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Abstract
With the rise in popularity of online conferencing
platforms such as Zoom and Teams, there is an in-
creasing need to understand the dynamics of virtual
meetings to enhance productivity. One key aspect
that can contribute to productive online meetings is
conversational involvement. Personality traits in-
fluence the behaviour of participants within a group
and therefore, have the potential to influence con-
versational involvement. This research paper aims
to explore the impact of personality traits on con-
versational involvement in online meetings. To in-
terpret personalities, the HEXACO model has been
employed. Through a systematic investigation, this
study provides valuable insights into how individ-
ual personalities influence engagement levels in a
group during virtual meetings. The results of this
study shed light on the relationship between per-
sonality traits and conversational involvement, thus
contributing to the existing body of knowledge sur-
rounding effective online meeting practices.

1 Introduction
Since the COVID-19 pandemic, video conferencing tools
like Zoom and Teams have been used more frequently [1;
2]. Therefore, it is becoming more critical to understand
the dynamics of virtual meetings between group participants.
Kauffeld and Lehmann-Willenbrock [3] believe that partici-
pants within a group need to listen to each other and build
upon each other’s ideas to achieve productive meetings. Us-
ing conversational involvement in a group could help achieve
such productivity [4]. In particular, verbal [5] as well as non-
verbal signals, such as eye gaze [6], can provide valuable in-
formation about the level of conversational involvement of
each participant.

Furthermore, personality influences how people interact
with each other and can impact (social) engagement [7].
These (non-)verbal signals, and consequently conversational
involvement, can be influenced by the personality of individ-
uals within a group [8].

The structure of this paper is as follows. Section 2 provides
background information supported by relevant literature, fol-
lowed by the research questions. Next, in section 3, an ex-
planation is provided about the MEMO corpus used for this
research. Section 4 describes the methodology used to anno-
tate conversational involvement and how the annotation and
personality data have been processed. Furthermore, section
5 explains three different experimental setups, each corre-
sponding to one of the three sub-questions. Section 6 presents
the results, which is followed by the discussion in section 7
and the conclusion in section 8. Lastly, section 9 addresses
the ethical aspects of conducting responsible research and the
reproducibility of the research.

2 Background
Conversational involvement is defined as engagement in a
conversational setting [9], which is why involvement and en-
gagement will be used interchangeably. Gatica-Perez et al.

[10, p. 490] defined group involvement as “The perceived de-
gree of interest or involvement of the majority of the group.”
(Social) engagement has been defined by Sidner et al. [11,
p. 123] as “The process by which interactors start, maintain,
and end their perceived connections to each other during an
interaction.” Based on these studies, it is known that conver-
sational involvement is about the engagement of participants
in social settings such as online conversation.

Besides, according to Maria et al. [12], individuals who
share similar personality traits are more likely to establish re-
lationships with similar others. The personality traits were:
extroversion (X), Agreeableness (A), and Openness to ex-
perience (O). Maria et al. [12] have also found that people
that scored high on Agreeableness (A) tended to communi-
cate with people that scored high on extroversion (X). The
dynamics of social signals, such as speech and eye gaze, are
likely to be influenced by individual and social factors, such
as personality traits [8; 12]. However, it is worth noting that
the research conducted by Ivaldi et al. [8] focused on the
context of Human-Robot Interaction (HRI) and examined the
effect of personality on speech and eye gaze during assembly
tasks.

This paper aims to investigate the influence of personality
on conversational involvement in online meetings between
human participants. To achieve this, we aim to answer the
following questions:

• Main research question: Does the personality of par-
ticipants influence how involved they are in a conversa-
tion?

• Sub-question 1: What are the main personality traits
that could influence the level of involvement in a conver-
sation? Given that extroversion is recognized as a funda-
mental dimension in shaping how individuals establish
and maintain social relationships [13]. Thus participants
with different levels of extroversion could potentially in-
fluence the conversational involvement in a group.

• Sub-question 2: How does the composition of homoge-
neous or heterogeneous personality combinations influ-
ence conversational involvement in a group? Homoge-
neous groups, such as those comprised entirely of intro-
verted or extroverted individuals, exhibit different con-
versational styles [14]. This could influence conversa-
tional involvement, as this paper focuses on perceived
conversational involvement.

• Sub-question 3: How does the level of extroversion in
a group relate to the level of involvement in a conversa-
tion? Previous research suggests that individuals scoring
high on extroversion (X) tend to be more talkative and
active in a conversation [8; 15; 16].

3 MEMO Data Collection
Before analysing the effect of personality on the level of in-
volvement in a conversation, video segments needed to be
annotated on their conversational involvement. These video
segments were taken from the corpus: multimodal longitudi-
nal meeting corpus (MEMO) [17], which is a recently col-
lected corpus on virtual group discussions on COVID-19.



The corpus consists of 53 participants ranging from ages 18
to 76 and 4 moderators ranging from ages 24 to 45, which are
available in the data collection [17]. The purpose of the mod-
erators was to keep the conversation flowing and encourage
all participants to express their opinions as much as possible.
Additionally, the participants were divided into 15 groups
based on which COVID-19 risk group the participants were
in, to maximize diversity in this aspect.

Furthermore, the participants filled in a pre-screening sur-
vey which contained the answers to a 24-item questionnaire.
These answers were on a 5-point scale ranging from low with
a score of 1 to high with a score of 5, which was used for the
personality data.

Lastly, some groups had missing personality data for at
least one participant. Additionally, group 1 was chosen not
to be annotated, as the video segments were in speaker view
instead of gallery view; meaning only the active speaker was
visible during all the sessions. Therefore, those groups have
been excluded from the analysis and results. Resulting in only
ten of the fifteen groups being usable for research.

4 Methodology
4.1 Annotation Process
For the annotation of the video segments, they needed to be
distributed among the researchers to annotate, on which the
process will be discussed below. Followed by the annotation
process in Elan (computer software program) [18]. Lastly,
the inter-rater reliability scores will be discussed.

Distributing Annotation Load
There are approximately 32 hours of video content available
for annotation, but due to time constraints, the annotators
have decided to annotate only half of it, which is approxi-
mately 17 hours. However, assigning this workload to a sin-
gle person within the given time constraint is impractical. As
a result, it has been determined that the annotation work will
be distributed among the four researchers. To facilitate this
distribution, a Python script has been developed, which per-
forms the following steps:

1. Create five-second window samples from all the
videos that have not been annotated before.
Some video segments were excluded from annotation, as
these annotations have been done by third parties before.
These segments have been excluded based on a Comma
Separated Values (CSV) file containing which time win-
dows have been annotated before. Furthermore, the start
and end are excluded based on a given timestamps CSV
file, as these segments contain head-calibration instruc-
tions.

2. Take a sub-sample of the entire list of time window
samples.
Randomly choose 12600 samples to distribute amongst
the researchers. This corresponds to 5 minutes per re-
searcher to annotate from each group session of which
there are 42 group sessions to annotate.

3. Randomly distribute these samples into four distinct
sets.

Each set corresponds to each researcher such that there
is a 10% overlap in annotation, meaning 10% of all the
samples are annotated by a pair of annotators.

4. Create Elan files.
Elan [18] has been used to annotate video segments. Us-
ing the four sets, the Python script creates Elan files for
each annotator for all the time windows that correspond
to the same group session.

Annotation in Elan
The level of involvement in a conversation will be ranked on a
5-point Likert scale based on the above-described definitions.
As this was used during previous research [17]. The scores
are the following:

1 - Very low group involvement.

2 - Low group involvement.

3 - Moderate group involvement.

4 - High group involvement.

5 - Very high group involvement.

A thing to note is that a higher score does not necessarily
mean that more participants are involved. It is always about
the level of involvement in a conversation for the vast major-
ity of the group.

A screenshot of how the annotation process looks like in
Elan [18] can be seen below in Figure 1.

Figure 1: The screenshot showcases the annotation process in Elan,
a computer software program. It displays the video in the top left
corner, while the annotation intervals are located at the bottom.

On the top left in Figure 1, the video segment to annotate can
be found of which the participants in a group can be seen.
Furthermore, at the bottom, the timeline of the video can
be seen of which some 5-second intervals contain the score
of conversational involvement. These scores have manually
been entered to annotate the conversational involvement of
those specific 5-second video segments.

Inter-Rater Reliability Score
The inter-rater reliability score was calculated to measure the
reliability of the ratings of the annotators. In Table 1, the
inter-rater reliability scores can be found between pairs of an-
notators for each of the four annotators.



Raters 1 2 3 4
1 - 0.76 0.62 0.58
2 0.76 - 0.52 0.65
3 0.62 0.52 - 0.60
4 0.58 0.65 0.60 -

Table 1: The inter-rater reliability scores between different pairs of
annotators using the Intraclass Correlation Coefficient (ICC).

According to Koo and Li [19], the ratings have moderate
reliability as, on average, the Intraclass Correlation Coeffi-
cient (ICC) are within a range of 0.5 and 0.75. All sets have
been used to include annotations from both lenient and strict
annotators and not just the sets with the highest inter-rater
reliability scores.

4.2 Data Processing of Conversational
Involvement and Personality Traits

Data Processing of Annotation Data for Conversational
Involvement
The annotated Elan [18] files from all the researchers were
converted to CSV files such that they can be processed with
the use of a Python script. Furthermore, the inter-rater relia-
bility score has been calculated to determine the reliability of
the ratings. The way this has been calculated is with the use
of the Intraclass Correlation Coefficient (ICC).

Data Processing of Personality Traits Using the
HEXACO Model
The personality of participants has been interpreted by using
the HEXACO model [20]. The Brief HEXACO Inventory
(BHI) has been used as an instrument that measures the six
personality dimensions of the HEXACO model [21], as the
BHI was used in previous research [17]. Other than BHI,
there is the original instrument, the HEXACO-PI-R, which
can also be used to measure the six personality dimensions
of the HEXACO model [21]. The BHI has the same validity
as HEXACO-PI-R as the BHI “re-estimates the original con-
struct validity correlations of the HEXACO-PI-R with rela-
tively great accuracy.” [21, p. 871].

Furthermore, the questions for the BHI have significantly
fewer items with 24 items, compared to the 200 items for
HEXACO-PI-R [21]. The ease of use is another advantage to
using the BHI as an instrument as the questionnaire is self-
assessed and shorter surveys are more likely to be filled in
[22; 23].

5 Experimental Setup
In this section, the aspects that were considered for the analy-
sis of conversational involvement will be described in section
5.1. Followed by a description of the three different experi-
mental setups in section 5.2.

5.1 Conversational Involvement Aspects
When examining conversational involvement, several aspects
can be considered. For this study, the aspect of frequency
percentage was used. By focusing on frequency percentage
rather than the overall average of conversational involvement

per group, we aimed to mitigate any bias that may arise from
longer group sessions. Specifically, the frequency percentage
of the involvement score of 5 was considered. This involve-
ment score corresponds to the moments of highest conversa-
tional involvement.

5.2 Description of the Three Different
Experimental Setups

Experiment 1: Common Personality Traits for High
Conversational Involvement
This experiment aimed to answer the sub-question: What are
the main personality traits that could influence the level of
involvement in a conversation? To set up this experiment,
the HEXACO model [20] was used to calculate scores for all
six dimensions of each participant. Subsequently, the median
score was determined for each group, as opposed to using
the mean, which could be skewed by extreme outliers and
potentially distort the representation of the personality data.
For each of the HEXACO dimensions, the mean and mar-
gin of error were computed to establish a 95% confidence
interval. Afterwards, the HEXACO personality scores were
examined for commonalities among the top-3 conversational
involvement groups compared to the bottom-3 groups. To
analyze the data, a Mann-Whitney U test was conducted for
each of the HEXACO dimensions, as opposed to using a t-
test, considering that the data did not satisfy the assumption
of being normally distributed. Additionally, a Kruskal-Wallis
test was not considered as the experiment involved comparing
two means.

Experiment 2: Groups with (Dis)similar Personalities
This experiment aimed to answer the sub-question: How does
the composition of homogeneous or heterogeneous person-
ality combinations influence conversational involvement in
a group? To set up this experiment, only three of the six
HEXACO scores, calculated in the previous experiment, were
used. The specific dimensions that were looked at are the fol-
lowing three HEXACO dimensions: extroversion (X), Agree-
ableness (A), and Openness to experience (O). According to
Maria et al. [12], the similarity-attraction paradigm could be
verified for these personality traits. Maria et al. [12] have
also found that people that scored high on Agreeableness (A)
tended to communicate with people that scored high on ex-
troversion (X).

Furthermore, the groups were ranked based on a similarity
score. This similarity score was calculated using the Manhat-
tan Distance (MD) formula: MD(p, q) =

∑n
i=1 |pi − qi|,

which takes the sum of the absolute differences between
two points. Based on this similarity score, the groups were
ranked from low distance (similar) to high distance (dissimi-
lar), of which the top-3 groups were compared to the bottom-
3 groups in terms of their conversational involvement. Lastly,
a t-test was performed to compare the distribution of the two
groups.

Experiment 3: Groups with High Levels of Extroversion
This experiment aimed to answer the sub-question: How does
the level of extroversion in a group relate to the level of in-
volvement in a conversation? To set up this experiment, the



median of each group has been ranked on their level of ex-
troversion (X) from high to low to examine the difference in
conversational involvement between the top-3 and bottom-3
groups ranked on extroversion (X). Finally, a t-test was per-
formed to compare the distribution of the two groups.

6 Results
In this section, the results will be described for the three dif-
ferent experiments outlined in the previous chapter (section
5.2).

Experiment 1: Common Personality Traits for High
Conversational Involvement
For this experiment, we aimed to answer the sub-question:
What are the main personality traits that could influence the
level of involvement in a conversation? To do this, the top-3
groups were compared with the bottom-3 groups to determine
if there are commonalities in personality traits among groups
with high conversational involvement. These differences are
illustrated in Figure 2. In this figure, each dimension of the
HEXACO scores for the top-3 groups is plotted alongside the
bottom-3 groups. The 95% confidence interval is represented
for both groups, as well as the mean for each dimension of
the HEXACO scores.

Figure 2: The HEXACO scores, along with their 95% confidence
intervals, were compared between the top-3 and bottom-3 groups,
which were ranked based on the highest frequency percentage for
conversational involvement score 5.

Additionally, the disparity between the top-3 groups and
the bottom-3 groups has been calculated. These differences
are presented in Table 2 below.

For each dimension of the HEXACO model (Table 2), the
confidence intervals were calculated to determine the 95%
confidence interval within which the population mean lies.
Additionally, the value of 0 is within the confidence intervals
presented in Table 2, suggesting the possibility of no signif-
icant difference between the two groups [24]. This observa-
tion is further supported by the p-values in Table 2, which
were obtained from the Mann-Whitney U test. All these p-
values are greater than 0.05, indicating that the observed dif-
ferences are not statistically significant.

Dimension Difference Conf. Interval p-value
H 0.000 (-0.501, 0.038) 0.486
E 0.125 (-0.472, 0.163) 0.335
X 0.750 (0.143, 0.626) 0.054
A -0.125 (-0.289, 0.134) 0.295
C -1.000 (-0.712, -0.165) 0.663
O 0.125 (-0.057, 0.416) 0.185

Table 2: The difference in frequency percentages for the conversa-
tional involvement score 5, along with the 95% confidence interval
and the corresponding p-value, was examined for each of the HEX-
ACO dimensions between the top-3 and bottom-3 groups.

Experiment 2: Groups with (Dis)similar Personalities
For this experiment, we aimed to answer the sub-question:
How does the composition of homogeneous or heterogeneous
personality combinations influence conversational involve-
ment in a group? To do this, the top-3 most similar groups
were compared to the bottom-3 most similar groups to ex-
amine the difference in conversational involvement between
these two groups. Figure 3 displays the distribution of conver-
sational involvement scores for the top-3 and bottom-3 most
similar groups along with error bars for each score.

Figure 3: The distribution of conversational involvement scores for
the top-3 and bottom-3 most similar groups in terms of the three
HEXACO dimensions: extroversion (X), Agreeableness (A) and
Openness to experience (O).

In Figure 3, it is apparent that the top-3 groups have a
lower frequency percentage for the conversational involve-
ment score of 5, which are the moments of highest conver-
sational involvement, compared to the bottom-3 groups. The
difference in this aspect is approximately 2.8%. Conversely,
the top-3 groups exhibit a slightly higher frequency percent-
age (around 1%) for the conversational involvement score of
4 compared to the bottom-3 groups. The complete frequency
percentage differences can be found in Table 3.

Involvement Score 1 2 3 4 5
Difference (in %) -0.8 -2.6 5.0 1.3 -2.8

Table 3: The differences between the top-3 and bottom-3 most sim-
ilar groups in terms of their conversational involvement scores are
expressed in percentages.



Lastly, a t-test was used to compare the means of the two
groups, resulting in a p-value of 0.966. This means that the
results are insignificant since the p-value is greater than 0.05.

Experiment 3: Groups with High Levels of Extroversion
For this experiment, we aimed to answer the sub-question:
How does the level of extroversion in a group relate to the
level of involvement in a conversation? To do this, the top-
3 highest-scoring groups on extroversion (X) were compared
with the bottom-3 groups on their frequency percentage of the
conversational involvement score of 5. The conversational in-
volvement score of 5 corresponds to the moments of highest
conversational involvement. Figure 4 illustrates the distribu-
tion of conversational involvement scores for these groups.

Figure 4: The distribution of conversational involvement scores for
the top-3 and bottom-3 highest-scoring groups based on the level of
extroversion (X).

In Figure 4, it is evident that the top-3 groups have a
higher frequency percentage for the conversational involve-
ment score of 5 compared to the bottom-3 groups. The differ-
ence between the two groups for the involvement score of 5 is
approximately 3.1%, as indicated in Table 4. Table 4 displays
the complete frequency percentage differences.

Involvement Score 1 2 3 4 5
Difference (in %) -0.1 0.5 -4.3 0.8 3.1

Table 4: The differences in conversational involvement scores (ex-
pressed in percentages) between the top-3 and bottom-3 groups with
the highest scores in extroversion (X).

Lastly, a t-test was used to compare the means of the two
groups, resulting in a p-value of 0.552. This means that the
results are insignificant since the p-value is greater than 0.05.

7 Discussion
In this chapter, section 7.1 presents possible explanations for
the obtained results. These explanations delve into the fac-
tors that may account for the observed outcomes. Following
that, a subsequent section (section 7.2) discusses the limita-
tions of the conducted research. This section highlights the
constraints and potential factors that may have influenced the
findings of the research.

7.1 Possible Explanation for the Results
As mentioned in section 6, the results are statistically in-
significant. Therefore, the findings may not hold significant
meaning.

For the first experiment, we aimed to answer the sub-
question: What are the main personality traits that could
influence the level of involvement in a conversation? To
do this, the top-3 groups were compared with the bottom-
3 groups to determine if there are commonalities in person-
ality traits among groups with high conversational involve-
ment. Of which the three highest-scoring groups in terms
of conversational involvement on the median had a 0.75
higher score in extroversion (X) compared to the three lowest-
scoring groups. This observation may be attributed to how
engagement or involvement has been defined as “the pro-
cess by which interactions start, maintain, and end their per-
ceived connections to each other during an interaction” [11,
p. 123]. This definition aligns with the notion that extro-
version is fundamental in shaping how individuals establish
and maintain social relationships [13]. Additionally, during
the annotation process, we observed practices exhibited by
these extroverted individuals that may align with practices of
high conversational involvement. As extroverted individuals
tend to be more talkative [8; 15; 16], utilize hand gestures
more frequently during communication compared to their in-
troverted counterparts [25], and employ facial expressions,
such as smiling [26], during communication.

Furthermore, when examining the median scores, the top
three groups showed a 1.0 lower score in terms of Conscien-
tiousness (C) compared to the bottom three groups. Consci-
entiousness (C) generally pertains to an individual’s social be-
haviour and inclination to act in various circumstances [27].
Higher levels of Conscientiousness (C) are often associated
with characteristics such as being organized, self-disciplined
and careful whereas low levels are associated with laziness,
recklessness, irresponsibility and impulsiveness [15]. It is
plausible that the lower score in Conscientiousness (C) can
be explained by the nature of the three HEXACO dimensions:
extroversion (X), Conscientiousness (C) and Openness to ex-
perience (O), as each of them influences the level of engage-
ment within a social context [28].

In the second experiment, we aimed to answer the sub-
question: How does the composition of homogeneous or
heterogeneous personality combinations influence conversa-
tional involvement in a group? To do this, the top-3 most
similar groups were compared to the bottom-3 most similar
groups to examine the difference in conversational involve-
ment between these two groups. Of which the average fre-
quency percentage for the score of 5 for the three most similar
groups was approximately 2.8% lower compared to the three
most dissimilar groups. Perhaps the fact that homogeneous
groups have different conversational styles [14] did not af-
fect the perceived conversational involvement. Or perhaps the
similarity-attraction paradigm is limited to the context of the
conducted research, which was in the context of an online so-
cial network [12]. Alternatively, the phenomenon of individ-
uals with low levels of engagement having the highest Open-
ness to experience (O) score [29], combined with the possi-
bility that highly extroverted individuals exhibit practices as-



sociated with high conversational involvement, as mentioned
earlier, could explain why the top three similar groups had
a lower frequency of high conversational involvement com-
pared to the top three dissimilar groups.

In the third experiment, we aimed to answer the sub-
question: How does the level of extroversion in a group re-
late to the level of involvement in a conversation? To do
this, the top-3 highest-scoring groups on extroversion (X)
were compared with the bottom-3 groups in the frequency
percentage of the conversational involvement score of 5.
Of which the average frequency percentage for the score
of 5 was approximately 3.1% higher for the three highest-
scoring groups on extroversion (X) compared to the three
lowest-scoring groups. Perhaps, this observation could be
explained by the fact that extroverted individuals tend to be
more talkative and actively engaged in conversations [8; 15;
16]. Additionally, as mentioned earlier, extroverted individu-
als often exhibit practices that could be associated with high
conversational involvement, further supporting the higher fre-
quency percentage of score 5 in the groups that score highest
in extroversion (X).

7.2 Limitations
In this subsection, some limitations will be discussed that
may have influenced the results and should be taken into ac-
count.

Firstly, there is a limitation regarding the annotation pro-
cess, as only a fraction (half) of the data was annotated. This
limitation arose due to the time constraints of the research,
which was conducted within a period of fewer than 10 weeks.

Furthermore, the inter-rater reliability score indicated that
the ratings had moderate reliability instead of good or excel-
lent reliability. As well as the fact that the results were statis-
tically insignificant for the three different experiments. This
raises questions about the validity of the results and suggests
potential inconsistencies in the annotations.

Additionally, it is important to note that the findings of this
research are limited to the conversational context, specifically
focusing on COVID-19-related topics rather than encompass-
ing a broader range of subjects.

Besides, the participating groups mostly consisted of extro-
verted individuals, as the vast majority of participants scored
towards the upper end of the extroversion (X) scale. The low-
est extroversion score available was 2.75, indicating slight in-
troversion, while the highest score observed was 5.0, which
represents extreme extroversion (X). This difference in extro-
version (X) scores may have influenced the results.

Lastly, there are limitations associated with the accuracy
of the HEXACO personality traits, as the questionnaires were
self-assessed. This self-assessment method may introduce bi-
ases or inaccuracies in the measurement of personality traits.

8 Conclusions and Future Work
In this paper, we examined the influence of personality traits
on the level of involvement in an online conversation. To
answer this, we first needed to answer the following sub-
question: What are the main personality traits that could in-
fluence the level of involvement in a conversation? The most

prominent differences between the top three and bottom three
groups were that the level of Conscientiousness (C) was lower
for the top three groups compared to the bottom three groups,
and the level of extroversion (X) for the top three groups was
higher compared to the bottom three groups. The second sub-
question was: How does the composition of homogeneous or
heterogeneous personality combinations influence conversa-
tional involvement in a group? We have shown that dissim-
ilar groups had a slightly higher frequency percentage of the
highest moments of conversational involvement. The simi-
larity of the groups was determined by the similarity of three
HEXACO dimensions: extroversion (X), Agreeableness (A),
and Openness to experience (O). The third sub-question was:
How does the level of extroversion in a group relate to the
level of involvement in a conversation? We have shown that
the top three highest-scoring extroversion (X) groups had a
slightly higher frequency percentage for the highest moments
of conversational involvement.

Overall, Conscientiousness (C) and extroversion (X) are
identified as personality traits that could potentially influence
conversational involvement. The groups with the highest con-
versational involvement frequency percentage for the score of
5 scored lower on Conscientiousness (C) and higher on extro-
version (X) compared to the bottom groups. Conversely, the
groups with the highest scores on extroversion (X) also had
a higher frequency percentage for the score of 5 regarding
conversational involvement. Thus these groups had a higher
percentage of the highest moments of conversational involve-
ment compared to the bottom three groups.

For future research, it would be interesting to explore the
annotation of the perceived conversational involvement of
each individual within a group to determine if personality
traits can influence how we perceive individual conversa-
tional involvement. This would provide valuable insights into
the subjective and individual aspects of involvement and its
relationship with personality traits. By examining the per-
ceived involvement of individuals, researchers can further un-
derstand the nuances of conversational dynamics and how
personality traits may shape our perceptions of others’ in-
volvement. This line of inquiry could shed light on how per-
sonality traits influence our interpretations and evaluations of
conversational dynamics.

9 Responsible Research
The provided data (MEMO corpus) was already collected
from previous research as described in section 3. However,
as this data has not been published yet and may contain sen-
sitive information, the provided data can only be used dur-
ing the ten weeks for the Research Project (CSE3000) course,
which lasted from the beginning of April to the end of June.
It is important to adhere to the General Data Protection Rules
(GDPR) [30] when using this data. To gain access to the data
for the research during the 10 weeks, adherence to the speci-
fied rules was formalized through a signed statement.

9.1 Ethics
Re-identification of the data can pose a possible risk for the
video segments as well as the results from the questionnaire.



Therefore, any personal information that may lead to re-
identification will not be included in this report.

To mitigate confirmation bias, great care needed to be taken
to avoid annotating in favour of the research question. It was
purposely chosen to first annotate the video segments accord-
ing to the agreed-upon definition of conversational involve-
ment. Only afterwards were the HEXACO personality traits
of the participants analysed, to prevent favouring the research
towards the research question(s).

Additionally, there is the risk of personal bias, as there are
four different annotators. To mitigate this risk, it was decided
to randomly select segments to annotate, which were then dis-
tributed among the four researchers, each of whom had dif-
ferent research questions.

It is also important to note the bias of Western culture, as
the video segments annotated for conversational involvement
mainly feature residents from the United Kingdom and were
annotated by four researchers who are residents of Europe.

9.2 Reproducibility
The videos used to annotate conversational involvement and
the Elan files with the annotations, as well as the code used
to interpret personality traits cannot be shared, as they may
contain sensitive information about the participants and could
potentially enable re-identification of the participants. How-
ever, the methodology of how this process was carried out
can be found in section 4 and can be used to reproduce the
process with different data, such as annotations for different
video segments and potentially other participants with differ-
ent personalities.
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