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ARTICLE INFO ABSTRACT

Keywords: The academic interest in the Open Government Data (OGD) domain has been burgeoning over the
Open Government Data years. Conceding that the prime focus of an OGD initiative is its further re-use for value creation
OGD

Personality traits
Technology adoption
UTAUT

and innovation by stakeholders, the present study seeks to underscore the role of HEXACO per-
sonality traits on behavioral intention (BI) to adopt and use OGD in developing countries’ context.
We investigate the direct, indirect, and moderating effects of HEXACO personality traits provide a

HEXACO better understanding of how and to what extent personality traits influence future behavioral
intention to use OGD. The results demonstrate that Trust and Performance Expectancy are pos-
itive predictors of BI to adopt and use OGD. Users with higher Openness to Experience tend to
have higher Effort and Performance Expectancy; are characterized by exposure to Social Influ-
ence; have higher level of Trust and positive experience of Facilitating Conditions and Informa-
tion Quality. Agreeable people are more likely to Voluntarily Use OGD. Conscientiousness
enhances the individual’s perception of OGD quality-related factors. Excessive Emotionality af-
fects negative perception to System and Information Quality issues. Honesty—Humility and Ex-
traversion are able to maintain the effect of OGD Information Quality and Trust on users’ BI. Our
findings could be useful for practitioners to level the divergence between actual and potential use

of OGD by considering the user’s personality traits.

1. Introduction

As Information and Communication Technology (ICT) is coming of age, rapid strides are being made in diverse domains inclusive of
the public sector. Such instances of convergence propelled the attention of the academicians and practitioners to foray into unraveling
the intricacies entailed therein conceding that the dynamic landscape of public management with an emphasis on the “smartness” of
the public sector envisions the resolution of societal problems through co-creation, co-production and collaboration with the citizens
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themselves (Criado et al., 2021). One such instance relates to the interface of the government and citizens via the Open Government
phenomenon which is a culmination of the electronic governments (e-governments) in a bid to promote transparency, trust and
accountability apart from realizing the overarching goals of the economy, efficiency and effectiveness in public service delivery
formats (Zhenbin et al., 2020). A significant offshoot of Open Government relates to the provision of the public data, that was hitherto
reserved in silos, via government websites in user-friendly formats (XLS, CSV, for instance) for value creation and innovation by a
multitudinous set of stakeholders (citizens, academia, non-profit sector, businesses and the like). This data that is freely available for
re-use is referred to as Open Government Data (OGD), Open Public Data (OPD) or Public Sector Information (PSI). For the present
purpose, we will stick to the OGD nomenclature to avoid ambiguity.

Research veering around “technology usage” is associated with the technological, social and psychological reasons for the usage
and adoption of a particular technology. OGD also fits well in the “technology” rubric given the fact that the datasets are being made
accessible online and ipso facto, the technological edifice needs to be in place for the realization of the goals of the OGD initiatives.
Significant research is available on the OGD usage behaviour by deploying the technology usage and acceptance models (TAM,
UTAUT, etc.) (Purwanto et al., 2020a; Saxena and Janssen, 2017; Talukdar et al., 2019; Zuiderwijk et al., 2015). However, as already
noted in a number of studies, there is increasing evidence that differences in personality traits affect the acceptance and use of IT.
Hitherto, limited-yet-valuable research is available to deepen our understanding of how personality traits impact technology usage and
adoption by individuals (Parasuraman, 2000; Lam et al., 2008) and invocation of personality traits in research has mainly deployed the
Big-5 personality traits’ inventory in many cases. However, no attempt has been made so far to understand how personality traits
influence OGD adoption and usage by individuals. Moreover, such a comprehensive HEXACO-100 inventory for analyzing personality
traits (Lee & Ashton, 2018) also has not yet been tested in combination with technology usage and acceptance models for exploring
their joint effect on the behavioral intention to adopt and use Open Government Data (Rizun et al., 2023).

This research aims to bridge this gap, by providing a better understanding of how and to what extent personality traits influence
future behavioral intention to use OGD among its actual or potential end users — current undergraduate and graduate students in India.
Our contribution to the literature on OGD initiatives’ acceptance in developing countries lies in demonstrating the powerful potential of
personality traits in building and altering patterns of OGD users’ behavioral intentions. From a methodological perspective, we
contribute by introducing a systematic process for constructing and evaluating a model that enables an understanding of the nature of
previously unexamined composite impact (direct, moderating, and indirect) of personality traits on behavioral intention to adopt and
use OGD. Implications of this research consist in providing recommendations for practitioners to level the divergence between actual
and potential use of OGD by considering the impact of personality traits on user behavior. Future research avenues are also proposed
that will help advance our understanding of the role that personality traits play in shaping the behavioral intention to adopt and use
OGD.

The paper is structured as follows: Section 2 covers the theoretical background across personality, technology adoption and usage
of OGD; Section 3 leads us to the research method adopted in the study; Section 4 provides an account of the results and their analysis;
the penultimate Section 5 provides an overview of the discussion and implications and the concluding section 6 provides a gist of the
study.

2. Research model and hypothesis development
2.1. OGD and technology adoption and usage

As the culmination of e-government alongside the forays made in providing the “freedom to information” to all, OGD implies the
provision of the hitherto-reserved public data for public use via the dedicated online portals of the government. Implicitly, OGD
pertains to the data linked with the diverse sectoral domains like environment, weather, energy, finance, education, health and the
like. For realizing the optimum benefits of OGD initiative, it is important that the OGD portals should be equipped with advanced tools
for data discovery, data visualization and user feedback apart from ensuring that the quality of the datasets is well-maintained (i.e.
datasets should be complete, provided with metadata, available in machine-processable file formats, be available on the support of
RDF and SPARQL and should be amenable to linking and combining from diverse sources (Alexopoulos et al., 2018). The idea behind
the OGD initiative is to promote transparency, accountability, inclusiveness, citizen trust, social control and citizen participation apart
from bringing about the economy, efficiency and effectiveness in public service delivery (Janssen et al., 2017; Matheus and Janssen,
2020; Zhao & Fan, 2021; de Juana-Espinosa & Lujan-Mora, 2019). As the term indicates, OGD is a “non-excludable resource” which
implies that OGD is free to access by one and all as per the open-access license framework (Jetzek et al., 2019). OGD initiatives of the
government envisage the re-use of the datasets for value creation and innovation by a diverse set of stakeholders (i.e. citizens, the
academic community, businesses, the non-profit sector, journalists and the like) and it has been pointed out that OGD initiatives bolster
the economy of the country as well (Leviakangas & Molarius, 2020).

It merits pointing out that OGD may be conceptualized in terms of being a “technology” due to its fundamental reliance on an
Information Technology (IT) platform - open data portal (Kalampokis et al., 2011; Afful-Dadzie & Afful-Dadzie, 2017a; Zuiderwijk
et al., 2015) and like any other “technology”, its research treatment needs to unravel the various dimensions associated with the
technology adoption and usage. In the Information Systems (IS) evaluation literature, many research models have been outlined to
study individual behavior towards the adoption and usage of any technology. For instance, the Theory of Reasoned Action (TRA)
model proposed by Fishbein and Ajzen (1975), the Technology Acceptance Model (TAM) given by Davis (1989), the Theory of Planned
Behavior (TPB) proposed by Ajzen (1991) and the Unified Theory of Acceptance and Use of Technology (UTAUT) model given by
Venkatesh and his colleagues (2003) among others may be counted as significant reference-pointers to study technology adoption and
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usage across diverse contexts. Every new model following the chronological order is based on its predecessors adding or re-structuring
or altering variables, aspects and elements.

For the present study, we will invoke an adapted model of UTAUT wherein the constructs may be conceived as per Table 1 (adapted
from Lnenicka et al., 2022). In adapted model integration was made from (1) empirically tested UTAUT models that were used
previously (Zuiderwijk et al., 2015; Saxena & Janssen, 2017; Talukder et al. 2019) with (2) system quality, information quality, data
quality and trust components with aim to emphasize the role of open data portals in existing OGD ecosystems and test the impact of
open data portals features on user experience (Purwanto et al., 2020a; Rizun et al., 2023). This study also aligns with one of the
primary research agendas in the OGD field posed by (Wirtz et al., 2022), specifically, how can IS theories and explanatory models, in
particular TAM, UTAUT and the DeLone-McLean IS success model, be applied in the context of research and development of OGD
theory to explain acceptance, adoption and usage behavior. Following the key tenets of adapted constructs and findings from previous
OGD-related studies, we introduce nine main hypothesizes about nine constructs effect on behavioural intention for OGD use (Table 1).

2.2. OGD initiative in India: A background

As in any developing country where the OGD initiatives are undertaken to usher a transparent, participative and serviceable
government in line with the anticipation of its citizens (Afful-Dadzie & Afful-Dadzie, 2017b; Purwanto et al., 2020b; Talukder et al.,
2019), the Indian experiment with OGD initiative has been a momentous one as it emerges over the years. As a part of the Digital India
campaign, OGD initiative (https://data.gov.in) in India is provisioned since 2012 under the aegis of the National Informatics Centre
(NIC) (MEITY, 2023; Deo, S., & Basrur, A., 2023). As such, the OGD initiative adheres to the Open Data Policy, i.e. the National Data
Sharing and Accessibility Policy (NDSAP) with the overarching aim of provisioning public data in machine-processable formats. The
initiative rests its edifice on the “Information for All” paradigm (NIC, 2023a) with more than 3.77 lac resources and 8223 catalogs
(NIC, 2023b). OGD initiatives in India as well in the States are moving forward to streamline their data management practices (ORF,
2022). Implicitly, the stakeholders hailing from diverse backgrounds including academic community - as in our study — stand to gain
from OGD initiatives by reusing the openly accessible OGD. Finally, it has been estimated that with the robust OGD initiatives in places,
the national as well as states’ levels shall benefit from the same in terms of providing refurbished services to the citizens (KPMG, 2023).

Table 1
Constructs of adapted UTAUT model and hypothesis developed ().
Construct Definition Construct Hypothesis
reference
Performance The extent to which an individual believes that using the =~ Venkatesh et al. H1: Performance Expectancy is positively related to
expectancy OGD will facilitate her or him realising benefits in job (2003), UTAUT Behavioral Intention to adopt and use OGD (Saxena &
(PE) performance Janssen, 2017; Barnett et al., 2014; Zuiderwijk et al.,

Effort expectancy
(EE)

Social influence
(SD

Facilitating
conditions
(FC)

Voluntariness of
use (VU)

System quality

(5Q)

Information
quality (IQ)

Data quality (DQ)

Trust (T)

Behavioral
intention (BI)

The extent to which an individual perceives the easiness
linked with the implementation/use of the OGD

The extent to which an individual comprehends the
significance of others’ perceptions for him/her to use a
OGD

The extent to which an individual believes that an
organisational and technical infrastructure exists to
support the use of OGD

The extent to which an individual perceives that OGD use
is voluntary or of free will

The extent to which the performance of the information
system in terms of reliability, convenience, ease of use,
functionality and other system metrics influences
individual willingness to adopt OGD

The extent to which the characteristics of the output
offered by the information system, such as accuracy,
timeliness and completeness influence individual
willingness to adopt OGD.

The extent to which OGD are free from errors, complete,
accurate, appropriately formatted as per standards and
ready for reuse

The extent to which OGD can be trusted

The extent of readiness and willingness to use OGD

Venkatesh et al.
(2003), UTAUT

Venkatesh et al.
(2003), UTAUT

Venkatesh et al.
(2003), UTAUT

Moore & Benbasat
(1991)

DeLone & McLean
(2003)

DeLone & McLean
(2003)

Purwanto,
Zuiderwijk &
Janssen (2020)
Purwanto,
Zuiderwijk &
Janssen (2020)
Venkatesh et al.
(2003), UTAUT

2015)

H2: Effort Expectancy is positively related to Behavioral
Intention to adopt and use OGD (Lakhal & Khechine,
2017; Saxena, S. & Janssen, M., 2017; Zuiderwijk et al.,
2015)

H3: Social Influence is positively related to Behavioral
Intention to adopt and use OGD (Talukder et al., 2019;
Zuiderwijk et al., 2015)

H4: Facilitating Conditions are positively related to
Behavioral Intention to adopt and use OGD (Talukder et
al, 2019; Nguyen, 2022; Zuiderwijk et al., 2015)

H5: Voluntariness of Use is positively related to Behavioral
Intention to adopt and use OGD (Talukder et al., 2019;
Zuiderwijk et al., 2015)

H6: System Quality is positively related to Behavioral
Intention to adopt and use OGD (Lenenicka et al., 2022)

H7: Information Quality has a positive effect on Behavioral
Intention to adopt and use OGD (Lenenicka et al., 2022)

H8: Data Quality has a positive effect on Behavioral
Intention to adopt and use OGD (Lenenicka et al., 2022)

H9: Trust has a positive effect on Behavioral Intention to
adopt and use OGD (Purwanto, Zuiderwijk, & Janssen,
2020a; Janssen, Charalabidis, & Zuiderwijk, 2012)

adapted from Lnenicka et al., 2022
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2.3. Personality traits and technology usage and acceptance

Personality is a broadly-conceived term which implies how an individual responds to particular situations. It covers the entire
gamut of aspects like an individual’s thoughts, feelings and behaviors and how these aspects differ from one individual to another.
Another dimension of personality is that it remains stable over time and circumstances (Phares & Chaplin, 2009). Personality is, by and
large, a factor of heredity, social surroundings, familial ties, place of birth and belongingness, natural conditions, etc. Personality traits
determine how an individual perceives or responds to a given situation. Extending this line of thought a little further, it may be
understood that there is a linkage between an individual’s personality traits and the dispositions and attitudinal behavior of in-
dividuals towards technology usage and adoption.

A number of modular formats are in place to assess personality and concomitantly, many dimensions have been identified by
psychologists. For instance, Cattell proposed a two-tiered personality structure with 16 primary factors (PFs) and 5 secondary factors
(Cattell, 1973). Thereafter, Eysenck (1967) enumerated three personality traits-extraversion, neuroticism and psychoticism-to
describe human personality. Goldberg (1990) gave the Big-5 model covering openness, conscientiousness, extraversion, agreeable-
ness and neuroticism. Finally, a more comprehensive and extended version of Big-5 version was propounded by Lee and Ashton as the
HEXACO-100 inventory (Lee & Ashton, 2018) which rests its edifice on the factorial structure of personality and identifies six factors of
personality (Abbasi et al., 2020): Honesty-Humility (individual changes in propensities of being “fair, honest and humble versus
manipulative, pretentious and materialistic””), Emotionality (individual variances in a person’s tendencies to be “nervous, sentimen-
tality, and empathy versus courage, detachment, and individuality™), Extraversion (being assertive, sociable, and demonstrative),
Agreeableness (modesty, compliance, and straightforwardness), Conscientiousness (being organized, dependable, thorough, and
exacting), Openness to Experience (flexibility in seeking new experiences) and Altruism (empathy and intention to help) (Ashton & Lee,
2007; Lee & Ashton, 2018). The instrument has 100 items in all measured on a 5-point Likert scale (1-disagree; 5-agree).

The behavioral intentions in various problem areas has been discussed in previous studies (Barnett et al., 2014; Devaraj et al., 2008;
Lakhal & Khechine, 2017; Sindermann et al., 2020; Wang et al., 2012b; Zhou & Lu, 2011). In the extant literature (Appendix 1), three
main directions of studying the effect of personality traits on behavioral intentions (BI) to use and adopt the technology (specifically,
the UTAUT) are successfully addressed: the first (least represented) examines the direct effect of personality traits on BI to use the
technology. The second direction (most actively represented) concerns the study of the personality traits that influence BI indirectly -
that is, through technology adoption as a mediator. The last one is related to testing the personality traits as variables that moderate the
technology use and adoption effect on BI.

To generalize the state-of-art studies presented in extant literature (Appendix 1), it may be deduced that the scientific interest in
studying the effect of personality traits on the behavioral intention to use emerging technologies is growing rapidly. UTAUT-
personality dimensions linkages have been clinched in the academic and non-academic settings involving a heterogenous set of
users across different locales to solicit the latter’s perspectives on the adoption and usage of different technologies. Previous research
has confirmed the presence of a latent relationship between personality traits and the adoption of new technology arguing that
personality traits can strengthen or weaken a person’s willingness or attitude towards behavior. But no definitive conclusions have yet
been made. In this regard, we can summarize, that firstly, it is known that context matters in technology-related research (Wang &
Yang, 2005). So far, no studies have been found that have tested the effects of personality traits in the context of behavioral intention to
use OGD. Secondly, such an extended model as HEXACO was not involved in this kind of research, which means that not all possible
personality trait factors have been explored yet in terms of their impact on users’ behavioral intention to adopt the technology. Finally,
as some previous studies demonstrated (Maican et al., 2019, Wang & Yang, 2005), the behavioral intention to use and adopt tech-
nology can be influenced by a comprehensive form, that is, a combination of several types of personality traits influence — direct,
indirect and moderating, which requires additional study in the context of OGD (Rizun et al., 2023). Thus, in order to fill these gaps, we
first, study each type of HEXACO personality traits effect in separate models so that they would allow us to hypothesize about the
possibility and nature of the combination of personality traits effects types’ on behavioral intention to use and adopt OGD in the final
model.

Hence, to provide a deeper understanding of how and to what extent personality traits affect the behavioral intention to use OGD in
the future, this paper is guided by the following research questions (RQ): RQ1: “How and to what extent personality traits directly affect
Behavioral intention to adopt and use OGD?”’; RQ2: “How and to what extent personality traits indirectly affect Behavioral intention to adopt
and use OGD?”’; RQ3: “How and to what extent are personadlity traits moderating the relationship between technology adoption factors and
Behavioral Intention to adopt and use OGD?”’; RQ4: “How and to what extent do personality traits have a combined (direct, moderating or
indirect) effect on Behavioral intention to adopt and use OGD?”.

Due to the fact that, as noted above, there is no single study that tests the influence of personality traits on behavioral intention to
use OGD, we will develop all our hypotheses by adapting the results of the relevant literature regarding the adoption and use of
technologies to the context of OGD. The three types of hypotheses are explained in the section 2.2.1.

2.4. Hypothesis development

Honesty-Humility. Individuals scoring high on this dimension are “sincere, honest and, modest and are more likely to cooperate
with others; on the contrary, people with a low level of honesty-humility are inclined to be presumptuous, dominant, and manipu-
lative, and to break the rules to gain their own advantages” (Morelli et al., 2020:3). In (Gnisci et al., 2011) study, internet dependence
was found to be significantly negatively linked with honesty-humility dimension. In another instance, honesty-humility was found to
have direct positive impact of personality characteristics in both offline (Wagner et al., 2014) and online (NOE et al. 2016) social
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networks. Honesty-humility is also positively associated with sincere and fair interpersonal and intergroup collaboration (Hilbig et al.,
2018), and decreased cheating behavior (Scigala et al., 2019). In the context of OGD we expect that people with high honesty-humility
trait are likely to show a stronger desire to adopt and use open data for more transparent and fair government-citizen interactions
through Open Government:

H10A: Honesty-Humility will be positively associated with Behavioral Intention to adopt and use OGD.

In another instance, honesty-humility was not found to have any direct effect on predicting user video game engagement (Abbasi
et al., 2020) and Facebook usage and Facebook network characteristics (Brown, Roberts & Pollet, 2018). On the other hand, according
to (Sindermann et al., 2020), individuals who score lower in honesty-humility are more likely to show higher levels of TAM indicators
(such as perceived usefulness, perceived ease of use) with wit regard to technological devices. Those who score high in honesty-
humility are likely to be more truthful about their use of technologies. Because prior studies did not measure honesty-humility in
the context of OGD and UTAUT (see section 2.2), we can only theorize that:

H10B_1-H10B_9: Honesty-Humility will be positively associated with each of the OGD-related Nine technology adoption factors.'

We expect to find positive significant moderative effect of honesty-humility on relationship between some of technology adoption
factors and Behavioral Intention to use and to adopt and use OGD. Having no direct evidence of such an positive moderating effect in
extant literature, we can assume its presence, since, on the one hand, it is known that Agreeableness is positively moderated the
relationship between subjective norms and intention to use Collaborative System (Devaraj et al., 2008; Ramirez-Correa et al., 2019); on
the other hand, agreeableness and honesty-humility demonstrate a strong positive correlation in the context of interpersonal com-
petency, computer games adoption, pro-social and ethical behavior and (Wang et al., 2022; Ludeke et al., 2019; Lee & Ashton, 2012;
Zhao et al., 2016). Hence, we theorize that:

H10B_1-H10B_9: Honesty-Humility will moderate the relationship between each of the OGD-related Nine technology adoption factors and
Behavioral Intention such that the relationship is stronger for individuals with higher Honesty-Humility.

Emotionality. Neurotics are vulnerable and tend to become angry and worrisome easily-this is characteristic of the emotionality
dimension. Extant literature underlines that individuals scoring high on the neuroticism dimension are found lacking in motivation to
learn (Major, Turner & Fletcher, 2006) which makes them repulsive to having a learning goal orientation (Payne, Youngcourt &
Beaubien, 2007). Another study attests that those individuals ranking high on neuroticism will feel more anxious to use new facilities
thereby finding it more secure to use new technology (Wang & Yang, 2005). Neuroticism had a direct negative effect on both the
perceived and actual use of technology (Barnett et al., 2014). Thus, following this logic, that individuals with higher levels of
neuroticism tend to be less receptive to new experiences (Watjatrakul, 2016), it may be deduced that individuals scoring low on the
Emotionality trait are likely to adopt and use OGD. Our hypotheses follow that:

H11A: Emotionality will be negatively associated with Behavioral Intention to adopt and use OGD.

However, According to Devaraj et al. (2008), neuroticism is linked to negative beliefs about the usefulness of technology. Neurotic
individuals tend to perceive technological advancements in their work as threatening and stressful, which leads to negative views
about the usefulness of technology. Neuroticism also has been found to negatively affect Performance Expectancy, Effort Expectancy
and Facilitating Conditions (Ramirez-Correa et al., 2019; Lakhal & Khechine, 2017; Boontarig, 2016; Svendsen et al., 2013; Tran,
2016). Based on these findings, we can hypothesize the presence of an indirect significant effect of Emotionality in the context of OGD
adoption and use, namely:

H11B_1-11B_9: Emotionality will be negatively associated with each of the OGD-related Nine technology adoption factors.

Neurotic individuals tend to adopt emotion-focused coping strategies (Wills et al., 2001). Therefore, when faced with a problem or
negative outcomes resulting from their technology use, they seek ways to rationalize their actions and alleviate negative emotions,
rather than addressing the underlying behavior (Vaghefi & Qahri-Saremi, 2018). In addition, the findings from extant literature about
the presence of a significant negative moderating effect of neuroticism on internet experience (defined as the capability of using the
internet) the facilitating conditions-intention relationship (Wang & Yang, 2005); on a perceived emotional value on intention to study
online courses (Watjatrakul, 2020); intention to use 5G technology (Irfan, & Ahmad, 2022), motivate us to put forward the following
hypothesis:

H11C_1-11C_9: Emotionality will moderate the relationship between each of OGD-related Nine technology adoption factors and Behavioral
Intention such that the relationship is stronger for individuals with lower Emotionality.

eXtraversion. Extraversion is marked by low emotional stimulation and this may be linked to the fact that external sources of
stimuli are pertinent for extrovert individuals (Eysenck, 1967, 1973). This trait is associated with increased social interaction activities
of an individual. This fact has been attested in the extant literature that extroverts are better performers when it comes to working in
groups or on tasks that mandate interaction with others (Mount, Barrick & Stewart, 1998). Svendsen et al. (2013) found that extra-
version influenced behavioral intention (BI) both directly and mediated through the TAM beliefs. Therefore, first of all, we want to test
our hypothesis that that individuals with higher extraversion scores are more likely to accept and use OGD than their counterparts.
Hence, we theorize that:

H12A. eXtraversion will be positively associated with Behavioral Intention to adopt and use OGD.

Prior research also has shown that, extraversion is positively related to the attitude to use technology, facilitating condition,
intention to use, perceived usefulness, perceived ease of use, social influence and trust (Conti, Commodari & Buono, 2017; Wang et al.,
2020; Tran, 2016; Chipeva, 2018; Irfan, & Ahmad, 2022) and there seems to be a correlation between increasingly extroverted

1 Here and below: Nine technology adoption factors ={Performance expectancy; Effort Expectancy; Social Influence; Facilitating Conditions; Voluntar-
iness of Use; System Quality; Information Quality; Data Quality; Trust}.
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individuals and their enjoyment of challenging situations commonly found in various gaming genres (Teng, 2008). Accordingly, we
hypothesize that:

H12B_1-H12B_9: eXtraversion will be positively associated with each of the OGD-related Nine technology adoption factors.

Moreover, extraversion positively moderates the relationship between training and perceived usefulness (Li, 2016); and subjective
norms and intention to use (Devaraj et al., 2008). Additionally, extraversion positively moderates the relationships between expected
visibility and attitude toward using smartwatches; and between expected self-expressiveness and attitude toward using smartwatches
(Krey, 2019). Therefore, we expect that when extraversion is higher, the effect of technology adoption factors on Behavioral Intention
to adopt and use OGD increases. To formally hypothesize:

H12C_1-H12C_9: eXtraversion will moderate the relationship between each of the OGD-related Nine technology adoption factors and
Behavioral Intention such that the relationship is stronger for individuals with higher eXtraversion.

Agreeableness. One of the dimensions of agreeableness relates to the tendency to sacrifice one’s own pleasures to please others
(Narayanan, Menon & Levine, 1995). Furthermore, agreeableness measures the degree of trust, straightforwardness and tender-
mindedness. Agreeableness did not have any relation with the perceived or actual usage of the IT system (Barnett et al., 2014).
Agreeable individuals tend to perceive technology as more useful, as they are accommodating and cooperative when evaluating new
technology. They prioritize the positive and cooperative aspects of technology over factors that might hinder performance (Devaraj
etal., 2008). Highly agreeable personalities are more likely to report higher levels of expertise, enjoyment, and control in video games
(Johnson et al., 2012); agreeable students are prone to experiencing a sense of playfulness in virtual reality (VR) learning systems
(Wang et al., 2022) So, we need to know if will the same behavior spread to their intention to adopt and use OGD. Accordingly, we
investigate whether agreeable individuals are more likely to adopt and use OGD and hypotheses that:

H13A: Agreeableness will be positively associated with Behavioral Intention to adopt and use OGD.

However, in other research agreeableness positively affects effort expectancy (specifically true for males but not significant for
females) thereby easing the usage of technology (Lakhal & Khechine, 2017); individual ICT usage behavior (Chipeva, 2018); perceived
ease of use VR-based learning systems (Wang et al., 2022); intention to use 5G technology (Irfan, & Ahmad, 2022). Consequently, the
following hypothesis was formulated:

H13B_1-H13B_9: Agreeableness will be positively associated with each of OGD-related Nine technology adoption factors.

Additionally, prior research contends that agreeableness positively moderates the social influence-intention relationship to use
internet (Wang & Yang, 2005); relationship between behavioral intent and extent of security software use (Shropshire, 2015).
Therefore, this research tends to investigate the role of agreeableness as a moderator of the OGD-related intention-behavior
relationship:

H13B_1-H13B_9: Agreeableness will moderate the relationship between each of OGD-related Nine technology adoption factors and
Behavioral Intention such that the relationship is stronger for individuals with higher Agreeableness.

Conscientiousness. Individuals scoring high on this trait are considered to be dependable and responsible apart from their strong
focus on achievement. This last trait propels individuals to set goals and engage in behaviors that help them to succeed in diverse
contexts (Major, Turner & Fletcher, 2006). Previous research showed how conscientiousness had a direct positive effect on both
perceived and actual use of the IT system (Barnett et al., 2014). Specifically, conscientiousness was positively associated with both
perceived and actual use of the IT system use (Barnett et al., 2014). Thus, it is likely that those scoring high on the conscientiousness
traits will adopt and use OGD in contrast with the others. Thus, we hypothesize that:

H14A: Conscientiousness will be positively associated with Behavioral Intention to adopt and use OGD.

On the other hand, conscientiousness was found to impact the relationship between facilitating conditions, perceived value and
intention to use a technology (Boontarig, 2016). Performance Expectancy was found to be more important for least conscientiousness
individuals to facilitate technology usage (Ramirez-Correa et al., 2019). Conscientious person is likely to recognize the benefits of e-
learning, such as time-saving, flexibility, and overall usefulness (Punnoose, 2012); and positively perceive the easiness of using VR-
based learning systems (Wang et al., 2022) and social networking technology (Rosen & Kluemper, 2008). Therefore, we expect that:

H14B_1-H14B_9: Conscientiousness will be positively associated with each of OGD-related Nine technology adoption factors.

Moreover, prior research has shown that conscientiousness positively moderates the relationship between behavioral intent and
extent of security software use (Shropshire, 2015); students’ pro-ecological behavioral intention to practice Green IT (Dalvi-Esfahani,
2020). Therefore, we expect that when conscientiousness is higher, the effect of technology adoption factors on Behavioral Intention to
adopt and use OGD increases. To formally hypothesize:

H14C_1-H14C_9: Conscientiousness will moderate the relationship between each of OGD-related Nine technology adoption factors and
Behavioral Intention such that the relationship is stronger for individuals with higher Conscientiousness.

Openness to Experience. Openness to experience is linked with an individual’s propensity to try novel and unique things which sets
them apart from the others (Devaraj et al., 2008). Individuals who are open to new experiences tend to be more creative, willing to
explore unconventional ideas, and demonstrate higher intellectual and mental abilities. As a result, they are independent thinkers and
less easily swayed by external influences (Sharm & Citurs, 2004). Openness was found to have a direct positive effect on technology
usage (Maican et al., 2019; Conti et al., 2017); consumers’ desire to adopt green energy technologies (Zeng et al., 2022) and internet
usage (McElroy et al., 2007). Opened to experience students are likely to perceive the e-learning system as more useful and easier to use
(Svendsen et al., 2013), and VR-based learning systems - innovative, sophisticated, and thrilling (Wang et al., 2022). Based on these
findings, we hypothesize that as a personality trait focused on the extent to which an individual is receptive to experiences, higher
scores for Openness to Experience shall likely translate to an increased propensity to adopt and use OGD. Hence, we hypothesize the
following:

H15A: Openness to Experience will be positively associated with Behavioral Intention to adopt and use OGD.
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Prior research also has shown that, Openness to experience affects adoption of renewable energy technology (He & Veronesi,
2017), cloud computing (Aharony, 2015) or MOOCs (Wu & Chen, 2017) through the perceived ease of use; and has an effect on
performance expectancy in mobile easy payment (Lee et al., 2016). Watjatrakul (2016) observed that they paid more attention to the
quality of online learning system. Based on these findings, we can hypothesize the presence of an indirect significant effect of Openness
to experience in the context of OGD adoption and use, namely:

H15B_1-H15B_9: Openness to Experience will be positively associated with each of OGD-related Nine technology adoption factors.

Moreover, openness has been found to have a significant positive moderation effect on the association between social media use for
COVID-19 vaccine information and intention to receive the COVID-19 vaccination (Mo, 2021). Findings of the (Ashrafi, 2022) study
highlighted the moderating effect of OE in predicting the correlation between passengers’ willingness to use Ride-sharing services and
their overall value perception. Therefore, we expect that when Openness to Experience is higher, the effect of technology adoption
factors on Behavioral Intention to adopt and use OGD increases. This concern has yet to be investigated in literature and, therefore, the
following hypothesis was proposed:

H15C_1-H15C_9: Openness to Experience will moderate the relationship between each of OGD-related Nine technology adoption factors and
Behavioral Intention such that the relationship is stronger for individuals with higher Openness to Experience.

3. Methodology

This section aims to describe the methodology adopted in the current study. Method-wise, a three-fold triangulation approach was
used. First, the literature available on how personality might impact the UTAUT relationships was conducted with the aim (i) to study
the types of models applied and the measurement constructs designed; (ii) to identify the research gap; and (iii) to guide our research
models development. Second, to assess how strong the impact of personality traits on the behavioural intention to use OGD, the re-
spondent’s knowledge was used. As the method of inquiry, we chose an online expert questionnaire to collect data. Third, we used the
set of structural equation models to investigate the direct influence and the moderating effects of personality traits on the behavioural
intention to use OGD. Section 3.1 provides information on related models. Section 3.2. introduces the process of measurement in-
strument development including sampling and data collection. Section 3.3 describes the data analysis methods. Section 3.4 presents
the strategy of experiments on the different models and the reasons for the final model definition.

3.1. Measurement development and data collection

For measurement instrument development the constructs from (i) adapted UTAUT (Table 1) and (ii) HEXACO-100 inventory
models were used. All instrument items and a complete set of questions can be found in Appendix 3. The questionnaire was developed
and used to test the measurement instrument and to collect the primary data. The questionnaire was divided into three parts. The first
part of the questionnaire captured the demographic details such as gender, age, education level, year of study, and fields of study of
individual respondents. The second part of the questionnaire captured user behavioral intentions to use Open Government Data. For
each latent construct, three to four questions (indicators) were formulated to capture the usage and adoption of OGD. All the reflective
indicators were measured on a 5-point Likert scale using scales from “strongly disagree” to “strongly agree”. The third part of the
questionnaire aimed to assess the personality using a self-report inventory. The six personality factors were measured through a series
of questions designed to rate an individual on the levels of each factor. Some of the questions (indicators) from the HEXACO model
have the reversed scale (R), where 5 means “strongly disagree”, but the score of 1 means “strongly agree”.

Students who are actual or potential “academics/users”, who can use data for their own research objectives and various profes-
sional needs, and represent a variety of fields of study and OGD-specific needs and skills, were selected as a primary targeted popu-
lation for our study. The rationale for administering the research instrument among university students is that the academic sector
presents one major potential group for OGD use and adoption (Borgman, 2015; Golub & Lund, 2021), and youth is one of the most
promising target audiences for promoting an open government culture and including youth as active participants in open government
strategies and initiatives (OECD, 2016). The choice of this sample also was driven by convenience and constraints imposed by limited

Table 2

Demographic characteristics of the respondents (n = 530).
Gender # % Age # %
Female 247 46.6 16-20 years 332 62.6
Male 283 53.4 21-25 years 190 35.8
Education # % 26-30 years 5 0.9
Bachelor’s 500 94.3 Above 30 years 3 0.6
Master’s/PhD/PostDoc 30 5.7 Field of study # %
Year of study # % Humanities and Social Sciences 111 20.9
1st year 59 11.1 Law 44 8.3
2nd year 37 7.0 Management/Commerce 74 14.0
3rd year 269 50.8 Nursing/Medical 6 1.1
4th year 157 29.6 Engineering 217 40.9
5th year 3 0.6 Hospitality/Hotel Management 41 7.7
Other 5 0.9 Other 37 7.0
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research funding.

We used an online survey instrument (Google Form) to collect data. All measurement items were presented in English. A link to the
survey instrument was distributed online (via email and WhatsApp) after explaining the research purpose to the students (specifically,
only the actual OGD users) of a private university in India. Recipients of the link were invited both to complete the survey and to give
their e-mail addresses in case they are interested in the results of this study. Over six months in 2022, we received 530 valid responses.
A series of t-tests were conducted to test for any significant differences between the usable responses in the first period and the second
period. No significant differences were found. The demographic characteristics of the respondents are described in Table 2 given
below.

3.2. Data analysis

The Partial Least Square (PLS) method using SmartPLS 3.3.9 software (Ringle, Wende, & Will, 2005) was applied to test the direct
influence or the moderating effects of personality traits on the behavioral intention to use Open Government Data. A two-stage
approach was applied to study each research model. First, assessing the quality of the measurements using the measurement model.
Second, testing the hypotheses using the structural model.

3.3. Experiments strategy

To explain the context of the influence of personal trials on the use and adoption of Open Government Data, two experimental steps
were realized:

Step 1. Developing three research models to consequently investigate how and to what extent personality traits (i) directly; (ii)
indirectly, and (iii) as a moderator affect the behavioral intention to use and adopt OGD. The result of this stage should be a sample of
personality traits that demonstrate their significant impact on behavioral intention to use and adopt OGD, performing the role of a
direct, indirect or/and moderating factor.

Research Model 1. Examines the direct effects of HEXACO personality traits on users’ behavioral intention to use OGD in the future.
Uses an adapted UTAUT as the underlying OGD adoption model. As shown in Fig. 1, we test the (i) contextual hypotheses outgoing
from UTAUT (H1-H9); and (ii) hypotheses linking personality traits (H10A-H15A) to behavioral intentions.

Research Model 2. Examines the indirect effects of personality traits (HEXACO) on users’ behavioral intention to use OGD through
the user’s technology adoption (adapted UTAUT). As shown in Fig. 2, we test the (i) hypotheses direct linking the personality traits to
each of OGD adoption factors (H10B-H15B) and (ii) contextual hypotheses outgoing from users’ technology adoption factors (H1-H9)
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Fig. 1. Research Model 1 (RM1) - Direct effect of OGD adoption (adapted UTAUT model) and personality traits (HEXACO) (()).
adapted from Abu-Shanab, Pearson & Setterstrom, 2010; Conti, Commodari & Buono, 2017
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Fig. 2. Research Model 2 (RM2) — Indirect effect of personality traits on behavioral intention to use OGD thought users technology adoption (()).
adapted from Lakhal & Khechine (2017

that to behavioral intentions to use OGD in the future.

Research Model 3. Examines how HEXACO personality traits moderate the effect of adapted technology adoption model factors on
users’ behavioral intention to use OGD. As shown in Fig. 3, we test hypotheses linking the influence of personality traits (H10C-H15C)
on the relationship between each of the UTAUT adoption model factors (H1-H9) and behavioral intention.

Step 2. Building and exploring the Final Research Model that (i) aim to explain the comprehensive nature of the influence of personal
trials on the use and adoption of OGD, and (ii) includes the selected significant direct, indirect, and moderating effects identified in step
1.

4. Results and findings
4.1. Models testing

4.1.1. Measurement model assessment
According to the methodology, firstly, we evaluated the reflective measurement model (Appendix 3). Individual indicator reliability
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Fig. 3. Research Model 3 (RM3) — Moderating effect of HEXACO personality traits on technology adoption influence on behavioral intention to use
OGD in the future ().
adapted from Boontarig, 2016
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(outer loadings) values in all three Research models achieved the recommended loading values of > 0.708 (Hair et al., 2019) for all 35
items from the UTAUT-related part of the construct. In turn, 79 (for RM_1 and RM_3) and 76 (for RM_2) out of 96 items from the
HEXACO-related part of the construct exceeded the (>0.4) threshold (Hulland, 1999). The loadings values of the three Research
models are included in Appendix 4. The internal consistency reliability is assessed using Cronbach’s alpha («) and Composite Reliability
(CR). The a and CR values for all constructs shave good internal consistencies, the reliability ranging from 0.778 to 0.9 for the o; and
0.711 to 0.955 for the CR (see Appendix 5). Thus the model can be considered reliable. All constructs from UTAUT-related par
demonstrate good convergent validity which explains more than 50 % of the variance (Hair et al., 2019). For all HEXACO-related part
constructs AVE scores dropped to values below 0.50 (see Appendix 5). Concerning discriminant validity, the results, presented in
Appendix 5 confirm that: (i) all constructs from the UTAUT-related part demonstrate values of the outer loading were above the values
of all their cross-loadings on the other constructs.; (ii) in 16 out of 96 constructs from the HEXACO-related part indicators’ the cases
were found where the indicator’s loadings on its own construct are lower than its cross-loadings with other constructs (Henseler,
Ringle, & Sarstedt, 2015) (see Appendix 6).

4.1.2. Structural models analysis

The examination of the structural model was carried out to test the hypotheses put forward in the process of building the research
model. A bootstrapping procedure with 5000 iterations was performed to examine the statistical significance of the weights of sub-
constructs and the path coefficients (p).

Research Model 1. Appendix 7 provides the Research Model 1 estimation results. The standard deviation (STDEV) of path co-
efficients is estimated from the original sample (O) and samples obtained from bootstrapping process (M) to confirm the statistical
significance of hypotheses of direct effect (H1-H9, H10A-H15A) and the direction of either positive or negative and results. Out of the
fifteen (15) hypotheses, five (5) are supported. Behavioural Intention (BI) to use OGD is significantly strongly positively affected by Trust
(H9: p=0.61, p < 0.01) and weekly positively affected Performance Expectancy (H1: p = 0.095, p < 0.05) technology adoption factors,
substantially explaining 75.6 % of the variance in the dependent variable. None of the personality traits has a direct significant impact
on behavioral intention to use and adopt OGD. RM_1 demonstrates a substantial level of RZ = 0.756. SmartPLS output of the Research
Model 1 estimation is presented in Appendix 8.

Research Model 2. Examining the structural model of Research model 2 was carried out to test the indirect effects of personality traits
(H10B-H15B) and the main direct effects of technology adoption factors (H1-H9). Appendix 9 presents the summary of the hypotheses
tests. Regarding the direct effects of the UTAUT constructs on Behavioral Intention to adopt and use OGD, two out of the nine hy-
potheses were supported. Trust was found to be a strong predictor of the Behavioral Intention (H9: f = 0.617, p < 0.01) and similar
positively significant results were secured for Performance Expectancy (H1: § = 0.09, p < 0.05), substantially explaining 75.1 % of the
variance in the dependent variable. Changes in the degree of effect of these factors on BI compared to RM_1 are insignificant.

Regarding the indirect effects of the HEXACO traits, fourteen (14) out of the 54 hypotheses were supported. Our results show first,
that Openness to Experience personal trial is significantly positively mediated by Performance Expectancy (H15B_1: § = 0.369, p <
0.01), Effort Expectancy (H15B_2: f = 0.383, p < 0.01), Social Influence (H15B_3: p = 0.327, p < 0.01), Facilitating Conditions
(H15B_4: p = 0.465, p < 0.01), Information Quality (H15B_7: p = 0.295, p < 0.01) and Trust (H15B_9: § = 0.191, p < 0.05). So, we can
conclude that open to new experience individuals more likely to view OGD technology as useful (Performance Expectancy) and easier
to use (Effort Expectancy); will probably find more people that have adopted or are thinking of adopting OGD (Social Influence); will
perceive greater facilitating conditions and information quality of used OGD (Facilitating Conditions and Information Quality); and
will tend to have higher trust toward OGD technology (Trust).

Second, the Conscientiousness is significantly positively mediated by System Quality (H14B_6: p = 0.185, p < 0.05), Information
Quality (H14B_7: p = 0.179, p < 0.05), Data Quality (H14B_8: p = 0.212, p < 0.05); and also Trust (H14B_9: p = 0.191, p < 0.05) to
Open Government Data. It shows that conscientious individuals just like open to new experience individuals will tend to have higher
trust toward OGD technology (Trust) and more likely to view the greater information quality of used OGD (Facilitating Conditions and
Information Quality); but also more perceive a higher quality of OGD technology data and system itself (System Quality and Data
Quality).

Third, the Emotionality is significantly negatively mediated by System Quality (H10B_6: p = -0.213, p < 0.05); and Information
Quality (H11B_7: § = -0.222, p < 0.05) perception. So, highly emotional individuals can tend to seek more problems in OGD data and
system quality (System Quality and Data Quality).

Fourth, the Agreeableness is significantly positively mediated by Social Influence (H13B_3: p = 0.211, p < 0.05); and Voluntariness of
Use OGD (H13B_6: p = 0.278, p < 0.01). So, we can conclude that Agreeable people just like open to new experience will probably find
more people that have adopted or are thinking of adopting OGD (Social Influence), but also they will be more enthusiastic about the
use of OGD as voluntary.

RM_2 shows a substantial level of R> = 0.751 but is lower than for RM_1. SmartPLS output of the Research Model 2 estimation is
presented in Appendix 10.

Research Model 3. Examining the structural model of Research model 3 was carried out to test the moderation effects of personality
traits (H10C-H15C) and the main direct effects of technology adoption factors (H1-H9). Appendix 11 presents the RM_3 estimation
results. BI to use OGD is very strongly positively affected by Trust (H9: p = 0.669, p < 0.01) and also positively affected by Performance
Expectancy (H1: p = 0.118, p < 0.05), substantially explaining 78.5 % of the variance in the dependent variable. The degree of the
positive effect of Trust on BI was significantly reduced compared to RM_2; the degree of influence of Expected Performance on BI has
increased significantly compared to RM_2.

Regarding the moderating effects of the HEXACO traits, three out of the 54 hypotheses were supported. Our results show first, that

10
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relationship between Information Quality and Behavioral Intention to adopt and use OGD was positively moderated by Honesty-Humility
(H10C_7: p = 0.239, p < 0.05). This could be explained by the fact that respondents with a higher level of propensities of being fair,
honest and humble being as against her being manipulative, pretentious and materialistic, as we expected, have a stronger positive
effect of Information Quality on BI to adopt and use OGD. Second, the relationship between Information Quality and Behavioral
Intention was negatively moderated by Extraversion (H12C_7: § = -0.251, p < 0.05). This means that respondents with a higher level of
outgoing, assertive, sociable and demonstrative, contrary to our expectations, have a weaker positive effect of Information Quality on BI
to adopt and use OGD. Third, we found that Extraversion also was found to have a significant positive moderating impact on the
relationship between Trust and Behavioral Intention to adopt and use OGD relationship (H12C_9: § = 0.320, p < 0.05). This means that
respondents with a higher level of extraversion personality traits have a stronger positive effect of Information Quality on BI to adopt and
use OGD (Appendix 12). Other 51 moderating effects as hypothesized earlier were statistically insignificant. RM_3 shows a substantial
level of R? = 0.813 and much increase over RM_1 and RM_2. SmartPLS output of the Research Model 3 estimation is presented in
Appendix 13.

4.2. Combined model

At this stage of our study, according to our methodology, the aimed to build and explore the Final Research Model which (i) helps to
extend the understanding of the comprehensive nature of the personal trial’s impact on the use and adoption of OGD; and (ii) is
suggested to be built based on selected significant direct, indirect, and moderating effects, that were identified during Research Models
1, 2 and 3 exploring (Table 3). As shown in Fig. 4, we test the following hypotheses:

Examining the structural model of constructed Final Model was carried out to test the indirect and moderating effects of personality
traits; and the main direct effects of technology adoption factors (Table 3). Out of the 26 hypotheses, fourteen (14) are supported. As a
result of estimating the Final model were confirmed the following hypotheses of direct effects of the UTAUT constructs on the
Behavioral Intention to adopt and use OGD: BI to use OGD is very strongly positively affected by Trusts (H9: p = 0.603, p < 0.01) and
also positively affected by Performance Expectancy (H1: § = 0.098, p < 0.05), substantially explaining 75.6 % of the variance in the
dependent variable. The degree of the positive effects of Trust and Performance Expectancy on BI are significantly reduced compared
to RM_1. Regarding the indirect effects of the HEXACO traits, the Final model shows the following: (1) Openness to Experience has
confirmed all significant positive effect on Performance Expectancy (H15B_1: p = 0.437, p < 0.01), Effort Expectancy (H15B_2: p =
0.419, p < 0.01), Social Influence (H15B_3: p = 0.293, p < 0.01), Facilitating Conditions (H15B_4: = 0.455, p < 0.01), Information
Quality (H15B_7: p = 0.328, p < 0.01) and Trust (H15B_9: § = 0.219, p < 0.01). (2) Conscientiousness has confirmed three out of four
significant positive effects on the level of an individual’s perception of OGD System Quality (H14B_6: p = 0.379, p < 0.01), Information
Quality (H14B_7: f = 0.226, p < 0.01), and Data Quality (H14B_8: p = 0.278, p < 0.01). (3) Emotionality has confirmed its significant
negative impact on OGD System Quality (H11B_6: p =-0.155, p < 0.01) and on Information Quality (H11B_7: § =-0.208, p < 0.01). (4)
Agreeableness has confirmed significant positive impact only on Social Influence (H13B_3: p = 0.182, p < 0.01). The degree of the
positive effects of Openness to Experience on most of these factors (except Social Influence) significantly increased compared to RM_2.

Table 3
Significant personality traits factors affecting behavioral intention to use OGD.
Path H Research Model 1 Research Model 2 Research Model 3 Final Model
R? = 0.756 R? = 0.751 R? =0.813 R? = 0.756
Personality traits directly affecting behavioral intention to use OGD
Not identified H10A-H15A - - - -
Personality traits indirectly affect behavioral intention to use OGD through user’s technology adoption
Emotionality -> System Quality H11B_6 - —0.213* - —0.155*
Emotionality -> Information Quality H11B7 - —0.222* — —0.208**
Agreeableness -> Social Influence H13B_.3 - 0.211* - 0.049 (ns)
Agreeableness -> Voluntariness of Use H13B.5 - 0.278%** - 0.182%*
Conscientiousness -> System Quality H14B_6 - 0.185* - 0.379%*
Conscientiousness -> Information Quality H14B_7 - 0.179* - 0.226%*
Conscientiousness -> Data Quality H14B_8 - 0.212* - 0.278%*
Conscientiousness -> Trust H14B 9 - 0.191* - 0.099 (ns)
Openness to Experience -> Performance Expectancy H15B_1 - 0.369%* - 0.437%*
Openness to Experience -> Effort Expectancy H15B_2 - 0.383** - 0.419**
Openness to Experience -> Social Influence H15B_3 - 0.327** - 0.293%*
Openness to Experience -> Facilitating Conditions H15B 4 - 0.465%* - 0.455%*
Openness to Experience -> Information Quality H15B_7 - 0.295%* - 0.328%*
Openness to Experience -> Trust H15B9 - 0.191* - 0.219%*
Personality traits moderating the user’s technology adoption affect behavioral intention to use OGD through user’s technology adoption
Honesty-Humility*Information Quality -> BI H10C_7 - - 0.239* 0.022 (ns)
eXtraversion*Information Quality -> BI H12C7 - - —0.251* —0.013 (ns)
eXtraversion*Trust -> BI H12C 9 - - 0.320* —0.039 (ns)
User’s technology adoption direct effect on behavioral intention to use OGD through user’s technology adoption
Performance Expectancy -> BI H1 0.101* 0.090* 0.118* 0.098*
Trust -> BI H9 0.686** 0.617** 0.559** 0.603**

Sig. *p < 0.05; **p < 0.01; ns: not significant
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Fig. 4. Final Model (FM) - Combined indirect and moderating effect of HEXACO personality traits on technology adoption impact on behavioral

intention to use OGD in the future.

Hypotheses H13B_3 and H14B_9 were not supported.

None of the hypotheses about personality traits’ moderation effect was confirmed (H10C_7, H12C_7 and H12C_9).

The Combined model has R? = 0.756. It has not exceeded the level of the RM_3, but still presents a significant substantial level
including also all the constructs that indirectly affect the dependent variables which are recognised as important in the previous
experiments. Since the combined model incorporates the knowledge of all the previous ones, it needs to be further evaluated against
RM_3 results with new data. The summary of all four Research models’ results is presented in Table 3.

The final personality traits influence Open Government Data (OGD) adoption and usage model as shown in Fig. 5 below:

5. Discussion and implications

5.1. Theoretical implication

The theoretical implications of our study are primarily to further expand the use of UTAUT frameworks, constructs, and related
elements to understand the adoption of OGDs and open data portals, taking into account the users’ personality traits, to help create
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conditions for stakeholders with different psycho types and individual reactions to technology to effectively reuse OGD. The main
contribution of our study to the existing literature on OGD adoption is that we provided a deeper understanding of the nature of
personality traits’ impact on the behavioral intention to use and adopt Open Government Data in the context of students’ perception.

Before discussing our results regarding the personality traits, we should note that our study confirmed that, Performance Expectancy,
had positive direct effects on BI to use the OGD (Saxena & Janssen, 2017; Talukder et al., 2019; Zainal, et al., 2022). In the context of
India, the findings provide valuable insight into the underlying motivations of OGD users. It is becoming evident that users, especially
young people, have high hopes for OGD to improve their performance and promote professional growth (Saxena & Janssen, 2017;
Kassen, 2018; Alawadhi & Morris, 2008). In the responses collected, 45.77 per cent of participants conveyed that OGD holds
importance to them (Appendix 12). Moreover, professional curiosity and the opportunity to network with other industry peers are seen
as one of the most important motivations for joining the open data movement (Vieira & Alvaro, 2018). This behaviour is especially
popular among students of technological universities. Understanding this key motivation can guide policymakers and stakeholders in
designing and implementing OGD initiatives that meet the specific needs and aspirations of users in India. By focusing on initiatives
that match the interests and career expectations of different types of users, decision-makers can promote the adoption and use of OGDs,
producing positive socioeconomic impacts and supporting the country’s overall development goals.

Also, we proved that Trust is the strongest positive predictor of user intention to continue using new technology (Abu-Shanab,
Pearson & Setterstrom, 2010; Bélanger & Carter, 2008), and particular OGD (Purwanto, Zuiderwijk, & Janssen, 2020a; Janssen,
Charalabidis, & Zuiderwijk, 2012; Lnenicka et al., 2022; de Souza, d’Angelo, & Lima Filho, 2022), and becomes especially important
when the technology under investigation involves a potential privacy and security risk to the user (Wiencierz & Liinich, 2022). Indeed,
Trust is built upon the repeated and reliable use of technology (Almugrin et al., 2022). In this regard, students are grateful users of
OGD, as they are involved in the process of re-using gradually in the learning process; open datasets, as well as the results obtained in
the process of their analysis, are carefully checked by professors respected by them; and positive evaluations of their efforts form
students’ Trust in OGD (Coughlan, 2020). Considering that the dominant group of respondents consisted of 3-4th year students (80.4
%), it suggests that the educational process at Indian universities plays a vital role in motivating students to utilize OGD for their
individual and research work. This suggestion is also validated by the responses of the participants, who indicated that after using open
data sets for information purposes (23.29 %), the second most common use was for writing academic publications such as projects,
reports, or theses (13.23 %) (Appendix 2). Furthermore, these activities were carried out either monthly or several times a month
(38.20 %), and weekly or several times a week (36.01 %). The level of trust in university faculty could also contribute significantly to
students’ understanding of the value of OGD in both their educational journey and future professional development. This emphasis on
trust may serve as a primary explanation for the strong significance of the Trust factor as a predictor of OGD adoption and use among
the surveyed students.

On the other hand, Facilitating Conditions were found as a nonsignificant determinant of intention (Venkatesh et al., 2003; Talukder
et al, 2019; Nguyen, 2022; Saxena & Janssen, 2017). As of 2022, India was ranked as the second-largest online market worldwide,
trailing only China in terms of internet user population (The Hindu, 2023; Deo & Basrur, 2023). This surge in Internet usage has been
evident in both urban and rural areas (India: Number of Internet Users, 2050, 2023). The year 2021 saw rural India even surpass urban
areas in terms of internet usage. The considerable increase in rural internet access was mainly due to the expansion of bandwidth, the
affordability of data plans, and various initiatives from the government as part of the Digital India campaign.” The availability of
reliable internet connectivity and well-developed internet infrastructure is the basis for providing users with seamless access to various
online resources, including open data sets (Saxena & Janssen, 2017). Indeed, as mentioned above, most of the respondents use open
data quite often (weekly or several times a week — 36.01 %), which also indicates that they have free access to the required infra-
structure. Moreover, comparing the key statistical indicators of the Indian Open Government Initiative platform (https://data.gov.in/)
as presented in the study (Saxena & Janssen, 2017), we see a notable improvement in this OGD initiative development by mid-2023.
For instance, the number of resources has grown almost 25-fold. Downloads of OGD have quadrupled. Furthermore, the number of
registered users has surged to reach 488,229.% Consequently, the lack of significance of the Facilitating Conditions factor in shaping
user intentions to continue using OGD is confirmed by all the country-context details provided.

We also identified no relationship between Effort Expectancy and perceived BI to use the OGD. In contrast, authors (Lakhal &
Khechine, 2017; Saxena & Janssen, 2017; Zainal, 2022) found the presence of a negative impact on effort expectancy, suggesting that
data sets are easily available and accessible and less effort is exerted in tapping these data sets. However, our findings are consistent
with (Barnett et al., 2014; Lenenicka et al., 2022) and could be explained by the fact that 40.9 per cent of the students surveyed belong
to the engineering field of study, hence they definitely have years of web experience (Lee & Hyekyung, 2022) and for them, such
technologies as OGDs are by default perceived as easy to use. Furthermore, in studies confirming the significance of Effort Expectancy
in determining users’ intentions to persist in using OGD (Lakhal & Khechine, 2017; Saxena & Janssen, 2017; Zainal, 2022), the re-
spondents included not just students but also academics, faculty and bureaucrats. This diversity in respondent demographic could
influence users’ perception of the level of their efforts. As Saxena and Janssen (2017) observed, younger respondents are generally
more receptive to the acceptance and utilization of open data. On the other hand, interestingly, the majority of our respondents re-
ported using open data for basic operations, such as learning and exploring (25.38 %), searching and filtering (15.96 %), and selecting
and downloading (14.68 %) - tasks that require basic computer and internet skills. More complex operations such as analyzing and
linking, visualizing and interacting, evaluating and discussing, providing feedback and reporting, requesting and suggesting, and

2 https://www.statista.com/statistics/751060/number-of-internet-users-by-region-india/.
% https://data.gov.in/analytics.
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sharing and publishing were only performed by an average of about 7.33 % of respondents (Appendix 2). This observation could
explain why the Effort Expectancy factor doesn’t significantly impact the behavioral intention to use Open Government Data — the
actual tasks carried out by students may not demand significant effort. But more importantly, these insights indicate a need to enhance
students’ awareness of the full range of possible actions with open data, as well as to elevate the Indian educational standards related to
building students’ skills and abilities in the use of OGD.

The notable exception being is our finding about the nonsignificant impact of the Social Influence factor on respondents’ BI to use
OGD (Talukder et al., 2019; Zuiderwijk et al., 2015; Lakhal & Khechine, 2017). But the study (Zainal, et al., 2022) also confirmed those
phenomena for academics. These our finding aligns with the reason explained earlier regarding strong significance of the Trust factor
for BI to adopt and use OGD. As individuals gain expertise in using OGD, they rely more on their own judgments and perceptions of the
dataset’s value and the positive outcomes they expect to achieve (Performance Expectancy), and the Trust they place in the data source
and the government providing it. The shift in reliance from external influences (Social Influence) to individual factors can contribute
valuable insights into the dynamics of OGD adoption and usage among different user groups, emphasizing the evolving importance of
individual factors in shaping users’ intention to utilize open data resources effectively. Nevertheless, Indian university authorities
should actively promote students to share the Open Data resources they utilize, along with their positive and negative experiences in
using and analyzing Open Data on university websites or social media platforms.

The findings related to the insignificance of the three factors characterizing the open government data portals’ Quality-related
indicators on the intention to use OGD open valuable insights. Existing research, such as (Purwanto, Zuiderwijk, & Janssen, 2020a;
Talukder et al., 2019; Lnenicka et al., 2022; Alzahrani, 2017), confirmed that indicators of system, information, and data quality are
significant in building user’s confidence and trust, and had significant effects on OGD adoption. Regarding user satisfaction, suffi-
ciently high information quality, system quality, and service quality also appear as necessary conditions (Gonzalvez-Gallego et al.,
2020; Souza et al., 2022). Such observed shift towards building trust in OGD within the context of the chosen country and sample in our
study may be a result of the respondents’ noticeable emphasis on the perceived value and advantages they can gain from using OGD.
However, more probable such findings may indicate a low awareness of users regarding the measures for assessing the quality of the
system, data and information, which is consistent with the low professional level of use of open data handling possibilities demon-
strated by users and noted in the context of Effort Expectancy. Such insights should serve as a signal to the government that it needs to
tighten its control over the quality of services provided through India’s OGD portals. Maintaining a balance between promoting the
usefulness of data and maintaining data quality is vital so as not to undermine user confidence and reduce the risks associated with the
dissemination of misinformation.

Regarding our main personality traits-related findings, the relationships identified in our study (1) partially supported the point of
view of the interactional psychology perspective; and (2) demonstrate the additive explanatory effect of situational (UTAUT) and
personality constructs (HEXACO). Thus, responding to RQ1, we found that personality traits do not have a direct significant effect on B to
use and implement OGD.

Responding to RQ2, our research contributes to a better understanding of the nature of the personality traits’ indirect impact on
Behavioral intention through the OGD-related technology adoption factors. In more detail, we identified that Openness to Experience
positively affects Performance Expectancy, Effort Expectancy, Social Influence, Facilitating Conditions, Information Quality and Trust.
Our findings one more time prove that users’ openness to new experiences in the OGD context may lead to slightly increased expected
effort due to a greater propensity to explore all the features of a system or to conduct a broader search for relevant data (McElroy et al.,
2007). This can explain the presence of the insignificant but weakly negative effect of Effort Expectancy on behavioral intention to use
OGD; strong desire to improve their facilitating conditions allowing them to search, collect, store, analyze and visualize a large amount
of OGD. This, in turn can have a direct positive effect on perceived Performance Expectancy and OGD technology usefulness (Lee et al.,
2016). Moreover, we confirmed, that openness to new experiences positively influences the willingness to find more people that have
adopted or are thinking of adopting OGD, and ability to listen to people whose opinions and experiences using OGD are important to
them (Social Influence), more carefully and inquisitively evaluate and appreciate Information Quality (Watjatrakul, 2016), and more
Trust in such new technologies that bring new knowledge and new opportunities for its application in the future (the second of two
significant factors affecting Behavioral Intention directly).

Conscientiousness relationship with BI to use and adopt OGD is significantly mediated by System Quality, Information Quality, Data
Quality and Trust. The current study supports the findings of (Nguyen, 2022; Wang & Yang, 2005) where the authors also did not find
an effect between Conscientiousness and Effort Expectancy, Facilitating Condition, Social Influence and Performance Expectancy
refuting all previous conclusions about this relationship (Lakhal & Khechine, 2017; Boontarig, 2016; Punnoose, 2012). According to
our findings, we can suggest, that Conscientiousness, which is characterized by dependability, responsibility, focus on achievement
(Major et al., 2006), and is correlated with learning goal orientation (Payne et al., 2007), should also be seen (i) as a factor of increasing
user’s requirements to the all OGD elements quality (System Quality, Information Quality, Data Quality), and (ii) as a factor of direct and
positive impact on both the perceived and actual use of the IT system (Barnett et al., 2014; Punnoose, 2012) and on Trust if the required
OGD quality level is confirmed.

Agreeableness positively affects Social Influence and Voluntariness of Use. Our findings are not consistent with the conclusions of
(Lakhal & Khechine, 2017) that found agreeableness positively affects Effort Expectancy and Performance Expectance (Nguyen, 202.2;
Lakhal & Khechine, 2017; Chipeva et al., 2018) thereby easing the usage of technology. The reasons for Effort Expectancy insigni-
ficance in the OGD context have already been explained above. Moreover, one of the dimensions of agreeableness relates to the
tendency to sacrifice one’s own pleasures to please others (Narayanan et al., 1995), which may well explain the significant effect of
agreeableness on the Voluntariness of Use OGD. In addition, the assertion that a person whose personality is more pleasant is more open
to cooperation and strengthening relationships with people (Devaraj et al., 2008) gives us reason to argue that this personality trait has
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a positive effect on a person’s desire to listen to the opinions of people from his inner circle (Social Influence).

Emotiondlity negatively affects System Quality and Information Quality. Generally, neuroticism was found to be directly and
negatively associated with both perceived and actual system use, but not significant for Behavioral Intention (Boontarig, 2016; Barnett
et al., 2014). Our findings are not consistent with those (Nguyen, 2022; Wang & Yang, 2005), where neuroticism was found to be
negatively associated with Effort Expectancy of the social media detox app and adopting online stocking respectively. Since such
factors as System Quality and Information Quality were not previously studied in the context of the influence of personality traits on
them, this study’s findings can be indirectly explained, by the fact that (i) neurotics prefer to use software and Internet services for
communication (Mark & Ganzach; 2014; Wang & Yang, 2005) and (ii) students who are more neurotic are less open to new experience
(Watjatrakul, 2016). That is, we can assume that, for neurotics, perceived effort expectancy-related factors are not important, since
they are ready to overcome them to limit personal communication in data search and exploring, but the System Quality and Information
Quality being mined will matter, and due to the higher sensitivity of such people, any quality issues can cause a significant negative
effect.

Responding to RQ3, our work contributes to advancing theoretical knowledge about the nature of moderating effect that personality
traits have on the relationships between technology adoption factors and BI to use and adopt OGD. Higher Honesty-Humility psy-
chological traits increase the strength of the positive effect of Information Quality on Behavioural Intention to use OGD. Honesty-
humility has been documented to be positively related to trustworthiness (Nockur & Pfattheicher, 2021; Pfattheicher & Bohm,
2018), sincere and fair interpersonal and intergroup collaboration (Hilbig et al., 2018; Devaraj et al., 2008; Ramirez-Correa et al.,
2019), and decreased cheating behavior (Scigafa et al., 2019; Wang et al., 2022; Ludeke et al., 2019; Lee & Ashton, 2012; Zhao et al.,
2016). So, we can explain our findings by the fact that people with a high level of honesty-humility tend to be truthful, and their
exactingness in terms of a high level of information trustworthiness can indeed positively influence relationships between the effect of
Information Quality on BI to use OGD.

We also found that individuals with higher eXtraversion personality traits may have a stronger effect of Trust on BI to use OGD. Our
findings are inconsistent with (Barnett et al., 2014) indicating that none of the mediation hypotheses supports a significant association
between any personality traits and the BI construct; but are consistent with (Furumo et al., 2009; Evans & Revelle, 2008; Chan &
Cheung, 2016) who found that extraversion positively predicted Trust. Moreover, we determined that individuals with lower extra-
version may have a stronger effect on Information Quality on BI to use OGD. This finding can be explained by the fact that for people
characterized by a low level of sociability, talkativeness, assertiveness, activity and vigor (Oh et al., 2011; Wang & Yang, 2005) will be
more significant the possibility of obtaining the necessary, up-to-date, reliable information, which (i) is concentrated on the OGD
portal and (ii) does not require additional clarification or enrichment through the use of personality traits with high extraversion.

Responding to RQ4, our work contributes to the development of theoretical knowledge about the nature of the consolidated type of
impact of personality traits on the BI to use and adopt OGD. In this stage, we identified that Trust and Performance Expectancy are stable
and strongly positive predictors of BI to use and adopt OGD.

The strongest effect of Personality traits on the Behavioral intention to use and adopt OGD is indirect. Thus, Openness to experience is
the most important personality trait that consistently positively impacts six out of nine (66.67 %) of OGD-related technology adoption
factors, such as Trust, Performance Expectancy, Effort Expectancy, Social Influence, Facilitating Conditions, and Information Quality.
Possession of Conscientiousness personality trait enhances the individual’s perception of OGD quality-related factors, such as System
Quality, Information Quality, and Data Quality. Agreeable people are more likely to Voluntarily Use OGD. Excessive Emotionality makes
people more sensitive to any problems with the System Quality and Information Quality and can cause a significant (not always
justified) negative effect on Behavioral intention to use OGD.

In an effort of personality traits to play the moderating role, Honesty—-Humility and eXtraversion demonstrated the ability to
“maintain”, but not “strengthen”/“weaken” the relationships between Behavioral intention and such technology acceptance factors as
Information Quality and Trust. That is, this insight gives grounds to assert that Honesty-Humility and eXtraversion are factors that can
ensure the stability of the relationship between Behavioral intention to adopt and use OGD and Information Quality and Trust, pre-
venting them from becoming excessively susceptible to the influence of other personal traits. It is valid when the rest of the personality
traits directly affect OGD-related technology adoption factors.

5.2. Practical implication

Based on our findings, we proposed a series of recommendations for practitioners to aimed at harmonizing the actual and potential
usage of OGD, factoring in the impact of personality traits on user behavior:

Recommendation 1. The research findings highlight that Trust plays a significant role in predicting the adoption and usage of Open
Government Data (OGD). Consequently, policymakers should prioritize efforts towards establishing and nurturing trust in the gov-
ernment and its provided data to encourage OGD initiatives’ growth. To achieve this, a crucial focus should be on defining clear
requirements for Fairness, Accountability, Transparency, Explainability and Ethics of open government datasets (OECD, 2017).
Furthermore, policymakers must develop frameworks and guidelines to assess hosted dataset’s compliance with these requirements.
With specific reference to the Indian case, the study shows that policy managers and executives should first of all ensure that the
underlying objectives of OGD initiatives should be fulfilled in terms of provisioning credible and reliable OGD for furthering user
engagement.

Recommendation 2. The research identifies Performance Expectations as one of the key predictors of OGD adoption and use. In light of
this finding, policymakers should prioritize studying the genuine demand for proposed sets of open data. This entails utilizing in-
dicators like the number of views, downloads, showcases, and use cases (Nikiforova et al., 2023) to identify High-Value Datasets that
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align with users’ actual needs and expectations. By focusing on creating datasets that cater to real user requirements, policymakers can
enhance the relevance and utilization of OGD initiatives, leading to increased adoption and usage by the public. For instance, for the
specific case of Indian academic community, students’ engagement with OGD is a function of the latter’s relevance for their projects,
assignments, general awareness and the like.

Recommendation 3: Based on our study’s findings, it is evident that the adoption and intention to use OGD are significantly
influenced by personal qualities, particularly Openness to experience and Agreeableness. In light of this, the Indian government should
prioritize efforts to further promote OGD initiatives and raise public awareness about the value, goals, and potential benefits of reusing
OGD. By doing so, we can enhance users’ openness to new experiences, leading to increased acceptance and utilization of open data
(Saxena & Janssen, 2017). Additionally, fostering a culture that highlights the positive impact of using open data on job performance
and professional growth, especially among young people, can motivate individuals to actively explore, adapt, and utilize OGD
voluntarily. By emphasizing these aspects, the government can effectively encourage OGD adoption and maximize its potential for
societal and economic benefits.

Recommendation 4: Building on our study’s findings, it is crucial to focus on continuous improvement and enhancement of open
data portals’ Quality features. Particular attention should be given to aspects like System Quality, Information Quality, and Data
Quality, as these factors significantly influence the intention of users with high Consciousness and Emotionality personality traits to
accept and use OGD initiatives. By prioritizing the development and planning of OGD initiatives with a strong emphasis on improving
these quality features, we can foster a positive user experience and increase the likelihood of OGD adoption among individuals with
these specific personality traits.

Recommendation 5: Our study underscores the importance of recognizing the influence of user personality traits on OGD preferences
and behaviors. In this regards, to expand interest and usage of OGD among users with diverse personality traits, policy makers should
to incorporate the provision of highly personalized services. This can be achieved through the development of personalized functions,
catering to the unique needs of users with different personality types (Pakinee & Puritat, 2021). By tailoring the user experience to
individual preferences, OGD initiatives can foster higher user engagement and satisfaction.

Recommendation 6: To ensure the success of OGD initiatives in India, it is crucial to align them with the specific vision of gov-
ernment authorities. This alignment should encompass planning, monitoring, and feedback mechanisms to effectively measure and
improve the impact of OGD implementations. Additionally, investing in training and development programs for the staff involved in
these initiatives is essential to equip them with the necessary skills and knowledge to handle OGD projects proficiently.

5.3. Avenues for research on the OGD adoption

Various research agendas dedicated to the adoption of OGD have already been developed. Some of them focus on discussing the
adoption of OGD in a broader theoretical context (Zuiderwijk et al., 2015), focusing on cultural and regional differences (Lenenicka
et al., 2022), sustainability and smartness of initiatives (Gao et al., 2023), or different objectives for OGD across different government
levels (Yang and Wu, 2016). Our research agenda complements existing agendas by focusing on the relevance of personality traits in
shaping the behaviour intention to adopt and use OGD in the future. So, our study suggests several directions for potential future
research pathways that could benefit academics and the wider scientific community exploring themes linked to the uptake of OGD
initiatives adoption and users behaviour:

Avenue for future research 1: Focus on building multidisciplinary teams by integrating psychologists into their collaborations. This
should provide an opportunity to identify behavior patterns (Xiao et al., 2020; Xiao et al., 2022) associated with differences in the
personal traits of an OGD user, taking into account also national, cultural and other demographic characteristics. It is expected that the
obtained insights will help to fill the research gap both (i) in understanding the nature of the diversity of demand for various open
datasets; and (ii) in the development of a theory of OGD user behaviour, that is focused not only on the degree of users awareness and
their needs, the open data value, its quality, accessibility, thematic diversity (Zuiderwijk et al., 2015; Begany et al., 2021), but also such
on internal features as the user’s personality traits.

Avenue for future research 2: Consider the deeper investigation of the development of User Experience (UX) design for Open
Government Data (OGD) online portals that embed personalized features that cater to the unique needs of different user personality
types. This approach is widely used in, for example, the development of a gamified e-learning environment (Pakinee & Puritat, 2021a;
Pakinee & Puritat, 2021b; Bennani et al., 2022), as well as the creation of gamified open data portals (Simonofski et al., 2022) for lay
(not professional) users, characterized by specific requirements and behavioral features. This research direction could potentially
deepen our understanding of how to design adaptive open government data portals; and also augment the concept of ideal portal
requirements — encompassing functionality, semantics, and content as suggested by Saez Martin et al. (2015) — with a new category:
personalization requirements related to personality traits.

Avenue for future research 3: Despite user education being a critical component of promotion and facilitating the use of OGD,
research on educational programs’ current state and prospects is limited (Gasco-Hernandez et al., 2018; Papageorgiou et al., 2023).
Since our study shows that undergraduate students have mostly basic computer and Internet skills to work with online platforms, this
allowed us to conclude that in order to further promote the initiatives of the OGD, scientists and academics need to first all focus on the
development of study programs (courses, modules, MOOCs) which are able to comprehensively provide (1) knowledge and skills in
using methods and algorithms for open data analyzing; (2) familiarity with the key determinants for assessing the quality of the service
provided by open data portals, as well as the quality of open datasets itself; (3) awareness of the core values of using OGD in the context
of the chosen field of study, cultural- and country-related characteristics, as well as the interests and expectations of various types of
OGD stakeholders. One of the conditions for organizing and conducting such study programs should also be the preliminary testing of
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the student’s personal traits, which will allow teachers or administrators of online courses to adapt the training material and teaching
methods, taking into account the student’s personality-related behavioral patterns.

Avenue for future research 4: Investigate the possibility to include some other variables in the model to study the behaviour intention
to adopt and use OGD For instance, future studies may extend our model to appreciate the role of self-efficacy on OGD usage given that
self-efficacy (an individual’s belief that she can perform a specific task) is positively correlated with conscientiousness, agreeableness,
openness and extraversion but negatively correlated with neuroticism (Zhang et al., 2019) and it has been shown that self-efficacy is a
significant predictor (positive) of the behavioral intention to use technology (Abu-Shanab et al., 2010; Maican et al., 2019). Likewise,
locus of control (to believe that we have control over the events in life and there is no role of fate or chance on the sequence of events)
may be invoked as a possible variable for studying the behavioral intention toward OGD-usage given that locus of control was found to
be a significant predictor towards technology usage (Abu-Shanab et al., 2010). Variables like perceived adaptability (the perceived
ability of technology to be adaptive to the changing needs of the user), perceived enjoyment (feelings of joy or pleasure associated with
the usage of technology) and social presence (the experience of sensing a social entity while interacting with a technology) (Conti et al.,
2017) may be added to the model advanced in our study for further empirical investigation. Finally, the linkage of behavioral intention
to use technology with the variables of self-determination theory (motivation) to autonomy, competence and relatedness may be inves-
tigated in further research (Osei et al., 2022).

5.4. Limitations of the study

Among the limitations of our study, we identified the following: (1) Due to the sampling method used herein (undergraduate stu-
dents), it is difficult to generalize the results of the our study to all OGD users in India. But our findings provide insights into the
powerful role of personality traits in shaping user’s behavioral intention to adopt and use OGD. Therefore, we emphasize the
importance of replicating our study involving all OGD stakeholders. This would enable a more comprehensive understanding of the
subject matter and would further enhance the validation and generalization of our findings; (2) Furthermore, our research cannot be
generalized to non-OGD users-case in point being the fact that Indian OGD initiative is an emerging one and it is difficult to evaluate its
performance as far as usage propensity is concerned. This lends cues for further research to investigate how personality dimensions
impact the motivation for OGD usage among non-users; (3) Our study was confined to the context of a single country. Subsequent
studies could look into experiences and lessons from several developing nations regarding their use and implementation of OGDs, as
well as user adoption. Such research would facilitate a comparative analysis of the distinct experiences encountered by each country.
More crucially, these studies could provide a more generalized and holistic view of the unique nature of the impacts of users’ personal
attributes in developing nations on their intention to use OGD.

6. Conclusion

This study aimed to explore how personality traits explain the behavioral intentions to use OGD by academic students. Our main
intention was that we selected one specific group that holds paramount importance for innovations driven by OGD (Lnenicka et al.,
2022; OECD, 2016; Borgman, 2015; Golub & Lund, 2021). The study was contextualized in India with a sample of 530 currently-
enrolled university undergraduate and postgraduate students of a leading private varsity. For our study, we realized a step-by-step
approach to constructing and evaluating a model that enables an understanding of the nature of previously unexamined composite
impact (direct, moderating, and indirect) of personality traits on behavioral intention to adopt and use OGD. Our empirical results
indicated that the main drivers of the behavioral intentions to use OGD can be categorized into five groups as follows: (1) Trust
(positive) and Performance Expectancy (positive); (2) Openness to Experience mediated by Performance Expectancy (positive), Effort
Expectancy (positive), Social Influence (positive), Facilitating Conditions (positive), Information Quality (positive) and Trust (posi-
tive); (3) Conscientiousness mediated by System Quality (positive), Information Quality (positive), Data Quality (positive); (4)
Agreeableness mediated by Voluntariness of Use (positive); (5) Emotionality mediated by System Quality (negative) and Information
Quality (negative). The theoretical model was further tested according to personality traits moderating role. Our results allow us to
suggest that the factors of Honesty-Humility and eXtraversion are able to demonstrate the ability only to “maintain”, but not
“strengthen” or “weaken” the relationships between Information Quality and Trust factors and users’ Behavioral intention. It is valid in
conditions when the rest of the personality traits directly affect OGD-related technology adoption factors.

From a theoretical perspective, the results complement the scientific literature on technology adoption and use by (1) testing and
verifying the viability of applying the extended UTAUT model in an OGD context; (2) enriching the theory of technology acceptance
and use OGD with HEXACO personality traits differences and exploring the types and strength of the relationship between these traits
with Behavioral Intentions to use and adopt OGD by students of developing countries. Our research underscores the significant role
personality traits play in shaping the behavioral intention toward students’ adoption and usage of OGD. It is essential that this line of
research continues to expand in various contexts, incorporating all OGD stakeholders. This broader involvement would enable a more
comprehensive understanding of the subject. As for the non-significant relationships in the present study, it may be argued that
students’ personality traits have different implications across technologies’ preferences, learning-goal orientations and achievement-
motivations (Katrimpouza, 2019; DeLone & McLean, 2003), and, these determinants might be considered in further studies as well
with respect to OGD adoption and usage. The study was undertaken in a developing country and this is an important academic
implication wherein further research ought to be conducted in developed countries and/or a comparative assessment be made between
the developed and developing countries with regard to the influence of personality traits on the OGD adoption and usage behaviors
given the cultural differences among the users.
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From a methodological perspective, we contribute by introducing an approach of incrementally building and evaluating a combined
model that provides an understanding of the nature of the consolidated (moderating and indirect) type of effect of personality traits on
behavioral intention to adopt and use OGD. Finally, the study contributes towards unraveling the practical implications of personality
traits for technology adoption research in general and OGD research in specific. As such, there were convergent and divergent findings
in terms of the role of personality traits at the individual level across OGD vis-a-vis other technologies thereby calling the need for
furthering up this research contours in the domain of behavioral public administration.

Declaration of Competing Interest

The authors declare that they have no known competing financial interests or personal relationships that could have appeared to
influence the work reported in this paper.

Data availability
Data will be made available on request.

Appendix A. Supplementary data

Supplementary data to this article can be found online at https://doi.org/10.1016/j.tele.2023.102073.

References

Abbasi, A.Z., Ting, D.H., Hlavacs, H., Wilson, B., Rehman, U., & Arsalan, A. (2020). Personality differences between videogame vs. non-videogame consumers using
the HEXACO model. Current Psychology: A Journal for Diverse Perspectives on Diverse Psychological Issues. Advance online publication. https://doi.org/10.1007/
512144-020-00793-2.

Abu-Shanab, E., Pearson, J.M., Setterstrom, A.J., 2010. Internet banking and customers’ acceptance in Jordan: The unified model’s perspective. Commun. Assoc. Inf.
Syst. 26, 493-524. https://doi.org/10.17705/1CAIS.02623.

Afful-Dadzie, E., Afful-Dadzie, A., 2017a. Liberation of public data: Exploring central themes in open government data and freedom of information research. Int. J. Inf.
Manag. 37 (6), 664-672. https://doi.org/10.1016/].ijinfomgt.2017.05.009.

Afful-Dadzie, E., Afful-Dadzie, A., 2017b. Open government data in Africa: A preference elicitation analysis of media practitioners. Gov. Inf. Q. 34 (2), 244-255.
https://doi.org/10.1016/j.giq.2017.02.005.

Aharony, N., 2015. An exploratory study on factors affecting the adoption of cloud computing by information professionals. Electron. Libr. 33 (2), 308-323. https://
doi.org/10.1108/EL-09-2013-0163.

Ajzen, 1., 1991. The theory of planned behavior. Organ. Behav. Hum. Decis. Process. 50, 179-211. https://doi.org/10.1016/0749-5978(91)90020-T.

Alawadhi, S., Morris, A., 2008. The use of the UTAUT model in the adoption of e-government services in Kuwait. In: Proceedings of the Annual Hawaii International
Conference on System Sciences, pp. 1-11. https://doi.org/10.1109/HICSS.2008.452.

Alexopoulos, C., Loukis, E., Mouzakitis, S., Charalabidis, Y., 2018. Analysing the characteristics of open government data sources in Greece. J. Knowl. Econ. 9 (3),
721-753. https://doi.org/10.1007/s13132-015-0298-8.

Almugrin, A., Mutambik, I., Alomran, A., Gauthier, J., Abusharhah, M., 2022. Factors influencing public trust in open government data. Sustainability 14, 9765.
https://doi.org/10.3390/su14159765.

Alzahrani, L., Al-Karaghouli, W., Weerakkody, V., 2017. Analysing the critical factors influencing trust in e-government adoption from citizens’ perspective: A
systematic review and a conceptual framework. Int. Bus. Rev. 26 (1), 164-175. https://doi.org/10.1016/j.ibusrev.2016.06.004.

Ashrafi, D.M., Zannat, N.E., Easmin, R., Dovash, R.H., 2022. Understanding the drivers of passengers’ intention to engage in digital multi-sided ridesharing platforms:
Moderating impact of openness to experience and perceived risk. Malaysian J. Consumer Family Econ. 29 (2), 305-351.

Ashton, M. C., Lee, K., 2007. Empirical, theoretical, and practical advantages of the HEXACO model of personality structure. Personality and Social Psychology Review,
11(2), 150-166. https://doi.org/10.1177%2F1088868306294907.

Barnett, T., Pearson, A.W., Pearson, R., Kellermanns, F.W., 2014. Five-factor model personality traits as predictors of perceived and actual usage of technology. Eur. J.
Inf. Syst. 24 (4), 1-17. https://doi.org/10.1057/ejis.2014.10.

Begany, G.M., Martin, E.G., Yuan, X. (Jenny), 2021. Open government data portals: Predictors of site engagement among early users of Health Data NY. Gov. Inf. Q. 38
(4), 101614 https://doi.org/10.1016/].giq.2021.101614.

Bélanger, F., Carter, L., 2008. Trust and risk in e-government adoption. J. Strateg. Inf. Syst. 17 (2), 165-176. https://doi.org/10.1016/j.jsis.2007.12.002.

Bennani, S., Maalel, A., Ben Ghezala, H., 2022. Adaptive gamification in E-learning: A literature review and future challenges. Comput. Appl. Eng. Educ. 30 (2),
628-642. https://doi.org/10.1002/CAE.22477.

Boontarig, W., 2016. Effect of personality factors on attitude towards the adoption of health information via online social networking. International Computer Science
and Engineering Conference (ICSEC), 1-6, https://doi.org/10.1109/ICSEC.2016.7859897.

Borgman, C.L., 2015. Big Data, Little Data, No Data: Scholarship in the Networked World. MIT Press, Cambridge, Ma.

Brown, R., Roberts, S.G.B., Pollet, T.V., 2018. HEXACO personality factors and their associations with Facebook use and Facebook network characteristics. PsyArXiv,
https://doi.org/10.31234/0sf.io/3zvhq.

Cattell, R.B., 1973. Personality and Mood by Questionnaire. Jossey-Bass, London.

Chan, A.W., Cheung, H.Y., 2016. Extraversion, individualism and M&A activities. Int. Bus. Rev. 25 (1), 356-369. https://doi.org/10.1016/j.ibusrev.2015.05.011.

Chipeva, P., Cruz-Jesus, F., Oliveira, T., Irani, Z., 2018. Digital divide at individual level: Evidence for Eastern and Western European countries. Gov. Inf. Q. 35 (3),
460-479. https://doi.org/10.1016/j.giq.2018.06.003.

Conti, D., Commodari, E., Buono, S., 2017. Personality factors and acceptability of socially assistive robotics in teachers with and without specialized training for
children with disability. Life Span and Disability 20 (2), 251-272. http://shura.shu.ac.uk/18254/.

Coughlan, T., 2020. The use of open data as a material for learning. Educ. Technol. Res. Dev. 68 (1), 383-411. https://doi.org/10.1007/s11423-019-09706-y.

Criado, J.I., Dias, T.F., Sano, H., Rojas-Martin, F., Silvan, A, Filho, A.I,, 2021. Public innovation and living labs in action: A comparative analysis in post-New Public
Management contexts. Int. J. Public Adm. 44 (6), 451-464. https://doi.org/10.1080/01900692.2020.1729181.

Davis, F.D., 1989. Perceived usefulness, perceived ease of use, and user acceptance of information technology. MIS Q. 13 (3), 319-340. https://doi.org/10.2307/
249008.

18


https://doi.org/10.1016/j.tele.2023.102073
https://doi.org/10.17705/1CAIS.02623
https://doi.org/10.1016/j.ijinfomgt.2017.05.009
https://doi.org/10.1016/j.giq.2017.02.005
https://doi.org/10.1108/EL-09-2013-0163
https://doi.org/10.1108/EL-09-2013-0163
https://doi.org/10.1016/0749-5978(91)90020-T
https://doi.org/10.1109/HICSS.2008.452
https://doi.org/10.1007/s13132-015-0298-8
https://doi.org/10.3390/su14159765
https://doi.org/10.1016/j.ibusrev.2016.06.004
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0055
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0055
https://doi.org/10.1057/ejis.2014.10
https://doi.org/10.1016/j.giq.2021.101614
https://doi.org/10.1016/j.jsis.2007.12.002
https://doi.org/10.1002/CAE.22477
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0105
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0115
https://doi.org/10.1016/j.ibusrev.2015.05.011
https://doi.org/10.1016/j.giq.2018.06.003
http://shura.shu.ac.uk/18254/
https://doi.org/10.1007/s11423-019-09706-y
https://doi.org/10.1080/01900692.2020.1729181
https://doi.org/10.2307/249008
https://doi.org/10.2307/249008

N. Rizun et al. Telematics and Informatics 87 (2024) 102073

de Juana-Espinosa, S., Lujan-Mora, S., 2019. Open government data portals in the European Union: considerations, development, and expectations. Technol. Forecast.
Soc. Chang. 149, 119769 https://doi.org/10.1016/j.techfore.2019.119769.

de Souza, A.A.C., d’Angelo, M.J., Lima Filho, R.N., 2022. Effects of predictors of citizens’ attitudes and intention to use open government data and government 2.0.
Gov. Inf. Q. 39 (2) https://doi.org/10.1016/.giq.2021.101663.

DeLone, W.H., McLean, E.R., 2003. The DeLone and McLean model of information systems success: A ten-year update. J. Manag. Inf. Syst. 19 (4), 9-30. https://doi.
org/10.1080/07421222.2003.11045748.

Deo, S., Basrur, A., 2023. Towards Evidence-Based Policymaking: India’s Open-Data Initiatives. ORF Issue Brief No. 631. https://www.orfonline.org/research/
towards-evidence-based-policymaking-indias-open-data-initiatives/.

Devaraj, S., Easley, R.F., Crant, J.M., 2008. How does personality matter? Relating the five-factor model to technology acceptance and use. Inf. Syst. Res. 19 (1),
93-105. http://www.jstor.org/stable/23015423.

Evans, A.M., Revelle, W., 2008. Survey and behavioral measurements of interpersonal trust. J. Res. Pers. 42 (6), 1585-1593. https://doi.org/10.1016/j.
jrp.2008.07.011.

Eysenck, H.J., 1967. The Biological Basis of Personality. Thomas, Springfield, IL.

Fishbein, M., Ajzen, L., 1975. Belief, Attitude, Intention and Behavior: An Introduction to Theory and Research. Addison-Wesley, Reading, MA.

Furumo, K., Emmeline de, P., David, G., 2009. Personality influences trust differently in virtual and face-to-face teams. Int. J. Human Resour. Develop. Manage. 9 (1),
36-58. https://doi.org/10.1504/IJHRDM.2009.021554.

Gao, Y., Janssen, M., Zhang, C., 2023. Understanding the evolution of open government data research: towards open data sustainability and smartness. Int. Rev. Adm.
Sci. 89 (1), 59-75. https://doi.org/10.1177,/00208523211009955.

Gascé6-Hernandez, M., Martin, E.G., Reggi, L., Pyo, S., Luna-Reyes, L.F., 2018. Promoting the use of open government data: Cases of training and engagement. Gov. Inf.
Q. 35 (2), 233-242. https://doi.org/10.1016/.giq.2018.01.003.

Gnisci, A., Perugini, M., Pedone, R., Di Conza, A., 2011. Construct validation of the use, abuse and dependence on the internet inventory. Comput. Hum. Behav. 27,
240-247. https://doi.org/10.1016/j.chb.2010.08.002.

Goldberg, L.R., 1990. An alternative “description of personality”: The Big-Five factor structure. J. Pers. Soc. Psychol. 59 (6), 1216-1229. https://doi.org/10.1037//
0022-3514.59.6.1216.

Gonzalvez-Gallego, N., Nieto-Torrejon, L., Pérez-Cérceles, M., 2020. Is open data an enabler for trust? Exploring the link and the mediating role of citizen satisfaction.
Int. J. Public Adm. 43 (14), 1218-1227. https://doi.org/10.1080/01900692.2019.1668412.

Hair, J.F., Risher, J.J., Sarstedt, M., Ringle, C.M., 2019. When to use and how to report the results of PLS-SEM. Eur. Bus. Rev. 31 (1), 2-24. https://doi.org/10.1108/
EBR-11-2018-0203.

He, P., Veronesi, M., 2017. Personality traits and renewable energy technology adoption: A policy case study from China. Energy Policy 107, 472-479.

Henseler, J., Ringle, C.M., Sarstedt, M., 2015. A new criterion for assessing discriminant validity in variance-based structural equation modeling. J. Acad. Mark. Sci.
43 (1), 115-135. https://doi.org/10.1007/S11747-014-0403-8/FIGURES/8.

Hilbig, B.E., Kieslich, P.J., Henninger, F., Thielmann, I., Zettler, I., 2018. Lead us (not) into temptation: Testing the motivational mechanisms linking honesty—humility
to cooperation. Eur. J. Pers. 32 (2), 116-127. https://doi.org/10.1002/per2149.

The Hindu, 2023. Over 50% Indians are active internet users now. New Delhi. https://www.thehindu.com/news/national/over-50-indians-are-active-internet-users-
now-base-to-reach-900-million-by-2025-report/article66809522.ece.

Hulland, J., 1999. Use of partial least squares (PLS) in strategic management research: A review of four recent studies. Strategic Management Journal, 20(2), 195-204.
https://doi.org/10.1002/(SIC)1097-0266(199902)20:2%3C195::AID-SMJ13%3E3.0.CO;2-7.

India: number of internet users 2050. (2023). Statista. https://www.statista.com/statistics/255146/number-of-internet-users-in-india/.

Irfan, M., Ahmad, M., 2022. Modeling consumers’ information acquisition and 5G technology utilization: Is personality relevant? Pers. Individ. Differ. 188, 111450.

Janssen, M., Charalabidis, Y., Zuiderwijk, A., 2012. Benefits, adoption barriers and myths of open data and open government. Inf. Syst. Manag. 29 (4), 258-268.
https://doi.org/10.1080/10580530.2012.716740.

Janssen, M., Matheus, R., Longo, J., Weerakkody, V., 2017. Transparency-by-design as a foundation for open government. Transf. Government: People, Process Policy
11 (1), 2-8. https://doi.org/10.1108/TG-02-2017-0015.

Jetzek, T., Avital, M., Bjorn-Andersen, N., 2019. The sustainable value of Open Government Data. J. Assoc. Inf. Syst. 20 (6) https://doi.org/10.17705/1jais.00549.

Johnson, D., Wyeth, P., Sweetser, P., and Gardner, J., 2012. Personality, genre and videogame play experience. In Proceedings of the 4th International Conference on Fun
and Games, (New York, NY: Association for Computing Machinery), 117-120.

Kalampokis, E., Tambouris, E., Tarabanis, K., 2011. A classification scheme for open government data: Towards linking decentralised data. Int. J. Web Eng. Technol. 6
(3), 266-285. https://doi.org/10.1504/IJWET.2011.040725.

Kassen, M., 2018. Adopting and managing open data: Stakeholder perspectives, challenges and policy recommendations. Aslib J. Inf. Manag. 70 (5), 518-537. https://
doi.org/10.1108/AJIM-11-2017-0250.

KPMG, 2023. India’s open data initiative: Opportunity for states. https://kpmg.com/in/en/home/insights/2023/04/india-open-data-initiative-opportunity-for-states.
html.

Lakhal, S., Khechine, H., 2017. Relating personality (Big Five) to the core constructs of the Unified Theory of Acceptance and Use of Technology. J. Comput. Educ. 4,
251-282. https://doi.org/10.1007/540692-017-0086-5.

Lam, S.Y., Chiang, J., Parasuraman, A., 2008. The effects of the dimensions of technology readiness on technology acceptance: an empirical analysis. J. Interact. Mark.
22 (4), 19-39. https://doi.org/10.1002/dir.20119.

Lee, K., Ashton, M.C., 2012. Getting mad and getting even: agreeableness and honesty-humility as predictors of revenge intentions. Pers. Individ. Differ. 52 (5),
596-600.

Lee, K., Ashton, M.C., 2018. Psychometric properties of the HEXACO-100. Assessment 25 (5), 543-556. https://doi.org/10.1177/1073191116659134.

Lee, J.C, You, Y., Lee, S.K., 2016. A study on the effects that personality traits have on the performance expectancy of mobile easy payment. Indian J Sci Technol 9
(1), 1-7.

Leviakangas, P., Molarius, R., 2020. Open government data policy and value added-Evidence on transport safety agency case. Technol. Soc. 63, 101389 https://doi.
org/10.1016/j.techsoc.2020.101389.

Li, C.Y., 2016. Understanding university students’ system acceptance behavior: The roles of personality trait and subjective norms. Int. J. Technol. Hum. Interact. 12,
106-125. https://doi.org/10.4018/1JTHI.2016070107.

Lnenicka, M., Nikiforova, A., Saxena, S., Singh, P., 2022. Investigation into the adoption of open government data among students: The behavioral intention-based
comparative analysis of three countries. Aslib J. Inf. Manag. 74 (3), 549-567. https://doi.org/10.1108/AJIM-08-2021-0249.

Ludeke, S., Bainbridge, T., Liu, J., Zhao, K., Smillie, L., Zettler, I., 2019. Using the Big Five Aspect Scales to translate between the HEXACO and Big Five personality
models. J. Pers. 87 (5), 1025-1038. https://doi.org/10.1111/jopy.12453.

Maican, C.I., Cazan, A.-M., Lixandroiu, R.C., Dovleac, L., 2019. A study on academic staff personality and technology acceptance: the case of communication and
collaboration applications. Comput. Educ. 128, 113-131. https://doi.org/10.1016/j.compedu.2018.09.010.

Major, D.A., Turner, J.E., Fletcher, T.D., 2006. Linking proactive personality and the big five to motivation to learn and development activity. J. Appl. Psychol. 91 (4),
927-935. https://doi.org/10.1037,/0021-9010.91.4.927.

Matheus, R., Janssen, M., 2020. A systematic literature study to unravel transparency enabled by Open Government Data: the window theory. Public Perform. Manag.
Rev. 43 (3), 503-534. https://doi.org/10.1080/15309576.2019.1691025.

McElroy, J.C., Hendrickson, A.R., Townsend, A.M., DeMarie, S.M., 2007. Dispositional factors in internet use: personality versus cognitive style. MIS Q. 31 (4),
809-820. https://doi.org/10.2307/25148821.

MEITY, 2023. Open Government Data (OGD) platform India-An overview. https://www.meity.gov.in/writereaddata/files/OGD_Overview%20v_2.pdf.

19


https://doi.org/10.1016/j.techfore.2019.119769
https://doi.org/10.1016/j.giq.2021.101663
https://doi.org/10.1080/07421222.2003.11045748
https://doi.org/10.1080/07421222.2003.11045748
http://www.jstor.org/stable/23015423
https://doi.org/10.1016/j.jrp.2008.07.011
https://doi.org/10.1016/j.jrp.2008.07.011
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0200
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0205
https://doi.org/10.1504/IJHRDM.2009.021554
https://doi.org/10.1177/00208523211009955
https://doi.org/10.1016/j.giq.2018.01.003
https://doi.org/10.1016/j.chb.2010.08.002
https://doi.org/10.1037//0022-3514.59.6.1216
https://doi.org/10.1037//0022-3514.59.6.1216
https://doi.org/10.1080/01900692.2019.1668412
https://doi.org/10.1108/EBR-11-2018-0203
https://doi.org/10.1108/EBR-11-2018-0203
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0250
https://doi.org/10.1007/S11747-014-0403-8/FIGURES/8
https://doi.org/10.1002/per2149
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0300
https://doi.org/10.1080/10580530.2012.716740
https://doi.org/10.1108/TG-02-2017-0015
https://doi.org/10.17705/1jais.00549
https://doi.org/10.1504/IJWET.2011.040725
https://doi.org/10.1108/AJIM-11-2017-0250
https://doi.org/10.1108/AJIM-11-2017-0250
https://doi.org/10.1007/s40692-017-0086-5
https://doi.org/10.1002/dir.20119
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0370
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0370
https://doi.org/10.1177/1073191116659134
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0390
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0390
https://doi.org/10.1016/j.techsoc.2020.101389
https://doi.org/10.1016/j.techsoc.2020.101389
https://doi.org/10.4018/IJTHI.2016070107
https://doi.org/10.1108/AJIM-08-2021-0249
https://doi.org/10.1111/jopy.12453
https://doi.org/10.1016/j.compedu.2018.09.010
https://doi.org/10.1037/0021-9010.91.4.927
https://doi.org/10.1080/15309576.2019.1691025
https://doi.org/10.2307/25148821

N. Rizun et al. Telematics and Informatics 87 (2024) 102073

Moore, G.C., Benbasat, 1., 1991. Development of an instrument to measure the perceptions of adopting an information technology innovation. Inf. Syst. Res. 2 (3),
192-222. https://doi.org/10.1287/isre.2.3.192.

Morelli, M., et al., 2020. The role of HEXACO personality traits in different kinds of sexting: A cross-cultural study in 10 countries. Comput. Hum. Behav. 113, 106502
https://doi.org/10.1016/j.chb.2020.106502.

Mount, M.K., Barrick, M.R., Stewart, G.L., 1998. Five factor model of personality and performance in jobs involving interpersonal interactions. Hum. Perform. 11 (2/
3), 145-165. https://doi.org/10.1207/5s15327043hup1102&3_3.

Narayanan, L., Menon, S., Levine, E.L., 1995. Personality structure: A culture-specific examination of the Five-Factor Model. J. Pers. Assess. 64 (1), 21-50. https://
psycnet.apa.org/record/1995-25137-001.

Nguyen, V.T., 2022. The perceptions of social media users of digital detox apps considering personality traits. Educ. Inf. Technol. https://doi.org/10.1007/s10639-
022-11022-7.

NIC (2023a). About Open Government Data Platform. https://data.gov.in/about.

NIC (2023b). Open Government Data (OGD) Platform, India. https://www.nic.in/projects/open-government-data-ogd-platform-india/.

Nikiforova, A., Rizun, N., Ciesielska, M., Alexopoulos, C., Mileti¢, A. (2023). Towards High-Value Datasets determination for data-driven development: a systematic
literature review. In: Lindgren, I., Csaki, C., Kalampokis, E., Janssen, M., Viale Pereira, G., Virkar, S., Tambouris, E., Zuiderwijk, A. Electronic Government. EGOV
2023. Lecture Notes in Computer Science. Springer, Cham.

Hulland, J., 1999. Use of partial least squares (PLS) in strategic management research: A review of four recent studies. Strategic Management Journal, 20(2), 195-204.
https://doi.org/10.1002/(SICI)1097-0266(199902)20:2%3C195::AID-SMJ13%3E3.0.CO;2-7.

OECD. (2016). Engaging young people in open government. Online Debate To Engage and Communicate With Youth Engaging Young People in Open Government.
http://oe.cd/opengov.

OECD (2017). Trust and Public Policy: How Better Governance Can Help Rebuild Public Trust, https://doi.org/10.1787/9789264268920-en.

Oh, LS., Lee, K., Ashton, M.C., De Vries, R.E., 2011. Are dishonest extraverts more harmful than dishonest introverts? The interaction effects of honesty-humility and
extraversion in predicting workplace deviance. Appl. Psychol. 60 (3), 496-516. https://doi.org/10.1111/j.1464-0597.2011.00445.x.

ORF, 2022. A decade into India’s open government data journey. https://www.orfonline.org/expert-speak/a-decade-into-indias-open-government-data-journey/.

Osei, H.V., Kwateng, K.O., Boateng, K.A., 2022. Integration of personality trait, motivation and UTAUT 2 to understand e-learning adoption in the era of COVID-19
pandemic. Educ. Inf. Technol. https://doi.org/10.1007/s10639-022-11047-y.

Pakinee, A., Puritat, K., 2021. Designing a gamified e-learning environment for teaching undergraduate ERP course based on big five personality traits. Educ Inf
Technol 26, 4049-4067.https://doi.org/10.1007/s10639-021-10456-9.

Pakinee, A., Puritat, K., 2021b. Designing a gamified e-learning environment for teaching undergraduate ERP course based on big five personality traits. Educ. Inf.
Technol. 26, 4049-4067. https://doi.org/10.1007/5s10639-021-10456-9.

Papageorgiou G., Loukis E., Pappas G., Rizun N., Saxena S., Charalabidis Y., Alexopoulos C., 2023. Open Government Data in educational programs curriculum:
Current State and Prospects. In: Knut Hinkelmann, Francisco J. Lopez-Pellicer, Andrea Polini (eds) Perspectives in Business Informatics Research. BIR 2023. Lecture
Notes in Business Information Processing, Springer, Cham.

Parasuraman, A., 2000. Technology Readiness Index (TRI): A multiple item scale to measure readiness to embrace new technologies. J. Service Res., 2(4), 307-320.
https://doi.org/10.1177%2F109467050024001.

Payne, S.C., Youngcourt, S.S., Beaubien, J.M., 2007. A meta-analytic examination of the goal orientation nomological net. J. Appl. Psychol. 92 (1), 128-150. https://
doi.org/10.1037/0021-9010.92.1.128.

Pfattheicher, S., Bohm, R., 2018. Honesty-humility under threat: self-uncertainty destroys trust among the nice guys. J. Pers. Soc. Psychol. 114 (1), 179-194. https://
doi.org/10.1037/pspp0000144.

Punnoose, A., 2012. Determinants of intention to use elearning based on the technology acceptance model. Retrieved from J. Inf. Technol. Educ.: Res. 11 (1),
301-337. http://www.informingscience.org/Publications/1744.

Purwanto, A., Zuiderwijk, A., Janssen, M., 2020. Citizens’ trust in open government data: A quantitative study about the effects of data quality, system quality and
service quality. In: The 21st Annual International Conference on Digital Government Research, ACM, 310-318. https://doi.org/10.1145/3396956.3396958.

Purwanto, A., Zuiderwijk, A., Janssen, M., 2020b. Citizen engagement with open government data: lessons learned from Indonesia’s presidential election. Transf.
Govern.: People, Process Policy 14 (1), 1-30. https://doi.org/10.1108/TG-06-2019-0051.

Ramirez-Correa, P., Grandon, E.E., Alfaro-Perez, J., Painen-Aravena, G., 2019. Personality types as moderators of the acceptance of information technologies in
organizations: a multi-group analysis in PLS-SEM. Sustainability 11 (14), 3987. https://doi.org/10.3390/5u11143987.

Ringle, C.M., Wende, S., Will, A., 2005. Smart PLS 2.0 M3. University of Hamburg. www.smartpls.de, Hamburg.

Rizun N., Charalampos A., Saxena S., Kleiman F. and Matheus R., 2023. How do personality traits influence Open Government Data (OGD) adoption and usage?
Investigating the indirect and moderating effects. In 24th Annual International Conference on Digital Government Research - Together in the unstable world: Digital
government and solidarity (DGO 2023). ACM, New York, NY, USA, 10 pages. https://doi.org/10.1145/3598469.3598521.

Rosen, P. A., & Kluemper, D. H., 2008. The impact of the big five personality traits on the acceptance of social networking website. AMCIS 2008 proceedings, 274.

Saez Martin, A., Rosario, A. H., De, & Perez, M. D. C. C. (2015). An international analysis of the quality of open government data portals. Social Science Computer
Review, 34 (3), 298-311. https://doi.org/10.1177/0894439315585734.

Saxena, S., Janssen, M., 2017. Examining open government data (OGD) usage in India through UTAUT framework. Foresight 19 (4), 421-436. https://doi.org/
10.1108/FS-02-2017-0003.

éciga%a, K. A,, Schild, C., Heck, D. W., Zettler, I. (2019). Who deals with the devil? Interdependence, personality, and corrupted collaboration. Social Psychol.
Personality Sci., 10(8), 1019-1027. https://doi.org/10.1177%2F1948550618813419.

Simonofski, A., Zuiderwijk, A., Clarinval, A., Hammedi, W., 2022. Tailoring open government data portals for lay citizens: A gamification theory approach. Int. J. Inf.
Manag. 65 (March), 102511 https://doi.org/10.1016/j.ijinfomgt.2022.102511.

Sindermann, C., Riedl, R., Montag, C., 2020. Investigating the relationship between personality and technology acceptance with a focus on the smartphone from a
gender perspective: Results of an exploratory survey study. Future Internet 12 (110), 1-17. https://doi.org/10.3390/fi12070110.

Svendsen, G.B., Johnsen, J.A.K., Almas-Sorensen, L., Vitterso, J., 2013. Personality and technology acceptance: The influence of personality factors on the core
constructs of the Technology Acceptance Model. Behav. Inform. Technol. 32 (4), 323-334. https://doi.org/10.1080/0144929X.2011.553740.

Teng, C.-1., 2008. Personality differences between online game players and nonplayers in a student sample. Cyberpsychol. Behav. 11, 232-234. https://doi.org/
10.1089/cpb.2007.0064.

Tran, K.N.N., 2016. The adoption of blended e-learning technology in Vietnam using a revision of the Technology Acceptance Model. Retrieved from J. Informat.
Technol. Educ.: Res. 15, 253-282. http://www.informingscience.org/Publications/3522.

Vaghefi, I., Qahri-Saremi, H., 2018. Personality predictors of IT addiction. http://hdl.handle.net/10125/50546.

Venkatesh, V., Morris, M.G., Davis, G.B., Davis, F.D., 2003. User acceptance of information technology: Toward a unified view. MIS Q. 27 (3), 425-478. https://doi.
org/10.2307/30036540.

Vieira, 1., Alvaro, A., 2018. A centralized platform of open government data as support to applications in the smart cities context. ACM SIGSOFT Software Eng. Notes
42 (4), 1-13. https://doi.org/10.1145/3149485.3149512.

Wagner, J., Liidtke, O., Roberts, B.W., Trautwein, U., 2014. Who belongs to me? Social relationship and personality characteristics in the transition to young
adulthood. Eur. J. Pers. 28 (6), 586-603. https://doi.org/10.1002/per.1974.

Wang, Y., Dunlop, P.D., Parker, S.K., Griffin, M.A., Gachunga, H., 2022. The moderating role of honesty-humility in the association of agreeableness with
interpersonal competency: a study of managers in two countries. Appl. Psychol. 71 (1), 219-242.

Wang, W., Ngai, E.W.T., Wei, H., 2012b. Explaining instant messaging continuance intention: The role of personality. Int. J. Human-Computer Interact. 28 (8),
500-510. https://doi.org/10.1080/10447318.2011.622971.

20


https://doi.org/10.1287/isre.2.3.192
https://doi.org/10.1016/j.chb.2020.106502
https://doi.org/10.1207/s15327043hup1102&3_3
https://psycnet.apa.org/record/1995-25137-001
https://psycnet.apa.org/record/1995-25137-001
https://doi.org/10.1007/s10639-022-11022-7
https://doi.org/10.1007/s10639-022-11022-7
https://doi.org/10.1111/j.1464-0597.2011.00445.x
https://doi.org/10.1007/s10639-022-11047-y
https://doi.org/10.1007/s10639-021-10456-9
https://doi.org/10.1037/0021-9010.92.1.128
https://doi.org/10.1037/0021-9010.92.1.128
https://doi.org/10.1037/pspp0000144
https://doi.org/10.1037/pspp0000144
http://www.informingscience.org/Publications/1744
https://doi.org/10.1108/TG-06-2019-0051
https://doi.org/10.3390/su11143987
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0585
https://doi.org/10.1108/FS-02-2017-0003
https://doi.org/10.1108/FS-02-2017-0003
https://doi.org/10.1016/j.ijinfomgt.2022.102511
https://doi.org/10.3390/fi12070110
https://doi.org/10.1080/0144929X.2011.553740
https://doi.org/10.1089/cpb.2007.0064
https://doi.org/10.1089/cpb.2007.0064
http://www.informingscience.org/Publications/3522
https://doi.org/10.2307/30036540
https://doi.org/10.2307/30036540
https://doi.org/10.1145/3149485.3149512
https://doi.org/10.1002/per.1974
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0695
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0695
https://doi.org/10.1080/10447318.2011.622971

N. Rizun et al. Telematics and Informatics 87 (2024) 102073

Wang, H.I., Yang, H.L., 2005. The role of personality traits in UTAUT model under online stocking. Contemp. Manag. Res. 1 (1), 69-82. https://doi.org/10.7903/
cmr.73.

Watjatrakul, B., 2016. Online learning adoption: effects of neuroticism, openness to experience, and perceived values. Interact. Technol. Smart Educ. 13 (3), 229-243.
https://doi.org/10.1108/ITSE-06-2016-0017.

Watjatrakul, B., 2020. Intention to adopt online learning : The effects of perceived value and moderating roles of personality traits. Int. J. Inf. Learn. Technol. 37 (1/2),
46-65. https://doi.org/10.1108/1JILT-03-2019-0040.

Wiencierz, C., Liinich, M., 2022. Trust in open data applications through transparency. New Media Soc.; 24(8):1751-1770. https://doi.org/10.1177%
2F1461444820979708.

Wills, T.A., Sandy, J.M., Yaeger, A.M., Cleary, S.D., Shinar, O., 2001. Coping dimensions, life stress, and adolescent substance use: A latent growth analysis.
J. Abnorm. Psychol. 110, 309.

Wirtz, B.W., Weyerer, J.C., Becker, M., et al., 2022. Open government data: A systematic literature review of empirical research. Electron Markets 32, 2381-2404.
https://doi.org/10.1007/s12525-022-00582-8.

Wu, B., Chen, X., 2017. Continuance intention to use MOOCs: Integrating the technology acceptance model (TAM) and task technology fit (TTF) model. Comput. Hum.
Behav. 67, 221-232.

Xiao, F., Wang, Z., & He, D. (2020). Understanding users’ accessing behaviors to local Open Government Data via transaction log analysis. Proc. Assoc. Inf. Sci.
Technol., 57(1), 1-14. https://doi.org/10.1002/pra2.278.

Xiao, F., Thaker, K., & He, D. (2022). Categorizing Open Government Data Users by Exploring their Challenges and Proficiency. Conference on Human Factors in
Computing Systems - Proceedings. https://doi.org/10.1145/3491101.3519689.

Yang, T.M., Wu, Y.J., 2016. Examining the socio-technical determinants influencing government agencies’ open data publication: A study in Taiwan. Gov. Inf. Q. 33
(3), 378-392. https://doi.org/10.1016/j.giq.2016.05.003.

Zainal, N.Z., Hussin, H., Rahim, N.H.A., Nazri, M.N.M., Suhaimi, M.A., 2022. Intention to use open government data among academics — Empirical findings. Glob. Bus.
Manag. Res. 14 (1), 185-194. http://www.gbmrjournal.com/pdf/v14nl/V14N1-17.pdf.

Zeng, S., Tanveer, A., Fu, X., Gu, Y., Irfan, M., 2022. Modeling the influence of critical factors on the adoption of green energy technologies. Renew. Sustain. Energy
Rev. 168, 112817.

Zhang, G., Chen, X., Xiao, L., Li, Y., Li, B., Yan, Z., Guo, L., Rost, D.H., 2019. The relationship between Big Five and self-control in boxers: A mediating model. Front.
Psychol. https://doi.org/10.3389/fpsyg.2019.01690.

Zhao, Y., Fan, B., 2021. Effect of an agency’s resources on the implementation of open government data. Inf. Manag. 58 (4), 103465 https://doi.org/10.1016/].
im.2021.103465.

Zhao, K., Ferguson, E., Smillie, L.D., 2016. Individual differences in good manners rather than compassion predict fair allocations of wealth in the Dictator game.
J. Pers. https://doi.org/10.1111/jopy.12237.

Zhenbin, Y., Kankanhalli, A., Ha, S., Tayi, G.K., 2020. What drives public agencies to participate in open government data initiatives? An innovation resource
perspective. Inf. Manag. 57 (3), 103179 https://doi.org/10.1016/7.im.2019.103179.

Zhou, T., Lu, Y., 2011. The effects of personality traits on user acceptance of mobile commerce. Int. J. Human-Computer Interact. 27 (6), 545-561. https://doi.org/
10.1080/10447318.2011.555298.

Zuiderwijk, A., Janssen, M., Dwivedi, Y.K., 2015. Acceptance and use predictors of open data technologies: drawing upon the unified theory of acceptance and use of
technology. Gov. Inf. Q. 32 (4), 429-440. https://doi.org/10.1016/].giq.2015.09.005.

21


https://doi.org/10.7903/cmr.73
https://doi.org/10.7903/cmr.73
https://doi.org/10.1108/ITSE-06-2016-0017
https://doi.org/10.1108/IJILT-03-2019-0040
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0730
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0730
https://doi.org/10.1007/s12525-022-00582-8
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0740
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0740
https://doi.org/10.1016/j.giq.2016.05.003
http://www.gbmrjournal.com/pdf/v14n1/V14N1-17.pdf
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0770
http://refhub.elsevier.com/S0736-5853(23)00137-5/h0770
https://doi.org/10.3389/fpsyg.2019.01690
https://doi.org/10.1016/j.im.2021.103465
https://doi.org/10.1016/j.im.2021.103465
https://doi.org/10.1111/jopy.12237
https://doi.org/10.1016/j.im.2019.103179
https://doi.org/10.1080/10447318.2011.555298
https://doi.org/10.1080/10447318.2011.555298
https://doi.org/10.1016/j.giq.2015.09.005

	Do personality traits influence the user’s behavioral intention to adopt and use Open Government Data (OGD)? An empirical i ...
	1 Introduction
	2 Research model and hypothesis development
	2.1 OGD and technology adoption and usage
	2.2 OGD initiative in India: A background
	2.3 Personality traits and technology usage and acceptance
	2.4 Hypothesis development

	3 Methodology
	3.1 Measurement development and data collection
	3.2 Data analysis
	3.3 Experiments strategy

	4 Results and findings
	4.1 Models testing
	4.1.1 Measurement model assessment
	4.1.2 Structural models analysis

	4.2 Combined model

	5 Discussion and implications
	5.1 Theoretical implication
	5.2 Practical implication
	5.3 Avenues for research on the OGD adoption
	5.4 Limitations of the study

	6 Conclusion
	Declaration of Competing Interest
	Data availability
	Appendix A Supplementary data
	References


