapsulate the indicator dye, an
ion exchange microbeads are used. This is done before in the literature and showed some limitations
[24, 71, 139], which were accepted to develop a proofofconcept sensor. This work is not the first to
use this combination of dye, support matrix and microbeads. However, it is the first to compare the
different techniques and materials by rating them on their ability to be developed into an in vivo sensor.

(SQ:4) What are the characteristics and properties of the proof of concept de
veloped?
Research published which fabricated HPTSHydroMed D4 sensing layers did not describe an optimisa
tion of the sensing layer. Therefore, this work used optical investigations and spectrometric analysis to
optimise the concentration of HPTS, the density, and thickness of the sensing layer. This work clearly
showed that changes in the layer have a result on the optical measurements. As the sensing layer
contains microbeads of varying sizes, it is not possible to use methods like spincoating. As a result, it
is depended on where you measure on the sample. The goal of Dual Wavelength Referencing (DWR)
is to overcome the problem of varying sample structures. However, this work shows that varying thick
nesses and concentration have influence on the result. It also showed that the factors described in
section 2.2.2 have a significant effect on the measurements and should be tackled before the sen
sor can be used in vivo. A lot of research described in the literature does not describe the influence
of ionic strength in their pH measurements [139], because of the lack of knowledge on the chemistry
taking place at the molecular scale. This research tried to map this and how the support matrix and
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microbeads also have a relation to the accuracy of the sensor.

As final result a needle proofofconcept sensor is developed, on which different types of sensing lay
ers could be tested. This needle used an miniature reflection fibre, a sensing layer, two LED’s (405nm
and 475nm), and a USB spectrometer. At the onset of the project, a list of 8 criteria were set up for
the proofofconcept sensor. Eventually, the sensor did meet 6 of the criteria and shows the potential
to solve the other two. The influence of ionic strength and the lack of reproducibilty are the greatest
concern for the continuation of the project. However, it did meet all other criteria. The measurements
done with an thicker sample show that more microbeads improve the sensitivity, but slows down the
response time

Limitations
As consequence of the decisions made in this work, some limitations have influenced the outcomes of
this work. The most relevant limitations will be discussed

Resources
As described in section 3.2.2 the resources available were a limiting factor. The decision to design a
sensor based on Dual Wavelength Referencing with an hydrogel and HPTS was made to reduce the
complexity and cost and time. Due to the delivery problems of materials, timewas a scarce resource and
did not allow for much further testing. If more time, financial, and devices were available, other decisions
would have been made. However, the selection of the materials and techniques made allowed for the
development of a proofofconcept sensor, which was the main goal of the thesis.

Ionic Strength
As the results show, the ionic strength of the solutions has a large influence on the fluorescent output
measured. This influence is essential as the sensor needs to be accurate during a cardiac surgery.
Secondly, the influence of electrolytes in cardioplegia should be investigated. As cardioplegia exist out
of KCl, Mg2+, Ca2+, Cl− and Na+. All these ions have a valency which changes the ionic strength in
the environment. However, cardioplegia is administered in coronary arteries and it is not clear if on the
epicard the influence of the ionic strength of the electrolytes is present. The proof of concept results
show that the ionic strength has a substantial influence on the ratios calculated from the spectrometer
measurements.

Chemical Knowledge
As at the beginning of the project it was not yet clear which type of sensing would be the best for de
tecting myocardial ischaemia, all different types were compared. Eventually, the most potential sensors
were optochemical sensors. The limitation which comes with this is that the background of the main
author is not a chemical background. While the processes influencing the sensor are mostly chemical
processes. As a result, the influence of ionic strength and immobilisation of the indicator where not
fully understood when the selection was made to use microbeads and a negatively charged hydrogel.
If more chemical knowledge were available, other techniques (more advanced) such as Wencel et al.
[157] and Gong et al. [53] could be attempted. As results in the literature show that solgels have their
advantages in stability and immobilisation of the dye

In vivo sensing
The goal of this thesis was to develop a proofofconcept sensor and test this sensor in vivo. However,
due to delivery problems and limited time, it was not possible to test the sensor in vivo. As the in vivo
results can be different than those of the buffer solutions, the viability of the sensor is not yet fully clear.
In the final design, it is also not yet suitable to test on the heart as the design still has to be miniaturised.
This miniaturisation has to be optimised as the chemical processes change at a small scale.

Consistency and interference
As the results show, it was hard to achieve a consistent sensing layer and results. As the process
steps in this work were tried to be kept the same for the fabrication of the sensing layer, this was
difficult. This resulted in different types of sensing layers, which were difficult to compare. The Dual
Wavelength Referencing is used to overcome the interference between the layers, but was not efficient
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enough. Other interferences were that water was accumulating on the backside of the sensing layer.
This caused that the light from the reflection fibre was first going from the probe to the sensing layer
to water, and after a while from probe to water to the sensing layer to water. Different media have
different effects on light and these effects should be investigated in future research. Another interference
which should be kept in mind is that the sensor will need to be calibrated. However, for calibration, the
precise environment is needed which accords with the measurement environment. As this environment
changes, the calibration needs to be changed.

Clinical relevance
This project started with a clinical problem: Cardiac patients die after surgery because the cardioplegia
did not protect all cardiomyocytes and that this is a black box for surgeons and perfusionists. As there
is no golden standard or even a device which is possible, there were many different options to create
a sensor. Unfortunately, it was not possible to test the sensor in vivo or in tissue, and the sensor will
need to be further developed before these tests can be done. However, this work definitely helped in
solving the clinical problem of cardioplegia induced myocardial ischaemia.

First of all, this is the first research which compared the potential of electrochemical and optochem
ical sensing for detecting changes in tissue pH. This work explicated the challenges for optochemical
sensing during cardiac surgery and showed the potential of fluorescent sensing.

Secondly, this work tested if a sensing layer consisting of HPTSmicrobeads and HydroMed D4 could
be used for detecting the pH changes of the tissue. The sensing layers created show a lot of potential,
but as stated before, the consistency of the layers should be increased to validate the potential.

In third place, this work identified challenges on which subsequent research should focus and tackle
before in vivo measurements can be done. For example, the relation between ionic strength and elec
trolyte concentration should be investigated. As well as the possibility to use sol gels instead of hydro
gels to have a neutral charged sensing layer, which could improve the accuracy.

Finally, this work describes the relation between the thickness/concentration and sensitivity of the sens
ing layer. In this work, the relation between thickness of the sample and the transition time is substantial.
Therefore, it is important to focus future work on creating thin sensing layers.

Recommendation
The following recommendation for improvement of the current sensor and future research can bemade.
These recommendations are not only for the continuation of research at TU Delft, but all future research
on detecting cardioplegia induced cardiac arrest. First, sensorrelated recommendations are made and
these are followed by the recommendation on which physiological effects need to be further investi
gated.

Optimisation sensor
It has been already described multiple times in this research, but improving the consistency of the
samples can make the sensor more viable. The sensor should be more reproducible than it is now. The
differences between samples had too much influence on the outcome of the measurements. If this can
be reduced, it is possible to calibrate the sensor. Besides the reproducibility, the response times have to
be reduced a lot, before this sensor can be used in practice. Secondly, scattering particles and optical
isolation layer can be used to improve the light detected by the spectrometer. Thirdly, minimisation and
biocompatibility testing are needed before the sensor can be used for in vivo measurements. At last,
the optical system can be simplified by using filters and photodetectors instead of a spectrometer.

Collaboration Chemical Engineering
As stated in the limitation, the chemical knowhow limited the processes to develop more advanced
sensing layers. Sensing layers such as Gong et al. [53] and Wencel et al. [157] are more complex in
fabrication, but also have better results. Combining the optical and medical knowledge of the depart
ment of Bioelectronics with that of chemical engineering, it can improve the success of the project.
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As the latest sensors in the literature all use solgels as this has less influence on the sensitivity related
to ionic strength, this would be the first recommendation. Solgels also allow for better immobilisation
of the indicator dye and do not need microbeads as intermediaries. As the charge of the microbeads
can also influence the pH measurement. Other indicators than HPTS are being used as the negative
charge of HPTS makes it vulnerable for ionic strength changes.

Compare with existing sensors in vivo
Since the research of Khabbaz et al. [72] in 2001 no pH meter is used to detect myocardial ischaemia.
While many different sensors have been developed since then. The advantage of using commercial
pH sensors is that they have been approved by the authorities, this can speed up the process of in
vivo sensing. The sensors of Presens have the most potential and they have a monopoly on Dual Life
time Referencing (DLR) sensors. The sensors use a fluorescent hydrogel which can be vulnerable and
needs liquids to work. It is already used in food and biological measurements, however not yet in vivo.
They did a test with fluorescent sensor foils on tissue [125].

Another commercial available pH sensor is the ISFET pH sensor of Wellinq. This sensor is using the
ISFET technology, which is sensitive to drift but showed good results in in vivo measurements done by
Goodman et al. [54]. The sensor is FDA approved and thus can be tested in vivo without much prob
lems. It would be interesting to test both sensors at the same time, as they use different technologies.
Where the ISFET sensor measures the direct activity of the hydrogen ions the DLR sensor measures
the concentration. Both sensors describe an accuracy of 0.1 in the diluted solution, so it should be
interesting to see how this holds up in vivo.

Cardioplegia electrolytes and other tissue
The final recommendation is to focus a research on the influence of cardioplegia electrolytes on the pH
measurements. As described multiple times, the influence of the electrolytes is unknown and could po
tential have a great influence on the measured values. It would be interesting to evaluate this. Another
aspect of this research would be to see if a reference measurement, for example on the muscles of your
ribs, would be enough to indicate ischaemia. As the surgeons only want to know if the cardiomyocytes
are becoming ischaemic and not the exact pH value is of importance.

Most pH sensors developed right now are focused on the differentiation of tumorous tissue [53, 5,
101, 35] or wound healing [130, 93]. It would be interesting to see the potential of this sensor in these
applications.

Conclusion
It is possible to measure myocardial ischaemia with an opticalbased sensor. This worked showed the
potential of opticalbased sensors and indicates that myocardial ischaemia can be detected by using a
fluorescence hydrogel. To develop a proofofconcept sensor, a list of requirements is synthesised and
a structured analysis of all options and techniques possible is conducted. This led to a proofofconcept
sensor, which is a needlebased sensor with an fluorescent hydrogel and two LED’s to allow for dual
wavelength referencing. This sensor is capable of measuring pH changes in the range requested by
thoracic surgeons and can help them protect the patients during surgery.

Improvements can be made on the consistency of the sensing layers, the reproducibility, and the minia
turisation. However, this project succeeded in developing a sensor for a problem given by surgeons in
10 months time. Besides developing a sensor, this work brought together different sections of the sci
entific world to give an overview of all possibilities to measure ischaemia and the challenges ischaemia
sensors are facing. Future investigation will optimise the current sensor and see if the sensor gives
similar results in vivo.

Optochemical pH sensors will be the future in biomedical pH sensing as it shows a lot of potential and
the accuracy is improving. Not only cardiac surgery patients can be helped by these types of sensors,
but it is also capable of recognising tumorous tissue and other applications.
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Steps pH buffer PBS with different Ionic Strengths 

Equipment needed: 

 NaH2PO4 (Sodium Dihydrogen 

Phosphate) (2 gram) 

 NaCl (background electrolyte) (10 

gram) 

 HCl 37% (1mL) 

 NaOH 98% (1mL) 

 Demineralized Water (2L) 

 Magnetic stirrer 

 40 x 50 ml Plastic containers/bottles 

 2 x 1 L beaker 

 1 x 150mL glass beakers

 Scale

Step 1: Produce Phosphate buffer stock solution.  

Location: Wet Benches MEMS-Lab 

 Dissolve 1.2g NaH2PO4 per 1L Pure Water → Solution A 

 

Step 3: Produce Dissolved HCl (0.01M) and NaOH (0.01M) 

Location: Wet Benches MEMS-Lab 

HCl: 

 Slowly dissolve 0.082 ml of 37% HCl in 25 ml water 

 Adjust final solution to 100ml 

 

NaOH: 

 Slowly dissolve 0.027 ml of 98% NaOH in 25 ml water 

 Adjust final solution to 100ml 

 

Step 3: Produce Phosphate buffer different IS and pH  

Location: Wet Benches MEMS-Lab 

 Put 45 ml of Solution A in beaker 

 Add magnetic stirrer 

 Add pH sensor 

 Add Salt according to table 

 Pipet HCl and NaOH to adjust pH 

 Add DM Water to 50 ml 

 Label plastic container with IS, pH and Temp 

IS/pH 50 mL 6.2 6.6 7 7.4 7.8 8.2  

50 mM 

NaH2PO4 (g) 0.06 0.06 0.06 0.06 0.06 0.06  

NaCL (g) 0.1079 0.0985 0.0856 0.0734 0.0655 0.0615  

Water (mL) 45 45 45 45 45 45  

100 mM 

NaH2PO4 (g) 0.06 0.06 0.06 0.06 0.06 0.06  

NaCL (g) 0.2529 0.2427 0.2295 0.218 0.2109 0.2074  

Water (mL) 45 45 45 45 45 45  

150 mM 

NaH2PO4 (g) 0.06 0.06 0.06 0.06 0.06 0.06  

NaCL (g) 0.3984 0.3877 0.3744 0.3634 0.3568 0.3536  

Water (mL) 45 45 45 45 45 45  

200 mM 

NaH2PO4 (g) 0.06 0.06 0.06 0.06 0.06 0.06  

NaCL (g) 0.5441 0.5331 0.5198 0.5091 0.5028 0.4998  

Water (mL) 45 45 45 45 45 45  
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A.3. Protocol of producing phosphate buffers



Steps MEMSlab First production of HPTS loaded Microbeads  

Equipment needed: 

 1 glass beakers of 50-150mL 

 DM Water 20 mL 

 HPTS 35 mg 

 AmberChrom 1x8 microbeads 1g 

 Magnetic Stirrer 

 Centrifuge 

 Pipet 

 Dark storage box 

Goal of steps: 

• Make first HPTS microbeads and learn processing steps. 

• Look for problems. 

Step 1: Prepare HPTS 

Needed: Glass beaker, HPTS, DM Water  

Location: MEMS Lab 

Flowchart: Mix solution of HPTS and Demineralized water with concentration of 350mg/l 

1. Prepare: 100 mL DM Water 

2. Prepare: 35 mg HPTS 

3. Pour together and mix → Compound 1. 

Step 2: Prepare Microbeads 

Needed: Glass beaker, Microbeads 

Location: MEMS Lab 

Flowchart: Dispersing AmberChrom 1X8 200-400 microbeads in demineralized water 

1. Prepare: 10 g of AmberChrom microbeads 

2. Prepare: 10 mL of DM Water 

3. Pour together and mix → Compound 2. 

Step 3: Make HPTS Microbeads 

Needed: Glass beaker, Compound 1 and 2, Magnetic stirrer 

Location: MEMS Lab 

Flowchart: Using magnetic stirrer to mix the Microbeads and HPTS. 4h – 24h of stirring. 

1. Mix Compound 2 and 3 → Compound 3. 

2. Use magnetic stirrer and stir for one day. 

Step 4: Centrifuge HPTS-Microbeads 

Needed: Benchtop Centrifuge, Compound 3 

Location: EWI  

Flowchart: disperse the microbeads and use a centrifuge to separate the microspheres. 

1. Put compound in centrifuge. 

2. Centrifuge for 5 minutes @ 2000 rpm 

3. Resulting loaded microspheres → Compound 5. 

Step 5: Store the Microbeads 

Needed: Dark storage box, DM Water, ambient temperature 

Location: MEMS Lab 

1. Keep HPTS loaded microbeads in water solution in dark location. 
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A.5. Overview different optical detection schemes by Steinegger et al. [139] 103

A.5. Overview different optical detection schemes by Steinegger
et al. [139]

Figure A.1: Advantages and Disadvantages of the Various Optical Detection Schemes and How Well They Can Compensate for
Various Kinds of Undesired Interferences by Steinegger et al. [139]



Steps MEMSlab First production of hydrogel with HPTS loaded microbeads.  

Equipment needed: 

 1 glass beakers of 50-150mL 

 DM Water 20 mL 

 HPTS loaded microbeads 20mL 

 Magnetic Stirrer 

 HydroMed D4 1g 

 Ethanol 10 mL 

 Microscope glass slide 

 Container  

 Pipet 

 Dark storage box 

Goal of steps: 

• Make first HPTS microbeads hydrogels and learn processing steps. 

• Look for problems. 

Step 1: Prepare hydrogel 

Needed: Glass beaker of 150 mL, Ethanol (min. 10mL), DM Water (min. 10mL), Hydromed D4 (1g)  

Location: MEMS Lab 

 

1. Prepare: 1 g Hydromed D4 

2. Prepare: 9 mL EtOH and 1 mL DM Water (9:1) 

3. Pour together and dissolve for 6 hours → Compound 1 

Step 2: Mixing HPTS-Microbeads with Hydromed D4 and deposition op membranes 

Needed: Pipet, microscope glass slides 

Location: MEMS Lab 

Flowchart: Mix 1 ml of Hydrogel with 350 mg of microbeads and Knife coating hydrogel on glass 

slides.  

1. Prepare: 1 mL of Compound 1 

2. Prepare: 350 mg of HPTS loaded microbeads (Compound 2) 

3. Mix Compound 1 and 2 for 4 hours 

4. Pipet mixture on glass slides (0.1 mL) 

5. Dry sensors. 

Step 3: Store the Microbeads 

Needed: Dark storage box, ambient temperature 

Location: MEMS Lab 

1. Keep the sensors in a dark location. 
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Figure A.2: The scaled output of the green channel of the thorlabs CMOS camera of Sample C
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Figure A.3: The scaled output of the green channel of the thorlabs CMOS camera of Sample G
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A.8. (Un)scaled Reflection Data for Perkin Elmer
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Figure A.4: Scaled Reflection of samples AD
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A.9. (Un)scaled Transmission Data for Perkin Elmer Lambda 1050
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Figure A.6: Scaled Transmission of samples AD
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A.10. (Un)scaled Absorbance Data
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Figure A.8: Absorbance of samples AD
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A.11. Fluorlog Data

Figure A.10: Top view of fluorescence output measured by flourlog 3
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Figure A.11: Top view of fluorescence output measured by flourlog 3
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Figure A.12: Top view of fluorescence output measured by flourlog 3



112 A. Appendixes

Figure A.13: Top view of fluorescence output measured by flourlog 3
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Figure A.14: Top view of fluorescence output measured by flourlog 3
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Figure A.15: Top view of fluorescence output measured by flourlog 3
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Figure A.16: Top view of fluorescence output measured by flourlog 3
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Figure A.17: Top view of fluorescence output measured by flourlog 3
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A.12. Fluorlog Sensitivity Samples A, B and D
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Figure A.18: Determining the pKa of Sample A at a emission wavelength of 525nm and excitation wavelengths 475/405nm
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A.13. Extra Results Reflection Probe 119

A.13. Extra Results Reflection Probe

Wavelengths

S
c
a

le
d

 c
o

u
n

ts
 p

e
r 

s
e

c
o

n
d

400 500 600
0

5

10

15

20

V 2.5 1mm

400 500 600
0

5

10

15

20

V 3.0 1mm

400 500 600
0

5

10

15

20

V 3.4 1mm

400 500 600
0

5

10

15

20

V 3.6 1mm

400 500 600
0

5

10

15

20

V 3.8 1mm

pH 6.2 pH 6.6 pH 7.0 pH 7.4 pH 7.8 pH 8.2

400 500 600
0

0.2

0.4

0.6

0.8

1

1.2

1.4

1.6

1.8
V 2.5 05mm

400 500 600
0

0.2

0.4

0.6

0.8

1

1.2

1.4

1.6

1.8
V 3.0 05mm

400 500 600
0

0.2

0.4

0.6

0.8

1

1.2

1.4

1.6

1.8
V 3.4 05mm

400 500 600
0

0.2

0.4

0.6

0.8

1

1.2

1.4

1.6

1.8
V 3.6 05mm

400 500 600
0

0.2

0.4

0.6

0.8

1

1.2

1.4

1.6

1.8
V 3.8 05mm

Figure A.21: Spectral output measured by Avantes Starline in counts per second, scaled to the value of 475nm for the two layer
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A.14. Results of the 1mm layer of the reflection probe measure
ments
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A.16. Results of ionic strengthmeasurement proofofconcept sen
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Figure A.23: Full results of Ionic Strength measurements
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A.17. Results of reproducibilitymeasurement proofofconcept sen
sor
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Figure A.24: Full results of reproducibility measurements
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A.18. Matlabcodes used in thesis
A.18.1. Scripts

Listing A.1: Matlab script for the absorption data
1 %% Close all
2
3 clc
4 clear all
5 close all
6
7 %% Load Data
8 fds = fileDatastore( 'C:\Users\mauri\Documents\MATLAB\Afstuderen\Absorptiemetingen\', 'ReadFcn', @load, ”FileExtensions”, '.csv');
9 fullFileNames = fds.Files;
10 FileNames = string(fullFileNames);
11 % correction files
12 Sample_Glass = importfileAbsorption(FileNames(5));
13 Sample_100_begin = importfileAbsorption(FileNames(3));
14 Sample_100_end = importfileAbsorption(FileNames(4));
15 Sample_0_begin = importfileAbsorption(FileNames(1));
16
17 %Sample A
18 FirstFile_SampleA = 7;
19 SampleA_62 = importfileAbsorption(FileNames(FirstFile_SampleA));
20 SampleA_66 = importfileAbsorption(FileNames(FirstFile_SampleA+1));
21 SampleA_70 = importfileAbsorption(FileNames(FirstFile_SampleA+2));
22 SampleA_74 = importfileAbsorption(FileNames(FirstFile_SampleA+3));
23 SampleA_78 = importfileAbsorption(FileNames(FirstFile_SampleA+4));
24 SampleA_82 = importfileAbsorption(FileNames(FirstFile_SampleA+5));
25
26 %Sample B
27 FirstFile_SampleB = 14;
28 SampleB_62 = importfileAbsorption(FileNames(FirstFile_SampleB));
29 SampleB_66 = importfileAbsorption(FileNames(FirstFile_SampleB+1));
30 SampleB_70 = importfileAbsorption(FileNames(FirstFile_SampleB+2));
31 SampleB_74 = importfileAbsorption(FileNames(FirstFile_SampleB+3));
32 SampleB_78 = importfileAbsorption(FileNames(FirstFile_SampleB+4));
33 SampleB_82 = importfileAbsorption(FileNames(FirstFile_SampleB+5));
34
35 %Sample C
36 FirstFile_SampleC = 20;
37 SampleC_62 = importfileAbsorption(FileNames(FirstFile_SampleC));
38 SampleC_66 = importfileAbsorption(FileNames(FirstFile_SampleC+1));
39 SampleC_70 = importfileAbsorption(FileNames(FirstFile_SampleC+2));
40 SampleC_74 = importfileAbsorption(FileNames(FirstFile_SampleC+3));
41 SampleC_78 = importfileAbsorption(FileNames(FirstFile_SampleC+4));
42 SampleC_82 = importfileAbsorption(FileNames(FirstFile_SampleC+5));
43
44 %Sample D
45 FirstFile_SampleD = 26;
46 SampleD_62 = importfileAbsorption(FileNames(FirstFile_SampleD));
47 SampleD_66 = importfileAbsorption(FileNames(FirstFile_SampleD+1));
48 SampleD_70 = importfileAbsorption(FileNames(FirstFile_SampleD+2));
49 SampleD_74 = importfileAbsorption(FileNames(FirstFile_SampleD+3));
50 SampleD_78 = importfileAbsorption(FileNames(FirstFile_SampleD+4));
51 SampleD_82 = importfileAbsorption(FileNames(FirstFile_SampleD+5));
52 %% Converting Transmittance to Absorbance
53 % A = 2  log10 %T
54 % correction files
55 Sample_Glass.x_T = 2  log10(Sample_Glass.x_T);
56 Sample_100_begin.x_T = 2  log10(Sample_100_begin.x_T);
57 Sample_100_end.x_T = 2  log10(Sample_100_end.x_T );
58 Sample_0_begin.x_T = 2  log10(Sample_0_begin.x_T );
59
60 %Sample A
61 SampleA_62.x_T = 2  log10(SampleA_62.x_T);
62 SampleA_66.x_T = 2  log10(SampleA_66.x_T);
63 SampleA_70.x_T = 2  log10(SampleA_70.x_T);
64 SampleA_74.x_T = 2  log10(SampleA_74.x_T);
65 SampleA_78.x_T = 2  log10(SampleA_78.x_T);
66 SampleA_82.x_T = 2  log10(SampleA_82.x_T);
67
68 %Sample B
69 SampleB_62.x_T = 2  log10(SampleB_62.x_T);
70 SampleB_66.x_T = 2  log10(SampleB_66.x_T);
71 SampleB_70.x_T = 2  log10(SampleB_70.x_T);
72 SampleB_74.x_T = 2  log10(SampleB_74.x_T);
73 SampleB_78.x_T = 2  log10(SampleB_78.x_T);
74 SampleB_82.x_T = 2  log10(SampleB_82.x_T);
75
76 %Sample C
77 SampleC_62.x_T = 2  log10(SampleC_62.x_T);
78 SampleC_66.x_T = 2  log10(SampleC_66.x_T);
79 SampleC_70.x_T = 2  log10(SampleC_70.x_T);
80 SampleC_74.x_T = 2  log10(SampleC_74.x_T);
81 SampleC_78.x_T = 2  log10(SampleC_78.x_T);
82 SampleC_82.x_T = 2  log10(SampleC_82.x_T);
83
84 %Sample D
85 SampleD_62.x_T = 2  log10(SampleD_62.x_T);
86 SampleD_66.x_T = 2  log10(SampleD_66.x_T);
87 SampleD_70.x_T = 2  log10(SampleD_70.x_T);
88 SampleD_74.x_T = 2  log10(SampleD_74.x_T);
89 SampleD_78.x_T = 2  log10(SampleD_78.x_T);
90 SampleD_82.x_T = 2  log10(SampleD_82.x_T);
91
92 %% Plot Transmittance
93 figure
94 t = tiledlayout(2,3,'TileSpacing','compact');
95 ttl = 'Plot of the Absorbance of ';
96 nexttile
97 plot(Sample_Glass.nm,Sample_Glass.x_T)
98 legend({'Glass slide'},'Location','northeast')
99 xlabel('wavelength (nm)')
100 ylabel('Absorbance (OD)')
101 title(' Plot of the Absorbance of Glass slide')
102 nexttile
103 plot(Sample_100_begin.nm,Sample_100_begin.x_T,Sample_100_end.nm,Sample_100_end.x_T,Sample_0_begin.nm,Sample_0_begin.x_T)
104 legend({'100% begin','100% end','0%begin'},'Location','northeast')
105 xlabel('wavelength (nm)')
106 ylabel('Absorbance (OD)')
107 title('Plot of the Absorbance of Baseline Measurements')
108 tableplot(SampleA_62, SampleA_66, SampleA_70, SampleA_74, SampleA_78, SampleA_82, 'Sample A', ttl)
109 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
110 tableplot(SampleB_62, SampleB_66, SampleB_70, SampleB_74, SampleB_78, SampleB_82,'Sample B', ttl)
111 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
112 tableplot(SampleC_62, SampleC_66, SampleC_70, SampleC_74, SampleC_78, SampleC_82, 'Sample C', ttl)
113 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
114 tableplot(SampleD_62, SampleD_66, SampleD_70, SampleD_74, SampleD_78, SampleD_82, 'Sample D', ttl)
115 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
116 xlabel(t,'Wavelength (nm)')
117 ylabel(t,'Absorbance (OD)')
118 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
119 lgd.NumColumns = 6;
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120 lgd.Layout.Tile = 'north';
121
122 % New figure
123 figure
124 t = tiledlayout(2,2,'TileSpacing','compact');
125 ttl = 'Plot of the Absorbance of ';
126 tableplot(SampleA_62, SampleA_66, SampleA_70, SampleA_74, SampleA_78, SampleA_82, 'Sample A', ttl)
127 tableplot(SampleB_62, SampleB_66, SampleB_70, SampleB_74, SampleB_78, SampleB_82, 'Sample B ',ttl)
128 tableplot(SampleC_62, SampleC_66, SampleC_70, SampleC_74, SampleC_78, SampleC_82, 'Sample C', ttl)
129 tableplot(SampleD_62, SampleD_66, SampleD_70, SampleD_74, SampleD_78, SampleD_82, 'Sample D ',ttl)
130 xlabel(t,'Wavelength (nm)')
131 ylabel(t,'Absorbance (OD)')
132 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
133 lgd.NumColumns = 6;
134 lgd.Layout.Tile = 'north';
135
136 %% Glasscorrected
137 % Sample A
138 SampleA_62_corr = array2table([SampleA_62.nm, Sample_Glass.x_TSampleA_62.x_T],'VariableNames',{'nm','x_T'});
139 SampleA_66_corr = array2table([SampleA_66.nm, Sample_Glass.x_TSampleA_66.x_T],'VariableNames',{'nm','x_T'});
140 SampleA_70_corr = array2table([SampleA_70.nm, Sample_Glass.x_TSampleA_70.x_T],'VariableNames',{'nm','x_T'});
141 SampleA_74_corr = array2table([SampleA_74.nm, Sample_Glass.x_TSampleA_74.x_T],'VariableNames',{'nm','x_T'});
142 SampleA_78_corr = array2table([SampleA_78.nm, Sample_Glass.x_TSampleA_78.x_T],'VariableNames',{'nm','x_T'});
143 SampleA_82_corr = array2table([SampleA_82.nm, Sample_Glass.x_TSampleA_82.x_T],'VariableNames',{'nm','x_T'});
144 % Sample B
145 SampleB_62_corr = array2table([SampleB_62.nm, Sample_Glass.x_TSampleB_62.x_T],'VariableNames',{'nm','x_T'});
146 SampleB_66_corr = array2table([SampleB_66.nm, Sample_Glass.x_TSampleB_66.x_T],'VariableNames',{'nm','x_T'});
147 SampleB_70_corr = array2table([SampleB_70.nm, Sample_Glass.x_TSampleB_70.x_T],'VariableNames',{'nm','x_T'});
148 SampleB_74_corr = array2table([SampleB_74.nm, Sample_Glass.x_TSampleB_74.x_T],'VariableNames',{'nm','x_T'});
149 SampleB_78_corr = array2table([SampleB_78.nm, Sample_Glass.x_TSampleB_78.x_T],'VariableNames',{'nm','x_T'});
150 SampleB_82_corr = array2table([SampleB_82.nm, Sample_Glass.x_TSampleB_82.x_T],'VariableNames',{'nm','x_T'});
151 % Sample C
152 SampleC_62_corr = array2table([SampleC_62.nm, Sample_Glass.x_TSampleC_62.x_T],'VariableNames',{'nm','x_T'});
153 SampleC_66_corr = array2table([SampleC_66.nm, Sample_Glass.x_TSampleC_66.x_T],'VariableNames',{'nm','x_T'});
154 SampleC_70_corr = array2table([SampleC_70.nm, Sample_Glass.x_TSampleC_70.x_T],'VariableNames',{'nm','x_T'});
155 SampleC_74_corr = array2table([SampleC_74.nm, Sample_Glass.x_TSampleC_74.x_T],'VariableNames',{'nm','x_T'});
156 SampleC_78_corr = array2table([SampleC_78.nm, Sample_Glass.x_TSampleC_78.x_T],'VariableNames',{'nm','x_T'});
157 SampleC_82_corr = array2table([SampleC_82.nm, Sample_Glass.x_TSampleC_82.x_T],'VariableNames',{'nm','x_T'});
158 % Sample D
159 SampleD_62_corr = array2table([SampleD_62.nm, Sample_Glass.x_TSampleD_62.x_T],'VariableNames',{'nm','x_T'});
160 SampleD_66_corr = array2table([SampleD_66.nm, Sample_Glass.x_TSampleD_66.x_T],'VariableNames',{'nm','x_T'});
161 SampleD_70_corr = array2table([SampleD_70.nm, Sample_Glass.x_TSampleD_70.x_T],'VariableNames',{'nm','x_T'});
162 SampleD_74_corr = array2table([SampleD_74.nm, Sample_Glass.x_TSampleD_74.x_T],'VariableNames',{'nm','x_T'});
163 SampleD_78_corr = array2table([SampleD_78.nm, Sample_Glass.x_TSampleD_78.x_T],'VariableNames',{'nm','x_T'});
164 SampleD_82_corr = array2table([SampleD_82.nm, Sample_Glass.x_TSampleD_82.x_T],'VariableNames',{'nm','x_T'});
165 %% plot Glass corrected
166 figure
167 xlbl = 'Wavelength (nm)';
168 ylbl = 'Absorbance (OD)';
169 ttl = 'Plot of the Absorbance of Glassslide  ';
170 tableplot(SampleA_62_corr, SampleA_66_corr, SampleA_70_corr, SampleA_74_corr, SampleA_78_corr, SampleA_82_corr, 'Sample A', ttl)
171 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
172 tableplot(SampleB_62_corr, SampleB_66_corr, SampleB_70_corr, SampleB_74_corr, SampleB_78_corr, SampleB_82_corr, 'Sample B', ttl)
173 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
174 tableplot(SampleC_62_corr, SampleC_66_corr, SampleC_70_corr, SampleC_74_corr, SampleC_78_corr, SampleC_82_corr, 'Sample C', ttl)
175 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
176 tableplot(SampleD_62_corr, SampleD_66_corr, SampleD_70_corr, SampleD_74_corr, SampleD_78_corr, SampleD_82_corr, 'Sample D', ttl)
177 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
178
179 %% Samples  Sample A
180 % Sample B
181 SampleB_62_minSampleA = array2table([SampleB_62.nm, SampleB_62.x_TSampleA_62.x_T],'VariableNames',{'nm','x_T'});
182 SampleB_66_minSampleA = array2table([SampleB_66.nm, SampleB_66.x_TSampleA_66.x_T],'VariableNames',{'nm','x_T'});
183 SampleB_70_minSampleA = array2table([SampleB_70.nm, SampleB_70.x_TSampleA_70.x_T],'VariableNames',{'nm','x_T'});
184 SampleB_74_minSampleA = array2table([SampleB_74.nm, SampleB_74.x_TSampleA_74.x_T],'VariableNames',{'nm','x_T'});
185 SampleB_78_minSampleA = array2table([SampleB_78.nm, SampleB_78.x_TSampleA_78.x_T],'VariableNames',{'nm','x_T'});
186 SampleB_82_minSampleA = array2table([SampleB_82.nm, SampleB_82.x_TSampleA_82.x_T],'VariableNames',{'nm','x_T'});
187 % Sample C
188 SampleC_62_minSampleA = array2table([SampleC_62.nm, SampleC_62.x_TSampleA_62.x_T],'VariableNames',{'nm','x_T'});
189 SampleC_66_minSampleA = array2table([SampleC_66.nm, SampleC_66.x_TSampleA_66.x_T],'VariableNames',{'nm','x_T'});
190 SampleC_70_minSampleA = array2table([SampleC_70.nm, SampleC_70.x_TSampleA_70.x_T],'VariableNames',{'nm','x_T'});
191 SampleC_74_minSampleA = array2table([SampleC_74.nm, SampleC_74.x_TSampleA_74.x_T],'VariableNames',{'nm','x_T'});
192 SampleC_78_minSampleA = array2table([SampleC_78.nm, SampleC_78.x_TSampleA_78.x_T],'VariableNames',{'nm','x_T'});
193 SampleC_82_minSampleA = array2table([SampleC_82.nm, SampleC_82.x_TSampleA_82.x_T],'VariableNames',{'nm','x_T'});
194 % Sample D
195 SampleD_62_minSampleA = array2table([SampleD_62.nm, SampleD_62.x_TSampleA_62.x_T],'VariableNames',{'nm','x_T'});
196 SampleD_66_minSampleA = array2table([SampleD_66.nm, SampleD_66.x_TSampleA_66.x_T],'VariableNames',{'nm','x_T'});
197 SampleD_70_minSampleA = array2table([SampleD_70.nm, SampleD_70.x_TSampleA_70.x_T],'VariableNames',{'nm','x_T'});
198 SampleD_74_minSampleA = array2table([SampleD_74.nm, SampleD_74.x_TSampleA_74.x_T],'VariableNames',{'nm','x_T'});
199 SampleD_78_minSampleA = array2table([SampleD_78.nm, SampleD_78.x_TSampleA_78.x_T],'VariableNames',{'nm','x_T'});
200 SampleD_82_minSampleA = array2table([SampleD_82.nm, SampleD_82.x_TSampleA_82.x_T],'VariableNames',{'nm','x_T'});
201
202 %%
203 figure
204 t = tiledlayout(2,2,'TileSpacing','compact');
205 ttl = 'Plot of the Absorbance of ';
206 tableplot(SampleA_62, SampleA_66, SampleA_70, SampleA_74, SampleA_78, SampleA_82, 'Sample A', ttl)
207 tableplot(SampleB_62_minSampleA, SampleB_66_minSampleA, SampleB_70_minSampleA, SampleB_74_minSampleA, SampleB_78_minSampleA, ...

SampleB_82_minSampleA, 'Sample B  Sample A',ttl)
208 tableplot(SampleC_62_minSampleA, SampleC_66_minSampleA, SampleC_70_minSampleA, SampleC_74_minSampleA, SampleC_78_minSampleA, ...

SampleC_82_minSampleA, 'Sample C  Sample A', ttl)
209 tableplot(SampleC_62_minSampleA, SampleC_66_minSampleA, SampleC_70_minSampleA, SampleC_74_minSampleA, SampleC_78_minSampleA, ...

SampleC_82_minSampleA, 'Sample D  Sample A',ttl)
210 xlabel(t,'Wavelength (nm)')
211 ylabel(t,'Absorbance (OD)')
212 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
213 lgd.NumColumns = 6;
214 lgd.Layout.Tile = 'north';
215
216 %% Calculate ratios
217 AbsorptionSamples = [SampleA_62.x_T SampleA_66.x_T SampleA_70.x_T SampleA_74.x_T SampleA_78.x_T SampleA_82.x_T SampleB_62.x_T SampleB_66.x_T...

SampleB_70.x_T SampleB_74.x_T SampleB_78.x_T SampleB_82.x_T SampleC_62.x_T SampleC_66.x_T SampleC_70.x_T SampleC_74.x_T ...
SampleC_78.x_T SampleC_82.x_T SampleD_62.x_T SampleD_66.x_T SampleD_70.x_T SampleD_74.x_T SampleD_78.x_T SampleD_82.x_T];

218 Ratios = zeros(24,12);
219 for i = 1:1:24
220 Ratios(i,1) = AbsorptionSamples(1,i);
221 Ratios(i,2) = AbsorptionSamples(71,i);
222 Ratios(i,3) = Ratios(i,1)  Ratios(i,2);
223 Ratios(i,4) = (((Ratios(i,2)  Ratios(i,1))/Ratios(i,1))*100);
224 Ratios(i,5) = max(AbsorptionSamples(:,i));
225 Ratios(i,6) = min(AbsorptionSamples(:,i));
226 Ratios(i,7) = Ratios(i,5)  Ratios(i,6);
227 Ratios(i,8) = (((Ratios(i,6)  Ratios(i,5))/Ratios(i,5))*100);
228 Ratios(i,9) = AbsorptionSamples(48,i);
229 Ratios(i,10) = AbsorptionSamples(59,i);
230 Ratios(i,11) = Ratios(i,9)  Ratios(i,10);
231 Ratios(i,12) = (((Ratios(i,10)  Ratios(i,9))/Ratios(i,9))*100);
232 end
233 Ratios = array2table(Ratios,'VariableNames',{'%T 700nm','%T 350 nm','Difference 700350','%Decrease 700350','Max %T','Min %T','Difference ...

Max/Min','%Decrease Max/Min', '%T at 465nm','%T at 405nm','Difference 465/405', '%Decrease 465/405'}, 'RowNames',{'Sample A pH 6.2','...
Sample A pH 6.6', ' Sample A pH 7.0', 'Sample A pH 7.4', 'Sample A pH 7.8', 'Sample A pH 8.2','Sample B pH 6.2','Sample B pH 6.6', ' ...
Sample B pH 7.0', 'Sample B pH 7.4', 'Sample B pH 7.8', 'Sample B pH 8.2','Sample C pH 6.2','Sample C pH 6.6', ' Sample C pH 7.0', '...
Sample C pH 7.4', 'Sample C pH 7.8', 'Sample C pH 8.2','Sample D pH 6.2','Sample D pH 6.6', ' Sample D pH 7.0', 'Sample D pH 7.4', '...
Sample D pH 7.8', 'Sample D pH 8.2'});

234 RatiosSampleA = Ratios(1:6,1:12);
235 RatiosSampleB = Ratios(7:12,1:12);
236 RatiosSampleC = Ratios(13:18,1:12);
237 RatiosSampleD = Ratios(19:24,1:12);
238 writetable(Ratios,'Ratios_Absorption.csv',”WriteRowNames”,true);
239
240 %% Make rescale values
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241
242 %Sample A
243 SampleA_62_rescale = rescaletable(SampleA_62);
244 SampleA_66_rescale = rescaletable(SampleA_66);
245 SampleA_70_rescale = rescaletable(SampleA_70);
246 SampleA_74_rescale = rescaletable(SampleA_74);
247 SampleA_78_rescale = rescaletable(SampleA_78);
248 SampleA_82_rescale = rescaletable(SampleA_82);
249
250 %Sample B
251 SampleB_62_rescale = rescaletable(SampleB_62);
252 SampleB_66_rescale = rescaletable(SampleB_66);
253 SampleB_70_rescale = rescaletable(SampleB_70);
254 SampleB_74_rescale = rescaletable(SampleB_74);
255 SampleB_78_rescale = rescaletable(SampleB_78);
256 SampleB_82_rescale = rescaletable(SampleB_82);
257
258 %Sample C
259 SampleC_62_rescale = rescaletable(SampleC_62);
260 SampleC_66_rescale = rescaletable(SampleC_66);
261 SampleC_70_rescale = rescaletable(SampleC_70);
262 SampleC_74_rescale = rescaletable(SampleC_74);
263 SampleC_78_rescale = rescaletable(SampleC_78);
264 SampleC_82_rescale = rescaletable(SampleC_82);
265
266 %Sample D
267 SampleD_62_rescale = rescaletable(SampleD_62);
268 SampleD_66_rescale = rescaletable(SampleD_66);
269 SampleD_70_rescale = rescaletable(SampleD_70);
270 SampleD_74_rescale = rescaletable(SampleD_74);
271 SampleD_78_rescale = rescaletable(SampleD_78);
272 SampleD_82_rescale = rescaletable(SampleD_82);
273 %% plots rescale
274 figure(5)
275 figure
276 t = tiledlayout(2,2,'TileSpacing','compact');
277 absorpplot(SampleA_62_rescale,SampleA_66_rescale,SampleA_70_rescale,SampleA_74_rescale,SampleA_78_rescale,SampleA_82_rescale,'Sample A')
278 absorpplot(SampleB_62_rescale,SampleB_66_rescale,SampleB_70_rescale,SampleB_74_rescale,SampleB_78_rescale,SampleB_82_rescale,'Sample B')
279 absorpplot(SampleC_62_rescale,SampleC_66_rescale,SampleC_70_rescale,SampleC_74_rescale,SampleC_78_rescale,SampleC_82_rescale,'Sample C')
280 absorpplot(SampleD_62_rescale,SampleD_66_rescale,SampleD_70_rescale,SampleD_74_rescale,SampleD_78_rescale,SampleD_82_rescale,'Sample D')
281
282 xlabel(t,'Wavelength (nm)')
283 ylabel(t,'Absorbance (OD)')
284 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
285 lgd.NumColumns = 6;
286 lgd.Layout.Tile = 'north';
287
288
289 %%
290 pH = [6.2 6.6 7.0 7.4 7.8 8.2];
291 SampleA_rescaled_at_475nm = [SampleA_62_rescale(46,2) SampleA_66_rescale(46,2) SampleA_70_rescale(46,2) SampleA_74_rescale(46,2) ...

SampleA_78_rescale(46,2) SampleA_82_rescale(46,2)];
292 SampleB_rescaled_at_475nm = [SampleB_62_rescale(46,2) SampleB_66_rescale(46,2) SampleB_70_rescale(46,2) SampleB_74_rescale(46,2) ...

SampleB_78_rescale(46,2) SampleB_82_rescale(46,2)];
293 SampleC_rescaled_at_475nm = [SampleC_62_rescale(46,2) SampleC_66_rescale(46,2) SampleC_70_rescale(46,2) SampleC_74_rescale(46,2) ...

SampleC_78_rescale(46,2) SampleC_82_rescale(46,2)];
294 SampleD_rescaled_at_475nm = [SampleD_62_rescale(46,2) SampleD_66_rescale(46,2) SampleD_70_rescale(46,2) SampleD_74_rescale(46,2) ...

SampleD_78_rescale(46,2) SampleD_82_rescale(46,2)];
295
296 figure
297 plot(pH,SampleA_rescaled_at_475nm,pH,SampleB_rescaled_at_475nm,pH,SampleC_rescaled_at_475nm ,pH,SampleD_rescaled_at_475nm)
298 xlabel('pH')
299 ylabel('Value 475 nm rescaled')
300 legend('Sample A', 'Sample B', 'Sample C', 'Sample D')
301 title('Plot of pH and rescaled values at 475 nm ')
302
303 %%
304
305 figure
306 t = tiledlayout(1,3,'TileSpacing','compact');
307 tableplot(SampleD_62, SampleD_66, SampleD_70, SampleD_74, SampleD_78, SampleD_82, 'Sample D', ttl)
308 title('Absorbance unscaled sample D')
309 xlabel('Wavelength (nm)')
310 ylabel('Absorbance (OD)')
311 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','best')
312 absorpplot(SampleD_62_rescale,SampleD_66_rescale,SampleD_70_rescale,SampleD_74_rescale,SampleD_78_rescale,SampleD_82_rescale,'Sample D')
313 xlabel('Wavelength (nm)')
314 ylabel('Scaled Absorbance (OD)')
315 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','best')
316 nexttile
317 %%
318 figure
319 plot(pH,SampleA_rescaled_at_475nm,pH,SampleB_rescaled_at_475nm,pH,SampleC_rescaled_at_475nm ,pH,SampleD_rescaled_at_475nm)
320 xlabel('pH')
321 ylabel('Value 475 nm scaled')
322 legend({'Sample A', 'Sample B', 'Sample C', 'Sample D'},'Location','best')
323 title('Plot of pH and scaled values at 475 nm ')
324 title(t, 'Absorbance Measurements' )
325 %%
326 figure(6)
327 t = tiledlayout(2,3,'TileSpacing','compact');
328 tsample = 'Fitted Curve, pKa and Sensitivity of the Absorbance of Sample C and D ';
329 title(t, tsample)
330 xlabel(t, 'pH')
331 estimatepKa(pH,SampleC_rescaled_at_475nm)
332 estimatepKa(pH,SampleD_rescaled_at_475nm)

Listing A.2: Matlab script for the full pH range Avantes data
1 clear all
2 clc
3
4 path = 'C:\Users\mauri\Avantes\AvaSoft8\Metingen 24 juni\32 naar 11 5 minuten rusten laag 1\Matlab.xlsx';
5 tijdofpH = 2; %1 = tijd
6 pH = [ 3.2 5.6 6.2 6.6 7.0 7.4 7.8 8.2 9 10.2 12.2];
7
8 T = readtable(path);
9 A = table2array(T);
10 %%
11 wavelengths = A(:,1);
12 Ascaled = A;
13 Alength = length(A(1,:));
14 time = (2:1:Alength)*10;
15 timestep = 1
16
17 names = cell(1,Alength);
18 for k = 1:1:Alength1
19 names{k} = {['pH ' num2str(pH(k))]};
20 end
21
22 names = string(names(1:k));
23 %pH = [ 6.2 6.6 7.0 7.4 7.8 8.2];
24 for j=2:1:Alength
25 Ascaled(:,j) = A(:,j)./(A(329,j));
26 end
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27
28 Amax = max(A(:,2:Alength));
29 Amax = 1.1*max(Amax);
30 Amax_scaled = max(Ascaled(:,2:Alength));
31 Amax_scaled = 1.1*max(Amax_scaled);
32
33 figure
34 t = tiledlayout(1,3,'TileSpacing','compact');
35 for i=2:timestep:Alength
36 nexttile(1)
37 plot(wavelengths,A(:,i),'DisplayName',names{i1})
38 hold on
39 title('unscaled')
40 ylabel('Counts per second')
41 lgd = legend;
42 ylim([0,Amax])
43 xlim([350,650])
44 nexttile(2)
45 plot(wavelengths,Ascaled(:,i),'DisplayName',names{i1})
46 hold on
47 title('scaled')
48 ylabel('Scaled Counts per second')
49 ylim([0,Amax_scaled])
50 xlim([350,650])
51 end
52 lgd.NumColumns = 1;
53 lgd.Layout.Tile = 'west';
54 title(t, 'Spectral outcome (scaled and unscaled) at different pH with mm sensing layer')
55
56 xlabel(t,'Wavelenghts')
57
58 %% Plot tegen pH
59
60 A_520 = Ascaled(420,2:timestep:Alength);
61 nexttile
62 plot(pH, A_520)
63 title('scaled value 520nm vs pH')
64 ylabel('Scaled value at 520nm')
65 xlabel('pH')
66 figure(20)
67 estimatepKa(pH,A_520)

Listing A.3: Matlab script for the Avantes transition time data
1 clear all
2 clc
3
4 %% 11 to 3 05mm
5 path = {'C:\Users\mauri\Avantes\AvaSoft8\Metingen 24 juni\transitiontimemetingen\11to32met3Vlaag05\Matlab.xlsx'
6 'C:\Users\mauri\Avantes\AvaSoft8\Metingen 24 juni\transitiontimemetingen\32to11met3Vlaag05mm\Matlab.xlsx'
7 'C:\Users\mauri\Avantes\AvaSoft8\Metingen 24 juni\transitiontimemetingen\11to32met3Vlaag1mm\Matlab.xlsx'
8 'C:\Users\mauri\Avantes\AvaSoft8\Metingen 24 juni\transitiontimemetingen\32to11met3Vlaag1mm\Matlab.xlsx'}
9 namesplot={ 'pH 11.2 to 3.2 0.5mm' 'pH 3.2 to 11.2 0.5mm' 'pH 11.2 to 3.2 1mm' 'pH 3.2 to 11.2 1mm'};
10 figure(1)
11 t = tiledlayout('flow','TileSpacing','compact');
12 for ii=1:4
13 timestep = 5;
14 timebetweenmeasurement = 10;
15 T = readtable(path{ii});
16 A = table2array(T);
17 wavelengths = A(:,1);
18 Ascaled = A;
19 Alength = length(A(1,:));
20 time = (2:timestep:Alength)*timebetweenmeasurement;
21 names = cell(1,Alength);
22 for k = 1:1:Alength1
23 names{k} = {[num2str((k*10)9) ' sec']};
24 end
25 names = string(names(1:k));
26 Amax = max(A(:,2:Alength));
27 Amax = 1.1*max(Amax);
28 nexttile
29 for i=2:timestep:Alength
30 plot(wavelengths,A(:,i),'DisplayName',names{i1})
31 hold on
32 title(namesplot(ii))
33 ylim([0,Amax])
34 xlim([400,650])
35 end
36 end
37 lgd = legend;
38 lgd.NumColumns = 1;
39 lgd.Layout.Tile = 'east';
40 ylabel(t,'Counts per second')
41 xlabel(t,'Wavelenghts')
42 %%
43 figure(2)
44 t = tiledlayout('flow','TileSpacing','compact');
45 for ii=1:4
46 timestep = 5;
47 timebetweenmeasurement = 10;
48 T = readtable(path{ii});
49 A = table2array(T);
50 wavelengths = A(:,1);
51 Ascaled = A;
52 Alength = length(A(1,:));
53 time = (2:timestep:Alength)*timebetweenmeasurement;
54 names = cell(1,Alength);
55 for k = 1:1:Alength1
56 names{k} = {[num2str((k*10)9) ' sec']};
57 end
58 names = string(names(1:k));
59 for j=2:1:Alength
60 Ascaled(:,j) = A(:,j)./(A(329,j));
61 end
62 Amax_scaled = max(Ascaled(:,2:Alength));
63 Amax_scaled = 1.1*max(Amax_scaled);
64 nexttile
65 for i=2:timestep:Alength
66 plot(wavelengths,Ascaled(:,i),'DisplayName',names{i1})
67 hold on
68 title(namesplot(ii))
69 ylim([0,Amax_scaled])
70 xlim([400,650])
71 end
72 end
73 lgd = legend;
74 lgd.NumColumns = 9;
75 lgd.Layout.Tile = 'north';
76 ylabel(t,'Counts per second')
77 xlabel(t,'Wavelenghts')
78
79
80
81 %% Plot tegen tijd
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82 figure
83 t = tiledlayout(1,4,'TileSpacing','compact');
84 for ii=1:4
85 timestep = 5;
86 timebetweenmeasurement = 10;
87 T = readtable(path{ii});
88 A = table2array(T);
89 wavelengths = A(:,1);
90 Ascaled = A;
91 Alength = length(A(1,:));
92 time = (2:timestep:Alength)*timebetweenmeasurement;
93 names = cell(1,Alength);
94 for k = 1:1:Alength1
95 names{k} = {[num2str((k*10)9) ' sec']};
96 end
97 names = string(names(1:k));
98 for j=2:1:Alength
99 Ascaled(:,j) = A(:,j)./(A(329,j));
100 end
101 Amax_scaled = max(Ascaled(:,2:Alength));
102 Amax_scaled = 1.1*max(Amax_scaled);
103
104 A_520 = Ascaled(420,2:timestep:Alength);
105 nexttile
106 plot(time, A_520)
107 title(namesplot(ii))
108
109 end
110 ylabel(t,'Scaled value at 520nm')
111 xlabel(t,'Tijd')

Listing A.4: Matlab script for calculating pKa Values from data
1 %% import Data
2 clear all
3 clc
4 close all
5
6 %% Importing Data and Decisions
7 figpath = 'C:\Users\mauri\Documents\MATLAB\Afstuderen\Figures/Fluorlog';
8 Sample_names = {'Sample A','Sample B','Sample C','Sample D'};
9 pKa_values = zeros(1,length(Sample_names));
10 Ratios_Samples = zeros(1,8);
11 for i = 1:length(Sample_names)
12 whichsample = i; %14=ABCD 510=6.2/6.6/7.0/7.4/7.8/8.2 11=Min 12=Max 13=Background
13 [SampleData, names, names_forplot, figSample, Excitationwavelenghts, Emissionwavelenghts] = importflourlogsampledata(whichsample);
14 Samples_525em = zeros(31,length(names));
15 Samples_525em_scaled405 = zeros(31,length(names));
16 wavelength525 = 36;
17 for k = 1:length(names)
18 Samples_525em(:,k) = SampleData.(names{k})(wavelength525,:);
19 value405 = Samples_525em(12,k);
20 Samples_525em_scaled405(:,k) = Samples_525em(:,k)/value405;
21 end
22 % Samples_525em_scaled405_sorted = [Samples_525em_scaled405(:,8), Samples_525em_scaled405(:,1:7)];
23 % Samples_525em_sorted = [Samples_525em(:,8), Samples_525em(:,1:7)];
24
25 pH = [ 6.2 6.6 7.0 7.4 7.8 8.2 ];
26 pHminmax = [ 4 6.2 6.6 7.0 7.4 7.8 8.2 10];
27
28 for kk = 1:length(names)
29 Ratios_Samples(i,kk) = Samples_525em_scaled405(26,kk)/Samples_525em_scaled405(12,kk);
30 end
31 [pKa_values(i), param, stats] = sigmoid_pKa(pHminmax,Ratios_Samples(i,:),Sample_names{i});
32 param
33 stats
34 end
35 T = array2table(pKa_values,'VariableNames',{'Sample A','Sample B','Sample C','Sample D'},'RowNames', {'pKa Value'})
36
37 %%
38 Imin = Samples_525em(26,1);
39 Imax = Samples_525em(26,8);
40 Imin_scaled = Samples_525em_scaled405(26,1);
41 Imax_scaled = Samples_525em_scaled405(26,8);
42 k=2;
43 pHminmax(k);
44 Ratio_SampleA = Ratios_Samples(1,:);
45 Ratio_SampleB = Ratios_Samples(2,:);
46 Ratio_SampleC = Ratios_Samples(3,:);
47 Ratio_SampleD = Ratios_Samples(4,:);
48 %%
49 figure
50 t = tiledlayout(4,3,'TileSpacing','compact');
51 title(t, 'Ratios, sensitivity and pKa of Sample A')
52 xlabel(t, 'pH')
53 [fitresult, pKa_valueA] = estimatepKa(pHminmax, Ratio_SampleA);
54 title(t, 'Ratios, sensitivity and pKa of Sample B')
55 xlabel(t, 'pH')
56 [fitresult, pKa_valueB] = estimatepKa(pHminmax, Ratio_SampleB);
57 title(t, 'Ratios, sensitivity and pKa of Sample C')
58 xlabel(t, 'pH')
59 [fitresult, pKa_valueC] = estimatepKa(pHminmax, Ratio_SampleC);
60 title(t, 'Ratios, sensitivity and pKa of Sample A, B, C, D')
61 xlabel(t, 'pH')
62 [fitresult, pKa_valueD] = estimatepKa(pHminmax, Ratio_SampleD);

Listing A.5: Matlab script for the full data obtained by flourlog
1 %% import Data
2 clear all
3 clc
4 close all
5
6 %% Importing Data and Decisions
7 for i = 3
8
9 whichsample = i; %14=ABCD 512=Min/6.2/6.6/7.0/7.4/7.8/8.2/Max 13=Background
10
11 [SampleData, names, names_forplot, figSample, Excitationwavelenghts, Emissionwavelenghts] = importflourlogsampledata(whichsample);
12
13 figpath = 'C:\Users\mauri\Documents\MATLAB\Afstuderen\Figures/Fluorlog';
14 savefigures = 0;
15 spectralimages = 0; % 1=spectral images
16 type = 4; %1 = surface, 2 = contour, 3 = contour3, 4 = surfacetopview
17 plots500600 = 1; % 1=plots ranging 500/600
18 comparefigures = 1; %
19 plots515530 = 1;
20 plot525 = 1;
21 plots525scaled = 1; %plots of 525 emission
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22 plot525scaled = 1; %plots of 525 emission
23
24
25 %% Surface, Contour plots
26 xlbl= 'Excitation Wavelength (nm)';
27 ylbl = 'Emission Wavelength (nm)';
28 ttl = 'Sample ';
29 ylimit = 2500000;
30 colorscale = ([0 ylimit]);
31 figure
32 t = tiledlayout(2,4,'TileSpacing','compact');
33 if spectralimages == 1
34 fluorlogplot(Excitationwavelenghts, Emissionwavelenghts, SampleData, names, xlbl, ylbl, ttl, type, names_forplot, ylimit, colorscale);
35 cb = colorbar;
36 cb.Layout.Tile = 'east';
37 title(t, ' Spectral 3D Plot of Fluorescence output in counts per second of')
38 ylabel(t, ' Counts per second (CPS)')
39 elseif plots500600 == 1
40 startwavelength = 31; %500 nm
41 endwavelength = 51 ;% 600 nm
42 startexcitation = 12; % 405 nm
43 endexcitation = 26; % 475 nm
44 firstsample = 1; % A 6.2
45 lastsample = length(names); % A 6.6
46 Max_Ratio405_475_Samples = cell((lastsamplefirstsample),3);
47 for l = firstsample:1:lastsample
48 [Ratios_Sample.(names{l}), Max_Emissionwavelength.(names{l})] = plotemissions2(SampleData, names, l, startwavelength, endwavelength,...

Emissionwavelenghts, Excitationwavelenghts, startexcitation, endexcitation, names_forplot);
49 Max_Ratio405_475_Samples{l,1} = (names{l});
50 Max_Ratio405_475_Samples{l,2} = max(Ratios_Sample.(names{l}).(2));
51 Max_Ratio405_475_Samples{l,3} = Max_Emissionwavelength.(names{l});
52 end
53 Max_Ratio405_475_Samples = cell2table(Max_Ratio405_475_Samples(firstsample:lastsample,:),'VariableNames',{'Sample' 'Difference 405/475' ...

'Wavelength'});
54 else
55 end
56
57
58 %%
59 figure
60 ylimit = 1600000;
61 colorscale = ([0 ylimit]);
62 t = tiledlayout(2,3,'TileSpacing','compact');
63 xlbl= 'Excitation Wavelength (nm)';
64 ylbl = 'Emission Wavelength (nm)';
65 ttl = 'Sample ';
66 plots = [1 4 8];
67 for k = 1:3
68 fulltitle = [sprintf('%s', ttl) names_forplot{plots(k)}] ;
69 nexttile(k)
70 surf(Excitationwavelenghts, Emissionwavelenghts, SampleData.(names{plots(k)}))
71 caxis(colorscale)
72 xline(405,'r','405nm','LineWidth',2);
73 xline(465,':','475nm',”Color”,'#00c0ff','LineWidth',2);
74 yline(520,'g','525nm','LineWidth',2);
75 xlabel(sprintf('%s',xlbl))
76 ylabel(sprintf('%s',ylbl))
77 title(fulltitle);
78 hold on
79 nexttile(k+3)
80 surf(Excitationwavelenghts, Emissionwavelenghts, SampleData.(names{plots(k)}))
81 caxis(colorscale)
82 view(2)
83 xline(405,'r','405nm','LineWidth',2);
84 xline(465,':','475nm',”Color”,'#00c0ff','LineWidth',2);
85 yline(520,'g','525nm','LineWidth',2);
86 xlabel(sprintf('%s',xlbl))
87 ylabel(sprintf('%s',ylbl))
88 title(fulltitle);
89 xlim([350 500]);
90 ylim([350 600]);
91
92 hold on
93 end
94
95
96
97
98 cb = colorbar;
99 cb.Layout.Tile = 'west';
100 title(t, ' Spectral 3D Plot of Fluorescence output in counts per second of')
101 ylabel(t, ' Counts per second (CPS)')
102 %% Output of Excitations at Emission 515  530
103 Samples_515em = zeros(31,length(names));
104 Samples_520em = zeros(31,length(names));
105 Samples_525em = zeros(31,length(names));
106 Samples_530em = zeros(31,length(names));
107 % Emission
108 wavelength515 = 34; % 34 is 515
109 wavelength520 = 35; % 34 is 515
110 wavelength525 = 36; % 34 is 515
111 wavelength530 = 37; % 34 is 515
112 if plots515530 == 1
113 figure('WindowState','maximized')
114 subplot(2,2,1)
115 for k = 1:length(names) %vanaf 3 want geen glas of leeg sample meenemen
116 Samples_515em(:,k) = SampleData.(names{k})(wavelength515,:);
117 plot(Excitationwavelenghts,Samples_515em(:,k),'DisplayName', names_forplot{k})
118 hold on
119 if k == length(names)
120 xlabel('Excitation Wavelength (nm)')
121 ylabel('Counts per Second (a.u.)')
122 title('Measured output of Samples at',' Emission Wavelength of 515 nm')
123 legend('DynamicLegend','AutoUpdate','off','Location',”best”);
124 xline(405,'','405nm',”Color”,'#8200c8');
125 xline(465,':','475nm',”Color”,'#00c0ff');
126 else
127 end
128 end
129 subplot(2,2,2)
130 for k = 1:length(names) %vanaf 3 want geen glas of leeg sample meenemen
131 Samples_520em(:,k) = SampleData.(names{k})(wavelength520,:);
132 plot(Excitationwavelenghts,Samples_520em(:,k),'DisplayName', names_forplot{k})
133 xlabel('Excitation Wavelength (nm)')
134 hold on
135 if k == length(names)
136 legend('DynamicLegend','AutoUpdate','off','Location',”best”);
137 xlabel('Excitation Wavelength (nm)')
138 ylabel('Counts per Second (a.u.)')
139 title('Measured output of Samples at',' Emission Wavelength of 520 nm')
140 xline(405,'','405nm',”Color”,'#8200c8');
141 xline(465,':','475nm',”Color”,'#00c0ff');
142 else
143 end
144 end
145 subplot(2,2,3)
146 for k = 1:length(names) %vanaf 3 want geen glas of leeg sample meenemen
147 Samples_525em(:,k) = SampleData.(names{k})(wavelength525,:);
148 plot(Excitationwavelenghts,Samples_525em(:,k),'DisplayName', names_forplot{k})
149 hold on
150 if k == length(names)
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151 xlabel('Excitation Wavelength (nm)')
152 ylabel('Counts per Second (a.u.)')
153 title('Measured output of Samples at',' Emission Wavelength of 525 nm')
154 legend('DynamicLegend','AutoUpdate','off','Location',”best”);
155 xline(405,'','405nm',”Color”,'#8200c8');
156 xline(465,':','475nm',”Color”,'#00c0ff');
157 else
158 end
159 end
160 subplot(2,2,4)
161 for k = 1:length(names) %vanaf 3 want geen glas of leeg sample meenemen
162 Samples_530em(:,k) = SampleData.(names{k})(wavelength530,:);
163 plot(Excitationwavelenghts,Samples_530em(:,k),'DisplayName', names_forplot{k})
164 hold on
165 if k == length(names)
166 xlabel('Excitation Wavelength (nm)')
167 ylabel('Counts per Second (a.u.)')
168 title('Measured output of Samples at',' Emission Wavelength of 530 nm')
169 legend('DynamicLegend','AutoUpdate','off','Location',”best”);
170 xline(405,'','405nm',”Color”,'#8200c8');
171 xline(465,':','475nm',”Color”,'#00c0ff');
172 else
173 end
174 end
175 else
176 end
177
178 figure
179 subplot(1,2,1)
180 for k = 1:length(names) %vanaf 3 want geen glas of leeg sample meenemen
181 Samples_525em(:,k) = SampleData.(names{k})(wavelength525,:);
182 if plot525 == 1
183 plot(Excitationwavelenghts,Samples_525em(:,k),'DisplayName', names_forplot{k})
184 hold on
185 if k == length(names)
186 xlabel('Excitation Wavelength (nm)')
187 ylabel('Counts per Second (a.u.)')
188 title('Measured output of Samples at',' Emission Wavelength of 525 nm')
189 lgd = legend('DynamicLegend','AutoUpdate','off','Location',”best”);
190 lgd.NumColumns = 2;
191 xline(405,'','405nm',”Color”,'#8200c8');
192 xline(465,':','475nm',”Color”,'#00c0ff');
193 else
194 end
195 else
196 end
197 end
198
199
200 %% Rescaling
201 Samples_525em_scaled405 = zeros(31,length(names));
202
203 subplot(1,2,2)
204 for o = 1:length(names)
205 value405 = Samples_525em(12,o);
206 Samples_525em_scaled405(:,o) = Samples_525em(:,o)/value405;
207 if plot525scaled == 1
208 plot(Excitationwavelenghts,Samples_525em_scaled405(:,o),'DisplayName', names_forplot{o})
209 hold on
210 if o == length(names)
211 xlabel('Excitation Wavelength (nm)')
212 ylabel('Scaled CPS')
213 title('Output of Samples at emission of 525 nm','rescaled at 405nm')
214 lgd = legend('DynamicLegend','AutoUpdate','off','Location',”best”);
215 lgd.NumColumns = 2;
216 xline(405,'','405nm',”Color”,'#8200c8');
217 xline(465,':','475nm',”Color”,'#00c0ff');
218 else
219 end
220 else
221 end
222 end
223
224
225 %% All scaled figure
226 figure(100)
227 if (whichsample ≤ 4) && (comparefigures == 1)
228 subplot(2,2,whichsample)
229 elseif whichsample ≥ 5
230 place = whichsample4;
231 subplot(2,4,place)
232 end
233
234 for o = 1:length(names)
235 value405 = Samples_525em(12,o);
236 Samples_525em_scaled405(:,o) = Samples_525em(:,o)/value405;
237 if plots525scaled == 1
238 plot(Excitationwavelenghts,Samples_525em_scaled405(:,o),'DisplayName', names_forplot{o})
239 hold on
240 if o == length(names)
241 xlabel('Excitation Wavelength (nm)')
242 ylabel('Scaled CPS')
243 title('Output of Samples at emission of 525 nm','rescaled at 405nm')
244 legend('DynamicLegend','AutoUpdate','off','Location',”best”);
245 xline(405,'','405nm',”Color”,'#8200c8');
246 xline(465,':','475nm',”Color”,'#00c0ff');
247 else
248 end
249 else
250 end
251 end
252
253
254 %% Saving all unscaled figures
255 figure(90)
256 if (whichsample ≤ 4) && (comparefigures == 1)
257 subplot(2,2,whichsample)
258 elseif whichsample ≥ 5
259 place = whichsample4;
260 subplot(2,4,place)
261 end
262
263 for k = 1:length(names) %vanaf 3 want geen glas of leeg sample meenemen
264 Samples_525em(:,k) = SampleData.(names{k})(wavelength525,:);
265 plot(Excitationwavelenghts,Samples_525em(:,k),'DisplayName', names_forplot{k})
266 hold on
267 if k == length(names)
268 xlabel('Excitation Wavelength (nm)')
269 ylabel('Counts per Second (a.u.)')
270 title('Measured output of Samples at',' Emission Wavelength of 525 nm')
271 legend('DynamicLegend','AutoUpdate','off','Location',”best”);
272 xline(405,'','405nm',”Color”,'#8200c8');
273 xline(465,':','475nm',”Color”,'#00c0ff');
274 ylim([0 4000000])
275 else
276 end
277 end
278 % saving
279 if whichsample == 4 && comparefigures == 1 && savefigures == 1
280 filename = fullfile(figpath, 'Emissions525AllSamples.png');
281 exportgraphics(gcf,filename)
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282 filename = fullfile(figpath, 'Emissions525AllSamples.fig');
283 saveas(gcf,filename)
284 else
285 end
286 end

Listing A.6: Matlab script for processing the CMOS data in imageJ
1 close all
2 clc
3 clear all
4
5 %%
6 fds = fileDatastore( 'C:\Users\mauri\Documents\MATLAB\Afstuderen\First Batch', 'ReadFcn', @load, 'FileExtensions','.csv','IncludeSubfolders'...

, true );
7 fullFileNames = fds.Files;
8 FileNames = string(fullFileNames);
9 names = {'C_405_green' 'C_475_green' 'D_405_green' 'D_475_green' 'E_405_green' 'E_475_green' 'F_405_green' 'F_475_green' 'G_405_green' '...

G_475_green' 'H_405_green' 'H_475_green'}
10 beginsample = 1;
11 pH = ([6.2 6.6 7.0 7.4 7.8 8.2])
12
13 for j = 1:length(names)
14 i = j+beginsample1;
15 k = j+1;
16
17 Samples.(names{j}) = readtable(FileNames(i));
18 L.(names{j}) = table2array([Samples.(names{j})(1:6, [4 8])])
19 end
20
21 R_C_large_mean = L.C_475_green(:,1)./L.C_405_green(:,1)
22 R_C_large_InDens = L.C_475_green(:,2)./L.C_405_green(:,2)
23
24 figure
25 subplot(1,2,1)
26 plot(pH,L.C_475_green(:,1),'DisplayName','475nm Mean Intensity')
27 hold on
28 plot(pH,L.C_405_green(:,1),'DisplayName','405nm Mean Intensity')
29 hold on
30 plot(pH,L.C_475_green(:,2),'DisplayName','475nm Intensity Density')
31 hold on
32 plot(pH,L.C_405_green(:,2),'DisplayName','405nm Intensity Density')
33 hold on
34 xlabel('pH')
35 ylabel('Value intensity green channel')
36 title('Comparing Value of the pixel intensity', 'detected in the green channel')
37 legend
38 xlim([6.2 8.2])
39 subplot(1,2,2)
40 plot(pH, R_C_large_mean,'DisplayName','Ratio 475/405nm Mean Intensity')
41 hold on
42 plot(pH, R_C_large_InDens,'DisplayName','Ratio 475/405nm Intensity Density')
43 xlabel('pH')
44 ylabel('Ratio 475/405nm Intensity green channel')
45 title('Comparing Ratios the intensity', 'detected in the green channel')
46 legend
47 %%
48 plotintensities(pH, L.C_475_green,L.C_405_green)
49
50 plotintensities(pH, L.E_475_green,L.E_405_green)
51
52 plotintensities(pH, L.G_475_green,L.G_405_green)

Listing A.7: Matlab script for the Avantes data
1 clear all
2 clc
3
4 path = 'C:\Users\mauri\Avantes\AvaSoft8\Metingen 24 juni\32 naar 11 5 minuten rusten laag 1\Matlab.xlsx';
5 timestep = 1;
6 tijdofpH = 2; %1 = tijd
7 pH = [ 3.2 5.6 6.2 6.6 7.0 7.4 7.8 8.2 9 10.2 12.2];
8
9 T = readtable(path);
10 A = table2array(T);
11 %%
12 wavelengths = A(:,1);
13 Ascaled = A;
14 Alength = length(A(1,:));
15 time = (2:timestep:Alength)*10;
16
17 names = cell(1,Alength);
18 if tijdofpH ==1
19 for k = 1:1:Alength1
20 names{k} = {[num2str((k*10)9) ' sec']};
21 end
22 elseif tijdofpH ==2
23 for k = 1:1:Alength1
24 names{k} = {['pH ' num2str(pH(k))]};
25 end
26 end
27
28 names = string(names(1:k));
29 %pH = [ 6.2 6.6 7.0 7.4 7.8 8.2];
30 for j=2:1:Alength
31 Ascaled(:,j) = A(:,j)./(A(329,j));
32 end
33
34 Amax = max(A(:,2:Alength));
35 Amax = 1.1*max(Amax);
36 Amax_scaled = max(Ascaled(:,2:Alength));
37 Amax_scaled = 1.1*max(Amax_scaled);
38
39 figure
40 t = tiledlayout(1,3,'TileSpacing','compact');
41 for i=2:timestep:Alength
42 nexttile(1)
43 plot(wavelengths,A(:,i),'DisplayName',names{i1})
44 hold on
45 title('unscaled')
46 ylabel('Counts per second')
47 lgd = legend;
48 ylim([0,Amax])
49 xlim([350,650])
50 nexttile(2)
51 plot(wavelengths,Ascaled(:,i),'DisplayName',names{i1})
52 hold on
53 title('scaled')
54 ylabel('Scaled Counts per second')
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55 ylim([0,Amax_scaled])
56 xlim([350,650])
57 end
58 lgd.NumColumns = 1;
59 lgd.Layout.Tile = 'west';
60 title(t, 'Spectral outcome (scaled and unscaled) at different pH with mm sensing layer')
61
62 xlabel(t,'Wavelenghts')
63
64 %% Plot tegen tijd
65 if tijdofpH == 1
66 A_520 = Ascaled(420,2:timestep:Alength);
67 nexttile
68 plot(time, A_520)
69 title('Scaled value 520nm vs pH')
70 ylabel('Scaled value at 520nm')
71 xlabel('Tijd')
72 elseif tijdofpH == 2
73 A_520 = Ascaled(420,2:timestep:Alength);
74 nexttile
75 plot(pH, A_520)
76 title('scaled value 520nm vs pH')
77 ylabel('Scaled value at 520nm')
78 xlabel('pH')
79 elseif tijdofpH ≤ 3
80 print('no time or pH selected')
81 end

Listing A.8: Matlab script for the reflection data
1 %% Close all
2
3 clc
4 clear all
5 close all
6
7 %% Load Data
8
9 fds = fileDatastore( 'C:\Users\mauri\Documents\MATLAB\Afstuderen\Reflectiemetingen\', 'ReadFcn', @load, ”FileExtensions”, '.csv');
10 fullFileNames = fds.Files;
11 FileNames = string(fullFileNames);
12 % correction files
13 Sample_Glass = importfileAbsorption(FileNames(4));
14 Sample_100_end = importfileAbsorption(FileNames(3));
15 Sample_0_begin = importfileAbsorption(FileNames(1));
16
17 %Sample A
18 FirstFile_SampleA = 6;
19 SampleA_62 = importfileAbsorption(FileNames(FirstFile_SampleA));
20 SampleA_66 = importfileAbsorption(FileNames(FirstFile_SampleA+1));
21 SampleA_70 = importfileAbsorption(FileNames(FirstFile_SampleA+2));
22 SampleA_74 = importfileAbsorption(FileNames(FirstFile_SampleA+3));
23 SampleA_78 = importfileAbsorption(FileNames(FirstFile_SampleA+4));
24 SampleA_82 = importfileAbsorption(FileNames(FirstFile_SampleA+5));
25
26 %Sample B
27 FirstFile_SampleB = 12;
28 SampleB_62 = importfileAbsorption(FileNames(FirstFile_SampleB));
29 SampleB_66 = importfileAbsorption(FileNames(FirstFile_SampleB+1));
30 SampleB_70 = importfileAbsorption(FileNames(FirstFile_SampleB+2));
31 SampleB_74 = importfileAbsorption(FileNames(FirstFile_SampleB+3));
32 SampleB_78 = importfileAbsorption(FileNames(FirstFile_SampleB+4));
33 SampleB_82 = importfileAbsorption(FileNames(FirstFile_SampleB+5));
34
35 %Sample C
36 FirstFile_SampleC = 18;
37 SampleC_62 = importfileAbsorption(FileNames(FirstFile_SampleC));
38 SampleC_66 = importfileAbsorption(FileNames(FirstFile_SampleC+1));
39 SampleC_70 = importfileAbsorption(FileNames(FirstFile_SampleC+2));
40 SampleC_74 = importfileAbsorption(FileNames(FirstFile_SampleC+3));
41 SampleC_78 = importfileAbsorption(FileNames(FirstFile_SampleC+4));
42 SampleC_82 = importfileAbsorption(FileNames(FirstFile_SampleC+5));
43
44 %Sample D
45 FirstFile_SampleD = 24;
46 SampleD_62 = importfileAbsorption(FileNames(FirstFile_SampleD));
47 SampleD_66 = importfileAbsorption(FileNames(FirstFile_SampleD+1));
48 SampleD_70 = importfileAbsorption(FileNames(FirstFile_SampleD+2));
49 SampleD_74 = importfileAbsorption(FileNames(FirstFile_SampleD+3));
50 SampleD_78 = importfileAbsorption(FileNames(FirstFile_SampleD+4));
51 SampleD_82 = importfileAbsorption(FileNames(FirstFile_SampleD+5));
52
53 %% Plot Reflection
54 figure
55 t = tiledlayout(2,3,'TileSpacing','compact');
56 nexttile
57 plot(Sample_Glass.nm,Sample_Glass.x_T)
58 legend({'Glass slide'},'Location','southeast')
59 title('Reflection plot Glass slide')
60 hold on
61 nexttile
62 plot(Sample_100_end.nm,Sample_100_end.x_T,Sample_0_begin.nm,Sample_0_begin.x_T)
63 legend({'100% end','0%begin'},'Location','southeast')
64 title('Reflection plot Baseline Measurements')
65 nexttile
66 plot(SampleA_62.nm,SampleA_62.x_T,SampleA_66.nm,SampleA_66.x_T,SampleA_70.nm,SampleA_70.x_T,SampleA_74.nm,SampleA_74.x_T,SampleA_78.nm,...

SampleA_78.x_T,SampleA_82.nm,SampleA_82.x_T)
67 title('Reflection plot Sample A')
68 nexttile
69 plot(SampleB_62.nm,SampleB_62.x_T,SampleB_66.nm,SampleB_66.x_T,SampleB_70.nm,SampleB_70.x_T,SampleB_74.nm,SampleB_74.x_T,SampleB_78.nm,...

SampleB_78.x_T,SampleB_82.nm,SampleB_82.x_T)
70 title('Reflection plot Sample B')
71 nexttile
72 plot(SampleC_62.nm,SampleC_62.x_T,SampleC_66.nm,SampleC_66.x_T,SampleC_70.nm,SampleC_70.x_T,SampleC_74.nm,SampleC_74.x_T,SampleC_78.nm,...

SampleC_78.x_T,SampleC_82.nm,SampleC_82.x_T)
73 title('Reflection plot Sample C')
74 nexttile
75 plot(SampleD_62.nm,SampleD_62.x_T,SampleD_66.nm,SampleD_66.x_T,SampleD_70.nm,SampleD_70.x_T,SampleD_74.nm,SampleD_74.x_T,SampleD_78.nm,...

SampleD_78.x_T,SampleD_82.nm,SampleD_82.x_T)
76 title('Reflection plot Sample D')
77 xlabel(t,'Wavelength (nm)')
78 ylabel(t,'Reflection %R')
79 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
80 lgd.NumColumns = 6;
81 lgd.Layout.Tile = 'north';
82 %% New figure
83 figure
84 t = tiledlayout(2,2,'TileSpacing','compact');
85 nexttile
86 plot(SampleA_62.nm,SampleA_62.x_T,SampleA_66.nm,SampleA_66.x_T,SampleA_70.nm,SampleA_70.x_T,SampleA_74.nm,SampleA_74.x_T,SampleA_78.nm,...

SampleA_78.x_T,SampleA_82.nm,SampleA_82.x_T)
87 title(' Reflection plot Sample A')
88 nexttile
89 plot(SampleB_62.nm,SampleB_62.x_T,SampleB_66.nm,SampleB_66.x_T,SampleB_70.nm,SampleB_70.x_T,SampleB_74.nm,SampleB_74.x_T,SampleB_78.nm,...

SampleB_78.x_T,SampleB_82.nm,SampleB_82.x_T)
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90 title(' Reflection plot Sample B')
91 nexttile
92 plot(SampleC_62.nm,SampleC_62.x_T,SampleC_66.nm,SampleC_66.x_T,SampleC_70.nm,SampleC_70.x_T,SampleC_74.nm,SampleC_74.x_T,SampleC_78.nm,...

SampleC_78.x_T,SampleC_82.nm,SampleC_82.x_T)
93 title(' Reflection plot Sample C')
94 nexttile
95 plot(SampleD_62.nm,SampleD_62.x_T,SampleD_66.nm,SampleD_66.x_T,SampleD_70.nm,SampleD_70.x_T,SampleD_74.nm,SampleD_74.x_T,SampleD_78.nm,...

SampleD_78.x_T,SampleD_82.nm,SampleD_82.x_T)
96 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
97 title('Reflection plot Sample D')
98
99 lgd.NumColumns = 6;
100 lgd.Layout.Tile = 'north';
101 xlabel(t,'Wavelength (nm)')
102 ylabel(t,'Reflection %R')
103 %% Glasscorrected
104 % Sample A
105 SampleA_62_corr = array2table([SampleA_62.nm, SampleA_62.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
106 SampleA_66_corr = array2table([SampleA_66.nm, SampleA_66.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
107 SampleA_70_corr = array2table([SampleA_70.nm, SampleA_70.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
108 SampleA_74_corr = array2table([SampleA_74.nm, SampleA_74.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
109 SampleA_78_corr = array2table([SampleA_78.nm, SampleA_78.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
110 SampleA_82_corr = array2table([SampleA_82.nm, SampleA_82.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
111 % Sample B
112 SampleB_62_corr = array2table([SampleB_62.nm, SampleB_62.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
113 SampleB_66_corr = array2table([SampleB_66.nm, SampleB_66.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
114 SampleB_70_corr = array2table([SampleB_70.nm, SampleB_70.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
115 SampleB_74_corr = array2table([SampleB_74.nm, SampleB_74.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
116 SampleB_78_corr = array2table([SampleB_78.nm, SampleB_78.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
117 SampleB_82_corr = array2table([SampleB_82.nm, SampleB_82.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
118 % Sample C
119 SampleC_62_corr = array2table([SampleC_62.nm, SampleC_62.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
120 SampleC_66_corr = array2table([SampleC_66.nm, SampleC_66.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
121 SampleC_70_corr = array2table([SampleC_70.nm, SampleC_70.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
122 SampleC_74_corr = array2table([SampleC_74.nm, SampleC_74.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
123 SampleC_78_corr = array2table([SampleC_78.nm, SampleC_78.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
124 SampleC_82_corr = array2table([SampleC_82.nm, SampleC_82.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
125 % Sample D
126 SampleD_62_corr = array2table([SampleD_62.nm, SampleD_62.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
127 SampleD_66_corr = array2table([SampleD_66.nm, SampleD_66.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
128 SampleD_70_corr = array2table([SampleD_70.nm, SampleD_70.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
129 SampleD_74_corr = array2table([SampleD_74.nm, SampleD_74.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
130 SampleD_78_corr = array2table([SampleD_78.nm, SampleD_78.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
131 SampleD_82_corr = array2table([SampleD_82.nm, SampleD_82.x_TSample_Glass.x_T],'VariableNames',{'nm','x_T'});
132 %% plot Glass corrected
133 figure
134 t = tiledlayout(2,2,'TileSpacing','compact');
135 nexttile
136 plot(SampleA_62_corr.nm,SampleA_62_corr.x_T,SampleA_66_corr.nm,SampleA_66_corr.x_T,SampleA_70_corr.nm,SampleA_70_corr.x_T,SampleA_74_corr.nm...

,SampleA_74_corr.x_T,SampleA_78_corr.nm,SampleA_78_corr.x_T,SampleA_82_corr.nm,SampleA_82_corr.x_T)
137 title(' Reflection plot Sample A  Glass slide')
138 nexttile
139 plot(SampleB_62_corr.nm,SampleB_62_corr.x_T,SampleB_66_corr.nm,SampleB_66_corr.x_T,SampleB_70_corr.nm,SampleB_70_corr.x_T,SampleB_74_corr.nm...

,SampleB_74_corr.x_T,SampleB_78_corr.nm,SampleB_78_corr.x_T,SampleB_82_corr.nm,SampleB_82_corr.x_T)
140 title(' Reflection plot Sample B  Glass slide')
141 nexttile
142 plot(SampleC_62_corr.nm,SampleC_62_corr.x_T,SampleC_66_corr.nm,SampleC_66_corr.x_T,SampleC_70_corr.nm,SampleC_70_corr.x_T,SampleC_74_corr.nm...

,SampleC_74_corr.x_T,SampleC_78_corr.nm,SampleC_78_corr.x_T,SampleC_82_corr.nm,SampleC_82_corr.x_T)
143 title(' Reflection plot Sample C  Glass slide')
144 nexttile
145 plot(SampleD_62_corr.nm,SampleD_62_corr.x_T,SampleD_66_corr.nm,SampleD_66_corr.x_T,SampleD_70_corr.nm,SampleD_70_corr.x_T,SampleD_74_corr.nm...

,SampleD_74_corr.x_T,SampleD_78_corr.nm,SampleD_78_corr.x_T,SampleD_82_corr.nm,SampleD_82_corr.x_T)
146 title('Reflection plot Sample D  Glass slide')
147 xlabel(t,'Wavelength (nm)')
148 ylabel(t,'Reflection %R')
149 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
150 lgd.NumColumns = 6;
151 lgd.Layout.Tile = 'north';
152 %% Samples  Sample A
153 % Sample B
154 SampleB_62_minSampleA = array2table([SampleB_62.nm, SampleA_62.x_TSampleB_62.x_T],'VariableNames',{'nm','x_T'});
155 SampleB_66_minSampleA = array2table([SampleB_66.nm, SampleA_66.x_TSampleB_66.x_T],'VariableNames',{'nm','x_T'});
156 SampleB_70_minSampleA = array2table([SampleB_70.nm, SampleA_70.x_TSampleB_70.x_T],'VariableNames',{'nm','x_T'});
157 SampleB_74_minSampleA = array2table([SampleB_74.nm, SampleA_74.x_TSampleB_74.x_T],'VariableNames',{'nm','x_T'});
158 SampleB_78_minSampleA = array2table([SampleB_78.nm, SampleA_78.x_TSampleB_78.x_T],'VariableNames',{'nm','x_T'});
159 SampleB_82_minSampleA = array2table([SampleB_82.nm, SampleA_82.x_TSampleB_82.x_T],'VariableNames',{'nm','x_T'});
160 % Sample C
161 SampleC_62_minSampleA = array2table([SampleC_62.nm, SampleA_62.x_TSampleC_62.x_T],'VariableNames',{'nm','x_T'});
162 SampleC_66_minSampleA = array2table([SampleC_66.nm, SampleA_66.x_TSampleC_66.x_T],'VariableNames',{'nm','x_T'});
163 SampleC_70_minSampleA = array2table([SampleC_70.nm, SampleA_70.x_TSampleC_70.x_T],'VariableNames',{'nm','x_T'});
164 SampleC_74_minSampleA = array2table([SampleC_74.nm, SampleA_74.x_TSampleC_74.x_T],'VariableNames',{'nm','x_T'});
165 SampleC_78_minSampleA = array2table([SampleC_78.nm, SampleA_78.x_TSampleC_78.x_T],'VariableNames',{'nm','x_T'});
166 SampleC_82_minSampleA = array2table([SampleC_82.nm, SampleA_82.x_TSampleC_82.x_T],'VariableNames',{'nm','x_T'});
167 % Sample D
168 SampleD_62_minSampleA = array2table([SampleD_62.nm, SampleA_62.x_TSampleD_62.x_T],'VariableNames',{'nm','x_T'});
169 SampleD_66_minSampleA = array2table([SampleD_66.nm, SampleA_66.x_TSampleD_66.x_T],'VariableNames',{'nm','x_T'});
170 SampleD_70_minSampleA = array2table([SampleD_70.nm, SampleA_70.x_TSampleD_70.x_T],'VariableNames',{'nm','x_T'});
171 SampleD_74_minSampleA = array2table([SampleD_74.nm, SampleA_74.x_TSampleD_74.x_T],'VariableNames',{'nm','x_T'});
172 SampleD_78_minSampleA = array2table([SampleD_78.nm, SampleA_78.x_TSampleD_78.x_T],'VariableNames',{'nm','x_T'});
173 SampleD_82_minSampleA = array2table([SampleD_82.nm, SampleA_82.x_TSampleD_82.x_T],'VariableNames',{'nm','x_T'});
174 %%
175 figure
176 t = tiledlayout(1,3,'TileSpacing','compact');
177 nexttile
178 plot(SampleB_62_minSampleA.nm,SampleB_62_minSampleA.x_T,SampleB_66_minSampleA.nm,SampleB_66_minSampleA.x_T,SampleB_70_minSampleA.nm,...

SampleB_70_minSampleA.x_T,SampleB_74_minSampleA.nm,SampleB_74_minSampleA.x_T,SampleB_78_minSampleA.nm,SampleB_78_minSampleA.x_T,...
SampleB_82_minSampleA.nm,SampleB_82_minSampleA.x_T)

179 title('Reflection plot Sample A  Sample B')
180 nexttile
181 plot(SampleC_62_minSampleA.nm,SampleC_62_minSampleA.x_T,SampleC_66_minSampleA.nm,SampleC_66_minSampleA.x_T,SampleC_70_minSampleA.nm,...

SampleC_70_minSampleA.x_T,SampleC_74_minSampleA.nm,SampleC_74_minSampleA.x_T,SampleC_78_minSampleA.nm,SampleC_78_minSampleA.x_T,...
SampleC_82_minSampleA.nm,SampleC_82_minSampleA.x_T)

182 title('Reflection plot Sample A  Sample B')
183 nexttile
184 plot(SampleD_62_minSampleA.nm,SampleD_62_minSampleA.x_T,SampleD_66_minSampleA.nm,SampleD_66_minSampleA.x_T,SampleD_70_minSampleA.nm,...

SampleD_70_minSampleA.x_T,SampleD_74_minSampleA.nm,SampleD_74_minSampleA.x_T,SampleD_78_minSampleA.nm,SampleD_78_minSampleA.x_T,...
SampleD_82_minSampleA.nm,SampleD_82_minSampleA.x_T)

185 title('Reflection plot Sample A  Sample B')
186 xlabel(t,'Wavelength (nm)')
187 ylabel(t,'Reflection %R')
188 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
189 lgd.NumColumns = 6;
190 lgd.Layout.Tile = 'north';
191 %% Calculate ratios
192 AbsorptionSamples = [SampleA_62.x_T SampleA_66.x_T SampleA_70.x_T SampleA_74.x_T SampleA_78.x_T SampleA_82.x_T SampleB_62.x_T SampleB_66.x_T...

SampleB_70.x_T SampleB_74.x_T SampleB_78.x_T SampleB_82.x_T SampleC_62.x_T SampleC_66.x_T SampleC_70.x_T SampleC_74.x_T ...
SampleC_78.x_T SampleC_82.x_T SampleD_62.x_T SampleD_66.x_T SampleD_70.x_T SampleD_74.x_T SampleD_78.x_T SampleD_82.x_T];

193 Ratios = zeros(24,12);
194 for i = 1:1:24
195 Ratios(i,1) = AbsorptionSamples(1,i);
196 Ratios(i,2) = AbsorptionSamples(71,i);
197 Ratios(i,3) = Ratios(i,1)  Ratios(i,2);
198 Ratios(i,4) = (((Ratios(i,2)  Ratios(i,1))/Ratios(i,1))*100);
199 Ratios(i,5) = max(AbsorptionSamples(:,i));
200 Ratios(i,6) = min(AbsorptionSamples(:,i));
201 Ratios(i,7) = Ratios(i,5)  Ratios(i,6);
202 Ratios(i,8) = (((Ratios(i,6)  Ratios(i,5))/Ratios(i,5))*100);
203 Ratios(i,9) = AbsorptionSamples(48,i);
204 Ratios(i,10) = AbsorptionSamples(59,i);
205 Ratios(i,11) = Ratios(i,9)  Ratios(i,10);
206 Ratios(i,12) = (((Ratios(i,10)  Ratios(i,9))/Ratios(i,9))*100);
207 end
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208 Ratios = array2table(Ratios,'VariableNames',{'%R 700nm','%R 350 nm','Difference 700350','%Decrease 700350','Max %R','Min %R','Difference ...
Max/Min','%Decrease Max/Min', '%R at 465nm','%R at 405nm','Difference 465/405', '%Decrease 465/405'}, 'RowNames',{'Sample A pH 6.2','...
Sample A pH 6.6', ' Sample A pH 7.0', 'Sample A pH 7.4', 'Sample A pH 7.8', 'Sample A pH 8.2','Sample B pH 6.2','Sample B pH 6.6', ' ...
Sample B pH 7.0', 'Sample B pH 7.4', 'Sample B pH 7.8', 'Sample B pH 8.2','Sample C pH 6.2','Sample C pH 6.6', ' Sample C pH 7.0', '...
Sample C pH 7.4', 'Sample C pH 7.8', 'Sample C pH 8.2','Sample D pH 6.2','Sample D pH 6.6', ' Sample D pH 7.0', 'Sample D pH 7.4', '...
Sample D pH 7.8', 'Sample D pH 8.2'});

209 RatiosSampleA = Ratios(1:6,1:12);
210 RatiosSampleB = Ratios(7:12,1:12);
211 RatiosSampleC = Ratios(13:18,1:12);
212 RatiosSampleD = Ratios(19:24,1:12);
213 writetable(Ratios,'Ratios_Reflection.csv',”WriteRowNames”,true);
214
215 %% Make rescale values
216
217 %Sample A
218 SampleA_62_rescale = rescaletable(SampleA_62);
219 SampleA_66_rescale = rescaletable(SampleA_66);
220 SampleA_70_rescale = rescaletable(SampleA_70);
221 SampleA_74_rescale = rescaletable(SampleA_74);
222 SampleA_78_rescale = rescaletable(SampleA_78);
223 SampleA_82_rescale = rescaletable(SampleA_82);
224
225 %Sample B
226 SampleB_62_rescale = rescaletable(SampleB_62);
227 SampleB_66_rescale = rescaletable(SampleB_66);
228 SampleB_70_rescale = rescaletable(SampleB_70);
229 SampleB_74_rescale = rescaletable(SampleB_74);
230 SampleB_78_rescale = rescaletable(SampleB_78);
231 SampleB_82_rescale = rescaletable(SampleB_82);
232
233 %Sample C
234 SampleC_62_rescale = rescaletable(SampleC_62);
235 SampleC_66_rescale = rescaletable(SampleC_66);
236 SampleC_70_rescale = rescaletable(SampleC_70);
237 SampleC_74_rescale = rescaletable(SampleC_74);
238 SampleC_78_rescale = rescaletable(SampleC_78);
239 SampleC_82_rescale = rescaletable(SampleC_82);
240
241 %Sample D
242 SampleD_62_rescale = rescaletable(SampleD_62);
243 SampleD_66_rescale = rescaletable(SampleD_66);
244 SampleD_70_rescale = rescaletable(SampleD_70);
245 SampleD_74_rescale = rescaletable(SampleD_74);
246 SampleD_78_rescale = rescaletable(SampleD_78);
247 SampleD_82_rescale = rescaletable(SampleD_82);
248 %% plots rescale
249 figure
250 t = tiledlayout(2,2,'TileSpacing','compact');
251 absorpplot(SampleA_62_rescale,SampleA_66_rescale,SampleA_70_rescale,SampleA_74_rescale,SampleA_78_rescale,SampleA_82_rescale,'Sample A')
252 absorpplot(SampleB_62_rescale,SampleB_66_rescale,SampleB_70_rescale,SampleB_74_rescale,SampleB_78_rescale,SampleB_82_rescale,'Sample B')
253 absorpplot(SampleC_62_rescale,SampleC_66_rescale,SampleC_70_rescale,SampleC_74_rescale,SampleC_78_rescale,SampleC_82_rescale,'Sample C')
254 absorpplot(SampleD_62_rescale,SampleD_66_rescale,SampleD_70_rescale,SampleD_74_rescale,SampleD_78_rescale,SampleD_82_rescale,'Sample D')
255
256 xlabel(t,'Wavelength (nm)')
257 ylabel(t,'Reflection %R')
258 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
259 lgd.NumColumns = 6;
260 lgd.Layout.Tile = 'north';
261
262 %%
263 pH = [6.2 6.6 7.0 7.4 7.8 8.2];
264 SampleA_rescaled_at_475nm = [SampleA_62_rescale(46,2) SampleA_66_rescale(46,2) SampleA_70_rescale(46,2) SampleA_74_rescale(46,2) ...

SampleA_78_rescale(46,2) SampleA_82_rescale(46,2)];
265 SampleB_rescaled_at_475nm = [SampleB_62_rescale(46,2) SampleB_66_rescale(46,2) SampleB_70_rescale(46,2) SampleB_74_rescale(46,2) ...

SampleB_78_rescale(46,2) SampleB_82_rescale(46,2)];
266 SampleC_rescaled_at_475nm = [SampleC_62_rescale(46,2) SampleC_66_rescale(46,2) SampleC_70_rescale(46,2) SampleC_74_rescale(46,2) ...

SampleC_78_rescale(46,2) SampleC_82_rescale(46,2)];
267 SampleD_rescaled_at_475nm = [SampleD_62_rescale(46,2) SampleD_66_rescale(46,2) SampleD_70_rescale(46,2) SampleD_74_rescale(46,2) ...

SampleD_78_rescale(46,2) SampleD_82_rescale(46,2)];
268
269 figure
270 plot(pH,SampleA_rescaled_at_475nm,pH,SampleB_rescaled_at_475nm,pH,SampleC_rescaled_at_475nm ,pH,SampleD_rescaled_at_475nm)
271 xlabel('pH')
272 ylabel('Value 475 nm scaled')
273 legend({'Sample A', 'Sample B', 'Sample C', 'Sample D'},'Location','best')
274 title('Plot of pH and scaled values at 475 nm ')
275 %%
276
277 figure
278 t = tiledlayout(1,3,'TileSpacing','compact');
279 nexttile
280 plot(SampleC_62_corr.nm,SampleC_62_corr.x_T,SampleC_66_corr.nm,SampleC_66_corr.x_T,SampleC_70_corr.nm,SampleC_70_corr.x_T,SampleC_74_corr.nm...

,SampleC_74_corr.x_T,SampleC_78_corr.nm,SampleC_78_corr.x_T,SampleC_82_corr.nm,SampleC_82_corr.x_T)
281 title(' Reflection plot Sample C  Glass slide')
282 xlabel('Wavelength (nm)')
283 ylabel('Reflection %R')
284 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','best')
285 absorpplot(SampleC_62_rescale,SampleC_66_rescale,SampleC_70_rescale,SampleC_74_rescale,SampleC_78_rescale,SampleC_82_rescale,'Sample C')
286 xlabel('Wavelength (nm)')
287 ylabel('Scaled Reflection %R')
288 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','best')
289 nexttile
290 plot(pH,SampleA_rescaled_at_475nm,pH,SampleB_rescaled_at_475nm,pH,SampleC_rescaled_at_475nm ,pH,SampleD_rescaled_at_475nm)
291 xlabel('pH')
292 ylabel('Value 475 nm scaled')
293 legend({'Sample A', 'Sample B', 'Sample C', 'Sample D'},'Location','best')
294 title('Plot of pH and scaled values at 475 nm ')
295 title(t, 'Reflection Measurements' )

Listing A.9: Matlab script for the Transmission data
1 %% Close all
2
3 clc
4 clear all
5 close all
6
7 %% Load Data
8 fds = fileDatastore( 'C:\Users\mauri\Documents\MATLAB\Afstuderen\Absorptiemetingen\', 'ReadFcn', @load, ”FileExtensions”, '.csv');
9 fullFileNames = fds.Files;
10 FileNames = string(fullFileNames);
11 % correction files
12 Sample_Glass = importfileAbsorption(FileNames(5));
13 Sample_100_begin = importfileAbsorption(FileNames(3));
14 Sample_100_end = importfileAbsorption(FileNames(4));
15 Sample_0_begin = importfileAbsorption(FileNames(1));
16 %Sample A
17 FirstFile_SampleA = 7;
18 SampleA_62 = importfileAbsorption(FileNames(FirstFile_SampleA));
19 SampleA_66 = importfileAbsorption(FileNames(FirstFile_SampleA+1));
20 SampleA_70 = importfileAbsorption(FileNames(FirstFile_SampleA+2));
21 SampleA_74 = importfileAbsorption(FileNames(FirstFile_SampleA+3));
22 SampleA_78 = importfileAbsorption(FileNames(FirstFile_SampleA+4));
23 SampleA_82 = importfileAbsorption(FileNames(FirstFile_SampleA+5));
24 %Sample B
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25 FirstFile_SampleB = 14;
26 SampleB_62 = importfileAbsorption(FileNames(FirstFile_SampleB));
27 SampleB_66 = importfileAbsorption(FileNames(FirstFile_SampleB+1));
28 SampleB_70 = importfileAbsorption(FileNames(FirstFile_SampleB+2));
29 SampleB_74 = importfileAbsorption(FileNames(FirstFile_SampleB+3));
30 SampleB_78 = importfileAbsorption(FileNames(FirstFile_SampleB+4));
31 SampleB_82 = importfileAbsorption(FileNames(FirstFile_SampleB+5));
32 %Sample C
33 FirstFile_SampleC = 20;
34 SampleC_62 = importfileAbsorption(FileNames(FirstFile_SampleC));
35 SampleC_66 = importfileAbsorption(FileNames(FirstFile_SampleC+1));
36 SampleC_70 = importfileAbsorption(FileNames(FirstFile_SampleC+2));
37 SampleC_74 = importfileAbsorption(FileNames(FirstFile_SampleC+3));
38 SampleC_78 = importfileAbsorption(FileNames(FirstFile_SampleC+4));
39 SampleC_82 = importfileAbsorption(FileNames(FirstFile_SampleC+5));
40 %Sample D
41 FirstFile_SampleD = 26;
42 SampleD_62 = importfileAbsorption(FileNames(FirstFile_SampleD));
43 SampleD_66 = importfileAbsorption(FileNames(FirstFile_SampleD+1));
44 SampleD_70 = importfileAbsorption(FileNames(FirstFile_SampleD+2));
45 SampleD_74 = importfileAbsorption(FileNames(FirstFile_SampleD+3));
46 SampleD_78 = importfileAbsorption(FileNames(FirstFile_SampleD+4));
47 SampleD_82 = importfileAbsorption(FileNames(FirstFile_SampleD+5));
48
49 %% Plot Transmittance
50 figure
51 t = tiledlayout(2,3,'TileSpacing','compact');
52 ttl = 'Plot of the Transmission of ';
53 nexttile
54 plot(Sample_Glass.nm,Sample_Glass.x_T)
55 legend({'Glass slide'},'Location','northeast')
56 title(' Plot of the Transmission of Glass slide')
57 nexttile
58 plot(Sample_100_begin.nm,Sample_100_begin.x_T,Sample_100_end.nm,Sample_100_end.x_T,Sample_0_begin.nm,Sample_0_begin.x_T)
59 legend({'100% begin','100% end','0%begin'},'Location','northeast')
60 title('Plot of the Transmission of Baseline Measurements')
61 tableplot(SampleA_62, SampleA_66, SampleA_70, SampleA_74, SampleA_78, SampleA_82, 'Sample A', ttl)
62 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
63 tableplot(SampleB_62, SampleB_66, SampleB_70, SampleB_74, SampleB_78, SampleB_82,'Sample B', ttl)
64 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
65 tableplot(SampleC_62, SampleC_66, SampleC_70, SampleC_74, SampleC_78, SampleC_82, 'Sample C', ttl)
66 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
67 tableplot(SampleD_62, SampleD_66, SampleD_70, SampleD_74, SampleD_78, SampleD_82, 'Sample D', ttl)
68 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','northeast')
69 xlabel(t,'Wavelength (nm)')
70 ylabel(t,'Transmission (%T)')
71 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
72 lgd.NumColumns = 6;
73 lgd.Layout.Tile = 'north';
74
75 %% New figure
76 figure
77 t = tiledlayout(2,2,'TileSpacing','compact');
78 ttl = 'Plot of the Transmission of ';
79 tableplot(SampleA_62, SampleA_66, SampleA_70, SampleA_74, SampleA_78, SampleA_82, 'Sample A', ttl)
80 tableplot(SampleB_62, SampleB_66, SampleB_70, SampleB_74, SampleB_78, SampleB_82, 'Sample B ',ttl)
81 tableplot(SampleC_62, SampleC_66, SampleC_70, SampleC_74, SampleC_78, SampleC_82, 'Sample C', ttl)
82 tableplot(SampleD_62, SampleD_66, SampleD_70, SampleD_74, SampleD_78, SampleD_82, 'Sample D ',ttl)
83 xlabel(t,'Wavelength (nm)')
84 ylabel(t,'Transmission (%T)')
85 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
86 lgd.NumColumns = 6;
87 lgd.Layout.Tile = 'north';
88
89
90 %% Glasscorrected
91 % Sample A
92 SampleA_62_corr = array2table([SampleA_62.nm, Sample_Glass.x_TSampleA_62.x_T],'VariableNames',{'nm','x_T'});
93 SampleA_66_corr = array2table([SampleA_66.nm, Sample_Glass.x_TSampleA_66.x_T],'VariableNames',{'nm','x_T'});
94 SampleA_70_corr = array2table([SampleA_70.nm, Sample_Glass.x_TSampleA_70.x_T],'VariableNames',{'nm','x_T'});
95 SampleA_74_corr = array2table([SampleA_74.nm, Sample_Glass.x_TSampleA_74.x_T],'VariableNames',{'nm','x_T'});
96 SampleA_78_corr = array2table([SampleA_78.nm, Sample_Glass.x_TSampleA_78.x_T],'VariableNames',{'nm','x_T'});
97 SampleA_82_corr = array2table([SampleA_82.nm, Sample_Glass.x_TSampleA_82.x_T],'VariableNames',{'nm','x_T'});
98 % Sample B
99 SampleB_62_corr = array2table([SampleB_62.nm, Sample_Glass.x_TSampleB_62.x_T],'VariableNames',{'nm','x_T'});
100 SampleB_66_corr = array2table([SampleB_66.nm, Sample_Glass.x_TSampleB_66.x_T],'VariableNames',{'nm','x_T'});
101 SampleB_70_corr = array2table([SampleB_70.nm, Sample_Glass.x_TSampleB_70.x_T],'VariableNames',{'nm','x_T'});
102 SampleB_74_corr = array2table([SampleB_74.nm, Sample_Glass.x_TSampleB_74.x_T],'VariableNames',{'nm','x_T'});
103 SampleB_78_corr = array2table([SampleB_78.nm, Sample_Glass.x_TSampleB_78.x_T],'VariableNames',{'nm','x_T'});
104 SampleB_82_corr = array2table([SampleB_82.nm, Sample_Glass.x_TSampleB_82.x_T],'VariableNames',{'nm','x_T'});
105 % Sample C
106 SampleC_62_corr = array2table([SampleC_62.nm, Sample_Glass.x_TSampleC_62.x_T],'VariableNames',{'nm','x_T'});
107 SampleC_66_corr = array2table([SampleC_66.nm, Sample_Glass.x_TSampleC_66.x_T],'VariableNames',{'nm','x_T'});
108 SampleC_70_corr = array2table([SampleC_70.nm, Sample_Glass.x_TSampleC_70.x_T],'VariableNames',{'nm','x_T'});
109 SampleC_74_corr = array2table([SampleC_74.nm, Sample_Glass.x_TSampleC_74.x_T],'VariableNames',{'nm','x_T'});
110 SampleC_78_corr = array2table([SampleC_78.nm, Sample_Glass.x_TSampleC_78.x_T],'VariableNames',{'nm','x_T'});
111 SampleC_82_corr = array2table([SampleC_82.nm, Sample_Glass.x_TSampleC_82.x_T],'VariableNames',{'nm','x_T'});
112 % Sample D
113 SampleD_62_corr = array2table([SampleD_62.nm, Sample_Glass.x_TSampleD_62.x_T],'VariableNames',{'nm','x_T'});
114 SampleD_66_corr = array2table([SampleD_66.nm, Sample_Glass.x_TSampleD_66.x_T],'VariableNames',{'nm','x_T'});
115 SampleD_70_corr = array2table([SampleD_70.nm, Sample_Glass.x_TSampleD_70.x_T],'VariableNames',{'nm','x_T'});
116 SampleD_74_corr = array2table([SampleD_74.nm, Sample_Glass.x_TSampleD_74.x_T],'VariableNames',{'nm','x_T'});
117 SampleD_78_corr = array2table([SampleD_78.nm, Sample_Glass.x_TSampleD_78.x_T],'VariableNames',{'nm','x_T'});
118 SampleD_82_corr = array2table([SampleD_82.nm, Sample_Glass.x_TSampleD_82.x_T],'VariableNames',{'nm','x_T'});
119 %% plot Glass corrected
120 figure
121 t = tiledlayout(2,2,'TileSpacing','compact');
122 ttl = 'Transmittance of Glassslide  ';
123 tableplot(SampleA_62_corr, SampleA_66_corr, SampleA_70_corr, SampleA_74_corr, SampleA_78_corr, SampleA_82_corr, 'Sample A', ttl)
124 tableplot(SampleB_62_corr, SampleB_66_corr, SampleB_70_corr, SampleB_74_corr, SampleB_78_corr, SampleB_82_corr, 'Sample B', ttl)
125 tableplot(SampleC_62_corr, SampleC_66_corr, SampleC_70_corr, SampleC_74_corr, SampleC_78_corr, SampleC_82_corr, 'Sample C', ttl)
126 tableplot(SampleD_62_corr, SampleD_66_corr, SampleD_70_corr, SampleD_74_corr, SampleD_78_corr, SampleD_82_corr,'Sample D', ttl)
127 xlabel(t,'Wavelength (nm)')
128 ylabel(t,'Transmission (%T)')
129 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
130 lgd.NumColumns = 6;
131 lgd.Layout.Tile = 'north';
132
133
134 %% Samples  Sample A
135 % Sample B
136 SampleB_62_minSampleA = array2table([SampleB_62.nm, SampleA_62.x_TSampleB_62.x_T],'VariableNames',{'nm','x_T'});
137 SampleB_66_minSampleA = array2table([SampleB_66.nm, SampleA_66.x_TSampleB_66.x_T],'VariableNames',{'nm','x_T'});
138 SampleB_70_minSampleA = array2table([SampleB_70.nm, SampleA_70.x_TSampleB_70.x_T],'VariableNames',{'nm','x_T'});
139 SampleB_74_minSampleA = array2table([SampleB_74.nm, SampleA_74.x_TSampleB_74.x_T],'VariableNames',{'nm','x_T'});
140 SampleB_78_minSampleA = array2table([SampleB_78.nm, SampleA_78.x_TSampleB_78.x_T],'VariableNames',{'nm','x_T'});
141 SampleB_82_minSampleA = array2table([SampleB_82.nm, SampleA_82.x_TSampleB_82.x_T],'VariableNames',{'nm','x_T'});
142 % Sample C
143 SampleC_62_minSampleA = array2table([SampleC_62.nm, SampleA_62.x_TSampleC_62.x_T],'VariableNames',{'nm','x_T'});
144 SampleC_66_minSampleA = array2table([SampleC_66.nm, SampleA_66.x_TSampleC_66.x_T],'VariableNames',{'nm','x_T'});
145 SampleC_70_minSampleA = array2table([SampleC_70.nm, SampleA_70.x_TSampleC_70.x_T],'VariableNames',{'nm','x_T'});
146 SampleC_74_minSampleA = array2table([SampleC_74.nm, SampleA_74.x_TSampleC_74.x_T],'VariableNames',{'nm','x_T'});
147 SampleC_78_minSampleA = array2table([SampleC_78.nm, SampleA_78.x_TSampleC_78.x_T],'VariableNames',{'nm','x_T'});
148 SampleC_82_minSampleA = array2table([SampleC_82.nm, SampleA_82.x_TSampleC_82.x_T],'VariableNames',{'nm','x_T'});
149 % Sample D
150 SampleD_62_minSampleA = array2table([SampleD_62.nm, SampleA_62.x_TSampleD_62.x_T],'VariableNames',{'nm','x_T'});
151 SampleD_66_minSampleA = array2table([SampleD_66.nm, SampleA_66.x_TSampleD_66.x_T],'VariableNames',{'nm','x_T'});
152 SampleD_70_minSampleA = array2table([SampleD_70.nm, SampleA_70.x_TSampleD_70.x_T],'VariableNames',{'nm','x_T'});
153 SampleD_74_minSampleA = array2table([SampleD_74.nm, SampleA_74.x_TSampleD_74.x_T],'VariableNames',{'nm','x_T'});
154 SampleD_78_minSampleA = array2table([SampleD_78.nm, SampleA_78.x_TSampleD_78.x_T],'VariableNames',{'nm','x_T'});
155 SampleD_82_minSampleA = array2table([SampleD_82.nm, SampleA_82.x_TSampleD_82.x_T],'VariableNames',{'nm','x_T'});
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156 %%
157 figure
158 t = tiledlayout(2,2,'TileSpacing','compact');
159 ttl = 'Transmittance of ';
160 tableplot(SampleA_62, SampleA_66, SampleA_70, SampleA_74, SampleA_78, SampleA_82, 'Sample A', ttl)
161 tableplot(SampleB_62_minSampleA, SampleB_66_minSampleA, SampleB_70_minSampleA, SampleB_74_minSampleA, SampleB_78_minSampleA, ...

SampleB_82_minSampleA, 'Sample B', ttl)
162 tableplot(SampleC_62_minSampleA, SampleC_66_minSampleA, SampleC_70_minSampleA, SampleC_74_minSampleA, SampleC_78_minSampleA, ...

SampleC_82_minSampleA, 'Sample C', ttl)
163 tableplot(SampleD_62_minSampleA, SampleD_66_minSampleA, SampleD_70_minSampleA, SampleD_74_minSampleA, SampleD_78_minSampleA, ...

SampleD_82_minSampleA,'Sample D', ttl)
164 xlabel(t,'Wavelength (nm)')
165 ylabel(t,'Transmission (%T)')
166 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
167 lgd.NumColumns = 6;
168 lgd.Layout.Tile = 'north';
169
170
171 %% Calculate ratios
172 AbsorptionSamples = [SampleA_62.x_T SampleA_66.x_T SampleA_70.x_T SampleA_74.x_T SampleA_78.x_T SampleA_82.x_T SampleB_62.x_T SampleB_66.x_T...

SampleB_70.x_T SampleB_74.x_T SampleB_78.x_T SampleB_82.x_T SampleC_62.x_T SampleC_66.x_T SampleC_70.x_T SampleC_74.x_T ...
SampleC_78.x_T SampleC_82.x_T SampleD_62.x_T SampleD_66.x_T SampleD_70.x_T SampleD_74.x_T SampleD_78.x_T SampleD_82.x_T];

173 Ratios = zeros(24,12);
174 for i = 1:1:24
175 Ratios(i,1) = AbsorptionSamples(1,i);
176 Ratios(i,2) = AbsorptionSamples(71,i);
177 Ratios(i,3) = Ratios(i,1)  Ratios(i,2);
178 Ratios(i,4) = (((Ratios(i,2)  Ratios(i,1))/Ratios(i,1))*100);
179 Ratios(i,5) = max(AbsorptionSamples(:,i));
180 Ratios(i,6) = min(AbsorptionSamples(:,i));
181 Ratios(i,7) = Ratios(i,5)  Ratios(i,6);
182 Ratios(i,8) = (((Ratios(i,6)  Ratios(i,5))/Ratios(i,5))*100);
183 Ratios(i,9) = AbsorptionSamples(48,i);
184 Ratios(i,10) = AbsorptionSamples(59,i);
185 Ratios(i,11) = Ratios(i,9)  Ratios(i,10);
186 Ratios(i,12) = (((Ratios(i,10)  Ratios(i,9))/Ratios(i,9))*100);
187 end
188 Ratios = array2table(Ratios,'VariableNames',{'%T 700nm','%T 350 nm','Difference 700350','%Decrease 700350','Max %T','Min %T','Difference ...

Max/Min','%Decrease Max/Min', '%T at 465nm','%T at 405nm','Difference 465/405', '%Decrease 465/405'}, 'RowNames',{'Sample A pH 6.2','...
Sample A pH 6.6', ' Sample A pH 7.0', 'Sample A pH 7.4', 'Sample A pH 7.8', 'Sample A pH 8.2','Sample B pH 6.2','Sample B pH 6.6', ' ...
Sample B pH 7.0', 'Sample B pH 7.4', 'Sample B pH 7.8', 'Sample B pH 8.2','Sample C pH 6.2','Sample C pH 6.6', ' Sample C pH 7.0', '...
Sample C pH 7.4', 'Sample C pH 7.8', 'Sample C pH 8.2','Sample D pH 6.2','Sample D pH 6.6', ' Sample D pH 7.0', 'Sample D pH 7.4', '...
Sample D pH 7.8', 'Sample D pH 8.2'});

189 RatiosSampleA = Ratios(1:6,1:12);
190 RatiosSampleB = Ratios(7:12,1:12);
191 RatiosSampleC = Ratios(13:18,1:12);
192 RatiosSampleD = Ratios(19:24,1:12);
193 writetable(Ratios,'Ratios_Absorption.csv',”WriteRowNames”,true);
194 %%
195 % Sample A
196 SampleA_62_scaled = array2table([SampleA_62.nm, SampleA_62.x_T/SampleA_62.x_T(60)],'VariableNames',{'nm','x_T'});
197 SampleA_66_scaled = array2table([SampleA_66.nm, SampleA_66.x_T/SampleA_66.x_T(60)],'VariableNames',{'nm','x_T'});
198 SampleA_70_scaled = array2table([SampleA_70.nm, SampleA_70.x_T/SampleA_70.x_T(60)],'VariableNames',{'nm','x_T'});
199 SampleA_74_scaled = array2table([SampleA_74.nm, SampleA_74.x_T/SampleA_74.x_T(60)],'VariableNames',{'nm','x_T'});
200 SampleA_78_scaled = array2table([SampleA_78.nm, SampleA_78.x_T/SampleA_78.x_T(60)],'VariableNames',{'nm','x_T'});
201 SampleA_82_scaled = array2table([SampleA_82.nm, SampleA_82.x_T/SampleA_82.x_T(60)],'VariableNames',{'nm','x_T'});
202 % Sample B
203 SampleB_62_scaled = array2table([SampleB_62.nm, SampleB_62.x_T/SampleB_62.x_T(60)],'VariableNames',{'nm','x_T'});
204 SampleB_66_scaled = array2table([SampleB_66.nm, SampleB_66.x_T/SampleB_66.x_T(60)],'VariableNames',{'nm','x_T'});
205 SampleB_70_scaled = array2table([SampleB_70.nm, SampleB_70.x_T/SampleB_70.x_T(60)],'VariableNames',{'nm','x_T'});
206 SampleB_74_scaled = array2table([SampleB_74.nm, SampleB_74.x_T/SampleB_74.x_T(60)],'VariableNames',{'nm','x_T'});
207 SampleB_78_scaled = array2table([SampleB_78.nm, SampleB_78.x_T/SampleB_78.x_T(60)],'VariableNames',{'nm','x_T'});
208 SampleB_82_scaled = array2table([SampleB_82.nm, SampleB_82.x_T/SampleB_82.x_T(60)],'VariableNames',{'nm','x_T'});
209 % Sample C
210 SampleC_62_scaled = array2table([SampleC_62.nm, SampleC_62.x_T/SampleC_62.x_T(60)],'VariableNames',{'nm','x_T'});
211 SampleC_66_scaled = array2table([SampleC_66.nm, SampleC_66.x_T/SampleC_66.x_T(60)],'VariableNames',{'nm','x_T'});
212 SampleC_70_scaled = array2table([SampleC_70.nm, SampleC_70.x_T/SampleC_70.x_T(60)],'VariableNames',{'nm','x_T'});
213 SampleC_74_scaled = array2table([SampleC_74.nm, SampleC_74.x_T/SampleC_74.x_T(60)],'VariableNames',{'nm','x_T'});
214 SampleC_78_scaled = array2table([SampleC_78.nm, SampleC_78.x_T/SampleC_78.x_T(60)],'VariableNames',{'nm','x_T'});
215 SampleC_82_scaled = array2table([SampleC_82.nm, SampleC_82.x_T/SampleC_82.x_T(60)],'VariableNames',{'nm','x_T'});
216 % Sample D
217 SampleD_62_scaled = array2table([SampleD_62.nm, SampleD_62.x_T/SampleD_62.x_T(60)],'VariableNames',{'nm','x_T'});
218 SampleD_66_scaled = array2table([SampleD_66.nm, SampleD_66.x_T/SampleD_66.x_T(60)],'VariableNames',{'nm','x_T'});
219 SampleD_70_scaled = array2table([SampleD_70.nm, SampleD_70.x_T/SampleD_70.x_T(60)],'VariableNames',{'nm','x_T'});
220 SampleD_74_scaled = array2table([SampleD_74.nm, SampleD_74.x_T/SampleD_74.x_T(60)],'VariableNames',{'nm','x_T'});
221 SampleD_78_scaled = array2table([SampleD_78.nm, SampleD_78.x_T/SampleD_78.x_T(60)],'VariableNames',{'nm','x_T'});
222 SampleD_82_scaled = array2table([SampleD_82.nm, SampleD_82.x_T/SampleD_82.x_T(60)],'VariableNames',{'nm','x_T'});
223
224 figure
225 t = tiledlayout(2,2,'TileSpacing','compact');
226 ttl = 'Scaled Transmittance of ';
227 tableplot(SampleA_62_scaled, SampleA_66_scaled, SampleA_70_scaled, SampleA_74_scaled, SampleA_78_scaled, SampleA_82_scaled , 'Sample A', ...

ttl)
228 tableplot(SampleB_62_scaled, SampleB_66_scaled, SampleB_70_scaled, SampleB_74_scaled, SampleB_78_scaled, SampleB_82_scaled ,'Sample B', ttl)
229 tableplot(SampleC_62_scaled, SampleC_66_scaled, SampleC_70_scaled, SampleC_74_scaled, SampleC_78_scaled, SampleC_82_scaled, 'Sample C', ttl...

)
230 tableplot(SampleD_62_scaled, SampleD_66_scaled, SampleD_70_scaled, SampleD_74_scaled, SampleD_78_scaled, SampleD_82_scaled, 'Sample D', ttl...

)
231 xlabel(t,'Wavelength (nm)')
232 ylabel(t,'Transmission (%T)')
233 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
234 lgd.NumColumns = 6;
235 lgd.Layout.Tile = 'north';
236
237
238 %%
239 figure
240 t = tiledlayout(1,2,'TileSpacing','compact');
241 ttl = 'Transmittance of ';
242 tableplot(SampleC_62, SampleC_66, SampleC_70, SampleC_74, SampleC_78, SampleC_82, 'Sample C', ttl)
243 ttl = 'Scaled Transmittance of ';
244 tableplot(SampleC_62_scaled, SampleC_66_scaled, SampleC_70_scaled, SampleC_74_scaled, SampleC_78_scaled, SampleC_82_scaled, 'Sample C', ttl)
245
246 xlabel(t,'Wavelength (nm)')
247 ylabel('Scaled Transmission (%T)')
248 ylabel(t,'Transmission (%T)')
249 lgd = legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'});
250 lgd.Layout.Tile = 'east';
251
252 %%
253 pH = [6.2 6.6 7.0 7.4 7.8 8.2];
254 SampleA_rescaled_at_475nm = [SampleA_62_scaled.x_T(46) SampleA_66_scaled.x_T(46) SampleA_70_scaled.x_T(46) SampleA_74_scaled.x_T(46) ...

SampleA_78_scaled.x_T(46) SampleA_82_scaled.x_T(46)];
255 SampleB_rescaled_at_475nm = [SampleB_62_scaled.x_T(46) SampleB_66_scaled.x_T(46) SampleB_70_scaled.x_T(46) SampleB_74_scaled.x_T(46) ...

SampleB_78_scaled.x_T(46) SampleB_82_scaled.x_T(46)];
256 SampleC_rescaled_at_475nm = [SampleC_62_scaled.x_T(46) SampleC_66_scaled.x_T(46) SampleC_70_scaled.x_T(46) SampleC_74_scaled.x_T(46) ...

SampleC_78_scaled.x_T(46) SampleC_82_scaled.x_T(46)];
257 SampleD_rescaled_at_475nm = [SampleD_62_scaled.x_T(46) SampleD_66_scaled.x_T(46) SampleD_70_scaled.x_T(46) SampleD_74_scaled.x_T(46) ...

SampleD_78_scaled.x_T(46) SampleD_82_scaled.x_T(46)];
258
259 figure
260 plot(pH,SampleA_rescaled_at_475nm,pH,SampleB_rescaled_at_475nm,pH,SampleC_rescaled_at_475nm ,pH,SampleD_rescaled_at_475nm)
261 xlabel('pH')
262 ylabel('Value 475 nm rescaled')
263 legend('Sample A', 'Sample B', 'Sample C', 'Sample D')
264 title('Plot of pH and rescaled values at 475 nm ')
265
266 %%
267 figure
268 t = tiledlayout(1,3,'TileSpacing','compact');
269 ttl = 'Transmittance of ';
270 tableplot(SampleC_62, SampleC_66, SampleC_70, SampleC_74, SampleC_78, SampleC_82, 'Sample C', ttl)
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271 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','best')
272 ylabel('Transmission (%T)')
273 xlabel('Wavelength (nm)')
274 ttl = 'Scaled Transmittance of ';
275 tableplot(SampleC_62_scaled, SampleC_66_scaled, SampleC_70_scaled, SampleC_74_scaled, SampleC_78_scaled, SampleC_82_scaled, 'Sample C', ttl)
276 xlabel('Wavelength (nm)')
277 ylabel('Scaled Transmission (%T)')
278 legend({'pH 6.2','pH 6.6' ,'pH 7.0','pH 7.4','pH 7.8','pH 8.2'},'Location','best')
279 nexttile
280 plot(pH,SampleA_rescaled_at_475nm,pH,SampleB_rescaled_at_475nm,pH,SampleC_rescaled_at_475nm ,pH,SampleD_rescaled_at_475nm)
281 xlabel('pH')
282 ylabel('Value 475 nm scaled')
283 legend({'Sample A', 'Sample B', 'Sample C', 'Sample D'},'Location','best')
284 title('Plot of pH and scaled values at 475 nm ')
285 title(t, 'Transmission Measurements' )

Listing A.10: Matlab script for plotting the voltages of the Avantes Data
1 %% open voltages
2
3 clear all
4 close all
5 clc
6
7 %% Datafile
8
9 path = 'C:\Users\mauri\Avantes\AvaSoft8\Metingen 25Juni\1mm voltages\';
10 % Import the data
11 [wavelengths, names, Voltages100mM1mm, Voltages150mM1mm, Voltages200mM1mm, Voltages100mMscaled1mm, Voltages150mMscaled1mm, ...

Voltages200mMscaled1mm]= avantesvoltages(path);
12
13 path = 'C:\Users\mauri\Avantes\AvaSoft8\Metingen 25Juni\05mm voltages\';
14
15 [wavelengths, names, Voltages100mM05mm, Voltages150mM05mm, Voltages200mM05mm, Voltages100mMscaled05mm, Voltages150mMscaled05mm, ...

Voltages200mMscaled05mm]= avantesvoltages(path);
16 names1 = {'1mm pH 6.2' '1mm pH 6.6' '1mm pH 7.0' '1mm pH 7.4' '1mm pH 7.8' '1mm pH 8.2' '100 mA' '150 mA' '300mA' '350mA' '450 mA'};
17 names05 = {'05mm pH 6.2' '05mm pH 6.6' '05mm pH 7.0' '05mm pH 7.4' '05mm pH 7.8' '05mm pH 8.2' '100 mA' '150 mA' '300mA' '350mA' '450 mA'};
18 namespH = {'pH 6.2' 'pH 6.6' 'pH 7.0' 'pH 7.4' 'pH 7.8' 'pH 8.2' };
19 %%
20 figure
21 t = tiledlayout(2,6,'TileSpacing','compact');
22 for i= 1:6
23 nexttile
24 plot(wavelengths,Voltages100mM1mm.(names{i}))
25 xlim([400, 650])
26 ylim([0,1200])
27 title(names1{i})
28 end
29 lgd = legend(names1{7:11});
30 lgd.NumColumns = 5;
31 lgd.Layout.Tile = 'north';
32 for i=1:6
33 nexttile(6+i)
34 plot(wavelengths,Voltages100mM05mm.(names{i}))
35 xlim([400, 650])
36 ylim([0,1200])
37 title(names05{i})
38 end
39 ylabel(t,'Counts per second')
40 xlabel(t,'Wavelengths')
41
42
43
44 %%
45 figure
46 t = tiledlayout(2,6,'TileSpacing','compact');
47 for i= 1:6
48 nexttile
49 plot(wavelengths,Voltages100mMscaled1mm.(names{i}))
50 xlim([400, 650])
51 ylim([0,21])
52 title(names1{i})
53 end
54 lgd = legend(names1{7:11});
55 lgd.NumColumns = 5;
56 lgd.Layout.Tile = 'north';
57 for i=1:6
58 nexttile(6+i)
59 plot(wavelengths,Voltages100mMscaled05mm.(names{i}))
60 xlim([400, 650])
61 ylim([0,1.8])
62 title(names05{i})
63 end
64 ylabel(t,'Scaled counts per second')
65 xlabel(t,'Wavelengths')
66
67 %%
68 figure
69 t = tiledlayout(2,5,'TileSpacing','compact');
70 for i= 7:11
71 nexttile
72 plot(wavelengths,Voltages100mM1mm.(names{i}))
73 xlim([400, 650])
74 title([names1{i} ' 1mm'])
75 end
76 lgd = legend(namespH{1:6});
77 lgd.NumColumns = 6;
78 lgd.Layout.Tile = 'north';
79 for i=7:11
80 nexttile(i1)
81 plot(wavelengths,Voltages100mM05mm.(names{i}))
82 xlim([400, 650])
83 title([names05{i} ' 05mm'])
84 end
85 ylabel(t,'Counts per second')
86 xlabel(t,'Wavelengths')
87
88 figure
89 t = tiledlayout(2,5,'TileSpacing','compact');
90 for i= 7:11
91 nexttile
92 plot(wavelengths,Voltages100mMscaled1mm.(names{i}))
93 xlim([400, 650])
94 ylim([0,21])
95 title([names1{i} ' 1mm'])
96 end
97 lgd = legend(namespH{1:6});
98 lgd.NumColumns = 6;
99 lgd.Layout.Tile = 'north';
100 for i=7:11
101 nexttile(i1)
102 plot(wavelengths,Voltages100mMscaled05mm.(names{i}))
103 xlim([400, 650])
104 ylim([0,1.8])
105 title([names05{i} ' 05mm'])



A.18. Matlabcodes used in thesis 139

106 end
107 ylabel(t,'Scaled counts per second')
108 xlabel(t,'Wavelengths')
109
110 %% Value
111 for i = 1:11
112 Value100mM_525em1mm.(names{i}) = Voltages100mM1mm.(names{i})(420,:);
113 Value100mMscaled_525em1mm.(names{i}) = Voltages100mMscaled1mm.(names{i})(420,:);
114 Value150mM_525em1mm.(names{i}) = Voltages150mM1mm.(names{i})(420,:);
115 Value150mMscaled_525em1mm.(names{i}) = Voltages150mMscaled1mm.(names{i})(420,:);
116 Value200mM_525em1mm.(names{i}) = Voltages200mM1mm.(names{i})(420,:);
117 Value200mMscaled_525em1mm.(names{i}) = Voltages200mMscaled1mm.(names{i})(420,:);
118 Value100mM_525em05mm.(names{i}) = Voltages100mM05mm.(names{i})(420,:);
119 Value100mMscaled_525em05mm.(names{i}) = Voltages100mMscaled05mm.(names{i})(420,:);
120 Value150mM_525em05mm.(names{i}) = Voltages150mM05mm.(names{i})(420,:);
121 Value150mMscaled_525em05mm.(names{i}) = Voltages150mMscaled05mm.(names{i})(420,:);
122 Value200mM_525em05mm.(names{i}) = Voltages200mM05mm.(names{i})(420,:);
123 Value200mMscaled_525em05mm.(names{i}) = Voltages200mMscaled05mm.(names{i})(420,:);
124
125 end
126 pH = [6.2 6.6 7.0 7.4 7.8 8.2];
127 Voltage = [2.5 3.0 3.4 3.6 3.8 ];
128 %%
129
130 figure
131 t = tiledlayout(2,5,'TileSpacing','compact');
132 for i= 1:5
133 nexttile
134 plot(pH,Value100mMscaled_525em1mm.(names{i+6}))
135 hold on
136 plot(pH,Value150mMscaled_525em1mm.(names{i+6}))
137 hold on
138 plot(pH,Value200mMscaled_525em1mm.(names{i+6}))
139 ylim([0,21])
140 title([names1{i+6} ' 1mm'])
141 end
142 lgd = legend({'100mM','150mM','200mM'} );
143 lgd.NumColumns = 3;
144 lgd.Layout.Tile = 'north';
145 for i=1:5
146 nexttile(i+5)
147 plot(pH,Value100mMscaled_525em05mm.(names{i+6}))
148 hold on
149 plot(pH,Value150mMscaled_525em05mm.(names{i+6}))
150 hold on
151 plot(pH,Value200mMscaled_525em05mm.(names{i+6}))
152 ylim([0,1.8])
153 title([names05{i+6} ' 05mm'])
154 end
155 ylabel(t,'Scaled counts per second')
156 xlabel(t,'pH value')
157
158 figure
159 i= 3
160 t = tiledlayout(1,2,'TileSpacing','compact');
161 nexttile
162 plot(pH,Value100mMscaled_525em1mm.(names{i+6}))
163 hold on
164 plot(pH,Value150mMscaled_525em1mm.(names{i+6}))
165 hold on
166 plot(pH,Value200mMscaled_525em1mm.(names{i+6}))
167 ylim([0,21])
168 title(['350mA 1mm'])
169
170 lgd = legend({'100mM','150mM','200mM'} );
171 lgd.NumColumns = 3;
172 lgd.Layout.Tile = 'north';
173 nexttile
174 plot(pH,Value100mMscaled_525em05mm.(names{i+6}))
175 hold on
176 plot(pH,Value150mMscaled_525em05mm.(names{i+6}))
177 hold on
178 plot(pH,Value200mMscaled_525em05mm.(names{i+6}))
179 ylim([0,1.8])
180 title(['350 mA 05mm'])
181 ylabel(t,'Scaled counts per second')
182 xlabel(t,'pH value')
183 %%
184 figure
185 [fitresult, pKa_value100]= estimatepKa(pH,Value100mMscaled_525em05mm.(names{10}));
186 [fitresult, pKa_value150]= estimatepKa(pH,Value150mMscaled_525em05mm.(names{10}));
187 [fitresult, pKa_value200]= estimatepKa(pH,Value200mMscaled_525em05mm.(names{10}));
188
189 %%
190 % figure
191 % for i= 1:5
192 % subplot(2,3,i)
193 % plot(pH,Value100mM_525em05mm.(names{i+6}),'DisplayName','100mM')
194 % hold on
195 % plot(pH,Value150mM_525em05mm.(names{i+6}),'DisplayName','150mM')
196 % hold on
197 % plot(pH,Value200mM_525em05mm.(names{i+6}),'DisplayName','200mM')
198 % title(names{i+6})
199 % xlabel('pH')
200 % ylabel('counts per second')
201 % legend
202 % end
203
204 figure
205 t = tiledlayout(1,4,'TileSpacing','compact');
206 for i= 5
207 nexttile
208 plot(wavelengths,Voltages100mMscaled1mm.(names{i}))
209 xlim([400, 650])
210 ylim([0,21])
211 title(names1{i})
212 end
213 lgd = legend(names1{7:11});
214
215 for i=5
216 nexttile
217 plot(wavelengths,Voltages100mMscaled05mm.(names{i}))
218 xlim([400, 650])
219 ylim([0,1.8])
220 title(names05{i})
221 end
222 lgd = legend(names1{7:11});
223
224 for i= 9
225 nexttile
226 plot(wavelengths,Voltages100mMscaled1mm.(names{i}))
227 xlim([400, 650])
228 ylim([0,21])
229 title([names1{i} ' 1mm'])
230 end
231 lgd = legend(namespH{1:6});
232
233 for i=9
234 nexttile
235 plot(wavelengths,Voltages100mMscaled05mm.(names{i}))
236 xlim([400, 650])
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237 ylim([0,1.8])
238 title([names05{i} ' 05mm'])
239 end
240 lgd = legend(namespH{1:6});
241
242 ylabel(t,'Scaled counts per second')
243 xlabel(t,'Wavelengths')

Listing A.11: Matlab script for plotting data of the proof of concept sensor
1 clc
2 close all
3 clear all
4 %%
5 path = 'C:\Users\mauri\Google Drive\Studie\Master BME\Afstuderen\04_Thesis\Experiments\27 Juli\Nieuwe Opstelling\';
6 %%
7 tablenames = { 'IS100mM1' 'IS100mM2' 'IS100mM3'}% 'IS100mM1' 'IS150mM1' }% 'IS100mMLaag2'}%'IS150mM1'};%
8 %Import data
9 for i =1:length(tablenames)
10 [S.(tablenames{i})]= dualwavelengthpH(path,tablenames{i});
11 end
12 %1 = 'pH'; 2 = 'IntensitiesMeasured'; 3 = 'Intensities405nm'; 4 = 'Intensities475nm'; 5 = 'Intensities405nmScaled'; 6 = '...

Intensities475nmScaled'; 7 = 'Intensity525_405'; 8 = 'Intensity525_475';
13 % 9 = 'Ratio525_405_475';
14 %%
15 figure
16 t = tiledlayout('flow')
17 for j=1:length(tablenames)
18 nexttile(1)
19 plot(S.(tablenames{j}).pH,S.(tablenames{j}).Ratio525_405_475,'o','MarkerSize',5)
20 hold on
21 %plot(S.(tablenames{j}).pH,S.(tablenames{j}).Intensity525_405)
22 %plot(S.(tablenames{j}).pH,S.(tablenames{j}).Intensity525_475)
23 title(tablenames{j})
24
25 legend({'Ratios 525 405/475nm', 'Peak emission 525 at excitation 405 nm', 'Peak emission 525 at excitation 475 nm'})
26 [fitresult, pKa_value] = estimatepKa_final(S.(tablenames{j}).pH, S.(tablenames{j}).Ratio525_405_475)
27 end
28 pH = S.(tablenames{j}).pH
29 values = S.(tablenames{j}).Ratio525_405_475
30 %%
31 figure
32 t = tiledlayout(3,4,'TileSpacing','compact')
33 for jj = 1:length(tablenames)
34 nexttile
35 normalizedratios = S.(tablenames{jj}).Ratio525_405_475./(max(S.(tablenames{jj}).Ratio525_405_475))
36 rescaledratios = rescale(S.(tablenames{jj}).Ratio525_405_475)
37 %plot(S.(tablenames{jj}).pH,normalizedratios,'o','MarkerSize',5)
38 plot(S.(tablenames{jj}).pH,rescaledratios,'o','MarkerSize',5)
39 hold on
40 %plot(S.(tablenames{jj}).pH,S.(tablenames{jj}).Intensity525_405)
41 %plot(S.(tablenames{jj}).pH,S.(tablenames{jj}).Intensity525_475)
42 title(tablenames{jj})
43 ylabel(t,'Normalised Ratio R')
44 % legend({'Ratios 525 405/475nm 50mM ', 'Ratios 525 405/475nm 100mM', 'Ratios 525 405/475nm 150mM'})
45 title(t,'Ionic Strength Measurements')
46 xlabel(t,'pH')
47 [fitresult, pKa_value] = estimatepKa_final(S.(tablenames{jj}).pH, rescaledratios)
48 end
49 %%
50 path = 'C:\Users\mauri\Google Drive\Studie\Master BME\Afstuderen\04_Thesis\Experiments\27 Juli\Nieuwe Opstelling\TransitionTime\';
51 tablenames = {'TT100mM8262' 'TT100mM6282' 'TT100mMLaag8262' 'TT100mMLaag6282' } %'TT100mM6662' 'TT100mM7066' 'TT100mM7470' 'TT100mM7874...

' 'TT100mM8278'};
52 %Import data
53 figure
54 t = tiledlayout('flow')
55 for i =1:length(tablenames)
56 [S.(tablenames{i})]= dualwavelengthTime(path,tablenames{i});
57 end
58 %1 = 'pH'; 2 = 'IntensitiesMeasured'; 3 = 'Intensities405nm'; 4 = 'Intensities475nm'; 5 = 'Intensities405nmScaled'; 6 = '...

Intensities475nmScaled'; 7 = 'Intensity525_405'; 8 = 'Intensity525_475';
59 % 9 = 'Ratio525_405_475';
60 %%
61 figure
62 t = tiledlayout('flow')
63 for j=1:length(tablenames)
64 nexttile
65 Time = S.(tablenames{j}).Time;
66 Ratio = S.(tablenames{j}).Ratio525_405_475;
67 hold on
68 ResponseTime(Time,Ratio)
69 legend
70 xlabel('Seconds [s]')
71 ylabel('Ratio Emission 405/475')
72 title('Transition Time 100mM (8.2 to 6.2)')
73 legend({'Measurement Data', 'Fitted Curve'})
74 end
75
76 %% Fittedline
77 figure
78 t = tiledlayout(2,2,'TileSpacing','compact')
79 title(t,'Response Time Two layers')
80 xlabel(t,'Time [sec]')
81 ylabel(t,'Ratios R')
82 nexttile
83 % Fit TT100mM8262
84 Time_TT100mM8262 = S.TT100mM8262.Time;
85 Ratio_TT100mM8262 = S.TT100mM8262.Ratio525_405_475;
86 a = 0.4271 ;
87 b = 0.002875 ;
88 c = 0.1161 ;
89 T_TT100mM8262 = 1/b
90 ResponseTime_TT100mM8262 = num2str(round(T_TT100mM8262))
91 Fit_TT100mM8262 = c+a*exp(b*Time_TT100mM8262) ;
92 plot(Time_TT100mM8262,Ratio_TT100mM8262,'o')
93 hold on
94 xline(T_TT100mM8262, 'r.',{'Response Time ' ResponseTime_TT100mM8262})
95 plot(Time_TT100mM8262,Fit_TT100mM8262)
96 title('Layer 0.5 mm')
97 xlim([0 1500])
98
99 % Fit TT100mM6282
100 nexttile
101 Time_TT100mM6282 = S.TT100mM6282.Time;
102 Ratio_TT100mM6282 = S.TT100mM6282.Ratio525_405_475;
103 a = 0.2968 ;
104 b = 0.001916 ;
105 c = 0.9 ;
106 T_TT100mM6282= 1/b;
107 ResponseTime_TT100mM6282 = num2str(round(T_TT100mM6282))
108 Fit_TT100mM6282 = c+a*exp(b*Time_TT100mM6282) ;
109 plot(Time_TT100mM6282,Ratio_TT100mM6282,'o')
110 hold on
111 xline(T_TT100mM6282, 'r.',{'Response Time ' ResponseTime_TT100mM6282})
112 plot(Time_TT100mM6282,Fit_TT100mM6282)
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113 title('Layer 0.5 mm')
114 xlim([0 1500])
115 % Fit TT100mMLaag8262
116 nexttile
117 Time_TT100mMLaag8262 = S.TT100mMLaag8262.Time;
118 Ratio_TT100mMLaag8262 = S.TT100mMLaag8262.Ratio525_405_475;
119 a = 1.023 ;
120 b = 0.002609 ;
121 c = 0.4398 ;
122 T_TT100mMLaag8262= 1/b
123 ResponseTime_TT100mMLaag8262 = num2str(round(T_TT100mMLaag8262))
124 Fit_TT100mMLaag8262 = c+a*exp(b*Time_TT100mMLaag8262) ;
125 plot(Time_TT100mMLaag8262,Ratio_TT100mMLaag8262,'o')
126 hold on
127 xline(T_TT100mMLaag8262, 'r.',{'Response Time ' ResponseTime_TT100mMLaag8262})
128 plot(Time_TT100mMLaag8262,Fit_TT100mMLaag8262)
129 title('Layer 1mm')
130 xlim([0 1500])
131
132
133 % Fit TT100mMLaag6282
134 nexttile
135 Time_TT100mMLaag6282 = S.TT100mMLaag6282.Time;
136 Ratio_TT100mMLaag6282 = S.TT100mMLaag6282.Ratio525_405_475;
137 a = 1.56 ;
138 b = 0.001311 ;
139 c = 1.6 ;
140 T_TT100mMLaag6282 = 1/b
141 ResponseTime_TT100mMLaag6282 = num2str(round(T_TT100mMLaag6282))
142 Fit_TT100mMLaag6282 = c+a*exp(b*Time_TT100mMLaag6282) ;
143 plot(Time_TT100mMLaag6282,Ratio_TT100mMLaag6282,'o')
144 hold on
145 xline(T_TT100mMLaag6282, 'r.',{'Response Time ' ResponseTime_TT100mMLaag6282})
146 plot(Time_TT100mMLaag6282,Fit_TT100mMLaag6282)
147 title('Layer 1mm')
148 xlim([0 1500])

A.18.2. Functions

Listing A.12: Matlab function to plot absorption data plots
1 function absorpplot(Sample1, Sample2, Sample3, Sample4, Sample5, Sample6, samplename)
2 %UNTITLED Summary of this function goes here
3 % Detailed explanation goes here
4 nexttile
5 samplename = samplename;
6 plot(Sample1(:,1) ,Sample1(:,2),Sample2(:,1),Sample2(:,2),Sample3(:,1),Sample3(:,2),Sample4(:,1),Sample4(:,2),Sample5(:,1),Sample5(:,2),...

Sample6(:,1),Sample6(:,2))
7 xline(405,'','405nm',”Color”,'#8200c8');
8 xline(465,':','475nm',”Color”,'#00c0ff');
9 title(sprintf('Plot of the Absorbance of Rescaled %s', samplename));
10 end

Listing A.13: Matlab function for voltage per pH Avantes data
1 function [wavelengths, names, Voltages100mM, Voltages150mM, Voltages200mM, Voltages100mMscaled, Voltages150mMscaled, Voltages200mMscaled]= ...

avantesvoltages(path)
2 %% 100mM
3 tablenames = '100mM.xlsx';
4 paths = string({[path tablenames]});
5 T = readtable(paths);
6 A = table2array(T);
7 wavelengths = A(3:end,1);
8 wavelengthscale = 337;
9 names = {'pH62' 'pH66' 'pH70' 'pH74' 'pH78' 'pH82' 'V25' 'V30' 'V34' 'V36' 'V38'};
10 Ascaled = A;
11 for k=2:1:31
12 Ascaled(:,k) = A(:,k)./(A(wavelengthscale,k));
13 end
14
15 for i = 1:6
16 Voltages100mM.(names{i}) = A(3:end,1+(i*54):1+(i*5));
17 Voltages100mMscaled.(names{i}) = Ascaled(3:end,1+(i*54):1+(i*5));
18 if i ≤ 6
19 Voltages100mM.(names{i+5}) = A(3:end,i:5:26+i);
20 Voltages100mMscaled.(names{i+5}) = Ascaled(3:end,i:5:26+i);
21 end
22 end
23 %% 150mM
24 tablenames = '150mM.xlsx';
25 paths = string({[path tablenames]});
26 T = readtable(paths);
27 A = table2array(T);
28 names = {'pH62' 'pH66' 'pH70' 'pH74' 'pH78' 'pH82' 'V25' 'V30' 'V34' 'V36' 'V38'};
29 Ascaled = A;
30 for k=2:1:31
31 Ascaled(:,k) = A(:,k)./(A(wavelengthscale,k));
32 end
33
34 for i = 1:6
35 Voltages150mM.(names{i}) = A(3:end,1+(i*54):1+(i*5));
36 Voltages150mMscaled.(names{i}) = Ascaled(3:end,1+(i*54):1+(i*5));
37 if i ≤ 6
38 Voltages150mM.(names{i+5}) = A(3:end,i:5:26+i);
39 Voltages150mMscaled.(names{i+5}) = Ascaled(3:end,i:5:26+i);
40 end
41 end
42 %% 200mM
43 tablenames = '200mM.xlsx';
44 paths = string({[path tablenames]});
45 T = readtable(paths);
46 A = table2array(T);
47 names = {'pH62' 'pH66' 'pH70' 'pH74' 'pH78' 'pH82' 'V25' 'V30' 'V34' 'V36' 'V38'};
48 Ascaled = A;
49 for k=2:1:31
50 Ascaled(:,k) = A(:,k)./(A(wavelengthscale,k));
51 end
52
53 for i = 1:6
54 Voltages200mM.(names{i}) = A(3:end,1+(i*54):1+(i*5));
55 Voltages200mMscaled.(names{i}) = Ascaled(3:end,1+(i*54):1+(i*5));
56 if i ≤ 6
57 Voltages200mM.(names{i+5}) = A(3:end,i:5:26+i);
58 Voltages200mMscaled.(names{i+5}) = Ascaled(3:end,i:5:26+i);
59 end
60 end
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Listing A.14: Matlab function for plots of the full data obtained by flourlog
1 function fluorlogplot(exwl, emwl, S1c_Samples, names, xlbl, ylbl, ttl, type, namesforplot, ylimit, colorscale)
2 %UNTITLED3 Summary of this function goes here
3 % Detailed explanation goes here
4 S = S1c_Samples;
5
6 for k = 1:length(names)
7 fulltitle = [sprintf('%s', ttl) namesforplot{k}] ;
8 nexttile
9 if type == 1
10 names{k} = surf(exwl, emwl, S.(names{k}))
11 caxis(colorscale)
12 elseif type == 2
13 contour(exwl, emwl, S.(names{k}))
14 colorbar
15 elseif type == 3
16 contour3(exwl, emwl, S.(names{k}))
17 colorbar
18 elseif type == 4
19 surf(exwl, emwl, S.(names{k}))
20 caxis(colorscale)
21 view(2)
22 else
23 print('Type Unknown')
24 end
25 xline(405,'r','405nm','LineWidth',2);
26 xline(465,':','475nm',”Color”,'#00c0ff','LineWidth',2);
27 yline(520,'g','525nm','LineWidth',2);
28 xlabel(sprintf('%s',xlbl))
29 ylabel(sprintf('%s',ylbl))
30 title(fulltitle);
31 hold on
32 zlim([0, ylimit])
33 end

Listing A.15: Matlab function for importing fluorlog data
1 function [SampleData, names, names_forplot, figSample, Excitationwavelenghts, Emissionwavelenghts] = importflourlogsampledata(whichsample)
2 fds = fileDatastore( 'C:\Users\mauri\Documents\MATLAB\Afstuderen\DataFluorlog2', 'ReadFcn', @load);
3 fullFileNames = fds.Files;
4 FileNames = string(fullFileNames);
5
6 %%
7 names_S1c = {'A_pH62' 'A_pH66' 'A_pH70' 'A_pH74' 'A_pH78' 'A_pH82' 'A_pHmax' 'A_pHmin' 'B_pH62' 'B_pH66' 'B_pH70' 'B_pH74' 'B_pH78' 'B_pH82'...

'B_pHmax' 'B_pHmin' 'C_pH62' 'C_pH66' 'C_pH70' 'C_pH74' 'C_pH78' 'C_pH82' 'C_pHmax' 'C_pHmin' 'D_pH62' 'D_pH66' 'D_pH70' 'D_pH74' '...
D_pH78' 'D_pH82' 'D_pHmax' 'D_pHmin' 'Glass' 'Leeg'};

8 names_R1c = names_S1c;
9 names_S1c_R1c = names_S1c;
10 names_S1c_forplot = {'A pH 6.2' 'A pH 6.6' 'A pH 7.0' 'A pH 7.4' 'A pH 7.8.' 'A pH 8.2' 'A pH max' 'A pH min' 'B pH 6.2' 'B pH 6.6' 'B pH 7...

.0' 'B pH 7.4' 'B pH 7.8.' 'B pH 8.2' 'B pH max' 'B pH min' 'C pH 6.2' 'C pH 6.6' 'C pH 7.0' 'C pH 7.4' 'C pH 7.8.' 'C pH 8.2' 'C pH ...
max' 'C pH min' 'D pH 6.2' 'D pH 6.6' 'D pH 7.0' 'D pH 7.4' 'D pH 7.8.' 'D pH 8.2' 'D pH max' 'D pH min' 'Glass' 'Leeg'};

11 names_R1c_forplot = names_S1c_forplot;
12 names_S1c_R1c_forplot = names_S1c_forplot;
13 %Importing S1c_Files
14 beginsample = 35; % eerste S1c Sample
15 for j = 1:length(names_S1c)
16 i = j+beginsample1;
17 S1c_Samples.(names_S1c{j}) = ImportFluorlogData(FileNames(i));
18 end
19 %Importng R1c Files
20 beginsample = 1;
21 endsample = 34;
22 for j = 1:length(names_R1c)
23 i = j+beginsample1;
24 R1c_Samples.(names_R1c{j}) = ImportFluorlogData(FileNames(i));
25 end
26 %Importing S1c_R1c Files
27 beginsample = 69;
28 for j = 1:length(names_S1c_R1c)
29 i = j+beginsample1;
30 T = readtable(FileNames(i));
31 S1c_R1c_Samples.(names_S1c_R1c{j}) = table2array(T(2:52,2:32));
32 end
33 % creating excitation wavelenghts
34 N=30;
35 Excitationwavelenghts = zeros(N+1,1);
36 for n = 0:N
37 z = 350+(5*n);
38 Excitationwavelenghts(n+1) = z;
39 end
40 % creating emission wavelenghts
41 N2=50;
42 Emissionwavelenghts = zeros(N2+1,1);
43 for n = 0:N2
44 z = 350+(5*n);
45 Emissionwavelenghts(n+1) = z;
46 end
47 %%
48 % for k = 4:length(names_S1c)
49 % if 4 ≤ k ≤ 6
50 % S1c_Samples_corrected.(names_S1c{k}) = S1c_Samples.(names_S1c{k})S1c_Samples.(names_S1c{1})S1c_Samples.(names_S1c{2})S1c_Samples.(...

names_S1c{3});
51 % elseif 8 ≤ k ≤ 10
52 % S1c_Samples_corrected.(names_S1c{k}) = S1c_Samples.(names_S1c{k})S1c_Samples.(names_S1c{1})S1c_Samples.(names_S1c{2})S1c_Samples.(...

names_S1c{7});
53 % end
54 % end
55 %%
56 SamplesA = {'A_pHmin' 'A_pH62' 'A_pH66' 'A_pH70' 'A_pH74' 'A_pH78' 'A_pH82' 'A_pHmax'};
57 SamplesB = {'B_pHmin' 'B_pH62' 'B_pH66' 'B_pH70' 'B_pH74' 'B_pH78' 'B_pH82' 'B_pHmax'};
58 SamplesC = {'C_pHmin' 'C_pH62' 'C_pH66' 'C_pH70' 'C_pH74' 'C_pH78' 'C_pH82' 'C_pHmax'};
59 SamplesD = {'D_pHmin' 'D_pH62' 'D_pH66' 'D_pH70' 'D_pH74' 'D_pH78' 'D_pH82' 'D_pHmax'};
60 Samples62 = {'A_pH62' 'B_pH62' 'C_pH62' 'D_pH62'};
61 Samples66 = {'A_pH66' 'B_pH66' 'C_pH66' 'D_pH66'};
62 Samples70 = {'A_pH70' 'B_pH70' 'C_pH70' 'D_pH70'};
63 Samples74 = {'A_pH74' 'B_pH74' 'C_pH74' 'D_pH74'};
64 Samples78 = {'A_pH78' 'B_pH78' 'C_pH78' 'D_pH78'};
65 Samples82 = {'A_pH82' 'B_pH82' 'C_pH82' 'D_pH82'};
66 SamplesMin = {'A_pHmin' 'B_pHmin' 'C_pHmin' 'D_pHmin'};
67 SamplesMax = {'A_pHmax' 'B_pHmax' 'C_pHmax' 'D_pHmax'};
68 SamplesBackground = {'Leeg' 'Glass'};
69
70 SamplesA_forplot = {'A pH min' 'A pH 6.2' 'A pH 6.6' 'A pH 7.0' 'A pH 7.4' 'A pH 7.8' 'A pH 8.2' 'A pH max' };
71 SamplesB_forplot = {'B pH min' 'B pH 6.2' 'B pH 6.6' 'B pH 7.0' 'B pH 7.4' 'B pH 7.8' 'B pH 8.2' 'B pH max' };
72 SamplesC_forplot = {'C pH min' 'C pH 6.2' 'C pH 6.6' 'C pH 7.0' 'C pH 7.4' 'C pH 7.8' 'C pH 8.2' 'C pH max' };
73 SamplesD_forplot = {'D pH min' 'D pH 6.2' 'D pH 6.6' 'D pH 7.0' 'D pH 7.4' 'D pH 7.8' 'D pH 8.2' 'D pH max' };
74 Samples62_forplot = {'A pH 6.2' 'B pH 6.2' 'C pH 6.2' 'D pH 6.2'};
75 Samples66_forplot = {'A pH 6.6' 'B pH 6.6' 'C pH 6.6' 'D pH 6.6'};
76 Samples70_forplot = {'A pH 7.0' 'B pH 7.0' 'C pH 7.0' 'D pH 7.0'};
77 Samples74_forplot = {'A pH 7.4' 'B pH 7.4' 'C pH 7.4' 'D pH 7.4'};
78 Samples78_forplot = {'A pH 7.8' 'B pH 7.8' 'C pH 7.8' 'D pH 7.8'};
79 Samples82_forplot = {'A pH 8.2' 'B pH 8.2' 'C pH 8.2' 'D pH 8.2'};
80 SamplesMin_forplot = {'A pH min' 'B pH min' 'C pH min' 'D pH min'};
81 SamplesMax_forplot = {'A pH max' 'B pH max' 'C pH max' 'D pH max'};
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82 SamplesBackground_forplot = {'Leeg' 'Glass'};
83
84 %% selecting Samples
85 if whichsample == 1
86 names = SamplesA;
87 names_forplot = SamplesA_forplot;
88 figSample = 'SampleA';
89 elseif whichsample == 2
90 names = SamplesB;
91 names_forplot = SamplesB_forplot;
92 figSample = 'SampleB';
93 elseif whichsample == 3
94 names = SamplesC;
95 names_forplot = SamplesC_forplot;
96 figSample = 'SampleC';
97 elseif whichsample == 4
98 names = SamplesD;
99 names_forplot = SamplesD_forplot;
100 figSample = 'SampleD';
101 elseif whichsample == 5
102 names = SamplesMin;
103 names_forplot = SamplesMin_forplot;
104 figSample = 'SampleMin';
105 elseif whichsample == 6
106 names = Samples62;
107 names_forplot = Samples62_forplot;
108 figSample = 'Sample62';
109 elseif whichsample == 7
110 names = Samples66;
111 names_forplot = Samples66_forplot;
112 figSample = 'Sample66';
113 elseif whichsample == 8
114 names = Samples70;
115 names_forplot = Samples70_forplot;
116 figSample = 'Sample70';
117 elseif whichsample == 9
118 names = Samples74;
119 names_forplot = Samples74_forplot;
120 figSample = 'Sample74';
121 elseif whichsample == 10
122 names = Samples78;
123 names_forplot = Samples78_forplot;
124 figSample = 'Sample78';
125 elseif whichsample == 11
126 names = Samples82;
127 names_forplot = Samples82_forplot;
128 figSample = 'Sample82';
129 elseif whichsample == 12
130 names = SamplesMax;
131 names_forplot = SamplesMax_forplot;
132 figSample = 'SampleMax';
133 elseif whichsample == 13
134 names = SamplesBackground;
135 names_forplot = SamplesBackground_forplot;
136 figSample = 'SampleBackground';
137 else
138 end
139 SampleData = S1c_R1c_Samples; % S1c_Samples R1c_Samples S1c_R1c_Samples

Listing A.16: Matlab function for plotting data from a table
1 function tableplot(Sample1, Sample2, Sample3, Sample4, Sample5, Sample6, samplename, ttl)
2 %UNTITLED3 Summary of this function goes here
3 % Detailed explanation goes here
4 fulltitle = [sprintf('%s', ttl) sprintf('%s', samplename)] ;
5 nexttile
6 plot(Sample1.nm,Sample1.x_T,Sample2.nm,Sample2.x_T,Sample3.nm,Sample3.x_T,Sample4.nm,Sample4.x_T,Sample5.nm,Sample5.x_T,Sample6.nm,...

Sample6.x_T)
7 xline(405,'','405nm',”Color”,'#8200c8');
8 xline(465,':','475nm',”Color”,'#00c0ff');
9 title(fulltitle);
10 end

Listing A.17: Matlab function for estimating pKa values
1 function [fitresult, pKa_value] = estimatepKa(pHrange, values)
2 %CREATEFIT(PHMINMAX,RATIO_SAMPLED)
3 % Create a fit.
4 %
5 % Data for 'untitled fit 1' fit:
6 % X Input : pHminmax
7 % Y Output: Ratio_SampleD
8 % Output:
9 % fitresult : a fit object representing the fit.
10 % gof : structure with goodnessof fit info.
11 %
12 % See also FIT, CFIT, SFIT.
13
14 % Autogenerated by MATLAB on 15Jul2021 09:37:35
15
16
17 %% Fit: 'untitled fit 1'.
18 [xData, yData] = prepareCurveData( pHrange, values );
19
20 % Set up fittype and options.
21 ft = fittype( '((ab)/(1+exp((xc)/d)))+b', 'independent', 'x', 'dependent', 'y' );
22 opts = fitoptions( 'Method', 'NonlinearLeastSquares' );
23 opts.Display = 'Off';
24 opts.Lower = [0 1 6.5 Inf];
25 opts.Upper = [Inf Inf 15 5];
26 opts.MaxFunEvals = 99999999;
27 opts.MaxIter = 99999999;
28 opts.StartPoint = [0.706046088019609 0.0318328463774207 0.27692298496089 0.0461713906311539];
29
30 % Fit model to data.
31 fitresult = fit( xData, yData, ft, opts );
32
33 % Plot fit with data.
34 % %figure( 'Name', 'untitled fit 1' );
35 % %h = plot( fitresult, xData, yData );
36 % %legend( h, 'Ratio_SampleD vs. pHminmax', 'untitled fit 1', 'Location', 'NorthEast', 'Interpreter', 'none' );
37 % Label axes
38 % % xlabel( 'pHminmax', 'Interpreter', 'none' );
39 % % ylabel( 'Ratio_SampleD', 'Interpreter', 'none' );
40 % % grid on
41 % Plot data self
42 a = fitresult.a;
43 b = fitresult.b;
44 c = fitresult.c;
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45 d = fitresult.d;
46 xfit = xData(1):0.1:xData(length(xData));
47 yfit = ((ab)./(1+exp((xfitc)./d)))+b;
48 [xxData, yyData] = prepareCurveData( xfit, yfit);
49 [fitresult2] = fit( xxData, yyData, ft, opts);
50 [d1,d2] = differentiate(fitresult,xData);
51 [dd1,dd2] = differentiate(fitresult2,xxData);
52 yln = zeros(1,length(xfit));
53 pKa_value = polyxpoly(xfit,yln,xfit,dd2);
54 name = num2str(pKa_value);
55
56
57
58 nexttile
59 %plot(pHrange,values,'') % cfit plot method
60 hold on
61 p = plot(fitresult,xData,yData,'');
62 p(1).LineWidth = 1;
63 p(2).LineWidth = 1;
64 xlabel(' ')
65 box on
66 grid on
67 xline(pKa_value,'',name,'LineWidth',1)
68 xline(6.8,'g.','LineWidth',1)
69 xline(7.8,'c.','LineWidth',1)
70
71 legend({'Measurement data','Fitted curve'}, 'Location','best' )
72 ylabel('Ratio R')
73 title('Ratios R at various pH values' )
74 nexttile
75 %plot(xData,d1,'','LineWidth',1) % double plot method
76 hold on
77 plot(xfit,dd1,'r','LineWidth',1) % cfit plot method
78 grid on
79 xline(pKa_value,'',name,'LineWidth',1)
80 xline(6.8,'g.','LineWidth',1)
81 xline(7.8,'c.','LineWidth',1)
82
83 legend({'Measurement data'} , 'Location','best' )
84 ylabel('Sensitity(n) = Gradient(R)')
85 title('Sensitivity n at various pH values')
86 nexttile
87 %plot(xData,d2,'','LineWidth',1) % double plot method
88 hold on
89 plot(xfit,dd2,'r','LineWidth',1)
90 plot(xfit,yln,'b','LineWidth',1)
91 xline(pKa_value,'',name,'LineWidth',1)
92 xline(6.8,'g.','LineWidth',1)
93 xline(7.8,'c.','LineWidth',1)
94
95 legend({'Measurement data'} , 'Location','best' )
96 ylabel('Gradient(n)')
97 title('Determining pKa by setting n = 0')
98 grid on

Listing A.18: Matlab function for opening data of the proof of concept sensor
1 function [S]= dualwavelengthpH(path, tablename)
2 %% 50mM
3 paths = string({[path tablename '.xlsx']});
4 T = readtable(paths);
5 A = table2array(T);
6 wavelengths = A(3:end,1);
7 pH = A(2,2:2:end);
8 I = A(3:end,1:end);
9 wl405 = 90; %90 is 400 98 is 405nm
10 wl475 = 218; %218 is 475 nm
11 wl525 = 304; %304 is 525nm 288 is 515 nm
12
13 names50mM = num2cell(zeros(1,length(pH)));
14 for i = 1:length(pH)
15 names50mM{i} = num2str(pH(i));
16 end
17
18 I_405 = zeros(length(I),length(pH));
19 I_475 = zeros(length(I),length(pH));
20 I_525_405 = zeros(1,length(pH))
21 I_525_475 = zeros(1,length(pH));
22 Ratio_405_475 = zeros(1,length(pH));
23 I_405scaled = zeros(length(I),length(pH));
24 I_475scaled = zeros(length(I),length(pH));
25 for k=2:2:length(I(1,:))
26 j= k/2;
27 I_405(:, j) = I(:,k);
28 I_475(:, j) = I(:,k+1);
29 Peak_405nm(:, j) = find(I_405(:,j)==max(I_405(60:120,j)));
30 Peak_475nm(:, j) = find(I_475(:,j)==max(I_475(201:235,j)));
31 Peak_emission_405nm(:, j) = find(I_405(:,j)==max(I_405(270:340,j)));
32 Peak_emission_475nm(:, j) = find(I_475(:,j)==max(I_475(270:340,j)));
33 I_405scaled(:, j) = (I_405(:,j))./(I_405(Peak_405nm(j),j));
34 I_475scaled(:, j) = (I_475(:,j))./(I_475(Peak_475nm(j),j));
35 I_525_405(j) = I_405scaled(Peak_emission_405nm(j),j);
36 I_525_475(j) = I_475scaled(Peak_emission_475nm(j),j);
37 Ratio_405_475(j) = (I_525_475(j))/(I_525_405(j))
38 end
39 % Create Structure with all information
40 field1 = 'pH';
41 field2 = 'IntensitiesMeasured';
42 field3 = 'Intensities405nm';
43 field4 = 'Intensities475nm';
44 field5 = 'Intensities405nmScaled';
45 field6 = 'Intensities475nmScaled';
46 field7 = 'Intensity525_405';
47 field8 = 'Intensity525_475';
48 field9 = 'Ratio525_405_475';
49
50 S = struct(field1,pH,field2,I,field3,I_405,field4,I_475,field5,I_405scaled,field6,I_475scaled,field7,I_525_405,field8,I_525_475,field9,...

Ratio_405_475)
51
52 figure
53 t = tiledlayout(2,length(pH),'TileSpacing','compact');
54 for l = 1:length(pH)
55 nexttile
56 plot(wavelengths,I_405(:,l))
57 title(names50mM{l})
58 nexttile(l+length(pH))
59 plot(wavelengths,I_475(:,l))
60 title(names50mM{l})
61 end
62 figure
63 t = tiledlayout(2,length(pH),'TileSpacing','compact');
64 for l = 1:length(pH)
65 nexttile
66 plot(wavelengths,I_405scaled(:,l))
67 title(names50mM{l})
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68 nexttile(l+length(pH))
69 plot(wavelengths,I_475scaled(:,l))
70 title(names50mM{l})
71 end
72 figure(3)
73 t = tiledlayout('flow')
74 nexttile
75 plot(pH,Ratio_405_475,'DisplayName','Ratio 405/475')
76 hold on
77 plot(pH,I_525_405,'DisplayName','Scaled Intensity 405nm')
78 plot(pH,I_525_475,'DisplayName','Scaled Intensity 475nm')
79 legend
80 title('Intensity Ratio at 525nm_{475/405nm}')

Listing A.19: Matlab function for opening the reponse time data of the proof of concept sensor
1 function [S]= dualwavelengthTime(path, tablename)
2 %% Time
3 paths = string({[path tablename '.xlsx']});
4 T = readtable(paths);
5 A = table2array(T);
6 wavelengths = A(3:end,1);
7 Time = A(2,2:2:end);
8 realtime = datetime(Time,'ConvertFrom','excel');
9 realtime.Format = 'HH.mm.ss';
10 realtime = seconds(realtimerealtime(1));
11 I = A(3:end,1:end);
12 wl405 = 90; %90 is 400 98 is 405nm
13 wl475 = 218; %218 is 475 nm
14 wl525 = 304; %304 is 525nm 288 is 515 nm
15
16 names50mM = num2cell(zeros(1,length(realtime)));
17 for i = 1:length(realtime)
18 names50mM{i} = (realtime(i));
19 end
20
21 I_405 = zeros(length(I),length(realtime));
22 I_475 = zeros(length(I),length(realtime));
23 I_525_405 = zeros(1,length(realtime));
24 I_525_475 = zeros(1,length(realtime));
25 Ratio_405_475 = zeros(1,length(realtime));
26 I_405scaled = zeros(length(I),length(realtime));
27 I_475scaled = zeros(length(I),length(realtime));
28 for k=2:2:length(I(1,:))
29 j= k/2;
30 I_405(:, j) = I(:,k);
31 I_475(:, j) = I(:,k+1);
32 Peak_405nm(:, j) = find(I_405(:,j)==max(I_405(60:120,j)));
33 Peak_475nm(:, j) = find(I_475(:,j)==max(I_475(201:235,j)));
34 Peak_emission_405nm(:, j) = find(I_405(:,j)==max(I_405(270:340,j)));
35 Peak_emission_475nm(:, j) = find(I_475(:,j)==max(I_475(270:340,j)));
36 I_405scaled(:, j) = (I_405(:,j))./(I_405(Peak_405nm(j),j));
37 I_475scaled(:, j) = (I_475(:,j))./(I_475(Peak_475nm(j),j));
38 I_525_405(j) = I_405scaled(Peak_emission_405nm(j),j);
39 I_525_475(j) = I_475scaled(Peak_emission_475nm(j),j);
40 Ratio_405_475(j) = (I_525_475(j))/(I_525_405(j));
41 end
42 % Create Structure with all information
43 field1 = 'Time';
44 field2 = 'IntensitiesMeasured';
45 field3 = 'Intensities405nm';
46 field4 = 'Intensities475nm';
47 field5 = 'Intensities405nmScaled';
48 field6 = 'Intensities475nmScaled';
49 field7 = 'Intensity525_405';
50 field8 = 'Intensity525_475';
51 field9 = 'Ratio525_405_475';
52
53 S = struct(field1,realtime,field2,I,field3,I_405,field4,I_475,field5,I_405scaled,field6,I_475scaled,field7,I_525_405,field8,I_525_475,field9...

,Ratio_405_475)
54
55 nexttile
56 plot(realtime,Ratio_405_475,'DisplayName','Ratio 405/475')
57 hold on
58 %plot(realtime,I_525_405,'DisplayName','Scaled Intensity 405nm')
59 %plot(realtime,I_525_475,'DisplayName','Scaled Intensity 475nm')
60 hAx=gca; % get the axes handle
61 hAx.XTickLabel=hAx.XTickLabel; % overwrite the existing tick labels with present values
62 legend
63 xlabel('Seconds [s]')
64 ylabel('Ratio Emission 405/475')
65 title('Transition Time 100mM ')
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ABSTRACT

Background: Myocardial ischaemia induced by cardioplegia is the most prominent risk
during open-heart surgery. To achieve adequate protection of the cardiomyocytes during
surgery, the cardioplegia must arrive at all the cardiomyocytes. Local obstruction can
lead to regional ischaemia. Different methods can monitor parameters related to this
ischaemia. The goal of the literature review is to lay the groundwork for developing a
sensor which can help the physician with monitoring the condition of the heart during
cardiac surgery.
Methods: A search method was performed to find literature that developed feasible
methods to monitor this local ischaemia. First, the different parameters related to the
ischaemia of the cardiomyocytes are discussed. Followed by the selection of a type of
sensor on which the literature will focus. The existing literature was reviewed on optical
methods which can detect pH and lactate in the physiological range.
Results: After analysing 1,050 articles, thirty-seven different methods were assessed
on their feasibility to monitor ischaemia. Seven articles found were designed to mea-
sure lactate levels.Thirteen articles are absorption-based optical sensors, fourteen are
fluorescent-based sensors, and five are sensors based on the reflection.
Conclusion: There are many different techniques to monitor the physical parameters.
All these techniques have different (dis)advantages which can be significant depending
on your requirements. The fluorescent pH sensors show the most potential to be used
as an ischaemia sensor for the heart. While the manufacturability of the sensors will be
the biggest obstacle for future work

Keywords Ischaemia, Optical, Sensing, Fluorescence, Monitoring

146 A. Appendixes

A.19. Literature Review



Contents
1 Introduction 1

I Background 3

2 Myocardial Ischaemia 4
2.1 Parameter related to myocardial ischaemia. . . . . . . . . . . . . . . . . . . . . . . . . . 4
2.2 Metabolism of the cell . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 4

2.2.1 Normal metabolism. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 4
2.2.2 Metabolism during ischaemia . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 5
2.2.3 Early parameters of myocardial ischaemia . . . . . . . . . . . . . . . . . . . . . . 6

2.3 Cardioplegia and Cardioplegia induced Cardiac Arrest. . . . . . . . . . . . . . . . . . . . 7
2.4 Selection of parameters . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 8

3 Type of Technologies 9
3.1 Sensing ischaemia . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 9
3.2 Sensors and Transducers . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 9

3.2.1 Types of sensors used in biomedical sensors. . . . . . . . . . . . . . . . . . . . . 10
3.2.2 Selection of sensor . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 11

3.3 Optical Sensor . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 11
3.3.1 Light interaction. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 11
3.3.2 Measuring of light. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 13
3.3.3 Optical sensing platforms . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 15
3.3.4 Materials used in optical sensors . . . . . . . . . . . . . . . . . . . . . . . . . . . 16

II Literature study 17

4 Literature search 18
4.1 Finding the best optical ischaemia sensor . . . . . . . . . . . . . . . . . . . . . . . . . . 18
4.2 Method of literature search. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 18

4.2.1 Identifying gaps in the current literature . . . . . . . . . . . . . . . . . . . . . . . . 18
4.2.2 Search strategy . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 19
4.2.3 Selection criteria . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 19

4.3 Results of Literature Search . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 20
4.3.1 Outcome of the literature scan . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 20
4.3.2 Optical lactate sensors . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 20
4.3.3 Absorption based sensor. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 23
4.3.4 Fluorescent based sensors . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 25
4.3.5 Reflection based sensor . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 28

4.4 Discussion of the literature . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 29
4.4.1 Search for a potential sensor . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 29
4.4.2 Lactate based ischaemia sensor . . . . . . . . . . . . . . . . . . . . . . . . . . . 30
4.4.3 Absorption based ischaemia sensor. . . . . . . . . . . . . . . . . . . . . . . . . . 30
4.4.4 Fluorescent based ischaemia sensor . . . . . . . . . . . . . . . . . . . . . . . . . 30
4.4.5 Reflection based ischaemia sensor . . . . . . . . . . . . . . . . . . . . . . . . . . 31
4.4.6 Possible sensor. . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 31
4.4.7 Limitations of study . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 33
4.4.8 Recommendation for further work . . . . . . . . . . . . . . . . . . . . . . . . . . . 34

4.5 Conclusion . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 34

A Relation PtCO2, pH and lactate with decreased bloodflow 35

Bibliography 36

ii

A.19. Literature Review 147



1 Introduction
Cardiac surgery is the field of medicine involved in the surgical treatment of the heart. With a variety
of procedures, surgeons can treat acquired cardiovascular diseases and congenital malformations of
the coronary arteries and/or heart valves. Although there are some exceptions (i.e. off-pump bypass
surgery), the heart is usually arrested to enable surgeons to operate [100]. Before the heart can be
arrested during such an operation, a heart-lung machine is first connected to the major blood vessels
of the patient. This machine takes over the function of the heart and lungs during cardiac arrest; blood
is drained from the vena cava/right atrium, oxygenated and then returned to the aorta. After connecting
the heart-lung machine, the aorta is clamped, and cardioplegia is injected into the coronary artery to
induce cardiac arrest [75].

Cardioplegia is the universal term used for pharmacological solutions that are administered during
cardiac surgery to arrest the heart temporarily [28]. While there are many different types of cardiople-
gia solutions, they are all primarily based on potassium chloride (KCl). KCl prevents repolarisation in
the cardiomyocyte. The resulting diastolic cardiac arrest reduces the metabolism of the cardiomyocyte,
preserving it without blood supply. Cardioplegia can reduce the oxygen demand by ten-fold; in combi-
nation with lowering the temperature, this can be even twenty-fold [13].

The standard method to administer cardioplegia is through antegrade perfusion in the aortic root or
the ostia of the coronary arteries for around two minutes. This process must be repeated multiple times
throughout the procedure. This is when electrical activity begins to appear again due to diffusion of
the cardioplegia and washout of its components along with products of anaerobic cellular metabolism.
Although the quantity of the administered cardioplegia solution can be measured at its entry point, the
exact distribution of cardioplegia through the coronary system is unknown. To achieve adequate protec-
tion of the cardiomyocytes during the procedure, the cardioplegia must arrive at all the cardiomyocytes.
However, occlusion or stenosis of a distal coronary artery may obstruct the distribution of cardioplegia,
resulting in regional ischaemia. This narrowing can be the result of pre-existing conditions as coronary
artery disease or left ventricular hypertrophy, but also iatrogenic complications (i.e. misplaced sutures,
loose calcification’s).

Ischaemia occurs as a consequence of an imbalance between oxygen supply and oxygen demand
[110]. Local ischaemia will lead to myocardial damage. Myocardial damage is one of the most common
causes of morbidity and mortality after heart surgery. These reasons are why the field of cardiac surgery
is continuously looking for improvements of techniques to better preserve the cardiomyocytes during
open-heart surgery [39]. As a result of that, there is no blood flow, normal parameters that are used
to detect ischaemia are not applicable. These parameters include proteins like Troponin and Creatine
Kinase MB (CK-MB) or mechanical such as cardiac output [38]. The absence of tools or parameters to
monitor the myocard during cardiac arrest makes the administration of cardioplegia a black box. Only
when the heart starts beating again, clinicians become aware whether cardioplegia was distributed
well enough to preserve the myocard. By then, the process of ischaemia is irreversible and myocardial
function is lost.

Perioperative myocardial infarction (MI) is one of the most severe complications following cardiac
surgery, especially coronary artery bypass graft (CABG) surgery with a reported incidence of around
5% [36, 55]. In-hospital mortality rates are around 12%-40% after perioperative myocardial ischaemia
[112]. After a CABG, the 30-day mortality is five times higher for patients with myocardial infarction than
without [99]. In the Netherlands, around 13.000 patient received open-heart surgery in 2018 of which
6835 CABG’s. Around 340 CABG patients are experiencing adverse effects from their heart surgery
in the form of myocardial ischaemia. This number does not include patients who have aortic valve re-
placements, which are related to an even higher incidence of myocardial ischaemia after surgery. In
some cases, this can be around 29% of patients [69].In the USA, around 224,000 open-heart surgeries
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2 1. Introduction

were performed in 2016 [35]. This shows the scale of patients who are at risk. Next to the short-term
effects, myocardial ischaemia is associated with an increased risk of progressive heart failure in the
years following the operation [80]. An additional downside of myocardial ischaemia is that it uses valu-
able healthcare resources and has a high economic impact [68]. The cost of a CABG in the USA can go
up to $ 151,886 (average $75,345), while in the Netherlands this is around $ 15,742 [3]. These num-
bers show the relevance of ischaemia monitoring during cardiac surgery. When clinicians would be
able to detect the ischaemic response of the cardiomyocyte during cardiac arrest, this would improve
outcomes, bypass time and costs through detection of (regional) ischaemia at a reversible stage and
through tailor-made administration of cardioplegia.

The goal of the literature review is to lay the groundwork for developing a sensor which can help the
physician with monitoring the condition of the heart during cardiac surgery. This groundwork consists
of multiple parts. First of all, background information is needed to understand what is happening to a
heart during cardioplegia induced cardiac arrest. It is essential to understand the normal metabolism of
the cardiomyocyte, myocardial ischaemia and parameters which can be detected during cardioplegia
induced cardiac arrest. Selecting interesting parameters is not sufficient; it is needed that the rela-
tions of these parameters with cardioplegia are fully understood. Secondly, background information
is needed about the sensing of biomedical parameters. What are the types of sensors being used in
biomedical applications and which sensor has the most potential to monitor the parameters related to
myocardial ischaemia? There is no golden standard in monitoring myocardial ischaemia. Therefore,
different potential types of sensing platforms and materials should be investigated before comparing
different sensors discussed in the literature.

Positioning this literature review in comparison to recent literature it is combining the latest techniques
found with a different focus than other reviews. Thanks to this approach, multiple different techniques
are evaluated, and the (dis)advantages can be well compared. This literature review differs from global
trends in reviewing the literature. Most reviews are getting more andmore specialised as more research
in converging to specialisation. Therefore, most literature reviews are focused on one type of material,
one type of measuring, one type of transducing, one type of phenomena or one type of tissue. While
this makes perfect sense, this review indicates that there is also a need for overarching reviews that
merge different fields of research for a larger purpose.

To prevent this literature review from becoming too broad, several choices have been made in the
background information to narrow the scope of this literature review. These decisions impact the ap-
proach of the literature search to find potential ischaemia sensors. This literature review will give an
overview of all kinds of different type of sensors which can be used to measure parameters related
to ischaemia. Before this overview is made, the current literature reviews regarding this subject will
be discussed. This will be important because sufficient articles describe parts which can be relevant
for ischaemia monitoring, but there are no reviews found which compares the different types of sens-
ing mechanisms related to ischaemia. To make sure this literature review gives the insight needed to
develop a sensor capable of ischaemia monitoring, this review tries to answer the following research
question:

What are feasible methods to detect myocardial ischaemia during a cardioplegia-induced arrest?
To answer this research question, it is divided into the following three sub-questions.
Which physical parameters are related to myocardial ischaemia during a cardioplegia-induced arrest?

Which types of technologies are capable of measuring these parameters during a
cardioplegia-induced arrest?

What is the best technique of the chosen technology that can be used to measure the parameters
during a cardioplegia-induced arrest?

First of all, background information is needed. This will be in the first part of the literature review. Chapter
2 will revolve around answering the first subquestion. The second subquestion will be the focus of
Chapter 3. The second part of this literature review is the main focus of this review and will be centred
around answering the third subquestion. In Chapter 4, a systematic literature search is described to
compare all different types of sensors. In total, thirty-seven different types of sensing mechanism will
be evaluated, and in the discussion, the main potential sensors will be elaborated.
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2 Myocardial Ischaemia
2.1. Parameter related to myocardial ischaemia
In this chapter, the processes and parameters related to myocardial ischaemia are specified. Further-
more, cardioplegia and the cardioplegia induced cardiac arrest are described, and a decision is made
on which parameters the literature review will focus. This chapter will focus on the first subquestion of
this literature review:

A: Which physical parameters are related to myocardial ischaemia during a cardioplegia-induced
arrest?

This question will be answered by first explaining the metabolism of the cardiomyocyte during normal
condition. This metabolism will be compared with the metabolism during ischaemia. Afterwards, the
first parameters indicating myocardial ischaemia will be described. Subsequently, a short description
of cardioplegia and cardioplegia induced cardiac arrest will be given. At last, the parameters on which
the continuation of this research will be conducted are chosen.

2.2. Metabolism of the cell
2.2.1. Normal metabolism
A cardiomyocyte is a heart muscle cell. It is different from a normal cell because it has multiple mito-
chondria. These mitochondria are important for the production of Adenosine triphosphate (ATP). ATP is
the organic compound that is used for intracellular energy transfer. ATP provides energy and is used in
almost all forms of life [66, 109]. The energy (ATP) demand of the cardiomyocyte is determined by the
contractile state, the heart rate, the cardiac output, the sympathetic/parasympathetic balance, and the
temperature. In normal conditions, 95% of all the ATP is produced by oxidative phosphorylation in the
mitochondria [110, 127]. As illustrated in Figure 2.1 ATP is formed from ADP+P by using oxygen to

Figure 2.1: Linkages between cardiac power, ATP hydrolysis, oxidative phosphorylation, and NADH generation by dehydroge-
nase in metabolism. Reprinted from Stanley et al. [109]

transfer an electron from NADH. This transfer produces water (H O) as a by-product. The hydrogen is
added to NAD by the dehydrogenation of carbon fuels in themitochondria. These carbon fuels are fatty
acids, glucose and lactate. In Figure 2.2, the pathways of cardiomyocyte metabolism are illustrated.
This figure shows that Acetyl-CoA is needed to produce NADH in the mitochondria. The distribution
between Acetyl-CoA formed by fatty acids and pyruvate is between 90:10% and 60:40%. The distri-
bution of glucose and lactate contributing to pyruvate is approximately equal [109]. When the heart
is functioning normally, it uses more lactate than it produces. So the cardiomyocyte absorbs lactate
from the blood. The concentration of lactate in the cardiomyocyte will increase when the (anaerobic)
glycolysis is producing more pyruvate than is being oxidated by the pyruvate dehydrogenase (PDH).

4
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Figure 2.2: The pathways and regulatory points of myocardial substrate metabolism. Reprinted from Stanley et al. [109]

2.2.2. Metabolism during ischaemia
Ischaemia occurs as a consequence of an imbalance between oxygen supply and oxygen demand
[110]. Ischaemia is besides an insufficient oxygen supply also associated with reduced availability of
nutrients and the inadequate removal of metabolic waste products [110]. During ischaemia, the effects
of oxygen deprivation cannot be separated from the effects of accumulating waste products. When
the mitochondria of the cardiomyocyte cannot produce enough energy, because of a lack of oxygen, it
switches to anaerobic glycolysis to produce energy. However, anaerobic glycolysis is less efficient than
the aerobic process. The anaerobic produces only two ATP per glucose, while the optimised aerobic
respiration produces thirty-two ATP per glucose. The anaerobic glycolysis only produces 6% of what
the aerobic process can produce [77]. This change of metabolism causes a negative energy balance in
the cardiomyocyte, and thus anaerobic glycolysis uses high energy reserves. Besides the use of these
reserves, it also causes an increase in lactic acid, which will immediately break down into lactate and
hydrogen atoms because of the pH level in the cardiomyocyte [98]. The increase of the acid in the car-
diomyocyte causes the pH to drop. Figure 2.3 illustrates how the cardiomyocyte tries to compensate for
this drop of pH by exchanging H for Na . This increase of Na in the cardiomyocyte is compensated
by the exchanging it for Ca . This increase of Ca damages the membrane of the mitochondrion
and reduces the contractility of the cardiomyocyte [127]. After 1 minute of full ischaemia there, is al-
most no contractility of the cardiomyocyte left [110]. After reperfusion of the heart, this damage can

Figure 2.3: Changes in the cardiomyocyte during ischaemia and reperfusion. Reprinted from Xia et al. [127]

be further worsened [110]. This is because when the heart is suddenly reperfused with oxygenated
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6 2. Myocardial Ischaemia

blood, the cardiomyocytes are exposed to extremes. This sudden change has a significant effect on
the processes in the cell. Figure 2.3 shows that the Na /H pumps are inhibited, and the pH in the car-
diomyocyte increases. Around 25%-45% of patients who die after CABG have histological evidence of
the ischaemia/reperfusion injury [119]. When the condition of the heart is better monitored on ischaemia
symptoms, the degree of the injury caused by the reperfusion can be decreased. Myocardial damage
is one of the most common causes of morbidity and mortality after heart surgery [39]. The numbers of
patients with myocardial damage after cardiac surgery can vary between 2-10% after CABG [119] and
29 % of AVR [69].

2.2.3. Early parameters of myocardial ischaemia
The simplified metabolism overviews of figure 2.1 & 2.2 and the ischaemic processes illustrated in
figure 2.3 give a few interesting parameters to look into. These parameters will be discussed and the
most promising parameters will be chosen to be further investigated in the second part of the literature
study.

Lactate
First of all lactate, when the cardiomyocyte changes from aerobic process to an anaerobic process,
the metabolism of lactate changes. Lactate originates from the breakdown of lactic acid in lactate and
a hydrogen ion, see equation 2.1

CH CH(OH)COOH (𝑎𝑞) ⇌ CH CH(OH)CO (𝑎𝑞) + H (𝑎𝑞) (2.1)
Lactic acid Lactate Hydrogen Ion

As described in section 2.2.2, the cardiomyocyte uses lactate from outside of the cell to produce ATP
during normal conditions. However, during the anaerobic process more lactate is being produced than
used [108]. This is called hyperlactatemia [67], and it causes an increase of lactate in the cell. This
increase of lactate causes a drop of pH in the cell because of the acidity of lactate [67]. When the cell
pH drops below 7.35, and the lactate levels are higher than 5mmol/L, it is called lactic acidosis [113].
Another marker of lactic acidosis is a bicarbonate level of lower than 20 mmol/L in blood. Bicarbonate
(HCO ) levels can be measured in the blood because it is a buffer of CO and pH [122]. There are
two different types of lactic acidosis. Type A is caused by impairment of tissue oxygenation, hypoper-
fusion, hypoxia while type B is caused by toxin-induced impairment of the cellular metabolism [78]. In
this review, the focus will be on the type A lactic acidosis. The disadvantage of the acidosis is that it
stimulates cell apoptosis (cell death) when a cell is hypoxic. Lactate is not a physical parameter which
is easy to measure [96]. Most lactate sensors that are being developed to measure lactate, measure
lactate in sweat and tear fluid [48].

pH
The acidity of a cell is described by the measured pH. pH indicates the concentration of hydrogen ions
in a solution inversely. It is the negative base 10 logarithm of the molar concentration of hydrogen ions.
A pH of 7 is neutral at a temperature of 25°C. A pH of lower than 7 indicates acidity and greater than
7 indicate a basic solution. The pH of blood usually is between 7.34–7.45, while the cytosol of the cell
usually has a pH of 7.2. Intracellular pH (pHi) is vital in the intracellular processes and for the membrane
transport. The pH is lower intracellular than extracellular because there are fewer bicarbonates in the
cell [116]. Cells use CO and HCO and phosphate buffers (H PO– and HPO –) to keep the pHi at an
optimal level [27]. Figure 2.3 shows the role of pH during ischemia. The increase of the H activates the
Na /H ion exchangers. This causes problems with the contraction capabilities of the cell, as described
in 2.2.2. The body is continuously working to keep the pH level constant. Therefore, the interaction
between the cell and the blood is essential. During ischaemia red blood cell in the intravascular space
are used to accept protons. This can partially delay the decrease of the pHi and results in that the
intracellular acidification is less compared with the extracellular pH [129]. This protects the cell against
hypoxic, ischaemic and toxic injuries [70]. El Banani et al. [42] show that the drop of pHi immediately
starts after ischaemia occurs. Both the drop of extracellular pH and intracellular pH have the potential
to be a parameter which can be measured. In 1985 [64] showed the potential of measuring pH during
cardiac surgery and Khabbaz et al. [63] proved that it was possible to measure the drop in pH caused
by occlusion during surgery. In this study, three Khuri sensors were placed on the heart to monitor the
pH level during cardioplegia. They showed a clear drop of pH of the posterior tissue in comparison with
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the anterior tissue. This indicates that there was a problem with the cardioplegia. This study showed
that pH has a high potential to monitor the ischaemia in the heart.

Figure 2.4: Pearson correlation revealed a significant correlation between myocardial PtCO2 and tissue lactate (B) and tissue pH
(C). Single values displayed as baseline (squares), blood flow 75% (open triangles), 50% (filled triangles), and 25% (diamonds).
Reprinted from Pischke et al. [88]

PCO
PCO stands for the partial pressure of carbon dioxide (CO ). Protons formed by the increase of lactate
during anaerobic metabolism will react with HCO to form water and CO (see equation 2.2). Because
there is no blood flow, the CO will not be transported away and will accumulate in the cell. Pischke
et al. [88] showed in their research that there is a correlation between the tissue CO (P CO ) and the
tissue lactate and tissue pH. This can be seen in Figure 2.4. In Figure A.1 in Appendix A, the reaction
of the pH, P CO and P O on a decreased blood flow is illustrated. Walters et al. [121] showed that it
is possible to calculate PCO from measured pH in a cardiomyocyte and vice versa. Tønnessen [116]
started investigating in 1997 the possibilities of detecting PCO as ischaemia detection, which led to
the creation of the sensor tested by Pischke et al. [88]. This creation shows the potential of using CO
to measure myocardial ischaemia.

HCO (𝑎𝑞) + H (𝑎𝑞) ⇌ H CO (𝑎𝑞) ⇌ CO (𝑎𝑞) + H O (𝑙) (2.2)
O
Oxygen is needed for the metabolism of the cardiomyocyte. StO stands for the oxygen saturation of
muscle tissue. During cardioplegia, the oxygen consumption of the cardiac cells can reduce up to 97%
[50]. This means there is still a residual uptake of oxygen in the cell. This is slowly decreasing the
oxygen level around the cardiomyocyte. Putnam et al. [92] showed that the StO could detect regional
changes before the change in lactate levels during CPB. On average, the lowest StO was recorded
90 minutes before the highest lactate peak. Tissue oxygen saturation has the potential to be measured
real-time, which makes it an interesting parameter. Most of the development of oxygen sensors are skin
sensors. These type of sensors measure the oxygenation of a muscle or tissue by using Near Infra-
Red and the absorption difference between oxygenated and deoxygenated blood cell. These type of
sensors are getting more advanced such as the Humon Hex [7] or Moxy Monitor [10].

2.3. Cardioplegia and Cardioplegia induced Cardiac Arrest
As stated in the problem description in the introduction, cardioplegia is a common term used for phar-
macological solutions. With cardioplegia, the heart can be arrested temporally. Dr Melrose was the
first to discover that a high level of potassium citrate (K C H O ) causes a temporal cardiac arrest
[28]. A normal cardiomyocyte has a resting membrane potential of -85mV. The influx of sodium (Na )
leads to depolarisation of the membrane potential causing the cardiomyocyte to contract. The goal of
cardioplegia is to target voltage-gated channels. The presence of potassium reduces the membrane
potential making sure that the cardiomyocyte will not repolarise again. The resting potential is around
-50mV when the voltage-gated channel will close, and the heart will go into a diastolic cardiac arrest.
[20]. Figure 2.5 gives an overview of the influence of potassium on the membrane potential and the
various channels. There are many different types of cardioplegia; there is no clear consensus on what
is the best practice. Many similarities are found between different solutions [20]. All solutions have
high levels of potassium chloride (KCl) (15-35mEq/L) and other electrolytes such as Mg , Ca , Cl ,
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Figure 2.5: A schematic of the effect of hyperkalemia and prolonged myocardial membrane depolarization on Na entry through
the ”window current” and the net influx of Ca into the cardiomyocyte via the reversal of the Na /Ca exchanger. Reprinted
from Dobson et al. [37]

Na and Bicarbonates are added just before administration [28]. Cardioplegia can be administrated in
a single dose or with multiple doses. Single is more used in minimally invasive cardiac surgery and ba-
sic CABG because it reduces time and interruptions during the procedure. However, in more complex
surgery, the multiple-dose cardioplegia achieves better myocardial protection [28]. The use of elec-
trolytes in cardioplegia can interfere with measurements if the sensor would be based on measuring
the electrolyte concentration in and around a cell. That is why the focus of this research will be on the
physical parameters and not on electrolytes concentrations.

2.4. Selection of parameters
All four parameters discussed in 2.2.3 are interconnected with each other. A decrease of O causes
an increase of the lactate in the cell. This increase of lactate causes a decrease of pH as well the
increase of CO . The goal of this sensor is to measure cardiomyocyte ischaemia, mainly the lack of
oxygen in the cardiomyocyte. Lactate has a direct influence on pH because lactic acid disintegrates
in lactate and a hydrogen ion (H ) (eq. 2.1). However, pH is not only dependent on lactate. pH has
multiple buffers (phosphate and bicarbonates) in the cell which try to keep the cellular environment at
the same concentration. An increase of CO also influences the pH (eq. 2.2). PCO is measured in
blood because it diffuses out of the cell into the bloodstream. At last, the O saturation can be measured
in the tissue, but it says less about the acidosis inside of the cell.

Parameter Advantages Disadvantages Depended on Used to measure
ischaemia

Lacate Direct product of anaerobic glycolysis Enzyme needed to measure lactate pH only in sport
Payne et al. [85]

pH Direct information about acidity in the cell Buffer system in cell try to keep pH steady
Lactate
Various buffers
(CO ,phosphate)

Khuri and Marston [64]
Khabbaz et al. [63]

PCO Measures the pH and the accumulation of CO Influenced by the buffer system of pH pH Pischke et al. [88]

O Oxygen is used by the cell and a decrease
indicates a cell using to much oxygen

Only partial pressure or oxygen in
haemoglobin can be measured easily Oxygen uptake cell Nichols et al. [81]

Table 2.1: Comparison of different parameters with the (dis)advantages of measuring them to monitor myocardial ischaemia

The (dis)advantages of the parameters are shown in table 2.1 and show performed studies to measure
the ischaemia of tissue. Focusing on all four parameters will make this review long and exhaustive.
Therefore a decision is made to focus on only two of the four parameters. These parameters are pH
and Lactate. Although lactate is challenging to measure, lactate is chosen because it is the direct
product of the ischaemia. pH is chosen as the second parameter because multiple studies show the
direct correlation between pH and lactate [76, 88, 120] and Khabbaz et al. [63] already showed the
capability to monitor ischaemia in the heart with pH. Therefore the second subquestions will focus on
the different types of sensors which can detect lactate and pH.
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3 Type of Technologies
3.1. Sensing ischaemia
In this chapter, an introduction on sensors is given, and it will review different types of sensors used in
the biomedical world. After this, a selection is made on which type of sensor this literature review will
focus on. More information will be given on this type of sensing and techniques used to read-out the
information. This chapter will finish with an elaboration on which type of sensing platforms andmaterials
are used. The goal of this chapter is to answer the second subquestion:

B: Which types of technologies are capable of measuring these parameters during a
cardioplegia-induced arrest?

In Chapter 2, these parameters were discussed, and eventually, pH and lactate were chosen as the
parameter on which this literature review will focus. That is why the research question can be restated
as:
B: Which types of technologies are capable of measuring pH or lactate during a cardioplegia-induced

arrest?

To answer this question, it is essential to look at the concepts and types related to measuring biomedical
signals.

3.2. Sensors and Transducers
A sensor is described as; a device that responds to a physical stimulus (such as heat, light, sound,
pressure, magnetism, or a particular motion) and transmits a resulting impulse (as for measurement
or operating a control) by Merriam and Webster Dictionary [11]. Yeow [130] states that ” biomedical
sensors are a subset of specialised sensors responsible for sensing physiological or biological mea-
surands.” Most biomedical sensors measure a physical property which they translate in a property
which can be used in diagnostics or therapeutics. Figure 3.1 illustrates that to extract the information
from the body a transducer is needed. This part converts the output of the body to a signal which can
be handled and quantified. When a transducer is not working correctly, the information will be useless
[118]. The second part of a sensor is the instrumentation. This is where the measurement is controlled.
The output of the instrumentation will be processed into a signal which can be used and read. The
definitions of sensors and transducers are often used interchangeably. Although the definitions are
not the same, this literature review will use the term sensor in the continuation of this review. This is
done because there is no agreement on the use of these terms in the literature. For the reason that
the designation of these definitions makes little difference to the review, sensor will be used to avoid
confusion.

Figure 3.1: Information flow from the body to the monitor provided by the biomedical sensor. As found in Tronstad [118]

Two other definitions that are often used interchangeably; ”biosensor” and ”biomedical sensor”. This is
wrong because a biosensor is a type of biomedical sensor. It is a type of sensor which senses biological
signals like enzyme, antigen, antibody, hormone, DNA, RNA and microbes. While a biomedical sensor
is the umbrella term for all the sensors used in the biomedical field [137]. For this literature review, the
focus will be on the biomedical sensor. The goal is to create an overview of all the sensor which are
capable of measuring the parameters described in 2.2.3 and are capable of in-vivo measurements

9
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3.2.1. Types of sensors used in biomedical sensors
There are different methods of classifying biomedical sensors. It is possible to categorise all the biomed-
ical sensors in physical or chemical sensors [137]. Physical sensors can be split up into electrodes,
measuring electrical changes or optrodes, where light is used as measurand. The chemical sensors
include electrochemical, biosensors and chemiluminescence. This classification is not optimally for this
research, because physical sensing can be more than only electrical of optical. Therefore, in this re-
view, the classification as described by Shavanova et al. [104] Sharma and Khurana [102], Hajian et al.
[53] and Singh et al. [106] will be combined into the following classification in figure 3.2.

Figure 3.2: Classification of Biomedical sensor developed for this literature review by combining classifications of Shavanova
et al. [104], Sharma and Khurana [102], Hajian et al. [53] Singh et al. [106]

Electrochemical
Electrochemical sensors are biosensors that make use of the electrical charge which is made by chem-
ical reaction with the biological element. This reaction comes from a chemically selective layer which is
called the recognition element [24]. Most electrochemical sensors are based on the potentiometric and
amperometric principle. Potentiometric sensors measure the electrical potential with a high impedance
meter and do not need an external source. Potentiometric sensors always need a reference electrode
to measure the potential current [86]. Amperometric also need a reference electrode, but it measures
the current generated by enzymatic of bio-affinity reaction at the surface of the electrode. A constant
working potential is given on the working electrode. A redox reaction is always occurring at amper-
ometric sensors [58]. Voltammetric have a similar working principle but measures the current as the
potential is varied and is less used in the biosensing. Impedimetric sensors are less used, and conduc-
tometric sensors are a subset of impedimetric sensors [9]. Amperometric sensors are most successfully
commercialised devices [104].

Physical
Physical sensors are based on their type of signal. This signal can be from a mechanical sensor which
is measured by a piezoelectric principle. Piezoelectric sensors can be used to measure pressure, accel-
eration, strain or force [97]. Thermal sensor measures, for example, temperature by the thermometric
principle. In thermometric sensing, the heat that occurs when a recognition element interacts with an
enzyme is measured [104]. Other types of physical sensors like magnetic or radiant sensors are not
relevant for this literature review [15].

Optical
Optical sensors are sensors that measure a change of light. This change can come from the absorption,
the reflection or the scattering of the light. Absorption is related to transmission and therefore combined.
The last light principle is luminescence; this is the emission of light of matter after excitation[14]. The

A.19. Literature Review 157



3.3. Optical Sensor 11

differences will be explained in section 3.3.1. Absorption based sensors measure the change in light
by absorption of the tissue or solution [74]. Reflection based sensors measure the change of reflected
light of the tissue or solution. Figure 3.3 shows the differences between the light principles. Section
3.3.1 will further elaborate light interaction with tissue.

3.2.2. Selection of sensor
Table 3.1 shows an overview of the sensors discussed in figure 3.2 with the (dis)advantages per sensor
type. Of course, there are many different types of sensor per measuring principle, but it gives a good
indication of which type of sensors are capable of measuring the pH or lactate of tissue or solutions. It
is clear that the physical sensors are not capable of measuring pH or lactate, and for all the other type
of sensors, there are already sensors made in the research field. Because the electrochemical sensors
are more related to chemistry, can interfere with the oxidation and have lower specificity; this research
will focus on optical sensors. Optical sensors in overall have no problems with electrical interference,
do not need a reference electrode and can have higher information content in the signal. The higher
information content is because the whole optical range can be used and an expensive spectrometer
is used the interpret the signal out of the optical sensor. In section 3.3, an elaboration is given on the
different types of sensors and the light interaction phenomena.

Type of sensor Electrochemical Physical Optical
Measuring
Principle

Amperometric/
Voltametric Potentiometric Impedimetric/

Conductometric Piezoelectric Thermometric Absorbance Reflectance Luminescent

Possible
ischaemia
sensor

Yes Yes Yes No No Yes Yes Yes

Example pH
sensor in
literature

Sha et al. [101] Park et al. [84] Awasthi et al. [22] - - Zajíc [132] Zhao et al. [134] Wencel et al. [124]

Example
lactate sensor
in literature

Payne et al. [85] Onor et al. [83] Zaryanov et al. [133] - - Andrus et al. [21] Sharma et al. [103] Biswas et al. [26]

Advantages

- High selectivity
- Reproducible
- Inexpensive
- On-site
measurement

- Rapid response
- Reproducible
- Simple technique

- No ref. electrode
- Inexpensive
- Miniaturisation

- High sensitivity
- Simple structure
- Reliable

- Wide range
- No external
power needed

- No electric interference
- No reference electrode
- Reagent no contact
with optical fibre
- Multiple measurements
- Higher information

- Fast measurement
- Great ranges
- No dyes needed

- Chemilumi:
simple instrumentation,
low detection limits
wide dynamic range.
- Fluor: high sensitivity
and selectivity.
- Benefiting from
mild hydrogel formation
and sol–gel switching,

Disadvantages - Interference
- Small range

- Unable to detect
lower limit ions

- Sensitivity decreases
by non-reacting ions
- Low specificity

- No truly static
measurements
- Not suitable for pH
and lactate sensing

- Reference
- Not possible
for ph or
lactate

- Costly equitment
- Susceptible to damage
- Difficult modification

- Continuous fibre
- Removal of cladding
- Needs fluid

- Chemiluminesce:
lacks selectivity
- Fluorescence:
photobleaching
- Loss of bio activity

Reference [78] [107] [78] [107] [78] [107] [90] [2]

Table 3.1: Comparison of different types of sensors for their potential to measure pH or Lactate with examples

3.3. Optical Sensor
3.3.1. Light interaction

Figure 3.3: Interaction between light and matter. Different phenomena and their wavelengths. Reprinted from A. et al. [14]

There are several phenomena caused when light and matter interact. Light is defined by 𝜆 and the unit
nm is used for the size of the wavelength. When the light gets reflected, scattered or transmitted, it
keeps the same wavelength as the excitation light has (𝜆1). However, different wavelength (𝜆2) can be
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emitted after absorbed light interacts with electron or molecules. When light hits matter, it can be ab-
sorbed, reflected or transmitted. For example, if light passes through a colour filter, some wavelengths
will be absorbed while others will be transmitted. During absorption, the frequency of the light is around
the energy level of the electrons in the matter. This causes the electrons to absorb the energy of the
wavelength. This absorption causes a change in energy state. When the excitation light exists of mul-
tiple wavelengths, the wavelength corresponding to the energy level of the matter will be absorbed.
Absorbance and transmittance are closely related in transparent matter because in a transparent ma-
terial, there is always transmitted light. In opaque material, there is no transmitted light and therefore no
relation between absorbance and transmittance [14]. In figure 3.4, this difference between absorbance
and reflection is illustrated with the different denominations.

Figure 3.4: Absorption, transmission and reflection performance of the light: (a) in a transparent medium; (b) to face opaque
medium. Reprinted from A. et al. [14]

When analysing light after absorption, a dip is seen in the transmission spectra, and a peak is seen
in the absorption spectra. Absorbance has a logarithmic relationship with transmittance, see equa-
tion 3.1; with an absorbance of 0 corresponding to a transmittance of 100% and an absorbance of 1
corresponding to 10% transmittance.

𝐴 = 𝑙𝑛𝐼𝐼 (3.1)

A is the absorption coefficient, and it is possible to measure the change of intensity to relate this to
the matter. Analysing the spectral distribution of light gives information about the matter the light has
passed through. Reflection is a different light phenomena. In an optical fibre reflectance is the main
factor of the functioning of an optical fibre. The internal reflection is almost 100% in optical fibres, and
this makes it a excellent media to transfer information. If the cladding is removed of a fibre, this can
change the internal reflection. Equation 3.2 shows the formula to calculate the coefficient of reflectance
(𝜌 ). This equation shows a one-to-one relationship between the incident light and the reflected light.

𝜌 = 𝐼
𝐼 (3.2)

Figure 3.3 shows two other light phenomena when matter is excited by light. Scattered light cannot
be used to measure properties of matter because it is random and hard to detect. Scattered light is
mostly seen as noise or loss of information. The last phenomenon is luminescence. This phenomenon
causes a different wavelength to be returned than the excitation light [14]. There are three types of
luminescence: fluorescence, phosphorescence and chemiluminescence. Fluorescence is based on
the absorption of light and emitting a longer wavelength with lower energy. The release of a photon
after an excited electrons falls back to a lower energy state. Phosphorescence can absorb the energy
of a wavelength and store it for a time and release this later as an afterglow. The difference between
fluorescence and phosphorescence are illustrated in figure 3.5. Chemiluminescence is luminescence
caused by a chemical reaction. The chemical reaction causes the electron to get excited, and when
the electron falls back to its ground state, it releases light [12].
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Figure 3.5: Jablonski diagram of fluorescence and phosphorescence processes and their typical rate constants. Reprinted from
Flu [5]

3.3.2. Measuring of light
Pirzada and Altintas [87] did an extensive review of the different types of measuring techniques used
in optical sensors in the field of bio-sensing and are shown in figure 3.6. This section will give a brief
description per type of measuring technique, and the feasibility of in-vivo testing is taken into consider-
ation. Changes in light intensities are measured by photodetectors and the most common instrument
used to detect light intensities is an optical spectrometer. It exists of a wavelength splitter and photode-
tectors. In the early days a prism was used to split the wavelengths. Nowadays, a diffraction grating
and movable slits are used to split the wavelengths.

Figure 3.6: Construction of different optical sensors. Reprinted from Pirzada and Altintas [87]

Refractometers
Refractometers are based on the different refractive index of different materials, the light that goes
through an optical fibre. It is mostly used to analyse samples when the light transfers from air to liquid
the light will slow down and will bend following Snell’s Law. This bending can be measured and related
to the substance of the analyte. This method is not suitable for in vivo testing.

Interferometers
Interferometry measures the difference of interference of light beams. Usually, the light comes from
a single source and is split up into different beams which follow different paths. This path difference
will change the phase of the light. When the beams come together, the phase difference will cause
an intermediate intensity pattern. For example, in biosensors, the interference can be caused by the
difference of two surfaces, a layer on the tip of the sensor, which can bind with a ligand, and an internal
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reference layer. Figure 3.7 shows an example of binding molecules on the tip changes the interference
between the two layers [126]. This difference of interference is visible by a spectrometer or photode-
tector. Interferometry is a suitable method for in vivo testing.

Figure 3.7: This figure shows the working mechanism of biointerferometer. a) layer of immobilised protein on the biosensor tip,
and an internal reference layer result in a specific wavelength intensity. b) when a ligand bind to the surface tip the proper-
ties change and a different interference is observed. c) the difference of wavelength contain information about the measurand.
Modified and Reprinted from Wikipedia [126]

Resonators and Surface Plasmon Resonance
Resonators are techniques which are based on the change of resonance when a molecule bind to
a ligand. The most common type of resonator is the Surface Plasmon Resonator. Another type of
resonator used in biosensing is an optical ring resonator. The optical ring resonators are not suitable for
in vivo sensing on tissue [111]. Surface Plasmon Resonators work by sending light against a metal film.
This metal film is connected to ligands which can connect with biomolecules. The light reflected from
this metal film is measured while the excitation light changes its angle. At a certain resonance angle,
the plasmons resonate with light; this causes a absorption of the light in that angle. This absorption will
develop a dark line in the read-out. SPR can use a spectrometer or a single photodetector, and figure
3.8 shows the working principe of SPR. SPR can be suitable for in vivo testing, but this can be difficult
as there are light angle changes needed for the measurements [25].

Figure 3.8: The excitation of surface plasmons results in a dark line in the reflected beam, and the angular position of the dark
line shifts as a molecule binding event takes place. SPR causes an intensity dip in the reflected light at the sensor surface. A
shift in the curve represents molecular binding. Modified and Reprinted from Biosensin Instruments [25]

Gratings
Gratings are techniques based on the periodic structure that splits and diffracts light into several beams
travelling in different directions. The most common type of grating uses in optical sensing is the fibre
Bragg grating. It is the grating of an optical fibre with periodic variation of the refractive index of the core.
This change of refractiveness generates an optical filter which can be specified for specific wavelengths
[57]. Figure 3.9 shows how the core refractive index changes the spectral response. Gratings can be a
suitable method for measuring in vivo, but it is challenging because of the fabrication method and the
need for a continuous fibre.

Raman Scattering and FTIR
The last type of technique is Raman Scattering or Fourier Transform Infrared spectroscopy. These
types are not taken into consideration by Pirzada and Altintas [87] but still are often used to measure
properties of materials or fluids. The difference between Raman scattering and FTIR is that Raman
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Figure 3.9: A Fiber Bragg Grating structure, with refractive index profile and spectral response. Modified and reprinted from [4]

Scattering is based on the scattering of light while FTIR is based on the absorption of light. The light
used with thesemethods is usually amonochromatic laser. This laser interacts with molecular vibrations
and phonons. It causes a change in the laser energy, and the light is scattered. When measuring the
Raman scattering, a filter is needed to eliminate the stronger Rayleigh scattering. In biosensing, the
Surface Enhanced Raman Scattering is used more often because it can detect single molecules [82].

3.3.3. Optical sensing platforms

Figure 3.10: Schematic representation of different sensor plat-
forms: (A) fiber-optic tip sensor, (B) fiber-optic evanescent field
sensor, (C) planar nonwaveguiding sensor, (D) planar non-
waveguiding sensor particles, and (E) planar waveguide sensor.
Reprinted from Wencel et al. [125]

There are two main types of optical sensors
platform, a planar sensor or an optical fibre
sensor [125]. The planar sensor has some ad-
vantages over the optical fibre; it is more ro-
bust, better compatibility for microfabrication
techniques, better integration with lab-on-a-chip
systems. It is optimal for integrated optical sen-
sor and can be used for multi-analyte sensing.
[125].

An optical fibre gives the possibility to mea-
sure in locations which are otherwise hard
to access. It allows the equipment to be
further away from the tissue or substance.
When the light passes through the fibre, it
only has very low attenuation, and noise
from other sources are reduced [14]. Opti-
cal fibre also allows for combining multiple
fibres for an optical network. In optical fi-
bre sensing, there are two types of sens-
ing. Intrinsic or extrinsic are depended on the
interaction between the measurand and the
light.

An intrinsic sensor measures the changes that happen inside of the optical fibre. The optical fibre
is the sensor itself and measures changes in the characteristics of the fibre such as intensity, phase,
wavelength and transit time [19]. An extrinsic sensor uses the optical fibre to transfer the light to and
from the sensing area. The optical fibre remains unchanged, and the change is outside of the fibre. The
light that is sent in is recollected for the detection [19]. Both intrinsic and extrinsic sensors are capable
of measuring in-vivo.

There are three types of planar sensors. There are two types of nonwaveguiding planar sensors. In
the particle planar nonwaveguiding sensors light is send at particles which interact with the material.
This light interacts with the particle, and a detector measures the response. In the planar nonwaveg-
uiding sensor, a gel matrix is used to trap the particles. In these gel matrices, fluid can interact with the
particles, and a detector can measure the response. It allows for better control of the measurements
and better reproducibility of the sensors. Waveguiding planar sensors work differently, using a medium
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they guide the light through a material which interacts, with the environment and the light. The response
of this interaction is again guided to the detector. This type of sensing gives even more control over the
measurements. Another variation of the waveguiding sensor is a medium which is non-transmissive
in specific concentrations and becomes more transmissive when the environment changes. This in-
crease in transmission can result in more response from the detector. Waveguiding planar sensors
are the most promising for in vivo sensing because of the increased control and trapped particles in
gel-matrix.

3.3.4. Materials used in optical sensors
There are multiple materials used to improve the measurements of optical sensors. It varies from gel
matrices which trap particles or interact with the environment themselves, to particles made to interact
with the environment like fluorophores and dyes. Each type of material will be discussed briefly, and
their advantages will be mentioned. The matrix which interacts with the environment is an essential part
of the in-vivo sensor. A good transfer of information is needed, and no biological reaction is wanted
(bio-inert). So the matrix has to be bio-compatible, accurate and reproducible. Most optical sensors
make use of a gel matrix. Often hydrogels/sol-gels are used. A sol-gel is a gel-like material made from
inorganic substances. A hydrogel is a type of sol-gel. It is a super-absorbent gel made from natural or
synthetic polymers. Up to 99.5%water by volume is retained between the polymer network of the gel [8].

Fluorophores, dyes, probes and quantum dots are all compounds that are used with fluorescent optical
sensing. All these compound emit a higher wavelength light when they are excited by light. These terms
are often used interchangeably, but this is not always correct. Fluorescent dyes can be grouped into or-
ganic dyes, biological fluorophores and quantum dots [6]. Dyes can be absorption or fluorescent-based.
When a dye is fluorescent-based it is a reactive dye. Probes are a substitute term for fluorophores.

Quantum dots are different, they are semiconductor nanoparticles ranging in size from 1nm to 10nm,
and these particles can be used as fluorophores. Quantum dots can have a wide range of optical prop-
erties not present in organic fluorophores. Quantum dots have a brighter emission and a higher signal
to noise ratio compared with organic dyes. However, the toxicity of quantum dots to cells is a significant
issue and therefore not often used for in-vivo sensing [1]
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4 Literature search
4.1. Finding the best optical ischaemia sensor
In the following chapter, the central part of the literature review is discussed. First of all, the method
of the literature search is elaborated. From analysing multiple reviews, a search strategy is shaped
with additional selection criteria. The various designs from this literature search are discussed to give
an overview of all the techniques currently being used. All three different types of optical sensors are
reviewed. Following this, all sensors are assessed on their potential to be an ischaemia sensor dur-
ing a cardioplegia induced arrest. Ultimately, the limitations of this review will be discussed, and a
recommendation for further work will be made. The goal of the literature review is to answer the last
subquestion:

C: What is the most feasible technique of the chosen technology that can be used to measure the
parameters during a cardioplegia-induced arrest?

Chapter 3 describes why this research will focus on optical sensing, while the decision to focus on pH
and lactate is described in Chapter 2. This is why the research subquestion can be reformulated as the
following:

C: What is the most feasible optical sensing technique for measuring pH or lactate during a
cardioplegia-induced arrest?

By answering this last subquestion, the general research question can be answered.

4.2. Method of literature search
4.2.1. Identifying gaps in the current literature
The search for small pH and lactate sensors is not new. The first pH sensor was the glass electrode and
was invented in 1920 by Duncan McInnes and Malcolm Dole [49], and the first pH sensor was tested
in the heart in 1976 [44]. In 1985 a pH sensor developed by dr. Khuri was used during cardiac surgery
[64] as described in 2.2.3. All of these sensors are electrochemical, while this is still the most used
type of biosensors the optical sensors are emerging. In the field of pH and lactate sensing, multiple
reviews have been written. These reviews are the basis on which this review builds, but these reviews
do not cover the full aim of this review. This review will look into the development of metabolic opti-
cal sensors which are capable of measuring the physiological range of the indicators described in 2.2.3.

At first, a literature scan was performed to find all the latest reviews about the subject. Only PubMed
was used for this scan, to focus more on the medical orientated journals instead of the chemistry ori-
entated journals. For this scan the following search term was used: (”pH” OR lactate) AND ( *sensor*
) AND ( *optic* OR *chemical* ) NOT (*drugs* OR glucose). The results were filtered on review, 2010-
2020 and language English. Optic and chemical were added to the search term to include all reviews
about optical sensor and chemical, to make sure that the optical sensors which used chemical parts in
their sensor were included. A decision was made to exclude glucose and drug-based sensors. These
terms resulted in many more results and were determined not to be essential. The search term in Sco-
pus gave 230 results, of which 132 in chemistry journals. The PubMed search resulted in 132 reviews.
These reviews were evaluated, and of these 132, 13 were found useful for the first scan. After evalu-
ating these papers, three more additional reviews were found useful to determine the search strategy.
Alam et al. [18], Pundir et al. [91], Sigaeva et al. [105] gave useful insights into; Point-of-Care, lactate
(bio)sensors and the optical detection of molecules. After thoroughly examining the reviews, the fol-
lowing gaps were identified.

Current reviews:

18
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1. Are focused on pH or Lactate, not ischaemia

2. Are focused on a smaller theme such as the type of technique, in vitro, POC, electrochemical or
nanotechnology

3. Are focused on a broader theme (biosensors, biomedical application)

4. Which are about a fluorescent sensor, are often just about different types of dyes

5. show that the last extensive reviews about optical pH, lactate sensing are from before 2015

Therefore this literature review should focus on sensors which; measure lactate and pH monitoring
within the physiological range, are published in the last ten years (2010-2020), describe optical sensing
through absorption, reflection or fluorescence and are based on an optical fibre or planar sensor.

4.2.2. Search strategy
This review is interested in the potential to measure ischaemia with a sensor. In 2.4 is explained that
the focus of measuring ischaemia will be on pH and Lactate. In 3.2.2 is elucidated why the focus will
be on an optical sensor. Section 4.2.1 identified multiple gaps in existing reviews. To tackle these gaps
and to find the best possible sensor, a search strategy was constructed. This search strategy exists of
multiple parts which are shown in figure 4.1. Although the review scan was only executed in PubMed,
this scan is performed in Scopus. It was done to include all possible sensors which show potential to be
able to measure within the physiological range. The reviews discussed in section 4.2.1 showed more
than enough progress in the development of sensors in the last ten years, so the literature scan only
included articles from 2010-2020.

Figure 4.1: Search terms used in literature search in Scopus

4.2.3. Selection criteria
In section 4.2.1, the focus of the review is described, and in section 4.2.2, this is translated into a search
strategy. However, to compare different articles, a minimum of information is needed. Therefore, the
various articles will be selected on the following criteria.

1. Not a review article

2. Set up described with an optical sensor

3. Sensing lactate or pH

4. Can measure in or around the physiological range of lactate (0-5mM) and pH (6.0-8.0)

5. Has the possibility to measure in-vivo

Articles that meet these requirements will be further elaborated in this study. After this elaboration, each
article will be evaluated on five criteria to assess for the most significant potential. In this evaluation,
the most important criteria are if the sensor is measuring the physiological range and the applicability
for measuring in vivo. It is different from the five selected criteria above, because when a sensor has
the possibility to be used in vivo, this does not mean that is will be easily applicable. The third and
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fourth criteria for the most significant potential will be more specific on the capabilities of the sensor
concerning the resolution/accuracy and the response time for the sensor. The resolution or accuracy
should be below 0.1 for both pH and lactate. The response time should be around 1-2 minutes with
the possibility to be decreased in future work. At last, the manufacturability of the devices is checked.
It is done because the master thesis following this literature review is limited in time and resources.
Therefore a well-considered choice must be made.

4.3. Results of Literature Search
4.3.1. Outcome of the literature scan
A total of thirty-seven studies were identified for inclusion in this review. The search of the SCOPUS
database provided a total of 1,004 articles, while 298 other records were found through other sources
such as PubMed and Google Scholar. After duplicate removal 1,050 records remained eligible for
screening. Succeeding the title abstract screening, 154 full-text articles were assessed for eligibility.
Of these, 129 were articles were excluded for various reasons, which can be found in figure 4.2. In
total, twelve more articles were found through reference checking of the remaining twenty-five articles.
It resulted in thirty-seven articles which are included in this literature review. Seven articles found were
designed to measure lactate levels. Thirteen articles are absorption-based optical sensors, fourteen
are fluorescent-based sensors, and five are sensors based on the reflection. All thirty-seven sensors
will first be described in the following section. This is done because all sensors use a different technique
or a different set-up. The short description also states the most important findings of the study. Here-
after, the sensors will be discussed per type of light phenomena, and the potential of the techniques is
elaborated.

Figure 4.2: Flow diagram of records included in this literature review

4.3.2. Optical lactate sensors
In table 4.1, an overview is given on the lactate sensors found in the literature. Seven different types
of sensors were evaluated, five of them are optical fibres, and two are planar sensors. Most articles
did not describe drift, resolution, shelf live or dry bleaching. Therefore these are not evaluated and
compared. Jernelv et al. [60] combined a quantum cascade laser with a mercury-cadmium-telluride
(MCT) detector to measure medical analytes. Two different sensors were tested, an attenuated total
reflection spectroscope and a transmission spectroscope. The transmission spectroscope was extrinsic
and worked on the absorption principle and had a range between 0-10 mM and the diameter of the fibre
was 400 µm
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Ref Year Fibre/
Planar

Type
sensing

AB/
FL/
RE

IN
EX Measured in Reactive material Gel matrix Use QD Ratio

metric
Excitation
Peaks

Peaks
Measured Range Diameter fibre Reproducibility Accuracy Response

Time

[60] 2019 fibre RES AB EX test sol - X * X 1200–900
cm−1

1040 cm−1
1124 cm−1

0-10
mM 400microns - - 10s

[23] 2020 fibre NIR
SPC AB EX test sol - X X X NIR

1233, 1710,
1750, 2205,
2319, 2341 nm

0-14
mM - - - instant

[136] 2010 fibre - FL EX in vitro
(single cell) LDH X X Yes 360 nm 460 nm 0.0-1.5

nM 0.2 microns - - -

[26] 2017 fibre - FL EX in vitro
(flow cell)

PEM lined
microparticles

YES
(alginate) X Yes 420 nm

540 nm 710 nm 0.1−1.1
mM - - - -

[103] 2019 fibre SPR RE IN in vitro L-LDH
NAD

YES
(TEMED) X X - 560-620 nm 0–10

mM 600microns good 9.50
nm/mM 1 min

[40] 2016 planar IR
SPC AB EX on vivo - X X X NIR NIR 0-16

mM - good - -

[21] 2015 planar - FL EX in vitro LOx YES
(pHEMA) X + - - 0.1-4.2

mM - - - 15 min

Table 4.1: Overview of lactate based sensors found in the literature. RES: resonator, (N)IR SPC: (Near)InfraRed Spectroscopy, SPR: Surface Plasmon Resonance , FL:flourescent based
sensors, AB: absorption based sensors, RE: Reflection based sensor, IN: Intrinsic sensor, EX: Extrinsic sensor, *Quantum cascade laser,

Ref Year Fibre/
Planar

Type
sensing Measured in Reactive material Gel matrix Use

QD
Ratio
metric

Excitation
Peaks

Peaks
Measured Range Diameter fibre Reproducibility Accuracy Resolution Response

time
Dry
bleaching

[47] 2012 fibre R SPC Test solution polymer
polyaniline

polymer
polyaniline X X - 605 nm

832 nm 2.0-12.0 800 microns - - - - -

[95] 2012 fibre SPC Test solution brilliant yellow
YES
(poly(allylamine
hydrochloride))

X X White light 497 nm 6.8-9.0 600 microns - 4.65 nm/
0.2 pH 0.2 - -

[59] 2013 fibre IFM Test solution Neutral Red YES
(TMOS,MTMS) X X White light 536 nm

461 nm 6.0-9.0 600 microns good 50
mV/pH - 20s -

[117] 2014 fibre LSPR Test solution
AuNPs with chitosan
poly(sodium
4-styrenesulfonate)

NO X X White light 532 nm 6.5-8.0 125 microns 8.67nm
/pH - 26s none

[132] 2014 fibre SPC Test solution
methyl orange
methyl red.
bromothymol blue

YES
(TMOS) X X halogen

lamp

MR:400, 550
MO:520, 450
BB:450, 630 nm

3.0-7.6 400 microns - - 0.03 - BB
bleaches

[114] 2015 fibre - on vivo
(skin) brilliant yellow YES

(Alginate glycerol) X X - 600 nm 5.0-8.0 800 microns - - - 1-5 min -

[65] 2017 fibre SPC tissue samples Neutral Red
PAA X X X White light 640-760 nm 6.0-8.0 300 microns - - 0.08 1s -

[79] 2017 fibre GRT Test solution sodium alginate YES
(TEMED) X X Broadband 1530-1550 nm 2.0-12.0 - good 0.66nm

/pH 2s none

[54] 2019 fibre GRT bio samples anthocyanins
YES
(polyethylene
glycol diacrylate)

X Yes 520 nm
638 nm

520
638 nm 2.5-10 100 microns - - - 3 min -

[56] 2012 planar IFM Test solution Congo red
Basic fuchsin

YES
(TREOS, TriEOS) YES Yes 400 nm 525 nm

605 nm
2.0-6.0
4.0-9.0 - - 60s -

[43] 2013 planar IR SPC on vivo - - X X NIR NIR 6.9-7.6 - - - 0.045 2s -

[31] 2013 planar REF - Purple cabbage
pigment

YES
(TEOS EtOH) X X 632 nm 533 nm 2.0-11.0 - good - 0.003 2 min -

[62] 2016 planar - in vitro
(cell culture)

Phenol red
indicator NO X Yes 545 nm

680 nm 555 nm 6.5-8.1 - good - 0.1 - none

Table 4.2: Overview of absorption based pH sensor found in the literature. IFM: interferometer, (IR)SPC: Infra Red Spectrometer, R SPC: Raman Spectrometer, REF: Refractometer, GRT:
Grating based sensor
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Figure 4.3: Overview of results and set-ups used in the optical lactate sensors: 1) Micro-particles and readout system of Biswas
et al. [26] 2) BXInsight sensor used in Driller et al. [40] 3) the NIR spectra found by Baishya et al. [23] 4) Set-up for measuring
lactate and other bio-samples of Jernelv et al. [60] 5) Overview of micro-tip used for single-cell lactate measurements of Zheng
et al. [136] 6) Lactate readout of Andrus et al. [21] 7) Flow cell set-up by Sharma et al. [103]

and a fast response time. Baishya et al. [23] designed an optical fibre absorption sensor using Near-
Infrared spectroscopy. This sensor measured the change in lactate extrinsic, and discovered that mul-
tiple wavelengths could be linked with lactic acidosis. A halogen tungsten lamp was used and indium
gallium arsenide (InGaAs) and polycrystalline lead sulfide (PbS) as detectors. The sensor had a swift
response time and a range between 0-14 mM. Zheng et al. [136] designed a fluorescent-based nano-
sensor which can measure a single cell in vitro. The released lactate was catalysed by LDH which
produced fluorescent NADH, and this fluorescence was excited and collected by a fluorescence de-
tection system. The sensor had a high spatial resolution, low background interference and a dynamic
range (0.06-1 mM) comparable to the physiological range of the single-cell released lactate. Biswas
et al. [26] designed a hydrogel-based fluorescent sensor, which included enzymatic microsensor em-
bedded in a hydrogel matrix. In this sensor, LOx was encapsulated in an alginate microparticle, which
was coated with a phosphorescent metalloporphyrin layer. These micro-particles were excited with 530
nm, and the emission had a wavelength of 710 nm. The range of the sensor was in the range of 0.1-1.1
mM. Sharma et al. [103] was the only lactate sensor based on reflection; it was an intrinsic sensor which
used Surface Plasmon Resonance to detect lactate in the range of 0-10 mM, with a sensitivity of 9.50
nm/mM. It made use of tungsten halogen lamp, an optical fibre with a uncladded part and a spectrom-
eter. The uncladded part was coated with silver, silicon and a hydrogel filled with enzymes which react
with lactate. These enzymes were lactate dehydrogenase (LDH) and NAD+. Interaction between lac-
tate and the functional layer with the enzymes changed the refractive index of the hydrogel. Driller et al.
[40] tested a non-invasive near-infrared (NIR) lactate sensor to measure the production of lactate during
exercises. This extrinsic sensor measured the absorption of the near infrared light which changed with
the secretion of lactate. The sensor is commercially available and designed by BSXinsight. The sensor
used three NIR LED’s and calculated the lactate levels in the cell by the absorption. No more details
were available from this device since 2016. Andrus et al. [21] designed a planar fluorescent based
lactate sensor which used a hydrogel with Lactate Oxidase (LOx). They tested the sensor in-vitro and
used a red excitation source with the peak at 627 nm. They achieved a range between 0.1-4.2 mM.
The response time was around 15 minutes, and the signal retention after 20 cycles was 70-81%.
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4.3.3. Absorption based sensor
All absorption based sensors found in the literature which meet the requirements are extrinsic. All the
absorption based sensors are not reporting any drift or shelf live, so this information is left out of table
4.2. Figure 4.4 shows all optic fibre-based absorption sensors, and figure 4.5 shows all the planar
sensors found in the literature.

Optical Fibre

Figure 4.4: Overview of fibre-based absorption sensors: 1) Polymer polyaniline microfluidic channels of Florea et al. [47] 2)
Sensor set up of Raoufi et al. [95] 3) Sol-gel film with neutral red of Jeon et al. [59] 4) Infrared probe with chromophores by
Hartings et al. [54] 5) Continuous optical fibre set up with gold nanoparticles by Tou et al. [117] 6) U shaped optical fiber wich
the spectroscope outcome of bromothymol blue of Zajíc [132] 7) Flexible Hydrogel fibers for epidermal application by Tamayol
et al. [114] 8) Fibre optic pH probe by Kim et al. [65] 9) Optical fibre coated with a hydrogel with a long period fibre grating and
the corresponding transmission dip of Mishra et al. [79]

Florea et al. [47] designed a fast microfluidic photometric device which measured pH through a polyani-
line (PAni) coating. This extrinsic sensor reacted on the absorption of PAni, which caused the light to
change. A pH test solution was fed through micro-fluidic channels. The UV-VIS spectra were measured
with an optical fibre with the diameter of 800µm and a mini spectrometer. The pH-sensitive peaks were
605 and 832 nm, and they were able to measure the range of 1.0-12.0 pH. Raoufi et al. [95] designed
a optical pH sensor which was based on the absorbance of brilliant yellow. They used a layer by layer
technique with as cross-linker polyallylamine hydrochloride (PAH). They found out that the sensitivity
was depended on the number of layers and concluded that six double layers had the best sensitivity
between 6.80-9.00. It is an extrinsic sensor because it measured the change outside of the optical fibre
with a diameter of 600 µm. They recorded a resolution of 0.20 pH. Jeon et al. [59] designed a sensor
based on a sol-gel film with as the pH indicator Neutral Red (NR). The light of the optical fibre with a
diameter of 600 µm was sent through the film and reflected by a mirror. The reflected light was mea-
sured by a spectrometer. The absorbance and the intensity of light were used to determine the pH of
a test solution. A white light source was used (210 - 2000 nm), this resulted in a basicidic absorbance
peak between 461 nm and an acidic absorbance peak at 536 nm. The range of the sensor was be-
tween 6.0-9.0 pH. It showed a fast response time (20s). Tou et al. [117] described a sensor which used
localised surface plasmon resonance to measure the response of polyelectrolyte multilayers with gold
nanoparticles. This layer was placed on a photonic crystal fibre between two multi-mode fibres. White
light was inserted in this fibre, and on the end of the other fibre a spectrometer was placed. The height
of the absorbance peak depends on the number of bi-layers. The peak is at 532 nm and is capable of
measuring a range of 6.5 and 8.0. The fibre had a diameter of 125 µm. Zajíc [132] designed a simple
U shaped fibre optic sensor with a diameter of 400 µm. They coated the fibre with three different pH
indicators: methyl orange, methyl red, and bromothymol blue. With these coatings, it was possible to
measure pH between 3 and 7.6 in test solutions. The sensor was made by removing the cladding of
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Figure 4.5: Overview of planar based absorption pH sensors set-ups: 1) Two typed of quantum dots interaction with environment
in sol gel based optode by Hiruta et al. [56] 2) Experiment set-up used by Chen and Gu [31] 3) Careguide CW-NIRS Sensor
used to measure pH through the skin DAby Ellerby et al. [43] 4) non contact set up with two LED’s used by Kattipparambil Rajan
et al. [62]

a silica fibre. A halogen lamp was used to send light through the fibre, a spectrometer was used the
measure the output. On this stripped part, a sol-gel with the indicators was coated. Wavelengths de-
pended on the type of coating, as the accuracy. Tamayol et al. [114], produced flexible hydrogels which
are capable of measuring pH for epidermal applications. The sensor is based absorption of beads with
brilliant yellow and the fibres had a diameter of 800 µm. A smartphone camera was enough for the
readout, a range between 5.0-8.0 could be detected. The response time was relatively slow (1-5 min).
Kim et al. [65] designed two different sensors. A multi-core sensor using Raman spectroscopy and a
continuous transmission-based probe. The Raman spectroscopy used a laser with a wavelength of
785 nm and measured different Raman shift peaks. The transmission-based probe used white light
through a polymeric coated optical fibre and a spectrometer. The diameter of the probe was 300 µm
and was capable of measuring the range between 6.0-8.0 pH. Mishra et al. [79] designed an optical
fibre coated with a hydrogel with a long period fibre grating. This sensor had a broad pH range between
2.0-12.0 and a fast response time under two seconds. The optical fibre was excited by a laser with a
1540 nm wavelength. The peak at the end of the fibre shifted from 1544 to 1550 nm. It is an intrinsic
sensor because the change of the light inside of the sensor is measured. Hartings et al. [54] developed
a sensor which was based on fibre Bragg grating and used ratiometric measurements to determine
the pH of test solutions. The optical fibre was internally illuminated by infrared light, visible excitation
of green and red LED’s was perpendicular on the fibre. The fibre had a diameter of 100 µm and was
capable of detecting a range between 2.0-12.0 pH and had a response time of 3 minutes.

Planar sensor
Hiruta et al. [56] designed a film with double sol-gel layers with in the first layer two types of quantum
dots and the second layer light-absorbing pH indicators (Congo red or basic fuchsin). The quantum
dots have emission peaks at 525 and 605 nm. The sensor with Congo red had good repeatability in
the range between 2.0-6.0 pH. This sensor made use of fluorescence, absorption and reflectance. The
quantum dots can be used to fit the absorption spectra of the pH indicators, so this sensor can be
used in different configurations. They also tested methyl yellow and neutral red in the second layer
and had a range between 4.0-10.0 pH. Ellerby et al. [43] validated a commercially available device
named CareGuide, which used continuous-wave NIRS to determine the muscle oxygenation and the
muscle pH. This sensor used a chip-scale spectrometer and a multiple LED’s. Each bank contains
a set of 12 LEDs with six different peak wavelengths (2 LED’s at each peak wavelength) that are
turned on simultaneously to produce broadband, NIR illumination over the wavelength range 700–
1000 nm. An algorithm calculated the pH and smO2 levels. 6 LED rows are used to correct the result
for tissue scattering. Chen and Gu [31] designed an optical pH sensitive film based on immobilised
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purple cabbage pigment. The PCP was entrapped in a sol-gel film and coated on glass slides. The film
was examined by a UV-VIS spectrometer and had a range between 2-12 pH. The film was excited with
a laser with 633 nm wavelength, the maximum absorption wavelength of the film shifted from 597 to
609 nm, while the 533 nm peak was used to determine the pH concentration of the test solutions. The
response time was 2 minutes, the reproducibility was less than 0.3%. Kattipparambil Rajan et al. [62]
developed an optical non-contact pH sensor using green and red LEDs and photodiodes. This sensor
was capable of measuring a range between 6.5 and 8.1 pH in medium cell cultures. A resolution of
0.1 pH was achieved and because there is no contact between the sensor and the cell medium no
bleaching is possible.

4.3.4. Fluorescent based sensors
All fluorescent-based sensors found in the literature which meet the requirements are extrinsic. All the
fluorescent-based sensors are not reporting any drift, so this information is left out of table 4.3. Figure
4.6 shows all fibre-based absorption sensors and figure 4.7 shows all the planar sensors found in the
literature

Optical Fibre

Figure 4.6: Overview of fibre-based fluorescent pH sensors set-ups and results: 1) Experimental set up by Kasik et al. [61] 2)
Schematic diagram of the in vitro device for measuring fluorescence and structure of the pH sensor probe by Weizhong Jin et al.
[123] 3) Optical fibre using SERS and CMOS SPAD line arrays set up by Ehrlich et al. [41] 4) Single fluorophore broad range
results by Qi et al. [93] 5) Sensor set up by Cui et al. [34] 6) Optical setup to allow fibre based sensing by Choudhary et al. [32]
7) dual core micro-probe experimental set-up by Chen et al. [30] 8) image of fluorescent result by Aigner et al. [16] 9) Multicore
fibre tip used by Wencel et al. [124] 10) Graphical abstract of hydrogel based pH sensor by Gong et al. [51]

Kasik et al. [61] used the pH-sensitive coating HTPS and ruthenium to design a sensor capable of
detecting pH in small volumes of bio-samples. A blue LED (475 nm) was fed into a tapered and coated
optic probe.spectroscope measured the fluorescent wavelengths and a range of 5.0-9.0 was measured
through the emission peak of 560 nm. The fibres used have a diameter of 125 µm and were tapered to
a diameter of 8 µm. The resolution was relatively low (0.2 pH) while the response time was high (10s).
Weizhong Jin et al. [123] designed an intra-arterial sensor which was capable of detecting in other
environment and had a fast response time. The sensor was capable of measuring the range of 6.8-8.0
pH by using an excitation wavelength of 395 nm and measured the peak at 510 nm. The resolution
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Ref Year Fibre/
planar

Type
sensing Measured in Reactive material Gel matrix Use

QD
Ratio
metric

Excitation
Peaks

Peaks
Measured Range Diameter

fibre Shelf live Reproducibility Resolution Response
time

Dry
bleaching

[61] 2010 fibre SPC biosamples HPTS Xerogel X Yes 475 nm 560 nm 5.0-9.0 125 microns - good 0.2 10s -

[123] 2011 fibre REF in vivo
(blood) AMPN YES

(HEMA) X Yes 395 nm 510 nm 6.8-8.0 0.75 mm good
(5 months) good 0.03 15s very little

[16] 2012 fibre SPC Test solution PET rhodamines YES
(pHEMA) X Yes 600 nm 572 nm 5.0-10.0 - good good 0.1 < 1min -

[93] 2015 fibre SPC Test solution multi-ionophores YES
(D4) X Yes 480 nm 540 nm 1.0-14.0 - good good - 60s -

[34] 2015 fibre SPC Test solution HPTS-CTAB YES
(ETEOS:GLYMCO) X Yes 405 nm

460 nm 508 nm 5.8-7.3 25 microns long term good 0.07 <60 s after 1 hour

[30] 2017 fibre IFM in vitro
(cell culture) BCECF YES

(OrMoSils) X Yes 485 nm 520 nm 6.0-8.0 80 microns - good 0.035 - -

[41] 2017 fibre SERS - AuNs with
mercaptobenzoic acid

YES
(FIXME) X Yes 786 nm 857 nm

897 nm 5.0-9.0 50 microns - - 0.07 10-60 s -

[124] 2018 fibre - in vivo HPTS YES
(ETEOS:GPTMS) X Yes 405 nm

450 nm 520 nm 3.0-9.0 400 microns 28 weeks very good 0.0013 <2 min -

[32] 2019 fibre IFM in vivo
(ovine lung) Fluorescein NO YES Yes 488 nm 520 nm 5.5-8.0 150 microns - Good 0.02 instant -

[51] 2020 fibre IFM in vivo
(ovine lung)

5(6)-FAM
Porphyrin

YES
(PHPMA) X Yes 485 nm 540 nm 5.5-8.0 200 microns - - 0.1 30s only with

continuous

[17] 2013 planar SPC Test solution DPP Dye YES
(pHEMA) X Yes 450 nm 570 nm 5.0-12.0 - Planar: short good - - -

[72] 2018 planar R SPC pork tissue bromothymol blue
rhodamine B

YES
(TEOS and APTES) X Yes 980 nm 540

655 nm 4.9-8.1 - - - 0.1 - absent

[29] 2020 planar IFM in vivo
(blood) (HPTS) YES

(polyurethane) X Yes 520 nm 475 nm 5.0-8.0 - - - 0.01 1s -

Table 4.3: Overview of fluorescent-based sensors found in the literature. RES: resonator, (N)IR SPC: (Near)InfraRed Spectroscopy, SPR: Surface Plasmon Resonance , IFM: interferometer, R
SPC: Raman Spectrometer, REF: Refractometer, GRT: Gratings, SERS: Surface Enhanced Raman Spectroscopy

Ref Year Fibre/
planar

Type
sensing

Intrisic/
Extrinsic

Meaured
in

Reactive
material Gel matrix Ratio

metric
Excitation
Peaks

Peaks
Measured Range Diameter

fibre Shelf live Reprod
ucibility Accuracy Resolution Response

time
Dry
bleaching

[71] 2013 fibre REF Intrinsic in vivo
samples

resol red.
chlorphenol red
bromophenol blue

YES (TEOS) X - 1500 nm 1.0-13.0 125 microns - good - 0.017 40 s -

[131] 2017 fibre SERS Extrinsic Test solution MBA-AuNP YES (alginate) Yes 550 nm 1400 nm 4.0-8.0 - - good 0.065 pH−1 - - -

[135] 2018 fibre SPR Intrinsic Test solution Ag
YES
(AAM, BAAM,
APS, TEMED)

X - 600 nm 1.0-12.0 125 microns Good good 13nm/pH - 20-30 s -

[45] 2019 fibre REF Extrinsic Test solution polyHEMA YES
(HEMA, EGDMA) Yes 532 nm RP 5.0-7.0 500 microns - - - 0.1 10 s none

[94] 2020 fibre GRT Intrinsic Test solution sodium alginate YES (alginate) Yes 1488 nm 1520 nm 4.0-12.5 80 microns - good −0.265 nm/pH - <30 s -

Table 4.4: Overview of reflectance-based sensors found in the literature. SPR: Surface Plasmon Resonance , IFM: interferometer, REF: Refractometer, GRT: Gratings, SERS: Surface Enhanced
Raman Spectroscopy

262626

A.19. Literature Review 173



4.3. Results of Literature Search 27

was high, little dry-bleaching was detected. The fibre had a diameter of 750 µm and the sensors made
used of the differences in refraction because of the fluorescence of the coating. Aigner et al. [16] de-
signed a fluorescent sensor which used photoinduced electron transfers of linked rhodamines. These
fluorescent dyes were tested in two different types of matrices, a silica matrix and poly(HEMA) matrix.
Excitation peak was measured at 600 nm and emission excited at 572 nm. The higher, the pH the
lower fluorescent intensity. They achieved high pH sensitivity in the range of 5-7 pH and low cross-
sensitivity. The sensor showed good reversibility between pH 3.7 and 7.5 and had a response time
of less than a minute. Qi et al. [93] designed a fluorescent pH sensor based on a single fluorophore.
This fluorophore was 4-amino-1,8-naphthalimide. This sensor was capable of measuring the full range
of pH (1-14) and showed excellent stability, reversibility, and response time of 1 min. The excitation
peak was 480 nm, the emission peak was 540nm. The sensitivity depends on the range of the sensor.
Cui et al. [34] designed a sensor which was made out of a coated tapered optical fibre. The coating
existed of an HTPS and hexadecyltrimethylammonium bromide (CTAB) in a sol-gel matrix. The opti-
cal fibre was excited by two sources with a 405 and a 450 nm wavelength. It resulted in an emission
wavelength at 510 nm, which was higher with higher pH. This sensor achieved a resolution of 0.07 pH
in test solutions in the physiological range between 5.75 and 7.25. Chen et al. [30] used interferometry
to measure the local pH in vitro with dual-core micro-probes. This probe consisted of an emission fibre
and a excitation fibre, which are twisted and burned into a tip of 80 µm. The probe was excited by a
continuous wave argon laser, the emissions were measured by a detector. With this sensor, they were
capable of measuring the range between 6.0-8.0 pH and high resolution. Ehrlich et al. [41] used SERS
to develop a senors capable of measuring pH with a single fibre with a diameter of 50 µm. The used
functionalised gold shells for the SERS and excited the samples with a 786 nm laser. The intensity
count of the wavelength 857 and 897 nm were used to determine the pH. They achieved a resolution of
0.07 pH and short response time (10-60s) within the range of 5.0-9.0 pH. Wencel et al. [124] designed
a fibre-based ratiometric optical pH sensor. This sensor had the capabilities to measure pH in real-time
and continuous in tissue. It existed out of a plastic multi-core fibre (diameter of 400 µm) with a sol gel
matrix with entrapped HPTS. HTPS had two absorption maxima (405 nm and 450nm), a pH sensitive
emission band of 520 nm. The sensor had a very high resolution of 0.00013 pH and showed good
reproducibility, long-term stability, a response time of <2 min, and drift of 0.003 pH units per 22 h. The
sensitivity of the sensor was optimal between 6.0-8.0 pH. Gong et al. [51] designed a hydrogel-based
optical fibre fabricated by in situ photo-polymerisation with two pH-indicators, 5(6)-FAM and Porphyrin.
Porphyrin emission was insensitive to pH and thus was a good ratiometric mean to measure pH. The
diameter of the glass optical fibre was 200 µm. The sensor showed a good linear correlation between
5.5 and 8.0 pH with a precision of 0.10 pH. The normalised intensity showed an emission peak around
530 nm while the sensor was excited with a wavelength of 485 nm. The response time of the sensor
was around 30 seconds. Designed to observe lung tumour tissue acidity the sensor was tested ex vivo
in ovine lungs. From the same group, Choudhary et al. [32], designed a high fidelity fibre sensor which
used silica micro-spheres loaded with fluorophores to measure metabolic changes. These silica micro-
sphere have a diameter of 10 µm and are loaded into pits etched into the end of a multi-core fibre of
150 µm. They used fluorescein based fluorophore for measuring pH and palladium porphyrin complex
based for measuring oxygen. An excitation of 520 nm resulted in an emission of 488 nm. An accuracy
of 0.02 pH and 0.6 mg/L oxygen were achieved. Response to pH and oxygen environments were both
observed to be less than 1 second.

Planar Sensors
Aigner et al. [17] designed fluorescent pH-sensitive material which they tested planar and on an optical
fibre. 1,4-diketopyrrolo-[3,4-c]pyrrole dye was the fluorescent marker, it was tested on multiple hydrogel
matrices. The excitation peak was 450 nm, the emission peak was 570 nm. The range was between
5 - 12 pH for both the planar sensor and the nanobeads for optical fibres. The nanobeads showed
possibilities to be measured with a simple RGB camera. Liu et al. [73] developed a modularised optical
sensor for pH monitoring in biological matrixes. Using upconversion nanoparticles (UCNPs) in combi-
nation with bovineserumalbumin and dyes, they were able to measure the pH difference with Raman
spectroscopy. They achieved a resolution of 0.1 in the range of 4.9-8.1. The UCNPs were excited with
980 nm laser, the emission peak were 540 and 655 nm. Cattini et al. [29] designed a planar sensor
for inline blood measurements, which had the potential to be used in other measurements as well. The
sensor was based on interferometry and used two LED’s and two photo-detectors and a disposable
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sensor. In the sensors exist of a polyurethane hydrogel and pH-sensitive HPTS micro-beads. They
achieved a resolution of 0.01 in the range of 5.0-8.0 with a response time of a second.

Figure 4.7: Overview of planar based fluorescent pH sensors set-ups and results: 1) Scheme for the preparation of the fluores-
cence pH-sensors by Aigner et al. [17] 2) Schematic of the optical layout of the optical and picture of the developed measuring
system head by Cattini et al. [29] 3) Schematic illustrations for the preparation of the UCNPs@SiO2@BSA composites used for
the modularised fluorescent sensor and results from the experiments by Liu et al. [73]

4.3.5. Reflection based sensor
There are only five optical fibre reflection-based sensors found in the literature which meet the require-
ments. These sensors depend on the internal or external reflection of light with the fibre. Within these
five sensors, the accuracy as well as the resolution, is described. There was no use of Quantum Dots,
so this is not discussed in table 4.4. Figure 4.8 shows the set-ups of the different sensors. Li et al.
[71] designed a simple optical fibre sensor with a section of no core. In this set-up, a centre part of the
fibre was replaced with a sol-gel with a pH-sensitive coating which consisted of tetraethyl osrthosilicate
(TEOS) and multiple pH indicators. These pH indicators have different sensitive ranges and thus by
combining these the achieved a simple sensor which was capable of measuring almost the full range
of pH (1-13). They measured at 1550 nm and the response time was around 60 seconds. You et al.
[131] designed a modular optical sensor using Surface-enhanced Raman spectroscopy (SERS). It was
an extrinsic sensor which measured the scattering of a hydrogel based layer excited by an excitation
laser of 780 nm. They used gold nanoparticle-based pH probes capped with 4-mercaptobenzonic acid
(MBA-AuNPs) in a hydrogel. Ratiometric intensity changed at 1430 and 1078 cm . They achieved a
sensitivity of 0.07 pH in the analytical range of 4.43-8.07 pH. The sensor also showed the poten-
tial of using SERS for multiple small molecule targets. The sensor showed great potential for in-vivo
measurements but was only tested in aqueous solutions. Zhao et al. [135] designed a surface plasmon
resonance sensor. It was based on the change in the reflective index of a hydrogel when pH changed
in the environment. This coating was placed with a silver film on a single-mode fibre between two parts
of multi-mode fibres. This intrinsic sensor was tested in test solutions and had a wide range of 1-12
pH. The response time was less than 30 seconds for rise and fall. Furthermore, the sensor showed
good stability, prominent sensitivity, remarkable reproducibility and simple fabrication. Elsherif et al.
[46] developed an optical fibre sensor based on light-diffusing micro-lens arrays. It was a extrinsic sen-
sor using refractometry. The sensor used a green laser with a wavelength of 532 nm. The reflected
power of the laser was depended on the pH of the solution. The fibre had a diameter of 500 microns
and they used asymmetric micro-lens structures. PolyHEMA was as pH-sensitive material and they
achieved a range of 5.0-7.0 with a resolution of 0.1 and a swift response time. Ran et al. [94] designed
a miniature pH probe using a functional microfiber Bragg grating. The sensor had a functional layer of
sodium alginate gel, which reacts with pH. This layer was immobilised on the microfiber (<10 µm) by
electrostatic self-assembly technique. The sodium alginate gel had a higher reflective index when the
pH was low. This extrinsic sensor was capable of measuring pH linearly between 4 and 12 in a test
solution. The results show that the sensitivity of the sensor could be increased when, the diameter of
the fibre was reduced and the diameter of the functional layer was increased.
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Figure 4.8: Overview of reflection based sensor set-ups with results: 1) The sensor set up of Zhao et al. [135] with the results of
the measurements. 2) The SERS hydrogel set up of You et al. [131] with the corresponding SERS Scattering. 3) The design of Li
et al. [71] with the results and response times. 4) The phase-mask of the sensor of Ran et al. [94] with the working principle and the
measurement results. 5) Schematic of the setup utilised for testing the pH-sensor in the reflection mode and the corresponding
results of Elsherif et al. [46]

4.4. Discussion of the literature
4.4.1. Search for a potential sensor
The goal of this literature study is to answer the third subquestion: What is the most feasible optical
sensing technique for measuring pH or lactate during cardioplegia induced arrest? With answering the
third subquestion the general research question of this literature review can be answered which was
to find the feasible methods to detect myocardial ischaemia. To answer the third question, 37 different
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type of sensors are compared. First, the different types of lactate sensors will be discussed, followed by
the absorption, fluorescent and reflection based sensors. Per type of sensor, the sensor with the most
potential will be featured. Following this, all sensors will be evaluated on their potential to be in vivo
ischaemia sensor by the following criteria. The sensor should be able to measure in the physiological
range; it should be applicable for in vivo measurements. The resolution, accuracy, response time and
manufacturability should be acceptable as discussed in section 4.2.3. The result of these criteria can
be found in table 4.6. Following the evaluation of the different type of sensors, the limitation of the study
will be discussed, a recommendation will be made for further work.

4.4.2. Lactate based ischaemia sensor
Biswas et al. [26], Driller et al. [40] and Baishya et al. [23] are not using a reactive material, they only
use NIR, but it is used in different ways. Driller et al. [40] measures with NIR on the skin and focus on
the production of lactic acid by muscle tissue during intense training. In comparison Baishya et al. [23]
placed small cuvettes with solutions in a NIR spectroscope. Jernelv et al. [60] used IR spectroscopy
with a quantum cascade laser. This technique is more advanced and uses continuous fibre. Further
explanation of why on skin transducers like Driller et al. [40] are not suitable for in-vivo measurements
will be given in the next section. Studies from Zheng et al. [136], Andrus et al. [21] and Biswas et al. [26]
were tested in vitro and more focused on single-cell lactate levels. Andrus et al. [21] sensor needed
15 minutes to give the result of the lactate levels they measured. Another problem with the lactate
sensors is that they work with enzymes which tend to perform less in oxygen-depleted environments
[96]. Sharma et al. [103] is one of the only optical lactate sensors using the internal reflection to measure
the levels of lactate. Comparing sizes, it is noticeable that Zheng et al. [136] fibre tip is tiny in comparison
to all other fibres. This is because it is designed to measure the single-cell lactate levels in vitro. Table
4.6 shows that none of the found lactate sensors in the literature seems valid to use for an in vivo
ischaemia sensor. It is mostly because the sensors do not seem applicable for in-vivo measurements

4.4.3. Absorption based ischaemia sensor
Ellerby et al. [43] tested NIR spectroscopy to measure the levels of pH in muscles tissue during exer-
cise. The devices which Ellerby and Driller tested, appear to be bankrupt or discontinued. Tarar et al.
[115] argued in his review that the properties of the skin still limit the success of optical sensing through
the skin and explains why these sensors are discontinued. The absorption-based sensor with a reactive
material are better suitable for in-vivo measurements, because of their resolution and the uses of gel
matrices. Gel matrices make sure that the reactive material does not leak out of the sensor. The disad-
vantage of these sensors is that they only have been tested in aqueous test solutions and not in-vivo.
All of the absorption based sensors are extrinsic, most of the optical fibre sensors are individual fibres
with a sensing area in the middle of the fibre. Only Raoufi et al. [95] and use bifurcated fibre. In the
continuous fibre, different techniques have been used, such as replacing the cladding by a gel matrix
with reactive material or using long period fibre grating. The reactive materials determined the peaks
which were measured and the range of the sensor. An overview of the different dyes is given in 4.5. The
largest ranges were achieved with the use of polymer polyaniline (2.0-12.0), sodium alginate (2.0-12.0)
and purple cabbage pigment (2.0-11.0). These broad ranges are not needed for the use on the heart
tissue. Not all sensors have their response time and their resolution/sensitivity reported. Therefore it
is hard to decide which absorption-based sensor has the most potential to be an ischaemia sensor for
the heart. Table 4.6 show that Raoufi et al. [95], Kim et al. [65] and Hiruta et al. [56] have the most
potential for an ischaemia sensor. The sensor of Raoufi et al. [95] show great potential because it is
bifurcated, has a good resolution between the physiological range. However, the sensor is still large,
600 µm and the response time is not described in the paper. In the study of Kim et al. [65] it is hard to
determine if the absorption-based sensor has the potential to be used in vivo; all the other criteria show
good possibilities. At last Hiruta et al. [56] shows great potential, however, manufacturing the sensor
can be a problem because of the complexity of manufacturing.

4.4.4. Fluorescent based ischaemia sensor
In comparison with the absorption based sensors, the fluorescent-based sensors are tested ex/in vivo.
Gong et al. [51], Wencel et al. [124] and Choudhary et al. [32] all tested ex vivo in animal models and
Wencel et al. [124] even tested in vivo in humans. Most fluorescent material used to measure pH was
excited with violet/blue light (400-500 nm) except for Aigner et al. [16] which used a yellow light to
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ref Dye Wavelength measured Range
Raoufi et al. [95] brilliant yellow 450 nm 6.80-9.00

Florea et al. [47] polymer polyaniline 605 nm
832 nm 2.00-12.00

Hiruta et al. [56] Congo red
basic fuchsin

525 nm
605 nm

2.00-6.00
4.00-9.00

Jeon et al. [59] Neutral Red 536 nm
461 nm 6.00-9.00

Chen and Gu [31] Purple cabbage pigment 533 nm 2.00-11.00

Zajíc [132]
methyl orange
methyl red
bromothymol blue

MR: 400 and 550 nm
MO:520 and 450 nm
BB: 450 and 630 nm

3.00-7.60

Mishra et al. [79] sodium alginate 1530-1550 nm 2.00-12.00

Table 4.5: Overview of different absorption dyes used to measure pH during experiments

excite the fluorophores in their sensor. The peaks for the pH sensors were all measured in the green
range (500-570 nm). A disadvantage of the fluorescent-based technique is that the response time is
overall rekatively slow. Multiple sensors got response times under one minute, where Choudhary et al.
[32] even got an instant result with the use of their fluorescent microspheres. Almost all sensor used a
hydrogel basedmatrix for their fluorophores. Kasik et al. [61] had the lowest accuracy of 0.2 pH of the pH
sensors while, Wencel et al. [124] achieved an accuracy of 0.0013 pH. Of the studies that reported the
shelf live and reproducibility, all of them were reported as good except for the planar sensor variant of
Aigner et al. [17]. Most sensors did not report problems with photobleaching or drift, which are common
problems with the use of fluorophores [125]. The most used reactive material is HTPS. Combining table
4.6 and table 4.3 it shows that one of the most promising sensors is the sensor of Wencel et al. [124].
This sensor was tested in vivo and showed excellent results; the only disadvantage of this sensor is
that the response time is still slow (< 2min). Now the sensor still had a diameter of 400 microns, while
they aim to make a sensor below 100 microns to make it minimally invasive. Other possible sensors are
Qi et al. [93], Aigner et al. [16] and Cui et al. [34], but these sensors have a lower resolution, and their
applicability and complexity make it harder to use these sensors. This complexity is why Choudhary
et al. [32] and Gong et al. [51] have lower potential to be the ischaemia sensor of this project. At last [29]
shows great potential as a planar sensor, however, this sensor is designed as an intra-arterial sensor,
so it is questionable if this sensor will work in vivo on the heart tissue.

4.4.5. Reflection based ischaemia sensor
In comparison with the absorption and fluorescent-based sensor, more of the reflection-based sensors
are intrinsic. It is because the interaction of the indicator with the environment changes the internal
reflection of the optical fibre. Most of the sensors make use of a continuous fibre in which the trans-
mission change is measured, only Ran et al. [94] uses a sensor with a single fibre in which the light is
internally reflected. Li et al. [71] and Zhao et al. [135] all removed the cladding of the optical fibre to have
interaction with the environment. Elsherif et al. [45] is a different kind of sensor and uses the reflection
of light from a cuvette to measure the pH level. Thanks to the intrinsic nature, the sensors have much
faster response times. It allows for great ranges because these sensors do not need fluorophores or
dyes. Li et al. [71] and Ran et al. [94] measure the reflection in the infrared range, while Zhao et al.
[135] measure in the yellow/orange range. As with the absorption-based sensor these reflection-based
sensor are only tested in a test solution and can experience problems in vivo, because of the con-
tinuous fibre. All sensors have high resolution and reported good reproducibility. Of all sensors, Ran
et al. [94] has the best potential to measure ischaemia in the heart tissue, this is because the optical
fibre is minimally invasive (<10 microns) and it is not using a continuous fibre. The disadvantage is the
complexity to manufacture and to read-out these fibres.

4.4.6. Possible sensor
Table 4.6 gives a short overview of the sensors discussed in this literature review and evaluates the
sensors by five criteria discussed in section 4.4.1. Not all studies contain enough information for a clear
decision; therefore a question mark is added when it is not clear yet if the sensor meets the criteria and
if it can be a valuable technique. The last column is based on the combination of the five criteria. For
the continuation of this research, a decision needs to be made on which principle and type of sensing,
the proof of principle will be built on. Looking at the literature found, the following deductions can be
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Ref Parameter Principle Type of
Sensing

Physiological
Range

Applicable
for in vivo

Resolution/
Accuracy

Response
Time

Easy to
Manufacture

Potential
Sensor

Jernelv et al. [60] Lactate AB Fibre 3 7 ? 3 7 7
Baishya et al. [23] Lactate AB Fibre 3 7 ? 3 7 7
Zheng et al. [136] Lactate FL Fibre 7 7 ? ? 7 7
Biswas et al. [26] Lactate FL Fibre 7 7 ? ? 7 7
Sharma et al. [103] Lactate RE Fibre 3 7 3 3 7 7
Driller et al. [40] Lactate AB Planar 3 7 ? ? 7 7
Andrus et al. [21] Lactate FL Planar 7 7 ? 7 7 7

Florea et al. [47] pH AB Fibre 3 7 ? ? 3 7
Raoufi et al. [95] pH AB Fibre 3 3 7 ? 3 3
Jeon et al. [59] pH AB Fibre 3 ? ? 3 3 ?
Tou et al. [117] pH AB Fibre 3 ? 3 3 ? ?
Zajíc [132] pH AB Fibre 3 7 3 ? 3 7
Tamayol et al. [114] pH AB Fibre 3 7 7 7 3 7
Kim et al. [65] pH AB Fibre 3 ? 3 3 3 3
Mishra et al. [79] pH AB Fibre 3 7 3 3 7 7
Hartings et al. [54] pH AB Fibre 3 7 ? 7 3 7
Hiruta et al. [56] pH AB Planar 3 3 ? 3 7 3
Ellerby et al. [43] pH AB Planar 3 7 3 3 3 7
Chen and Gu [31] pH AB Planar 3 ? 3 3 ? ?
Kattipparambil Rajan et al. [62] pH AB Planar 3 7 3 ? 3 7

Kasik et al. [61] pH FL Fibre 3 ? 7 3 3 ?
Weizhong Jin et al. [123] pH FL Fibre 3 ? 3 3 ? ?
Aigner et al. [16] pH FL Fibre 3 3 3 3 ? 3
Qi et al. [93] pH FL Fibre 3 3 ? 3 ? 3
Cui et al. [34] pH FL Fibre 3 ? 3 3 3 3
Chen et al. [30] pH FL Fibre 3 3 3 ? 7 ?
Ehrlich et al. [41] pH FL Fibre 3 3 3 3 7 ?
Wencel et al. [124] pH FL Fibre 3 3 3 ? ? 3
Choudhary et al. [32] pH FL Fibre 3 3 3 3 7 ?
Gong et al. [51] pH FL Fibre 3 3 3 3 7 ?
Aigner et al. [17] pH FL Planar 3 7 ? ? ? 7
Liu et al. [72] pH FL Planar 3 ? 3 3 7 ?
Cattini et al. [29] pH FL Planar 3 ? 3 3 3 ?
Li et al. [71] pH RE Fibre 3 ? 3 3 7 ?
You et al. [131] pH RE Fibre 3 ? 3 3 7 ?
Zhao et al. [135] pH RE Fibre 3 ? 3 3 ? ?
Elsherif et al. [45] pH RE Fibre ? 7 3 3 ? 7
Ran et al. [94] pH RE Fibre 3 3 3 3 7 ?

Table 4.6: Evaluation of all the sensors found in the literature on their capabilities to be in vivo ischaemia sensor.

made. First of all, that all the lactate based sensors found in this review are not very applicable for
in vivo measurements. It has various reasons, but the need for oxygen for the enzymatic reaction to
take place limits the possibilities for these type of sensors. The second problem with lactate sensors
is that the manufacturability of these sensors is difficult. Another conclusion which can be made from
this review is that fluorescent fibre based techniques are the most advanced. These type of sensors
are already being used in-vivo and show great potential. Only one sensor by Aigner et al. [17] can
certainly not be used as ischaemia sensor because of the short shelf live of the planar sensor. The
applicability is the most significant uncertainty of the reflection sensors as to whether they are suitable
as a potential sensor. Just as with the lactate sensor, the manufacturability is a reason why the focus of
the rest of the research will not be on reflection based sensors. Absorption based sensor are considered
to be the easiest to be manufactured. It is mainly because only a dye and a hydro/sol-gel matrix are
needed, no fluorophores, lasers or nanoparticles have to be used to test these transducers. The main
disadvantage of these sensors is that they are only tested in test solutions or bio-samples. This makes
it hard to determine if they would succeed in measuring the pH on the tissue of the heart. The last
hurdle which should be investigated with the absorption-based sensor is the size of the fibres used,
most of them are above 300 µm, and this is still invasive for the tissue. Fluorescent based optical fibres
are smaller but have problems with dry bleaching and response time. The objective of the continuation
of the research will be to make a proof of concept of a chosen method. The information available
after this literature study will be a great addition to determine the direction of the research. However,
more information is needed to make this decision. First of all, the manufacturability has to be further
investigated to see what is possible with limited resources. Secondly, it is essential to elaborate on
which risks are accompanied by using fluorophores and dyes. In the third place, further investigation
into the hydrogel/sol-gel material is required. It needs to be done to make sure it does not damage the
tissue of the heart. At last, the possibility to combine planar and optical fibre techniques in a sensor
needs to be examined. It can be an advantage to place a hydrogel with a planar LED on the tissue and
only use optical fibres to receive the information of the tissue. All in all, there is still a lot of work to be
done, but this study provides a comprehensive overview of what is possible and where the focus will
need to be in future work.
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4.4.7. Limitations of study
The goal of this literature study was to give a comprehensive overview of what type of optical technolo-
gies are being used to detect changes in physiological parameters. It was done step-by-step to make
sure that no information was missed. However, some limitations should be noticed. This limitation im-
pacts the quality of the findings and the ability to answer the hypotheses in section 4.1. First of all,
because there was no clear review on comparing the different principles and sensors, a rather broad
scope was selected. This decision was made to compare all different types of optical transducer along
the criteria needed for an ischaemia sensor. A result of this decision is that the comparison misses pro-
foundness compared to if only one type of technique was selected. Since it would not be apparent in
advance whether a planar or an optical sensor would be better, this broadened the scope as well. Sec-
ondly, every research had a different purpose in mind while designing and testing the sensor. Therefore
it is difficult to compare the results and designs; some researcher would accept results or risk which
others tried to prevent. Thirdly, this missing information induces that results like table 4.6 are based
on expectations and predictions instead of apparent facts. A limitation looking at the remainder of this
research is that many of the sensors have been tested in liquids instead of in vivo. It led to a choice
between less but more certain transducers or more but less certain transducers for tissue sensing; the
latter was chosen in this review. In the fourth place, there are multiple ways of categorising the type of
technology used in the transducers. Therefore other technologies or odd solutions can be overlooked
by using this search strategy. At last, a limitation of this literature review which can be considered is the
search strategy itself. One could debate that the search strategy should include terms like absorption,
transmission or reflectance. These terms are not included in the search strategy, because adding those
would significantly increase the results found in the literature. While most of the studies would include
terms as which contain optic nevertheless

To achieve a comprehensive overview with all different opportunities, it could not be prevented that
the search strategy would be broad. This broad scope allows that researches from all different kind
of areas are included, some research has much more focus on the chemistry of the different dyes.
In contrast, other research can be focused much more on experimenting on the possibilities of using
optical fibres in medical applications. Although it was an informed decision, it certainly presents limi-
tations for comparing results. Not all studies report the same outcomes and share all the information
needed to make a clear choice. To compensate these differences, the transducers were evaluated per
parameter, type of sensing and light principle. It made a more substantiated comparison possible and
restrains the adverse effect of this limitation. In the different comparison tables, much information is
missing because of this difference in designing and reporting. This missing information is insurmount-
able, when comparing so many different sources and technologies. A result of this is that this review
will not end with a clear elaboration on what is the optimal techniques; instead, it describes interesting
areas to focus on in further work. The decision to include all sensors which measure in liquids instead
of in vivo was a considered one. When a sensor is capable of measuring parameters in a solution, the
chances are that it will work in tissue. When this research would have decided to not take into account
all sensors which have not been tested in a solution, it would only contain ten studies. Of those ten
studies, multiple have published previous work which included researching the proof of principle with
test solutions. So to include the latest technologies in this review, a decision was made to included all
types of sensors which have the potential to be used in vivo. Determining which terms to include in the
search strategy can be a significant limitation. The goal is to include as many terms as possible while
not making the scan too exhaustive and time consuming. Not adding terms like absorption, planar or
spectroscopy followed from a deliberate decision made concerning the resources available

Other limitations need to be addressed when the quality of the research is asses. Chapter 2 and 3
lay the groundwork for the literature study. In these chapters, decisions were made, which have a sig-
nificant impact on the results of the literature study. First of all, the decision was made to focus on pH
and lactate instead of O , CO or other parameters. This decision was based on the literature and with
the ultimate goal of the thesis in mind. It does not mean that the other parameters are not capable of
measuring ischaemia of the heart tissue. For example, Pischke et al. [89] are already working on an
ischaemia sensor based on CO for more than 20 years now and a first product is being certified. The
same can be said about the different measurement techniques. The sensor developed by Pischke is us-
ing electrochemical sensing, just as other commercially available sensors, or are being researched right
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now [49, 85, 101]. Table 3.1 show that each type of transducer has its own (dis)advantages. Choosing
to focus on optical sensing is clearly explained in section 3.2.2, but still, it has a significant influence on
the outcome of the literature study. At last, categorising the optical transducers as described in section
3.3.2 resulted in that these methods were the main focus of the literature studies. Not all the studies
found could be categorised in this classification, which increased the complexity of the comparison and
limit the methods used.

To increase the completeness of this research, future work can be done by investigating other mea-
surement techniques on the one hand. On the other hand, future work can be focused more on one
principle or type of sensing. If future work shows that one light principle would be superior, focusing on
only this technology allows for better comparison like the review of Wencel et al. [125]. Focusing on
one type of parameter can also be advantageous to compare the differences between measurements
techniques like the review of Rassaei et al. [96]. The existence of this kind of reviews are the reasons
this literature review uses a different approach, but the advantages of these types of reviews should
not be neglected.

4.4.8. Recommendation for further work
Besides the recommendation on future work made in the previous section regarding a different focus of
comparing the literature, other recommendations can be made. These recommendations are on how
to continue with the groundwork laid in this review. The first recommendation is to focus solely on pH;
this literature review showed that the lactate based sensors have little potential to be used as an is-
chaemia sensor. pH is better suitable for this, if a reliable pH sensor is developed, this can be used for
more than only ischaemia. Many researchers now are looking into the possibility to use a pH sensor in
differentiating between normal and cancerous tissue [32, 51]. Adding other parameters can make the
sensor more accurate and reliable, but for achieving a proof of concept, this will be an unnecessary
increase in complexity. A second recommendation will be to devise a method to quickly evaluate if sen-
sor based on test solutions are capable of measuring tissue pH. As most sensor are first being tested
on test solutions and only in further work tested in other areas; a method to determine the potential
will optimise the search to the best potential ischaemia sensor. A third recommendation is not to fully
depreciate electrochemical sensors, because these type of sensor are much more advanced than the
optical sensors. Ghoneim et al. [49] wrote a fifty-page long review on the recent progress in electro-
chemical pH sensing. The future work should not be blinded on the idea that optical sensing is the only
potential solution to the problem. In his review, seven representative works regarding the monitoring
of ischaemia are listed. The research group of John A. Rogers at Northwestern University is getting
good results with flexible ischaemia sensors and are optimising the use of electrochemical sensors
[33][128][52]. The fourth recommendation is to focus on the biocompatibility of the sensor regarding
the heart tissue; during cardioplegia, the heart is arrested so the sensor can be easily connected with
the heart. The ultimate goal of the sensor is to be used even when the heart is working. The number of
forces and deformations are high during the normal contraction of the heart. With this goal in mind, a
method should be chosen, which can be compatible with this interaction. Even more important is that
the sensor will not damage the tissue during sensing, optimally the sensor is or completely bioinert or
minimally bioactive so that during the period of sensing no interaction takes place which can interfere
with the monitoring.

4.5. Conclusion
This literature review evaluated thirty-seven studies which showed the potential to be an ischaemia sen-
sor for the heart during cardioplegia induced arrest. In the background information informed decisions
were made to focus solely on optical sensors which measure pH or lactate. Analysing these sensors,
the following conclusions can be made. First of all, there are many different techniques to achieve sens-
ing of physical parameters. All these techniques have different (dis)advantages which can be important
depending on your requirements. Secondly, the fluorescent pH sensor shows the most potential to be
used as an ischaemia sensor for the heart. At the same time, the manufacturability of the sensors is
the biggest obstacle in all the different categories. The results show that several investigated sensors
are feasible methods to detect myocardial ischaemia during a cardioplegia-induced cardiac arrest, but
further development is necessary.
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A Relation PtCO2, pH and lactate with
decreased bloodflow

Figure A.1: Figure as found in Pischke et al. [88].” Blood flow in the LIMA graft was reliably reduced from baseline levels (100%) to
75, 50 and 25% (lowest panel). Myocardial PtCO2 increased significantly (*) and flow-dependently during all blood flow reduction
events. Maximum PtCO2 during 25% blood flow was significantly different from the two other occlusion intervals (#). Myocardial
pH was significantly reduced during every blood flow reduction event (‡) and was significantly more reduced during 25% blood
flow when compared with 50 and 75% blood flow (#). Myocardial PtO2 decreased significantly during every blood flow reduction
(†) and reached zero during 50 and 25% blood flow. All values expressed as median (pink lines) and quartile range (blue area);”
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